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Immigration and Wealth Inequality in the U.S.

Abstract

This paper addresses whether immigrants are subject to the factors determining wealth in the

same manner as natives, how the effects of these detenIlinants change over time, and whether the

increasing share of non- White, less-skilled immigrant population or the change in the effects of

detenninants is primarily responsible for the rising wealth inequality. Based on nine surveys of

the SIPP with a large sample of immigrant households, the analysis finds strong evidence for (1

differential returns to education between immigrants and natives, (2) differential ethnic effects

between education categories, and (3) increasing returns to a college degree over time. All this

contributes to divergent group differences in wealth, which, in turn, becomes the major

contributor to the rising wealth inequality. Comparing the results between the whole nation and

the six immigrant-concentrated states further suggests that it is not the growing presence of

immigrants per se that is the key to the question. Rather the changing mechanisms generating

wealth inequality should be the center of attention in studies of the relationship between

immigration and inequality.



Immigration and Wealth Inequality in the U.S.

The last two decades have witnessed an increase in immigration and a rise in

inequality. The coincidence of these two trends has raised great interest in the relationship

between them. Has the change in the ethnicity and skilllevel of recent immigrants contributed to

the rise in inequality? Or, are the changes in the detemlinants of inequality responsible? In

addressing this issue, we must consider whether immigrants are affected by the determinants of

inequality in the same way as natives and how the relative importance of these determinants has

changed over time. To these ends, this paper examines the wealth accumulation of immigrants

and wealth inequality in the V.S

Immigration refers to the entrance and settlement of non-natives in a country. With the

1965 shift in sending countries from Europe to Asia and Latin America, the Hispanic and Asian

segments of the U.S. population have been growing. Inequality is the population distribution of

resources with an emphasis on disparities. The overall wealth inequality and Black-White

differences in wealth are documented in greater detail than differences among other racial-ethnic

groups (Wolff 1998; Oliver and Shapiro 1995; Keister 2000). There is even less research on

immigrant-native wealth differences, their intrinsic relationship with social stratification by

ethnicity and skills, and the impact of immigration on wealth inequality in the U.S

The purpose of this paper is to bridge this gap by introducing immigration to the research

on wealth inequality, particularly wealth inequality by ethnicity and skill groups. Exploiting two

unique features of the Survey of Income and Program Participation (SIPP)-information on

country of birth and date of arrival in the U.S. and information on major components of assets

and liabilities-

-this 

paper uses nine surveys of the SIPP and identifies 10,671 immigrant

1



households to study immigration and wealth inequality over the 1980s and the 1990s.1 Although

the SIPP has a narrower upper tail of the wealth distribution and top codes the affluent, it is the

only sufficient data source for studies on the relationship between immigration and wealth

inequality. In comparison, the Survey of Consumer Finances (SCF) draws a supplemental sample

of the very rich.2 However the SCF does not contain infonnation on nativity, country of origin,

and date of arrival necessary for our analysis. According to Wolff (1998), a comparison of mean

wealth levels by income class between the SIPP and the SCF shows that they are quite close for

the bottom four income quintiles. Because of this, I exercise considerable caution with regards to

the top quintile. In the analysis of between-group inequality, I use group and total medians to

avoid the narrower upper-tail problem. In multivariate analysis, I handle the top-coding problem

statistically.

Change in Post-1965 Immigration Flows

The U.S. immigration laws set the rules under which non-natives may enter and settle in

the U.S. The 1965 Immigration Act abolished the ethnic-based quota system and established a

family- and employment-based preference system with a greater weight on family reunification.

Since then, the U.S. has opened the door to Asia after eight decades of almost complete

exclusion of Asian immigration and further widened the already open door to Latin America.

Without a strict rule of screening for skills in the 1965 immigration law, the admission classes of

immigrants have changed. According to the Immigration and Naturalization Service (2000),

about 70% of legal immigrants, and almost all immigrants from Latin America, have been family

1 See Appendix A for more details about the data drawn from the SIPP.
2 The Survey of Consumer Finances (SCF) draws a supplemental sample of very affluent households (about 300-

400) in each survey and collects detailed information on durables (e.g., furniture, appliances, and recreational items).
Wealth components in the SIPP are top-coded to protect respondents' confidentiality. As a result, the upper-tail
distribution of wealth in the SIPP is narrower than the true distribution.
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based. In addition, almost a quarter of the foreign born are undocumented and most of them are

from Latin America.

Many theories have been advanced to account for the causes and origins of international

migration. Here I summarize four factors that are theorized to influence the selection of ethnic

and skill composition of immigrants-be tween-country inequality, relative within-country

inequality, migration costs, and direct investment in developing countries. Direct investment

reinforces inter-country inequality and migration costs can reinforce or weaken intra-country

inequality, depending on the specific country.

Differential economic growth and differential population growth are two engines of

world inequality. Developing countries are featured with lower economic growth rates and

higher population growth rates, just opposite to developed countries. As a result the income gaps

between developed and developing countries are huge. The average incomes in the richest

nations were about 30 times greater than those in the poorest nations at the end of the 20th

century (Summers, Heston, Aten, and Nuxoll 1994). The role of inter-country inequality in

international migration has been implicitly included in microeconomic theories as wage

differentials (e.g., Sjaastad 1962). An implication is that immigrants are likely to come from

developing countries, which are likely to be non-White and Hispanic. Lower economic

development goes hand-in-hand with lower education development. Another implication is that

immigrants from developed countries are likely to have lower education than natives. In this

way, inter-country inequality influences the ethnic and skill composition of immigrant flows.

Borjas (1987) in his theory of immigrant selection emphasizes the role of relative intra-

country inequality between the sending country and the U.S. and its implication for the selection

of observed and unobserved quality of immigrants. He posited that immigrants are self selected
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positively (better than the average person in both the home country and the U.S.) when the

inequality is greater in the U.S. than the sending country and negatively (worse than the average

person in both the home country and the U.S.) when inequality is less in the U.S. Evidence from

Borjas (1987) and others (Cobb-Clark 1993; Kawano 2002) supports the relative intra-country

inequality argument, whereas Jasso and Rosenzweig (1990) found the evidence disappeared after

a more complete set of countries were included in the study. An implication is that intra-country

inequality may playa role in selecting the level of skills of immigrants from particular sending

countries, influencing the skill composition of immigrants.

A third factor is the costs of migration. Geographic distance and differences in language,

culture, religion and lifestyle impose great financial and psychological costs on migration. Jasso

and Rosenzweig (1990) elaborated on how migration costs determine both the emigration rate

and the skill selection of immigrants. An increase in migration costs counteracts the stimulus of

inter-country inequality. As a result, it reduces the volume of emigrants from a distant

developing country. People from Asian and African countries facing high migration costs exhibit

low emigration rates despite their low incomes. Conversely, Mexico shares 2000 miles of a

common border with the U.S., lowering migration costs, exhibiting high emigration rates. High

migration costs reinforce positive selection and suppress negative selection. Greater skills and

motivations are necessary to overcome high migration costs so more high-skilled immigrants

come from distant countries regardless whether these societies are more or less equal than the

u.s

A four factor is the structure of the work market (Portes and Walton 1981; Sassen 1988;

Massey 1989). The introduction of a capitalist economy in traditional societies creates a mobile

population prone to emigrate due to a more unstable labor market, a greater interest in western
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culture, and an expectation for greater consumption. One recent form of capitalist penetration is

direct investment by developed countries in export manufacturing in developing countries, where

the population becomes increasingly uprooted and mobile. The U.S. is often considered as the

first choice given its lenient immigration policies and opportunities of upward mobility. Because

of the lower labor costs in developing countries, the effect of direct investment reinforces the

effects of inter-country inequality.

The changes in the immigrant flows to the U.S. since 1965 are consequences of these

factors. While the increase in non-White and Hispanic immigrants is obvious, debates continue

over the increase or decrease in skills of post-1965 immigrants. Some studies have emphasized

the increasing proportion of the foreign born who are low skilled (e.g., Borjas 1994) whereas

others have focused on the increasing skills of legal immigrants (e.g., Jasso et al. 2000; Fix and

Passel 1994; Duleep and Dowhan 2002).

