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sharply rising overall wage inequality, and a 
high and rising incidence of low pay. In con-
trast to the egalitarian tendency during the first 
three postwar decades, post-1979 incomes have 
either worsened or stagnated across most of the 
wage distribution, generating a growing polar-
ization between top 10 percent incomes and 
the bottom 90 percent, and even more dramat-
ically, between the top 1 percent and the bot-
tom 50 percent (Piketty, Saez, and Zucman 
2018; Acemoglu and Autor 2011; see also Sul-
livan, Warren, and Westbrook 2001; Atkinson 
and Brandolini 2011). Market incomes (before 
taxes and benefits) for the average working-age 
American adult actually fell between 1980 and 
2014, reversing the strong upward trend of pre-
vious decades. The incidence of low-wage and 
very low-wage jobs (which we term poverty-
wage) grew, spectacularly so for young workers 
(age eighteen through thirty-four) with less 

Declining Job Quality in the 
United States: Explanations 
and Evidence
David R.  How ell a nd Ar ne L.  K alleberg

The declining quality of jobs has emerged as a 
key challenge for researchers and policymakers 
in the twenty-first century. The growing realiza-
tion that the quality of jobs is central to ad-
dressing a myriad of social and economic prob-
lems—such as economic development, family 
formation and social integration, poverty and 
inequality, and individual well-being—has put 
this age-old topic on the front burner for social 
scientists in the United States and around the 
world. This essay offers our perspective on the 
job quality problem and debate. We document 
changes in American job quality since the late 
1970s, survey leading explanations, and review 
the recent evidence.

After briefly reviewing the meaning of job 
quality, we describe American job quality, fo-
cusing on three dimensions of the post-1979 
low-wage crisis: stagnation or decline in real 
(inflation-adjusted) income and wage levels, 
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than a college degree. The poverty-wage share 
even increased for workers with a college de-
gree. Young workers also experienced sizable 
declines in their median wage (males after 1979, 
women after around 2000).

Declines in nonwage benefits such as 
employer-paid health insurance and pensions 
have also been greater for lower-wage workers, 
another source of rising absolute and relative 
inequality in job quality. The expansion of low-
wage jobs has often been linked to concerns 
about the growth of nonstandard jobs—for ex-
ample, temporary help agency workers, on-call 
workers, contract workers, and (especially) in-
dependent contractors or freelancers—and 
though the question of the extent of the in-
crease in the share of nonstandard jobs re-
mains controversial, evidence (and perception) 
is considerable that many dimensions of job 
quality have worsened for both standard and 
nonstandard workers. In short, as measured by 
these and other indicators of job quality, the last 
four decades have been characterized by un-
shared—even extractive—economic growth.1

We consider leading explanations for these 
striking changes in job quality and labor mar-
ket inequality by grouping them into three per-
spectives concerning how labor markets work. 
At one end of the theoretical spectrum is the 
mainstream economist’s competitive market 
model, which explains the wage distribution 
strictly in terms of the interaction of the supply 
and demand for worker skills in highly com-
petitive external labor markets (for example, 
Goldin and Katz 2007; Acemoglu and Autor 
2011, 2012; Autor and Dorn 2013). In this view, 
protective labor institutions, like labor unions, 
are inefficient interventions, but skill-biased 
production technologies are reducing their im-
portance, making the perfect competition 
model an increasingly good approximation for 
how labor markets work. The result is the law 
of one wage, in which workers in the same skill 
group are paid the same wage in similar jobs 
no matter where they work. The low-wage prob-
lem is explained by the failure of worker skills 
(college degrees) to keep pace with increases in 

employer demands for them as computeriza-
tion (and perhaps offshoring) transform the 
workplace, eliminating the need for humans to 
do routine tasks.

In contested market models, wage-setting 
takes place in firms that operate in imperfect 
markets, and under these conditions employ-
ers typically have substantial bargaining (mon-
opsony) power and make use of strategic wage 
policies to elicit optimal effort, leading to the 
existence of good and bad jobs for similarly 
skilled workers (for example, respectively, Man-
ning 2011; Lazear and Shaw 2007). This is a neo-
classical view in which market failures are seen 
as essential features of product and labor mar-
kets, and as a result, corrective institutions can 
improve efficiency and well-being. The low-
wage problem reflects rising monopsony power 
and, reflecting this power, the growing use of 
human resource practices that push wages be-
low competitive market levels.

Social-institutional approaches share the 
contested market vision of the centrality of bar-
gaining power within the firm, but broaden the 
relevant terrain by underscoring the impor-
tance of social, political, and structural forces; 
the effectiveness of protective labor institu-
tions; and workplace culture and conflict (for 
example, Kaufman 1988, 2004; Osterman 2011). 
This is a political economy vision in which the 
power wielded by different key stakeholders 
generates the institutional configuration and 
organizational diversity that in turn helps de-
termine key outcomes, including not just wages 
and nonwage job quality but also the nature 
and use of available production technologies. 
The low-wage problem is rooted in deregula-
tion and technological advances that have in-
creased employer power, manifested in firm 
restructuring and adversarial labor practices 
aimed at cutting labor costs as the countervail-
ing power of labor institutions collapsed. In 
this view, the decline in post-1979 job quality 
can be explained by a declining willingness to 
pay decent wages by lead firms with consider-
able market power and a declining ability to pay 
decent wages by their suppliers and other firms 

1. By extractive growth, we mean unshared growth in which increasing inequality is characterized not just by a 
growing gap between top and bottom parts of the wage-income distribution, but by absolute declines in 
inflation-adjusted wages or incomes at the bottom.
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confronted with increasingly competitive prod-
uct markets (Appelbaum 2017).

These three perspectives assign different 
roles for markets, institutions, and conflict. In 
contested market and social-institutional ap-
proaches, large shifts in labor demand and sup-
ply can be important sources of wage and other 
job quality outcomes. For example, a surplus 
pool of workers vying for jobs can be expected 
to undermine their bargaining power, as Adam 
Smith argued centuries ago (discussed further 
later). But the same is not the case for the role 
of protective institutions (formal and informal) 
in the textbook competitive market explana-
tion. Here the wage is set in the external labor 
market by supply and demand, and wage in-
equality reflects the “race” between education 
and technology. This model excludes by its con-
struction surplus (rents, or excess profits), 
much less bargaining over it. Rather than act-
ing as countervailing sources of bargaining 
power that can offset inefficiencies generated 
by market power, protective labor institutions 
alter distributional outcomes only at the cost 
of economic efficiency, resulting in lower over-
all output and employment.

We next consider the recent evidence. 
Guided by the competitive market model, re-
searchers have sought evidence showing 
computer-related shifts in labor demand (mea-
sured by changes in the occupational distribu-
tion of employment) and shifts in the supply of 
skills (often measured by the share of college 
graduates). This demand-supply explanation 
has become increasingly controversial and we 
consider a number of questions that have been 
raised about the measurement, interpretation, 
and implications of occupational employment 
polarization and the college-wage premium. In 
addition to the challenges posed by these ques-
tions, the competitive market explanation has 
no ready answer for recent evidence that 
strongly supports the long-standing view 
among early postwar labor economists that 
wage differentials are substantial, and perhaps 
growing, for similar workers employed  
in similar jobs but working in different estab-
lishments, firms, and industries (Freeman 1988; 
Kaufman 1988, 2004). Another challenge is the 
difficulty of explaining vastly different wage 
and inequality trends across similarly rich 

countries that face similar technological ad-
vances and globalization pressures.

Researchers who see the labor market 
through the lenses of the two bargaining power 
approaches have focused on evidence of rising 
monopsony power, increases in employment 
restructuring to reduce labor costs through out-
sourcing nonessential tasks formerly done in 
house, and the eroding power of countervailing 
labor institutions (such as laws governing the 
labor process, collective bargaining protec-
tions, and minimum wage legislation). In ad-
dition, social-institutional scholarship has 
pointed to the effects of changes in national 
and local public policies that affect human re-
source practices (such as labor laws and tax 
policy), the state of labor supply (such as poli-
cies that affect unemployment levels, trade, 
and immigration), and declines in the social 
wage (non–employment-related social provi-
sion for working-age families).

Building on the industrial relations econo-
mists of the early postwar period, researchers 
have recently explored newly available linked 
data sets for individuals and the firms in which 
they work, which have revolutionized the abil-
ity to address questions about firm versus indi-
vidual effects on wages. The evidence strongly 
suggests that substantial wage differentials ex-
ist for similar workers in similar jobs but em-
ployed in different establishments and firms, 
and that this is a central feature of the Ameri-
can labor market. This evidence is consistent 
with the view that a shift in bargaining power 
toward employers has been an important part 
of the post-1979 collapse in job quality—at least 
as indicated by wage stagnation, rising wage 
inequality, and the increasing incidence of low-
wage jobs.

Finally, we consider the implications of 
these alternative views of the labor market for 
public policies related to job quality. Nearly all 
researchers concerned with the quality of jobs 
agree that improving education and training 
are important for economic growth, employ-
ment opportunities, and individual wage out-
comes. The question is whether strong upward 
movement in worker educational achievement, 
which has characterized the last four decades, 
can substantially increase overall real wage 
growth, reduce overall wage inequality, and 
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lower the incidence of low- and poverty-wage 
jobs. For those wedded to the competitive mar-
ket view, the answer is an unequivocal yes. In 
this view, institutional labor protections de-
signed to increase shared growth through 
higher real wages and reduced wage inequality 
will only slow growth and diminish employ-
ment. Those who see shifts in bargaining power 
at the root of wage stagnation and the explo-
sion in wage inequality focus more attention 
on the potential benefits of national regulatory 
policy (ranging from antitrust and anticollu-
sion regulations), labor laws that guard indi-
vidual workers and collective bargaining rights, 
and protective institutions and policies such as 
the minimum wage and social wage policies. 
They point to evidence that an increasing chal-
lenge for similarly skilled workers is to find and 
keep a good job, and that institutional change 
and policy intervention is needed to change the 
mix of good and bad jobs. In this view, it is not 
the level and distribution of worker skills, and 
certainly of educational attainment, but in-
stead differences in institutional regimes that 
explain the vast gap in the incidence of low pay 
between the United States (25 percent) and, say, 
Australia (15.3 percent) or Belgium (3.4 per-
cent).2

Given the centrality of work to human wel-
fare and the functioning of organizations and 
societies, enhancing the quality of jobs is a 
pressing issue for public policy. In our view, all 
these policy directions should be pursued as 
long as they promote a return to shared growth. 
As precision machinist Daniel Wasik wrote in 
a letter to the editor of the New York Times, “We 
must find a more equitable balance between 
wages, productivity and profits. A rise in pro-
ductivity should trigger a rise in salary, and 
when profits soar, the working people instru-
mental in that success should share in its 
bounty” (January 21, 2019).

Job Qualit y: Concep ts and 
Me asures
Jobs consist of the specific tasks that people do 
to earn a living. Jobs represent bundles of re-

wards and the multidimensionality of these re-
wards is reflected in common definitions of job 
quality, such as those used by the International 
Labor Organization (ILO) and the European 
Union. The ILO’s conceptualization of decent 
work includes nearly a dozen components (each 
comprising numerous indicators), including 
opportunities for productive work, adequate 
earnings, decent hours, stability and security 
of work, arrangements to combine work and 
family life, fair treatment in employment, a safe 
work environment, social protections, social 
dialogue and workplace relations, and charac-
teristics of the economic and social context of 
work (for example, Ghai 2003). The European 
Commission’s related concept similarly in-
cludes ten components, such as intrinsic job 
quality, skills, gender equality, health and 
safety at work, flexibility and security, and 
work-life balance (2001; see also Green 2006). 
The core dimensions of job quality certainly in-
clude economic compensation such as earn-
ings and (especially in the United States), ben-
efits such as health insurance and pensions, as 
well as the degree of job security and opportu-
nities for advancement to better jobs, the ex-
tent to which people are able to exercise con-
trol over their work activities and to experience 
their jobs as interesting and meaningful, and 
whether people are able to exercise control over 
their work schedules so as to permit them to 
spend time with their families or engage in 
other, nonwork activities they enjoy. Although 
a number of definitions, measures, and even 
indexes of job quality exist, no consensus has 
been established about what constitutes an ad-
equate summary empirical indicator of job 
quality (Findlay, Kalleberg, and Warhurst 2013).

Defining whether a job is good for a person 
depends in part on individuals’ motivations for 
taking one (for example, whether mainly for the 
money, to make contributions to society or par-
ticular groups, or to obtain intrinsic meaning 
and accomplishment). In general, a good job is 
likely to be harder to define than a bad one: 
what we consider to be a good job depends not 
only on economic benefits—wages and non-

2. These figures come from the OECD (Employment Outlook 2017, Statistical Annex, table O) for 2015. For 
comparison, Finland, Denmark, France, and the Netherlands had low-pay incidence rates of 7.8, 8.2, 9.1, and 14 
percent respectively. Rates for Germany, the UK, and Canada were 15.3, 20.0, and 22.2 percent,
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wage benefits such as health and pension cov-
erage—but also on having control over one’s 
schedule and autonomy over the content of 
work (Kalleberg 2011, 2016). Some good jobs can 
also be considered better than others, and so 
we distinguish good from merely decent jobs. 
By contrast, it is easier to define certain types 
of jobs as bad if they have extremely low levels 
of earnings and benefits that are not enough 
for full-time workers to achieve a minimal stan-
dard of living and allow workers little control 
over the scheduling and conditions of their 
work.

Types of work arrangements and job quality 
are related empirically but are distinct con-
cepts. Nonstandard work arrangements depart 
from the standard employment relations as 
normative forms of good jobs, but nonstandard 
jobs are not necessarily bad jobs and might be 
quite good. Country differences in labor market 
and social welfare protection institutions are 
crucial for evaluating the quality of jobs associ-
ated with these arrangements. Temporary jobs 
are not inherently undesirable, for example, be-
cause some people would prefer to work on a 
temporary basis provided that they could still 
obtain needed economic rewards such as 
enough earnings and benefits such as health 
and pensions. This is the case in countries such 
as Denmark, where such benefits are provided 
to all citizens regardless of their work status 
(Kalleberg 2018).

In the discussion that follows, we operation-
alize job quality mainly as economic compen-
sation such as wages or earnings. This is the 
most widely used indicator of job quality for 
which data are available for long periods. We 
will also consider other dimensions, however, 
including economic benefits such as health in-
surance and retirement assistance, as well as 
non-economic benefits such as control over 
work schedule and working conditions. These 
dimensions of job quality are, in general, posi-
tively related, and so we can speak of the overall 
goodness or badness of jobs.

Post-1979 American Job Qualit y:  
A Statistical Portr ait
This overview of important dimensions of post-
1979 American job quality begins with national 
evidence of a striking shift between the broadly 

shared and moderately egalitarian growth of 
the three decades between the late 1940s and 
mid-1970s and the unshared inegalitarian 
growth of the post-1979 period. We then turn to 
what has happened to real wages; wage in-
equality; the incidence of poverty-, low-, and 
decent-wage jobs; and a variety of nonwage di-
mensions of jobs quality. We conclude with an 
overview of the evidence on nonstandard jobs.

The Economic Context: Four Decades of 
Unshared Growth
It is now well established that the proceeds of 
American economic growth since the late 1970s 
have been almost entirely appropriated by 
those at the very top of the income ladder, re-
versing the more egalitarian outcomes of the 
earlier postwar decades (1946–1980). Thomas 
Piketty, Emmanuel Saez, and Gabriel Zucman 
report that in the thirty-four years before 1980, 
real (inflation-adjusted) pre-tax incomes for the 
bottom 50 percent and the middle 40 percent 
(the 50th through 90th percentiles) of adults 
(ages twenty and older) rose substantially, by 
102 and 105 percent respectively, which was 
more than twice the increase of the top 1 per-
cent (47 percent) (2018, table II). In striking con-
trast, in the thirty-four years since 1980, bottom-
50th and middle-40th percentile adults 
increased by just 1 percent and 42 percent, 
whereas top-1 incomes rose by 205 percent. The 
same pattern holds for post-tax incomes (2018, 
appendix tables II-B7, II-B8, and II-B10).

Because our concern in this issue is with job 
quality, a better indicator of shared growth via 
the labor market is the market income (pre-tax) 
for working-age adults (twenty to sixty-four), 
displayed in figure 1.

This figure shows not just the stagnation of 
the bottom-50 and the increasing growth of in-
comes as you move up the income ladder, but 
also the suddenness of the shift between 
shared and unshared growth regimes around 
1980. Top-1 incomes rose at rates broadly simi-
lar to per capita gross domestic product (GDP) 
and top-10, middle-40, and bottom-50 incomes 
between 1962 and 1980, but show a striking up-
ward decoupling of the top-1 in the aftermath 
of the 1980 and 1982 recessions, early in the first 
term of President Ronald Reagan. Although the 
economy grew by 77 percent between 1980 and 
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2014, the average market income for the bot-
tom-50 actually fell by 6.2 percent (as noted), 
reflecting a decrease in income of almost $2,000 
from $18,049 to $16,136—below the 1966 level of 
$16,388.

A sharp divergence around 1980 can also be 
seen in real weekly wages at the 90th, 50th, and 
10th wage deciles for all full-time workers and 
male and female workers separately (Acemoglu 
and Autor 2011, figures 7a–7c). The trends at the 
bottom of the distribution show wage stagna-
tion; male workers’ real weekly earnings were 
lower in the mid-2000s than in 1970, and female 
earnings rose modestly only after 1994. But out-
comes are even worse when the pay indicator 
is hourly wages and all (including part time) 
workers: “downward movements at the 10th 
percentile are far more pronounced in the 
hourly wage distribution than in the full-time 
weekly data” (Acemoglu and Autor 2011, 1065).

Another way to depict the post-1979 decou-

pling of worker incomes from economic growth 
is with the Economic Policy Institute’s by now 
iconic figure,3 which sets the growth in labor 
productivity against the growth in the average 
hourly compensation of production and non-
supervisory workers, who account for about 80 
percent of total payroll employment. Between 
1947 and 2017, productivity rose by 246 percent, 
but average worker compensation increased by 
less than half that, 115 percent. This gap was 
almost entirely attributable to the post-1979 de-
cades. Although labor productivity and labor 
compensation increased together between 1948 
and 1973 (97 percent and 91 percent), the gap 
grew to more than 60 percentage points be-
tween 1973 and 2016, reflecting an increase of 
73.7 percent for productivity and just 12.3 per-
cent for the typical worker.4

A way to better understand what post-1979 
unshared growth has meant for workers at the 
bottom of the wage distribution is to compare 

3. Not shown; see EPI 2018.

4. The typical worker is often identified in the data as either the median worker, or in this case, as the average 
for the subset of production and nonsupervisory workers. About 80 percent of this gap is attributable to the 
weakening of labor’s position, a combination of rising wage inequality and the decline in labor’s share of total 
income. The remainder (20 percent) is accounted for by differences in the change in the deflators—one for labor 
compensation, the other for output—used to adjust for inflation (see Mishel and Bivens 2017). A recent paper by 
Anna Stansbury and Larry Summers argues that, while there is still a relationship between labor productivity 
and worker compensation, “other forces” have “pushed the other way.” They do not challenge the growing gap 
shown in figure 1 (2017).

Source: Authors’ compilation. 
Note: GDP per head in constant dollars from OECD.stat (extracted April 3, 2018); market incomes for 
working-age (twenty to sixty-four) individuals from Piketty, Saez, and Zucman 2018 (appendix II, up-
date November 2017, tables II: B7, B8, B10).

Figure 1. Growth of GDP and Market Incomes of Working-Age Adults, 1962–2014

Bottom  50% 2014, 93.8

Middle  40% 2014, 139.8

Top 10% 2014, 221.7

Top 1% 2014, 306.3

GDP per  cap 2014, 177.2

50

100

150

200

250

300

350

1962 1966 1970 1974 1978 1982 1986 1990 1994 1998 2002 2006 2010

19
80

 =
 1

00

2014



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 d e c l i n i n g  j o b  q u a l i t y  i n  t h e  u n i t e d  s t a t e s 	 7

hourly pay to what it would take a full-time 
worker to generate a minimally decent stan-
dard of living for herself, much less a family. As 
table 1 shows, even at the 20th percentile of the 
overall wage distribution, average hourly pay 
was just $11.40 in 2017, far below a 2016 basic-
needs budget for a single adult in cities like Ba-
kersfield ($14.64), Phoenix ($14.10) and Colo-
rado Springs ($13.45), as calculated by the 
Economic Policy Institute (EPI) (see Tung, 
Lathrop, and Sonn 2015, table 3.1, projected for 
2016 from EPI’s Family Budget Calculator). This 
wage was just sixty-one cents higher than 
thirty-eight years earlier—an average increase 
of about 1.5 cents per year. The table shows that 
20th percentile male workers experienced a de-
cline of $1.01 between 1979 and 2017, and that 
the average 20th percentile female worker wage 
rose by $1.19 over these four decades (from a 
much lower base), to a wage of $10.88.

The columns on the right of table 1 report 
two measures of wage inequality, the ratio of 
the 50th to the 10th percentile worker (bottom-
end inequality), and the 95th to the 50th per-
centile worker (top-end inequality). Like figure 
1, the 95:50 ratio shows the top dramatically 
pulling away from the typical (median) worker, 
from a ratio of 2.36 in 1979 to 3.28 in 2017. In 
contrast to the strong and persistent rise in top 
income inequality, the 50:10 ratio shows fairly 
stable bottom-end inequality, rising modestly 
from 1.76 in 1979 to 1.97 in 1999, and then de-
clining to 1.85 in 2017. This stability in the bot-
tom half of the wage distribution will be impor-
tant for our discussion about the way changes 
in the incidence of low-wage and decent-wage 
jobs should be measured.

Wage Contours and the Incidence  
of Jobs by Wage Quality
A key assumption of the Organization for Eco-
nomic Cooperation and Development’s recent 
work on cross-country patterns of job quality 
has been that earnings quality, arguably by far 
the most important job-quality dimension for 
most workers, should be understood as a reflec-
tion of both pay levels and pay inequality: a 
given wage is better the higher the standard of 
living it can purchase and the higher it is re
lative to, say, the median wage of a relevant ref-
erence group of wage earners (OECD 2014, 
chapter 3). If this is the case, jobs in a more 
compressed wage distribution will be, all else 
equal, better jobs.

The changing wage quality of jobs can be 
measured in a variety of ways. John Schmitt and 
Janelle Jones, for example, define the earnings 
threshold for a good job as one that pays the 
same in inflation-adjusted terms as the median 
wage of men in 1979 ($18.50 in 2010) and find a 
rising incidence of good-wage jobs between 
1979 and 2010, from 40.6 to 47.2 percent of em-
ployment. This improvement is driven by wage 
increases for women, which more than offsets 
the decline in the incidence of good-wage jobs 
for men from 57.4 to 54.6 percent (Schmitt and 
Jones 2012, 3–4).5 Jennifer Hunt and Ryan Nunn 
define their “wage bins” (groups ranked by 
their average wages) similarly, with 1979 wage 
thresholds defining each bin, and find an in-
crease in the share of workers in the top wage 
bin but no evidence of a “declining middle” 
(2019). These results hold whether the wage dis-
tribution is organized into four, five, or ten 
bins. This is a quasi-absolute wage approach 

5. An earlier version was published in Challenge (Schmitt 2008).

Table 1. Wages at the 20th Percentile and Wage Inequality, 1979–2017

Wages Wage Inequality

Total Male Female Total Total

50:10 95:50
1979 $10.79 $13.06 $9.69 1.76 2.36
1999 10.92 11.90 10.17 1.97 2.74
2017 11.40 12.05 10.88 1.85 3.28

Source: Authors’ compilation based on Economic Policy Institute (EPI 2017, “Wages by Percentile,” 
accessed March 1, 2019, http://www.epi.org/data/#/?subject=wage-percentiles&g=*).
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that fixes the definition of a good job in terms 
of the median wage in a 1979 economy, with no 
adjustment for any sharing in productivity 
growth. The problem with this approach—if 
the purpose is to identify good-wage jobs—is 
that it takes no account of productivity growth, 
which is normally assumed to be shared to 
some degree with the workforce. The real, in-
flation-adjusted wage that qualifies as “good” 
should be defined not relative to a 1979 (or 1959) 
wage threshold but to a current one.

Harry Holzer and his colleagues define a 
good job as one that pays a wage premium 
above the “market value of the portable com-
ponent of an individual’s skills and attitudes” 
(2011, 21).6 This approach is consistent with a 
competitive market perspective—wages are 
good if they pay more than the market-clearing 
level, which should be the worker’s marginal 
product. Reviewing data for twelve states for a 
single decade, from 1992 to 2003, the authors 
conclude that “good jobs remain quite plentiful 
in the United States—but they are becoming 
harder for workers with limited skills and edu-
cation to obtain” (19).

The far more conventional approach to the 
measurement of changes in the wage quality 
of jobs is to define a wage in each period (year 
or quarter) as the benchmark, typically some 
fraction of the overall median wage, and cal-
culate the incidence of employment above it 
(the good- or decent-wage share) or below it 
(the low-wage or poverty-wage share). The Rus-
sell Sage Foundation’s low-wage project, for 
example, defined the incidence of low pay as 
jobs paying less than two-thirds of the median 
wage. Using this definition, they find that low 
pay “was already high in the 1970s and has 
changed little since then” (Mason and Sal-
verda 2010, 36). The Organization for Eco-
nomic Cooperation and Development (OECD) 
defines low pay similarly but restricts the 
benchmark wage to the median for full-time 
workers. Because full-time workers are gener-
ally paid higher wages for the same work and 
the full-time to part-time wage gap has in-

creased in the United States, the OECD’s ap-
proach yields both a somewhat higher level 
and a moderately growing incidence of low pay 
for the United States (OECD 2014, table Y).

In sum, the message of the literature on the 
incidence of low-wage and good-wage jobs has 
varied with the definitions but, broadly, asserts 
rough stability or slight improvement since the 
1970s—a period of (as we have seen) stagnant 
or declining real wages, a dramatically widen-
ing compensation-productivity gap, and ex-
ploding inequality. One explanation for this  
apparent anomaly is that a low-wage job is 
conventionally defined relative to the median 
wage, so it measures changes in wage inequal-
ity in the bottom half of the distribution. Table 
1 showed that bottom-half inequality (as mea-
sured by the conventional 50:10 ratio) has 
changed little since the late 1980s, which trans-
lates into stable low-pay incidence, even though 
the standing of the entire bottom half of wage 
earners declined relative to the top half, in-
creasingly so with each percentile from the 60th 
to the 95th.

There is no substantive reason why the 
benchmark for measuring the incidence of  
low pay should be the median, however, any 
more than the fraction of the median should 
be set at two-thirds (instead of, say three-fifths 
or one-half). At the same time, reliance on the 
median instead of the mean can result in per-
verse effects, such as a declining incidence of 
low wages (presumably a positive outcome) as 
real wages fall across the entire bottom of the 
wage distribution but most rapidly at the me-
dian (clearly a negative outcome).7 It also explic-
itly rules out the view that increases above the 
50th percentile of the wage distribution have, 
or should have, an influence on what is under-
stood as a low wage. The usual critique of re-
placing the median with the mean is that the 
incidence of low pay should not be determined 
by what is happening at the very top of the in-
come ladder. But this is actually a moot point, 
because the conventional measurement of in-
cidence rates has always relied on survey or 

6. For example, building cleaners who are paid $10 in a local labor market in which pay for similar skills is just 
$9 would have a good job.

7. This is not necessarily hypothetical; the polarization literature has argued that just this sort of twist in the 
bottom of the wage distribution helps explain overall wage inequality since the late 1980s (Autor and Dorn 2013).



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 d e c l i n i n g  j o b  q u a l i t y  i n  t h e  u n i t e d  s t a t e s 	 9

census data, which excludes as much as the top 
5 percentiles of the wage distribution (to ensure 
individual anonymity), and these few percen-
tiles account for the vast bulk of the rise in top-
end inequality since the early 1980s.

Figure 2 presents the incidence of low pay 
with two approaches, one defined by the me-
dian, the other by the mean.8 Panel A reports 
low-pay incidence with the conventional low-
wage definition: jobs that pay less than two-
thirds of the median wage for full-time wage 
and salary workers, which was $13.33 in 2017. 
Based on evidence from basic-needs budgets, 
this is a wage that, even on a full-time basis, 
would make it extremely difficult to support a 
minimally adequate standard of living for even 
a single adult anywhere in the country. This 
wage threshold ($13.33) is just above the wage 
cutoff for food stamps ($12.40) and Medicaid 
($12.80) for a full-time worker (thirty-five hours 
per week, fifty weeks per year) with a child; full-
year work at thirty hours per week would make 
a family of two eligible for the food stamps with 
a wage as high as $14.46 and as high as $14.94 
for Medicaid.9 For this reason, we refer to this 
as the poverty-wage threshold.

Panel A shows that, consistent with evidence 
from the OECD for low-wage incidence, which 
uses the same definition, the poverty-wage 
share was fairly stable for all workers (eighteen 
through sixty-four) over the last four decades, 
ranging from 26 to 31 percent (see OECD 2017, 
statistical annex, table O). This stability was 
driven by outcomes for prime-age workers 

(thirty-five to fifty-nine), which fluctuate mod-
erately around 20 percent in the bottom line in 
panel A. This stability also reflects averaging 
the results for men (which shows a rising inci-
dence of poverty-wage jobs) and females (fall-
ing or stable poverty-wage rates until the late 
1990s, and rising since). In sharp contrast, 
panel A shows that the incidence of poverty-
wage jobs has exploded for young workers, ris-
ing from 31.5 percent in 1979 to a peak of around 
48 percent in 2013 before falling to 42.8 percent 
in 2017.

Panel B defines a low wage as less than two-
thirds of the mean for full-time prime-age work-
ers, with low-wage jobs falling below the 
decent-wage threshold of $17.50 in 2017. This 
wage is well above the wage that would make a 
full-time (or near-full-time) worker eligible for 
food stamps and several dollars above the 
basic-needs budget for a single adult in most 
American cities, but is conservative in that the 
basic-needs budget for a single adult with one 
child ranges from $22 to $30 (Howell 2019). The 
decent-wage threshold, which uses the mean 
as the benchmark, increases the incidence of 
low pay (compare with panel A), but also has 
implications for changes over time in a period 
of rising relative pay of those between the 50th 
and 95th percentiles. Panel B shows that the 
low-wage share (those with wages below the 
decent-wage threshold) for all workers (age 
eighteen through sixty-four) rose from 39.1 per-
cent in 1979 to 42.6 percent in 2001 and contin-
ued to increase to 45.2 percent at the end of 

8. The hourly wage is taken from the Outgoing Rotation Groups of the Current Population Survey, and the ver-
sion used here was accessed from the Center for Economic and Policy Research (CEPR). The sample was limited 
to wage and salary workers with reported gross (pre-tax) hourly wages between $0.50 and $200 in 1989 dollars. 
For salaried workers, the hourly wage was calculated by dividing gross pay by usual weekly hours. To adjust for 
cost-of-living changes, the CPI-U-RS is used as the deflator, which is the standard for wages (for example, see 
Autor 2010; for a detailed description and assessment of alternative deflators, see Moulton 2018).

9. The gross monthly eligibility income for food stamps for a household of two persons (such as a mother and 
child) was $1,736 in 2017 (Saving to Invest, “2016–2017 Food Stamp (SNAP) Income Eligibility Levels, Deduc-
tions and Benefit Allotment Payments,” accessed March 1, 2019, http://www.savingtoinvest.com/food-stamp​
-snap-income-eligibility-levels-deductions-and-benefit-allotment-payments). Working thirty-five hours a week 
(140 hours per month), a worker could have been paid as much as $12.40 and still be eligible for food stamps; 
at thirty hours, eligibility would have extended up to $14.46. Medicaid eligibility in 2017 for a family of two was 
$22,411 (PeopleKeep, “2017 Federal Poverty Level Guidelines,” Febuary 7, 2017, accessed March 1, 2019, https://​
www.peoplekeep.com/blog/2017-federal-poverty-level-guidelines), which is $12.80 per hour for a full-time 
worker, defined as 1,750 hours. At 1,500 hours (thirty hours per week, fifty weeks a year), the Medicaid eligible 
wage would be $14.94. Full-time employment in many other rich countries is around 1,500 hours per year.

http://www.savingtoinvest.com/food-­stamp-­snap-­income-­eligibility-­levels-­deductions-­and-­benefit-­allotment-­payments
http://www.savingtoinvest.com/food-­stamp-­snap-­income-­eligibility-­levels-­deductions-­and-­benefit-­allotment-­payments
https://www.peoplekeep.com/blog/2017-­federal-­poverty-­level-­guidelines
https://www.peoplekeep.com/blog/2017-­federal-­poverty-­level-­guidelines
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Source: Howell 2019.
Note: The poverty-wage threshold is the conventional low-wage cutoff: two-thirds of the median wage 
for full-time workers. The decent-wage threshold is defined as two-thirds of the mean wage for full-
time prime-age workers. Lower tier decent wage jobs are those that pay up to 50 percent above the 
decent job threshold. Employment shares report the share of employed workers (eighteen to sixty-four) 
with wages within each contour or segment wage range. The data are from the merged outgoing rota-
tion groups (MORGs) from the Current Population Surveys (CPS) for 1979 to 2017, accessed from the 
Center for Economic Policy Research (CEPR).

Figure 2. Incidence of Low Pay in the United States, 1979–2017: Two Perspectives
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2017. The low-wage incidence for prime-age 
workers was stable through the mid-1990s at 
around 30 percent, rose to 32 to 33 percent un-
til the 2008 financial crisis, and has hovered 
around 35 percent since. In contrast to this 
moderate worsening for prime-age workers, the 
low-wage employment share for young workers 
exploded from 46.9 percent in 1979 to a peak of 
63.4 percent in 2014 and was slightly lower at 
the end of 2017 (61.6 percent).

These two wage threshold formulas are used 
to generate the two-segment, four-contour 
wage structure shown in figure 3 (Howell 2019). 
The decent-wage threshold distinguishes the 
decent-wage from the low-wage segment. 
Poverty-wage jobs make up the bottom tier 
(contour) of the low-wage segment. The decent-
wage segment can also be divided into wage 
contours, with the highest—good jobs—de-
fined as those with wages above 150 percent of 
the decent-wage threshold, which was $26.25 
in 2017. By these definitions, 45 percent of 
wage and salary workers were in the low-wage 
segment in 2017, with 27.5 percent in the bot-
tom, poverty-wage contour; 55 percent were in 
the two decent-wage segments, with one-third 

of all workers in the upper good-wage job con-
tour.

Although grounded in evidence from basic-
needs budgets and Supplemental Nutrition As-
sistance Program (food stamp) and Medicaid 
eligibility, the specific contour and segment 
boundaries are arbitrary—as all such schema 
must be. But changes by a dollar or two one way 
or another does not change the employment 
shares of each contour segment much, and 
even less the trends over time. This conception 
of the wage structure also corresponds closely 
to both the older labor market segmentation 
(LMS) and the more recent polarization litera-
tures. The poverty-wage contour consists 
mainly of low-wage service and blue-collar jobs 
that characterize the secondary segment in the 
LMS literature (Gordon, Edwards, and Reich 
1982; Gittleman and Howell 1995) as well as the 
nonroutine manual task jobs in the polariza-
tion literature (Autor, Katz, and Kearney 2005, 
2008; Autor and Dorn 2013). The two middle 
contours—the upper-tier low-wage contour and 
lower-tier decent-wage contour ($13.33 to $26.25 
in 2017)—overlap closely with the LMS’s subor-
dinate primary segment’s routine white-collar 

Source: Authors’ compilation.
Note: The poverty-wage threshold is the conventional low-wage cutoff: two-thirds of the median wage 
for full-time workers. The decent-wage threshold is defined as two-thirds of the mean wage for full-
time prime-age workers. Lower-tier decent-wage jobs are those that pay up to 50 percent above the 
decent-job threshold. Employment shares report the share of employed workers (eighteen to sixty-four) 
with wages within each contour or segment wage range. The data are from the merged outgoing rota-
tion groups (MORGs) from the Current Population Surveys (CPS) for 1979 to 2017, accessed from the 
Center for Economic Policy Research (CEPR).

Figure 3. Structure of American Wage Quality Circa 2017
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and high-wage blue-collar job contours (Gittle-
man and Howell 1995) as well as the polariza-
tion literature’s routine manual job group. Fi-
nally, the overall mix of jobs in the upper-tier 
decent-wage contour is broadly similar to the 
LMS literature’s independent primary segment 
and to the polarization literature’s nonroutine 
high cognitive skill jobs.

Table 2 presents employment shares for 
each of these contour segments for three de-
mographic groups defined by age and educa-
tion for 1979, 2000, 2014, and 2017. The top 
panel reports that the share of all employed 
wage and salary workers (ages eighteen through 
sixty-four) in the decent-wage segment fell from 
61.5 percent to 57.9 percent between 1979 and 
2000, and then fell further to 55 percent by the 
end of 2017; its mirror image, the low-wage job 
segment, grew steadily from 38.5 percent to 45.0 
percent in 2017. Declining job shares character-

ized each of the two decent-wage contours be-
tween 1979 and 2017 (from 34.5 percent to 33 
percent for the upper-tier decent-wage contour, 
and from 27.0 percent to 22 percent for lower-
tier decent jobs). In contrast, the employment 
shares of both low-wage contours increased 
(from 12.8 percent to 17.5 percent in the low-
wage upper tier and from 25.6 to 27.5 percent 
for the lower, poverty-wage job tier).

The middle and bottom panels of table 2 re-
port changes in employment shares across the 
four job-quality contours for young workers 
(ages eighteen through thirty-four) by educa-
tion level. For young workers with less than a 
college degree, the middle panel shows that the 
share employed in the decent-wage segment fell 
from 48.2 to 23.4 percent between 1979 and 2017, 
and grew spectacularly in the poverty-wage con-
tour, from 35.7 to 53.5 percent. The bottom 
panel shows that this pattern even held for 

Table 2. Employment Shares for Wage Segments and Contours, 1979–2017 (percentages)*

Age Group Segments or Contours 1979q4 2000q4 2014q4 2017q4

Eighteen to sixty-four I. decent-wage job segment 61.5 57.9 55.9 55.0
1. upper-tier dw contour 34.5 33.4 33.9 33.0
2. lower-tier dw contour 27.0 24.5 22.0 22.0

II. low-wage job segment 38.5 42.1 44.1 45.0
3. upper-tier lw contour 12.8 16.4 12.9 17.5
4. lower-tier lw contour 25.6 25.8 31.2 27.5

Eighteen to thirty-four < col I. decent-wage job segment 48.2 31.8 24.9 23.4
1. upper-tier dw contour 20.4 10.6 8.7 7.4
2. lower-tier dw contour 27.7 21.2 16.2 16.0

II. low-wage job segment 51.8 68.2 75.1 76.6
3. upper-tier lw contour 16.1 22.4 15.3 23.1
4. lower-tier lw contour 35.7 45.8 59.8 53.5

Eighteen to thirty-four >= col I. decent-wage job segment 78.0 79.7 70.3 68.1
1. upper-tier dw contour 44.9 49.7 43.5 40.3
2. lower-tier dw contour 33.0 30.1 26.9 27.8

II. low-wage job segment 22.0 20.3 29.7 31.9
3. upper-tier lw contour 9.6 11.7 13.7 17.3
4. lower-tier lw contour 12.4 8.6 16.0 14.6

Source: Authors’ compilation.
Note: The poverty-wage threshold is the conventional low-wage cutoff: two-thirds of the median wage 
for full-time workers. The decent-wage threshold is defined as two-thirds of the mean wage for 
full-time prime-age workers. Lower-tier decent-wage jobs are those that pay up to 50 percent above 
the decent job threshold. Employment shares report the share of employed workers (eighteen to 
sixty-four) with wages within each contour or segment wage range. The data are from the merged 
outgoing rotation groups (MORGs) from the Current Population Surveys (CPS) for 1979 to 2017, 
accessed from the Center for Economic Policy Research (CEPR).
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young workers with a college degree: the em-
ployment share of young college-degree hold-
ers in the decent-wage segment fell from 78.0 
to 68.1 percent. As a result, the share of workers 
with college degrees employed in the low-wage 
segment grew from 22.0 to 31.9 percent.

Figure 4 presents time series trends for two 
indicators of job quality for young workers 
without a college degree—the decent-wage 
share and the overall median wage—with male 

workers shown in panel A and female workers 
in panel B. These figures also show the employ-
ment rate for each of these demographic 
groups (for details, see Howell 2019). Panel A of 
figure 4 reports that among young male work-
ers with less than a college degree, the inci-
dence of decent jobs has fallen steadily and co-
lossally between 1979 (59.5 percent) and 2017 
(28.5 percent). This was also true for non–
college-degree prime-age workers (ages thirty-

Source: Howell 2019.
Note: Young is ages eighteen to thirty-four. Amounts in 2017 dollars.

Figure 4. Decent Job Rates, Median Wages, and Employment Rates for Young Workers Without a 
College Degree, 1979–2017
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five through fifty-nine, not shown), whose inci-
dence of decent jobs fell from 82.5 to 59.3 
percent. Panel B shows that the decent-wage 
share for young non–college-degree female 
workers was roughly stable at about 30 percent 
through the early 1990s and has fallen steadily 
since, reaching just 14.6 percent in 2014 (and 
2017). The decent-wage share for prime-age 
non–college-degree women rose from 42.1 to 
47.3 percent between 1979 and 1990 and then 
fell to 39.3 percent by the end of 2017 (much of 
the decline took place between 2007 and 2010).

It is not just the share of decent jobs that has 
declined sharply for these workers. The quality 
of jobs, as measured by the median wage, has 
dropped off sharply as well. Panel A of figure 4 
shows that the overall median wage for young 
less-educated men fell from $16.34 (less than 
the decent-wage cutoff) to just $13.25 in 2017 
(below the poverty-wage cutoff). Although the 
general trend was downward, changes in the 
tightness of the labor market clearly mattered 
a great deal: panel A reports a large and steep 
increase in the second half of the 1990s and an 
equally sharp decline between the end of 2009 
and 2012. For similarly defined female workers, 
overall job quality as measured by the median 
was roughly stable between 1979 and 2000 (a 
median wage in the neighborhood of $11.50) but 
after peaking in 2003 at $11.80, the noncollege 
young female wage fell to just $10.37 at the end 
of 2014. Although it subsequently increased to 
$11.68 in the fourth quarter of 2017, this was still 
$1.65 below the $13.33 poverty-wage threshold.

Such large declines in job quality, as mea-
sured by both opportunities for decent jobs and 
the median wage, are likely to affect people’s 
labor supply decisions. Figure 4 shows that em-
ployment rates for young workers with less 
than a college degree have ratcheted downward 
since around 2000. For young male workers 
without a college degree (panel A), employment 
rates fell dramatically, from 79.7 percent in the 
first quarter of 2001 to 67.3 percent at the end 
of 2014, before rising to 70.1 percent in the 
fourth quarter of 2017. Panel B shows that em-
ployment rates for young less-educated female 
workers increased from 56.5 percent in 1979 to 
65.5 percent in 2001, fell back to 56.3 percent in 
2014, and then recovered to 59.6 percent in 2017.