Pooling nine surveys of the SIPP, I describe the population distribution of ethnic and skill

composition of immigrant household heads aged 25-80 in the 1980s and 1990s. Immigrant

households are defined as the head having been born abroad and arriving in the U..S. at some

point in their life.3 I document the change in ethnic and skill composition across four arrival

cohorts-the pre-1965 cohort and three post-1965 cohorts each covering 10 years (1965-1974,

1975-1984, and post-1984). I identified about 2,000-3,000 sampled households in each of the

three post-1965 cohorts, which is sufficiently large enough for examination. The pre-1965 cohort

arrived under the ethnic-based quota system whereas the three post-1965 cohorts arrived under

the preference system with a greater weight on family reunification. The latest two cohorts

(1974-1984 and post-1984) arrived when the U.S. inequality was rising after two decades of low

3 An alternative definition is either the head or the spouse of the head was born abroad. Results using the alternative

definition do not change the findings and conclusions.
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inequality and economic restructuring was sweeping the country (Harrison and Bluestone 1988;

DiPrete and McManus 1996; Bernhardt et al. 2001). To capture the changing return to education

that increasingly rewards a college education, I use four categories (lower than high school, high

school, some college and college and above) rather than the mean years of schooling.

The top panel of Table shows column percentages of the ethnic composition for the

four arrival cohorts. The majority shifts from White in the pre-1965 cohort to Hispanic and Asian

in the three recent cohorts. The Hispanic portion increased from 25% before 1965 to 42% after

1965 and then remained stable since 1965. The Asian portion increased from 8% before 1965 to

19% during 1965-1974 and up to 27-30% after 1975,

(Table about here)

The bottom panel shows column percentages of country of origin for the four arrival

cohorts. For example, 45% of those arriving before 1965 were from West, North and South

Europe. The figure drops to 18% in 1965-1974 and below 9% after 1974. Mexicans, on the other

hand, increased from 14% before 1965 to 23% after. More dramatic increases are seen for Asian

immigrants from China, Philippines, India, South Korea, and Vietnam, though their overall

percentages are relatively small. The increasing share of Hispanic and Asian immigrants

suggests the driving forces of inter-country inequality and the direct foreign investment in many

of these countries.

In regards to the changing skill composition, the educational composition of immigrants

and natives is shown in Table 2. The lowest category contains 22% of natives versus 34% of

immigrants, implying two possible stories--{a) lower educational development in sending

countries that are developing countries and (b) negative selection of lower-skilled immigrants

from relatively more unequal societies. The highest category is similar for natives and
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immigrants (between 23-25%), implying two possible stories-(a) higher-educated people from

distant developing countries are more able to bear the high migration costs and (b) positive

selection of higher-skilled immigrants from relatively less unequal societies. We can find out

more by examining the education levels in a greater detail.

(Table 2 about here)

The education distributions by ethnicity are uneven as expected. Focusing on the two

ends of education levels, the high-end rank is from Asian, White, Black, to Hispanic for both

immigrants and natives and the reverse for the low-end rank. However, there are important

differences by nativity beyond the similar ranking. White and Asian immigrants have greater

proportions in the two ends than their native counterparts. If the educational development story is

right, we would expect a larger proportion in the lower end and a smaller proportion in the higher

end for Asian immigrants, given the lower average years of schooling in Asia. The larger higher

end for Asian immigrants appears to support the stories of positive selection and high migration

costs. Hispanic immigrants are more concentrated in the low end than their native counterparts.

This appears to support the stories of inter-country inequality and negative selection.

The education distribution by arrival cohorts is heterogeneous across countries of origin.

Examining West, North, South European immigrants first, we see that the percentage in the low

end goes down with arrival cohorts whereas the percentage in the high end goes up. This pattern

is consistent with positive selection resulting from the elevated inequality in the U.S. over the

past three decades, which stimulated higher-skilled people from more equal European societies

to immigrate to the U.S,

The case of Mexicans is very different. The share of Mexican immigrants in the low end

is large (about 73%) and the share in the high end is small (about 3%). Despite the great
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educational development in Mexico over the past four decades (Barro and Lee 1996), the

educational level of Mexican immigrants remains relatively stable across arrival cohorts.

Therefore the pattern does not fit the story of educational development. On the other hand,

inequality is more severe in Mexico than in the U.S. The continuously large share of Mexicans in

the low end of education indicates the influence of negative selection that induces low-skilled

people from the more unequal Mexico to immigrate to the V.S

Both high- and low-educated Chinese came to the U.S. but more than twice as many

having college and higher education (about 49%) as those not completing high school (about

19%). There is a stable increase in the percentage of the high end after 1965 in response to the

employment-based preferences. The Chinese skill pattern indicates the barrier of high migration

costs. Philippines and South Korea are similar to China in their skill composition of immigrants.

Indian immigrants have responded strongly to employment-based preference policies in the U.S,

The 1965-1974 period saw a 16 percent point jump in the high end of education. India is an

:xample 

of brain drain migration with about three quarters having the highest level of education.

The ethnic patterns reveal levels of immigration from sending countries whereas the skill

patterns reveal the skill heterogeneity within sending countries. Together they appear to suggest

that different driving forces operate for different countries. West, North, South Europe

exemplifies a positive selection story. Mexican immigration results from a combination of inter-

country inequality, low migration costs, direct investment and negative selection. Asian

immigrants except for Indians are driven by a combination of inter-country inequality, direct

investment, and high migration costs,

With their ethnic and educational conditions, immigrants are integrated in the American

society, subject to the existing social structure and mechanisms generating social inequality in
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the U.S. The next section examines this new leaf of immigrants' life in the U.S. with a focus on

their wealth accumulation

Wealth Accumulation in the U.S.

Wealth is an important indicator of economic well-being. It is different from income

because wealth provides services (such a home without paying rents) and security (such as a

bank account for unexpected unemployment or disease). I define wealth as the total assets minus

total liabilities, or net worth. Assets include housing, business, vehicles, real estate, bank

accounts, stocks, mutual funds, and retirement accounts. Examples of liabilities are mortgage,

secured debts (e.g., collateral loans) and unsecured debts (e.g., credit card balance and medical

bills). Net worth in this study is measured in 2000 dollars.4

For immigrants' wealth accumulation I emphasize the role of ethnicity and the

differential return to education for immigrants versus natives in the creation of inequality. This

focus is aligned with the theoretical and empirical literature points to the paramount role of

ethnicity and human capital (Keister 2000; Oliver and Shapiro 1995; Spilennan 2000; Wolff

1998).

Because of a racial-ethnic hierarchy, individual's opportunities to accumulate wealth

are often limited independent of their other characteristics that also determine wealth. Their skin

color or the racial-ethnic category places immigrants in this U.S. racial-ethnic hierarchy upon

entry into the U.S., with Whites ranked above non-Whites and non-Whites ranked Asian,

4 My defInition of wealth does not include expected Social Security benefit and employer pension. In my view,

studying them separately is more appropriate than combining them with wealth defmed here because of the strong
relationship between Social Security/pension and length of stay in the U.S. and participation in the mainstream

economy.
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Hispanic, and Black. These social positions offer differential opportunities and constraints in the

accumulation of wealth.

Examples of the structural effect of this ethnic hierarchy include but are not limited to the

following four aspects. First, minorities are more likely to have lower incomes. According to

Doeringer and Fiore (1971), ethnic hierarchy sorts individuals to the capital-intensive primary

sector and labor-intensive secondary sector of the labor market and subjects them to institutional

or other fonus of discrimination. Second, minority workers are strictly placed in the ethnic queue

for ajob (Kaufman 1999; Reskin and Roos 1990; Lieberson 1980). Third, minorities are more

likely to live in segregated neighborhoods. According to Alba and Logan (1991) and Massey and

Denton (1993), segregation creates unfavorable lending institution policies and housing prices in

dual housing market. Minorities are subject to higher mortgage interest rates and their houses

depreciate in segregated neighborhoods. Fourth, these constraints further pass across generations.

The disadvantages of minorities are replicated and deepened through intergenerational transfers

of wealth (Spilerman 2000). Blacks have a lower incidence and lesser an1ounts of parental

transfers (Smith 1995a), which directly affects the amount of wealth and indirectly affects wealth

through investment in college education of the child generation (Conley 1999). These constraints

face non-Whites even though their human capital is comparable with Whites, resulting in their

lower rate of wealth accumulation. Because wealth is accumulated along the life cycle, the lower

rate of wealth accumulation leads to increasing disparities in the levels of wealth along the life

cycle.

The role of human capital in the stratification process of wealth is multiple. First, higher

levels of human capital provide opportunities for a well-paying, stable job, an occupation with a

mobility ladder, and thus steady, high streams of life cycle income. Since 1980, real wages for
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young people with less than a high school diploma have declined whereas the real wages of

college graduates have gone up (Mare 1995; Wetzel 1995). These changes in the returns to

education during the last twenty years of the twentieth century have a serious implication for

recent immigrants with an education below high school. Given the nature of life cycle

accumulation of wealth, recent immigrants with very low education will have a very flat age-

wealth profile. In addition, there is a question whether education obtained in home countries are

transferable in the American labor market. Sending countries with educational infrastructure

similar to the one in the U.S. may make human capital transferable for immigrants from these

countries. Second, human capital also provides access to financial institutions and knowledge of

assets building. On this account, immigrants' education obtained in their home country may be

less useful than that of their native counterparts. The ethnic economy may help overcome this

barrier. Asian immigrants may benefit from their prosperous ethnic economy whereas Mexican

immigrants may be in a less favorable position given their less developed one.

With an emphasis on ethnicity and education, my analysis of wealth accumulation

controls for a set of standard factors in wealth accumulation (see a review in Keister and Moller

2000) with a special consideration for immigrants. First, age and age squared capture the life

cycle pattern of saving and dissaving (Modigliani 1986). Immigrants, however, usually start to

accumulate wealth after they arrive. Thus I need to measure immigrants' years in the U.S. by

subtracting the year of arrival from the year of survey. Because the SIPP data does not provide

data of the exact year of arrival,5 I include a set of dummy variables for arrival cohorts and

another set for survey years. The non-parametric estimates of arrival cohorts represent the effect

of years in the U.S. for immigrants. The non-parametric estimates of survey years represent the

period effect for the whole sample as well as the effect of years in the U.S. for immigrants.

The public-used SIPP recoded the year of arrival into categories to protect confidentiality.
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Second, household types distinguish married, female head, single man, and single women

because marriage is a wealth-enhancing institution, female-headed families lack the income from

the father and face a great demand for consumption, and having children is a primary motivation

for saving (Smith 1995b; Hao 1996). Third, immigrants' integration experiences such as

naturalization and immigrant-native inter-marriage may facilitate wealth accumulation.

Naturalization is a commitment to live in the U.S. pemlanently and build assets in the U.S. rather

than in the home country. A native-born spouse may enhance access to the mainstream labor

market and financial institutions. Fourth, there may be large heterogeneity among countries of

origin within ethnic groups. After all, different driving forces prompt immigration from different

countries. Thus, country of origin may serve as proxy for the variation in immigrant selection. In

addition, country of origin may capture other country-specific characteristics. For example

different culture may influence saving behavior such as investing in an IRA or real estate.

Pennanent immigrants versus sojourners have different preferences to build assets in the U.S. or

the home country.6 Different histories of immigration and economic integration shape the extent

of ethnic networks and ethnic economy in the U.S.

To describe wealth accumulation, I look at the age-wealth patterns by ethnicity and

nativity. Figure 1 shows the age-wealth profiles of the four ethnic groups and breaks them down

by nativity within ethnic groups. Age groups of more than 30 households are plotted: Graph (a)

of Figure 1 shows a wide divide between Whites and Asians at the top and Blacks and Hispanics

at the bottom. The Black pattern has been documented in Oliver and Shapiro (1995), Wolff

6 The assets and liability questions in the SIPP do not specify the location of assets and liability. It is more likely the

case that respondents do not report assets and liabilities abroad. An implication is that wealth data in the SIPP may
be underreported for certain immigrants. Data from multilateral fmancial institutions and surveys show that
immigrants from Mexico, £1 Salvador, Guatemala, Dominican Republic and Columbia are more likely to remit and
the average amount among remitters was over $200 per month in 1998 (DeSipio 2000). Much of the remittances are
used for consumption but still some are used to build wealth in the home country.
7 Because of the small size of the category for Asians over age 60, the age-wealth profiles are plotted from age 25-

60.
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(1998) and others. Less known is the patterns for Hispanics and Asians. The Figure shows that

Hispanics are doing just slightly better than Blacks and Asians are similar to Whites. The bottom

panel consists of four graphs, each of which compares immigrants and natives within ethnic

groups. Graph (b) shows that immigrant Whites surpass their native counterparts whereas Graphs

(d) and (e) shows the opposite pattern for Hispanics and Asians. There is no obvious difference

between immigrant and native Blacks. Overall Figure 1 shows that ethnic differences dominate

nativity difference in wealth.

(Figure 1 about here)

Spilennan (2000) cautioned that age-wealth profiles based on cross-sectional data should

not be interpreted as life cycle behavior but as cohort effects. The comparisons in Figure 1 may

be misleading because they ignore two specific cohort effects. Among immigrants, we do not

expect recent arrival cohorts to accumulate a great deal of wealth because of their shorter stay in

the U.S. Among both natives and immigrants, we do not expect younger birth cohorts to

accumulate a great deal of wealth. For example, immigrants arriving in 1985 have one-year stay

in the U.S. in 1986 and 12-year stay in the U.S. in 1997. These immigrants, ifbom between

1961-1970, were aged 25-36 during 1985 and 1997 and they should be compared with natives

born during the same years.

We may look at the immigrant-native differences more closely by holding constant

arrival cohorts of immigrants and birth cohorts of both natives and immigrants (see Figure 2).

For each immigrant arrival cohort, I define a lO-year birth cohort so that the immigrants were

aged 25-34 at arrival. Then I compare the median net worth at each age of this group of

immigrants defined by both arrival and birth cohort with that of natives defined by birth cohort.

Age is measured at the survey year when wealth data were collected. For example, for the post-
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1984 arrival cohort, the birth cohort is 1960-1969 and we compare them with natives born during

1960-1969. The age range 25-37 can be in any of the eight years when wealth data were

collected (85, 86, 87, 88, 91, 93, 95, and 97). The top four graphs of Figure 2 show the separate

comparison for each arrival cohort and the bottom graph (e) pools them for an overall age-wealth

profile comparison of comparable arrival and birth cohorts. I focus on two aspects of these

graphs: the immigrant-native gaps and the level of median net worth for each arrival cohort

(Figure 2 about here)

Focusing on the gaps, Graph (a) for the latest arrival cohort shows a diverging gap

between immigrants and natives along the age. However, the two curves are parallel in Graph (b)

and even crossovers in Graphs (c) and (d) as the U.S. stay becomes longer. These gaps show the

importance of the length of U.S. stay in wealth accumulation

Focusing on the level of median net worth at the same age and similar length of U.S. stay

compare the net worth of a fixed age between two adjacent graphs, e.g., ageamong immigrants,

35 in Graphs (a) and (b). The comparison for natives represents the birth cohort difference

(1960-1969 versus 1950-1959) whereas the comparison for immigrants represents both the birth

cohort difference and arrival cohort difference (arriving 1975-84 versus post-1984). The

difference-in-differences could reveal the arrival cohort difference. For example, the median net

worth is $21,019 for birth cohort 1960-1969 and $28,017 for birth cohort 1950-1959 among

natives (the log differential is .287). For immigrants the corresponding numbers are $5,926 and

$9,471 (the log differential is .469). The difference-in-differences in the log differentials is .182,

indicating that those arriving after 1984 have lower wealth than those arriving 1975-84 at the

same age of their lives, even after controlling for birth cohort differences and roughly the same

length of U.S. stay. Comparing age 45 in Graphs (b) and (c) yields a larger difference-in-

14



differences of log differentials (.226) and age 55 in Graphs (c) and (d) an even larger number

.456). 

These results imply the better performance of earlier arrival cohorts than later arrival

cohorts.

Taking the gap and level together, we see that the later arrivals fare worse than the earlier

auivals in specific stages of the life cycle. As graph ( e) shows, the latest two arrival cohorts

occupy the stage spanning ages 25-45 and fare worse than their native counterparts. Immigrants

arriving 1965-74 occupy the stage spanning ages 40-50 and catch up with natives. Immigrants

arriving before 1965 occupy the stage spanning ages 47-80 and fare equally well or even better

than their native counterparts. Whether the later arrivals will follow the earlier ones at later

stages or whether the earlier arrivals had the same experience at early stages of the life cycle are

still unknown.

Before turning to the multivariate analysis of net worth, I need to discuss two points

regarding the nature of net worth and its top coding in this dataset. Net worth can be negative,

zero, and positive. When liabilities are greater than assets, net worth becomes negative; when

there are no assets or debts, or the values of assets and debts cancel out exactly (very rarely), net

worth becomes zero. When assets are greater than debts, net worth becomes positive. Zero value

of net worth represents the most disadvantaged situation since it is a result of low capacity to pay

debts and little credit history. Negative net worth can represents two different states. The first is a

process of asset building and a capacity to pay debts in the future while the second offers little

prospect of overcoming debt. Thus it is inappropriate to model the entire range of the observed

values of net worth in a linear manner. An additional issue is the top coding of the SIPP asset and

debt components. As a result, the level of the upper tail is lower than it should be. Ifwe took the

top-coded values as true, the regression slopes would have been underestimated toward zero. I
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use a tobit regression model to censor the zero and negative values of net worth from the bottom

and the top one percentile of net worth from the top. This model takes the selection of the bottom

and top groups into its likelihood function in estimation and thus produces consistent estimates

for the whole population. Because of the highly skewed distribution of positive net worth, I take

the logarithm of positive net worth. The coefficients can be interpreted as the percentage change

in net worth due to a unit change in the independent variable, controlling for all other

independent variables.