The rise in low-wage jobs we have docu-

mented here makes it important to know how 
this and other labor market changes have af-
fected mobility out of low-wage work over time. 
In this issue, Michael Schultz uses data from 
the U.S. Panel Study of Income Dynamics from 
1968 to 2014 to examine the changing patterns 
of mobility out of low-wage jobs in the United 
States (2019). His analysis shows that over the 
whole period about 42 percent of workers enter-
ing low-wage jobs below our “poverty thresh-
old” between the ages of twenty-five and fifty-
four were able to move to higher wages within 
two years, and that about 63 percent do so 
within six years. A key finding is that after con-
trolling for a wide variety of demographic and 
educational characteristics, mobility rates out 
of low-wage work have fallen since the late 
1990s and worsened further since the Great Re-
cession. Women and nonwhites are less likely 
to move out of low wages and only minimal 
progress has been made in closing these gaps 
since the late 1960s.

Tom VanHeuvelen and Katherine Copas (in 
this issue) show that since 2000, geographic dif-
ferences have mattered much more for high-
wage than low-wage workers in the United 
States. Geographical differences among high-
wage labor markets are great, but places are be-
coming more uniform for those in low-paying 
and insecure work (2019). They also find evi-
dence that affluent households increasingly de-
pend on the availability of low-wage workers.

Nonwage Dimensions of  
American Job Quality
The two wage thresholds, one that identifies 
poverty-wage jobs (using a median wage thresh-
old) and the other that defines decent-wage 
jobs (relative to a mean wage threshold), pro-
vide alternative approaches to the measure-
ment of long-run changes in wage quality. 
Changes in the incidence of poverty-wage and 
decent-wage jobs can be viewed as measures of 
changes in job quality if other important di-
mensions of employment valued by workers—
such as health, pension and days-off benefits, 
and important working conditions—are closely 
associated with wage levels, and the (positive) 
relationships between pay and these other job-
quality dimensions have not substantially 
weakened much over time.
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Nonwage job-quality characteristics are no-
toriously difficult to reliably measure over ex-
tended periods.10 But available evidence on one 
important category of nonwage job-quality 
characteristics—nonwage benefits—shows no 
meaningful compensating increases that could 
be said to offset the stagnation in real pay and 
rise in the incidence of low-wage jobs just doc-
umented. Nonwage compensation grew by 10.1 
percent between 1979 and 2016, only slightly 
higher than the 9.2 percent increase in the me-
dian wage (Schmitt, Gould, and Bivens 2018). 

At the same time, the share of workers re-
ceiving employer-paid health and pension ben-
efits has declined sharply. The Economic Policy 
Institute reports that the share of workers re-
ceiving at least partially paid health insurance 
from their employers in 2016 ranged from 24.3 
percent in the bottom fifth of the wage distribu-
tion to 73.1 percent in the top fifth. Not only 
were low-wage workers much less likely to have 
this benefit, but the share with paid health ben-
efits has declined much more for lower- than 
for higher-wage workers: the bottom fifth expe-
rienced twice the percentage drop as the top 
fifth between 1979 and 2016, a decline of 35.9 
percent (down from 37.9 percent in 1979) rela-
tive to 18.3 percent for the top fifth (down from 
89.5 percent); between these, the middle fifth 
experienced a decline that was also in the mid-
dle: a fall in the share with health insurance of 
23.6 percent (from 74.7 percent in 1979 to 57.1 
percent in 2016).11 A better indicator would take 
into account changes in the level of employer 
subsidy, which has likely also fallen faster for 
lower- than for higher-wage workers. 

The decline in the share of workers with em-
ployer provided pension coverage was similar 
across the wage distribution in percentage 
terms: from 18.4 percent to 11.3 percent for the 
bottom quintile (–38.6 percent), from 52.3 per-

cent to 34 percent for the middle quintile (–35 
percent), and from 78.5 percent to 49.6 percent 
for the top quintile (–6.8 percent).12 It should 
also be recognized that, with the decline of de-
fined benefit pensions, retirement income risk 
has shifted sharply from employers to workers.

Although we do not have time series data on 
days-off benefits and on-the-job working condi-
tions, the 2015 Rand Survey of American Work-
ing Conditions provides a variety of indicators 
that can be associated with pay for a single year. 
The survey included responses from 2,066 per-
sons between the ages of eighteen and seventy-
one who were working for pay at the time of the 
survey (Maestas et al. 2017, 4). Table 3 tabulates 
some key results of the Rand survey by wage 
contour. The distribution of employed survey 
respondents is similar to that of the Current 
Population Surveys (CPS)—it is smallest in the 
second contour (14.7 percent versus 17.5 per-
cent in the CPS), second largest in the bottom 
(poverty-wage) job contour (21.5 percent versus 
27.5 percent), and largest in the top, good-wage 
contour (43 percent versus 33 percent).

Rows 3 through 5 of table 3 show that the 
share of workers in firms that offer health, pen-
sion, and disability benefits are far higher in 
the two decent-wage contours (columns 3 and 
4) than in the bottom poverty-wage contour 
(column 1), and the gaps are strikingly similar 
across benefit types. The two decent-wage con-
tours show worker shares with health insur-
ance offered (but not necessarily paid) by the 
employer at 81.5 percent and 73.4 percent in 
2015, relative to 40.6 percent in the poverty-
wage contour.13 Whereas 42.6 percent of bottom 
contour workers work for firms that offer dis-
ability benefits, the other three contours range 
from 69.4 to 71.9 percent.

Six indicators of paid time off are shown in 
rows 6 through 11. For each, benefits are better 

10. Schmitt and Jones point to the difficulties involved in generating a consistent series of the value to workers 
of employer contributions to health and pension benefits over the post-1979 decades (2012).

11. Authors’ calculations based on Economic Policy Institute figures ((EPI 2017, “Health Insurance Coverage,” 
accessed March 1, 2019, https://www.epi.org/data/#?subject=healthcov&d=*).

12. Authors’ calculations based on Economic Policy Institute figures (EPI 2017, “Pension Coverage,” accessed 
March 1, 2019, https://www.epi.org/data/#/?subject=pensioncov&d=*).

13. The good-wage job contour (4) had a substantially lower share than the lower-tier decent jobs contour (3). 
The same pattern holds for employer offered pension benefits.

https://www.epi.org/data/#?subject=healthcov&d=*
https://www.epi.org/data/#/?subject=pensioncov&d=*
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the higher the wage contour. For example, the 
share of workers with paid sick time (row 6) is 
almost twice as high for contour 2 (66.9 per-
cent) as for contour 1 (35 percent), and the share 
is higher still in the decent-wage contours (79.4 
percent and 76.8 percent). Row 7 shows that the 

number of paid sick days increases systemati-
cally across the wage contours, from 9.7 to 10.3, 
12.2, and 15.2. The same pattern holds for paid 
holidays, paid vacation time, and paid vacation 
days that are both given and taken.

Rows 12 and 13 report two hours and work 

Table 3. Working Conditions and Employment-Related Benefits by Wage Contour, 2015

Contour  
1

Contour  
2

Contour  
3

Contour  
4

1. Wage range, 2015$ <= $12.67 $12.68–$16.41 $16.42–$24.62 >= $24.63
2. Survey respondents (share of total) 434 (21.5%) 297 (14.7%) 422 (20.1%) 870 (43.0%)

Health-pension benefits
  3. Employer offered health 

insurance (% yes)a

40.6 71.5 81.5 73.4

  4. Employer offered pension (% yes)a 37.0 68.0 80.9 75.6
  5. Employer offered disability 

insurance (% yes)
42.6 70.0 69.4 71.9

Paid time off
  6. Paid sick time offered (% yes) 35.0 66.9 79.4 76.8
  7. Paid sick days per year (three) 9.7 10.3 12.2 15.2
  8. Paid holidays (% yes) 41.4 64.4 72.1 72.2
  9. Paid vacation time (% yes) 40.3 66.6 84.3 75.9
10. Paid vacation days given (#) 12.4 16.1 22.2 22.8
11. Paid vacation days taken (#) 11.6 12.0 13.7 16.3

Hours and schedule
12. Good fit of working hours with 

family and social commitments  
(% well–very well)

18.4 12.6 20.1 39.6

13. Regular and steady work 
throughout year (% yes)

17.6 13.4 21.9 40.4

Indirect job quality indicators
14. Looking for a job (% yes) 39.0 29.9 32.5 22.2
15. Union member (% yes) 6.5 12.6 16.6 22.7

Source: Authors’ calculations based on Survey of American Working Conditions (Rand 2015). 
Note: Contour 1 = lower tier of low-wage segment; contour 2 = upper tier of low-wage segment; 
contour 3 = lower tier of decent-wage segment; contour 4 = upper tier of decent wage segment. For 
wage contour definitions, the poverty-wage threshold is the conventional low-wage cutoff: two-thirds 
of the median wage for full-time workers. The decent-wage threshold is defined as two-thirds of the 
mean wage for full-time prime-age workers. Lower tier decent wage jobs are those that pay up to 50 
percent above the decent job threshold. Employment shares report the share of employed workers 
(eighteen to sixty-four) with wages within each contour or segment wage range. The data are from the 
merged outgoing rotation groups (MORGs) from the Current Population Surveys (CPS) for 1979 to 
2017, accessed from the Center for Economic Policy Research (CEPR).
aThe question asks whether the respondent’s employer offers health insurance, pension-retirement 
benefits, or disability benefits. This appears to leave open how much, if anything, is contributed by the 
employer to the costs of these benefits.
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schedule indicators. Workers in good-wage jobs 
(contour 4) are much more likely than workers 
in poverty-wage jobs (contour 1) to agree that 
their job offers both “a good fit of working hours 
with family and social commitments” (39.6 per-
cent versus 18.4 percent) and that the job offers 
“regular and steady work” (40.4 percent versus 
17.6 percent). At the same time, a smaller share 
of workers in the upper tier of the low-wage seg-
ment, contour 2, say they have regular and 
steady work than those in poverty-wage jobs 
(13.4 percent to 17.6 percent). Although workers 
in the highest wage contour (4) are by far the 
most advantaged on these hours and schedul-
ing criteria, far fewer than half report that their 
work schedules offer a good fit (39.6 percent) or 
regular and steady work (40.4 percent).

We included two additional indicators be-
cause they are likely to be highly associated 
with job quality as indicated by wages, benefits, 
satisfactory hours and work schedule, and job 
conditions: the share looking for a different job 
(row 14, a likely consequence of job quality) and 
the share reporting union membership (row 15, 
a likely cause of job quality). Active job search 
is much higher for workers in poverty-wage 
jobs (39 percent) than the middle two wage con-
tours (29.9 percent and 32.5 percent), which in 
turn is far above the search rate for workers in 
the good-wage jobs (22.2 percent). Similarly, 
union membership increases from 6.5 percent 
in contour 1 to 22.7 percent in contour 4.

These data strongly support the view that, 
at least at the highly aggregated level of four 
wage contours, nonwage benefits and working 
conditions vary systematically with wage qual-
ity, from worst in the poverty-wage contour (1) 
to best in the good-wage contour (4). This sug-
gests that wages are a good approximation for 
overall job quality.

Nonstandard Work Arrangements  
and Job Quality 
Changes in job quality are often linked to trans-
formations in work arrangements from the 
post–World War II norm of standard employ-
ment relations to the current emphasis on non-
standard work arrangements. Our analysis in 
the previous section focused mainly (though 
not completely) on workers who had standard 
employment relations: wage and salaried work-

ers, including part-timers but not the self-
employed. Here, we examine how nonstandard 
work arrangements are related to job quality.

Trends in Nonstandard Work Arrangements
A prominent theme in recent research on job 
quality is the rise of nonstandard work arrange-
ments that depart from the previously widely 
accepted norm of standard employment rela-
tions involving permanent, full-time work di-
rected by an employer at the employer’s place 
of business and with regular pay and benefits. 
They include temporary work (hired both 
through agencies and directly), part-time work 
(which is more nonstandard in some countries 
than others), contract work, irregular and ca-
sual work, and some types of self-employment 
and independent contracting. In general, non-
standard forms of work are uncertain and inse-
cure and (especially in the United States) often 
lack the social and statutory protections that 
have come to be associated with regular, stan-
dard employment relations in the early post–
World War II period (see, for example, Vosko 
2010; Kalleberg 2011; Weil 2014).

Unfortunately, interest in and theories of 
nonstandard work arrangements have outrun 
empirical evidence based on representative 
data and using consistent definitions and ad-
equate measures. Systematic data are in short 
supply about trends in the various types of non-
standard work arrangements that span a rela-
tively long period; until recently, only relatively 
poor information on the extent of nonstandard 
work arrangements and how this has changed 
during the past several decades has been avail-
able. In the United States, nationally represen-
tative data on nonstandard work (such as tem-
porary work or independent contractors) were 
not collected systematically until the mid-1990s 
with the Contingent Work Supplements (CWS) 
to the February Current Population Surveys 
conducted in 1995, 1997, 1999, 2001, 2005, and 
in May 2017. These provide the most extensive 
estimates of nonstandard work arrangements 
in the United States.

Figure 5 presents estimates (from the 1995, 
2005, and 2017 CWS) of the percentage of the 
U.S. labor force working in four kinds of non-
standard work arrangements: employees of 
contract companies, employees of temporary 
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help agencies, on-call workers (who are called 
to work by employers on an as-needed basis, 
such as substitute teachers), and independent 
contractors (which include freelancers and 
workers who are self-employed but have no em-
ployees).

The percentage of workers in nonstandard 
work arrangements has increased only slightly 
since 1995: from 9.8 percent of the labor force 
in 1995 to 10.1 percent in 2017. About 1 percent 
of the labor force was employed by temporary 
help agencies and about 0.5 percent worked for 
contract companies, and the sizes of these 
groups were similar between the original sur-
vey in 1995 and 2017. The percentage of on-call 
workers was 1.7 percent in 2017, slightly greater 
than in 1995. The percentage of independent 
contractors, the largest category of nonstan-
dard work, was 6.9 percent in 2017, slightly 
more than in 1995 and a decline from 7.4 per-
cent in 2005 (see also Appelbaum, Kalleberg, 
and Rho 2019).

These relatively flat trends in the CWS esti-
mates of nonstandard work arrangements un-
doubtedly underestimate both the size and the 
growth of the nonstandard labor force. The 
CWS is a household survey of workers that asks 
about the worker’s main job (in a particular 
week) and thus does not count second or third 

jobs (Mishel, Bernstein, and Allegretto 2007, 
239). By contrast, estimates of independent 
contractors based on administrative data such 
as tax records register independent contracting 
at any point in the year and on supplementary 
as well as main jobs; these estimates show 
much higher (and increasing) rates of indepen-
dent contracting (Abraham et al. 2017). The 2017 
BLS CWS result differs from Lawrence Katz and 
Alan Krueger’s finding of an increase in the per-
cent of independent contractors from in 7.4 
percent in 2005 to 8.4 percent in 2015 (2016). 
The authors also report an increase in all four 
categories of nonstandard work from 10.7 per-
cent in 2005 to 15.8 percent in 2015. More re-
cently, they note that their estimates of non-
standard work arrangement were too high, as 
they were skewed by spotty data and the reces-
sion of a decade ago (2019).

Estimating the number of workers employed 
by contract companies is especially problem-
atic. The low percentages of contract company 
workers as identified by the CWS does not 
square with the case study evidence about the 
rise of outsourcing and organizational fissuring 
in recent years (see, for example, Weil 2014, 2017; 
Bernhardt et al. 2015; Appelbaum and Batt 2017). 
Many workers do not know whether their com-
pany is a contract company; transformations in 

Source: Authors’ compilation based on analyses of 1995, 2005, and 2017 Current Population Surveys’ 
Contingent Work Supplements.

Figure 5. Nonstandard Work Arrangements in the United States
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how business organizes work are also “invisible 
to most of us as consumers” (Weil 2014, 3).

Moreover, we need to keep in mind that the 
recent rise of nonstandard work arrangements 
in the United States began in the mid-1970s 
(Kalleberg 2011), and the lack of information 
on these types of work from these earlier peri-
ods makes it difficult to assess long-term 
trends (for a discussion of this problem, see 
Green 2006). The incidence of nonstandard 
work arrangements is also greater in some 
countries than in the United States (see ILO 
2016; Kalleberg 2018). In Japan, slightly more 
than one-third of Japanese workers in 2010 
were in nonstandard work arrangements 
(Osawa, Kim, and Kingston 2013). In countries 
where employment protections are strong, 
such as France and Spain, numbers of tempo-
rary workers are high because employers are 
reluctant to hire permanent workers they will 
have difficulty shedding. By contrast, employ-
ers in liberal market economies such as the 
United States and United Kingdom have fewer 
incentives to offer fixed-term, temporary con-
tracts because employment protections for 
permanent workers are weak. In the United 
States, the vast majority of workers are employ-
ees “at will,” except for the small number of 
union members (especially in the private sec-
tor) and some well-paid professionals with in-
dividual employment contracts.

A relatively large proportion of jobs that have 
been created in recent years have been in non-
standard work arrangements: a recent OECD 
study of twenty-six European countries showed 
that about half of the jobs created between 1995 
and 2013, and about 60 percent of those created 
between 2007 and 2013, were in nonstandard 
jobs (OECD 2015). This suggests a substantial 
shift in the nature of work in these countries, 
and one that grows more pronounced over 
time. Further, in 2013, about one-third of all 
jobs in these countries were in nonstandard 
work arrangements, divided about equally 
among temporary jobs, permanent part-time 
jobs, and self-employment.14

Nonstandard Work Arrangements  
and Job Quality
Low-wage and nonstandard jobs are intercon-
nected in significant ways. Some nonstandard 
jobs may be good ones, such as well-paid con-
sultants who have a great deal of control over 
the terms and conditions of work. Independent 
contractors and other forms of self-employment 
may provide higher wages than regular full-
time workers in standard jobs, though workers 
in these nonstandard arrangements are less apt 
to receive fringe benefits. Moreover, indepen-
dent contractors are likely to prefer to work  
in them (see Kalleberg et al. 1997; Kalleberg, 
Reskin, and Hudson 2000).

However, many nonstandard jobs are char-
acterized by low pay, low security, poor working 
conditions, high anxiety, and result in poor 
mental and physical health. Some nonstandard 
work, such as temporary help agency employ-
ees, on-call workers and day laborers, and part-
time workers are consistently more likely than 
regular full-time workers to have low pay and 
to lack health insurance and pension benefits 
(see, for example, Tilly 1996; Kalleberg 2000; 
Stancanelli 2002). They also often lack statutory 
protections in the form of labor laws. Moreover, 
workers in low-wage and nonstandard jobs of-
ten tend to be the most vulnerable members of 
the labor force such as racial and ethnic mi-
norities, women, immigrants, and undocu-
mented workers.

Contract company workers, moreover, are 
likely to have jobs that are of lower quality than 
comparable jobs in which production is not 
outsourced. As Eileen Appelbaum and Rose-
mary Batt summarize the literature on this 
topic, “Most empirical research in both the USA 
and Europe suggests that the rise of the net-
worked firm and outsourcing of production has 
led to a deterioration in the jobs and pay of 
workers and to a growth in wage inequality” 
(2017, 77). Outsourcing work to contract com-
panies relieves large firms from having to main-
tain internal equity pay norms. Contractors are 
also likely to be subject to greater cost pres-

14. The extent to which regular part-time work can be considered to be precarious differs among countries: in 
some, part-time work can be fairly stable and associated with social and statutory protections akin to those 
enjoyed by regular, full-time workers and so are less likely to be precarious than are short-term and irregular 
jobs, for example.
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sures, leading them to lower wages and make 
wage theft more likely. Nevertheless, the diffi-
culties in measuring contract work underscore 
the need for additional research on the quality 
of such jobs (see, for example, Bernhardt et al. 
2015).

The quality of nonstandard jobs should be 
judged in relation to the job quality of standard 
employment relations. All nonstandard work 
arrangements are associated with insecurity 
and uncertainty, and this is generally true also 
for all workers, in both high- as well as low-skill 
jobs. Although nonstandard jobs often pay low 
wages, then, low-wage jobs are also increasingly 
found in standard employment relations: the 
shifting of risks from employers to workers has 
reduced protections for standard workers as 
well, leading to a stagnation or deterioration of 
wages for many who are employed on a perma-
nent basis (Bernhardt 2014). Even among work-
ers who continue to work full time with their 
employers on standard employment contracts, 
the greater incidence of downsizing and related 
human resource practices shifts risks of work 
from employers (and the government) to work-
ers and is illustrated by trends such as the 
growth of defined-contribution relative to 
defined-benefit pension plans and the increas-
ing proportion of health insurance premiums 
paid by employees rather than their employers. 
This risk shifting occurs with temporary or con-
tract jobs, but also characterizes the decline of 
social protections associated with standard em-
ployment relations.

Linking nonstandard work arrangements to 
job quality raises a number of important issues 
related to work and workers. Several articles in 
this issue address some of these correlates of 
nonstandard work, such as their demographic 
composition, the consequences of working in 
nonstandard jobs for health, and how labor 
market dynamics are reflected in the search 
process for standard and nonstandard jobs. 
These studies help bolster our understanding 
of this underdeveloped area of research on la-
bor markets and inequality.

Cathy Liu and Luísa Nazareno use data from 
the CWS and show that workers in nonstandard 
employment receive increasingly lower earn-
ings and work fewer hours than comparable 

workers in traditional arrangements (2019). 
However, the penalties for working in nonstan-
dard jobs differ for subgroups of workers: for 
example, high-skill workers in nonstandard 
jobs are more disadvantaged relative to those 
in standard jobs than are low-skill workers. 
Trevor Peckham and his colleagues demon-
strate that those who had nonstandard and 
dead-end jobs had lower general and mental 
health as well as more occupational injuries 
than those who had standard employment rela-
tions (2019). Susan Lambert, Julia Henly, and 
Jaeseung Kim find that nonstandard and pre-
carious work schedules are both widespread in 
the U.S. labor market but also introduce insta-
bility as well as unpredictability into workers’ 
lives (2019). In particular, they find that the re-
lationship between schedule volatility and fi-
nancial insecurity is greater for salaried than 
for hourly workers, suggesting that variability 
in hours does not translate directly into per-
ceived earnings instability. Finally, David Pe-
dulla and Katariina Mueller-Gastell document 
differences in the job search process between 
nonstandard workers, whom they define as 
part-time and temporary workers, in the United 
States (2019). They find that young workers and 
those with less education are more likely to ap-
ply for nonstandard jobs.

E xpl aining Job Qualit y: 
Theoretical Perspectives
The current focus on job quality is motivated 
by the widespread recognition and concern 
that American economic growth since the late 
1970s has been unshared with the workforce, 
resulting in a four-decade long increase in 
wage, income, and wealth inequality. What ex-
plains how the proceeds of economic growth 
are shared with workers across the wage distri-
bution? And what explains the sharp U-turn in 
shared growth around 1980? Because the wage 
is a critical indicator of job quality for most 
workers, the wage-setting process must be at 
the center of any answer to these questions. But 
even narrowed to wage setting, the terrain is far 
too large and complex to do more here than 
provide a bird’s-eye perspective through the 
particular lenses we bring to the question.

Explanations for the post-1979 low-wage cri-
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sis—wage stagnation or decline, rising wage 
inequality, and increases in the incidence of 
poverty and low wages—derived from alterna-
tive visions of how the labor market works. Sys-
tematic efforts to explain wage outcomes date 
back to the beginning of the industrial revolu-
tion, and in particular, to Adam Smith’s Wealth 
of Nations. Because the essential features of the 
contemporary debate can be found in Smith, 
we begin by briefly summarizing Smith’s views. 
We then argue that current perspectives about 
how the labor market works are widely inter-
preted to reflect either a market (supply and de-
mand) or an institutional (bargaining power) 
vision. This terminology can be misleading, 
given that the market is an institution and 
could not function—even the special case of 
the economist’s textbook (neoclassical) perfect 
competition model—without a variety of other 
formal institutions (for example, those that es-
tablish property rights and enforcement) and 
informal ones (for example, social norms that 
establish trust). It also fails to recognize the re-
cent development of a market-optimization vi-
sion in which bargaining power is central, 
which can be referred to as contested market 
models.

We view differences in the dynamics, evolu-
tion, and performance of the labor market—
and consequently changes in job quality—to be 
rooted in alternative perspectives on institu-
tions and their effects on economic outcomes. 
Institutions are typically understood as the for-
mal and informal rules of the game, often man-
ifested in regulations and in public and private 
organizational policies, that evolve over time 
and that reflect collective and political choices 
governing interactions between individuals as 
well as groups of individuals (including organi-
zations, communities, and governments). They 
provide the framework within which decisions 
and actions take place, help motivate individ-
ual behavior, and define the structure and op-
eration of groups. Inherently political con-
structs, institutions reflect “socio-political 
compromises established in historically-
specific conditions” (Amable 2016, 79).

In mainstream labor economics, the con-
ception of institutions is narrower but not nec-
essarily inconsistent with this understanding. 

For example, according to a leading textbook, 
“A labor market institution is a system of laws, 
norms, or conventions resulting from a collec-
tive choice and providing constraints or incen-
tives that alter individual choices over labor 
and pay” (Boeri and van Ours 2013, 8). In this 
view, institutions form a “wedge between the 
value of the job for a firm and the reservation 
wage of the individual,” and hence are, relative 
to the economist’s perfect labor market, inher-
ently inefficient (8). Alternatively, if labor mar-
kets are imperfect in important ways, institu-
tions can be corrective and improve efficiency. 
This is the position of contested market (mon-
opsony search and personnel economics) mod-
els. In social-institutional approaches, the 
employment relation is inherently socially em-
bedded because the labor that is exchanged for 
pay cannot be separated from the worker (un-
like a material commodity). Institutions, even 
protective labor institutions, are not presumed 
to be inherently inefficient, nor do they merely 
serve to correct market failures. Instead, by de-
fining the nature of the employment relation 
and helping to allocate power to key parties 
with conflicting interests, they are essential fea-
tures of the labor market and central to the de-
termination of labor outcomes.

Markets, Institutions, and Bargaining Power: 
Smith’s Vision
To understand how labor markets in capitalist 
economies work, and specifically how wages 
are set, it is useful to start with Adam Smith, 
whose “invisible hand” theorem about the ben-
efits of market competition has long been the 
keystone of mainstream economics (1937 
[1776]). But whereas Smith is widely seen as the 
father of free market economics, The Wealth of 
Nations makes it clear that institutions, social 
norms, and market pressures are all central to 
the balance of bargaining power between “mas-
ters” and “workmen.” Smith’s chapter 8 (“of the 
Wages of Labor”) highlights the ways in which 
“monopsony power” (the ability to set wages 
through the “collusion” of masters), social 
norms (subsistence consistent with “common 
humanity”), institutions (the use of state power 
to ensure low wages), and the swings in the 
market between “scarcity of hands” and “scar-



2 2 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

city of employment” all matter a great deal. 
Smith begins with wage setting as the outcome 
of self-interested bargaining: “What are the 
common wages of labour, depends everywhere 
upon the contract usually made between those 
two parties, whose interests are by no means 
the same. The workmen desire to get as much, 
the masters to give as little, as possible. The 
former are disposed to combine in order to 
raise, the latter in order to lower, the wages of 
labour. It is not, however, difficult to foresee 
which of the two parties must, upon all ordi-
nary occasions, have the advantage in the dis-
pute, and force the other into a compliance 
with their terms” (1937 [1776], 66).

Employers have a number of structural ad-
vantages in the wage dispute. First, they can 
hold out much longer than workers. Although 
masters “could generally live a year or two upon 
the stock which they have already acquired. 
Many workmen could not subsist a week.” Sec-
ond, employers easily collude with one another 
to keep wages low: “being fewer in number, 
they can combine much more easily. . . . Mas-
ters are always and everywhere in a sort of tacit, 
but constant and uniform combination, not to 
raise the wages of labour above their actual 
rate.” And, third, employers are politically more 
powerful and can rely on the police powers of 
the state: “the law, besides, authorizes, or at 
least does not prohibit their combinations, 
while it prohibits those of the workmen. . . . 
[the masters] never cease to call aloud for the 
assistance of the civil magistrate, and the rigor-
ous execution of those laws which have been 
enacted with so much severity against the com-
binations of servants, labourers, and journey-
men” (Smith 1937 [1776], 66).

Despite these overwhelming employer ad-
vantages, wages tend not to fall below socially 
acceptable subsistence levels for working fam-
ilies, due both to social norms that keep the 

wage above “the lowest which is consistent 
with common humanity” (Smith 1937 [1776], 
68) and to employers’ self-interest in reproduc-
ing a healthy and productive workforce.15 At the 
same time, market forces matter: in good years 
of strong economic growth, “The scarcity of 
hands occasions a competition among mas-
ters, who bid against one another, in order to 
get workmen, and thus voluntarily break 
through the natural combination of masters 
not to raise wages” (68). But in lean years, in a 
“scarcity of employment,” workers compete 
with one another and drive the wage back 
down to the rate just consistent with “common 
humanity.” Workers who must invest to learn 
their trade will get a compensating wage pre-
mium (now termed the return to “human cap-
ital”), but Smith does not explain wage dif
ferentials as a simple reflection of differences 
in worker productivity; instead, wages are 
sometimes set above the market-clearing level 
to spur worker morale, reduce turnover, and 
increase productivity (now known as an effi-
ciency wage).16

In sum, we can find important roles in 
Smith for market forces (the relative jobs scar-
city of jobs and workers), monopsony bargain-
ing power (employer collusion), social norms 
(the social subsistence wage as the lower wage 
threshold), formal institutions (the advantages 
to employers of prevailing legal rules), and wage-
driven productivity growth (not just productivity-
driven wage growth). Together, these can help 
explain substantial persistent cross-firm (and 
industry) differences in wages and nonwage job 
quality for similar workers that have been ob-
served by researchers since 1776.

The Contemporary Debate
As in Smith’s vision of the mid-eighteenth-
century English labor market, three key dimen-
sions—market forces, institutions, and social 

15. “Thus far at least seems certain, that, in order to bring up a family, the labour of the husband and wife together 
must, even in the lowest species of common labour, be able to earn something more than what is precisely 
necessary for their own maintenance” (Smith 1937 [1776], 68).

16. “The liberal reward of labour, as it encourages the propagation, so it increases the industry of the common 
people. The wages of labour are the encouragement of industry, which, like every other human quality, improves 
in proportion to the encouragement it receives. . . . Where wages are high, accordingly, we shall always find the 
workmen more active, diligent, and expeditious, than where they are low” (Smith 1937 [1776], 81).
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forces or structures—are inextricably linked in 
contemporary real-world wage setting. As Rich-
ard Freeman notes, “All countries rely on a mix-
ture of the market interaction of supply and 
demand and labor institutions to determine 
employment, wages, and conditions of work” 
(2013, 15). But most efforts to explain labor mar-
ket outcomes have been seen as falling into one 
of two broad categories, either institutional 
(stressing all sources of bargaining power) or 
market competition (the overwhelming domi-
nance of the forces of supply and demand for 
skills). For example, in the late 1950s, written 
in the context of the recent high-profile debate 
on the merits of the competitive model (mar-
ginal productivity theory) as a useful guide to 
actual real-world wage setting, Melvin Reder’s 
survey of wage theory framed it this way: “There 
are two general approaches to the theory of 
wage structure. One is the market theory, or the 
competitive hypothesis, the other is what we 
might roughly term institutional. Each has its 
place and, under pressure, most students of the 
labor market will concede this” (quoted in 
Kaufman 2004, 31).17

Although the competitive market model 
has continued to dominate textbook economic 
presentations and economists’ professional 
work, the post-1979 wage problem has trig-
gered a new interest in the effects of institu-
tions and policies on the balance of bargaining 
power. As in the 1940s and 1950s, these bar-
gaining power approaches are increasingly 
challenging the mainstream competitive mar-
ket model, whose advocates have risen to the 
defense. For example, Gregory Mankiw unfa-
vorably contrasts Joseph Stiglitz’s view that ris-
ing wage inequality and stagnant wages reflect 
large-scale rent-seeking behavior in an econ-
omy increasingly rigged to benefit the employ-
ers and the rich with Claudia Goldin and Katz’s 
technology-driven supply and demand expla-
nation for rising wage inequality (Mankiw 
2013, 23). Similarly, Steven Kaplan and Joshua 
Rauh argue that the evidence on the determi-
nation of sharply rising CEO pay, and top in-
comes more generally, favors “theories that 

root inequality in economic factors, especially 
skill-biased technological change, greater 
scale, and their interaction” as opposed to 
“those who suggest that the increase in pay at 
the top is driven by a recent removal of social 
norms regarding pay inequality” (2013, 15; see 
also Gabaix, Landier, and Sauvagnat 2014).

On the other side, arguing that the erosion 
of institutional protections is central to the 
wage crisis, sociologists Bruce Western and 
Jake Rosenfeld write that “Union decline forms 
part of an institutional account of rising in-
equality that is often contrasted with a market 
explanation” (2011, 513). Similarly, the econo-
mist Henry Farber and his colleagues motivate 
their path-breaking study on union wage effects 
on the grounds that “These new data sources 
allow us to revisit the role of unions in shaping 
the income distribution and contribute to the 
long-running ‘institutions versus market 
forces’ debate” (2018, 2).

At the international level, Florence Jaumotte 
and Carolina Osorio Buitron of the IMF note 
that “Explanations for the rise of inequality in 
the developed world either focus on market-
driven forces or institutional changes” (2015, 
7). Similarly, in reviewing the literature on the 
importance of cognitive skills in explaining in-
ternational differences in wage inequality, a re-
cent OECD study explains that “what was really 
at stake was the role of the market (demand 
and supply) as an explanation for differences 
in the returns to skill versus an alternative ex-
planation that attributes skill prices to differ-
ences in institutional setups, like the minimum 
wage and unionization. This mirrors a wider 
debate in the economic literature that has 
pitched the market (including the role of tech-
nological change and international trade) 
against institutions in explaining wage disper-
sion” (Broecke, Quintini, and Vandeweyer 2019, 
251–52).

Three Views of the Labor Market
Despite this long history of framing explana-
tions of the way the labor market works in 
terms of markets versus institutions, in recent 

17. The leading figures in the debate were Richard Lester for the critique and Fritz Machlup for the defense (see 
Kerr 1994; Kaufman 1988).
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decades the literature seems better described 
by three fundamental visions. The mainstream 
neoclassical approach, characterized by putting 
market forces and individual optimization at 
the center of the analysis, includes both those 
convinced that perfectly competitive markets 
are a good approximation of the way labor mar-
kets work and those who see asymmetric infor-
mation and transaction costs as pervasive and 
fundamental, leading to the need for models of 
imperfect competition in bargaining over rents 
(above competitive market returns). The yawn-
ing gap that has developed in recent decades 
between these competitive and contested mar-
ket approaches is nicely summarized by Alan 
Krueger:

Although economists’ go-to model of the la-
bor market is often one with perfect competi-
tion—where bargaining power is irrelevant 
because supply and demand determine the 
wage, and there is nothing firms can do 
about it—in many applications I think it is 
more appropriate to model the labor market 
as imperfectly competitive, subject to mon-
opsony-like effects, collusive behavior by 
firms, search frictions, and surpluses that are 
bargained over. As a result of these labor mar-
ket features, firms should be viewed as wage-
setters or wage-negotiators, rather than wage-
takers. (2018,1)

Two very different traditions share this vi-
sion in which bargaining power is central. 
While the imperfect competition (or “contested 
market”) view shares with the political econ-
omy (or “social-institutional”) perspective a fo-

cus on collusive behavior and bargaining over 
rents, the later places much greater emphasis 
on non-optimizing behavior and conflict be-
tween groups of stakeholders within firms and 
the structuring of this conflict by workplace 
cultures and worker identities, internal labor 
markets, external labor institutions, and public 
policies. This section considers each of these 
perspectives in turn.

The Competitive Labor Market Model
In the competitive textbook model, “Earnings 
are made dependent on the amounts invested 
in human capital, and the latter are assumed 
to be determined by a rational comparison of 
benefits and costs” (Becker 1975, 133).18 In this 
view, without the interference of protective in-
stitutions, the labor market will clear and price 
adjustments ensure no excess labor supply or 
demand, a single price (wage) will prevail for a 
given level of worker skill, and that wage will be 
the worker’s marginal product—the extra value 
the worker contributes. In their labor econom-
ics textbook, The Economics of Imperfect Labor 
Markets, Tito Boeri and Jan van Ours explain 
that the analysis of imperfect labor markets 
must begin with the baseline of a perfectly com-
petitive labor market, in which “the market is 
transparent, workers and firms are perfectly in-
formed about wages and labor services offered 
by other firms, and there are no frictions or 
costs (e.g., no time related to job search and no 
transportation costs when going to job inter-
views) involved in the matching of workers and 
vacancies, that is, of labor supply and demand” 
(2013, 7). Although this is recognized as a highly 
simplified model with strong assumptions, it 

18. The textbook neoclassical model consists of two key elements that combine to generate an equilibrium that 
is Pareto-optimal, that is, one that maximizes efficiency such that any deviation from it will reduce overall eco-
nomic welfare. One is the assumption of a particular market structure, perfect market competition, in which all 
agents are price-takers (wage-takers), there is no bargaining power, and workers are paid their marginal prod-
ucts. The other is the behavioral assumption of constrained maximization, in which all agents (workers and 
employers) are rational, which is understood as self-interested maximizing behavior (Becker 1975; Kaufman 
2004). An example of a much broader, less rigorous conception is Dani Rodrik’s: “At the core of neoclassical 
economics lies the following methodological predisposition: social phenomena can best be understood by con-
sidering there to be an aggregation of purposeful behavior by individuals . . . interacting with each other and 
acting under the constraints that their environment imposes” (2007, 3). We find Rodrik’s definition much too 
broad to be helpful in understanding important cleavages in the literature; it is hard to imagine any leading 
social scientists who would not agree that individual behavior can be viewed as at least attempting to be broadly 
purposeful.
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is also accepted by many mainstream econo-
mists as capturing the essential features of con-
temporary labor markets.

Seen through the lens of the competitive 
market model, wage outcomes (and job quality 
more generally) are best explained by shifts in 
the supply and demand for skills. On the de-
mand side, computerization of the workplace 
has increased the demand for skills, but the 
supply of college-degree workers has not kept 
pace. Because computer technologies most eas-
ily substitute for workers doing routine noncog-
nitive tasks, employment becomes polarized, 
with faster job growth at the bottom and top of 
the skill distribution than in the middle. David 
Autor and Katz offer a good summary of this 
view: “Two forces are rapidly shifting the qual-
ity of jobs, reshaping the earnings distribution, 
altering economic mobility, and redefining 
gender roles in OECD economies. These forces 
are, one, employment polarization (a demand-
side force) and, two, a reversal of the gender 
gap in higher education (a supply-side force), 
reflecting women’s rising educational attain-
ment and men’s stagnating educational attain-
ment. The result has been a labor market that 
greatly rewards workers with college and grad-
uate degrees but is unfavorable to the less-
educated, particularly less-educated males” 
(2010, 1).

Similarly, Daron Acemoglu and Autor’s 
chapter on wage inequality in the most recent 
Handbook of Labor Economics aims “to account 
for recent changes in the earnings and employ-
ment distribution in the United States” and 

does so with a perfectly competitive demand-
supply model (2011, 1157).19 They extend the ca-
nonical demand and supply model (which is 
also referred to as the textbook model) with “a 
tractable task-based model,” but the theoretical 
foundation is the same, one that “crucially de-
pends on competitive labor markets, where 
each worker is paid the value of his or her mar-
ginal product” (2011, 1159; see also Autor, Katz, 
and Kearney 2006, 2008; Goldin and Katz 2007, 
2008; Autor and Dorn 2013).20 Nancy Folbre 
terms this a “just desserts” vision of the labor 
market in which factors of production (such as 
workers) get what they contribute (2016).21

This marginal productivity framing rules 
out a meaningful role for institutional effects 
on wage setting and the possibility of impor-
tant (and growing) within- and between-firm 
wage differentials for similarly skilled workers 
doing similar job tasks. This helps explain why 
protective labor institutions and within-firm 
bargaining power are all but unmentioned in 
this literature (see, for example, Autor, Katz, 
and Kearney 2006, 2008; Goldin and Katz 2007, 
2008; Autor and Katz 2010; Acemoglu and Autor 
2011, 2012; Autor and Dorn 2013). As Goldin and 
Katz put it, “Stripped to essentials, the ebb and 
flow of wage inequality is all about education 
and technology” (2009, 1). 

Contested Market Competition
Whether the canonical competitive market 
model and its variants can adequately explain 
recent rises in the college-wage premium and 
employment and wage polarization is contro-

19. The handbook, edited by Ashenfelter and Card (2011), can be viewed as the definitive statement of the current 
state-of-the-art in mainstream labor economics; it comprises twenty chapters in two volumes (1,827 pages).

20. “Even though workers of the same skill level perform different tasks, in equilibrium they will receive the same 
wage—a simple ‘law of one price’ that has to hold in any competitive equilibrium. . . . In any equilibrium, all tasks 
employing low skill workers must pay them the same wage, WL, since otherwise, given the competitive market 
assumption, no worker would supply their labor to tasks paying lower wages. Similarly, all tasks employing 
medium skill workers must pay a wage WM, and all tasks employing high skill workers must pay a wage WH. As 
a consequence, the values of the marginal product of all workers in a skill group must be the same in all the 
tasks that they are performing” (Acemoglu and Autor, 2011, 1122–23).

21. The marginal productivity vision of wage setting is taught in every standard economics (and labor econom-
ics) textbook and appears in professional and popular articles whose purpose is to weigh in on the sources of 
contemporary wage inequality. As Mankiw puts it, “In the standard competitive labor market, a person’s earnings 
equal the value of his or her marginal productivity. . . . The key issue is the extent to which the high incomes of 
the top 1 percent reflect high productivity rather than some market imperfection” (2013, 30).
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versial (see the following section). However, as 
Alan Manning points out, the competitive 
model has a hard time accounting for many 
other labor outcomes: “Many empirical obser-
vations (e.g., equilibrium wage dispersion, the 
gender pay gap, the effect of minimum wages 
on employment, employers paying for general 
training, costs of job loss for workers with no 
specific skills to list only a few) that are puzzles 
if one thinks the labor market is perfectly com-
petitive are simply what one might expect if one 
thinks the labor market is characterized by per-
vasive imperfect competition” (2011, 1031).22

In the early 1930s, Joan Robinson, a promi-
nent Cambridge University economist, recog-
nized that just as firms could have monopoly 
power in product markets, they could also have 
substantial monopsony power in buyer’s (in-
put) markets. The presence of monopoly power 
in the product market can generate monop-
sony power in the labor market, as can any fric-
tions that cause workers not to know about 
other job opportunities (such as imperfect in-
formation about contract terms or the working 
conditions on the new job) or that make it dif-
ficult to take a new job or switch jobs (commut-
ing costs, family obligations). These sources of 
employer bargaining power can cause wages 
to be set below the worker’s marginal prod-
uct.23 “The very fact that we turn up to the same 
employer day after day strongly suggests there 
are some rents from that relationship” (Man-
ning 2011, 977).

Another dimension of monopsony power, 
which may be particularly important to under-
standing the post-1979 wage crisis, is between 
lead firms and their suppliers. Spurred by tech-
nological advances, deregulation, and the shift 
from the managerial to the financial model of 
the firm, large firms have restructured by out-
sourcing specialized and peripheral functions 
to contractor firms. This has led to increasing 

competitive pressures in supplier firms, and 
predictable consequences for wages in the con-
tractor firms (Weil 2014, 2017; Appelbaum 2017; 
Handwerker 2018; Wilmers 2018). We mention 
restructuring and fissuring here because of the 
tie to monopsony power, but it is consistent 
with, and most developed by researchers asso-
ciated with, the social-institutional view.

In this contested market view, because wage 
bargaining takes place over a range of possible 
wages given by the worker’s marginal product 
(the upper limit) and the workers’ reservation 
wage (the lower limit), a firm with monopsony 
power may pay wages that are too low and em-
ploy too few workers, resulting in inefficient 
and inequitable outcomes. Policy responses to 
monopsony power that could promote both ef-
ficiency (employment) and equity (higher 
wages) include the establishment of wage 
floors via minimum wage regulation or effective 
collective bargaining. In short, because mar-
kets are no longer perfect, efficiency may re-
quire the establishment of protective labor in-
stitutions. As Manning explains, “One’s views 
of the likely effects of labor market regulation 
should be substantially altered once one recog-
nizes the existence of imperfect competition” 
(2011, 1031). At the same time, despite the cen-
tral role of market imperfections, rents, and 
bargaining powers for understanding wage out-
comes, imperfect competition models retain 
the demand-supply framing, grounded in max-
imizing behavior of self-interested agents.

A complementary new personnel economics 
(NPE) literature is concerned with a fundamen-
tal problem of modern capitalism: the organi-
zation of a firm’s production process that max-
imizes productivity and minimizes unit costs. 
This is a problem ruled out in the canonical 
textbook model, under which either perfect 
contracting is assumed or a firm or a fictitious 
social planner organizes the production pro-

22. Manning defines imperfect competition as the operation of markets in which an “employer or employee or 
both get some rents from an existing employment relationship” (2011, 974). Such rents violate the fundamental 
assumptions of the perfect competition model.

23. Imperfect competition models share with the competitive market view the centrality of a demand-supply 
framework in which the demand curve is given by the worker’s marginal product. But unlike the competitive 
model, in the monopsony model firms can pay workers less than their marginal product (for an institutionalist 
critique of labor demand as the worker’s marginal product, see Kaufman 2007).
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cess.24 The NPE literature is neoclassical in the 
sense that it “assumes that both the worker and 
the firm are rational maximizing agents, seeking 
utility and profits” but, like the imperfect com-
petition literature, it “allows for constraints or 
imperfections, such as imperfect information 
and transaction costs, and permits an individu-
al’s utility to be influenced by a variety of factors 
such as personal identity, competition, and peer 
pressure” (Lazear and Shaw 2007, 91–92). The 
goal is to understand and model optimal man-
agement practices on promotions, raises, the 
compensation structure (pay-for-performance), 
the balance between wages and benefits, and the 
use of teams. More generally, NPE can be seen 
as the study of ways to organize production and 
allocate rents optimally, defined from the per-
spective of the employer’s goal of profit maximi-
zation. Less attention has been focused on how 
conflict between groups of stakeholders is re-
solved, given workplace cultures, power dynam-
ics, and the influence of outside institutions and 
public policies (Osterman 2011).25

Social-Institutional Bargaining  
Power Approaches
As Bruce Kaufman argues, the social-
institutional vision “starts with an imperfect 
world with humans as they are. . . . Because all 
contracts are incomplete, people must solve 
their coordination, allocation, and pricing and 
output decisions through an evolutionary pro-
cess of institution-building and a mix of mar-
kets, formal organizations, and social institu-
tions” (2004, 34). A long tradition in the social 
sciences has viewed the economy as “socially 
embedded” (Granovetter 2005). Robert Solow, 
one of the giants of postwar economics, points 
out what might seem obvious: “Wage rates and 
jobs are not exactly like other prices and quan-
tities” and “Once you admit to yourself that 
wage rates and employment are profoundly en-

twined with social status and self-esteem you 
have already left the textbook treatment of the 
labor market behind” (1990, 23, 10). The em-
ployment relationship is contested, as Adam 
Smith underscored, with management re-
quired to make the organization and payment 
of the “factors of production” profitable for the 
firm, a central insight of both the new person-
nel economics and Marxian economics (albeit 
from very different perspectives).

Building on Adam Smith, prevailing aca-
demic and political debates, and their own ex-
tensive experience in the workshops and slums 
of late-nineteenth-century London, Beatrice 
Webb and Sidney Webb argued more than a 
century ago that the two parties in the wage 
negotiation come to the table with vastly un-
equal capacities to bargain, from financial re-
sources (ability to hold out) and political con-
nections (access to state power) (1897). Further, 
they maintained that the perfect market as-
sumption was a scholastic fiction, and—im-
portantly—that many of the “imperfections” 
(more appropriately understood as natural and 
fundamental features of nearly all real-world 
labor markets) served to enhance the already 
dominant bargaining power advantage of em-
ployers. As a result, market forces tend to de-
termine at best only the upper and lower 
boundaries of the wage, a view developed by 
Richard Lester a half century later in his article 
“A Range Theory of Wage Differentials” (1952). 
The wage would normally gravitate to the bot-
tom of the range because the imperfections 
systematically favored the employer, as Smith 
argued. For example, “asymmetric information 
favors employers since they have superior in-
formation about market conditions” (Kaufman 
2004, 20).

Another central dimension of the institu-
tional approach is exemplified by the work of 
the early postwar American labor economists 

24. “Since there are no distortions, the equilibrium allocation can be characterized by solving the social planner’s 
problem. In each time period, the planner chooses the level of capital K(t), and the allocation of labor Lm(t) to 
manual tasks in the service sector that maximize aggregate utility” (Autor and Dorn 2013, 1563).

25. Michael Reich and James Devine write that the conflict between workers and employers (labor and capital) 
“is not resolved by the operation of markets. Conflict is inherent in the employment relation because the employer 
does not purchase a specified quantity of labor, but rather control over the worker’s capacity to work over a given 
time period, and because the worker’s goals differ from those of the employer” (1981, 27).
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and industrial relations scholars, such as Sum-
ner Slichter, Clark Kerr, John Dunlop, Richard 
Lester. and Lloyd Reynolds, who drew attention 
to what Dunlop referred to as “persistent and 
pervasive” wage differentials that cannot be ac-
counted for by worker skills. Rather than re-
flecting the balance of supply and demand for 
skill, wage levels and differentials were best ex-
plained by relative bargaining power, rooted in 
the structure of production and product mar-
kets, and only partly explained by collective bar-
gaining outcomes. According to Dunlop, “The 
differentials are related to product market 
groupings of firms and within a given product 
grouping, to the size of the establishment, or 
in some circumstances to the size of the enter-
prise. Different competitive conditions in prod-
uct markets are related to different compensa-
tion levels for the job classification in the local 
labor market” (1985, 31). In most cases, wages 
are set for jobs in internal labor markets, not 
for individuals in external markets. “The inter-
nal labor market is the unit within which rela-
tive wage rates are also determined among job 
classifications, not among individuals, with the 
aid of job evaluation or incentive systems or by 
decisions exercised by management or through 
collective bargaining” (31).

In this tradition, non–skill-related wage dif-
ferences are explained in large part by the abil-
ity and willingness of firms to pay wages higher 
than the minimum market-clearing wage, 
which translates into interindustry and inter-
firm wage differentials for workers with similar 
skills (Howell 1989; Howell and Wolff 1991). Im-
portant determinants of the ability to pay are 
monopoly rents, reflecting dominant product 
market positions that make possible price 
markups and therefore high and rising value 
productivity that can be shared with workers 
(or not). Because the demand for labor is de-
rived from product demand, employers are able 
to pay more (and hence workers will have more 
bargaining power, all else equal) the less re-
sponsive product demand is to labor costs. This 
ability to pay will also vary with the labor share 
of costs (production technology). In addition, 
employers will also differ in their willingness to 
pay (or incentive to pay) “efficiency wages” that 
promote higher morale and higher productivity 

(as noted by Adam Smith) that reduce the 
threat of unionization and that lower the cost 
associated with “shirking, sabotage, striking, 
and quitting” (Howell 1989, 35; see also Lester 
1952; Howell and Wolff 1991; Kristal and Cohen 
2014).

It is this focus on the many dimensions of 
the employment relationship that has been the 
domain of industrial relations scholarship, the 
social-institutional counterpart to modern hu-
man resource management and personnel eco-
nomics. The sheer complexity of the dynamics 
that produce the wide range of wage rates for 
similarly skilled workers, the variation in em-
ployment contracts governing nonwage dimen-
sions of the job, and more generally the man-
agement practices that govern the workplace 
that vary widely even across plants and estab-
lishments of the same company (Bloom et al. 
2017), cannot be explained by competitive mar-
ket pressures (which should produce conver-
gence). Instead, as Richard Freeman argues in 
his assessment of the contributions of the early 
postwar industrial relations economists, under-
standing these labor outcomes requires “the 
reliance on informed priors, based on personal 
observation and common economic sense” 
coupled with a central focus on firm behavior, 
industry structures, worker resistance, and so-
cial norms in understanding both individual 
wage setting and collective bargaining out-
comes (1988, 206; for examples of more recent 
scholarship in the industrial relations tradition 
field, see Doeringer and Piore 1971; Kochan, 
Katz, and McKersee 1994; Locke, Kochan, and 
Piore 1995; Weil 2014). 

Within a given institutional context (laws, 
regulations, and social norms) and the state of 
worker resistance, “The proposition of indus-
trial relations is that interactive variation in the 
external environment of firms, their internal 
structure and organizational characteristics 
and their organizational goals and strategies 
lead the owners/executives to craft a finite num-
ber of distinct ES (employment system) con-
figurations or ‘HRM [human resource manage-
ment] architectures’” (Kaufman 2010, 95). 
Changes in these within-firm configurations 
and architectures are important to the under-
standing of wage outcomes since the 1970s.
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Other important social-institutional per-
spectives on employment relations, wages, and 
job quality have emerged from sociology and 
political science. For example, power resources 
theory emphasizes how the differential power 
resources of workers through political parties 
and unions help determine the institutions 
governing the labor market as well as the inclu-
siveness of welfare provisions by the state, 
which in turn has major consequences for 
worker bargaining power (see, for example, Ko-
rpi 1985; Esping-Andersen 1990). A related per-
spective, the varieties of capitalism approach, 
emphasizes how economic activity is coordi-
nated between workers and firms, and how co-
herent sets of institutions have evolved differ-
ently across capitalist countries to manage 
employment and wages and their connections 
to educational and skill formation institutions 
(Hall and Soskice 2001; Amable 2016).

These approaches have in common the view 
that economic activity and processes are so-
cially embedded in “social networks, culture, 
politics and religion” (Granovetter 2005, 35). A 
good example is the treatment of roles social 
networks play, which are important to eco-
nomic outcomes for three reasons: they “affect 
the flow and the quality of information”; they 
“are an important source of reward and punish-
ment”; and trust “emerges, if it does, in the 
context of a social network” (33). As recognized 
in contested market models (the economics of 
imperfect competition), an essential feature of 
a well-functioning labor market is efficiently 
matching workers to jobs. But the socially em-
bedded approach is different: “Economic mod-
els typically assume that workers and jobs are 
matched through a search whose costs and 
benefits are equalized at the margin. But in 
most real labor markets, social networks play 
a key role. Prospective employers and employ-

ees prefer to learn about one another from per-
sonal sources whose information they trust” 
(Granovetter 2005, 37).26

As a result, the institutional vision regards 
job matching and the fundamental nature of 
the employment relationship as inherently so-
cial and governed by social structures and rela-
tions, economic institutions, and public poli-
cies. Job search, job matching, and rent sharing 
in the employment relationship takes place 
“only in the context of, and mediated by, social 
relations that require them to behave in line 
with rules that are social rather than economic” 
(Streeck 2005, 255).

If these considerations are important, well-
designed institutions and social policies, along 
with effective human resource policies, can 
increase both the equity and efficiency of wage 
and employment outcomes (Agell 1999; How-
ell and Huebler, 2005; Freeman 2007). In this 
view, extensive state regulation is necessary for 
a well-functioning labor market and work-
place.27

Labor Market Regulation and Performance: 
Three Perspectives
Each of the three labor market perspectives has 
generated extensive research designed to help 
explain the stagnation in wages and the rise in 
wage inequality since the late 1970s. We con-
clude this section with the implications of each 
view of how the labor market works for the re-
lationship between labor market regulation 
and labor market performance. The ability of 
protective labor market institutions and poli-
cies to raise job quality for some workers, at 
least for some time, is not in question. But can 
these collective, social actions serve to improve 
labor market outcomes for all—or at least 
most—workers over the long term?

We organize the discussion around figure 6, 

26. An important dynamic effect is lost in the static costs-benefits model: “when mobility results from network 
connections, it changes network structure that then feeds back into future mobility patterns. Thus, network 
structure can be partially endogenized in labor market analysis” (Granovetter 2005, 37).

27. As David Brady and Benjamin Sosnaud write, “States do not simply follow what markets have initiated; states 
enable and allow markets to happen” (2010, 535). In this light, institutional economics, in Kaufman’s words, is 
inevitably “political economy, because it focuses on the nexus between law and economics, the central role of 
the state in forming and enforcing the legal regime, and how the politically determined rules of the game affect 
economic behavior and performance (and vice versa)” (2007, 16).
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which presents a stylized picture of how each 
of the three labor market perspectives imagines 
the trade-off and complementarity between 
protective labor regulation and performance, 
understood as the quality of outcomes for 
workers.

Labor market performance can be thought 
of as measured by a combination of productiv-
ity growth, real wage growth, and low unem-
ployment. Our preferred interpretation is to 
privilege outcomes for the bottom half of the 
wage distribution. The higher on the vertical 
scale, the better off these workers are because 
they have greater opportunities for employ-
ment at higher wages. The horizontal axis 
shows the degree of labor market regulation, 
or alternatively, contracting freedom between 
workers and employers in the labor market. 
This runs from unregulated contracting on the 
far right (at A) to perfectly regulated, or admin-
istered, at the far left: labor institutions and 
social policies designed to increase worker 
wages, reduce wage inequality, and provide 
more security, get stronger and more effective 
moving left from point A. These protections 
might include the coverage and power workers 
have in collective bargaining and job security, 
the degree of strictness of employment protec-
tion laws, and the greater the generosity of min-
imum wages, unemployment benefits, and the 
social wage (income available to those of work-
ing age with little or no employment income).

In the competitive market model, the analy-
sis begins with the state of perfect labor market 
liberty, at A. At this competitive equilibrium, 
the value of the job to the employer is equal to 
the reservation wage of the worker, and because 
no institutions (regulations, policies, social 
norms) stand in the way of perfectly informed 
voluntary employer-worker contracting, the 
market clears at maximum output and full em-
ployment. As protective constraints increase, 
labor market performance declines. This pre-
diction is consistent with the conventional 
economist’s view of an inherent trade-off be-
tween equality and efficiency as well as with 
Albert Hirschman’s “perversity thesis” in which 
policies and institutions (such as the minimum 

wage, collective bargaining, and work hour re-
strictions) end up harming the intended ben-
eficiaries (1991).

In the contested market, imperfect competi-
tion vision, market failures—imperfect infor-
mation, transaction costs and monopsony 
power—create rents that must be bargained 
over by employers and workers. Because no la-
bor market can function without some social 
norms that govern the job-matching process 
and constrain employer power in the employ-
ment relationship, the starting point for the im-
perfect competition vision is shown as point B, 
just to the left of the perfect market freedom of 
point A. As Manning puts it, “If labor markets 
are imperfectly competitive there is no such 
presumption that the market is efficient and 
there is at least the potential for some regula-
tion to improve efficiency” (2011, 1024). Al-
though the sharply different predictions of the 
effects of minimum wage regulations in imper-
fectly competitive markets relative to those of 
the canonical competitive model have received 
the most attention, others are numerous.28 In 
addition, as the NPE literature stresses, man-
agement practices must be optimized to maxi-
mize firm competitiveness and profitability, 
which may require human resource practices 
that promote fairness or, alternatively, under-
mine solidarity through divide-and-rule man-
agement. 

For these reasons, the figure shows increas-
ing labor protections (and human resource 
practices) generating improved labor market 
performance, reaching the optimal point at C, 
after which additional constraints will tend to 
reduce performance, resulting in lower real 
wage growth, employment, or both. The goal 
of regulation (and management) in this view is 
to get the market back to the competitive ideal 
by compensating for market imperfections in 
the hiring and promotion process.

Social-institutional perspectives imagine no 
such competitive ideal. Piece-work production 
processes are the exception and team work is 
typical; transaction costs are pervasive; infor-
mation and markets are profoundly imperfect; 
and thus the worker’s marginal product cannot 

28. “For example, one can show that regulation to restrict aspects of labor contracts like hours or holidays can 
improve employment” (Manning 2011, 1026).
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be a meaningful concept for real-world wage 
determination, and well-functioning protective 
labor institutions are a prerequisite for labor 
market efficiency. Understanding the labor 
market as “a social institution,” as Solow puts 
it, the social-institutional perspective on regu-
lation and performance is depicted as an in-
verted U: optimal economic performance re-
quires a substantial set of protective labor 
institutions and social policies. Internal labor 
markets must be designed with respect to 
within-workplace group interests and cultures. 
Moving from right to left on the regulatory free-
dom axis, as the strength and effectiveness of 
protective labor institutions and policies in-
crease, economic efficiency also increases, re-
flecting the complementarity between protec-
tive regulation and efficiency. But this occurs 
only up to a point, identified in the figure as D, 
beyond which the workplace enters a zone of 
trade-offs because regulatory intervention 
threatens productivity and employment.

These three labor market perspectives offer 
a wide range of predictions about the relation-
ship between labor market regulation and per-

formance, from a strict trade-off (the competi-
tive model), to modest opportunities for 
complementarity followed by competitive 
model–like trade-offs (contested market mod-
els), to substantial complementarity (social-
institutional models). These alternative views 
have important implications for policy priori-
ties, which we consider after reviewing the evi-
dence.

Changes in American Job Qualit y: 
E xpl anations and E vidence 
The descriptive evidence presented earlier 
showed that, by many conventional indicators, 
post-1979 job quality has either declined or 
failed to improve for most workers—in sharp 
contrast to the three previous postwar decades 
(the late 1940s through the late 1970s). Average 
market incomes for working-age adults in the 
bottom half of the income distribution actually 
fell; wage and benefit compensation for pro-
duction and nonsupervisory workers, some 80 
percent of payroll workers, grew little and far 
slower than labor productivity; and the inci-
dence of low-wage jobs rose—and the share of 

Source: Authors’ adaptation of Robert Boyer’s diagram (Boyer 2006, figure 1).

Figure 6. Markets, Institutions, and Bargaining Power: Three Visions of Labor Market Regulation and 
Performance
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decent-wage jobs fell—and did so most dramat-
ically for young workers.

A useful way to understand these changes 
in labor outcomes is by reference to three 
distinctive perspectives on how the labor 
market works. Here, we describe and assess 
some important recent research aligned with 
these theoretical perspectives. The empirical 
literature framed by the competitive market 
explanation has focused on wages by skill 
group (for example, as measured by the 
college-wage premium) and on the pattern 
of occupational employment growth by level 
of worker skill (typically indicated by the 
wage).29 In contrast, perspectives that focus 
on imperfect labor markets, generated by 
firm concentration and frictions (and trans-
action costs) in the employment relation-
ship, have focused their research efforts on 
the monopsony power of firms, resulting in 
wages that for similar workers vary substan-
tially across establishments and firms. Re-
search framed by the social-institutional tradi-
tion extends this focus on firm-level bargaining 
power but puts particular emphasis on the 
sources of bargaining power within the firm, 
firm restructuring and workplace fissuring, and 
the erosion of countervailing protective labor 
market institutions, such as labor laws, collec-
tive bargaining, and the legal minimum wage.

The Canonical Market Model  
and the Evidence
Through the lens of the “canonical supply-
demand model” (Autor 2017, 1), the post-1979 
stagnation in wages and the rise in wage in-
equality are explained by the failure of the sup-
ply of worker skills (usually measured by the 
college-educated share of the workforce) to 
keep up with accelerating computer-driven in-
creases in the demand for skills by employers.30 

In this view, the worsening of the wage prob-
lem—wage stagnation at the bottom, rising 
top-half wage inequality, and a high and rising 
incidence of low-wage work—is mainly the con-
sequence of a long-term mismatch between the 
supply and demand for skills. For empirical 
support, this literature has focused mainly on 
evidence of, first, a close correspondence be-
tween occupation skill levels (usually measured 
by the average wage) and occupation employ-
ment growth, and, second, a rising college-
wage premium. Both have been interpreted to 
suggest that skill-biased demand shifts have 
been outpacing increases in the supply of skills.

Empirical research in the competitive mar-
ket paradigm has explored these predictions in 
two iterations. The first, now referred to as the 
canonical skill-biased technological change 
model, asserted a close monotone relationship 
between occupational employment growth and 
the skill-wage level of the occupation: as the 
workplace computerized, the skill-biased ef-
fects of technological change on the demand 
for worker skills accelerated, leading to higher 
employment growth for workers with higher 
cognitive skills (Katz and Murphy 1992; Autor, 
Katz, and Krueger 1998). But, as early as the 
mid-1990s, critics called attention to the failure 
of the canonical SBTC explanation to explain 
several basic facts of the timing and pattern of 
wage changes. In particular, skill upgrading 
had been taking place for decades before the 
introduction of computers and evidence was 
scant that the rate of SBTC had accelerated over 
the course of the 1980s in ways that could ex-
plain the growth in inequality, well before most 
workplaces were transformed by computer-
based production technologies (Mishel and 
Bernstein 1994, 1998; Howell and Wieler 1998; 
Howell 2002; Card and DiNardo 2002). Another 
problem was the breakdown in the monotone 

29. The college-wage premium is defined as the ratio of the wage of workers with at least a college degree to 
those with just a high school degree.

30. “Under the Tinbergian assumption that technology is skill-biased, technological progress will necessarily 
widen inequality among skill groups unless it is countered by increases in the supply of human capital. The 
steady accumulation of human capital has thus been the main equalizer in the U.S. labor market” (Acemoglu 
and Autor 2012, 427). In the contested market and especially in the social-institutional view, the technology 
chosen and how it is implemented is a strategic choice reflecting a variety of factors that determine how skill-
biased it is, and if it is upwardly skill-biased, effects on inequality can be offset not just by supply shifts, but by 
countervailing labor institutions.
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relationship between skill levels and employ-
ment growth: the 50:10 wage ratio (bottom-end 
inequality) stopped increasing around 1987, re-
flecting a flattening of growth in the middle of 
the wage distribution. It was recognized that 
the middle of the occupational employment 
distribution was growing more slowly than 
both high-skill and low-skill occupations, 
which became known as job polarization (Au-
tor, Levy, and Murnane 2003; Autor Katz, and 
Kearney 2006; Goos and Manning 2007).

These empirical facts led to the develop-
ment of a more compelling second-generation 
version of the canonical market account, 
known as the tasks framework, which high-
lights the differential effects of computers on 
the demand for routine tasks (downward) and 
nonroutine tasks (upward); the canonical SBTC 
model now took a routine-biased form (RBTC) 
(Acemoglu and Autor 2011, 2012). But the basic 
model remained the same—the demand and 
supply of skills in a setting or workplace com-
puterization—but now, rather than a simple 
linear relationship between computerization 
and the demand for skills, the relationship be-
comes U-shaped, caused by declining demand 
for routine-task jobs in the middle of the wage-
skill distribution relative to rising demand at 
the top (because high-skill nonroutine-task 
jobs are complementary with computerization) 
and at the bottom (because demands for non-
routine manual and people-skill task jobs in-
crease—for example, in the case of low-wage 
service occupations). If labor demand shifts to-
ward the top and bottom, the supply of high 
cognitive skill workers is inadequate, and some 
middle-wage routine-task workers are redun-
dant, the result should be rising wage polariza-
tion.31

This RBTC research has in turn generated a 
number of critical questions about the mea-
surement, interpretation, and implications of 
the college-wage premium and occupational 
employment and wage polarization. For exam-
ple, what is the significance of the fact that 
most of the rise in the college-wage premium 
has been driven by workers with advanced de-

grees? Do changes in the college-wage pre-
mium reflect mainly shifts in the demand and 
supply of skills, as presumed in this literature, 
or increased sorting of highly educated workers 
to high-wage firms, or changes in the bargain-
ing power of workers with an advanced degree 
(professionals, financiers, executives), many of 
whom are protected from pay competition by 
credential and licensing requirements? What 
explains the apparent slowdown in the demand 
for cognitive skills and the college-wage pre-
mium after the late 1990s? Is this slowdown 
consistent with the computer-driven demand 
shift explanation? How much of the observed 
occupational polarization can be accounted for 
by the long-standing shift away from manufac-
turing toward services, a development that pre-
dates computerization by several decades? How 
well does occupational employment polariza-
tion translate into occupational wage polariza-
tion, and how does the latter correspond to in-
dividual wage outcomes, especially for 
production and nonsupervisory workers (about 
80 percent of the workforce)?

Job Polarization
It has become widely accepted that employ-
ment polarization is one of the defining fea-
tures of the post-1970s labor market, both in 
the United States and across the rich world (Au-
tor, Katz, and Kearney 2008; Acemoglu and Au-
tor 2011; OECD 2017). From the vantage point 
of the early 2000s, the evidence suggested that 
workplace technologies had led to an impor-
tant shift from monotone growth in the 1980s 
across occupations (slowest at the bottom to 
highest at the top) to polarized employment 
growth (with slowest growth in the middle) in 
the 1990s. But when examining the data by cen-
sus decade, the 2000s has failed to support 
continued polarization (Mishel, Schmitt, and 
Shierholz 2013; Autor 2015), which requires ex-
planation: Why would computerization gener-
ate occupational employment polarization in 
the 1990s but not since?

Lawrence Mishel, John Schmitt, and Heidi 
Shierholz argue that “the declining middle” has 

31. The explanation for rising employment shares at the bottom and the translation of this into rising average 
wage relative to the middle is less developed in this literature (but see Autor and Dorn 2013; for critiques, see 
Mishel, Schmitt, and Shierholz 2013; Hunt and Nunn 2019).
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been taking place since the 1950s (2013). Simi-
larly, Zsófia Bárány and Christian Siegel show 
that occupation-level polarization in the United 
States can be traced back to the 1950s, decades 
before the use of computers in the workplace, 
and argue that it has been generated mainly by 
sector shifts away from manufacturing and to-
ward high- and low-skill services—the hollow-
ing out of the middle from deindustrialization 
(2018). The long-run perspectives of both 
Mishel and his colleagues and Bárány and Sie-
gel support the deindustrialization perspective 
of Barry Bluestone and Bennett Harrison and 
others as early as the 1980s (Bluestone and Har-
rison 1982; Harrison and Bluestone 1988).

Mishel and his colleagues show that, while 
occupation-based employment polarization 
can be observed in the decade of the 1990s, even 
for that decade “the lines traced out fit the data 
very poorly” (2013, 5). They conclude that 
“changes within occupations greatly dominate 
changes across occupations so that the much-
focused-on occupational trends, by themselves, 
provide few insights” (5). This assessment con-
trasts with Dwyer and Wright’s results (this is-
sue), which show strong evidence of polariza-
tion between the early 1990s and 2009 to 2017 
(2019) at the level of jobs (occupation-industry 
cells).

Using a highly aggregated occupation 
scheme, the OECD portrays the more recent pe-
riod, from 1995 to 2015, as characterized by dra-
matic and pervasive polarization across the rich 
world, but offers ambiguous assessments of the 
role of skill-biased computerization (2017, fig-
ure 3.1). This research allocates eight of the 
nine large standard (ISCO-88) occupation 
groups to high-, middle-, and low-skill groups. 
The OECD evidence shows striking differences 
between the sharply declining employment 
growth of the three middle-skill groups (clerks, 
craft and related trades workers, and plant and 
machine operators and assemblers), the mod-
erate growth of the two low-skill occupations 
(service workers and shop and market sales 
workers, elementary occupations), and the 
rapid growth of the three high-skill occupa-
tions (legislators, senior officials, and manag-
ers; professionals; technicians and associate 
professionals). The OECD authors find that 29 
percent of the observed polarization can be ex-

plained by the decline in manufacturing; the 
rest is associated with the increase in the use 
of information and communication technolo-
gies (ICT). But, crucially, they find no statistical 
effects for ICT on employment polarization out-
side of manufacturing and no support for their 
measure of globalization in either manufactur-
ing or nonmanufacturing sectors (OECD 2017, 
tables 3.2, 3.3). This evidence suggests a strong 
but largely unexplained pattern of occupation-
based polarization.

The overall lesson from this evidence seems 
to be that both manufacturing and service sec-
tors have strong tendencies to polarize: manu-
facturing because of productivity growth (and 
offshoring), and service sectors because of the 
inherent nature of the demand for both high- 
and low-skill services (given that computeriza-
tion has contributed to the decline in routine 
clerical work).

In addition to the mixed evidence on occu-
pational employment polarization and the dif-
ficulty of attributing the hollowing out of the 
middle to computerization, the existence of a 
strong link between occupational employment 
and occupational wage polarization is contro-
versial (Mishel, Schmitt and Shierholz 2013). 

Equally important, recent evidence shows 
that any hollowing out of the middle of the oc-
cupational wage distribution (declining rela-
tive wage growth in middle-wage occupations) 
explains little of the growth in overall individ-
ual wage inequality. Hunt and Nunn show, for 
example, that most individual workers in the 
occupations assigned to the fourth occupation 
decile do not have wages in the fourth decile 
of the overall individual wage distribution 
(2019, figure 10). “One therefore cannot think 
of the middle occupation-based percentiles as 
mapping to middle-wage workers.” The same 
problem holds at the bottom of the wage dis-
tribution: “Many workers in the bottom two 
occupation-based percentiles are not low-paid 
workers” (10). They conclude that “When using 
workers’ wages to indicate job quality we find 
no employment polarization for men or 
women in any period of time covered by the 
Current Population Survey (1973–2017), a find-
ing that is robust to adjustment for age and 
education” (2).

The wage contour results presented earlier 
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are consistent with the Hunt and Nunn find-
ings (2019). The two-segment, four-contour 
wage quality structure (see table 2 and figure 3) 
can be transformed into a tripartite one by 
combining the middle two wage contours (2 
and 3). For all workers (ages eighteen to sixty-
four), this wage structure shows substantial 
employment stability: between 1979 and 2017, 
the top contour’s employment share fell from 
34.5 to 33 percent; the middle two contours re-
mained about the same; and the bottom 
(poverty-wage) contour’s employment share 
rose from 25.6 to 27.5 percent. 

The College-Wage Premium
In addition to evidence of job polarization, em-
pirical support for the competitive model has 
been centered on the rise in the college-wage 
premium. According to Autor, “A key implica-
tion of the rising college/high school wage pre-
mium is that a central causal factor behind ris-
ing inequality in the United States has been the 
slowdown in the accumulation of skills by 
young adults almost 30 years ago” (2014, 847). 
Autor also speculates that “Had the supply of 
college graduates risen as rapidly in the de-
cades after 1980 as it did in the decades imme-
diately before, it is quite plausible that there 
would have been no sustained rise in the skill 
premium in the U.S. labor market” (847).

Following Autor and his colleagues, Goldin 
and Katz, and others, Acemoglu and Autor pres-
ent empirical evidence that the relative wages 
of college graduate workers to high school grad-
uates has shown a tendency to increase over 
multiple decades despite the large secular in-
crease in the relative supply of college-educated 
workers (2011, 1044; see also Autor et al. 2008; 
Goldin and Katz 2007, 2008). But it is notable 
that the college-wage premium as measured in 
this literature has been rising since 1973, mainly 
because of both large increases in pay for ad-
vanced degree workers and the flat or slightly 
falling wages for those with a high school de-
gree or less (Mishel, Bivens, and Gould 2012, 
table 4.12). 

This raises a fundamental question about 
the direction of causation, one that is not ad-
equately addressed in this literature. The rise 
in the college premium may not be exclusively, 
or even mainly, an outcome of the demand and 

supply of skill, but rather a reflection of the 
sharp rise in top incomes generated by increas-
ing bargaining power of professional, manage-
rial, and technical workers (protected by cre-
dential and licensing constraints and located 
disproportionately in high-rent firms, espe-
cially in the finance sector) and the decline in 
protective labor institutions and changes in 
employer practices that have undermined the 
bargaining power of production and nonsuper-
visory workers. In support of this alternative 
social-institutional explanation, Niklas Eng-
bom and Christian Moser find that “where you 
work mediates a substantial share of returns to 
education at the bachelor’s and master’s level, 
and to a lesser extent among doctorates” (2017, 
374). Other important recent studies using 
linked employee-employer data sets have found 
substantial sorting of highly educated workers 
into higher paying firms (Card, Cardoso, Hein-
ing and Kline 2016; Song et al. 2019). At the 
same time, firms have restructured, concentrat-
ing lower educated workers into low-wage con-
tractor firms (Weil 2014; Handwerker, 2018; 
Wilmers 2018). These findings are consistent 
with increasing firm concentration (monopoly 
power) and the ability to mark up product 
prices, and therefore in monopsony power 
(Barth et al. 2016; De Loecker, Eeckhout, and 
Unger 2018; Benmelech et al. 2018). This re-
search strongly suggests that “where you work” 
matters a great deal for what you get paid, and 
this is likely to explain a substantial part of the 
rise in the college wage premium.

An important question for a competitive 
market explanation of the wage problem that 
relies on evidence of increases in the college-
wage premium concerns the adequacy of edu-
cational attainment as an indicator of cognitive 
skills. Much of this literature is characterized 
by a conflation of skills, education, and wages. 
Samuel Bowles, Herbert Gintis, and Melissa Os-
borne’s 2001 review of the relevant literature 
concludes that after controlling for cognitive 
skills (such as test scores), a large return to 
schooling remains, which is unexplained in 
most standard statistical tests. Their review of 
the evidence suggests that this unexplained re-
turn to schooling can be attributed to noncog-
nitive, skill-related behavioral characteristics 
and social skills (for more recent evidence, see 
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also Deming 2017). College degrees not only sig-
nal levels of cognitive skills, but also provide 
employers with a screening device for workers 
with desired behavioral and personal charac-
teristics (Cappelli 2015, 270).

This evidence of the importance of educa-
tion as a screening device for behavioral char-
acteristics that may have little connection to 
workplace productivity raises the question of 
the ability of cognitive skills (whether mea-
sured by test scores or educational attainment) 
to explain the wage distribution. A key motiva-
tion for the development of search theory was 
to explain persistent large differences in wages 
paid to similar workers. As Dale Mortensen 
puts it, “Observable worker characteristics that 
are supposed to account for productivity differ-
ences typically explain no more than 30 percent 
of the variation in compensation across work-
ers in these studies” (2005, 1). Mortensen’s ex-
planation is that worker wages reflect produc-
tivity differences across firms. “If the same 
worker is more productive in one firm than in 
another, then the more productive firm finds it 
more profitable to compete by offering a higher 
wage.” It is precisely this non–skill-related wage 
dispersion that much recent empirical work in 
the contested market and social-institutional 
traditions has attempted to explain by extend-
ing the argument from the distribution of em-
ployer productivity (Mortensen) to the distribu-
tion of employer power and the strategic use of 
it (Manning 2011; Krueger 2018). As Appelbaum 
argues, the evidence linking high wages to pro-
ductive firms measures the latter as revenue 
productivity, which may reflect more market 
power than efficiency, or as she puts it, the 
“greater ability that strong firms have to lay 
claim to rents and to jointly profit relative to 
weaker firms” (2017, 15).

Another question concerns the fact that the 
rise in the 90:50 wage differential has continued 
into the 2000s, despite a flattening of the col-
lege wage premium for both males and females 
after 2000, even when workers with advanced 
degrees are included (Autor 2014, figure 1). This 
corresponds in timing to what appears to be a 
substantial decline after 2000 in the growth in 
demand for cognitive skills (Beaudry, Green, 
and Sand 2013). If computerization drives the 
demand for jobs with high cognitive skills, 

there is no obvious reason for the break in the 
trend that takes place around 2000. David Dem-
ing shows that in fact it is not jobs with the 
highest cognitive (measured as math) skill re-
quirements that have grown fastest, but those 
with the highest social skills (2017).

Paul Beaudry, David Green, and Benjamin 
Sand suggest that the supply of college-
educated workers may have outstripped de-
mand for them—reversing the logic of the ca-
nonical SBTC-RBTC models: as the share of 
college-educated workers has continued to 
grow “they have moved down the occupational 
ladder and have begun to perform jobs tradi-
tionally performed by lower-skilled workers” 
and these lower-skilled workers do the same to 
workers beneath them (2013, 2). This over-
education cascading dynamic of college gradu-
ates pushing down the wages of less-educated 
workers is consistent with the recent literature 
on skill mismatch (for a summary, see Cappelli 
2015). It could also help explain the rising inci-
dence of low-wage and poverty-wage jobs and 
the decline in decent jobs, especially for young 
American workers with less than a college de-
gree. At a minimum, these considerations com-
plicate the computer-driven shift in demand 
toward high cognitive skills as a compelling ex-
planation for wage stagnation and rising wage 
inequality.

Bargaining Power Explanations  
and the Evidence
From the vantage point of the contested market 
and social-institutional perspectives, the em-
ployment relationship is characterized by im-
perfect information and transaction costs. For 
this reason, labor markets are necessarily im-
perfect and most workers are therefore em-
ployed in firms and organizations that have 
some wage-setting power. Following Sanford 
Jacoby (2005), Adam Cobb argues that “systems 
of corporate employment can be categorized 
broadly into two ideal types: organizational or 
market oriented” (2016, 12). But a market orien-
tation does not mean that firms are “price-
takers,” with wages and working conditions set 
in the external labor market. Even most small 
firms operating in highly competitive markets 
rely on human resource management func-
tions, internal or contracted out. For organiza-



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 d e c l i n i n g  j o b  q u a l i t y  i n  t h e  u n i t e d  s t a t e s 	 3 7

tionally oriented firms, the demand and supply 
for skills are most relevant at “ports of entry” 
to the firm (Dunlop 1985; Osterman 1994). In 
this setting, the ability, willingness, and incen-
tives to pay a higher wage than the minimum 
set by a worker’s reservation wage (that is, the 
wage it takes for a worker to supply their work 
effort to the firm) sets a range for wages both 
at ports of entry to the firm and for mobility 
among jobs within the firm. This approach 
calls for a research agenda that begins with the 
premise that labor outcomes will vary substan-
tially across establishments, firms, and indus-
tries for similar workers doing similar sets of 
tasks, which in turn suggests that some jobs 
are better than others depending on where you 
work (Barth et al. 2016). As Krueger puts it, 
these features of the labor market are better 
understood not as “imperfections” but as “the 
way the labor market works,” which helps ex-
plain many well-documented labor market out-
comes “such as the high variability in pay for 
workers with identical skills in different indus-
tries or firms, the lack of evidence that mini-
mum wage increases reduce employment, and 
the reluctance of firms to raise wages when va-
cancies are hard to fill” (2018, 1).

From the social-institutional perspective, 
job-quality outcomes documented earlier can 
best be explained by a large-scale post-1979 shift 
in bargaining power away from production and 
nonsupervisory workers toward executives, top 
professionals, and financiers. These shifts 
mainly reflect political choices rooted in the 
dominance of ideas about the merits of free 
markets, most notably regarding the benefits 
of deregulation, tax cuts, small government, 
and financialization. This regime shift took 
place in the context of macro-structural 
changes such as the shift to a service economy 
and technological advances in production, 

communications, and transportation technolo-
gies that have facilitated the outsourcing and 
offshoring of work. A central factor in the shift 
to unshared growth was the ascendancy of the 
financial sector and the role of finance in non-
financial corporations’ decision making, fea-
turing the maximization of shareholder value 
as the fundamental corporate objective.32 Cen-
tral to this redirection were concerted attacks 
on unions and the collective bargaining system, 
the real value of the minimum wage, and pro-
tective laws and regulations governing the em-
ployment relationship, resulting in a decline in 
the effectiveness of these protective labor mar-
ket institutions. This, in turn, facilitated the 
restructuring of employment systems to 
achieve greater flexibility and lower labor costs 
through domestic outsourcing and production 
offshoring (moving parts of the production pro-
cess abroad). The result was a fissured work-
place in which workers formerly employed in 
lead firms now worked for outside suppliers 
(Weil 2014; Appelbaum 2017; Handwerker 
2018).33

We have organized our review of recent em-
pirical work framed by the contested market 
and social-institutional traditions under three 
headings, employer wage-setting power, the de-
cline of protective labor institutions, and the 
restructuring of the employment relationship.

Employer Wage-Setting Power
Employer wage-setting power can be expected 
to increase with both concentration in product 
markets (monopoly power) and labor markets 
(conventional monopsony power) as well as 
with labor market frictions and related trans-
action costs (dynamic monopsony power). In 
conditions of conventional monopsony, be-
cause fewer firms control a particular product 
market, workers in particular types of jobs 

32. In what seems striking testimony to the importance of the interplay between ideas and interests, following 
the publication of a paper by Jensen and Meckling in 1976 that applied principal-agent theory to the theory of 
the firm, companies began “to adopt the financial model of the firm . . . in which managers—the agents—are 
charged with single-mindedly serving the interests of the principals—the firm’s shareholders—by maximizing 
shareholder returns . . . (and in so doing) altered the logic of value creation” (Appelbaum 2017, 6). This contributed 
to gigantic increases in top management pay, the rise of leveraged buyouts by private equity firms, and the fis-
sured workplace—all of which increased income inequality and reduced nonsupervisory worker wages.

33. For evidence from Germany on the effects of contracting-out on wages (downward) and wage inequality 
(upward), see Goldschmidt and Schmieder 2017.
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have few if any alternative employment op-
tions, which increases employer bargaining 
power. More generally, however, any impedi-
ment to job mobility that raises transaction 
costs for workers (for example, transportation 
costs or social amenities that develop from 
time spent on the job in a particular workplace) 
will also increase employer bargaining power 
(Manning 2003, 2011; Krueger 2018). At the 
same time, lead firms have increased their 
monopsony power over their suppliers, which 
has cascading consequences for wages in con-
tract firms.

A considerable literature has developed in 
recent years on the growing concentration of 
firms in narrowly defined economic sectors and 
geographic areas, demonstrating that higher 
concentration is associated with lower wages. 
To the extent that firms differ in market power, 
this could be a source of growing wage inequal-
ity (see Furman and Orszag 2015; CEA 2016; Biv-
ens et al. 2018). The rise in corporations’ prod-
uct market power has stemmed in part from 
political choices to reduce antitrust enforce-
ment against mergers and collusion and to 
strengthen patent protections, but also as a 
consequence of new products and technologies 
characterized by scale and network economies 
(CEA 2016; Appelbaum 2017). Perhaps the stron-
gest evidence on rising firm concentration is at 
the sector level, in retail and wholesale, finance, 
transportation, agriculture, and hospitals (CEA 
2016, 4). But the long-term increase in profit-
ability offers additional compelling evidence. 
For example, the 90th percentile firm had twice 
the returns on capital as the median firm in 
1990; by 2014, returns had increased to five 
times the median firm (CEA 2016, 5). Jose Azar, 
Ioana Marinescu, and Marshall Steinbaum find 
a close relationship between local labor market 

concentration (the dominance of a small num-
ber of employers for an occupation in a com-
muting zone) and worker wages: “In a nutshell, 
we find that labor market concentration in the 
average market is high, and higher concentra-
tion is associated with significantly lower 
posted wages” (2017, 1). John Abowd and his 
colleagues (2012, 2017) and David Card and his 
colleagues (2016) find strong support for 
Mortensen’s proposition (consistent with the 
postwar industrial relations economists such 
as John Dunlop and Sumner Slichter) that high 
productivity firms pay more. Abowd and his 
colleagues conclude that workers benefit from 
working at a top-paying firm in two ways: they 
earn more at a point in time and they have a 
higher probability of moving to a higher wage 
the following year (2017, 3). But as noted ear-
lier, productivity is measured in value terms, 
so high productivity may reflect as much the 
capture of rents as much as production effi-
ciency. 