Table 3 presents the tobit estimates from five incremental models. Modell shows the

total effect of immigrant status controlling for period effects. Immigrant status significantly

reduces net worth. This effect disappears in Model 2 where ethnicity is added. Instead, minority

status, particularly Black and Hispanic, severely reduces net worth. Model 3 further distinguishes

immigrants by arrival cohorts and finds a monotonic beneficial effect of length of U.S. stay, as

the two earlier arrival cohorts increase net worth whereas the two later arrival cohorts decrease

net worth. The disadvantage of being Black or Hispanic remains whereas the Asian effect

reduces to close to zero and becomes insignificant. Model 4 further introduces human capital,

life cycle, household composition, and immigrant integration experience. After controlling for

these variables, the two older auival cohorts are statistically similar to natives whereas the two

recent cohorts continue to have a negative effect, indicating the disadvantage of their short U.S.

stay. The negative effects of Blacks and Hispanics are reduced and the negative Asian effect

increases and become significant again. Having a high school and above education increases net

worth. The jump in net worth from some college level to college completion is huge, indicating

the non-linear effect of education with a greater reward for a college degree. The age effects

show that net worth increases with age and begins to decline at a quite old age (it is calculated as
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age 79). Household composition is important: marriage enhances wealth accumulation; female

headship reduces it; individual households also have lower net worth. Naturalization does

increase wealth but immigrant-native marriage does not matter.

(Table 3 about here)

The bottom of the table shows that the model fit increases greatly from Modell to Model

2 and much less so from Model 2 to Model 3, indicating greater importance of ethnicity over

immigrant arrival cohorts. The likelihood ratio for Model 4 is much larger than Model 3,

indicating the importance of human capital, life cycle and household composition.

Instead of modeling the overall ethnic effects, Model 5 distinguishes country (or region)

of origin among immigrants and more detailed ethnicity among natives, using native non.

Hispanic Whites as a reference. The other remaining variables, including arrival cohorts,

education categories, life cycle, household composition, and immigrant experience retain similar

effects in Model 5 as in Model 4.

Among immigrants, the three groups not different from native Whites include West,

North and South Europeans, Chinese, and Indians, who are White or Asian in tenus of ethnicity.

However, not all White or Asian immigrants fare as well. East Europeans, Filipinos, Koreans and

Vietnamese have a significantly lower level of net worth. Positive selection may explain the

advantage of West, North, South Europeans over East Europeans. Brain drain migration of India

may explain the difference between India and other Asian countries. Many higher-skilled, more.

motivated Chinese come because of the high migration costs, which may be higher in that

socialist country under market transition than other Asian countries having a long tradition of

market economy. Vietnamese is a case of refugees and needed extra time to recover from war

and trauma. Similarly, although all Hispanic groups have lower net worth, there are large
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differences within. For example, Dominican Republicans fare worst whereas Mexicans actually

fare not too poorly after their education is being controlled. The result for Mexicans is

inconsistent with negative selection, sojourner perspective, and ethnic economy. Perhaps

Mexicans' saving behavior and networks facilitate their wealth accumulation. Among natives, I

separate out Puerto Ricans and Mexican Americans from other Hispanics. Puerto Ricans fare

more poorly and Mexican Americans fare better, like their immigrant counterparts. ModelS

provides estimates for the potential effect of immigrant selection and other unobserved country-

specific factors. We can evaluate the size of this potential effect by comparing the model fit

statistics. The improvement from Model 4 to Model 5 is relatively small. Therefore, even if the

additional effect captured by Model 5 over Model 4 was all for immigrant selection, it would

have been much smaller than the effects of ethnicity and education.

Table 3 assumes that ethnicity has a unifonn effect for natives and immigrants. To test

this assumption, I further investigate potential differential effects of ethnicity by nativity in

Figure 3. Native White is the reference for native minorities and immigrant White is the

reference for immigrant minorities. All bars are significantly different from their reference. For

example, Asian Americans are not statistically different from native Whites whereas Asian

immigrants have significantly lower level of net worth than White immigrants. The graph

focuses on comparing a minority effect between immigrants and natives. The symbol of three

stars indicates whether this nativity difference is significant at the .001 level. For example, the

nativity difference of the Asian effect is not significant. Nor is it for the Black effect. In contrast,

the nativity difference in the negative Hispanic effect is significant. Immigrant Hispanics

actually are not as disadvantaged as native Hispanics. Overall, the ethnicity effect is similar for

immigrants and natives with an exception for Hispanic immigrants,
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(Figure 3 about here)

Hispanic immigrants have lower skills whereas Asian immigrants have higher skills.

Does the ethnicity effect differ by education groups? Figure 4 draws the differential ethnicity

effect between the two ends of education levels-non high school education and college

education. Asians have a negative effect for non high school education but it is null for college

education. Hispanics and Blacks without a high school education are penalized more than their

White counterparts whereas ethnicity matters less among people with a college education.

Across 

the board, ethnicity effect is more pronounced among the lower educated than the high

educated. This pattern has two implications. First, given the small percentage for the low

educated among Asian immigrants, the stronger negative Asian effect for the lower educated

does not lead to a large decrease in this group's wealth. Second, given the large percentage for

the low educated among Hispanic immigrants, the stronger negative Hispanic effect for the lower

skilled leads to a large decease in this group's wealth.

(Figure 4 about here)

Finally I ask whether there is any differential effect of education by nativity (see Figure

5). Across the board, education benefits natives more than immigrants. The nativity difference in

the education effect is significant for all education categories. Skill transferability and dual labor

market may contribute to these gaps.

(Figure 5 about here)

Three patterns emerge from the above analysis. First, immigrants, once having entered

the U.S., are subject to the social process by which ethnicity and skill levels detemline wealth

accumulation. Second, the negative effects of minorities remain similar for immigrants and

natives with a lesser effect for Hispanic immigrants. The seemingly positive gain for Hispanic
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immigrants over their native counterparts is washed away by the greater harm for Hispanics with

lower education than with higher education. Third, human capital does not benefit immigrants as

much as natives. These findings together paint a pessimistic picture of wealth for immigrants and

wealth inequality in the U.S.

Immigration and Wealth Inequality

American society has become increasingly unequal. After a two-decade stabilization of

low inequality in the U.S. from the 1950s to the 1970s, income inequality has been rising.

Together with other developed countries, the rising inequality has been severe enough to be

called "The Great V-Turn" (Harrison and Bluestone 1988; Alderson and Nielsen 2002). The V.S

has taken the lead in this upward trend. It is documented that wealth inequality in the U.S. has

been deepening since the 1970s (Wolff 2002), coinciding with the increasing non-White and

Hispanic proportion of the population due to the post-1965 immigration. This raises the question

whether it is the change in ethnic and skill composition primarily due to immigration or

mechanisms generating inequality that is primarily responsible for the rising wealth inequality.

How exactly does the change in composition and mechanisms generating inequality

contribute to the rising inequality in wealth? To answer this question, I first document the degree

to which ethnic and skill composition and the effects of wealth detenninants change over time. I

define two periods-1980s and 1990s-and pool the observations in multiple years in each

period. To aid a better understanding of the contribution of immigration, I examine the

composition in the whole nation and in six immigrant-concentrated states-California, Florida,

Illinois, New Jersey, New York, and Texas. Table 4 reports the change in population percentages

for ethnic and education groups from the 1980s to the 1990s, broken down by nativity. The left
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three columns are for the whole nation and the right three columns are for the six immigrant-

concentrated states.

(Table 4 about here)

In the whole nation the decrease in percentage for Whites and the increase in percentages

for Hispanics and Asians are primarily due to the changing ethnic composition of immigrants,

For example, the percentage of natives who are White decreases by 0.9% and the percentage of

immigrants who are White decreases by 10.2%, together contributing to a decrease of2.63% for

the total population. Likewise, the percentage of natives who are Hispanic increases by 0.8% and

the percentage of immigrants who are Hispanic increases by 7.1 %, together contributing to an

increase of2.0% for the total population. The growth in Asian population is also caused

primarily by immigration. In other words, if there were no new immigration flows, the ethnic

composition would have been quite stable in the two decades. The change in ethnic composition

for the total population is more substantial in the six states than in the whole nation, which also

primarily attributes to the immigrant population,

In the whole nation, the education composition improves over the two decades, as we

would expect with educational development. However, immigration slows the decrease in the

lower education categories as well as the increase in the higher education categories. In other

words, if there were no new immigration flow, the education composition would have changed to

a greater degree. The slower growth in educational level in the six states as compared to the

nation illustrates this unique impact of immigration on education composition. Very different

from the impact of immigration on ethnic composition, which reduces the share of the majority

and increases the share of the minorities, the large number of low-skilled Hispanic immigrants

does not increase the share of the low educated as many people would think, rather it slows its
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decrease. Therefore, we would not expect that inequality would rise because of a larger share of

the low educated. Instead, we would expect inequality would rise because of the increasing

disadvantage of the low educated, even though its share continues to decline with a slower rate.