Recent work on price markups (the increase 
product prices above marginal costs) finds that 
markups were “relatively constant between 
1950 and 1980 at around 20 percent above mar-
ginal costs” (De Loecker, Eeckhout, and Unger 
2018, 31; see also Barkai 2016). From 1980 on-
ward, change in this pattern has been clear: 
markups steadily increased from an average of 
18 percent to nearly 67 percent in 2014, a three-
and-a-half-fold increase. This is associated with 
rising profitability, falling labor share of in-
come, falling low-skill wages, and rising wage 
inequality. In another recent study, Efraim 
Bemelech, Nittai Bergman, and Hyunseob Kim 
focus more directly on the concentration-wage 
relationship and find a powerful correspon-
dence between them (2018).34 Similarly, Nathan 
Wilmers shows a clear increase in the power of 

34. “We use manufacturing plant-level data from the U.S. Census Bureau from 1977 to 2009 to provide evidence 
that wages are significantly lower in local labor markets in which employers are more concentrated. . . . We argue 
that the results are consistent with firms exploiting workers in the form of lower wages (than a competitive 
market level) in monopsonistic labor markets, particularly when labor bargaining power is weak and worker 
mobility is limited. We suggest that the decline in U.S. unionization and labor mobility during the 1980s and 
1990s is important in explaining stagnation in wages. In addition, we show how higher employer concentration 
impairs the transmission of productivity growth into wage increases. Finally, we document an indirect China 
effect in which competition with Chinese exporters leads to a higher concentration of employers, resulting in 
even lower worker wages” (Bemelech, Bergman, and Kim 2018, 23–24).
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larger “buying” firms over smaller “supplying” 
firms, as well as sizable downward effects on 
worker wages in the latter: “Suppliers that are 
more profitable or have a larger market share 
face increased negative waged effects when 
they become dependent on dominant buyers” 
(2018, 231). He estimates that “rising buyer 
power could explain around 10 percent of wage 
stagnation among nonfinancial firms since 
the 1970s” (231). In this issue, Wilmers shows 
that institutional and organizational con-
straints such as multi-employer collective and 
pattern bargaining, or employer collusion op-
erated to lower inequality in the United States 
from 1968 to 1977 (2019). Moreover, unioniza-
tion, establishment size, and pension provi-
sion reduced inequality not only among co-
workers within workplaces, but also across 
workplaces.

The Decline in Countervailing Labor Institutions
Historically, collective bargaining and protec-
tive public policies, such as minimum wage leg-
islation, have helped promote shared growth. 
Combined with the effects of declining employ-
ment in formerly union-intensive goods-
producing sectors, anti-union government and 
corporate actions have led to precipitous de-
clines in membership and coverage. For exam-
ple, the union member share of employment 
for young (eighteen to thirty-four) male workers 
with less than a college degree fell from 24 per-
cent in 1983 to 11.1 percent in 2001 and even 
further to 8.8 percent in 2014; for similar female 
workers, the decline was from 12.9 percent to 
6.7 percent in 2001 and to 5.2 percent in 2014. 
By 2014, young male and female college gradu-
ates had much higher union membership rates 

than those with less than a college degree (13.1 
percent versus 8.8 percent for males; 9.8 per-
cent versus 5.2 percent for females) (Howell 
2019).35

Some have argued that the decline in union 
power has played little or no role in the rise in 
wage inequality,36 but a long history of post–
World War II research documents substantial 
union effects on both wage levels and wage in-
equality (Freeman and Medoff 1984; DiNardo, 
Fortin, and Lemieux 1996; Card 2001; Western 
and Rosenfeld 2011). In an important new 
study, Farber and his colleagues take advantage 
of new data that extend the record back to the 
1930s and find large union effects on inequality 
(2018, 2–3).37

As the unionized share of the workforce has 
declined, the direct effects of unions on wage 
inequality has fallen (Goldin and Katz 2009, 5), 
but the lesson is not that unions are not an im-
portant part of the post-1979 decline in wage 
inequality. It is the reverse. The ebbing strength 
of unions has mattered a great deal for non-
union workers as well as union members. 
Studying evidence dating to the 1940s, James 
Mosher finds that “when unionization was a 
credible threat in the U.S., nonunion firms paid 
a premium to workers to remain nonunion” 
(2007, 227), an effect that appears to be highly 
relevant to contemporary wage setting, as sug-
gested by the wage policies of Amazon and 
other large retailers (see also Cardiff-Hicks, La-
fontaine, and Shaw 2014). Mosher also makes 
the case that swings in union power have played 
an important role in explaining changes in the 
college-wage premium. Similarly, David Jacobs 
and Lindsey Meyers conclude that “politically 
inspired reductions in union membership, and 

35. Young workers with a college degree experienced a similarly drastic decline in membership in the 1980s 
(from 22.4 percent to 14.8 percent for male workers, and from 16.7 percent to 10.9 percent for female workers 
between 1983 and 1990). It then remained roughly stable between 1990 and 2010. By 2014, 13.1 percent of young 
employed male college graduates and 9.8 percent of comparable female graduates were union members.

36. “Most economists, however, discount the role of unions in the increase in inequality” (Acemoglu, Aghion, and 
Violante 2001, 2, quoted in Farber et al. 2018, 1).

37. “We show that the income advantage accruing to union households relative to non-union households with 
the same demographics and skill proxies is roughly constant (between fifteen and twenty log points) over our 
eighty-year period, despite the huge swings in union density and composition.” The authors argue that unions 
confer “a substantial advantage to what would otherwise have been low-income households, thus compressing 
the income distribution” (Farber et al. 2018, 3).
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labor’s diminished political opportunities dur-
ing and after Reagan’s presidency, meant unions 
no longer could slow the growth in U.S. inequal-
ity” (2014, 1; see also Schmitt and Mitukiewicz 
2011).

An important source of the weakening of 
collective bargaining has been the increasing 
frequency of anti-union tactics by employers, 
which Kate Bronfenbrenner documents for 
1986 through 2003 (2009). “The overwhelming 
majority of employers, either under the direc-
tion of an outside management consultant or 
their own in-house counsel, are running aggres-
sive campaigns of threats, interrogation, sur-
veillance, harassment, coercion, and retalia-
tion” (Bronfenbrenner, quoted in Stelzner 2017, 
233). Mark Stelzner documents the substantial 
changes in laws and norms after the early 1980s 
that facilitated these aggressive and effective 
actions. Three developments were particularly 
important: a reinterpretation of the National 
Labor Relations Act (NLRA) that produced a 
sharp shift from favorable to unfavorable adju-
dications; extensive delays in processing times 
in cases brought against employers for viola-
tions of the NLRA, mainly concerning certifica-
tion of bargaining units and union election out-
comes; and the sudden shift in management 
norms after President Reagan fired 11,400 air 
traffic controllers in 1981 that led to the increas-
ing use of permanent replacement workers in 
strikes. “Employers suddenly became much 
more willing to use or threaten to use perma-
nent replacements when workers went on 
strike” (Stelzner 2017, 240). The result was a dra-
matic decline in total case intake at the Na-
tional Labor Relations Board and a collapse in 
the number of work stoppages per year (Stel-
zner 2017, figures 1 and 2).

The erosion of the value of the federal min-
imum wage is also pointed to as contributing 
substantially to the payment of low wages. Re-
cent evidence overwhelmingly supports the ex-
istence of large positive wage effects of increas-
ing minimum wages with little or no harmful 
consequences for employment or even hours 
worked (see, for example, Card and Krueger 
1994; Schmitt 2013; Howell, Fiedler, and Luce 
2016). In an important new study, Doruk Cengiz 
and his colleagues use new methods and data 

to “infer the total change in jobs due to the pol-
icy by comparing the number of missing jobs 
below the new minimum wage to the excess 
number of jobs paying at (and above) the new 
minimum wage” (2018, 2). They find that for 
forty-six substantial minimum wage increases, 
after five years, “average wages of the affected 
earners increase significantly by 10.8 percent. 
We also find employment is little changed with 
a statistically insignificant increase of 0.2 per-
cent” (2). Similarly, in a study of the effects of 
local minimum wages on food service wages 
and employment in six cities, Sylvia Allegretto 
and her colleagues find “statistically positive 
effects on earnings” but cannot “detect nega-
tive significant employment effects in any of 
the individual cities, or when pooling them to-
gether” (2018, 39). It is increasingly accepted 
that the decline in the real value of the legal 
minimum wage has played an important role 
in the post-1979 wage problem for workers at 
the bottom of the distribution.

Employment Restructuring Within the Firm
According to Weil’s fissured workplace hypoth-
esis, an important driver of the growth in wage 
inequality “over the last three decades has been 
an evolution of business organization that has 
fundamentally altered the employment rela-
tionship and, in turn, the way that wages are set 
for workers in a growing range of industries” 
(2017, 210). The same workers doing exactly the 
same tasks in the same jobs get lower wages 
after their tasks have been shifted to outside 
contractors (224). Examples include janitors, 
security guards, and cleaning service and food 
service workers. Considering the post-1979 in-
crease in outsourcing to low-wage contractor 
firms, Appelbaum’s research points to a “new 
labor market segmentation between lead firms 
and contractor firms. . . . The position of the 
worker’s employer in the production network 
directly affects the worker’s pay and working 
conditions. Thus, worker’ wages depend not 
only on their own productivity characteristics, 
but on the relative power of their employer vis-
à-vis other organizations in the network” (2017, 
14).

Elizabeth Handwerker and James Spletzer 
provide strong supporting evidence of the 
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growth in employment outsourcing and its ef-
fect on wages by measuring changes in occupa-
tion concentration, defined as the variety of oc-
cupations in particular establishments (2015). 
Driven by downward pressure on low-wage 
workers, “as much as 52 percent of overall wage 
inequality growth (63 percent of wage inequal-
ity growth between employers)” can be ex-
plained by their measures of occupational con-
centration (2). In updated work, Handwerker 
confirms these earlier findings, and concludes 
that “workers in establishments that are more 
concentrated in occupations overall earn lower 
wages” and that “changes in the distribution of 
occupational concentration are related to the 
growth in private-sector wage inequality” over 
this period (2018, 3). This restructuring and fis-
suring of the workplace helps explain recent 
evidence of substantial between-firm and be-
tween-establishment wage differentials for 
similarly skilled workers (see, for example, 
Abowd et al. 2012; Barth et al. 2016; Song et al. 
2019).

In addition to the fissuring caused by do-
mestic outsourcing, the offshoring of produc-
tion and the rise in trade competition, espe-
cially with China, have put downward pressure 
on wages. But the effects of these developments 
on production and nonsupervisory workers are 
concentrated in manufacturing sectors. While 
these are often vitally consequential for local 
communities, some have argued that these are 
not at the root of the wage inequality problem. 
According to Lemieux, “On balance, there is at 
best some weak evidence that offshoring has 
contributed to the growth in wage inequality in 
the United States over the last few decades” 
(2011, 18). 

Although wage setting in the United States 
takes place almost exclusively within the firm, 
large and persistent non–skill-based wage dif-
ferentials have been shown at the industry level 
in many studies that extend back to at least the 
1940s. As Furman and Orszag point out, much 
recent research is consistent “with the notion 
that firms are wage setters rather than wage tak-
ers in a less than perfectly competitive market-

place” (2015, 1). One example is the recent work 
of Tali Kristal and Yinon Cohen, who have ex-
plored the relative importance of technology-
driven demand for skills, the supply of skills, 
and institutional factors. They conclude that 
“Contrary to that [SBTC] view, we find that the 
decline of pay-setting institutions is almost 
twice as important as technology-driven de-
mand for skilled labor in explaining rising in-
equality within US industries” (2014, 207).

Institutions and Job Quality:  
How the United States Compares
One way to explore the importance of the insti-
tutional setting for job quality—and for who 
gets good jobs—is with comparisons across 
similarly developed countries confronted by 
similar technological, deindustrializing, and 
globalization pressures. Interpreting the evi-
dence on wage and wage inequality trends as 
broadly similar across rich countries, John Van 
Reenen concludes that similar market forces, 
rather than institutional differences, must be 
the main explanation because he sees inequal-
ity trends as quite similar across countries: “in 
terms of these major long-term trends (in in-
equality), many of the similarities across coun-
tries suggests to me that country-specific insti-
tutions are unlikely to be the fundamental 
causes of such changes, as institutions differ 
so much between nations” (2011, 731). By con-
trast, Acemoglu and Autor, citing nine studies, 
argue that “changes in the earnings distribu-
tion have been quite different in different coun-
tries” (2011, 1160). But in their (competitive mar-
ket) view, regulations and other institutional 
“constraints” contribute to differences in wage 
outcomes across countries not directly, through 
their effects on bargaining power, but because 
they determine which technologies are ad-
opted.38

We share Acemoglu and Autor’s view of the 
cross-country variation in wage levels and wage 
inequality but suggest a much simpler and far 
more plausible explanation: that institutions, 
policies, and employer practices play central 
roles in determining differences in the strength 

38. See also Acemoglu and Autor, who mention institution just once, and the reference is to educational institu-
tions (2012).



42 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

and character of worker bargaining power 
across countries. This conclusion is supported 
by a number of recent cross-country studies. 
For example, the Russell Sage Foundation’s 
low-wage project concluded that “the most im-
portant influence on the observed differences 
in low-wage work is the ‘inclusiveness’ of a 
country’s labor market institutions” (Gautié 
and Schmitt 2010, 7). Similarly, a recent study 
by IMF researchers Florence Jaumotte and Car-
olina Buitron explores the causes of rising in-
equality in the rich world (2015). According to 
the authors, although “high-income countries 
have been affected in broadly similar ways by 
SBTC and globalization, they have seen in-
equality rise at different speeds” and for this 
reason they focus “on the role played by labor 
market institutions in 20 advanced countries 
during 1980–2010” (5). “We find evidence that 
the decline in union density—the fraction of 
union members in the workforce—is strongly 
associated with the rise of top income 
shares. . . . Our empirical results also indicate 
that unions can affect income redistribution 
through their influence on public policy. We 
further find that reductions in the minimum 
wage relative to the median wage are related to 
significant increases in inequality” (6).

Senior researchers at the OECD have also at-
tempted to explain rising inequality across rich 
countries with empirical data that allow them 
to explore the importance of cognitive skills 
and institutions (Broeke et al. 2019). They inter-
pret recent cross-country research as finding 
that differences in the “net supply of skills” (the 
quantity supplied versus demanded) have ex-
plained only a small part of the variation in 
wages across countries, citing Blau and Kahn 
(1996, 2005) and Devroye and Freeman (2001). 
While Edwin Leuven, Hessel Oosterbeek, and 
Hans van Ophem claim “that around one-third 
of the variation in relative wages between skill 
groups across countries could be explained by 
differences in the net supply of skills” (2004, 
cited in Broecke, Quintini, and Vandeweyer 
2019, 251), more recently, and with the use of a 

far superior measure of cognitive skills, the 
OECD’s Survey of Adult Skills (PIAAC), studies 
by Anita Pena (2014) and Marco Paccagnella 
(2015) “also find that skills contribute very little 
to international differences in wage inequality, 
and that skill prices play a far more important 
role” and conclude that “differences in inequal-
ity must be driven primarily by differences in 
institutions—a view echoed by another recent 
paper” (cited in Jovicic 2015, 252).39

Challenging these conclusions on the rela-
tively minor role played by cognitive skills in 
explaining cross-country wage inequality, Stijn 
Broecke, Glenda Quintini, and Marieke Vandew-
eyer argue that these studies may have failed to 
fully account for the effects of “skills supply 
and demand” on variations in wage inequality 
(2019). To test this possibility, they use the same 
PIAAC data with a “demand and supply model 
to study the relationship between the net sup-
ply of skills . . . and wage inequality” and find 
that “market forces do indeed matter” but only 
for the top half of the distribution (the 90:50 
wage ratio), accounting for less than one-third 
(29 percent) of the gap between the United 
States and other rich countries (253). Their 
measure of the net supply of skills “explains 
little of the higher wage inequality at the bot-
tom of the wage distribution” (253). 

This failure of skills to explain any of the far 
higher American wage inequality in the bottom 
half would seem to be the headline finding. 
Another seemingly important but unnoted re-
sult is the strong statistical links between in-
stitutions and cross-country differences in 
“bottom-end” job quality: although cognitive 
skills show no effect on the 50:10 wage ratio in 
any of their tests, when controlling for the net 
supply of skills, a number of institutional vari-
ables (the minimum wage, collective bargain-
ing coverage, the size of the public sector) are 
found to be highly significant predictors (table 
7.5, panel c).

In sum, a large and empirically sophisti-
cated recent literature has shown that the de-
mand and supply of cognitive skill cannot ex-

39. Institutional effects on cross-country differences in bottom-end wage inequality are best shown in separate 
regression tests because, as the authors point out, “there is a high degree of collinearity between the institutional 
variables” (Broecke, Quintini, and Vandeweyer 2019, 274).
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plain trends in cross-country wage inequality. 
Thomas Lemieux has concluded that “the rou-
tinization hypothesis, just like SBTC, cannot 
really explain why inequality expanded in some 
countries but not in others” (2011, 17).

Enhancing Job Qualit y: Policies
Many of the severe labor market problems that 
American workers experience today, and will 
experience in the coming decade, are rooted 
not in the shortage of jobs, or in the quality of 
workers themselves, but in the quality of jobs 
employers offer. The most devastating effects 
of declining job quality, especially for workers 
with less than advanced degrees, has been stag-
nant or declining real (inflation-adjusted) 
wages and compensation, growing wage in-
equality, and the increasing incidence of low- 
and poverty-wage jobs—especially pronounced 
for young workers (ages eighteen to thirty-
four). In addition, many have asserted a rapid 
expansion in job insecurity in standard, full-
time jobs, and in the various forms of nonstan-
dard jobs. The increasing severity of the low-
wage problem, rising job insecurity, and the 
likely growth in nonstandard work arrange-
ments has been linked to a large number of 
social and economic problems, such as family 
fragmentation, poverty and inequality, and 
poor individual well-being. Our discussion of 
the problem of low job-quality points to the 
need for new labor and social policies to shift 
the American economy from the extractive 
growth path of the post-1979 period to a new 
shared-growth path.

The different explanations for recent trends 
in job quality we have summarized have sharply 
different policy implications. In the competi-
tive market vision, the forces of supply and de-
mand external to the firm drive wage growth 
and wage inequality (and more broadly job 
quality). If the main source of rising earnings 
inequality is a rising demand for highly edu-
cated workers from computer-driven techno-
logical change unmatched by increases in the 
supply of college graduates (Autor 2010, 35), 
then raising worker skills must be the main 
policy solution. Indeed, in his overview of the 
RBTC-polarization account of earnings inequal-
ity for the Hamilton Project, Autor offers four 

policy recommendations, three of which are 
skills related: increase the supply of college 
graduates, improve K–12 education, and expand 
training programs (2010, 35). The fourth is to 
increase investment in research and develop-
ment and infrastructure. The need to rebalance 
bargaining power between employers and 
workers is not mentioned.

By contrast, the contested market (imperfect 
competition) and social-institutional perspec-
tives see wage and labor market outcomes as 
mainly a function of bargaining power, which 
in turn is driven by prevailing institutions and 
social policies in addition to market forces and 
the strategic goals of firms (such as the reduc-
tion of labor costs via workplace fissuring). The 
extent to which technology, education, and 
other workplace-relevant skills matter for long-
term changes in the distribution of wages and 
income is also determined by prevailing insti-
tutions and policies. If bargaining power is cen-
tral to job-quality outcomes, it is necessary to 
implement both product market regulations 
designed to increase competitive market forces 
by reducing employer monopoly and monop-
sony power over suppliers and workers, and 
protective labor regulations that can provide 
workers with countervailing power.

These differences across labor market per-
spectives are not mutually exclusive because 
each emphasizes indispensable components of 
a comprehensive set of policies needed to en-
hance job quality. It is essential to upgrade 
worker skills because high-quality jobs of the 
future will require workers with high levels of 
various kinds of skills. Access to educational 
opportunities needs to be extended to all, just 
as alternatives to colleges and universities to 
train future workers need to be nurtured. Poli-
cies that enhance education and skills as well 
as social capital are necessary to enable people 
to navigate relatively insecure labor market con-
ditions; the rapidity of technological change 
means that people need to refresh their skills 
periodically. Policies that increase the demand 
for good jobs, such as public investments in 
needed infrastructure, are also necessary to 
maintain full employment and create well-
paying jobs that engage the skills that result 
from education and training. The list of press-
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ing needs is long; it includes rebuilding our na-
tion’s decaying infrastructure of roads, bridges, 
schools, airports, trains, and mass transit.

Nevertheless, in our view, a serious attack on 
unshared growth—one that can make a big dif-
ference in the next decade or so—requires ma-
jor institutional and policy changes designed 
to alter bargaining power over rents (above-
market returns) in the labor market between 
employers and workers. Institutions can make 
a big difference in enhancing the quality of 
jobs, as Françoise Carré and Chris Tilly dem-
onstrate vividly in their study of differences in 
job quality of retail jobs in different companies 
and countries (2017). This is consistent with 
cross-country evidence that strongly suggests 
that institutional or policy arrangements are 
possible that can generate far more equitable 
and efficient outcomes than are often observed 
in the United States.

Thus, policies to increase good jobs and 
make bad jobs better need to focus on institu-
tional changes as well as on supply and de-
mand. The Economic Policy Institute’s agenda 
of enhancing the quality of jobs for working 
Americans offers a variety of suggestions for 
needed institutional changes (Bivens et al. 2014, 
2018; see also Osterman 2008; Krueger 2018). 
These include policies supporting good jobs 
such as increasing the federal minimum wage 
and making labor law friendlier to both collec-
tive bargaining (such as ending forced arbitra-
tion in employment contracts) and individual 
bargaining (such as restricting the use by firms 
of noncompete clauses that keep workers from 
moving to other employers, and the closely re-
lated no-poaching clauses in franchise con-
tracts).

It is also essential to decouple economic se-
curity from market work as much as possible. 
In this issue, Dwyer and Wright propose the use 
of state subsidies and policies to facilitate the 
“social and solidarity” economy such as the 
provision of eldercare and childcare in Quebec 
(2019). Moreover, as discussed, concerns about 
nonstandard work arrangements such as tem-
porary work stem from the fact that workers in 
these arrangements often do not have access to 
health insurance benefits. The Affordable Care 
Act is an important step in this direction, 

though it has yet to be fully implemented, and 
much more support is needed for childcare and 
paid sick and family leaves. Later in this issue, 
Lambert, Henly, and Kim point to the impor-
tance of laws regarding fair and predictable 
scheduling for mitigating some of the negative 
effects of precarious work (2019).

Realizing these needed policy changes de-
pends on the ability of workers to push the gov-
ernment to adopt protective labor market and 
welfare institutions and to encourage collab-
orative efforts between managers and workers. 
The decline of unions is a major reason for the 
shift in power relations from the more balanced 
situation during the thirty years after World 
War II to the greater power exercised by em-
ployers in the United States since the 1980s. A 
key question here concerns the kind of worker 
power best suited to meet the challenges cre-
ated by the changing nature of employment re-
lations, whether these be traditional unions or 
forms such as occupational groups or other 
worker associations.

The necessary policy changes must also rec-
ognize the growing diversity of the labor force 
especially in terms of age, race-ethnicity, im-
migration status, and gender that has resulted 
in different people having distinct needs. Else-
where in this issue, Liu and Nazareno show that 
low-skill workers (especially minority and im-
migrant workers) are more likely to be in non-
standard jobs, underscoring the overrepresen-
tation of the more vulnerable groups in the 
population in nonstandard jobs (2019). Family 
structures have become more diverse and in-
clude growing numbers of dual-earner and 
single-parent families that need help to recon-
cile demands of work and family life through 
better provision of childcare, parental leave 
policies, flextime, and other forms of flexible 
scheduling.

The obstacles to implementing policies to 
enhance job quality that would require a 
tougher stance on monopoly (price setting) 
and monopsony (wage setting) power, stronger 
protective labor institutions and policies, 
shifts in human resource policies and norms 
about shared within-firm productivity growth 
are enormous. Nevertheless, because low-wage 
and insecure jobs are key factors behind the 
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concerns and resentments that have fueled so-
cial and political transformations of recent 
years, enhancing job quality remains a press-
ing concern. Although policies to address 
these problems require public policy actions 
at both national and local levels, progress in 
the short term is most likely to occur at the lo-
cal level because states and localities have 
taken the lead in minimum wage laws, flexible 
scheduling, and other ways of enhancing job 
quality.
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Does the American economy generate enough 
quality jobs to support prosperity and security 
for all? The answer to this question appeared 
far less promising at the end of the twentieth 
century than it had in earlier decades. Changes 
in industrial organization and employment re-
lations after the 1970s made it harder for work-

Low-Wage Job Growth, 
Polarization, and the Limits and 
Opportunities of the Service 
Economy
R achel E.  Dw yer a nd Erik Olin W right

We analyze U.S. job growth from the 1980s to the 2010s. We define jobs as occupations within sectors to 
capture position in the production system as well as skill hierarchies. Low-wage jobs outgrew middle-wage 
jobs over much of this period, particularly for women and nonwhite workers. Service work drove most low-
wage job growth, but even a small resurgence in manufacturing job growth in the 2010s was concentrated in 
low-wage jobs. Given the constraints of economic restructuring on the growth of decent jobs, we consider 
alternative logics for the creation of jobs in twenty-first-century economies. The prospects for job growth in 
the future, we argue, requires a robust defense of these alternative logics that can and do thrive alongside 
and within a capitalist market economy.

Keywords: jobs, inequality, polarization, low-wage work, labor policy

ers to achieve a decent standard of living in the 
United States. Declining unionization and 
weakening business regulation reduced worker 
power in negotiations with employers. The 
shift from a manufacturing to a service econ-
omy accelerated declining worker power as 
growth slowed in more-unionized sectors and 
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boomed in less-unionized ones, resulting in a 
more precarious economy that produced an 
abundance of low-wage jobs (Gautié and 
Schmitt 2009; Kalleberg 2011). These dynamics 
culminated in the emergence of job polari
zation in the 1990s when, at least according  
to several prominent analyses, employment 
growth became concentrated among the lowest-
wage and highest-wage jobs and slumped 
among the middle-wage jobs that underwrote 
a more widely shared prosperity in the 1960s 
(Autor, Levy, and Murnane 2003; Wright and 
Dwyer 2003).

Economic restructuring continued into the 
first two decades of the 2000s but a number of 
disjunctures between trends in wages and em-
ployment in this period raised questions about 
the quality of jobs generated as well as the pos-
sibilities for stronger growth in the future. For 
one, employment trends followed a rather 
bumpy trajectory. Slow job growth in the early 
2000s culminated in massive job losses during 
the Great Recession and a very slow recovery 
after, all of which significantly depressed labor 
market opportunities over an extended period 
for American workers after the turn of the new 
century (BLS 2019). The economic expansion 
after the Great Recession became more robust 
over time, however, offering some intimations 
of recovery in lower- to middle-wage jobs (BLS 
2019). Employment trends also diverged more 
from wage trends in this period than in the pre-
ceding decades. There had been greater agree-
ment that employment polarized in the 1990s 
(including in some countries in Europe) along 
with growing wage inequality, though the 
causes were debated (Wright and Dwyer 2003; 
Goos and Manning 2007; Oesch and Menés 
2011; Autor, Katz, and Kearney 2006; Dwyer 
2013; Liu and Grusky 2013; Fernández-Macías 
2012). Debate has been more vigorous about the 
empirical trends in the 2000s, which show less 
evidence of wage polarization, slowing returns 
to higher education and growing challenges to 
the evidence of tight coupling between employ-
ment and wage trends even for the 1990s 
(Mishel, Schmitt, and Shierholz 2013; Beaudry, 
Green, and Sand 2016; Hunt and Nunn 2018). 
These divergences have led to greater efforts to 
analyze patterns of employment growth sepa-
rate from trends in individual wage distribu-

tions, most studies so far focused on under-
standing the distinctive wage trends in the 
2000s. We take the alternative tack of studying 
employment trends distinct from individual 
wage trends. We followed this approach in our 
earlier analysis of job polarization in the 1990s, 
arguing that the job structure is irreducible to 
the individual attributes of workers making up 
those positions (Wright and Dwyer 2003).

We study the American jobs structure be-
cause jobs are the site of economic interests 
that flow not just from the material resources 
of wages, but also from position in the organi-
zation of production. Jobs deliver wages and 
other benefits to individuals but do so in social 
organizational units that are the result of inter-
est contestation, organizational dynamics, and 
the political regulation (and deregulation) of 
labor and capital (Wright 1997; Fernandez 2001; 
Weeden 2002; Mouw and Kalleberg 2010; Liu 
and Grusky 2013; Kristal 2013). Jobs thus bundle 
rights and responsibilities that shape the qual-
ity of work beyond the particular wages they 
provide. That social organization imposes con-
straints on what jobs are available to workers 
based on institutional rules, spatial distribu-
tions, and both discriminatory and conven-
tional understandings of the types of worker 
suited to different jobs (Milkman and Dwyer 
2002; Sassen 2001; England 2010). The relatively 
weak social safety net provided by the federal 
government makes the quality of jobs created 
in the American economy all the more impor-
tant: jobs exert outsized influence on liveli-
hoods in societies such as the United States 
where government benefits and insurance pro-
vide a low social wage. Indeed, the large num-
ber of low-wage jobs in the United States is un-
derstood to be in part a consequence of the low 
social wage, in that more Americans are forced 
to accept any employment compared to their 
counterparts in countries with higher social 
wages (Gautié and Schmitt 2009).

In this article, we study patterns of job 
growth and decline at the turn of the twenty-
first century as indicators of change in the pros-
pects for shared growth in the American econ-
omy. We focus on the trajectory of low-wage 
jobs in the transition from a manufacturing to 
a service economy because we are interested in 
the relative production of bad versus decent 



5 8 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

jobs in this period. The quantity of jobs created 
in a national economy is widely recognized as 
a valuable indicator of the health of an econ-
omy. The Organization for Economic Co-
operation and Development metric of labor 
market performance, for example, includes 
measures of overall levels of employment as 
well as measures of job quality realized in com-
pensation, job security, and the conditions of 
work (OECD 2014; Cazes, Falco, and Menyhért 
forthcoming). Our approach integrates job 
quantity and quality by evaluating employment 
growth and decline ( job quantity) across the 
distribution of job median wages ( job quality). 
The quantity of low-quality versus high-quality 
jobs is an indicator of the degree to which so-
cial groups all share in economic growth 
(Fernández-Macías, Storrie, and Hurley 2012). 
We focus especially on the growth of low-wage 
jobs relative to higher-wage jobs, and on under-
standing job growth in the early decades of the 
2000s compared to the 1980s and 1990s. We also 
analyze gender and race-ethnic divides in low-
wage job growth in order to understand the dis-
parate impacts of economic restructuring on 
diverse socioeconomic groups.

We reflect on the prospects for more broadly 
shared economic growth in the American econ-
omy—any economy—that depends on capital-
ist production and consider sources of job 
growth that are particularly likely to support 
social equality and justice. We argue that more 
equally shared growth requires a reinvestment 
in public goods and a broader vision of a social 
economy, which produces livelihoods not only 
in the service of capitalist growth, but in sup-
port of human flourishing.

Change in the American  
Jobs Structure
Studies of job polarization in the 1990s brought 
increased attention to the American jobs struc-
ture (and to similar changes in other countries) 
but differed in the operationalization of jobs 
and in the extent to which they focused on job 
trends versus wage trends. Our approach is dis-
tinctive not only in focusing on jobs rather than 
individual wages (as discussed), but also in un-
derstanding jobs as occupations within sectors 
rather than as synonymous with occupations. 

These alternative approaches provide different 
views of economic change; our approach is par-
ticularly valuable for understanding the low-
wage labor market and possibilities for decent 
work to support livelihoods for all.

Prior analyses of the job structure often at-
tempt to link wage and employment, with 
mixed results. Indeed, David Howell and his 
colleagues show that wages and employment 
were only weakly associated in the 1980s up to 
1997, significant numbers of jobs experiencing 
high hours growth but little or no wage growth, 
and other jobs experiencing the reverse (2001). 
Later analyses of the full 1990s expansion by 
David Autor and his colleagues argue that wage 
inequality and job polarization were more 
strongly correlated (2003, 2006, 2008). This pat-
tern supports skill-biased technological 
change explanations that computerization in-
creased the demand for the highest-skill jobs 
but reduced it for the most routine middle-skill 
jobs that could be automated relative to the 
most manual low-skill jobs that still require 
human labor (Acemoglue and Autor 2011). 
Many studies question the canonical role of 
technological change, arguing that other fac-
tors, including changing labor market institu-
tions and shifts in the social organization of 
services, also significantly increase inequality 
(Liu and Grusky 2013; Dwyer 2013). Some argue 
that significant discontinuities between wages 
and jobs undercut the skill-biased technologi-
cal change (SBTC) conclusions (Mishel, 
Schmitt, and Shierholz 2013; Hunt and Nunn 
2018). First, the 1980s saw a surge in wage in-
equality, but the strongest job polarization 
emerged in the 1990s (Mishel, Schmitt, and 
Shierholz 2013). Second, the evidence for the 
1990s is based in part on the particular opera-
tionalization of jobs (more on this shortly). 
Third, even if the 1990s were a period of the 
strongest associations between wages and em-
ployment growth, the 2000s brought new chal-
lenges as trends in wage inequality and employ-
ment growth became even less aligned (Mishel, 
Schmitt, and Shierholz 2013; Hunt and Nunn 
2018). Slow wage growth in the 2000s was asso-
ciated with less wage polarization because most 
wage gains shifted to the very top of the distri-
bution of workers (Piketty and Saez 2006; Hunt 
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and Nunn 2018). High-skill jobs thus became 
less clearly linked to employment and wage 
growth and the returns to skill slowed into the 
2000s (Beaudry, Green, and Sand 2016). Trends 
in wage inequality are thus likely best under-
stood by focusing on individual wage distribu-
tions but not expecting that they will move 
tightly with employment trends. Job growth re-
mains an important indicator, however, of la-
bor market opportunity in the American econ-
omy.

Studies that link wages and employment 
typically define jobs as synonymous with oc-
cupations because they prioritize skill develop-
ments over other changes in the production 
system. Research in the SBTC tradition focuses 
on occupational polarization, embedding the 
priority of a skills-based approach into the an-
alytic design (Autor, Levy, and Murnane 2003; 
Mishel, Schmitt, and Shierholz 2013; Liu and 
Grusky 2013). The extent and causes of occupa-
tional polarization are debated, however. Some 
studies argue that the evidence for wage polar-
ization was strongest for occupations in the 
1990s, but also susceptible to coding disconti-
nuities in occupations (Mishel, Schmitt, and 
Shierholz 2013; Hunt and Nunn 2018). At the 
same time, substantial heterogeneity within oc-
cupations is part of the source of the decou-
pling of wage and occupational growth trends.

Industrial sectors are one of the key sources 
of wage variability within occupations as well 
as a key feature of the labor market structure 
that shapes opportunities for individual work-
ers. Industrial sectors organize the work of the 
economy and more directly reflect policy deci-
sions about economic investment and institu-
tional responses to changes in technology, 
global competition, and the makeup of the 
American workforce than occupational group-
ings do (Tomaskovic-Devey and Skaggs 2002). 
Indeed, analyses of the labor market impacts of 
trade competition foreground sectoral expo-
sures over occupational dynamics (Autor, Dorn, 
and Hanson 2016; Acemoglu et al. 2016; Goos, 
Manning, and Salomons 2014). Sectoral dynam-
ics also significantly shape the opportunities 
for rent-seeking, worker bargaining power, and 
other factors that affect the quality of jobs for 
individual workers. For example, the finance 

sector provides higher wages across all occupa-
tions, and some occupations within that sector 
also have structural advantages in capturing 
rents (Tomaskovic-Devey and Lin 2011; Böhm, 
Metzger, and Strömberg 2018). The monopsony 
power of some employers and the structural 
power of different industries shape the bargain-
ing contexts between capital and labor (Dickens 
and Katz 1987; Krueger and Summers 1988; 
Manning 2003; Tomaskovic-Devey 2017). Sec-
toral dynamics thus likely contribute to diver-
gences between individual wage trends and oc-
cupational wage trends. Sectoral change also 
captures the large-scale economic restructuring 
that shapes the emergence of new opportuni-
ties and the decline of formerly valuable sources 
of livelihoods (Goos, Manning, and Salomons 
2009, 2014). Occupational dynamics still matter 
because the demand for skill shapes which po-
sitions are growing and declining, but this de-
mand occurs within the context of sectoral dy-
namics.

Our focus on the job structure also requires 
more careful attention to expansionary and re-
cessionary periods than studies that focus on 
secular shifts in the demand for skill as a result 
of computerization. Indeed, evidence suggests 
that the patterning of job polarization is sensi-
tive to measurement at different points of the 
business cycle (Wright and Dwyer 2003; Gaggl 
and Kaufmann 2015). Recessionary periods ap-
pear to shape the trajectory of job growth in 
crucial ways, especially in the wake of signifi-
cant downturns such as the Great Recession 
(Gaggl and Kaufmann 2015). Sectoral dynamics 
may be particularly sensitive to the business 
cycle (Goos et al. forthcoming), consistent with 
our expectation that sectors shape the transfor-
mation of the job structure.

Rese arch Questions: Low-Wage 
Job Grow th in the 2000s
We pursue several questions in order to under-
stand change in the quality of jobs created in 
the American economy and identify the loca-
tions in the American economy that could pro-
vide more equally shared resources in the fu-
ture. First, what was the trend in low-wage job 
growth in the 2000s relative to middle-wage and 
higher-wage jobs? We are interested in this 
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question overall, but also for its implications 
for the sociodemographic groups most likely 
to hold low-wage jobs, and for the sectoral com-
position of low-wage job growth.

Second, has the distribution of low-wage job 
growth across women and men and between 
racial groups changed in the 2000s relative to 
earlier periods? Women and disadvantaged ra-
cial and ethnic populations have dispropor-
tionately held low-wage jobs; white workers 
have disproportionately held the highest-wage 
jobs (Applebaum, Bernhardt, and Murnane 
2006). Polarization thus entailed disparities in 
livelihoods between socioeconomic groups as 
well as a division in the quality of growing jobs 
(Wright and Dwyer 2003; Dwyer 2013). Over 
time, women and racially disadvantaged groups 
continued to make gains in education that may 
have reduced disparities, while economic re-
structuring hit some disproportionately white 
communities particularly hard. Immigration 
slowed significantly during and after the Great 
Recession, resulting especially in shifting the 
balance of U.S.-born to Latino-immigrant work-
ers (Kochar 2014). Has the American jobs struc-
ture become more integrated and inclusive by 
gender and race over time? These questions be-
come intertwined with questions about eco-
nomic restructuring given the differential posi-
tion of gender and race groups in the U.S. labor 
market (Gittleman and Howell 1995).

Third, has job growth across manufacturing 
and service sectors continued to produce po-
larization in the 2000s and especially since the 
Great Recession? There are a number of rea-
sons to expect change in job growth across sec-
tors. Varied efforts to improve service jobs with 
unionization, efforts to increase wages, and a 
strengthening labor market after the Great Re-
cession may have contributed to stronger 
growth in the middle (Applebaum, Bernhardt, 
and Murnane 2006). Manufacturing employ-
ment rebounded as well, leading to public in-
terest in a revitalization of that sector as a 
source of improved job quality in the American 
economy. However, the same institutional con-
straints on worker power that contributed to 
polarization at the end of the twentieth century 
remained in force at the beginning of the 
twenty-first (Kalleberg 2011). The relative 
strength of job growth at the bottom versus the 

middle of the labor market is a crucial indica-
tor of how broadly shared economic growth is 
and can be under the institutional conditions 
of twenty-first-century American labor markets.

Data and Methods
We study more than thirty years of low-wage 
job growth in the United States using the Cur-
rent Population Survey (CPS), the major source 
of data on the American job structure. The CPS 
is a nationally representative sample of U.S. 
households, conducted monthly since the 
1940s, and includes an expanded set of employ-
ment information starting in 1979. The basic 
monthly survey includes core demographic and 
labor-force participation questions, which are 
used to track the U.S. unemployment rate. The 
CPS also provides supplements with more de-
tailed employment data, which we used in our 
analyses of low-wage job growth over time. 
From the 1980s through 2017, we use the Outgo-
ing Rotation Group Earner Study (NBER 2017). 
In all samples across years, we include all full- 
and part-time civilian workers age eighteen to 
sixty-five. We exclude self-employed workers 
because the related wage data are incompatible 
with that on employees.

Jobs Defined by Occupations Within Sectors
The CPS coding of occupation and industry fol-
lows the U.S. Census Bureau codes, which are 
revised after each decennial census. These cod-
ing changes reflect changes in the economy but 
also produce discontinuities in our data series. 
The coding schemes changed significantly after 
the 1980 Census, and thus we start our analyses 
in 1983 when the CPS implemented the new 
codes, and again in 2002 after a significant revi-
sion following the 2000 Census. The Census 
Bureau made more minor changes in the peri-
ods in between the bigger revisions.

Sector
We create a consistent set of twenty-three in-
dustrial sector codes over all periods of analy-
sis. Starting in 1970, the CPS provides data on 
industry in several hundred three-digit codes. 
The coding of the more disaggregated indus-
try changes over time and results in some 
shifting of jobs across our standard two-digit 
categories, but for the most part these catego-
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ries remain fairly stable. We also aggregate the 
twenty-three sectors into eight categories to 
better analyze larger-scale sectoral trends: ex-
tractive and manufacturing; construction, 
transport, and repair; communications, utili-
ties, and sanitary service; wholesale trade; re-
tail trade, private and personal services, and 
entertainment and recreational service; busi-
ness service, other professional service, and fi-
nance, insurance, and real estate; health ser-
vices; and educational service, social services, 
and public administration. We also combine 
all services together and compare them with 
nonservice sectors.

Occupation
We create a consistent set of forty-five occupa-
tion codes that we use in all analyses. The un-
derlying occupational coding scheme changes, 
reflecting shifts in the U.S. economy. CPS oc-
cupation codes changed significantly over the 
fifty years of our analysis. We use a consistent 
set of codes based on the 1990 scheme for all 
periods. The 1980 and 1990 schemes are rela-
tively similar (after a larger reclassification after 
1970). Changes to the census coding scheme for 
2000 were significant but mainly entailed a re-
organization of the code along with greater de-
tail within categories. We use the crosswalk de-
veloped by the Bureau of Labor Statistics to 
make a consistent set of codes across the 1990s 
and 2000s (Meyer and Osborne 2005).

Jobs
We define jobs as cells in the occupation within 
sector matrix, making up almost one thousand 
individual jobs. A few small jobs drop out of the 
analysis when no workers are in a particular cell 
at the beginning or end of a period.