I examine further the ethnic composition within education categories. Lower-educated

Hispanic immigrants are the major contributor to their increasing representation in the lowest

education category. At the other end of the spectrum, it is native Whites who are the major

contributor to their increasing representation in the highest education category. Immigrant Asians

also contribute to the increasing representation in the high end of education. In the six states, two

of these changes are more pronounced: immigrant Hispanics contribute solely to the greater

representation in the low end of education and immigrant Asians primarily contribute to Asians'

growing representation in the high end of education. Native Whites continue to be the main

contributor to the increasing percentage for Whites in the high end of education. However, the

increasing rate for Whites is lower than Asians.

The next question is whether the effects of detenninants of wealth have changed. Table 5

presents the estimates of the tobit model (Model 4) for 1980s and 1990s in Columns 1 and 2 and

the difference in estimates with significance levels in Column 3 for the whole nation. The

corresponding results for the six states are presented in Columns 4-6. The effects of arrival

cohorts, capturing the length of stay in the U.S., have not changed. The negative effects of

minorities have been significantly reduced. The reduction is greater for Hispanics and Asians and

in the six states. The promoting effect of college education is significantly larger in the 1990s

than in the 1980s, more so in the six states. The return to high school graduation is also improved

in the six states. However, the wealth accumulation rate is lower in the 1990s. And the enhancing

effect of marriage is also weakened over time. These changes point to the increasing importance
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of college education over ethnicity and other factors in generating inequality. As a result, wealth

inequality by education increases because the college educated move up further and the low

educated move down further. Wealth inequality by ethnicity also increases because Blacks and

Hispanics are over-represented in the lowest education stratum and Whites are over-represented

in the highest education stratum.

To measure between-group wealth inequality, I slightly modify an inequality measure-

the squared coefficient of variation- -to fit our case. I use median instead of mean due to the need

for special caution in using the SIPP data. Let M be the total median, m j be the median of

group j 0=1,.. .,4 for White, Asian, Hispanic and Black), and P j the proportion for group j, I

2
m.

}

M=LP)
j

define the squared coefficient of variation as: V2 1- .This expression is similar to

that in Firebaugh (1999).

Table 6 uses ethnicity as an example to construct between-group inequality in the 1980s

and 1990s. The left five columns are for the 1980s and the right five columns for the 1990s.

Columns 1-2 and 5-6 list population composition and group medians by ethnicity with the

figures for the total in the last row. Whites are the largest group and Asians are the smallest. The

median net worth declines from 1980s to 1990s, consistent with previous findings (W 01[[ 1998,

2000). The group medians rank remains the same in the two periods in the order of White, Asian,

Hispanic, and Black with all minorities' medians below the total median. The ratio of group

median to total median are listed in Columns 3 and 8, indicating large disparities among groups.

To construct the squared coefficient of variation we take the squares of the group difference

(Columns 4 and 9) and further multiply the group's proportion (Columns 5 and 10). Summing up

the group-specific results yields the index for the population inequality. So defined, wealth
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inequality is .178. in the 1980s and .225 in the 1990s (see Total in Columns 5 and 10), an

increase of .047. The enhanced relative advantage of Whites between the two periods (the group-

to-total ratio increased from

.251 

to 1.334) and their large proportions (.818 and .791) is the

most important contributor to the rising inequality. The declined Hispanic-to-total ratio with its

increased proportion is a second contributor. Whites and Hispanics overshadow Asians and

Blacks who were moving closer to the median of the total population in the 1990s.

(Table 6 about here)

Since immigration changes the ethnic and skill composition of the population, I use three

dimensions of grouping-ethnicity, education groups, and nativity. Selective combinations of the

three dimensions include five groupings-ethnicity groups, cross-classifying ethnicity and

nativity, education groups, cross-classifying education groups and nativity, and cross-classifying

ethnicityand education groups. For each grouping, I ask how the change in wealth inequality is

attributable to the change in the composition versus the change in group differences. I use a 3-

component decomposition method (Kitagawa 1955; Firebaugh 1999). It decomposes the total

change in inequality into: (1) the contribution of the change in proportion, holding the group

differences at the level of the 1980s, (2) the contribution of the change in group differences,

holding the proportion at the level of the 1980s, and (3) the joint effect of the change in

proportions and group differences (any unexplained or over-explained part of the change in

inequality).

Table 7 presents the level of inequality in 1980s and 1990s, the change in inequality, and

the decomposition results. The top panel for ethnicity groups shows that the total between-group

inequality is .178 in the 1980s and .225 in 1990s with an increase of .047 (as we have seen in

Table 6). Because immigration decreases the share of White and increases the shares of
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minorities, we expect that the change in composition mainly due to immigration would have a

major role in the rising inequality. The decomposition results show that the change in ethnic

composition between 1980s and 1990s contributes to 26% of the change in total ethnic inequality

whereas the change in group difference contributes to 76.2%. The change in composition does

not playa major role in rising inequality. Instead, the change in group differences does. The

change in group difference is shaped by the change in the effects of ethnicity, education, life

cycle and household type. Results from Table 5 show that the ethnic effect decreases while

return to college education increases over time. Thus, the increasingly important education effect

not only washes out the declining ethnicity effect but also increases ethnic inequality.

(Table 7 about here)

The second panel adds the dimension of nativity. Adding nativity increases the level of

181 

in the 1980s and .234 in the 1990s with an increase of.053. Adding nativity doesinequality:

not increase the percentage by which the composition of ethnicity and nativity contributes to the

rising inequality (26.2%). Differentiating the ethnic composition by nativity does not increase

much the variation and the change in ethnic composition dominates the change in nativity

composition in the contribution to rising inequality.

A third grouping is education groups. The index is .152 in the 1980s, lower than that for

ethnicity inequality. However, the index rises to .285 in the 1990s, higher than those for ethnicity

inequality. The difference now mounts to .133. As we discussed before, we would not expect a

large contribution of the composition change since immigration actually reduces the change but

we would expect a large contribution of the change in group differences since education has

become increasingly important. The change in education composition contributes merely 4.9%

of the rising inequality. The change in group-differences contributes 94.3%. The growing return
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to college education direct explains this large share of contribution. I also add the nativity

dimension to the education grouping and the results are similar to adding nativity to ethnicity

grouping-nativity composition plays only a minor role.

The last grouping is to examine ethnicity and education at the same time. The index is the

73).largest for both periods (.294 and .467, respectively) and the increase is also the largest

The change in both ethnic and education composition contributes to 13.7% of the rising

inequality. Understandably, this figure is between the figure for ethnicity alone and that for

education alone.

The right two columns present the results for the six immigrant-concentrated states. Two

major differences emerge between the whole nation and the six states: (1) the inequality level in

each period and the increase in inequality are more severe in the six states than the whole nation

and (2) the contribution of composition to the rising inequality is unifonnly smaller in the six

states than in the whole nation. This finding supports a basic point that it is not the larger

presence of recent immigrants that is primarily responsible for the rising inequality. Rather, we

should focus on the mechanisms generating inequality in the U.S., including changing

mechanisms in response to the growing presence of recent immigrants.

Conclusions

Under the 1965 immigration law, an increasing number of immigrants from developing

countries in Asia and Latin America have entered the U.S. This paper examines the relationship

between immigration and inequality with a focus on wealth. It addresses the questions whether

immigrants are subject to the detenninants of wealth inequality in the same manner as natives,

how the effects of these detemlinants have changed over time, and whether the increasing share
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of non- White, less-skilled immigrant population or the changing inequality-generating

mechanisms are most responsible for the rising wealth inequality.

Based on a pool of nine surveys of the SIPP with a large sample of immigrant

households, the paper documents the ethnic and skill composition of immigrant household heads

and the age-wealth profiles by ethnicity, nativity, and immigrant arrival cohorts controlling for

birth cohorts. The multivariate analysis of net worth formally treats the non-monotonic nature

and top coding of net worth using tobit regression models censoring at both the bottom and the

top. A fonnal decomposition analysis assesses the contribution of the change in composition of

ethnic and education groups and the divergent group differences to the rising wealth inequality.

The descriptive analysis shows that the ethnic difference in wealth dominates the nativity

difference. The latest arrival cohort fares more poorly than its native birth-cohort counterparts

whereas the earlier arrival cohorts catch up or even pass over their native birth-cohort

counterparts. The tobit analysis further confinns that the ethnic effect dominates the nativity

effect. Non-Whites are similarly disadvantaged for natives and immigrants with a slightly

weaker effect for immigrant Hispanics than their native counterparts. However, the education

effect is less beneficial for immigrants than for natives. A non-White status takes a greater toll on

people without a high school education than those with a college education. The decomposition

analysis reveals that the change in ethnic composition of the American population primarily due

to the inflows of recent immigrants contributes to about a quarter of the rising wealth inequality.