Job Wages
We index job types by one salient characteristic: 
the wages they typically generate. Wages are an 
imperfect but valuable proxy for other mea-
sures of job quality. This is particularly true in 

the U.S. context, where various benefits come 
along with jobs yielding different levels of pay 
because of the relatively low social wage. We 
calculate median hourly wages in every period 
in order to rank jobs by wage levels. We use the 
median rather than mean for each job because 
the CPS top-codes wages, which skews calcula-
tions of the average.1 We convert salaries and 
other forms of nonhourly pay into hourly pay 
using usual weekly earnings and usual hours 
worked per week. We adjust all dollar amounts 
consistent 2017 dollars using the CPI-U adjust-
ment. We follow Barry Hirsch and Edward 
Schumacher (2004) and exclude imputed wage 
data, which are calculated using very highly ag-
gregated occupational categories and thus are 
likely particularly noisy for our purposes.

Our approach here captures relative pay be-
tween jobs rather than absolute wage trends as 
an indicator of trends in job quality (Apple-
baum, Bernhardt, and Murnane 2006). Thus 
our focus on the distribution of types of jobs as 
such is distinct from the question of growing 
wage inequality between the best and worst 
jobs, which would indicate growing distance 
between positions at the poles of the job-wage 
distribution.

Sociodemographic Groups
We analyze job growth for women relative to 
men and for several racial-ethnic groups. The 
CPS questions on race and ethnicity follow 
changes in the U.S. Census data collection on 
race, becoming more detailed over time and, in 
the latest years, allowing respondents to select 
multiple categories. We create a consistent set 
of categories over time, including non-Hispanic 
white, black, other race, and all Hispanic. We 
include all races other than black and white in 
one category because of limitations in the CPS 
sample and coding practices for creating more 
disaggregated groups. Other race, thus, is a 
highly heterogeneous category. We follow stan-
dard census practices in including all His-
panic workers in one category, and use the 

1. Some scholars use the mean instead of median to rank jobs (usually defined as occupations). Lawrence Mishel, 
John Schmitt, and Heidi Shierholz draw the same conclusion we do that median job wages provide a more 
consistent data series in the CPS and also have the virtue of being less susceptible to skew as a result of a small 
number of top earners in a job (2013). The authors test the ranking of jobs (defined as occupations) using both 
approaches and find little difference in results.
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term Hispanic because this is the language 
used in the questionnaire instrument even 
though Latinx better captures evolving race-
ethnic categorizations in the United States. For 
the later years, we combine multiple race work-
ers into single categories to construct a consis-
tent coding series over time even though this 
oversimplifies racial identification. Sensitivity 
analyses with alternative definitions in the 
years that this is possible show the same pat-
tern of results.

Analytic Strategy
First, we rank-order jobs from the lowest to the 
highest median hourly wage and then group 
them into three ordered categories each con-
taining about one-third of the employment at 
the beginning of an economic expansion. The 
bottom tercile contains the roughly one-third 
of employment at the beginning of a job expan-
sion that are in the jobs with the lowest median 
wages, the highest tercile contains the roughly 
one-third of the employment in jobs with the 
highest median weekly wages, and so on. These 
job-wage terciles capturing relative pay are the 
primary categories we use in assessing the qual-
ity of the expansion of jobs in the American 
economy. We focus on the bottom tercile as an 
approximation of low-wage jobs that has par-
ticular salience given the concentration of job 
growth in that range of job wages. We analyze 
the distribution of net changes in number of 
jobs within each tercile (especially the bottom 
tercile) during periods of job expansion and 
contraction. Our measure of net job change 
represents the outcome of processes of the cre-
ation of new jobs and the destruction of old 
jobs. Net job change is different from measures 
of job openings given that turnover and retire-
ments may produce vacancies even in the ab-
sence of overall net growth.

In our main analysis, we study net job change 
over the four expansions and three recessions 
since the early 1980s. We organize our data into 
annual increments and thus our measures of 
expansionary and recessionary periods are not 
as precise as the National Bureau of Economic 
Research definitions, which define the begin-
ning and end of these periods by month (NBER 
2017), but provide us with the necessary sample 
sizes within jobs to produce reasonable esti-

mates of job median wages. This annual level 
of precision is sufficient for our purposes in 
capturing general patterns of job growth over 
time. We also have to make some accommoda-
tions to beginning and ending dates for periods 
depending on data availability and changes in 
the CPS coding.

We undertook a range of supplementary 
analyses to ensure that the main findings we 
report here are robust to alternative specifica-
tions of the jobs structure. In these analyses, 
we ranked jobs into more disaggregated catego-
ries of quintiles as well as defined jobs weighted 
by hours worked, and these approaches show 
similar patterns at the level we discuss here. 
Although each analytic approach yields insight, 
terciles are an effectively parsimonious strategy 
for presenting our findings relative to our ques-
tions in this article.

One final note of comparison to studies of 
job polarization that link shifts to wage in-
equality or the demand for skill. We explicitly 
bracket questions about what jobs are growing 
as a percentage share of the overall economy 
and whether evidence indicates that job growth 
clearly matches occupational or individual 
characteristics. Instead, we focus on the pattern 
and character of employment growth in itself. 
Which jobs in the job-wage distribution grow 
and how has this changed over time? Thus we 
focus on the opportunity structure of the Amer-
ican employment system as whole. Economic 
change is complex and proceeds along multi-
ple, sometimes empirically conflicting, dimen-
sions. We see our analyses of the job structure 
as complementary to studies of wages trends, 
including the wage contours analyzed in the in-
troduction to this issue, and studies of occupa-
tional change, but as distinctively focused on 
trends in the labor market positions that so 
many depend on for their livelihoods (Howell 
and Kalleberg 2019).

Low-Wage Work and 
Tr ansformations of  
the U.S.  Job Structure
We start by analyzing the overall pattern of job 
growth across terciles in every expansion and 
recession from the 1980s to the 2000s. We then 
analyze gender and racial inequality in job 
growth over the same time period. Finally, we 
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evaluate economic restructuring from manu-
facturing to service in the 2000s.

Low-Wage Job Growth and  
Polarization in the 2000s
We find significant job polarization in the 2000s 
for occupation by sector positions in the U.S. 
labor market. Figure 1 tracks the total job 
growth across wage-terciles of jobs in each ex-
pansion and recession from the 1980s to the 
2010s. The terciles correspond to widely ac-
cepted understandings of the distribution of 
job quality as divided between bad, decent, and 
good jobs, the bottom tercile being entirely low-
wage jobs (Kalleberg 2011; Howell and Kalle-
berg 2019). In the 2009 to 2017 expansion, for 
example, the median wage in the bottom tercile 
was $12.80 (2017 dollars), which for a full-time, 
full-year worker yields an annual income right 
at the U.S. poverty line for a family of four in 
2017 dollars (U.S. Census Bureau 2018). The top 
boundary of the bottom tercile is $15.80, which 

approximates commonly suggested minimums 
for a $15 an hour living wage (Desmond 2019).2 
Thus, tracking employment growth in the bot-
tom tercile of job median wages captures the 
low-wage labor market yet is also somewhat 
more expansive than the poverty-wage market.

Every period of expansion had stronger 
growth in the top and bottom terciles than in 
the middle tercile, but the bottom became a 
larger share in the 2000s. Recessionary periods 
show much lower levels of net job change for 
the most part, the important exception being 
the Great Recession period, from 2007 to 2009, 
which ushered in more job loss than the other 
downturns in our time series did. Even reces-
sionary periods show a polarized pattern in 
which job losses were worse in the middle ter-
cile. Low-wage jobs stand out in maintaining 
even higher growth than the top during even 
the first two economic downturns in the early 
1990s and 2000s. In contrast, the middle tercile 
not only showed decelerating levels of growth 

2. The bottom tercile of jobs in an economy are not necessarily bad jobs just because they are the worst jobs in 
that economy. In economies governed by labor market institutions that accord more power to workers, the 
lowest-wage jobs can be quite decent (Gautié and Schmitt 2009). Our understanding of the bottom tercile as 
encompassing bad jobs is due both to evidence that these wage levels are below the level of a living wage and 
to evidence that low-wage jobs in the United States have low levels of autonomy, schedule control, and employ-
ment security (Kalleberg 2011).

Source: Authors’ analysis based on 1983–2017 data from the Current Population Survey (NBER 2019).
Note: Jobs are defined by the cells in a matrix of detailed occupations by economic sectors. Job-wage 
terciles are defined by jobs ranked by median hourly wage: job cells are rank-ordered on the basis of 
median hourly wages, and these rank-ordered job-cells grouped into equal population terciles at the 
beginning of each period. The top (third) tercile thus represents the one-third of the employed labor 
force in the best-paying types of jobs and the bottom (first) tercile represents the one-third of the em-
ployed labor force in the worst-paying types of jobs. The number of categories varied for different peri-
ods because of occupation and sector coding changes in the CPS.

Figure 1. Job Growth Across Job-Wage Terciles During Economic Expansions and Recessions
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across economic expansions, but also shoul-
dered the majority of the job losses during re-
cessions. The 1980s and 1990s were more robust 
periods of expansion overall; job growth weak-
ened in the 2000s, though with a more robust 
recovery in the 2009 to 2017 expansion.3

Over time, jobs in the bottom tercile of job 
median wages became a larger share of job 
growth in the bottom half of the wage distribu-
tion and maintained relatively robust levels of 
growth in contrast to the middle of the job 
structure. Table 1 reports the percentage share 
of growth by tercile in the left panel and the 
ratio of growth in the bottom relative to the 
middle and top in the right panel. The share of 
growth in the bottom tercile grew from 30 per-
cent in the 1980s to 38 percent in the 2000s. The 
middle underperformed relative to the bottom 
and became a lower percentage over time, while 
the top outpaced growth in the bottom. The ra-
tios in the right panel show that the share of 
employment growth at the bottom grew relative 
to the middle across every period. The ratio be-
tween the bottom and top shifted more because 
the top usually outgrew the bottom, but at dif-
ferent rates depending on how robust the ex-
pansion was. During the anemic expansion of 
2002 to 2007, growth at the top and bottom 
came closest to even, but the top pulled ahead 
again as the 2009 to 2017 expansion picked up 
steam.

The analyses so far combine full-time and 
part-time jobs, consistent with our focus on the 
overall distribution of discrete jobs. Low-wage 
jobs are, however, both disproportionately part 
time and particularly susceptible to being 
downgraded in hours during contractions in 
the United States. The high degree of employer 

flexibility in U.S. labor markets makes hours 
reduction (including shifting positions from 
full-time to part-time status) a target for cost 
savings, and, given a weak safety net, workers 
have few options during economic downturns 
to leave positions that keep them underem-
ployed. Figure 2 reports job growth stacked by 
full-time versus part-time job status. The bal-
ance between full- and part-time jobs was cycli-
cal across the entire thirty-five year period, with 
part-time work more dominant in recessions 
than during expansions. Part-time jobs made 
up a greater share of bottom tercile growth in 
the two 2000s expansions than during the 1980s 
and 1990s, and in fact part-time work declined 
in the bottom tercile during the 1990s expan-
sion. Essentially all job growth during reces-
sions was for part-time jobs. The Great Reces-
sion saw a particularly large decline in full-time 
positions and growth in part-time jobs. The 
bottom tercile was most susceptible to the cy-
clical hours constriction, reflecting the flexibil-
ity of work hours in the U.S. economy, espe-
cially among low-wage jobs. Although workers 
may benefit from the availability of part-time 
work in slack times, the overall degree of vola-
tility in work hours makes wages less certain, 
benefits more insecure, and family life more 
chaotic (Kalleberg 2011; Pugh 2015).

Our analysis brings to the forefront both 
continuity and change in low-wage job growth 
in the United States. Taking the evidence first 
of the strong continuities, low-wage job growth 
is a stubbornly persistent feature of the Ameri-
can labor market. Low-wage jobs grew steadily 
across distinct economic periods marked by 
different trends in wage inequality, returns to 
skill, technological innovations, and trade dy-

3. Most of the job growth in the post–Great Recession period occurred after 2012.

Table 1. Shares of Job Growth, 1983–2017

Relative Share by Tercile Ratio of Terciles

1 2 3 T1/T2 T1/T3

1983–1990 30% 31% 40% 0.96 0.74
1992–2000 26 20 54 1.29 0.48
2002–2007 38 17 45 2.27 0.84
2009–2017 37 12 51 2.99 0.73

Source: Authors’ analysis based on 1983–2017 data from the Current Population Survey (NBER 2019).



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 l o w - wa g e  j o b  g r o w t h 	 6 5

namics. They grew during robust expansions 
such as the tech-boom 1990s as well as during 
anemic recoveries such as the post-2001 war 
economy, and across periods distinguished by 
Democratic and Republican control of the ex-
ecutive branch. Other research suggests those 
jobs are worsening on a number of job-quality 
dimensions, even if at times the strong demand 
for low-wage jobs has produced some wage 
growth. The relative stability of low-wage job 
growth across expansions discussed here oc-
curred alongside other changes that degraded 
low-wage work: lower job security, more varied 
work schedules, growing managerial discre-
tion, and employment at will. The findings on 
full-time versus part-time work schedules illus-
trate the aggregate effects of this degradation. 
Given the typical focus of research on declining 
job quality on change in the conditions of work, 
the persistence of low-wage job growth can be 
overlooked. What has changed more signifi-
cantly is the surrounding context of low-wage 
growth: in relative terms, low-wage jobs have 
become a greater share of job growth overall. 
The job-growth patterns in the middle and top 
tercile changed more than at the bottom, and 
indeed much of the theory about job polariza-
tion focuses on shifts in returns to skill in 

middle-wage and high-wage jobs (Autor and 
Dorn 2013). The persistent growth of low-wage 
work raises as many questions about the overall 
project of relying on the labor market for liveli-
hoods as about the quality of the labor market 
dynamics themselves, questions which we re-
turn to after considering gender and racial in-
equality in job growth. 

Gender and Racial Inequality in Job Growth
Sociodemographic groups were affected differ-
ently by changes in the job structure. These dif-
ferences highlight the disparate impact of eco-
nomic restructuring given the labor market 
position of diverse populations, a key reason it 
is important to study the job structure in addi-
tion to individual wage distributions, which ob-
scure some of these impacts. Gender and racial 
inequality in job growth also helps us under-
stand economic restructuring itself because 
groups with different histories of labor market 
incorporation face different labor market op-
portunities given past entrenched inequalities.

Both women and men experienced increas-
ingly polarized job growth over time, but polar-
ization began earlier for women than for men 
and became more sharply divided over time. 
Figure 3 reports job growth across time sepa-

Source: Authors’ analysis based on 1983–2017 data from the Current Population Survey (NBER 2019).
Note: Jobs are defined by the cells in a matrix of detailed occupations by economic sectors. Job-wage 
terciles are defined by jobs ranked by median hourly wage: job cells are rank-ordered on the basis of 
median hourly wages, and these rank-ordered job-cells grouped into equal population terciles at the 
beginning of each period. The top (third) tercile thus represents the one-third of the employed labor 
force in the best-paying types of jobs and the bottom (first) tercile represents the one-third of the em-
ployed labor force in the worst-paying types of jobs. The number of categories varied for different peri-
ods because of occupation and sector coding changes in the CPS. Full time and part time defined as 
usual hours worked per week.

Figure 2. Job Growth Across Job-Wage Terciles Stacked by Full-Time and Part-Time Status
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rately for women and men. The core gender 
difference is that men maintained stronger 
growth in the middle over time relative to 
women. Job growth for women was polarized 
by our measure even starting in the 1980s. For 
men, however, it became truly polarized only 
with the heavy job losses in the middle during 
the Great Recession and was followed by weaker 
growth in the middle in the 2009 to 2017 expan-
sion. Men and women both see more similar 
patterns of growth at the bottom and top across 

time. Women see somewhat higher absolute 
levels of growth in the earlier periods, reflect-
ing the increasing labor-force participation 
among women. The more polarized pattern for 
women likely reflects underlying gender occu-
pational segregation and lower pay for female-
dominated positions, both of which are partic-
ularly severe across working-class jobs (England 
2010). Women also entered the labor force in 
larger numbers after periods of highest union-
ization so that women are less likely to be in the 

Source: Authors’ analysis based on 1983–2017 data from the Current Population Survey (NBER 2019).

Figure 3. Job Growth Across Job-Wage Terciles, by Gender
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unionized and more-protected positions in the 
middle. Further, the middle-wage jobs that 
women did hold in the past were primarily cler-
ical and less likely to be unionized (Dwyer 2013; 
McCall 2011).

The overall continuity in low-wage job 
growth across economic periods masks signif-
icantly changes in the racial-ethnic composi-
tion of employment growth. Figure 4 shows job 
growth separated into panels for non-Hispanic 
white, non-Hispanic black, non-Hispanic other 
race, and all Hispanic workers. The panels re-
flect not only different labor market positions 
but also different levels of growth. White work-
ers saw disproportionately strong growth at the 
top over all periods. However, job losses for 
white workers were significant at the middle 
and bottom in the 2000s, a factor that may be 
related to growing populism and discontent 
among white workers. Black and Hispanic 
workers were more heavily weighted to the bot-
tom than their white counterparts but maintain 
somewhat more even growth over time. Job 
growth for non-Hispanic black and non-
Hispanic other race workers became more po-
larized over time, however, and these groups 
made up a growing share of low-wage job 
growth in the 2000s. Hispanic workers re-
mained heavily weighted to the bottom in all 
periods, though the low-wage share dropped 
somewhat over time. In supplemental analyses, 
we compare job growth for U.S.-born and im-
migrant Hispanic workers. We find that His-
panic job growth became increasingly domi-
nated by U.S.-born Hispanics, who are more 
likely to gain higher-wage jobs than are immi-
grant workers, reflecting slowing immigration 
in the 2000s (Kochar 2014).4 The finding that 
high levels of low-wage job growth persist even 
in times of lower immigration is consistent 
with comparative evidence that the size of the 
low-wage labor market has more to do with la-
bor market institutions and the social wage 

than with levels of immigration (Applebaum, 
Bernhardt, and Murnane 2006, 148).

In supplemental analyses of gender by race 
groups, we find that men and women within 
given racial groups experience patterns of job 
growth more similar to each other than to the 
patterns of job growth for same-gender groups. 
However, nonwhite women in particular often 
experience less growth in middle-wage jobs but 
higher growth in low-wage jobs than men of the 
same race or ethnic group. Thus job growth 
among nonwhite women drives the distinctive 
trajectory of women relative to men. The net 
effect of the changes reported in figure 4 result 
in job growth at every level becoming more di-
verse as the U.S. demography has become more 
diverse. The drop in the middle is in the aggre-
gate driven by declines among white workers.

Stability and Change in the Sectoral 
Composition of Low-Wage Job Growth
The shift from an economy based on manufac-
turing and production to one based on services 
fueled the emergence and persistence of job 
polarization over time. The service sector has 
long been polarized between low-wage and 
high-wage jobs. As job growth in manufactur-
ing and related sectors declined, the underlying 
polarization of services came to dominate job 
growth overall. Does any evidence indicate im-
provements in service jobs or a resurgence of 
manufacturing that could bring back more de-
cent jobs? The persistence of job polarization 
in the 2000s is a worrying sign, but differences 
in sectoral trajectories may underlie the overall 
numbers.

We are interested in the sectoral composi-
tion of job growth at different levels rather than 
understanding the contributions relative to the 
overall size of the sectors. Figure 5 shows job 
change across job-wage terciles in service sec-
tors, manufacturing sectors, and all other sec-
tors.5

4. Results available on request. We do not report here because of complications in interpreting both changing 
job growth and changing immigration trends, which require a more detailed analysis (López, Bialik, and Radford 
2018). Future research should return to this question with, possibly, additional data sources more effective in 
capturing the immigrant worker population including undocumented immigrants.

5. Service sectors include private and personal services; entertainment and recreational services; business 
services, other professional service, and finance, insurance and real estate; health services; and educational 
service, social services and public administration; and retail trade. Manufacturing sectors include durable and 
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Source: Authors’ analysis based on 1983–2017 data from the Current Population Survey (NBER 2019).
Note: Jobs are defined by the cells in a matrix of detailed occupations by economic sectors. Job-wage 
terciles are defined by jobs ranked by median hourly wage: job cells are rank-ordered on the basis of 
median hourly wages, and these rank-ordered job-cells grouped into equal population terciles at the 
beginning of each period. The top (third) tercile thus represents the one-third of the employed labor 
force in the best-paying types of jobs and the bottom (first) tercile represents the one-third of the em-
ployed labor force in the worst-paying types of jobs. The number of categories varied for different peri-
ods because of occupation and sector coding changes in the CPS. 

Figure 4. Job Growth Across Job-Wage Terciles, by Race-Ethnicity
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The findings show significant continuity in 
the dominance of service-sector jobs at the top 
and the bottom as we expected, but more 
change in the pattern of job growth in manu-
facturing sector. Most employment growth over 
the entire period of study concentrated in ser-
vices, and services themselves were even more 
polarized than jobs overall. Taking the long 
view of services in the U.S. economy reminds 
us that the decline of manufacturing and cleri-
cal jobs that have received so much attention 
in explanations of job polarization revealed a 
fundamental feature of the service economy 
rather than created it. Although the increasing 
polarization of the service sector over time 
likely was driven by factors that also influenced 
decline in middle-wage jobs, including both 
technological and institutional dynamics, po-
larization has been a long-standing feature of 
the service economy.

Job growth and decline in manufacturing 
changed more over time. Persistent decline in 
manufacturing brought the middle down, es-
pecially during recessions, but also during the 
expansions of the 1990s and early 2000s. Evi-
dence also indicates greater growth in manu-
facturing in the 2009 to 2017 expansion in all 
terciles. The absolute growth of those sectors 
was still smaller than the decline was during 
the Great Recession; however, manufacturing 
declines in the recessions of the early 1990s and 
2000s were followed by continuing declines in 
the expansions that came after. Manufacturing 
job growth was disproportionately in the bot-
tom tercile relative to the middle and bottom, 
in contrast to the 1980s, when the small growth 
that occurred was in the middle and top. The 
growth at the bottom reflects evidence that the 
manufacturing jobs that are returning are less 
likely to be unionized and more likely to be out 

Source: Authors’ analysis based on 1983–2017 data from the Current Population Survey (NBER 2019).
Note: Jobs are defined by the cells in a matrix of detailed occupations by economic sectors. Job-wage 
terciles are defined by jobs ranked by median hourly wage: job cells are rank-ordered on the basis of 
median hourly wages, and these rank-ordered job-cells grouped into equal population terciles at the 
beginning of each period. The top (third) tercile thus represents the one-third of the employed labor 
force in the best-paying types of jobs and the bottom (first) tercile represents the one-third of the em-
ployed labor force in the worst-paying types of jobs. The number of categories varied for different peri-
ods because of occupation and sector coding changes in the CPS. Service sectors include private and 
personal services; entertainment and recreational services; business services, other professional ser-
vice and finance, insurance and real estate; health services; and educational service, social services and 
public administration; and retail trade. Manufacturing includes durable and nondurable manufacturing 
as well as all extractive sectors. All other sectors include wholesale trade; construction, transport, and 
repair; communications, utilities, and sanitary.

Figure 5. Job Growth Across Job-Wage Terciles, by Sector
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nondurable manufacturing as well as all extractive sectors. Extractive sectors account for a fairly small share of 
job growth, but typically are understood to be significantly related to manufacturing in processes of economic 
restructuring. Remaining sectors include wholesale trade; construction, transport, and repair; and communica-
tions, utilities, and sanitary.
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of the major central firms than when manufac-
turing jobs led the middle class (Rothstein 
forthcoming).

Can Bad Jobs Become Good Jobs?
Our analysis of the long-running dominance of 
low-wage service jobs at the bottom of the U.S. 
labor market presents both challenges and op-
portunities for the chances of developing a 
greater share of decent jobs in the future. Low-
wage service jobs have grown significantly and 
consistently over time, representing a reliable 
source of employment for many decades and 
suggesting they may provide some opportunity 
for better jobs in the future. Yet the persistence 
of service jobs at the bottom over decidedly dif-
ferent economic periods also demonstrates a 
stubborn stickiness of low wages for such jobs. 

The decline in growth in the middle of the 
labor market as polarization took hold makes 
the improvement of these jobs appear even 
more remote. The same pressures that sup-
pressed job growth in middle-wage jobs pres-
ent obstacles for converting low-wage service 
jobs into better jobs and may be degrading low-
wage jobs as well. Declining jobs in the middle 
may also result in fewer routes to mobility for 
workers hoping to improve their careers over 
their life course. The overall slumping of em-
ployment growth in the first expansion of the 
2000s along with employment loss in the Great 
Recession is a concern even for those still un-
convinced that job polarization is significant. 
The more robust growth in the 2009 to 2017 ex-
pansion has recovered some of those losses, 
though not all, and long-term effects persist for 
those who entered the labor market or were re-
tiring during that downturn (Mishel, Schmitt, 
and Shierholz 2013; Krueger 2017). Worries 
about the spread of automation to low-wage 
jobs, including increasingly to service jobs, 
raise further concerns (Autor 2015).

Declining worker power also limits the pos-
sibilities of policies that focus on skill given 
that even highly skilled workers appear to be 
losing bargaining power. Indeed, the routes 
through which manufacturing and clerical jobs 
became better jobs earlier in the twentieth cen-
tury, including especially unionization and bu-
reaucratized internal labor markets, entailed 
strategies aimed at improving bargaining 

power rather than skill. The decline of worker 
power made it more difficult for workers in 
even growing jobs to demand better conditions 
unless they could demand rents through skills 
or access to the levers of power within organi-
zations through managerial positions. In a con-
text of declining worker power, managers and 
organizations have had relatively free rein to 
degrade middle-wage jobs or limit the emer-
gence of new good jobs. Managerial strategies 
focused on efficiency and (perhaps) limiting 
solidarity may split a mixed skill job into two, 
dividing the skills into two jobs by concentrat-
ing the cognitive skills that demand educa-
tional credentials into a higher-wage job, and 
the manual or lower-credentialed skills into a 
lower-wage position. One example is the in-
creasing divide in the work of nursing between 
highly skilled RNs and less-skilled LPNs and 
other health aides (Duffy 2011). The same pro-
cess may also manifest in a shift in demand 
from similar jobs from middle- to lower-skill 
positions.

Given the importance of declining worker 
power to our current situation of an increase in 
low-wage jobs but stagnating or declining job 
quality, investing in institutions that build op-
portunities for low-skill workers to achieve de-
cent, life-sustaining jobs should be a policy pri-
ority (Osterman and Shulman 2011). It is 
politically popular to argue for the return of 
manufacturing, and indeed our results show 
both persistent job growth and some evidence 
of resurgent growth in production and extrac-
tive sectors. This growth, however, came mainly 
at the bottom of the job-wage structure. Rather 
than restoring the growth of the past, this 
growth is simply another indication of the de-
grading quality of work. Proposals to rebuild 
the institutions that existed in the 1960s may 
face the same obstacles, potentially achieving 
only shadows of the earlier era. Furthermore, 
given contemporary conditions, some of those 
institutions may be less useful in providing 
quality jobs. Clerical work has followed a simi-
lar trajectory to manufacturing jobs in formerly 
providing middle-wage jobs but now seeing 
slowing growth or disappearing. Calls to re-
store clerical and related jobs are notably few 
and far between, perhaps because those jobs 
were important for women whereas male-
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dominated manufacturing jobs appeal more on 
the basis of out-of-date assumptions about 
whose work is most valuable. We also suspect 
the different conversation about manufactur-
ing versus clerical work may also derive from 
wider recognition that high levels of clerical 
work simply belonged to different social condi-
tions in a way that the powerful imagery of 
manufacturing resists. In any case, we need a 
new vision of quality job growth in the twenty-
first century.

In general terms, if we wish to improve the 
quality of jobs available to most people in de-
veloped capitalist economies, we can either at-
tempt to influence the kinds of jobs generated 
by capitalist firms—by changing their incen-
tives or by imposing constraints on their strat-
egies—or we can attempt to generate jobs out-
side the ordinary processes of capitalist 
markets. Many policy proposals focus on the 
first of these approaches, and we would endorse 
many of those proposals. We close, however, by 
reflecting on the potential opportunities asso-
ciated with creating jobs outside of capitalist 
markets, and consider two major options with 
salience given the evidence we have presented 
about the types of jobs that are growing.

First, we could reinvest in public jobs pro-
grams. Even in the United States, the developed 
capitalist country that maintains among the 
lowest levels of public employment, roughly 15 
percent of jobs are provided by federal, state, 
and local governments. After adding to this 
number jobs that are directly the result of state 
contracting to private firms, the figure is prob-
ably above 25 percent. Unlike in capitalist mar-
kets, the character of these jobs is not dictated 
by profit-maximizing criteria and market log-
ics, but instead by political and normative con-
siderations. When states decide to create jobs, 
they have considerable economic latitude in 
deciding the pay scales, requirements, working 
conditions, and other attributes that distin-
guish good jobs from bad jobs. Of course, the 
expansion of public-sector employment is con-
strained by market processes. This is one of the 
hallmarks of the state in a capitalist society: 
revenues to pay for state employment come 
from taxation of various forms of income gen-
erated mainly in the market economy. It is only 
a constraint, however, and does not determine 

a strict level of employment, let alone the char-
acter of that employment. In these terms, the 
level of public-sector employment in the United 
States is clearly far below the carrying capacity 
of the country’s capitalist economy given that 
taxation as a proportion of gross domestic 
product is so much lower in the United States 
than in nearly all comparable economies. Even 
in Europe, however, no hard economic limit re-
stricts the relative size of public-sector employ-
ment relative to private-sector employment. 
The constraints are not primarily economic, 
but instead political and ideological (Wright 
2019).

The second form of noncapitalist income-
generating employment is less familiar to many 
people: the social and solidarity economy. This 
term is used in a variety of different ways to de-
scribe a range of economic activities that are 
organized neither by capitalist firms nor by 
states (Wright 2019). At the core of the social-
solidarity economy are nonstate organizations 
producing goods and services directly to meet 
the needs of people—either of the members of 
the organization or the people they serve. Non-
profit organizations and nongovernmental or-
ganizations are often included in this category. 
Worker and consumer cooperatives are also of-
ten included to the extent that they are primar-
ily oriented to meeting the needs of their mem-
bers rather than maximizing profits. Sometimes 
what are called social enterprises—profit-
making firms in which a social mission has pri-
ority over profits—are also included in the so-
cial economy. The social-solidarity economy 
may by facilitated by a range of state policies 
and subsidies, but the activities within the 
social-solidarity economy are not themselves 
run by the state. A particularly vibrant example 
of the social economy as a source of significant 
job creation exists in Quebec in the provision 
of eldercare and childcare services. As of early 
2008, more than forty thousand people were 
employed in the Quebec childcare cooperatives 
and roughly eight thousand in eldercare coop-
eratives.

One virtue of investing in the social econ-
omy is that capitalist nations already have a 
thriving care economy, but one that often un-
dersupplies care because of market failures 
(Folbre 2002; England, Budig, and Folbre 2002; 
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Duffy 2011). Figure 6 reports job growth in jobs 
(occupations and sectors) that contribute to the 
health and development of human beings, in-
cluding education, health care, and social ser-
vices. The figure shows that care-work jobs 
grew in every period, even during recessions, 
including the Great Recession. Job growth in 
care-work jobs was generally polarized, how-
ever, between the top and bottom terciles. The 
social-solidarity economy may provide a route 
to upgrading the lowest-wage care-work jobs 
and providing more robust middle-wage 
growth as is more common in jobs, such as con-
struction, that support the physical infrastruc-
ture (Dwyer 2013). This is especially important 
for women given that these jobs are dispropor-
tionately held by women workers of all racial-
ethnic groups, in contrast to the middle-wage 
jobs that have been disproportionately held by 
men.

Although investing in alternative arrange-
ments such as the public and social economy 
to create jobs poses a number of political and 
economic challenges, our findings demon-
strate an apparently significant demand for just 
the sorts of jobs typically created in such ar-
rangements. Many of the services that have 
grown most robustly are those that in many 
times and places have been supported by pub-
lic expenditures, including in the United States. 
The care domain involves the work that con-
nects to public goods such as health, educa-
tion, and the support of young children (Al-
belda et al. 2009; Antonopoulos et al. 2010). We 
have emphasized the strength of care and 
household services that are often provided in 
both the public sector and social-solidarity sec-
tor. Those represent investments in the human 
and social infrastructure. Demand is also con-
siderable for investments in the physical infra-

Source: Authors’ analysis based on 1983–2017 data from the Current Population Survey (NBER 2019).
Note: Jobs are defined by the cells in a matrix of detailed occupations by economic sectors. Job-wage 
terciles are defined by jobs ranked by median hourly wage: job cells are rank-ordered on the basis of 
median hourly wages, and these rank-ordered job-cells grouped into equal population terciles at the 
beginning of each period. The top (third) tercile thus represents the one-third of the employed labor 
force in the best-paying types of jobs and the bottom (first) tercile represents the one-third of the em-
ployed labor force in the worst-paying types of jobs. The number of categories varied for different peri-
ods because of occupation and sector coding changes in the CPS. The care domain includes occupa-
tions and industries that contribute to the health and development of people. Occupations include 
nurses, doctors, allied health professionals and aides, teachers, childcare workers, professors, allied ed-
ucation professionals, social workers, and religious support workers. Industries include educational 
service, hospital service, other medical services, and social services. Alternative measures of care work 
include what is sometimes termed reproductive labor, including food preparation, house cleaning, and 
other related physical labors of care. We exclude here, but note that if we included those jobs, the bot-
tom tercile would show higher levels of growth given the concentration of reproductive labor jobs at 
the bottom (Duffy 2011).

Figure 6. Job Growth Across Care Jobs, Stacked by Women and Men
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structure, which also demands jobs with lower 
levels of education, often in the bottom and 
middle terciles of the job-wage distribution, 
such as construction, carpentry, and transport. 
Investments in green technology that produce 
a more sustainable economic system in the fu-
ture would also thrive under alternative eco-
nomic arrangements.

The jobs created to remedy these challenges 
may be higher-quality jobs that provide more 
opportunities for fulfillment and flourishing 
than the good jobs of the past. Although man-
ufacturing and clerical jobs provided better 
wages and benefits, and many provided fulfill-
ing and interesting work, some were repetitive 
and provided little in the way of autonomy or 
creativity. If the future of the American jobs 
structure depends on investing in the human 
and physical infrastructure, positive externali-
ties in the quality of life as well as the quality 
of jobs would be numerous. Evidence is signif-
icant that we suffer under both care deficits and 
infrastructure deficits that harm and limit the 
development of human potential. When we de-
velop proposals for good jobs, we should focus 
on improving all aspects of job quality and 
broader societal goals rather than limiting our 
vision to a return to perhaps idealized jobs of 
the past. The prospects for more equally shared 
growth in the future requires grappling with 
the limits and opportunities of the service 
economy in the twenty-first century.
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wages at the middle and the bottom of the earn-
ings distribution (Piketty, Saez, and Zucman 
2017). They also reflect a variety of polarizations 
across otherwise similar firms via contested 
markets, typified by the recent growth of mon-
opsony (Manning 2003), an emphasis on core 
competency versus outsourced labor (Weil 
2014) and the growth of firm-level inequality 
and industrial segmentation (Song et al. 2015; 
Abowd, McKinney, and Zhao 2018; Wilmers 
2017). Across these manifestations of polariza-
tion is a common argument that contemporary 
changes to low-paid and economically insecure 
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The rise of low-paid and nonstandard work in 
the United States, largely a feature of the mid-
dle- and low end of the labor market, has co-
occurred with the rapid growth of top-end pay 
(Atkinson, Piketty, and Saez 2011). These 
changes reflect a variety of polarizations well 
documented in the stratification literature: oc-
cupational polarization, or the hollowing out 
of the middle of the occupational distribution 
and the bifurcation of employment into good 
and bad jobs (Goos and Manning 2007; Kalle-
berg 2013), wage polarization, or the takeoff of 
top pay and the stagnation and decline of real 
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work are inextricably entwined with contempo-
rary changes in the concentration of economic 
affluence.

This article situates wage polarization in 
geographical space and asks where those in af-
fluent and economically insecure households 
reside. Although class-based segregated resi-
dence has long been central to stratification re-
search (Lee and Marlay 2007; Reardon and 
Bischoff 2011), studies frequently restrict focus 
to the largest metropolitan areas and late into 
the contemporary era of rising inequality. In 
contrast, and motivated by Douglas Massey and 
Mary Fischer (2003), we extend analytical focus 
to the local labor market level, examining 
change in residence patterns from 1950 to 2015 
in 722 commuting zones that cover the entire 
contiguous United States constructed from six-
teen waves of census and American Commu-
nity Survey (ACS) microdata. Then, exploiting 
the large and locally representative samples of 
these data, we assess geographical variation in 
the economic conditions at the tails of local 
earnings distributions to develop an under-
standing of the mechanisms behind shifting 
residence patterns.

Our findings can be summarized by two 
main points. First, wage polarization has in-
creasingly resulted in two types of labor mar-
kets: polarized and poor. In the past fifteen 
years, affluent and poor households have sorted 
into the same labor markets, and a large con-
centration of poor households tends to push 
out affluent ones. Households in between have 
become separated from affluent ones and more 
integrated with poor households. Second, ge-
ography is increasingly important for the for-
tunes of the affluent, and increasingly unim-
portant for the fortunes of the poor. We are in 
a unique period of the post–World War II era: 
the wage differences across labor markets 
among low-wage workers have never been more 
similar, whereas the wage differences across la-
bor markets among high-wage workers have 
never been more different. Low wages differed 
by a factor of two in 1960, but by only 35 per-
cent today. Within this period, the United 
States experienced an abrupt shift from 
Keynesian economics to neoliberal Reagan-
omics. The subsequent deregulation, deindus-
trialization, and union-busting decreased 

workers’ power, especially those with lower 
levels of educational attainment and em-
ployed in lower-wage jobs. Furthermore, con-
tingent work for less-educated workers has 
grown more uniform across labor markets. In 
total, we are skeptical that the recent connec-
tion between affluence and poverty in certain 
labor markets is due to the pull of brighter eco-
nomic fortunes for lower-paid and lower-skill 
workers. Instead, our findings support recent 
arguments of the dependence of affluent 
households on a stock of local low-paying labor 
(Mazzalari and Ragusa 2013; Wilmers 2017) as 
well as an underexamined geographical conse-
quence of the removal of protections and power 
among middle- and low-pay workers.

We argue that recent changes to wage polar-
ization have had negative consequences for 
low-wage workers, not only those far removed 
from affluent labor markets, but increasingly 
those inside them as well. Our results have 
three main implications. First, we show the 
geographical consequences of wage polariza-
tion, especially for low-wage workers. Scholars 
have argued that contemporary changes in the 
labor market have destroyed many of the rents 
enjoyed by low-wage workers (Sørensen 2000): 
job security, livable wages, union membership, 
internal labor markets, and employment ben-
efits, for example (Cappelli and Keller 2013; Kal-
leberg 2013; Weeden and Grusky 2014; Weil 
2014; VanHeuvelen 2018b). Our work extends 
this line of research to place-based wage rents. 
Bad jobs are increasingly bad everywhere, sug-
gesting that low-paid workers have fewer places 
to turn for brighter economic opportunities. 
Second, our results present an important chal-
lenge to rosier arguments of the positive ag-
glomeration externalities among densely 
populated “brain hubs” (Moretti 2012). A reso-
nant claim in recent years among geographical 
stratification research has been that urban ag-
glomeration and the high wages of high-paid 
workers in such places tend to have widely ex-
perienced benefits (Glaeser et al. 2009; Glaeser 
2012): one of the more lucrative and desirable 
choices for all residents is to attract the afflu-
ent. Our findings suggest that much of the work 
that developed these conclusions focused on a 
unique historical era of unusually large ag-
glomeration wage benefits for low-wage work-
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1. Moretti and Glaeser also identify the importance of within-career upward wage mobility for low-wage workers 
in more affluent areas. Our research is unable to assess this component of their arguments.

ers. Recent decades have seen a broadly shared 
deterioration of pay for lower-wage workers and 
a growing division between the top and the bot-
tom, particularly in affluent areas. Third, our 
work speaks to popular concern over the in-
creasingly divergent fortunes across American 
labor markets. Some places, such as densely 
populated global cities along the coasts, are 
pulling apart economically, politically, and so-
cially from others, such as small towns that rely 
on a few manufacturing or agricultural employ-
ers (Holzer et al. 2011), leading some to suggest 
policies like relocation vouchers for low-income 
workers (Strain 2014; Hsieh and Moretti 2015; 
Lindsey and Teles 2018). Our findings suggest 
that such recommendations might overempha-
size differences at the top end of the wage dis-
tribution and may not recognize long-run his-
torical leveling occurring at the low end of the 
labor market. Although economic fortunes 
have grown in a small number of large and af-
fluent labor markets, places are becoming more 
uniform for many, particularly those in low-
paying and insecure work.

Background
The recent upswing of U.S. inequality has been 
driven by occupational polarization, or the 
growth of high- and low-paying jobs concurring 
with the hollowing out of middle-paying jobs 
(Wright and Dwyer 2003; Dwyer and Wright 
2019; Mouw and Kalleberg 2010) and wage po-
larization, or the concurrent takeoff of top pay 
alongside the stagnation and decline of median 
and lower wages (Piketty, Saez, and Zucman 
2017). At the same time, scholars note that low-
paying jobs are frequently precarious and inse-
cure, defined by uncertain working hours, 
lower work quality, less occupational authority 
and autonomy, fewer benefits, and greater prev-
alence of part-time work (Kalleberg 2013). How 
do these polarizations and changes to precarity 
occur across geographical space? Underneath 
macrolevel economic trends are widely diverse 
local labor markets, such as densely populated 
cities tightly connected to global markets, ag-
ricultural and ranching communities, and rust 
belt communities adapting to deindustrializa-

tion and import competition (Moller, Alderson, 
and Nielsen 2009). In the following section, we 
discuss reasons to anticipate why wage polar
ization may occur unevenly across local labor 
markets, resulting in uneven economic conse-
quences for low-paid workers.

The Case for Between-Place Polarization
On the one hand, wage polarization may lead 
to labor market polarization, in that the bifur-
cation of employment into good and bad jobs 
might aggregate up to labor market bifurcation 
into cities with better and worse economic op-
portunities for the local workforce (compare 
Florida 2014; Glaeser 2012; Lindsey and Teles 
2018; Moretti 2012). Sociologists have shown 
intra-metropolitan income segregation to have 
grown rapidly over the past thirty-five years, 
driven primarily by changing residential pat-
terns of high- and low-income households 
(Reardon and Bischoff 2011). This research tra-
dition assesses many dimensions of segrega-
tion, but primarily focuses on neighborhoods 
in the largest labor markets (Massey 1996; Lee 
and Marlay 2007; Owens 2012; Wilson 2011). Yet 
segregation does not exclusively occur among 
neighborhoods of large cities. For example, 
Daniel Lichter, Domenico Parisi, and Michael 
Taquino show that racial segregation occurs 
across “places” within metropolitan statistical 
areas (2015). Similarly, Enrico Moretti docu-
ments the importance of large and densely pop-
ulated “brain hubs,” such as Silicon Valley, Se-
attle, Washington, New York City, and Stamford, 
Connecticut, that draw highly educated work-
ers (2012), partially due to desirable cultural 
amenities (Florida 2014) and partially to higher 
potential earnings through agglomeration 
economies (Glaeser and Gottlieb 2009; Moretti 
2012).1 Cooperation, serendipity, network con-
nections, job switching, and information shar-
ing are facilitated in these urban areas, allow-
ing knowledge workers to be more efficient, 
raising productivity and thus pay. Such brain 
hubs have largely pulled away from less popu-
lated cities and towns, which have declined in 
population, returns to skill, and local job op-
portunities. Relatedly, many smaller cities built 
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2. Our research is similar to work by Moretti and Glaeser in focusing on how agglomeration economies—which 
largely benefit highly paid workers—affect the entire local wage distribution. Ours differ from theirs primarily 
by examining these spillover effects in a longer historical series, and by examining related issues of job quality 
for less-educated workers.

around a small set of manufacturing industries 
have lost a significant proportion of this core 
employment due to globalization and import 
competition (Holzer et al. 2011; Autor, Dorn, 
and Hanson 2013), whereas agricultural com-
munities struggle to retain employment and 
college-educated residents (Lichter and Schafft 
2016).

If income and employment polarizations 
correspond with labor market polarization, 
what consequences might this have for lower-
wage work in affluent areas? Some research 
suggests that the factors leading to the benefi-
cial wage-boosting agglomeration externalities 
enjoyed by more highly educated and skilled 
workers extend to low-wage workers. For exam-
ple, Moretti shows that wage growth among 
high school educated workers was greater in 
cities with larger mean wages for college-
educated workers (2012; see also Glaeser and 
Gottleib 2009; De La Roca and Puga 2017).2 If 
economic fortunes for the affluent have di-
verged across areas, then lower- and middle-
wage workers across such places might have 
similarly diverged, those in affluent labor mar-
kets pulled up via the same mechanisms de-
tailed in agglomeration theories. Furthermore, 
thriving labor markets might allow for broadly 
improved employment opportunities for all 
workers. Given that these areas are typically 
denser in population, industries, and job op-
portunities, they might have more favorable 
employment opportunities for both more 
highly and less-skilled workers, allowing for 
improved matching between firm and worker, 
wage-boosting job mobility, and more employ-
ment opportunities immediately following job 
loss (Sorensen and Sorenson 2007; Mouw and 
Kalleberg 2010; De La Roca and Puga 2017). All 
these may boost not only wages, but also worker 
leverage and thus job quality.

Alternatively, the least skilled workers might 
be pushed out of good labor markets to poorer 
but more affordable areas through such factors 
as rising housing costs (Ganong and Shoag 
2017). Similarly, economic changes that result 

in the economic divergence of labor markets 
might exacerbate pay inequality at the low end 
by pushing wages down outside affluent and 
populous areas. For example, David Autor and 
his colleagues show the geographically uneven 
consequences of import competition with 
China, which hit especially hard in areas heav-
ily reliant on a smaller set of employers and 
industries (Autor, Dorn, and Hanson 2013). 
Less-educated and lower-paid workers in-
curred the brunt of the pecuniary conse-
quences, experiencing large cumulative wage 
declines over time and higher probabilities of 
repeat exposure to import competition across 
job switches. Furthermore, shocks such as 
deindustrialization have broadly rippling con-
sequences, as many related industries, such as 
services and construction, experience related 
economic hardship. Scholars have shown that 
the most vulnerable workers in areas that ex-
perience such economic shocks are the least 
likely to migrate to better opportunities (Woz-
niak 2010; Moretti 2012). Thus, migration may 
occur unevenly, leaving behind the least 
skilled and most vulnerable workers in declin-
ing areas. The resulting negative economic 
conditions might translate into lower pay, 
worse job quality, and fewer benefits for low-
skill and low-pay workers. Low pay across la-
bor markets might also be exacerbated 
through the contemporary dynamics of eco-
nomic polarization.

The Case for Within-Place Polarization
Alternatively, the concentration of affluence in 
labor markets may co-occur alongside a broadly 
shared growth of low-wage work, which would 
necessarily result in wage polarization both 
within and between places. Contemporary af-
fluent households might depend on a stock of 
low-wage workers. For example, Francesca Maz-
zolari and Guiseppe Ragusa argue that high-
earning households rely on the outsourcing of 
domestic services, such as childcare, cooking, 
cleaning, and transportation, to low-paid—fre-
quently female immigrant—workers (2013). 
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3. An important counterargument to the discussion in this section is that brain hubs might grow more polarized 
over time as low-wage workers select into these areas based on their possibility for upward wage attainment 
over their careers (see De La Roca and Puga 2017). Such a possibility is not testable with our census data and 
beyond the scope of the current project, but presents a compelling alternative mechanism to the ones focused 
on in this article. Future research is needed that focuses on differential selection.

4. For example, the decline in labor union membership and power results in lower between-group inequality 
between union and non-union members, but increases overall inequality in the labor market.

Similarly, Jesper Sorensen and Olav Sorenson 
find horizontal and vertical differentiation 
among Danish labor markets to be key for gen-
erating inequality (2007). Nathan Wilmers ex-
tends their analysis by arguing that high-
income consumers generate inequality within 
industries through the demand of status or 
quality differentiation (2017). For example, 
high-income consumers frequently demand va-
riety of choice of restaurants, which generates 
demand for many lower-paid and insecure 
workers to staff these suites of choices. If high-
income consumption relies on low-paid and 
insecure service and production workers to pro-
vide outsourced domestic care and choice 
among cultural amenities, then one might an-
ticipate that the two poles of the labor force to 
coreside in the labor markets where the afflu-
ent locate.3

Similarly, changes to organizational norms 
might result in the growth of highly and low-
paid workers in the same area. David Weil iden-
tifies the growing importance of a managerial 
focus on core competency, or workplace fissur-
ing (2014). Low-skill labor is viewed as a cost to 
be temporarily incurred. Firms outsource low-
skill labor to external companies that face great 
pressure to reduce wages in order to minimize 
costs. These changes resulted in declining pay 
and benefits for outsourced workers (Dube and 
Kaplan 2010). Many services, such as cleaning, 
cooking, and security, require in person pres-
ence for the completion of occupational tasks, 
and there is little reason to suspect that brain 
hubs, which frequently house large and profit-
able global firms, are somehow immune from 
the pressures to fissure. Thus, affluent areas 
with large stocks of skilled workers employed 
in the core competency of high-paying firms 
might coreside in areas with workers experienc-
ing declining wage standards.

There is additional theoretical reason to ex-
pect diverging geographic trajectories across 

top and bottom ends of the labor market. Aage 
Sørensen details the importance of rent destruc-
tion, or the removal of benefits and protections 
that push wages above market levels, among 
labor for the contemporary rise of inequality 
(2000). He argues that the destruction of rents 
won during the New Deal and immediately fol-
lowing World War II—unionization, minimum 
wages, internal labor markets, ideals of worker 
protection, and job security, for example—
should result in “less positional inequality, but 
more inequality overall . . . the destruction of 
rents in the labor market has created a labor 
market with fewer structural supports for the 
returns to labor” (2000, 1553).4 That is, there 
should be fewer predictable locations of rela-
tively higher wages for middle- and lower-wage 
workers despite growing wage inequality. Much 
research on low-paid and contingent work has 
followed such argumentation, finding that a 
significant reason for growing economic inse-
curity is the destruction of protective rents 
among the lower end of the labor market (for 
example, Western and Rosenfeld 2011; Van-
Heuvelen 2018b). If broadly experienced rent 
destruction drives the contemporary growth of 
low-paid and precarious work, then recent 
trends should correspond with less geographi-
cal variation of rents, resulting in low-wage con-
vergence across areas. Simply put, bad jobs 
might be increasingly bad across labor mar-
kets, leading to a convergence of economic for-
tunes of low-wage workers across labor markets 
that are more and less affluent.

Sociologists provide additional theoretical 
reason to expect that the mechanisms of high- 
and low-wage work may lead to within-place 
polarization. Kim Weeden and David Grusky 
note the importance of rent creation at the top 
end of the labor market and its independence 
from low-wage rent destruction (2014). For ex-
ample, occupational closure and barriers to col-
lege degrees keep the supply of skill artificially 
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5. We label 2011–2015 as 2010 for simplicity.

low relative to demand, increasing wage re-
turns. Winner-take-all markets and growing 
market power of a smaller number of firms sim-
ilarly should concentrate occupational location 
of high-wage work, increasing the concentra-
tion and pay of high-wage workers in a smaller 
number of areas. From this perspective, the for-
tunes of high- and low-paid workers are seg-
mented across relatively isolated spaces of the 
labor market, where workers are more or less 
successful in creating, or maintaining, rents. In 
this case, rent creation among top wages in 
brain hubs need not couple tightly with local 
rent creation among low wages.

Demographic Changes and  
Geographical Polarization
Care is needed to ensure that wage differences 
across labor markets are not confounded by 
group-based differences in wage setting and lo-
cation of residence. The era under consider-
ation includes several substantial policy and 
demographic changes, including the civil rights 
movement and subsequent backlash, the gen-
der revolution and upward educational and oc-
cupational attainment of women, and changes 
to immigration laws that partially account for 
growing racial and ethnic diversity. These poli-
cies have resulted in well-documented wage dif-
ferences across sex and racial-ethnic groups 
that result partially from discriminatory prac-
tices and barriers to social networks and skill 
development (compare Pedulla and Mueller-
Gastell 2019). Previously research illustrates 
that such wage differences play out differently 
in different labor markets due to structural 
factors such as workforce casualization, dein-
dustrialization, and occupational segregation 
(McCall 2002) as well as local demographic 
composition (Huffman and Cohen 2004). Sim-
ilarly, residential patterns have changed sub-
stantially over time. Smaller cities and rural ar-
eas have seen an influx of Hispanic immigrants 
(Lichter et al. 2010; Massey 2010), and African 
American migration to the southern United 
States has increased substantially over the past 
two decades (Frey 2014). These patterns, along 
with the well-established segregation patterns 

documented by stratification scholars and de-
mographers, may provide important under-
standing of the mechanisms driving results 
(Holliday and Dwyer 2009; Wilson 2011). We 
therefore pay special consideration to how re-
sults vary across gender, race, and nativity 
groups.

Data
We use sixteen waves of U.S. Census and Amer-
ican Community Survey microdata (Ruggles et 
al. 2019). Individuals and households are sorted 
into 722 local labor markets, commuting zones 
(CZ), which cover the entire contiguous United 
States (Tolbert and Sizer 1996; VanHeuvelen 
2018a). Census definitions of local labor mar-
kets, CZs are county clusters grouped together 
based on census journey to work data. Briefly, 
commuting is greater between work and home 
across the counties of a single CZ than across 
counties of two separate CZs (for example, in 
California, more workers commute between 
San Francisco and San Mateo counties than be-
tween San Mateo and Santa Barbara counties). 
CZs have become increasingly common in geo-
graphical studies of labor markets and eco-
nomic inequality (Autor and Dorn 2013; Autor, 
Dorn, and Hanson 2013; Bloome 2014; Chetty 
et al. 2014; Charles, Hurst, and Schwartz 2018; 
VanHeuvelen 2018a). We use Dorn’s (2009) pub-
licly available codes to construct 1990 definition 
commuting zones for years 1950, 1970, 1980, 
1990, 2000, and 2005–2009. We then extend his 
sorting logic to “Minipuma” identifiers in year 
1960 and updated public use micro areas 
(PUMA) definitions for pooled years 2011–2015.5 
In total, we have eight repeated observations of 
722 local labor markets, resulting in 5,776 CZ-
year observations.

Commuting zones are a useful labor market 
definition for this study. Most important, they 
cover all areas of the United States. This advan-
tage overcomes limitations of many income 
segregation and polarization studies that select 
on either data availability or labor market pop-
ulation size. The current research thus recon-
ciles studies of urban (Patillo and Robinson 
2016) and rural (Lichter and Schafft 2016) labor 
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6. In main results, we do not normalize incomes by local cost of living, which has typically been computed through 
some relative measure of household rent. Rebecca Diamond shows that local cost of living and local concentra-
tion of amenities, such as availability of green space, cultural activities, and public transportation, tend to wash 
one another out when computing local wage and inequality levels (2016). We do replicate results adjusting for 
local cost of living.

7. Specific categories vary by year. We replicated results using only salary and wages, but results were similar.

markets. Furthermore, CZs are more fine-
grained than state-level measurements (Ga-
nong and Shoag 2017). A pear farmer in Wash-
ington State’s Yakima Valley might not consider 
herself in the same labor market—or face the 
same changes in cost of living and economic 
opportunity—as a childcare provider in Seattle, 
for example. CZs are also defined through the 
lived experience of workers based on residence 
and occupational location, a benefit over defi-
nitions of labor markets based on political ju-
risdictions, such as counties or states. Many 
workers in Washington, D.C., commute from 
nearby counties, such as Fairfax County in Vir-
ginia and Montgomery County in Maryland. 
Additionally, a variety of microlevel measure-
ments, such as employment status and wage 
distributions, can be computed as a CZ-level 
characteristic, an advantage over aggregated 
categories available through the census. How-
ever, the commuting zone definition has im-
portant drawbacks. Perhaps most critically, we 
cannot measure census tract or neighborhood 
segregation, or income segregation, across 
places within a commuting zone (Dwyer 2007; 
Lichter, Parisi, and Taquino 2015). For example, 
the New York City commuting zone includes 
the five boroughs as well as surrounding com-
muter counties, such as Westchester County. 
Although this reflects the location of residence 
and work in the overall New York City labor 
market, the meaningful fine-grained income 
segregation that occurs across counties, places, 
blocks, and buildings cannot be detected. Our 
study is therefore best understood as comple-
mentary to city-level segregation studies, pro-
viding a context for how economic polarization 
plays out across the full distribution of U.S. la-
bor markets.

Measures of Affluence
We use four variables to examine affluence. 
First, we measure the local concentration of af-

fluent households, which we conceptualize as 
those at or above the 95th percentile of the na-
tional household year-specific income distribu-
tion.6 To account for variation of household 
size, we normalize income by the square root 
of household members. Household income in-
cludes total money income of all household 
members age fifteen or more during the previ-
ous year: wage and salary income, business and 
farm incomes, social security income, welfare 
and public assistance, interest, dividend, and 
rental income, and other money income.7 Mea-
sures are thus post-transfer, pre-tax. We com-
pute the percentage of households in a CZ de-
fined as affluent over the total number of 
households in that zone. Second, we measure 
the normalized household income at the local 
95th percentile. Third, we shift focus to indi-
vidual wages and measure the local level of the 
95th wage percentile. Wages are constructed by 
dividing a worker’s total pre-tax wage and sal-
ary income (inclusive of wages, salaries, com-
missions, cash bonuses, tips, and other mon-
etary income received from an employer) by 
annual hours worked. Top-coded wage incomes 
are multiplied by 1.5, wages are bottom-coded 
to half the year-specific federal minimum wage, 
and wages are adjusted to 2009 dollars using 
the personal consumption expenditure index 
(VanHeuvelen 2018a). Fourth, we measure the 
wage bill share of the top 5 percent of wage 
earners in a CZ. This is measured as the total 
wage income of those at or above the 95th per-
centile, divided by the total annual wages 
earned in a commuting zone.

Definitions of Low-Paid and Insecure Work
We use four variables to measure local low-paid 
and insecure work. First, we measure the rate 
of relative poverty, identified as a household 
earning less than half the median national 
household income. These measures are nor-
malized by the square root of household mem-
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8. Unfortunately, tax information from the gold standard tax measurement system, NBER’s TAXSIM, is not avail-
able at the state level prior to 1977 (Brady, Baker, and Finnigan 2013; Young et al. 2016), and so our measure of 
relative poverty comes from post-transfer, pre-tax measures.

9. In sensitivity analyses, we measure the proportion of workers in home production substitute industries (Maz-
zolari and Ragusa 2013). We also replicated the results of Moretti (2012) by examining the CZ-median high 
school and college wages. Results reinforced main conclusions below. We follow the logic of Liu and Nazareno, 
this issue, who show that the negative consequences of precarious work are largely concentrated among less-
educated workers (2019).

10. We replicated all results with and without foreign-born workers. We reach the same substantive conclusions 
across these sampling decisions.

11. The results are intended to descriptively assess changes across labor markets over time. Our research design 
is not robust enough to make strong causal claims about the relationship between local labor market conditions 
and wage attainment. In this article, we draw on the strengths of examining inequality trends over a long period 
using a full set of local labor markets, rather than develop a stronger and narrower causal identification between 
a treatment and an inequality outcome. All results should be read with the understanding of this trade-off.

12. We find that areas with high average poverty have consistently low levels of relative affluence, and that 
maximum levels of affluence concentration among poor areas reach the median value of affluence concentration 
of the whole sample.

bers.8 Second, to measure low pay, we measure 
the local individual wage at the 10th percentile. 
Third, we measure the wage bill share of the 
10th percentile and below of workers relative to 
total wages earned in a commuting zone. 
Fourth, we measure the proportion of em-
ployed prime-age men and women (separately) 
who work part time, defined as working twenty 
hours a week or less or twenty-six weeks a year 
or less, and have a high school degree or less.9 
Descriptive statistics are listed in table 1. We 
also examine how wage results are affected by 
local variation in cost of living. Details are pro-
vided in corresponding sections in the results 
section.10

Controls
Because geographical sorting could be driven 
by a variety of factors, including local indus-
tries, demographics, educational attainment, 
population density, and policy legacies, we in-
clude several characteristics of local labor mar-
ket when estimating regression models. These 
are noted in table 1.

Methods
Regression results come from two-way fixed-
effects regression models. We include fixed ef-
fects for both year and commuting zone. Re-
sults are weighted by the logged number of 
households in a commuting zone. We use ro-

bust standard errors and test all regression 
main results using bootstrapped and jack-
knifed standard errors. Several other analyses 
are descriptive in nature. We discuss specific 
methodological decisions for all such analy-
ses.11

Results
Figure 1 shows the relationship, by year, of the 
percentage of households that are affluent, de-
fined as at or above the 95th percentile of the 
country-level normalized household income, 
and that are poor, defined as half or less than 
the national median normalized household in-
come. Markers are weighted by the logged 
household count in a commuting zone. Among 
the many notable patterns, we highlight four. 
First, in all years, CZs with the highest concen-
tration of affluent households tend to be those 
with the lowest concentration of poor house-
holds. Simple correlations between these per-
centages range from –0.77 (1960) to –0.60 (2000). 
At the same time, substantial heterogeneity ex-
ists across the least poor CZs in terms of the 
concentration of affluent households. Among 
such CZs, nearly the entire range of affluence 
concentration is observable. Second, the poor-
est commuting zones are unique in their con-
sistent low concentration of affluent house-
holds.12 Such places, like eastern Kentucky, 
where President Lyndon Johnson announced 
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13. The very large relative poverty rates reflect the income convergence between the South and the rest of the 
country during the early and mid-twentieth century (Lindert and Williamson 2016; Ganong and Shoag 2017).

14. Other intuitive labor markets with large numbers of affluent respondents, such as New York City and Seattle, 
have high concentrations of affluent workers. New York City has the fourth highest concentration in the most 
recent wave, and Seattle is in the top twenty. Because commuting zones incorporate many surrounding smaller 
cities (for example, the Seattle commuting zone includes less-affluent surrounding areas, such as Kent, Everett, 
Renton, Bremerton, and Tacoma), some of the concentration of affluent workers in some city centers is diffused 
by these broader labor market definitions.

the War on Poverty, have very high rates of pov-
erty and little connection to affluence. Third, 
affluent areas have growing poverty.13 In 1990, 
for example, the lowest CZ poverty rates were 
at 9.5 percent. By 2015, the lowest poverty rate 
was 13.5 percent. Fourth, one can observe from 
2000 onward the separation of three labor mar-
kets as unique in their concentration of afflu-
ence: Washington, D.C., San Jose, California, 
and San Francisco, California.14

How has wage polarization occurred across 
geographical space? Figure 2 uses the logic of 
Massey and Fischer (2003) to examine change 
in CZ segregation of affluent households, poor 

households, and middle-income households, 
or those in between affluent and poor. These 
three groups do not perfectly capture income 
segregation across the whole of the income dis-
tribution, potentially masking income segrega-
tion occurring between and within these poles. 
For example, Sean Reardon and Kendra 
Bischoff measure income segregation as occur-
ring across income binned into year-specific 
groups ranging from fifteen to twenty-five 
(2011). Yet results highlight the geographical 
consequences of wage polarization at the tails 
of the distribution, and notably, we reach the 
same conclusions when comparing across 

Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community Sur-
vey data (Ruggles et al. 2019).
Note: A total of 722 commuting zones. Percent affluent computed as the number of households at or 
above the nation-level 95th household income percentile over the total number of households in a 
commuting zone. Percent relative poverty is the number of households in a commuting zone at or be-
low half the nation-level median household income. Markers are weighted by the number of house-
holds in a commuting zone. For ease of interpretation, in figures we label years 2005–2009 as “2005” 
and 2011–2015 as “2010.”

Figure 1. Relationship Between Percentage of Affluent and Poor Households 
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household income deciles and ventiles. We also 
reach the same conclusions if we adjust local 
measurements of income based on cost of liv-
ing (Moretti 2013). We include five common in-
dices of evenness and exposure used in 
neighborhood-level segregation studies: the 
dissimilarity segregation index, Gini segrega-
tion index, information theory segregation in-
dex, squared coefficient of variation segrega-
tion index, and (n-group) normalized exposure 
segregation index. For interpretability of trends 
across indices, figure 2 shows changes relative 
to levels normalized to one at 1950.

Figure 2 shows that CZ-level segregation of 
affluent, middle-income, and poor households 
declined substantially over time, which reflects 
Massey’s and Fischer’s findings (2003). Overall, 
households in these three income groups are 
increasingly integrated in the same local labor 
markets. However, comparisons of paired 
groups reveal important heterogeneity. The 
overall trends are driven primarily by the de-

clining CZ-level segregation of poor and 
middle-income households. In contrast, aside 
from year-to-year fluctuation, the segregation 
of poor and affluent households has remained 
relatively constant, although affluent-poor seg-
regation declined in recent decades relative to 
the 1990 high-water mark. At the same time, we 
observe increasing separation across labor 
markets of affluent and middle-income house-
holds. These results suggest two countervailing 
types of labor market sorting: some places are 
becoming increasingly polarized, becoming 
more defined by a concentration of affluent and 
poor households, whereas other areas are be-
coming increasingly isolated from high-income 
earners.

To better understand the nature of such geo-
graphical sorting, we present the results from 
two-way fixed-effects regression models pre-
dicting the proportion of affluent and poor 
households in table 2. That is, models predict 
the proportion affluent using the proportion 

Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community Sur-
vey data (Ruggles et al. 2019).
Note: A total of 722 commuting zones. Segregation measures computed from household counts at the 
commuting zone level and estimated separately by year. All segregation measures normalized to equal 
1 in 1950 to ease interpretation. Affluent refers to households at or above the nation-level 95th house-
hold income percentile. Poor refers to households at or below half the nation-level household median 
income. Middle refers to all other households. Substantively similar results used when comparing in-
come deciles and ventiles.

Figure 2. Relative Change in Segregation of Affluent, Poor, and In-Between Households
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15. We reach the same substantive conclusions if we use measures of poverty and affluence adjusted by local 
cost of living.

poor, and vice versa. Models control for year 
and CZ fixed effects and use robust standard 
errors. Thus, results show how change in afflu-
ence concentration associates with change in 
poverty concentration, and vice versa.15

Models 1 and 4 show simple associations 
from regression models that include fixed ef-
fects but not control variables. In both cases, 
we observe significant and negative associa-
tions. Growth in affluence is associated with a 
decline in the proportion of poor households, 

and growth of poor households associates with 
a decline in the proportion of affluent house-
holds. Yet the main coefficients in models 2 and 
5 are both negative and statistically insignifi-
cant when controls are included in models. 
Sensitivity tests show significance to be re-
moved with the addition of median household 
income. Median household income is highly 
significant and positively associated with afflu-
ence and negatively associated with poverty. 
However, we observe significant and diverging 

Table 2. Fixed-Effects Regression Models Predicting Proportion Affluent and Proportion in Relative 
Poverty

Proportion Affluent Proportion Poor

(1) (2) (3) (4) (5) (6)

Proportion poor –0.095*** –0.0031 0.0002
(0.005)

Proportion affluent –2.419*** –0.0231 0.0184
(0.090) (0.078) (0.086)

Proportion X 1960 –0.0008 –1.0470***
(0.006) (0.090)

Proportion X 1970 –0.0235*** –0.4748***
(0.007) (0.085)

Proportion X 1980 –0.0323*** –0.1911*
(0.007) (0.088)

Proportion X 1990 –0.0066 –0.3167***
(0.008) (0.095)

Proportion X 2000 –0.0109 0.0458
(0.008) (0.094)

Proportion X 2005–2009 –0.0206* 0.1672
(0.008) (0.088)

Proportion X 2011–2015 –0.0280*** 0.4193***
(0.008) (0.089)

Commuting zone fixed effects? Yes Yes Yes Yes Yes Yes
Year fixed effects? Yes Yes Yes Yes Yes Yes
Controls? No Yes Yes No Yes Yes
N 5,776 5,776 5,776 5,776 5,776 5,776

Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community 
Survey data (Ruggles et al. 2019).
Note: Robust standard errors in parentheses. Models include controls for manufacturing employment, 
agriculture employment, service employment, proportion twenty-five and older with a college degree, 
educational heterogeneity, population density, population growth, median household income, propor-
tion age sixty-five and older, proportion black, proportion Hispanic, proportion immigrant, female 
labor-force participation. Controls computed from IPUMS.
*p < .05; **p < .01; ***p < .001 (two-tailed tests)
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trends over time in models 3 and 6. To ease in-
terpretation, these are presented in figure 3, 
which shows year-specific coefficients for pro-
portion affluent on proportion poor (top panel) 
and vice versa (bottom panel). First (top panel), 
we observe that prior to 2000, the presence of 
affluent households had a negative and statisti-
cally significant association with relative pov-
erty. That is, growth in the proportion of afflu-
ent households tended to correspond with 
declining rates of relative poverty. However, this 
negative association shrunk substantially in 
magnitude between 1960 and 1990, and since 
2000, it has reversed: growth in the rate of af-
fluent households corresponds with growth in 

relative poverty. Results from models 1 and 2 
largely reflect the combination of these oppo-
site associations.

Turning attention to the bottom panel, we 
observe that growth in the proportion of pov-
erty generally corresponds with a declining pro-
portion of affluent households. Although some 
years, 1950, 1960, 1990, and 2000, have insig-
nificant coefficients, all point in the same neg-
ative direction, in contrast to figure 2. Notably, 
though the positive association in the top panel 
from 2000 onward has grown in magnitude, the 
negative association in the bottom panel has as 
well. Since 2000, the magnitude of this negative 
association has increased by 170 percent, from 

Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community Sur-
vey data (Ruggles et al. 2019).
Note: Coefficients follow fixed-effects (commuting zone FEs) regression models in table 2. Affluence 
(top panel) and poverty (bottom panel) coefficients are interacted with time period indicators. Shaded 
areas represent 95 percent confidence intervals.

Figure 3. Year-Specific Coefficients from Fixed-Effects Models
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16. We cannot track individuals over time who move from one labor market to another, nor can we track the wage 
trajectories of lower-wage workers who move into more affluent labor markets. Larger stocks of poor households 
could conceivably reflect lower wage workers selecting into labor markets with greater opportunity for upward 
wage mobility. We discuss this in more detail in the conclusion.

17. We compute population-weighted means of commuting zones that are in the top or bottom 5th percentiles 
of each CZ-level distribution by year, and then measure the gap among low-, middle-, and high-paid work.

–0.01 to –0.027 (difference of the two coeffi-
cients, p < .001, two-tailed test).

These results highlight two main conclu-
sions. First, whereas the wage-boosting influ-
ence of agglomerated economies could be ef-
fectively argued to raise lower-wage households 
out of poverty in local areas from 1960 to 1990, 
this association has reversed in the past fifteen 
years. In the contemporary era, the concentra-
tion of affluence corresponds with an increas-
ingly polarized labor market. This finding is 
suggestive of contemporary high-income 
households relying on a low-paid and insecure 
stock of workers. In contrast, areas with large 
stocks of low-earning households are becoming 
locked out of the polarized economy, and high-
earning households are increasingly sorting 
out of these labor markets. We further assess 
these arguments in sensitivity analyses using 
recentered influence function regression mod-
els separately by year, examining the associa-
tions across percentiles of the distribution of 
affluence or poverty as independent variables. 
We find that the negative effect on affluence 
concentration is greatest in most recent years 
among the highest percentiles of poverty con-
centration. Simply put, labor market wage po-
larization appears to be resulting in two forms 
of geographic polarization.

Economic Conditions Across a  
Polarized Geography
Thus far, our results suggest that poor house-
holds have become more concentrated along-
side affluent ones, and that many labor markets 
are increasingly segregated from affluence and 
hold large stocks of poor households. These 
findings, however, lend themselves to starkly 
different interpretations. Edward Glaeser, Matt 
Resseger, and Kristina Tobio (2009) and Enrico 
Moretti (2012), for example, note that such as-
sociations might be spurious if less-skilled 
workers sort into agglomerated areas to take 
advantage of rosier economic opportunities. 

That is, the contemporary copresence of pov-
erty and affluence misidentifies a positive wage 
trajectory for low-wage workers seeking oppor-
tunity in trickle-down “brain hubs” (see also De 
La Roca and Puga 2017). Alternatively, these 
shifts might represent a broadly shared leveling 
of low incomes across labor markets through 
rent destruction (Sørensen 2000). A critical 
question is whether the economic opportuni-
ties at the bottom and the middle of the wage 
distribution are more favorable in brain hubs, 
which based on the geographical stratification 
literature, we understand as places with higher 
concentration of affluence, (possibly) lower 
concentration of poverty, and population den-
sity.16 Is this favorable wage comparison grow-
ing alongside the growing polarization of these 
labor markets? If the patterns detected in fig-
ures 2, 3, and 4 reflect low-paid workers increas-
ingly moving to opportunity, such opportunity 
should be observable.

To address these questions, figure 4 presents 
the range of low, middle, and high pay across 
commuting zones. The y-axes display the dif-
ference in logged wages across CZs at similar 
CZ-specific percentiles of wage distributions 
(10th, 50th, and 95th). Panels show between-CZ 
wage gaps (clockwise from top-left) of the CZ-
specific wage levels, across affluence concentra-
tion, across poverty concentration, and among 
the most and least densely populated CZs.17 For 
example, the dark solid line in the top-right 
panel in year span from 2011 to 2015 shows the 
wage difference at the 10th percentile of CZs 
with dense concentrations of affluent house-
holds—Washington, D.C., San Francisco, Cali-
fornia, and San Jose, California—against wages 
at the 10th percentile of CZs with few affluent 
households—Hazard, Kentucky, Poplar Bluff, 
Missouri, and Jena, Louisiana.

As anticipated, densely populated labor mar-
kets, labor markets with a higher concentration 
of affluent households, and labor markets with 
fewer poor households tend to have higher rel-
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ative wages for lower-, middle-, and higher-
income respondents (Glaeser, Resseger, and 
Tobio 2009; Moretti 2012). That is, wages across 
the whole distribution tend to be higher in af-
fluent and agglomerated labor markets. How-
ever, a historical assessment of these compari-
sons leads to a critical complicating conclusion: 
low pay has become increasingly similar across 
commuting zones, whereas high pay has di-
verged. For example, the top-left panel shows 
the gaps across the whole distribution of per-
centiles. In this panel, we observe that the rela-
tive wage gap across CZs at the 10th percentile 
has declined substantially over time. Whereas 
low wages varied on average by 0.7 across CZs 
in 1960, this gap declined by approximately 60 
percent over time to under 0.3. In 1960, wages 
among CZs with the highest 10th percentile 

wages—Cleveland, Ohio, Chicago, Illinois, 
Newark, New Jersey, and Buffalo, New York, for 
example—were higher by a factor of two rela-
tive to wages with the lowest 10th percentile 
wages—West Liberty, Kentucky, Greenville, 
Mississippi, and Cordele, Georgia, for example 
((e0.7–1)*100 = 101.4 percent). In 2011–2015, 
wages among CZs with the highest 10th percen-
tile wages—Minneapolis, Minnesota, San Fran-
cisco, California, Washington, D.C., and Bos-
ton, Massachusetts, for example—were only 35 
percent ((e0.29–1)*100 = 33.6 percent) greater 
than 10th percentile wages in the lowest-paying 
CZs—Greenville, Mississippi, Gallup, Arizona, 
Crystal City, Texas, and Valdosta, Georgia, for 
example.

In contrast, the gap in high wages across CZs 
has grown from about 0.35 (in 1970, or approx-

Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community Sur-
vey data (Ruggles et al. 2019).
Note: Percentiles represent locations in CZ-specific wage distributions. Lines represent difference in 
wages at specific percentiles across CZs, specifically those at or above the 95th percentile minus those 
at or below the 5th percentile. For example, the solid black line in the lower left indicates the difference 
in wages at the 95th percentile between the most densely populated CZs (such as New York City and 
Newark, New Jersey) and the least densely populated CZs (such as Lakeview, Oregon, and Jordan, 
Montana). High pay refers to wages at the 95th percentile, middle pay refers to wages at the 50th per-
centile, and low pay refers to wages at the 10th percentile.

Figure 4. Change in Wage Differences Across CZs at High-, Middle-, and Low-Wage Levels
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18. Year 1960 is excluded in these replications because no nativity information is available.

19. We also examined counterfactual differences between the lagged wage level at the 50th percentile of less-
affluent commuting zones relative to the 25th percentile in more-affluent CZs, to simulate the potential wage 
change of a typical individual relocating from a more- to a less-affluent CZ. We found that since 2000, middle 
wages in less-affluent CZs have grown more than lower wages in affluent CZs. The reverse was the case prior 
to 2000. We take this as additional supportive evidence that moving to more affluent CZs has become a riskier 
proposition for anyone but high wage workers. Figures are available on request.

20. We replicated these results at the household level and reached similar conclusions.

21. We show the logged percentage because of the skewed distribution of affluence concentration across com-
muting zones.

imately 42 percent) to more than 0.5 in 2011–
2015 (approximately 65 percent). This panel 
shows 1980 as an important pivot point for in-
creasing wage differentiation for high wages, 
coinciding with the well-documented eco-
nomic transition to neoliberal politics and in-
dustrial relations. Remarkably, the geographi-
cal range of high pay is as high today as it was 
in 1949, prior to southern income convergence 
with the North (Lindert and Williamson 2016). 
Similar patterns are observed across affluence 
and poverty concentration, as well as popula-
tion density. We considered whether results 
might be driven by specific regions or age 
groups. We replicated figure 4 among southern-
 and nonsouthern CZs, and among restricted 
samples of prime-age workers.18 Across these 
replications we reached the same results. Con-
sidered together, results lead to a general con-
clusion: compared across the past sixty-five 
years, geography has never been more conse-
quential for high-wage workers and never less 
consequential for low-wage workers.19

Even if the wage gains for low-wage workers 
in affluent areas have deteriorated in recent de-
cades, might we nevertheless still observe 
greater relative advantage of low-wage workers 
in more affluent places relative to poorer ones? 
Although place-based wage benefits have de-
clined, they are nonetheless present. Perhaps 
these small gaps are consequential for raising 
the relative standing of low-paid work in afflu-
ent labor markets. To assess this question, we 
examine the wage bill share of those in the bot-
tom 10 percent and top 5 percent in local areas, 
shown in figure 5.20 These are computed as the 
proportion of the total wage and salary in-
comes held by those in the bottom 10 percent 
of a CZ-specific distribution, and the propor-

tion of the top 5 percent, over the CZ-specific 
total sum of wages and incomes. We assess 
wage bill shares across the logged percentage 
of affluent households, the percentage of poor 
households, and population density using lo-
cally weighted regression lines estimated sepa-
rately by year.21

We observe no meaningful variation of the 
wage bill held by those in the bottom 10 per-
cent of the earnings distribution across afflu-
ence, poverty, or density distributions. In-
stead, we observe a general loss over time of 
the already small holdings of those with low 
wages. Such workers held about 4 percent of 
wages in 1950, which by 2010 had declined to 
around 1.5 percent. In contrast, we observe 
clear positive associations for high-pay wage 
bill shares in affluence hubs and in densely 
populated areas. In contrast, from 1980 on-
ward, variation of the top wage bill held across 
areas depending on poverty rates is scant. In 
total, we find that low-wage workers increas-
ingly face relative disadvantage in terms of to-
tal earnings held in densely populated, afflu-
ence concentrated areas. Any wage boosts 
afforded to low-wage workers in these areas 
could well be offset by the larger relative wage 
share disadvantage.

Cost of Living
How might results of figure 4 be driven by vari-
ation in cost of living? Housing is substantially 
more expensive in San Francisco and New York 
City than in many rural areas of the South and 
Midwest, for example. This might level some of 
the differences we observe across areas. We fol-
low the logic of Moretti (2012) and partially ad-
just wages based on the year-specific adjusted 
gross rent of a two- or three- bedroom apart-
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Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community Sur-
vey data (Ruggles et al. 2019).
Note: Lines computed from locally weighted regressions of wage bill against variables indicated along 
the x-axis, separately by year. Bandwidth = 0.3.

Figure 5. Wage Bill Share Across Affluence, Population Density, and Relative Poverty
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22. The online appendix is available at https://www.rsfjournal.org/content/5/4/77/tab-supplemental.

ment. We then replicate figure 4, which is in-
cluded in the online appendix.22 Although the 
separation of top incomes across CZs is attenu-
ated in between 2005–2009 and 2011–2015, re-
sults are largely similar. It is thus unlikely that 
these results primarily reflect local variation of 
housing costs.

Replication by Group
Care is needed to ensure that labor market dif-
ferences are not simply reflecting differences 
in wage setting and residence patterns across 
gender, racial-ethnic, and nativity groups. Fig-
ure 6 replicates figure 4 separately for workers 
by race, sex, and nativity status. Overall results 
are largely similar, suggesting that results are 
not primarily driven by heterogeneity in results 
across groups. A few of the deviations from 
main results are notable. For low-paid workers, 
men experienced the largest relative conver-
gence across CZs over time. Geographic pay 
gaps grew for low-income black workers be-
tween 1949 and 1970 and then declined slightly 
from 1990 onward. Of course, given the sub-
stantial social and political changes during 
these decades (Mandel and Semyonov 2016), it 
is unsurprising to observe differences in trends 

between white and black workers. Among 
highly paid workers, we observe substantially 
greater geographical variation for black and fe-
male workers in early decades, but trends 
largely converge in 1990 and onward. Again, di-
vergence in these earlier decades is under-
standable against the backdrop of substantial 
and legally codified discrimination against 
women and minorities.

Figure 7 shows the group composition of 
low pay in CZs with the lowest and highest lev-
els of low pay, by decade. A few trends are no-
table. White workers have been consistently 
underrepresented in low-paid work, the differ-
ence especially pronounced before 1980 in low-
paying CZs. Conversely, black, Hispanic, and 
female workers have been consistently overrep-
resented among low-paid work in both higher-
 and lower-paying CZs. Black and female worker 
representation has declined substantially be-
tween 1950 and 2000, but remains dispropor-
tionately high. Low-paying CZs have grown rap-
idly in the concentration of Hispanic workers, 
but this has not corresponded to a dispropor-
tionate concentration of Hispanic workers in 
low-paid work in low-paying CZs. In total, al-
though figures 6 and 7 illustrate important 

Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community Sur-
vey data (Ruggles et al. 2019).
Note: Figures replicate top left panel of figure 4, which shows the maximum difference of wages across 
722 CZs. Right y-axis of right panel is for foreign-born individuals. Foreign born begins in year 1980 
because of small number of observations of foreign born workers in years 1950 through 1970. 

Figure 6. Replication of Figure 4, by Sex, Race-Ethnicity, and Nativity Groups
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23. Unfortunately, census and ACS data do not have consistent measurements of work precarity across the eras 
assessed.

24. We also examined all prime-age workers and workers with a college degree. Results are substantively 
similar. We exclude years 1950 and 1960 because of the nature of female employment in these years. Trends in 

group-based heterogeneity in low- and high-
wage work, results do not cleanly point to group-
based geographical differences in wage setting 
as primarily driving the results.

Precarious Work
What about job quality? Although pay might be 
leveling across geographical areas, perhaps 

benefits in affluence hubs accrue through job 
quality.23 We examine this possibility by exam-
ining the rate of part-time work among prime-
age men and women with a high school degree 
or less.24 Unfortunately, census and ACS data 
do not have information on the multiple di-
mensions of job quality, precariousness, and 
contingency (Cappelli and Keller 2013; Kalle-

Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community Sur-
vey data (Ruggles et al. 2019).

Figure 7. Percent of Workers Above and Below 10th Wage Percentile
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berg 2013). We therefore use part-time work 
among prime-age workers with a high school 
degree or less as a proxy for the broader system 
of contingent work.

Figure 8 replicates the methods of figure 5 
but uses part-time work as an outcome. A few 
results are notable. First, we observe gendered 
shifts in part-time work over time. The percent-
age of male part-time workers has increased 
over time, and that of female part-time workers 
has decreased. Second, we observe declining 
variation across commuting zones based on af-
fluence and poverty concentration. In early 
years, we see evidence that part-time work was 
less concentrated in more affluent areas, in ar-
eas with lower poverty (for men), and in more 
densely populated areas. Yet especially since 
2000, the associations across CZs have flat-
tened, so that the proportion of part-time em-
ployment has become generally uniformly dis-
tributed across areas. Comparing across 
year-specific lowess lines, we observe clear lon-
gitudinal growth of male part-time work in 
more affluent and less poor areas, and little 
change in part-time female employment in 
more affluent areas. In total, these results sug-
gest that not only have low wages leveled across 
CZs in recent decades, but that risk of precari-
ous employment has also become more evenly 
distributed. Simple correlations by year illus-
trate these points as well. For example, the neg-
ative association between proportion affluence 
and male part-time work changed from a max-
imum of –0.48 in 1960 to essentially 0 in 2005–
2009 and 2011–2015. For women, it changed 
from –0.12 in 1950 and –0.17 in 1990 to 0.04 in 
2011–2015. The positive association between 
poverty and male part-time work decreased 
from a high of 0.73 in 1960 to a low of around 
0.25 in 2005–2009 and 0.3 in 2011–2015. Simi-
larly, we replicated fixed-effects regression 

models from table 2 predicting part-time work 
and found an emerging positive and significant 
association between part-time work and afflu-
ence, percentage in poverty,25 and population 
density, since the year 2000, and a significant 
decline in the magnitude of the positive asso-
ciation between poverty and part-time work fol-
lowing 1990. Overall, these findings are sugges-
tive that geographical leveling has occurred for 
both wage levels and employment precarity.26

Conclusion
In this research, we ask how wage polarization 
occurred across local labor markets in the con-
tiguous United States. We examine several di-
mensions of affluence and low pay across 722 
local labor markets, commuting zones, cover-
ing the entire contiguous United States, from 
1950 to 2015. We first examine the geographical 
patterns of the residence of affluent and poor 
households. We then assess the geographical 
variation of low- and high-end pay. Simply put, 
our results call into question how beneficial ur-
ban agglomeration has been for lower-paid 
workers in recent decades.