Lower-skill recent immigrants actually help to maintain the share of the low educated, thereby

contributing to only a tiny percentage of the rising inequality. Adding nativity to these two

groupings does not increase the contribution greatly. Most of the rising inequality is explained by

the increasingly divergent group differences due to the changing effects of the detennining
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factors of wealth, particularly the increasing return to college education. Comparing the

decomposition between the whole nation and the six immigrant-concentrated states further

reveals the importance of this divergent group differences.

These findings provide evidence for two conclusions. First, although ethnicity and skills

are two major determinants of wealth, much more important than nativity, the dynamics of the

role of skills suggest its greater importance than ethnicity. Second, the relationship between

immigration and inequality is more complicated than a mere increase in shares of minorities and

the low skilled. I have documented clearly that although immigration does increase the share of

minorities, recent low-skilled immigrants help to maintain the share of the low skilled. The

decomposition analysis sets up two hypothetical scenarios for a better understanding of the

contribution of immigration to inequality. In one scenario, if immigrants accumulated wealth in

the exact same way as their native counterparts, and if there were no change in the effects of

factors detennining wealth over time, then the ethnic and education group differences in wealth

would have remained the same. In this scenario, inequality would rise solely due to the larger

shares of minorities. Our findings do not support this scenario. Instead, strong evidence points to

differential returns to education between immigrants and natives, (2) differential ethnic(

effects between education categories, and (3) increasing return to a college degree over time. All

this contributes to divergent group differences in wealth, which, in turn, becomes the major

contributor to the rising wealth inequality. In the second scenario, if the group proportions

remained the same as the 1980s as if there had no more immigration flows from the 1980s to the

1990s and the natural population growth was zero, then the change in group differences would

have explained solely the rising inequality. Our results show that the divergent group differences
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playa major role but not a complete role and change in ethnic composition accounts for about a

quarter of the rising inequality.

With the increasing social inequality in the last two decades and the parallel growth in

immigrant flows, it is tempting to relate the rising inequality with the growing immigrant

population. This temptation is further fueled by the increasing non-White proportion and

relatively lower education levels of recent immigrants. However whether this relationship can be

established depends on the knowledge about how the ethnic and skill composition is changed due

to immigration, the mechanisms generating inequality, and the evolution of these mechanisms

over time. Furthermore the establishment of the relationship depends on a careful accounting of

the contribution from the composition versus the mechanisms to the rising inequality. The

analysis here provides a first step to better our understanding. Overall, the set of findings here

supports a fundamental point that it is not the growing presence of immigrants per se that is the

key to the question. Rather, the changing mechanisms generating inequality, including responses

to the increasing immigrant population, should be the center of attention in studies of the

relationship between immigration and inequality.
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Appendix

Data from Survey of Income and Program Participation

This study uses data from nine surveys of the Survey of Income and Program

Participation (SIPP). The SIPP consists of multi-panel, longitudinal surveys of adults (age 15 and

over) in households (U.S. Bureau of the Census 1991). Each panel consists of about 15,000-

40,000 nationally representative households over 32-48 months. The SIPP collects monthly data

every four months by interviewing the original sampled adults and other individuals with whom

they reside. This study uses data from the core questions about demographic characteristics and

two topical modules, one on migration history and the other on assets and liabilities. The

Migration History module asks where each person in the household was born in the U.S., and if

born abroad, the country of birth and the year of arrival in the U.S. The Assets and Liabilities

module collects infonnation on the value of assets and debts to derive a comprehensive measure

of household net worth. Assets include resident home, vehicles, savings accounts, stocks, mutual

funds, bonds, real estate, business assets and IRA. Liabilities include mortgage, secured debts

and unsecured debts (credit cards, medical bills).8

Although the SIPP panels are longitudinal, this study uses only one cross-section of data

from each panel because the comprehensive assets and liabilities data were collected in only one

wave during the life of five out of the nine panels (the exceptions are the 1984, 1985, 1986 and

1996 panels). Out of the total of 11 panels, nine panels contain valid data on wealth (1984, 1985,

1986, 1987, 1990, 1991, 1992, 1993, and 1996). Wealth data were collected in different waves of

the panels so that the wealth data were collected in eight different years (1985, 1986, 1987, 1988,

1991, 1993, 1995, and 1997).

8 For more information on the SIPP, see the SIPP Users' Guide (U.S Census Bureau 2001).

33



The sample in analysis includes households with the heads aged 25 to 80. I define

immigrant households by the nativity of the head. If the head was born abroad, the household is

an immigrant household. The following table indicates the number of households and immigrant

households in each survey.

1985 1986 1987 1990 1991 1992 1993 1996 TotalPanel 1984

~
688

~
692

~

640

9,561 18,359

~

801

~
1,408

~
1,374

~
2.851

129,314

10,671

hh

imm. hh 481 1,736

The dependent variable is net worth, defined as subtracting total liabilities from total

assets. I use the SIPP derived variable, which is implicitly top-coded because certain components

of assets were top coded. Net worth is measured in 2000 dollars using the urban CPI (U.S

Bureau of Labor Statistics 2002). The measurement of explanatory variables is described below

Ethnicity is a 4-category variable including White, Black, Hispanic and Asian. Education is

measured in 4 categories to capture the non-linear effect: (1) <12, (2) =12, (3) 13-15, and (4) 16

or more. Immigrant arrival cohort is a 6-category variable, 0 for native, 1 for the pre-1965

cohort, 2 for the1965-1974 cohort, 3 for the 1975-1984 cohort, 4 for the post-1984 cohort, and 5

for immigrant households with missing arrival years. Household types distinguish (1) married

couple, (2) female-head with children, (3) single-male, (4) single-female, and (5) others. These

categorical variables are transfornled to sets of dummy variables in model specification and

estimation. Age is in years, and age-squared is included to capture the dissaving rate after

retirement. I also measure whether an immigrant head is naturalized and whether the couple is in

a native-immigrant inter-marriage. The models control for panels where the wealth data were

collected. Descriptive statistics of the variables used in analysis are shown in Appendix Table 1
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Table 1. Ethnic and Origin-Country Composition of Arrival Cohorts (%) 
 Pre-1965 1965-1974 1975-1984 Post-1985 
Race and Ethnicity     
  White 64.1 31.3 21.6 25.1 
  Black 2.9 8.0 8.8 5.9 
  Hispanic 25.1 42.1 39.4 41.8 
  Asian 7.9 18.6 30.2 27.3 
     
Country of Origin      
  Europe 44.7 18.2 8.6 8.6 
  Mexico 14.4 24.9 23.2 22.7 
  Dominic Rep. 1.0 2.0 2.4 2.6 
  China 2.7 4.6 5.9 7.3 
  Philippines 2.8 6.6 5.7 4.6 
  India 0.6 2.4 3.6 4.5 
  Korea, Rep. 0.7 2.8 3.7 3.0 
  Vietnam 0.4 0.5 5.5 3.5 
     
Sample size 2,697 2,058 2,733 1,866 
Source: SIPP 1984, 1985, 1986, 1987, 1990, 1991, 1992, 1993, and 1996 panels. 
Note: The percentages are weighted. The sum of column percentages for country of origin is less than 1 because 
only selected groups are listed. 



Table 2. Education Composition: By Nativity, Arrival Cohorts, Ethnicity and Country of Origin 
Country (Region) of Education Level  
  Origin <12 =12 13-15 16+ Sample Size 
Native (total) 21.5 34.5 20.9 23.2 118,643 
  White 18.9 34.8 21.1 25.1 99,896 
  Black 34.6 33.9 19.5 12.0 12,592 
  Hispanic 37.2 31.6 19.3 11.9 5,363 
  Asian 12.5 28.8 24.6 34.2 792 
      
Immigrant (total) 34.2 23.5 17.2 25.0 10,671 
  White 23.8 27.4 19.2 29.6 3,998 
  Black 24.3 30.5 23.4 21.8 647 
  Hispanic 56.8 20.3 13.9 9.0 3,942 
  Asian 17.0 19.4 17.4 46.2 2,084 
      
  W.N.S. Europe (total) 26.2 29.3 19.9 24.6 2,279 
    Pre -1965 28.6 30.0 20.5 20.9 1,159 
    1965-1974 30.9 25.4 17.1 26.6 359 
    1975-1984 16.7 28.2 15.9 39.2 229 
    Post-1984 10.2 28.5 22.1 39.1 151 
      
  Mexico (total) 73.1 15.7 8.2 3.1 2,312 
    Pre -1965 71.8 15.5 8.8 3.9 411 
    1965-1974 74.6 15.0 8.1 2.3 531 
    1975-1984 76.2 14.4 7.7 1.7 687 
    Post-1984 65.1 18.1 10.7 6.1 456 
      

  China (total) 19.3 20.9 11.4 48.5 498 
    Pre -1965 22.2 20.8 13.6 43.4 72 
    1965-1974 19.3 22.9 11.5 46.3 90 
    1975-1984 18.1 25.1 8.4 48.4 155 
    Post-1984 18.9 16.3 12.5 52.3 137 
      
  Philippines (total) 10.2 17.6 25.4 46.9 505 
    Pre -1965 16.2 24.6 22.0 37.2 77 
    1965-1974 8.4 13.0 33.9 44.7 133 
    1975-1984 9.4 13.7 24.6 52.3 157 
    Post-1984 7.9 16.8 20.1 55.1 91 
      
  Korea, South (total) 12.9 24.0 17.1 46.0 260 
    Pre -1965 20.7 23.1 4.2 52.0 20 
    1965-1974 13.7 19.0 13.7 53.6 51 
    1975-1984 9.7 30.3 15.6 44.4 98 
    Post-1984 7.7 25.7 21.7 44.9 55 
      
  India (total) 7.9 8.4 7.8 76.0 258 
    Pre -1965 13.1 12.9 0.0 74.0 15 
    1965-1974 1.7 7.8 0.0 90.5 46 
    1975-1984 9.9 8.5 7.4 74.2 95 
    Post-1984 10.0 8.7 9.8 71.5 74 
Source: SIPP 1984, 1985, 1986, 1987, 1990, 1991, 1992, 1993, and 1996 panels. 
Note: The percentages are weighted. The sum of arrival cohort sample is smaller than the country total sample 
because of missing value on date of arrival.  



Table 3. Tobit Estimates for Net Worth  
 Model 
Variable (1)  (2)  (3)  (4)  (5)  
Immigrant Status -0.89 

(0.05) 
*** -0.04 

(0.05) 
       

Immigrant arrival cohort           
    Pre -1965     1.17 

(0.09) 
*** -0.15 

(0.11) 
 -0.04 

(0.33) 
 

    1965-1974     0.41 
(0.10) 

*** -0.15 
(0.11) 

 -0.13 
(0.33) 

 

    1975-1984     -0.95 
(0.09) 

*** -0.81 
(0.09) 

*** -0.65 
(0.33) 

* 

    Post-1984     -1.93 
(0.11) 

*** -1.38 
(0.10) 

*** -1.16 
(0.33) 

** 

Race-ethnicity           
    Black   -3.39 

(0.04) 
*** -3.37 

(0.04) 
*** -2.36 

(0.04) 
***   

    Hispanic   -2.84 
(0.05) 

*** -2.71 
(0.05) 

*** -1.63 
(0.05) 

***   

    Asian   -0.49 
(0.09) 

*** -0.06 
(0.09) 

 -0.25 
(0.09) 

**   

Education           
    =12       1.30 

(0.03) 
*** 1.31 

(0.03) 
*** 

    13-15       1.62 
(0.04) 

*** 1.63 
(0.04) 

*** 

    16+       2.38 
(0.04) 

*** 2.40 
(0.04) 

*** 

Life cycle           
    Age       0.26 

(0.01) 
*** 0.26 

(0.01) 
*** 

    Age-squared       -0.002 
(0.00) 

*** -0.002 
(0.00) 

*** 

Household composition           
    Married-couple        1.13 

(0.04) 
*** 1.11 

(0.04) 
*** 

    Female-head       -1.17 
(0.05) 

*** -1.15 
(0.05) 

*** 

    Single male       -0.78 
(0.05) 

*** -0.79 
(0.05) 

*** 

    Single female       -1.07 
(0.05) 

*** -1.07 
(0.05) 

*** 

         (continued)  
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(table 3 continued)           
 Model 
Variable (1)  (2)  (3)  (4)  (5)  
Immigrant integration experience           
    Naturalized citizen       0.65 

(0.09) 
*** 0.85 

(0.09) 
*** 

    Immigrant-native marriage       0.02 
(0.07) 

 0.01 
(0.07) 

 

Country of origin among immigrants           
    W.N.S. Europe         -0.20 

(0.33) 
 

    E. Europe         -0.92 
(0.36) 

* 

    Mexico         -0.97 
(0.33) 

** 

    Cuba         -1.94 
(0.37) 

*** 

    Dominican Republic         -5.55 
(0.44) 

*** 

    China         0.13 
(0.37) 

 

    Philippines         -0.79 
(0.37) 

* 

    India         -0.49 
(0.41) 

 

    South Korea         -1.03 
(0.41) 

* 

    Vietnam         -1.23 
(0.41) 

** 

    Other Hispanic         -2.24 
(0.35) 

*** 

Ethnicity among natives           
    Black         -2.38 

(0.04) 
*** 

    Puerto Rican         -4.09 
(0.13) 

*** 

    Mexican American         -0.94 
(0.08) 

*** 

    Other Hispanic         -1.76 
(0.11) 

*** 

    Asian American         -0.11 
(0.14) 

 

         (continued)  
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(table 3 continued)           
 Model 
Variable (1)  (2)  (3)  (4)  (5)  
SIPP panel           
    85 -0.07 

(0.06) 
 -0.08 

(0.06) 
 -0.07 

(0.06) 
 -0.05 

(0.06) 
 -0.05 

(0.06) 
 

    86 -0.04 
(0.07) 

 -0.06 
(0.06) 

 -0.04 
(0.06) 

 -0.06 
(0.06) 

 -0.05 
(0.06) 

 

    87 0.14 
(0.07) 

* 0.14 
(0.06) 

* 0.16 
(0.06) 

* 0.08 
(0.06) 

 0.08 
(0.06) 

 

    90 -0.30 
(0.06) 

*** -0.16 
(0.06) 

** -0.12 
(0.06) 

* -0.17 
(0.05) 

** -0.17 
(0.05) 

** 

    91 -0.13 
(0.07) 

* -0.12 
(0.06) 

 -0.07 
(0.06) 

 -0.20 
(0.06) 

** -0.19 
(0.06) 

** 

    92 -0.27 
(0.06) 

*** -0.26 
(0.06) 

*** -0.18 
(0.06) 

** -0.34 
(0.05) 

*** -0.34 
(0.05) 

*** 

    93 0.01 
(0.06) 

 0.03 
(0.06) 

 0.09 
(0.06) 

 -0.12 
(0.05) 

* -0.12 
(0.05) 

* 

    96 -0.65 
(0.05) 

*** -0.49 
(0.05) 

*** -0.41 
(0.05) 

*** -0.60 
(0.05) 

*** -0.58 
(0.05) 

*** 

Constant 9.51 
(0.05) 

*** 9.95 
(0.04) 

*** 9.89 
(0.04) 

*** -0.16 
(0.14) 

 -0.19 
(0.14) 

 

Likelihood ratio Chi2 813 *** 9,493 *** 10,126 *** 32,246 *** 33,047 *** 
Degree of freedom 9  12  16  27  42  
Number of households 129,314  129,314  129,314  129,314  129,314  
Source: SIPP 1984, 1985, 1986, 1987, 1990, 1991, 1992, 1993, and 1996 panels. 
Note: Tobit estimates are presented  with standard errors in parentheses. The tobit models for the logarithm of net worth censors non-positive net worth from 
below and the top one percentile of net worth from above. 
*** p<.001  ** p<.01  * p<.05