We draw two main conclusions. First, house-
hold sorting across labor markets, particularly 
from 2000 onward, has increasingly resulted in 
two types of labor markets: polarized and poor. 
Commuting zones with higher rates of poverty 
tended to separate from affluent households, 
and local concentration of affluence has be-
come associated with growth of poverty. Fur-
thermore, affluent and middle-income house-
holds have increasingly segregated into 
different labor markets. Overall, wage polariza-
tion has coevolved with two types of labor mar-
ket polarizations, one internal to labor markets 
where the affluent live, and one between labor 
markets, poorer places being increasingly sep-
arated from affluent households.

these years do not refute main conclusions discussed in the text (for a more inclusive and multidimensional set 
of measurements of precarious and insecure work relations, see, in this issue, Lambert, Henly, and Kim 2019; 
Liu and Nazareno 2019; Pedulla and Mueller-Gastell 2019).

25. Specifically, the inverse of percentage poor.

26. We find one contradictory piece of evidence to our general conclusions: areas with high poverty and with 
low affluence concentration have higher proportions of prime-age less-educated men not in the labor force. 
Thus, although the economic conditions of the low end of the labor market are converging across labor markets, 
access to any form of employment in poorer areas have increased for less-educated men.
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Source: Authors’ compilation based on 1950–2000 census and 2005–2015 American Community Sur-
vey data (Ruggles et al. 2019).
Note: Lines computed from locally weighted regressions of the percent of prime-aged part-time work-
ers in a commuting zone against variables indicated along the x-axis, separately by year. Bandwidth = 
0.6.

Figure 8. Percent Prime-Age High School or Less Working Part Time
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These findings support recent arguments of 
the contemporary interdependence of afflu-
ence and low-paid labor. For example, Wilmers 
uses the example of restaurant workers (2017). 
An important cultural taste of modern afflu-
ence is the selection of a dining choice from 
many restaurants. Such a choice requires the 
employment of multiple low-paid jobs, such as 
line cooks and wait staff. Similarly, Mazzolari 
and Ragusa highlight the reliance of high-
earning households on outsourced domestic 
work, jobs that typically fall to lower-paid, fre-
quently immigrant labor (2013). In sensitivity 
analyses, we find that affluence concentration 
was positively correlated with home substitu-
tion industry employment, but not similar non-
tradable industries. These contrasting correla-
tions emerged after 1990, which roughly 
corresponds with our results. We also find 
home substitution employment to uniformly 
have lower mean, median, and 90th percentile 
wages relative to workers with a high school de-
gree or less outside home substitution indus-
tries. In total, our results support recent argu-
ments of the emergence of a reliance of affluent 
households on poorer ones.

At the same time, commuting zones with 
large stocks of poor households have consis-
tently been isolated from affluent households. 
And growth of poverty, particularly from 2000 
onward, associates negatively with the propor-
tion of affluent households. As a sensitivity 
analysis, we estimated recentered influence 
function regressions predicting the proportion 
of affluent households with the proportion of 
poor households, and we found that the coef-
ficient of poverty was significantly more nega-
tive at higher quantiles of the poverty distribu-
tion. Thus, entrenched poverty contributes to 
pushing affluence away. Combined with the 
earlier results, these findings suggest a broad 
polarization occurring across local labor mar-
kets. Local places tend to be either polarized, 
increasingly defined by the coresidence of af-
fluent and poor households, or excluded from 
affluence and largely defined by poverty.

Our second main conclusion is that geogra-
phy is becoming increasingly important for 
high-end pay and increasingly unimportant for 
low-end pay. We find that low-wage differences 
across commuting zones declined considerably 

between 1950 and today, whereas geographical 
differences in high-end pay are as large as they 
have ever been in the post–World War II era. 
Although less-skilled workers do tend to earn 
higher wages in richer, more densely populated 
places, the magnitude of these benefits has de-
clined substantially over time. We also docu-
ment the broadly shared emergence of part-
time work for less-educated workers, which we 
use as a proxy for contingent employment, 
along dimensions of brain hubs. Thus, not only 
have low wages converged across places, but so 
has the risk of precarious work for low-wage 
workers. In total, we observe starkly diverging 
trends. Geography is increasingly important for 
the rich and increasingly unimportant for the 
poor.

These findings add an additional wrinkle 
to recent research on low-paying work. Re-
moval of protective rents for workers increases 
overall inequality, but removes inequality at-
tached to structural positions. Just as the de-
cline of labor union power has reduced the 
importance of between-group inequality be-
tween union and non-union members but in-
creased overall inequality (Western and Rosen-
feld 2011) and earnings volatility (VanHeuvelen 
2018b), changes to economic markets, social 
policies, organizational management prac-
tices, and social norms—we argue—have led to 
a reduction of between-place inequality for 
low-wage workers, but greater overall inequal-
ity between the top and the bottom. If economic 
opportunities, rents, and power resources are 
being removed among the lower-paid segment 
of the labor market, it makes intuitive sense that 
one should observe convergence of wage setting 
across areas.

Relatedly, Weeden and Grusky note the 
asymmetric rent destruction and creation oc-
curring at the bottom and top ends of the labor 
market (2014). That trends of high and low pay 
diverge suggests that these patterns play out to 
create contrasting geographical consequences 
at the tails of the labor market. These changes 
might create additional challenges for lower-
paid workers in affluent areas. Sociologists and 
social psychologists have noted the importance 
of relative economic standing for happiness, 
well-being, and senses of self-worth (for exam-
ple, Alderson and Katz-Gerro 2016). It may be 
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that the positive wage gains of low-wage work-
ers in affluent areas correspond with negative 
social status and psychological burdens.

These findings cast doubt on some of the 
rosier claims made by scholars of geographical 
inequality. Moretti, for example, argues that the 
agglomeration-induced wage gains made by 
highly skilled workers in brain hubs had widely 
shared benefits (2012). Similarly, Glaeser and 
his colleagues argue that the coresidence of 
poor and affluent households in the same labor 
market misidentifies contemporary polariza-
tion with the poor being drawn to locations of 
economic opportunity (Glaeser et al. 2009; 
Glaeser 2012). We confirm their general find-
ings that low wages tend to be higher in affluent 
areas than in poorer areas. Yet, when we extend 
historical focus across the whole of the post–
World War II era, a leveling of these wage-
boosting effects is clearly observable. Whereas 
low wages differed by 100 percent across labor 
markets in 1960, they differ by only roughly 35 
percent today. That such leveling has occurred 
at the same time that the affluent have concen-
trated in fewer places and witnessed a dramatic 
growth in their wages suggests a slowdown of 
the broadly shared benefits of urban agglom-
eration. We suggest that divergence of rent con-
struction and rent destruction across the wage 
distribution better explain contemporary 
trends than urban agglomeration (Weeden and 
Grusky 2014).

We did not find clear evidence that results 
were primarily driven by group composition 
across commuting zones based on sex, race-
ethnicity, or nativity. Rather, we find that the 
overall trends applied to many groups. It is be-
yond the scope of the current research to ex-
plain why some group trends, such as the gap 
for low pay across CZs for black workers, di-
verge from others. However, we believe future 
research on these topics would be of great use.

We are skeptical of policies that attempt to 
reinvigorate declining geographical mobility 
(Molloy et al. 2011, 2017). Think tanks and pop-
ular stories highlight the sharply diverging eco-
nomic trajectories of rural and urban areas (for 
example, Strain 2014; Hsieh and Moretti 2015; 
Lindsey and Teles 2018), leading some to argue 
that financially incentivizing geographical mo-
bility out of low-income areas into urban cores 

would be a silver bullet to the problem of low-
wage work, and more generally, economic 
growth. All that seems to be stopping individu-
als is the cost to move, local housing costs, or 
perhaps cultural attachment to place. Our find-
ings suggest that such a focus might place too 
much emphasis on the upper and upper-
middle end of the wage distribution. A critical 
and often overlooked trend is that bad jobs are 
increasingly bad wherever one looks. Attempts 
to shift low-skill workers from one labor market 
to another might not adequately address the 
broad leveling of rents among such workers.

Our focus was on the dynamics of polariza-
tion across all labor markets of the United 
States. An important shortcoming of this focus 
is that it ignores the critical dynamics of wage 
setting and segregation that occur within large 
U.S. labor markets. Reardon and Bischoff, for 
example, find growing income segregation 
leading to greater income inequality among 
large cities in recent decades (2011). Lichter and 
colleagues find increasing place-based segrega-
tion within large urban areas (2015). There 
could well be important heterogeneity occur-
ring below the overall trends we assess. More 
generally, scholars have thoroughly docu-
mented the different challenges of reducing 
poverty in rural and urban areas (Lichter and 
Schafft 2016; Patillo and Robinson 2016). Future 
research might fruitfully assess the qualities of 
low-wage workers and poor households across 
labor markets and over time. What occupations 
and householding characteristics define low-
wage workers in affluent and poor places, and 
what are the wage differences of low-wage work-
ers, adjusted for demographic and occupa-
tional characteristics? It might be that wages 
are higher in affluent areas for low-wage work-
ers when comparing workers with similar age 
profiles, occupational, and industry character-
istics. Similarly, the composition of poor house-
holds across areas can reveal important local 
risk profiles for poverty reduction policy deci-
sions.

Several additional caveats are in order. If 
more affluent areas have higher rates of devel-
opment, investment, cultural amenities, public 
services, and industrial concentration, then 
these places may offer more lucrative opportu-
nities for workers across the life course. Fur-
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thermore, if affluent areas have broader educa-
tional and vocational training opportunities, 
low-wage workers in these areas might be better 
positioned for upward mobility (Schultz 2019). 
Additionally, densely populated cities may offer 
benefits to low-wage minority workers. For ex-
ample, Devah Pager’s audit studies in New York 
City revealed companies that discriminated 
more and less against minority applicants 
(2016). The simple presence of a greater stock 
of employers in larger areas might allow for 
greater opportunities to find those who do not 
discriminate as intensely.

Our study follows labor markets, not indi-
viduals, over time, meaning that we might miss 
important upward wage attainment dynamics 
for lower-wage workers in more affluent labor 
markets. We cannot track wage and labor mar-
ket residence changes at the individual-level 
with these census data, making this question 
beyond the scope of the current study. Yet vari-
ation in mobility trends across labor markets 
is an important mechanism of agglomeration 
identified by both Glaeser and Moretti, and 
such variation may well offset some of the con-
vergence among low wages that we have docu-
mented in this article. Conversely, sensitivity 
analyses show that labor markets with contem-
porary high concentration of affluent house-
holds also tend to have higher levels of wage 
inequality. And Raj Chetty and his colleagues 
show local inequality has dampened intergen-
erational income mobility in recent decades, 
suggesting that the current takeoff of top pay 
might similarly depress upward individual-
level wage mobility in these labor markets 
(2014). Nevertheless, such an argument is spec-
ulative, and so future longitudinal work at the 
individual level is needed to qualify results pre-
sented here.

The recent push for minimum wage to be 
set at living wages and some localities’ adop-
tion of $15 minimum wages is an important de-
velopment to be examined as future waves of 
ACS data become available. The Economic Pol-
icy Institute identifies forty-two localities that 
have a minimum wage mandate above state lev-
els (2018). When passed in locations with a high 
concentration of affluence, such as Seattle, 
Washington, D.C., New York City, the San Fran-
cisco metropolitan area, and Chicago, these 

policies may assist in raising the standard of 
living for low-wage workers in these areas. It 
may be that future research detects a policy-
driven, rather than agglomeration-driven, re-
versal of the trends documented here. Future 
research would do well to assess how such local 
minimum wage policy changes affect the long-
run trends documented here.

In total, we argue that wage polarization is 
a manifestation of negative labor market out-
comes for low-wage workers, not only those far 
removed from affluent labor markets, but in-
creasingly those inside them as well. Geograph-
ical location of residence remains important 
for economic opportunity, but this has become 
increasingly restricted to the choice of highly 
paid workers. Overall, our study has demon-
strated the important geographical conse-
quences and implications of contemporary 
changes to low-paying and contingent work.
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Since the 1970s, demographic and institutional 
changes such as globalization and market lib-
eralization have led to an internal reorganiza-
tion of enterprises’ business models with direct 
consequences to employment. Technological 
advancements and automation also played a 
role in the changing nature of work by creating 
new jobs while making others obsolete. The po-
larization between good and bad jobs, as well 

The Changing Quality of 
Nonstandard Work 
Arrangements:  
Does Skill Matter?
Cathy Ya ng Liu a nd Luísa Naz areno

This article explores the implications of nonstandard employment for types of workers and their change over 
time. Using data from 1995, 2005, and 2017, we trace the evolving forms of nonstandard employment over 
the last decade and the associated job-quality patterns for workers with different skills, measured by educa-
tion levels and occupation tasks. We find that nonstandard employment reduces earnings and weekly work 
schedule but does not affect the likelihood of feeling insecure about job continuity for workers in general. 
However, a closer examination reveals considerable variation along these three dimensions: highly educated 
nonstandard workers have lower earnings and fewer working hours than traditional workers over time and 
nonstandard routine occupation workers tend to feel greater job insecurity. Variations across gender and 
race-ethnicity are also discussed.

Keywords: nonstandard work arrangements, job quality, skills

as the flexibilization of employment contracts, 
raised concerns over the impacts of such 
changes for workers and their families (Weil 
2014; Kalleberg, Reskin, and Hudson 2000; Au-
tor 2015a; Abraham et al. 2017).

New forms of work, characterized by higher 
flexibility and looser ties between workers and 
employers, started to spread in the United 
States and elsewhere in the 1990s. Such non-
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standard arrangements, also labeled as 
marked-mediated arrangements, nontradi-
tional employment relations, or flexible ar-
rangements, are frequently associated with 
higher insecurity and precarity of work (Kalle-
berg 2000). Recently, the emergence of work en-
abled by technological advancements and on-
line platforms has contributed to the debate 
between flexibility and insecurity that charac-
terizes nonstandard employment. The Great 
Recession has also intensified insecurity and 
job-quality concerns in the economy (Howell 
and Diallo 2008; Holzer et al. 2011; Kalleberg 
2009). In this context, it is important to under-
stand the temporal trends and effects of a 
changing workplace on job quality and worker 
well-being in order to formulate effective public 
policy.

To date, the consequences of these employ-
ment changes are mixed. On the one hand, the 
increasing insecurity and precarity of jobs raise 
concerns regarding the quality of work and im-
pacts on workers’ lives and families (Kalleberg 
2011; Harris and Krueger 2015). New organiza-
tional strategies of firms, such as outsourcing, 
have been empirically associated with wage pen-
alties to workers, reduction of benefits and 
unionization, and income inequality (Dube and 
Kaplan 2010; Goldschmidt and Schmieder 2017). 
On the other hand, the inherent flexibility of 
alternative employment and the emergence of 
new arrangements provide employees with 
tools to deal with increasing family responsi-
bilities, income volatility, as well as comple-
ment their earnings (Farrell and Greig 2016a, 
2016b; McKinsey & Company 2015; Golden 
2008).

The ability to take advantage of the benefits 
of nonstandard arrangements and avoid their 
downsides varies among workers. Existing lit-
erature suggests that higher skills increase the 
odds of benefiting from flexibility given their 
leveraging power (Golden 2008; Kalleberg 
2011, 2003), and that low-skill workers tend to 
be more vulnerable to precarity and segrega-
tion (Kalleberg 2011; Kalleberg, Reskin, and 
Hudson 2000; Catanzarite 2000). The distinc-
tions among those groups as well as across dif-
ferent types of alternative arrangements, skill 
levels, and industry sectors are significant (Liu 

and Kolenda 2012). However, research on the 
implications of nonstandard work arrange-
ments for workers with different skills is inad-
equate.

This article addresses the question by dis-
tinguishing job-quality patterns between stan-
dard and nonstandard employment arrange-
ments for workers with different skills from 
1995 to 2017. We are interested in how job qual-
ity in traditional and nonstandard employment 
differs for low-skill, middle-skill, and high-skill 
workers, as well as how such differences change 
over time. Although job quality is a multidi-
mensional and broad concept, we focus on 
three dimensions: earnings, working hours, 
and expectations regarding job continuity. We 
measure skill level using two approaches: edu-
cational attainment and job task content.

Our results establish the overall negative ef-
fects of nonstandard employment on job qual-
ity for workers in general, though the exact ef-
fects vary by skill. We find stronger effects on 
high-skill workers, who worked fewer hours 
and received fewer earnings over time. Low-
skill workers in alternative arrangements 
worked fewer hours, but the gap seems to be 
gradually closing. For these workers, the wage 
penalty showed up only when measured as 
workers in manual nonroutine occupations, 
but not when measured as low-educated. Mean-
while, evidence is not convincing of differences 
in wages or work schedules for middle-skill 
workers in alternative arrangements, despite 
their feeling increasingly insecure about their 
job continuity in the future, a fact not shared 
by the other classes of workers.

The findings for earnings and expectations 
are robust for all workers and male-only sam-
ples, but the difference in the weekly hours 
worked in nonstandard arrangements disap-
pear or increase if female workers are excluded. 
Such difference indicates that there might be 
some self-selection of workers who need to 
combine paid and unpaid work for family or 
other reason who opt for such arrangements. 
We also find evidence of differences in pay and 
hours worked by race-ethnicity, but a closer 
look at how such differences interact with non-
standard emloyment is pending. These areas 
require future investigation.
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1. Contingent and nonstandard employment are overlapping yet different concepts in the CWS. Contingent is 
“any job in which an individual does not have an explicit or implicit contract for long-term employment or one 
in which the minimum hours worked can vary in a nonsystematic manner” (Polivka and Nardone 1989, 11). The 
key distinction is that contingent workers either do not expect their jobs to last or have a temporary job. As a 
result, not all workers in alternative arrangements are contingent, and not all contingent workers are in alterna-
tive arrangements.

Concep tualizing Nonstandard 
Employment Arr angement
The conceptualization of nonstandard employ-
ment distinguishes from traditional nine-to-
five work arrangements in which workers are 
expected to work full time for an indefinite pe-
riod within the employers’ place of business 
and under their supervision. Such arrange-
ments were labeled with different terms over 
time, such as alternative arrangements, market-
mediated arrangements, nontraditional em-
ployment relations, flexible arrangements, and 
atypical employment, among others (Kalleberg 
2000). This essay uses nonstandard and alter-
native arrangements interchangeably.

In 1995, the Bureau of Labor Statistics (BLS) 
and the Census Bureau launched the Contin-
gent Work Supplement (CWS) to the Current 
Population Survey (CPS), a survey designed 
specifically to provide detailed information on 
workers with nonstandard employment ar-
rangements. The CWS defines alternative work 
arrangements as those “arranged through an 
employment intermediary such as a temporary 
help firm,” or involving jobs that the “place, 
time, and quantity of work are potentially un-
predictable” (Polivka 1996, 7).1 The CWS opera-
tionalizes alternative employment in the fol-
lowing categories: independent contractors 
(including consultants and freelancers), on-
call workers and day laborers, temporary help 
workers (those paid by temporary help agen-
cies regardless of whether their job is tempo-
rary), and workers provided by contract firms 
(BLS 2005).

Workers under alternative employment ar-
rangements include individuals performing 
varying tasks. Some of these jobs—such as in-
dependent contractors in farms and construc-
tion, on-call workers as substitute teachers and 
performance artists—have existed in the United 
States for decades; the growth of temporary 
help started in the aftermath of the World War 
II (Polivka 1996). Contract-out workers gained 

momentum after the 1970s as a result of the 
restructuring of the global economy and the 
adoption of new corporate strategies (Weil 
2014). In the past decade, new arrangements 
enabled by online platforms (also known as gig 
work) have attracted attention as one of the 
fastest growing segments of the labor markets 
(Farrell and Greig 2016a; Abraham et al. 2017).

Nonstandard Arr angements  
and Job Qualit y
Institutional and demographic changes have 
had significant impacts on employment from 
the second half of the twentieth century. The 
workforce became larger and more diversified 
through increasing female participation, rising 
educational attainment, and easier access to 
global labor markets (Kalleberg 2011; Goldin, 
Katz, and Kuziemko 2006). At the same time, 
the search for flexibility and costs reduction 
originated new business models, in which big 
enterprises shed employment to networks of 
smaller firms while setting strict standard con-
trols for their performance and blurring the re-
lationship between workers and employers—a 
scenario Weil 2014 describes as a “fissuring 
workplace.” Moreover, technological advance-
ments, such as automation and computeriza-
tion, progressively substituted workers per-
forming routine tasks that characterized many 
of the middle-skill occupations (Autor 2015a, 
2015b).

Following these changes, recent decades 
saw a growing polarization between good and 
bad jobs and a hollowing of the middle occupa-
tions. A good job features relatively high earn-
ings, training and promotion opportunities 
over time, fringe benefits, some worker control 
over schedule and work content and duration, 
stability, occupational health, and safety (Kalle
berg 2011; Bernhardt et al. 2015; Clark 2005). 
Conversely, bad jobs are those with lower pay-
ments, fewer opportunities and benefits, and 
more insecurity. Jobs in between are relatively 
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2. Outsourcing is a growing trend, but independent from work arrangements as discussed here. The example is 
only an illustration of the higher vulnerability of low-skill workers in general.

stable and well paid but do not require a high 
level of skills from workers, such as those in the 
big corporations and manufactures of the 
twentieth century. In this context, by the end 
of the century, education has become the great 
divide between workers with better and worse 
jobs, and between high- and low-paid occupa-
tions (Fischer and Hout 2016).

Job quality is, therefore, central to the dis-
cussion, but measuring it is somewhat chal-
lenging given its multidimensional and subjec-
tive nature. Often, given data availability, its 
operationalization captures only some dimen-
sions. Arne Kalleberg, Barbara Reskin, and Ken 
Hudson, for instance, operationalize the “bad-
ness” of a job based on the share of low-wage 
workers, and workers with no pension and 
health insurance (2000). In this essay, we focus 
on three of the dimensions suggested by the 
literature: earnings, hours worked, and future 
expectations.

Nonstandard work arrangements have 
mixed implications for workers. On the one 
hand, higher flexibility allows workers to deal 
with personal and family responsibilities, in-
crease work-life satisfaction, as well as their 
ability to deal with income volatility and com-
plement earnings (Farrell and Greig 2016a; 
Golden 2008). In particular, the growing will-
ingness of workers to engage in the emerging 
gig economy supports the notion that they 
value flexibility (Donovan, Bradley, and Shima-
bukuro 2016). On the other hand, the flip side 
of flexibility is insecurity, which tends to be 
greater for workers with alternative work ar-
rangements who are likely positioned at the pe-
riphery of organizations with weaker linkages 
to the organizational core (Kalleberg, Reskin, 
and Hudson 2000; Kalleberg 2012, 2003). Job in-
security further intensified after the Great Re-
cession (Holzer 2011).

The implication of nonstandard employ-
ment would vary for workers with different 
skills. The literature suggests that higher skills 
increase the odds of benefiting from flexibility 
given its greater leverage power (Golden 2008) 
and that the correlation between worker skills 
and job quality over time is increasing (Holzer 

2011; Holzer et al. 2011). Having more portable 
skills elevates workers’ likelihood of being em-
ployed in diverse organizations and therefore, 
having relatively more stability in occupations 
(Kalleberg 2003).

Overall, higher skills are assets that employ-
ers value and, consequently, increase the bar-
gaining power of workers (Kalleberg 2011; Cat-
anzarite 2000; Carnoy, Castells, and Benner 
1997). Inversely, low-skill workers have less bar-
gaining power and are more easily replaced, 
thus tend to be more vulnerable to worsening 
labor market conditions regardless of employ-
ment arrangement (Kalleberg 2011). For in-
stance, the outsourcing of typical low-skill oc-
cupations such as janitorial, security, and 
cleaning services have been empirically associ-
ated with significant wage and benefit penal-
ties in the United States and Germany (Dube 
and Kaplan 2010; Goldschmidt and Schmieder 
2017).2 Middle-skill workers make up a large 
share of the workforce. Given the elimination 
of many middle-skill jobs by automation, the 
displacement of workers and mismatch be-
tween skills and jobs are both growing (Autor 
2015b; Holzer et al. 2011). To our knowledge, 
research on the effects of nonstandard em-
ployment particular to these workers is inad-
equate.

Workers in alternative arrangements are 
substantially diverse, and industries with 
higher contingency rates tend to have a higher 
share of low-skill workers (Liu and Kolenda 
2012). Within the four types of alternative ar-
rangements, the distribution of skills varies. 
On-call, temporary, and contracted-out workers 
tend to have higher shares of low-skill workers 
than standard arrangements, and independent 
contractors tend to have higher shares of high-
skill workers than any of the other nonstandard 
and standard arrangements (Katz and Krueger 
2019; Hippel et al. 2006). Such complexities call 
for a deeper understanding of the effects of 
nonstandard employment on job quality for 
different works. This article contributes to this 
discussion by testing how the impacts on job 
quality vary for workers with different skills and 
how such effects change over time.
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3. “The distinction between cognitive and manual jobs is straightforward, characterized by differences in the 
extent of mental versus physical activity. The distinction between routine and non-routine jobs is based on the 
work of Autor, Levy, and Murnare (2003). If the tasks involved can be summarized as a set of specific activities 
accomplished by following well-defined instructions and procedures, the occupation is considered routine. If 
instead the job requires flexibility, creativity, problem-solving, or human interaction skills, the occupation is non-
routine” (Jaimovich and Siu 2014, 8),

4. For a full description of the classification of occupations, see Jaimovich and Siu 2014, A2.

5. Workers in farming, fishing, and forestry were not considered in the analysis. These totaled 1,331 in 1995, 265 
in 2005, and 398 in 2017.

6. For the correspondence of our two measures of skills, see table A1. In all years, around 73 percent of highly 
educated workers were performing high-skill jobs (nonroutine cognitive occupations), however the correspon-
dence is worse for middle- and low-skill workers. To the former, 60 percent of middle-educated workers were 

Data and Methodology
Our analysis made use of the 1995, 2005, and 
2017 CWS surveys to trace the changing job 
quality of nonstandard employment over two 
decades. The Bureau of Labor Statistics and the 
Bureau of Census introduced the CWS in 1995 
to gather detailed information on workers in 
alternative work arrangements (Census Bureau 
1995, 2005, 2017). The survey was carried out in 
1995, 1997, 1999, 2001, 2005, and 2017. The re-
cent release of CWS data offers an opportunity 
to update what is known about nonstandard 
workers.

Our samples comprise civilian individuals 
age sixteen and older who worked for either pay 
or profit in the week previous to the interview: 
54,122 observations in 1995, 42,537 in 2005, and 
46,144 in 2017. For each year, we used a dummy 
variable to distinguish between workers in 
standard versus nonstandard work arrange-
ments. Nonstandard workers include those 
who are independent contractors, on-call, day 
laborers, temporary help agency workers, or 
contracted workers; others are defined as stan-
dard workers by a 2005 CWS technical note (BLS 
2005). We did not break nonstandard arrange-
ments further in our analysis due to the re-
duced sample size of some categories.

We operationalized skills through qualifica-
tions and occupations, the two most commonly 
used indirect indicators of skills (Eurostat 
2016). We used educational attainment as a sig-
nal of worker skills as follows: low-, high-, and 
middle-skill workers correspond to workers 
with less than a high school degree, workers 
with a bachelor’s degree or higher, and workers 
in between, respectively. This approach has the 

advantage of readily available information, but 
it is limited when skills are acquired not only 
through formal education, but also through on-
the-job training, and genetic inheritance, such 
individual characteristics (Becker 1994).

Complementing the first approach, we also 
categorize workers’ skills by the content of the 
tasks and qualifications required for them to 
perform their occupations. We follow the skill-
biased technological change literature and di-
vided occupations according to cognitive ver-
sus manual, and routine versus nonroutine 
tasks (Acemoglu and Autor 2010; Jaimovich and 
Siu 2014; Foote and Ryan 2014).3 Low-, middle-, 
and high-skill occupations are, respectively, 
nonroutine manual occupations, routine occu-
pations, and nonroutine cognitive occupa-
tions.4 Nonroutine manual occupations are 
essentially service occupations, whereas non-
routine cognitive include managers, profession-
als, and technicians. Routine occupations are 
the ones in the middle of the skills distribution, 
including cognitive jobs (such as sales, and of-
fice and administrative support) and manual 
ones (blue-collar jobs) (Jaimovich and Siu 2014).5

We capture skills by first running models 
controlling for educational attainment and oc-
cupations for each year. Second, we stratify 
workers by educational levels and run models 
controlling for task content of occupations. 
Third, we stratify by occupations controlling for 
education. In all models, the variable of inter-
est is the dummy for nonstandard work ar-
rangement, which captures varying job quality 
for different workers .6

Job quality is a multidimensional concept, as 
discussed earlier, and we focus on three dimen-
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sions: hourly earnings, weekly hours worked, 
and expected job continuity. We used the loga-
rithm of the hourly earnings from the main job 
to test the hypothesis that nonstandard employ-
ment has a depressing effect on earnings. We 
calculated hourly earnings by dividing weekly 
earnings7 by the total hours worked weekly at the 
main job. We trimmed the extreme values of 
hourly earnings below $1 and above $100 follow-
ing the literature (Lemieux 2010; Spletzer and 
Handwerker 2014; Schmitt 2003).

The second dependent variable is total 
weekly hours worked in all jobs, a variable cre-
ated by adding total hours worked on the main 
job and all other jobs combined. We used it to 
test the hypothesis that nonstandard workers 
have different work schedules from comparable 
traditional workers. Because both earnings and 
hours worked are interval variables, we used 
ordinary least squares to test the first and the 
second hypotheses.

To test whether nonstandard employment 
caused higher insecurity, the last dependent 
variable was a dummy for expected job continu-
ity, coded one for workers who said that they 
could continue to work at their current job as 
long as they wished, provided that the economy 

did not change and their job performance was 
adequate, and zero otherwise. To test this hy-
pothesis, we used logistic regressions. All mod-
els include standard demographic control vari-
ables for race-ethnicity, sex, age, marital status, 
and nativity.

Finally, to test the robustness of our results, 
we ran all models for male workers only. The 
rationale for the test is to capture potential un-
observable factors that may result in self-
selection of workers in nonstandard work ar-
rangements, such as the willingness to combine 
paid and unpaid work in their schedules.

Descrip tive Statistics
Nonstandard workers remained roughly 10 
percent of the workforce during the entire pe-
riod (table 1). Around 63 percent of the non-
standard workers remained as independent 
contractors, independent consultants, and 
freelancers. On-call workers and day laborers, 
and temporary help agency employees’ shares 
decreased slightly from 16.2 percent to 15.7 per-
cent and from 9.7 percent to 8.5 percent respec-
tively from 1995 to 2017. Contracted workers ex-
perienced a slight growth from 11.7 percent to 
12.0 percent.

Table 1. Workers by Employment Arrangement

  1995 2005 2017

Employment Arrangement Frequency Percent Frequency Percent Frequency Percent

Standard 48,757 90.1 37,884 89.1 41,307 89.5

Nonstandard
5,365 9.9 4,653 10.9 4,837 10.5

Independent contractors, 
consultants, and freelancers

3,348 62.4 2,948 63.4 3,082 63.7

On-call workers and day laborers 867 16.2 826 17.8 761 15.7
Paid by temporary help agencies 522 9.7 366 7.9 413 8.5
Contracted out 628 11.7 512 11.0 582 12.0

Total 54,122 100 42,537 100 46,144 100

Source: Authors’ compilation based on CWS 1995, 2005, and 2017 (U.S. Census Bureau 1995, 2005, 
2017).
Note: Data weighted using CWS supplement weights.

performing routine occupations in 1995 and 2005, dropping to 54 percent in 2017. To the latter, the correspon-
dence fluctuated from 41 percent in 1995 to 32 percent in 2005 and 35 percent in 2017.

7. Due to the rotation groups methodology, CWS included information only on earnings of workers who were on 
rotation groups four and eight in February of each year. For the remaining workers, we used the earnings infor-
mation from the earnings files, where available.
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8. Abraham and her colleagues discuss some items that may have turned the Rand data incomparable to CWS, 
such as: internet-based survey rather than interviews; in RPCWS respondents answer questions about them-
selves whereas in CWS they answer to all members of the household; the sample of respondents of RPCWS 
was assembled from a variety of sources with unknown nonresponse rates, which may lead to a lesser repre-
sentativeness of the U.S. population, and so on (2017). The authors also point to the stability in the share of 
nonstandard arrangements found in the General Social Survey 2002, 2006, 2010, and 2014 as grounds for 
caution in comparing the Rand survey and CWS.

CWS 2017 data portray a pattern that contra-
dicts previous findings that the share of non-
standard workers reached 15 percent in 2015 
driven mostly by the growth on contract-out 
workers (Katz and Krueger 2019). These esti-
mates used the Rand-Princeton Contingent 
Worker Survey (RPCWS) data, a survey inspired 
on CWS and intended to fill its ten-year void. A 
possible explanation for the differences in es-
timates between CWS 2017 and RPCWS 2015 are 
the surveys’ designs, which may have led to 
comparisons that are possible in concept but 
not in practice (see Abraham et al. 2017).8

Breaking down both the standard and non-
standard workers by their educational attain-
ment levels, we see that all three levels are well 
represented in the nonstandard workforce (ta-
ble 2), consistent with previous studies (Liu and 
Kolenda 2012; Hippel et al. 2006). More than 
half of all workers are in the middle-educated 
category—those with a high school diploma 
but without a college degree. Although their 

share is decreasing, they remain the largest sec-
tion of the U.S. workforce and make up 53 per-
cent of standard workers and 54 percent of non-
standard workers in 2017. Highly educated 
workers—the fastest growing share of the work-
force—were equally represented in standard 
and nonstandard work arrangements in 2017 
(roughly 38 percent). Meanwhile, low-educated 
workers in traditional arrangements experi-
enced an overall decline during these twenty 
years from 12 percent to around 8 percent, but 
the drop in nonstandard arrangements ac-
counted for 1.5 percentage points only.

By measuring skills through occupational 
task content, we observe a decline in the rou-
tine occupations in both standard and non-
standard work arrangements from nearly 50 
percent in 1995 to 40 percent in 2017, illustrat-
ing the hollowing of the middle-skill occupa-
tions’ thesis (Kalleberg 2011; Autor 2015b; Ace-
moglu and Autor 2010; Foote and Ryan 2014). 
Although nonroutine manual occupations re-

Table 2. Share of Workers by Skill Level and Employment Arrangement

  1995 2005 2017

  Standard
Non

standard Standard
Non

standard Standard
Non

standard

Skills as educational 
attainment

Low education 11.8 11.1 10.8 11.2 8.1 9.6
Middle education 62.0 58.7 59.0 56.8 54.1 52.7
High education 26.2 30.3 30.2 32.0 37.8 37.7

Skills as occupational  
tasks content

Nonroutine manual 17.9 17.5 15.6 16.6 17.2 19.5
Routine 49.5 48.0 49.2 45.9 41.9 40.0
Nonroutine cognitive 32.6 34.6 35.3 37.5 40.9 40.6

Source: Authors’ compilation based on CWS 1995, 2005, and 2017 (U.S. Census Bureau 1995, 2005, 
2017).
Note: Data weighted using CWS supplement weights. N in 1995, 2005, and 2015 are, respectively, 
54,122, 41,829, and 46,144.
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mained relatively stable in standard arrange-
ments over the period, in the nonstandard 
group it increased by 2 percentage points up to 
19 percent in 2017. Nonroutine cognitive occu-
pations grew steadily from around 33 percent 
in 1995 to roughly 40 percent in 2017.

Educational attainment is a common mea-
sure of skills’ supply (it corresponds to each 
individual worker characteristic); occupations 
provide a measure of demand for skills (tasks 
are essentially a job characteristic). The in-
crease of educational levels accompanied by 
the decrease in middle-skill occupations (rou-
tine) and stability of low-skill occupations 
(nonroutine manual) supports the hypothesis 
of a skill mismatch between workers and jobs 
(Eurostat 2016; Holzer 2011).

Demographic Characteristics
Table 3 provides a demographic overview of 
workers, displaying the variables we used as 
controls in the empirical analysis. Female 
workers made up nearly half of the standard 
workforce but remained less represented 
among nonstandard workers over the period 
(roughly 38 percent). In the three observation 
years, workers were on average older in non-
standard than in standard arrangements, and 
such differences became even larger in 2017.

Regarding racial-ethnic composition, the 
share of white workers has declined over the 
period, dropping by 14 percentage points in 
standard and 17 percentage points in nonstan-
dard arrangements from 2005 to 2017. The 
share of African American workers in the non-
standard workforce grew by 2.5 percentage 
points over the period but remained at around 
11 percent in standard arrangements. Further, 
the growing participation of Hispanic and 
other racial-ethnical groups reflect an increas-
ingly diverse workforce. In 2017, Hispanic work-
ers accounted for roughly 17 percent of stan-
dard and nonstandard workers, a growth of 195 
and 245 percent from 1995 respectively. Other 
racial-ethnic groups also registered greater 
shares in the workforce, increasing from 3 per-
cent in 1995 to 8.3 percent in 2017 for standard 
workers and from 2.7 percent to 7.7 percent 
among nonstandard workers during the same 
period.

Finally, although the foreign-born shares 
were similar between two types of workers in 
1995 (around 10 percent) and 2005 (around 15 
percent), their share in nonstandard employ-
ment exceeded that in standard employment 
in 2017. Like the racial-ethnical composition, 
foreign-born individuals have experienced con-
siderable growth in the period.

Table 3. Demographic Characteristics of Workers by Employment Arrangement

  1995 2005 2017

 
Standard

Non
standard Standard

Non
standard Standard

Non
standard

Mean age 38.2 41.1 40.3 43.5 41.7 46.2
Female (share) 47.7 37.9 47.8 38.5 47.9 38.1
Married (share) 60.3 64.6 58.4 62.9 54.5 58.8
Foreign born (share) 10.0 10.0 15.2 15.6 17.3 20.1

Race-ethnicity (share)
White 77.6 82.3 70.2 75.5 63.5 65.0
Black 10.9 8.1 10.6 7.9 11.6 10.5
Hispanic 8.5 6.9 13.0 12.4 16.6 16.9
Other 3.0 2.7 6.2 5.3 8.3 7.7

Source: Authors’ compilation based on CWS 1995, 2005, and 2017 (U.S. Census Bureau 1995, 2005, 
2017).
Note: Data weighted using CWS supplement weights. N in 1995, 2005, and 2015 are, respectively, 
54,122, 41,829, and 46,144.
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9. Due to limited space, we do not show the coefficients for demographics control variables in most tables. Full 
results are available on request.

10. We use the terms comparable and similar to denote that all other variables in the model are held constant. 
In this case, a comparable worker has similar demographic characteristics, same type of work arrangement 
(standard or nonstandard), and similar occupation.

Indicators of Job Quality
Table 4 provides the comparison of job-quality 
indicators for workers with different skills in 
standard and nonstandard work arrange-
ments. Hourly earnings of workers in nonstan-
dard arrangements were higher for low- and 
middle-educated workers, and those in routine 
occupations. Although we do not explore each 
alternative arrangements in detail in this ar-
ticle, we should expect to see considerable vari-
ation in earnings across alternative arrange-
ments as some tend to pay better than others 
(Kalleberg 2003). Low- and middle-educated 
workers worked more hours in alternative ar-
rangements over the years, whereas the oppo-
site is true for high-skill workers in both mea-
sures.

The share of workers who feel uncertain 
about their job continuity fluctuated over time 
among nonstandard workers but remained rel-
atively stable among traditional workers. 
Among highly educated workers in 1995 and 
2005, as well as workers in routine occupations 
in 2005 and 2017, a significantly lower share of 
workers in nonstandard arrangements expect 
jobs to continue. Although the literature sug-
gests increasing insecurity and anxiety in the 
labor markets in general in the aftermath of the 
Great Recession (Holzer et al. 2011), our data 
suggest that this phenomenon is particularly 
related to nonstandard workers in routine oc-
cupations, which may be a consequence of 
automation-related job losses.

Regression Results
We start this section by presenting the effects 
of nonstandard employment on job quality, as-
suming those are the same across skill levels. 
For workers with similar skills (both measured 
as educational attainment and occupation task 
content) and demographic characteristics, non-
standard work had a growing depressing effect 
on earnings over time of roughly 3 percent in 
1995 to 7 percent in 2017 (see table 5).9 Likewise, 
the differences in work schedules increased 

over the period. Workers in nonstandard ar-
rangements worked 0.7 fewer hours than tradi-
tional workers in 1995 and 1.2 fewer hours in 
2017. Nonstandard employment also decreased 
confidence in job continuity. The log-odds of 
expecting job continuity were smaller for com-
parable nonstandard than standard workers in 
1995 and 2005, growing from –0.3 to –0.4, but 
in 2017 was no longer significant.

As expected, higher skills increased expected 
earnings. Low- and middle-educated workers’ 
predicted earnings were less than comparable 
highly educated workers over the entire pe-
riod.10 Similarly, workers performing nonrou-
tine manual occupations (representing low 
skills) and routine occupations (middle skills) 
earned less than comparable workers perform-
ing nonroutine cognitive occupations (high 
skills). High-skill workers, measured by both 
education and occupation task content, had 
longer work schedules in all years.

Demographic variables have the expected 
signs regarding earnings and hours worked. 
Both earnings and hours worked increased with 
age, but at a decreasing rate. Females earned 
approximately 26 percent less and worked six 
fewer hours than comparable males in 1995; 
these differences decreased to 20 percent and 
4.4 hours in 2017, respectively. Black and His-
panic workers earned less than comparable 
white workers, but the data revealed diverging 
trends, the gap increasing from roughly 10 to 
12 percent less for blacks and decreasing from 
7 to 5 percent less for Hispanics from 1995 to 
2017. Meanwhile, workers of other races and 
ethnicities had higher expected earnings than 
whites in 2017. Blacks and Hispanics have 
higher expected weekly working hours, but the 
differences have decreased from 2005 to 2017. 
Further analysis of the interactions between 
such differences and nonstandard employment 
is needed to understand the underlying dynam-
ics. However, like skills, demographic charac-
teristics of individuals did not seem to affect 
expectations, except in the case of foreign-born 
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11. For full models’ results, see table A2.

workers, who were less likely to expect their job 
to continue, holding the remaining variables 
constant.11

In summary, we find overall evidence that 
workers in nonstandard employment arrange-
ments have shorter working schedules and feel 
more insecure about their job continuity, than 
workers with similar skills and demographic 
characteristics in traditional arrangements (fig-
ure 1). Differences in earnings are increasing, 
though a further investigation would require 
more information on nonpecuniary benefits. 
Next, we drop the assumption that the effect of 
nonstandard employment is the same across 
skill levels by stratifying our models.

Nonstandard Employment Effects by 
Educational Attainment Levels
Nonstandard employment arrangements did 
not significantly affect earnings of comparable 
low- and middle-educated workers in 1995 and 
2005 but had a positive effect for the former and 
a negative effect for the latter in 2017 (table 6). 
For highly educated workers, nonstandard em-
ployment represented an increasing wage pen-

alty over the years, growing from roughly –6 to 
–12 percent from 1995 to 2017. Highly educated 
workers in nonstandard arrangements also 
worked significantly fewer hours than their 
counterparts in traditional arrangements, and 
the difference expanded from 1.4 to 3.2 hours 
less over time. The effect was not significant for 
low- and middle-educated workers in most 
years, except for low-educated workers in 1995. 
Finally, there is not enough evidence of differ-
ences regarding job continuity expectations be-
tween standard and nonstandard workers in 
the stratified models, except for highly edu-
cated workers in 2005.