Table 4. Change in Population Percentages for Ethnic and Education Groups from 1980s to 1990s: By Nativity 
 Whole Nation Six States 
Grouping Native Immigrant Total Native Immigrant Total 
Ethnicity       
  White -0.91 -10.17 -2.63 -1.23 -8.40 -4.33 
  Black 0.01 0.69 -0.05 0.03 0.56 -0.10 
  Hispanic 0.81 7.12 1.99 0.97 6.66 3.29 
  Asian 0.10 2.36 0.69 0.23 1.17 1.14 
Education       
  <12 -6.84 -3.58 -6.30 -5.79 -3.38 -4.60 
  =12 -0.03 1.71 -0.15 -0.84 1.47 -0.94 
  13-15 4.19 0.85 3.84 4.55 1.11 3.79 
  >=16 2.69 1.01 2.61 2.08 0.81 1.75 
Education*Ethnicity       
  Low education <12       
    White -5.68 -5.47 -5.80 -4.79 -4.01 -4.88 
    Black -1.14 0.03 -1.11 -0.75 -0.09 -0.73 
    Hispanic 0.00 2.37 0.60 -0.26 1.47 0.96 
    Asian -0.02 -0.51 0.02 0.01 -0.75 0.05 
  High education >=16       
    White 2.18 -0.52 1.75 1.31 -0.07 0.51 
    Black 0.31 -0.09 0.28 0.38 -0.33 0.27 
    Hispanic 0.10 0.58 0.20 0.23 0.67 0.40 
    Asian 0.09 1.04 0.36 0.16 0.54 0.58 
Source: SIPP 1984, 1985, 1986, 1987, 1990, 1991, 1992, 1993, and 1996 panels. 
Notes: Weighted percentages are presented. The difference is obtained by subtracting the percentage in 1980s from that in 1990s. 
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Table 5. Change in Effects of Determinants of Wealth: 1980s-1990s 
 Whole Nation Six States 
Variable 1980s  1990s  Diff.  1980s  1990s  Diff.  
Arrival cohort             
    Pre -1965 -0.30  -0.00  0.30  -0.27  0.07  0.33  
    1965-1974 -0.09  -0.12  -0.03  0.06  -0.12  -0.17  
    1975-1984 -1.10 *** -0.74 *** 0.37  -1.20 *** -0.80 *** 0.40  
    Post-1984 -3.81 ** -1.47 *** 2.34  -5.41 * -1.66 *** 3.75  
Race-ethnicity             
    Black -2.54 *** -2.31 *** 0.24 ** -2.58 *** -2.60 *** -0.02  
    Hispanic -1.96 *** -1.52 *** 0.44 *** -1.95 *** -1.44 *** 0.52 *** 
    Asian -0.62 *** -0.10  0.51 * -0.92 *** -0.26  0.66 * 
Education             
    =12 1.23 *** 1.32 *** 0.09  1.11 *** 1.45 *** 0.34 ** 
    13-15 1.62 *** 1.58 *** -0.04  1.67 *** 1.79 *** 0.12  
    16+ 2.16 *** 2.47 *** 0.31 *** 2.24 *** 2.69 *** 0.45 *** 
Life cycle             
    Age 0.28 *** 0.25 *** -0.03 *** 0.26 *** .023 *** -0.03 *** 
    Age-squared -0.0019 *** -0.0015 *** -0.0004 *** -0.0018 *** -0.0014 *** -0.0004 *** 
Household composition             
    Married-couple 1.15 *** 1.11 *** -0.04 *** 1.39 *** 1.05 *** -0.35 * 
    Female-head -1.22 *** -1.16 *** 0.06 *** -1.36 *** -1.52 *** -0.16  
    Single male -0.67 *** -0.84 *** -0.17  -0.81 *** -1.11 *** -0.30  
    Single female -1.02 *** -1.10 *** -0.08  -0.93 *** -1.34 *** -0.41 * 
Immigrant integration experience             
    Naturalized citizen 0.88 *** 0.53 *** -0.35  0.96 *** 0.50 *** -0.45  
    Immigrant-native marriage -0.02  0.05  0.07  -.0016  0.15  0.15  
Source: SIPP 1984, 1985, 1986, 1987, 1990, 1991, 1992, 1993, and 1996 panels. 
Note: Tobit estimates are presented. The tobit models for the logarithm of net worth censors non-positive net worth from below and the top one percentile of net 
worth from above. All models control for the respective panels. 
*** p<.001  ** p<.01  * p<.05



Table 6. Wealth Inequality by Ethnicity: 1980s and 1990s 
 1980s 1990s 
 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 
Ethnicity 

jp  jm  /jm M  2(1 / )jm M−  
2(1 / )j ip m M−

 
jp  jm  /jm M  2(1 / )jm M−  

2(1 / )j ip m M−
 

White 0.818 71,726 1.251 0.063 0.051 0.791 63,990 1.334 0.112 0.088 

Asian 0.018 51,515 0.898 0.010 0.000 0.025 46,722 0.974 0.001 0.000 

Hispanic 0.059 8,763 0.153 0.718 0.042 0.079 6,904 0.144 0.733 0.058 

Black 0.106 6,259 0.109 0.794 0.084 0.105 6,381 0.133 0.752 0.079 

           
Total 1.000 57,340   0.178 1.000 47,962   0.225 
Source: SIPP 1984, 1985, 1986, 1987, 1990, 1991, 1992, 1993, and 1996 panels. 
Note: Wealth inequality in the 1980s is the average of four panels (1984, 1985, 1986 and 1987) and that in the 1990s is the average of five panels (1990, 1991, 
1992, 1993, and 1996). The between-group inequality measure is similar to squared coefficient of variation. Let j=1,…J be the groups, jp  be the group 

proportion, jm  is the group median and M is the total median, then the between-group inequality is 

2

1

1
J

j
j

j

m
p

M=

 
− 

 
∑ . 



Table 7. Decomposing Change in Between-Group Inequality of Wealth From 1980s to 1990s 
 Whole Nation Six States 
Grouping Components  % Components  % 

Ethnicity     
  Inequality in 1980s .178  .293  
  Inequality in 1990s .225  .445  
  Change in inequality .047 100.0 .151 100.0 
  Due to change in proportion  .012 26.0 .016 10.4 
  Due to change in between-group differences .036 76.2 .144 94.8 
  Due to joint effect -.001 -2.2 -.008 -5.2 
Ethnicity and nativity     
  Inequality in 1980s .181  .295  
  Inequality in 1990s .234  .450  
  Change in inequality .053 100.0 .154 100.0 
  Due to change in proportion  .014 26.2 .020 12.9 
  Due to change in between-group differences .040 74.4 .144 93.1 
  Due to joint effect -.001 -1.7 -.009 -6.0 
Education groups     
  Inequality in 1980s .152  .262  
  Inequality in 1990s .285  .451  
  Change in inequality .133 100.0 .189 100.0 
  Due to change in proportion  .007 4.9 .001 0.6 
  Due to change in between-group differences .125 94.3 .191 100.9 
  Due to joint effect .001 0.8 -.003 -1.6 
Education groups and nativity     
  Inequality in 1980s .160  .262  
  Inequality in 1990s .296  .484  
  Change in inequality .136 100.0 .221 100.0 
  Due to change in proportion  .011 7.9 .011 4.8 
  Due to change in between-group differences .119 87.6 .209 94.5 
  Due to joint effect .006 4.6 .001 0.7 
Ethnicity and education groups     
  Inequality in 1980s .294  .443  
  Inequality in 1990s .467  .764  
  Change in inequality .173 100.0 .321 100.0 
  Due to change in proportion  .024 13.7 .023 7.1 
  Due to change in between-group differences .134 77.5 .285 88.8 
  Due to joint effect .015 8.8 .013 4.1 
Source: SIPP 1984, 1985, 1986, 1987, 1990, 1991, 1992, 1993, and 1996 panels. 
Note: Wealth inequality in the 1980s is the average of four panels (1984, 1985, 1986 and 1987) and that in the 1990s is the average of five panels (1990, 1991, 
1992, 1993, and 1996).  



Appendix Table 1. Descriptive Statistics of Variables Used in Analysis  
Variable Mean S.D. 
    Household net worth ($) 120,190 321,465 
    Immigrant status 0.08 0.28 
    Pre -1965 arrival cohort  0.02 0.14 
    1965-1974 arrival cohort  0.02 0.13 
    1975-1984 arrival cohort  0.02 0.14 
    Post-1984 arrival cohort 0.01 0.12 
    Missing arrival date 0.01 0.10 
    Black 0.10 0.30 
    Hispanic 0.07 0.26 
    Asian 0.02 0.15 
    =12 years of schooling 0.33 0.47 
    13-15 years of schooling 0.21 0.41 
    16+ years of schooling 0.24 0.43 
    Age 48 15 
    Age-squared 2557 1572 
    Married-couple 0.57 0.49 
    Female-head 0.12 0.32 
    Single male 0.09 0.29 
    Single female 0.13 0.34 
    Naturalized citizen 0.04 0.20 
    Immigrant-native marriage 0.03 0.17 
    Panel 85 0.08 0.27 
    Panel 86 0.07 0.26 
    Panel 87 0.07 0.26 
    Panel 90 0.14 0.35 
    Panel 91 0.07 0.26 
    Panel 92 0.13 0.33 
    Panel 93 0.12 0.33 
    Panel 96 0.23 0.42 
Source: SIPP 1984, 1985, 1986, 1987, 1990, 1991, 1992, 1993, and 1996 panels. 



Figure 1. Age-Wealth Profile by Ethnicity and Nativity 
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Figure 2. Age-Wealth Profiles of Immigrant Arrival Cohorts and Natives: 
Comparable Birth Cohorts 
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Note: The length of the bar is the tobit coefficient with the white counterparts as the reference 
*** Significant difference between the comparing bars, p<.001. 
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