Within all educational levels, tasks content 
performed in each occupational group signifi-
cantly differentiated workers’ earnings and 
weekly schedules (see table A3). Workers in 
nonroutine manual occupations earned less 
and worked fewer hours than those in nonrou-
tine cognitive occupations over time, and the 
difference steadily decreased at all educational 
levels. Distinctly, the earnings gap between rou-
tine occupations (the “middle” jobs) and the 
reference group slightly increased for workers 

Source: Authors’ compilation based on CWS 1995, 2005, and 2017 (U.S. Census Bureau 1995, 2005, 
2017).
Note: Coefficients and confidence intervals on nonstandard employment (dummy) obtained from OLS 
regressions on hourly earnings and weekly hours worked, and logit regressions on expected job conti-
nuity. Models control for education, occupation, and demographics. 

Figure 1. Effects of Nonstandard Work Arrangements on Job Quality of Workers

–10.0 –8.0 –6.0 –4.0 –2.0 0.0 2.0
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in all models. We find no evidence that occupa-
tions differentiated workers regarding future 
expectations.

Therefore, stratifying workers by education 
levels showed that nonstandard employment 
is consistently associated with all three indica-
tors of job quality for highly educated workers. 
One possible explanation for such significant 
effects is that this is the group who prefers and 
can afford to have more flexibility and fewer 
hours worked to combine job and household 
responsibilities (Goldin, Katz, and Kuziemko 
2006). If that is the case, the effects we found 
should not be interpreted as indicators of pre-
carity.

Nonstandard Employment Effects by the 
Content of Tasks Performed in  
Occupations
The stratification of workers by occupational 
tasks content paints a slightly different picture. 
Figure 2 illustrates the summary findings of 
the stratification by education and occupa-
tions. In line with the previous stratification, 
nonstandard employment significantly re-
duced the earnings of high-skill workers (now 
taken as those in nonroutine cognitive occupa-
tions) by 4 percent in 1995, and 13 percent in 
2017 (table 7). Unlike low-educated workers, 
nonstandard employment represented a wage 
penalty of roughly 4 percent for those in non-
routine manual occupations over the entire pe-
riod. Regarding weekly schedule, the conclu-
sions are similar and indicate that low- and 
high-skill workers tend to work fewer hours in 
nonstandard arrangements than comparable 
traditional workers.

An important distinction from the previous 
stratification concerns future expectations for 
middle-skill workers: those performing routine 
jobs are increasingly less secure about their job 
continuity—which may be a consequence of 
the reduction of middle-skill jobs (Jaimovich 
and Siu 2014; Foote and Ryan 2014). Within all 
occupations, education is significantly and pos-
itively related to earnings. Over time, the work 
schedule increased with education for similar 
workers in all occupational categories, but edu-
cation does not significantly differentiate work-
ers performing similar tasks (see table A4).

Robustness Check
Due to the higher flexibility of nonstandard ar-
rangements, it is possible that our findings are 
partially influenced by self-selection of workers 
who might need to combine paid and unpaid 
work and who are less worried about work 
schedule, wage differentials, or job continuity. 
Evidence indicates, for instance, that highly 
educated female workers experience a discon-
tinuity in their careers following motherhood 
and move to jobs with reduced earnings and 
work schedules (Bertrand, Goldin, and Katz 
2010).

To test such a hypothesis, we ran all models 
for male workers only, given that women are 
still those who carry most of the housework 
(Blau and Kahn 2000). Conclusions remained 
unchanged regarding hourly earnings and work 
expectations. Important differences, however, 
were found in work schedule, and we report 
those in table 8.

First, the full model (which assumed the 
same effect for all workers) predicted that non-
standard workers had reduced weekly work 
schedules, but the opposite is true when con-
sidering males only. Second, we previously 
found that low and highly educated workers 
worked fewer hours in nonstandard arrange-
ments, whereas evidence of differences for 
middle-educated workers was insufficient. In 
the males-only models, we do not find signifi-
cant differences for low- and high-skill workers 
(there is variation across years for the latter), 
but middle-educated workers have longer 
schedules. Finally, stratifying by occupation 
task content, we find similar inconclusive evi-
dence of different working schedules for low- 
and high-skill workers (nonroutine manual and 
cognitive occupations), but middle-skill work-
ers (routine occupations) have longer schedules 
in nonstandard arrangements.

Therefore, some self-selection of workers in 
nonstandard arrangements to combine paid 
and unpaid work across skill levels seems plau-
sible. By restricting the sample to males, the 
reduced work schedule effect disappears for 
low- and high-skill workers, whereas for 
middle-skill workers, nonstandard employ-
ment represents an increase in the number of 
hours worked.
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Discussion and Conclusion
In a context of changing nature of employment 
driven by technological and institutional trans-
formations, identifying and monitoring their 
effects on workers is a necessary task to inform 
public policy. Nonstandard arrangements raise 
concerns over employment quality and work-
ers’ well-being, given that these jobs are often 
associated with higher insecurity and fewer 
benefits and protections to workers (Kalleberg 
2011) despite offering more flexibility and new 

tools to deal with volatility (Golden 2008; Far-
rell and Greig 2016a; Abraham et al. 2017).

Nonstandard employment arrangements 
should have different implications for different 
types of workers. This article contributes to this 
literature by providing evidence on the dif
ferentiating effects of nonstandard work on  
job quality of workers with different skills in 
1995, 2005, and 2017. Our analysis focused on 
three indicators of job quality: earnings, hours 
worked, and expected job continuity. We op-

Figure 2. Effects of Nonstandard Work Arrangements on Job Quality by Skill

Source: Authors’ compilation based on CWS 1995, 2005, and 2017 (U.S. Census Bureau 1995, 2005, 
2017).
Note: Panels A and B obtained from OLS regressions. Panel C obtained from logit regressions. For A1, 
B1, and C1, models control for occupation task content and demographics. For A2, B2, and C2, models 
control for education attainment and demographics.

–4
.0

–3
.5

–3
.0

–2
.5

–2
.0

–1
.5

–1
.0

–0
.5 0.0 0.5 1.0

B1. Skills as Education Attainment Level

Middle-
educated

Highly
educated

Low-
educated

–4
.0

–3
.5

–3
.0

–2
.5

–2
.0

–1
.5

–1
.0

–0
.5 0.0 0.5 1.0

B2. Skills as Occupation Task Content

Nonroutine
cognitive

Routine

Nonroutine
manual

Panel B. Difference in Weekly Hours Worked (All Jobs)

–15–25 –10 –5 0 5 10 15

A1. Skills as Education Attainment Level

Middle-
educated

Highly
educated

Low-
educated

–20 –15 –10 –5 0 5 10 15

Nonroutine
cognitive

Routine

Nonroutine
manual

Panel A. Percent Difference in Hourly Earnings (Main Job) 

A2. Skills as Occupation Task Content

–1.5 –1.0 –0.5 0.0 0.5 1.0 1.5

C1. Skills as Education Attainment Level

Middle-
educated

Highly
educated

Low-
educated

–1.5 –1.0 –0.5 0.0 0.5 1.0 1.5

C2. Skills as Occupation Task Content

Nonroutine
cognitive

Routine

Nonroutine
manual

Panel C. Difference in Job Continuity Expectations

2017 2005 1995



1 2 0 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

Table 8. Gender Differences in Effects of Nonstandard Employment on Weekly Hours Worked

  1995 2005 2017

Full model
All workers –0.69*** –0.71*** –1.25***
Males only 0.97*** 0.70*** –0.09

Stratified by educational attainment 
All low-educated –1.38** –1.07* –0.65
Low-educated males –0.09 –0.07 –0.74
All middle-educated –0.23 –0.12 –0.10
Middle-educated males 1.27*** 0.97*** 0.76***
All highly educated –1.37*** –1.80*** –3.19***
Highly educated males 0.87** 0.48 –1.38***

Stratified by occupation task content
All workers in nonroutine manual occupation –1.48*** –1.58*** –0.64
Males in nonroutine manual occupation –0.84 –0.30 –0.31
All workers in routine occupation 0.08 0.19 –0.39
Males in routine occupation 1.63*** 1.17*** 0.14
All workers in nonroutine cognitive occupation –1.56*** –1.67*** –2.50***
Males in nonroutine cognitive occupation 0.46 0.14 –0.47

Source: Authors’ compilation based on CWS 1995, 2005, and 2017 (U.S. Census Bureau 1995, 2005, 
2017).
Note: Data weighted using CWS supplement weights. Table reports coefficients for the nonstandard 
employment dummy obtained from OLS regressions on weekly hours worked.
*p < .1; **p < .05; ***p < .01

erationalized skills both using educational at-
tainment levels and occupational task content. 
Our general finding is that workers in nonstan-
dard employment receive increasingly lower 
earnings and work fewer hours than compara-
ble workers in traditional arrangements. No 
evidence indicates differences in expectations 
of job continuity. However, the effects are het-
erogeneous for subgroups of workers.

Earnings-wise, nonstandard employment is 
increasingly reducing the earnings of high-
skill workers whereas, for middle-skill work-
ers, the wage penalty was significant only in 
2017. For low-skill workers, on the other hand, 
the skills’ operationalization pointed to differ-
ent conclusions: in alternative arrangements, 
nonroutine manual workers received 5 percent 
lower earnings over the entire period and low-
educated workers earned 7 percent more in 
2017. The positive difference seem to be a grow-
ing trend.

Regarding weekly hours worked, high-skill 

workers in alternative arrangements are in-
creasingly working fewer hours than compara-
ble traditional workers. Low-skill workers are 
also working fewer hours, but the overtime 
trend seems to close the gap. For middle-skill 
workers, no evidence suggests different sched-
ules by employment arrangement. The reduced 
working schedules are at least partly explained 
by self-selection of workers who may need to 
combine paid and unpaid work—by restricting 
the samples to male workers, the differences in 
working hours disappear for low- and high-skill 
workers, and middle-skill workers work longer 
hours in alternative arrangements.

Finally, we did not find evidence of nonstan-
dard employment being associated with lower 
expectations of job continuity, except for work-
ers in routine occupations, who are increas-
ingly feeling insecure about the future. This is 
in line with the literature stressing the reduc-
tion of middle jobs in the U.S. economy due to 
automation and institutional changes (Weil 
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2014; Acemoglu and Autor 2010). Insecurity for 
routine occupations may also have increased 
in the aftermath of the Great Recession because 
job losses were concentrated in the middle seg-
ment (Foote and Ryan 2014).

High-skill workers are the fastest growing 
share of the workforce and, in theory, are in the 
best position to benefit from the flexibility and 
protect themselves against insecurity (Golden 
2008; Kalleberg 2011; Holzer 2011). We find that 
in nonstandard arrangements they receive in-
creasingly fewer earnings and work fewer 
hours. Such differences may be explained by 
self-selection of workers who prefer or can af-
ford to be in such a position. If that is the case, 
they should not be interpreted as indicators of 
job precarity.

Low-skill workers, on the contrary, are more 
vulnerable to worsening working conditions. 
These workers have worse jobs regarding earn-
ings and working hours, and, in the educa-
tional operationalization, least expectations 
regarding continuity of their jobs. Therefore, 
although we confirm the literature that associ-
ates lower skills with worse jobs (Kalleberg 
2011; Holzer et al. 2011; Catanzarite 2000; 
Fischer and Hout 2016), we do not find that 

nonstandard employment has a worsening ef-
fect. Rather, it seems that low-skill workers are 
in equally bad jobs regardless of work arrange-
ment, at least according to the dimensions we 
assessed.

Although our analysis provides nuanced ev-
idence on the association between skills and 
nonstandard employment quality, more re-
search is needed to further unpack the underly-
ing dynamics. In particular, differences be-
tween types of nonstandard employment need 
clarification, the mechanisms that lead workers 
to nonstandard arrangements (self-selection 
versus lack of alternatives), as well as the inclu-
sion of other dimensions of job quality such as 
health insurance, pensions, and paid vacation. 
A closer examination of how nonstandard em-
ployment would affect workers with different 
race-ethnicity and immigrant status can also 
reveal important variations. Evidence is con-
vincing that the slow adjustments of legislation 
in the face of new arrangements have opened 
the room for misclassification of workers and 
reduction of their rights (Harris and Krueger 
2015; Weil 2014). A better understanding of 
these workers will help inform future policy de-
sign.
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The U.S. economy has faced numerous changes 
in recent decades, including the increased use 
of technology in the workplace, the decline of 
organized labor and unionization, the polariza-
tion of job quality, as well as the utilization of 
nonstandard employment relationships (Claw-
son and Clawson 1999; Hyman 2018; Kalleberg 
2000, 2009, 2011; Smith 1997). Indeed, millions 
of workers in the United States now labor in 
part-time and temporary positions (Bureau of 

Nonstandard Work and the Job 
Search Process: Application 
Pools, Search Methods, and 
Perceived Job Quality
David S.  Pedull a a nd K atariina Mueller- Gastell

Millions of workers labor in nonstandard employment relationships, such as part-time and temporary jobs. 
Yet little is known about how the job search process is influenced by such positions. This article examines the 
ways that job seekers’ application pools and search processes are shaped by nonstandard employment rela-
tionships. Among our findings is evidence that job seekers are more likely both to perceive nonstandard posi-
tions as being below their skill level and to receive job offers for those positions, presenting many workers 
with a complex trade-off between obtaining a job and working in a position that is poorly matched to their 
skill level. Together, our findings demonstrate how the job search process is shaped by nonstandard employ-
ment relationships with broad consequences for labor market inequality.
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Labor Statistics 2018a, 2018b; Katz and Krueger 
2016). In response, a significant body of schol-
arship has emerged to understand the underly-
ing forces that drive the prevalence and use of 
nonstandard labor (Autor 2003; Kalleberg, 
Reynolds, and Marsden 2003). Researchers 
have also examined the consequences of non-
standard labor for workers’ material and sub-
jective well-being as well as their career trajec-
tories (Epstein et al. 1999; Kalleberg, Reskin, 
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and Hudson 2000; Pedulla 2016). This research 
has provided valuable insights into the causes 
and consequences of nonstandard employ-
ment in the United States and beyond.

Limited scholarship, however, has investi-
gated the ways that the prevalence of nonstan-
dard employment relations shape the job 
search process. Yet, given that these positions 
occupy a large role in the economy, interesting 
questions emerge about who applies for these 
jobs and the methods used to find nonstandard 
employment. Additionally, questions arise 
about how workers perceive the quality of the 
nonstandard positions to which they apply and 
why they might submit applications for these 
types of positions. In this article, we address 
four sets of issues at the nexus of nonstandard 
employment and the job search process.

The first set of questions centers on the ap-
plication pools to which job seekers submit ap-
plications. Scholars have found compelling ev-
idence of racial and ethnic, gender, age, and 
other sociodemographic differences in the 
workers who actually labor in nonstandard em-
ployment positions (Bureau of Labor Statistics 
2018b; Katz and Krueger 2016). Yet we have lim-
ited information about whether workers from 
different sociodemographic backgrounds are 
more likely to apply for part-time and tempo-
rary positions. It is possible that these groups 
of workers are more likely to be in nonstandard 
jobs due to the positions for which they receive 
job offers rather than due to the positions for 
which they actually submit applications. Thus, 
this article explores sociodemographic differ-
ences in the employment relationships of the 
job openings to which job seekers submit ap-
plications.

Additionally, we ask whether job seekers’ ap-
plication pools focus on one employment rela-
tion type—full time, standard, or nonstan-
dard—or whether their application pools are 
better characterized by a mixed status, whereby 
a single job seeker applies for multiple job 
types. Specifically, we ask whether job seekers 
apply for full-time, standard positions, and 
nonstandard positions simultaneously. It is 
possible that during the search for work, indi-
viduals know what type of job they want and 
search entirely for jobs that have a single type 
of employment relationship. However, given 

the prevalence of nonstandard employment, 
job seekers’ application pools may in fact be 
more complex.

Second, we probe the search methods that 
are used during the job search process and how 
these relate to applications for nonstandard po-
sitions. The search methods—network-based, 
informal methods versus formal methods, for 
example—may differ between applications to 
standard and nonstandard positions. Perhaps 
workers are more likely to rely on family, 
friends, and acquaintances to find out about 
nonstandard positions but use the internet and 
other formal sources to learn about full-time, 
standard jobs. Understanding these issues will 
assist in better conceptualizing the matching 
process between workers and job openings in 
the labor market, where nonstandard jobs 
make up a significant share of the available po-
sitions.

Third, we examine how job seekers perceive 
the quality of the nonstandard positions to 
which they apply. Part-time and temporary jobs 
tend to be of lower quality. On average, they of-
fer lower wages and are less likely to provide 
health and pension benefits than full-time, 
standard positions (Kalleberg, Reskin, and 
Hudson 2000), although variation in these po-
sitions is significant. Yet we know little about 
how job seekers perceive the quality of the non-
standard jobs to which they are submitting ap-
plications. Thus, we examine whether job seek-
ers perceive nonstandard jobs to which they 
submit applications as being beneath their skill 
level, an important component of job quality.

Finally, we ask whether applying for non-
standard jobs may be a way for workers to get 
a toehold in the labor market. It is possible that 
employers are less stringent about their re-
quirements for hiring for nonstandard posi-
tions and, thus, workers may be more likely to 
receive job offers for positions that are part 
time or temporary than they would be for full-
time, permanent, standard jobs. If job seekers 
are more likely both to receive job offers from 
nonstandard positions and to perceive these 
jobs as beneath their skill level, an important 
trade-off emerges for job seekers: getting a job 
versus using their skills.

To date, many of these issues have been 
largely absent from conversations on nonstan-
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1. The rise of part-time employment over the past thirty years has been limited, although rates of involuntary 
part-time work did increase during the Great Recession (Dunn 2018). And, though Temporary Help Agency (THA) 
employment has remained relatively stable since the mid-1990s, THA employment increased significantly be-
tween the late 1970s and mid-1990s (Autor 2003; Bureau of Labor Statistics 2018b).

dard employment relationships. This gap in the 
literature is due in part to data limitations. Ad-
dressing these topics requires having detailed 
information about whether the individual ap-
plications submitted by job seekers are for stan-
dard or nonstandard jobs. Surveys with in
formation about the applications submitted  
by individual job seekers are limited and even 
fewer collect information about the employ-
ment relationship that corresponds to the jobs 
to which the individual applied. We draw on an 
original data set that contains this information 
to address these issues.

The Job Se arch Process and 
Nonstandard Work
A significant body of scholarship has pointed 
to the many changes that have occurred in the 
U.S. economy over the past decades. Often re-
ferred to as the “new economy,” researchers 
note how the economic landscape in the con-
temporary United States is generally character-
ized by the relative decline of manufacturing 
jobs and the rise of service-sector jobs, the in-
creased use of technology in the workplace, the 
outsourcing of production, the globalization of 
trade, the polarization of job quality, and the 
rise and prevalence of nonstandard employ-
ment relationships (Autor 2003; Hollister 2011; 
Kalleberg 2000; Smith 1997; Wright and Dwyer 
2003; Clawson and Clawson 1999; Kim and 
Sakamoto 2008). This final aspect of the “new 
economy” is our central focus. Despite ques-
tions about the extent of the rise of nonstan-
dard work (Bernhardt 2014)—such as part-time 
and temporary agency employment—we know 
that millions of workers work in such positions 
in the United States (Bureau of Labor Statistics 
2018a; Katz and Krueger 2016), making our un-
derstanding of how these types of positions in-
tersect with job searching important.

Before moving on to the ways that nonstan-
dard employment relationships may shape  
the job search process, it is useful to define 
what we mean by nonstandard employment. 
Throughout this article, we focus on two types 

of nonstandard work: part-time work and tem-
porary employment.1 Part-time work is the 
most common type of nonstandard employ-
ment and refers to individuals who work fewer 
than thirty-five hours per week (Kalleberg 
2000). Roughly 17 percent of the U.S. labor force 
is in a part-time position (Bureau of Labor Sta-
tistics 2018a). Among those in part-time posi-
tions, approximately a quarter are involuntarily 
working part time, preferring a full-time posi-
tion. Part-time employment shows some occu-
pation and industry variation. Individuals in 
service, sales, and office occupations as well as 
those in the wholesale and retail trade and hos-
pitality and leisure industries are more likely 
to be in part-time positions (Bureau of Labor 
Statistics 2018c, 2018d).

By contrast, temporary employment has to 
do with the time horizon for an individual’s em-
ployment, rather than the number of hours 
that they work per week. Thus, temporary em-
ployment can be full time or part time. It can 
also be structured in multiple ways. One com-
mon type of temporary work is Temporary Help 
Agency (THA) employment, when the worker is 
on the payroll of one company (the temp 
agency) but performs their daily work at an-
other company. Importantly, the THA is also 
the legal employer of the temp worker (Autor 
2003). Among THA workers, 46 percent would 
prefer a permanent position, indicating that a 
significant proportion of THA workers are in-
voluntarily in those positions (Bureau of Labor 
Statistics 2018b). Not all temporary workers, 
however, are employed by temp agencies. Com-
panies can hire workers directly on a temporary 
basis with the mutual understanding that the 
worker’s involvement at the company will be 
discontinued at some point in the future.

An important feature of some temporary po-
sitions—both agency based and those that are 
directly through companies—is that these posi-
tions can sometimes become permanent. Ac-
cording to a study by the American Staffing As-
sociation, roughly half of temporary workers 
perceived temping as a pathway to permanent 
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2. It is unclear exactly how applications for independent contracting positions would be captured with our data 
collection strategy, given that an individual who is an independent contractor generally bids to work on a project 
rather than applying for a job in the sense that we are considering here. Other types of nonstandard employ-
ment—such as on-call work—were not included in the item on the survey instrument asking about the employ-
ment relationship of the position for which the job seeker applied. The item asked only whether a position was 
full time, part time, temporary that has the possibility to become permanent, or temporary that is unlikely to 
become permanent.

employment. They also find that roughly one-
third of temporary workers end up receiving an 
offer for a permanent position from the em-
ployer for which they temped (American Staff-
ing Association 2017). In our analysis, we dis-
tinguish between temporary positions that are 
unlikely to become permanent and those that 
have the potential to become permanent.

It is important to note that our analysis does 
not cover applications for all types of nonstan-
dard employment. For example, we do not have 
information about whether applications were 
submitted for on-call jobs, “gig” work, or inde-
pendent contracting positions.2 Yet, we are able 
to examine two key types of nonstandard work: 
part-time employment and temporary employ-
ment. Next, we move on to thinking about how 
the job search process may be shaped by these 
positions in the economy. To begin, we discuss 
how key sociodemographic characteristics of 
workers may shape the types of jobs to which 
they apply.

The Sociodemographic Concentration of 
Nonstandard Work
Research documenting the ways that nonstan-
dard work is unevenly distributed across the 
population is significant. Women, for example, 
are much more likely than men to work part 
time, particularly among prime-age workers. 
More than 70 percent of part-time workers be-
tween the ages of twenty-five and fifty-four in 
the United States are women (Bureau of Labor 
Statistics 2018a). Historically, part-time work 
was largely seen as a way for women to balance 
paid employment with their disproportionate 
role in childcare and housework (Kalleberg 
2000; Tilly 1992; Epstein et al. 1999). And, al-
though the gender gap in part-time work has 
declined over time, it remains pronounced. The 
gender gap for THA employment, by contrast, 
is limited (Bureau of Labor Statistics 2018b; 
Katz and Krueger 2016).

In terms of part-time work—particularly in-
voluntary part-time work—there are also racial 
disparities. Among prime-age workers in part-
time positions, black men and black women are 
more likely than white men and white women, 
respectively, to involuntarily be working part 
time (Bureau of Labor Statistics 2018a). Racial 
disparities are also significant in temporary 
agency employment, African Americans being 
three times as likely and Hispanic workers 
nearly twice as likely as whites to work through 
a temp agency (Katz and Krueger 2016). Thus, 
in general, workers of color are more likely to 
be involuntarily working part time and em-
ployed through temporary help agencies.

Age also structures workers’ experiences of 
nonstandard employment. Despite similar 
overall rates of part-time work for individuals 
of different ages, differences are significant in 
terms of whether they are working part time 
voluntarily or involuntarily. Among part-time 
workers, prime-age workers (twenty-five to fifty-
four-year-olds) are more likely to involuntarily 
work part time and less likely to voluntarily 
work part time than both younger and older 
workers (Bureau of Labor Statistics 2018a). Ad-
ditionally, workers between twenty and twenty-
four are relatively more likely to be working 
through temporary help agencies (Bureau of 
Labor Statistics 2018b). However, older workers 
are only slightly more likely to be in THA posi-
tions than mid-career individuals (Bureau of 
Labor Statistics 2018b).

Estimates also indicate that education mat-
ters in determining who labors in nonstandard 
positions. Insofar as nonstandard positions are 
less desirable, workers with more education 
may be able to avoid these types of employment 
relationships (Kalleberg, Reskin, and Hudson 
2000). Indeed, evidence is significant that work-
ers with a bachelor’s degree or higher are less 
likely to be in THA positions (Bureau of Labor 
Statistics 2018b). Nonetheless, at least for vol-
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untary part-time work, variation by educational 
attainment is limited (Dunn 2018). The gender 
gap in part-time work, however, persists across 
all levels of education (Dunn 2018).

Some of these patterns are likely stronger 
among intersections of social positions. For ex-
ample, women’s employment is more likely 
than men’s to “sag” during the transition to 
marriage and family formation (Goldin and 
Mitchell 2017). Additionally, women are more 
likely than men to work part time, due in part 
to the gendered demands of caretaking and 
household labor (Kalleberg 2000; Epstein et al. 
1999). Married women may therefore be par-
ticularly likely to apply for part-time positions. 
Additionally, race and gender may intersect to 
produce divergent likelihoods of applying for 
nonstandard positions (Browne and Misra 
2003). Thus, we also examine whether intersec-
tional patterns exist among the applications 
submitted by job seekers.

Many of these findings are based on survey-
ing job incumbents about their positions. In 
other words, the estimates are drawn from the 
workers who actually labor in these positions. 
Outstanding questions exist, however, about 
whether workers differentially apply for non-
standard positions along the same sociodemo-
graphic axes as they work in those positions. 
We might imagine that the association between 
one’s demographic group and the types of jobs 
one applies to would be strongest among work-
ers who voluntarily work in those positions. By 
contrast, we may expect a weaker correlation 
between demographic characteristics and ap-
plication type among groups who are involun-
tarily in those positions. Regardless, if we see 
differences between the types of workers who 
apply for nonstandard positions and the types 
of workers who are incumbents in nonstandard 
positions, it may point to processes on the de-
mand side of the labor market that are allocat-
ing workers to different types of employment 
relationships.

Job Searching in the New Economy
Given the prevalence of nonstandard positions 
in the economy and the large proportion of 
workers who are in these positions, workers’ 
job searches necessarily include these types of 
jobs. To date, however, little research has docu-

mented how the job search process is influ-
enced by nonstandard positions. One aim of 
this article is to document the ways that part-
time and temporary positions are involved in 
shaping the structure of job seekers’ applica-
tion pools as well as the processes by which 
they find employment.

In terms of the structure of individuals’ ap-
plication pools, two entirely different types of 
job seekers are possible: those who apply solely 
for full-time, standard positions and those who 
apply solely for nonstandard positions. It is 
easy to imagine a worker who knows that they 
are looking for a full-time, permanent job and, 
thus, discards any job postings or job leads 
that are not for a full-time, permanent posi-
tion. Similarly, it would not be surprising if a 
job seeker who was solely looking for part-time 
jobs to assist with balancing various work and 
nonwork demand—such as caring for a child 
or elderly parent—limited their search to part-
time positions.

It is also possible, however, that many job 
seekers’ goals and preferences are less clear 
cut. They may be open to different types of po-
sitions—including nonstandard jobs—or they 
may at least not screen out nonstandard posi-
tions if they appear to be a reasonable fit on 
other dimensions (such as occupation or loca-
tion). If this is the case, then the structure of 
job seekers’ application pools may be mixed, 
whereby they submit applications for multiple 
types of positions—both full-time, standard po-
sitions and nonstandard positions—at the 
same time. As a descriptive exercise, it is inter-
esting to see which type of search most accu-
rately reflects reality.

If, indeed, some individual workers are ap-
plying for different types of positions at the 
same time, this is one important way that non-
standard employment influences the labor 
market, complicating workers’ application 
pools. The existence of these mixed application 
pools would also raise questions about whether 
workers with those mixed pools are different 
from the workers applying for positions with 
only one type of employment relationship. Ex-
isting theoretical perspectives on job search 
provide insights about what types of workers 
may be more likely to apply for mixed applica-
tion pools.
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Workers face myriad challenges during the 
job search process. From discrimination to 
high levels of competition to figuring out a job 
and organization that is a good fit, job search-
ing can be challenging (Bertrand and Mullain-
athan 2004; Pager, Western, and Bonikowski 
2009; Pedulla 2018; Rivera 2012). Workers who 
are facing challenges may expand their job 
search to include additional occupations, com-
pany types, or potentially employment rela-
tions. Devah Pager and David Pedulla, for ex-
ample, find that African Americans include a 
greater range of occupational categories and 
characteristics in their application pools than 
observationally similar whites (2015). They also 
present evidence that concerns about discrim-
ination underlie this racially distinct search be-
havior. Beyond discrimination, workers who 
are struggling to find employment, a process 
that can be filled with feelings of demoraliza-
tion and self-blame (Sharone 2014), may be-
come less stringent in their search criteria 
(Krueger and Mueller 2016). As a worker spends 
more time unemployed, for example, they may 
loosen their job search criteria and begin to ap-
ply for jobs, regardless of whether they are full-
time, standard positions or part time or tem-
porary. Thus, there are reasons to think that 
individuals who face discrimination and other 
challenges in the labor market may be more 
likely to have heterogeneous or mixed applica-
tion pools.

Network-Based Job Search
One of the central concerns in sociological 
scholarship on job search has been the meth-
ods that individuals use to find work. Of par-
ticular interest has been the network-based, in-
formal channels through which people find out 
about jobs (Granovetter 1973; Mouw 2003; for 
reviews, see Castilla, Lan, and Rissing 2013; 
Trimble and Kmec 2011). Network-based job 
search can consist of multiple channels, includ-
ing friends, family, acquaintances, and co-
workers (present or former). Scholars have also 
drawn the distinction between strong and weak 
network ties, whereby the latter are likely to be 
more beneficial for job seekers, in part because 
they are likely to connect the job seeker with 
nonredundant information about job leads 
(Granovetter 1973; Yakubovich 2005). These 

types of network-based job search methods are 
contrasted against more formal channels, such 
as internet-based search. Indeed, network-
based search is quite important in understand-
ing the job matching process given that approx-
imately 50 percent of jobs are found through 
some sort of informal channel (Corcoran, 
Datcher, and Duncan 1980; Granovetter 1973; 
Mouw 2003).

Network-based job search may be successful 
for many reasons (Fernandez, Castilla, and 
Moore 2000; Kmec 2006). First, it can provide a 
job seeker with key resources, such as informa-
tion about the opening. Additional resources 
may include the network alter—the referrer in 
the job search context (Smith 2005; Marin 
2012)—putting in a good word for the job seeker 
at the company or putting the job seeker in 
touch with someone at the company (Castilla, 
Lan, and Rissing 2013). Second, network-based 
job search may have a signaling function. When 
a job seeker is referred by someone for a given 
job posting, that individual is putting their rep-
utation on the line for the job seeker and, at 
least in some way, vouching for them. Thus, 
employers may interpret job seekers with a re-
ferral as a positive signal about their ability, sta-
tus, and potential productivity (Castilla, Lan, 
and Rissing 2013).

Network-based job search could intersect 
with nonstandard work in multiple, competing 
ways. On the one hand, nonstandard types of 
positions may be less likely to be posted in for-
mal places. It is even possible that many non-
standard positions are not posted at all or are 
quickly generated for a specific project, partic-
ularly in the case of temporary employment. 
Thus, network-based search may provide valu-
able information about these types of nonstan-
dard job openings that would not be otherwise 
available to job seekers. In this case, we could 
expect that nonstandard job applications 
would be more likely to have been submitted 
after hearing about the opening through a 
network-based channel.

By contrast, it is also possible that workers 
are not as open with their social networks 
about looking for part-time work and tempo-
rary employment. Thus, the alters in one’s net-
work may not share information with a job 
seeker about positions that are not full time 
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3. Joseph Broschak, Alison Davis-Blake, and Emily Block offer insights into the complexity of the workplace 
attitudes of temporary agency and retention part-time workers (2008). In some cases, workers in these positions 
do not report more negative workplace attitudes.

and permanent. In this case, we may expect to 
see that job seekers are less likely to apply for 
nonstandard jobs that they heard about 
through their network connections and more 
likely to find these openings through formal 
mechanisms. Of course, it is also possible that 
the search methods job seekers use when ap-
plying for standard and nonstandard positions 
will not differ.

Perceptions of Job Quality: Are Nonstandard  
Jobs Below a Worker’s Skill Level?
There are multiple ways to think about and 
measure job quality. On many key dimensions, 
scholars have documented that part-time and 
temporary jobs are of lower quality, on average, 
than full-time, standard positions. For exam-
ple, 44.2 percent of men and 35.2 percent of 
women in temporary help agency positions 
have low wages, compared with 11.2 percent of 
men and 16.0 percent women in regular full-
time jobs (Kalleberg, Reskin, and Hudson 
2000). Similarly, part-time workers are more 
likely than full-time workers to have low wages. 
Arne Kalleberg, Barbara Reskin, and Kenneth 
Hudson also present compelling evidence that 
access to important benefits—such as health 
insurance and pensions—is much lower among 
nonstandard workers (2000). Beyond these ma-
terial aspects of job quality, qualitative scholar-
ship has probed the lived experiences of work-
ers in nonstandard jobs. For both part-time and 
temporary employment, research in this area 
has documented significant stigma and deval-
uation for the workers who labor in these posi-
tions (Henson 1996; Rogers 1995; Smith 1998). 
Evidence also indicates that temporary employ-
ment is correlated with psychological morbid-
ity and, in some cases, more negative workplace 
attitudes (for a review, see Virtanen et al. 2005; 
Broschak, Davis-Blake, and Block 2008).3 Yet, 
variation in job quality is significant within cat-
egories of nonstandard employment (Haley-
Lock 2009), such as the distinction between re-
tention and secondary part-time work (Tilly 
1996).

The material and subjective experiences of 

workers while they are in nonstandard posi-
tions have been examined, but data limitations 
have made it difficult to explore how workers 
perceive nonstandard positions to which they 
might apply before they actually take on those 
positions. In this article, we examine one such 
perception: the skill level of the job. Specifi-
cally, we examine whether the lower quality of 
nonstandard jobs found among job incum-
bents also translates to workers’ perceptions of 
these jobs before they work in them. In other 
words, do workers’ perceptions of a job appli-
cation’s skill level correlate with the employ-
ment relationship of the position?

A Toehold in the Labor Market?
Debate in the literature has been significant 
about whether nonstandard jobs can serve as 
stepping stones to future employment oppor-
tunities or whether they trap workers, making 
it difficult for them to advance into better posi-
tions down the road (Addison, Cotti, and Surf-
ield 2009; Addison and Surfield 2009; Autor and 
Houseman 2010; Fuller 2011; Pedulla 2016). An-
other way to conceptualize this issue, however, 
is to consider whether it is easier for workers to 
obtain job offers when applying for nonstan-
dard positions compared to full-time, standard 
jobs. Rather than asking about the future con-
sequences of nonstandard work—the “stepping 
stone” versus “dead end” comparison—we 
could consider whether nonstandard jobs offer 
a “toehold” in the labor market.

This may be the case for multiple reasons. 
Employers may be less selective in hiring deci-
sions for nonstandard jobs since the individual 
will not be a permanent employee or will be 
working fewer hours per week than if they were 
full time. Additionally, with some types of non-
standard workers, it is easier to terminate or 
fire the individual than it is if they are a full-
time permanent worker (Autor 2003). Thus, em-
ployers and hiring managers may be less strin-
gent in the selection criteria or more likely to 
take a risk on a worker for a temporary position 
because they can easily let the worker go if they 
are not working out. If, indeed, this is the case, 
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4. To recruit participants for the NLSJS, Gfk sampled 19,509 of its KnowledgePanel members and sent email 
invitations to this group to screen them for eligibility. Of those 19,509 individuals, 11,231 (57.6 percent) completed 
the screening items. We screened individuals for eligibility on two items. First, the respondent had to provide 
informed consent. Second, the respondent had to have been looking for work in the four weeks prior to partici-
pating in the survey. Of the 11,231 respondents who completed the screening items, 2,092 (18.6 percent) were 
eligible to participate in the NLSJS. Of those eligible, 2,060 (98.5 percent) completed the survey. Similar descrip-
tions of these data appear in working papers that use these data (see, for example, Pedulla and Pager 2017).

5. Information about desired work hours was gathered through an item that asked, “Assuming you could find 
suitable work, how many hours per week would you prefer to work on this job?” Individuals with missing data 
on this item are included in the sample and a dummy variable is included in all models to indicate whether or 
not the job seeker had missing data on this item. Results are similar when individuals with missing data on this 
item are excluded. The sign of coefficients for our findings remain consistent, though statistical significance is 
lost in some instances.

then nonstandard positions may serve as a 
point of entry for workers into the labor mar-
ket. If obtaining a job offer for a nonstandard 
position is easier than obtaining an offer for a 
full-time, standard job, then these types of po-
sitions may enable workers to enter the labor 
market and gain some experience, which may 
prove useful down the road. However, insofar 
as nonstandard positions are of poorer quality 
or limit workers’ future labor market opportu-
nities (Pedulla 2016), an easy entry point into 
nonstandard positions may not be beneficial 
for workers’ longer-term careers.

Data and Methods
To address these issues, we draw on original 
panel data, which we call the National Longitu-
dinal Study of Job Search (NLSJS). The NLSJS 
follows a national sample of 2,060 job seekers 
over eighteen months. The data were collected 
in collaboration with Gfk (formerly Knowledge 
Networks). The sampling design for the Gfk 
panel—referred to as KnowledgePanel—is 
based on a combination of random-digit dial 
methods and address-based sampling meth-
ods. Their sampling frame covers approxi-
mately 97 percent of all U.S. households (Knowl-
edge Networks 2011).

In total, the NLSJS consists of nine survey 
waves, which were conducted between Febru-
ary 8, 2013, and November 30, 2014. The first 
seven waves were conducted roughly six weeks 
apart over approximately eight months. The 
eighth wave was conducted one year after the 
baseline. The final survey (wave nine) took 
place approximately eighteen months after the 
baseline survey. The target population for the 

NLSJS was non-institutionalized adults ages 
eighteen through sixty-four who were residing 
in the United States and who had looked for 
work over the previous four weeks. The NLSJS 
also oversampled African American respon-
dents.4 For our analyses, we limit our sample 
to job seekers who reported at the baseline sur-
vey that they wanted to work at least thirty-five 
hours per week in the job for which they were 
searching.5 This sample restriction is impor-
tant because it removes individuals who would 
ideally like to work part time. Thus, it is im-
portant to remember that the individuals in 
our analytic sample want to be working full 
time.

The NLSJS collected detailed information 
about many aspects of the job seekers’ experi-
ences, such as sociodemographic and back-
ground characteristics, employment histories 
and experiences, as well as job search behav-
iors. Important for our purposes, respondents 
at each wave were asked to provide information 
about the five most recent jobs they had ap-
plied to in the past four weeks. Then, they were 
asked a series of questions about each job 
opening that they listed, including whether the 
job opening was for a full-time position, a part-
time position, a temporary position with the 
possibility of becoming permanent, or a tem-
porary position that was unlikely to become 
permanent; and the search method through 
which the job seeker heard about the opening 
(family member, friend, online, and so on). 
Thus we are able to analyze the pools of appli-
cations submitted by each job seeker to exam-
ine whether application pools are segregated 
or mixed in terms of employment relations, 
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6. As a robustness check, we operationalized mixed application pools as the proportion of applications submit-
ted that were to full-time positions. When we use this variable, all our findings remain equivalent in sign, mag-
nitude, and significance level. In supplemental analyses, we also coded mixed application pools as those that 
included at least three applications to a full-time position alongside an application to a nonstandard position, 
while limiting the sample to only those applicants that applied to at least five positions overall. With this thresh-
old, our results remain qualitatively similar, but statistical significance levels change in some instances.

7. We obtain similar results when alternative coding schemes are used for this variable.

how applications for nonstandard jobs are cor-
related with key demographic characteristics, 
and what search methods are used to apply for 
nonstandard jobs.

Variable Construction
For our analyses, one key measure is the em-
ployment relationship of the position for each 
application submitted by a respondent. As 
noted, for each job application that they listed, 
survey respondents were asked to select “all 
that apply” from the following choices: full 
time, part time, temporary position that is un-
likely to become permanent, and temporary 
position with the possibility of becoming per-
manent. These categories are not mutually ex-
clusive. Our classification structure for the em-
ployment relationship of a given application is 
as follows. Applications that respondents indi-
cated were both full time and one of the three 
other categories are classified as mixed posi-
tions. This category includes, for example, in-
dividual job openings that are temporary full-
time positions as well as positions that could 
be full time or part time. Beyond mixed appli-
cations, though, we are interested in whether 
the pool of applications submitted by a job 
seeker was mixed. A respondent’s application 
pool is coded as a mixed application pool if an 
applicant applied to both full-time, permanent 
positions and any other kind of job during their 
job search.6 The application pool measure is at 
the level of the respondent, not the application.

To capture the search methods used for each 
application, respondents were asked how they 
found out about each job opening to which they 
applied. Specifically, they were asked about 
each application: how did you hear about the 
position with [employer name]? They were then 
told to select all options that apply from a list 
of potential sources (for example, family, 
friends, online search). In our analyses, we sep-
arately compare the four network-based job 

search methods—family member, friend, ac-
quaintance, and employer or coworker—to for-
mal job search methods. We combine all for-
mal types of job search—newspaper ad, online 
search, employment agency, help wanted sign, 
and directly contacting the employer. Given 
that these job search methods are not mutually 
exclusive, if a respondent used both a network-
based search method (such as friend or family 
member) and a formal method (such as search-
ing online) in applying to a position, we con-
sider their search method to be whichever 
network-based method they selected.7

To capture how long individuals have been 
unemployed, we asked respondents how long 
they had been unemployed in the twenty-four 
months prior to the baseline survey. We use this 
item to capture individuals’ unemployment du-
ration (in weeks) leading up to baseline. This 
variable is coded as 0 for anyone who was em-
ployed at baseline (regardless of whether they 
were unemployed at some point in the twenty-
four months before baseline). Some respon-
dents who indicated they were unemployed at 
the time of the baseline survey did not answer 
the question about unemployment duration. 
We coded these respondents as having the 
mean unemployment duration on this variable 
and include in our models an indicator variable 
for whether they were missing on the unem-
ployment duration item.

We also analyze whether nonstandard posi-
tions are perceived as requiring lower skills 
than full-time, standard positions. For each ap-
plication, respondents were asked which of the 
following options best describes the position 
with the employer to which they were applying: 
a position that is below my level of skill or ex-
perience, a position that is appropriate for my 
level of skill or experience, or a position that is 
above my level of skill or experience. We used 
these responses to code whether each position 
is below the applicant’s skill level. The variable 
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8. If a respondent listed a company name that was illegible or something other than a company name (such as 
the occupation or industry), that application was not presented to respondents when asking them about job 
offers in future waves because they would be unlikely to be able to identify the application. When we limit our 
analyses of job offers just to applications where the company name was carried forward to future waves, all 
findings regarding job offers hold. Additionally, in the survey, we asked respondents at each wave whether they 
had received a job offer from a company that they had not previously listed. For this set of applications, we did 
not ask about the employment relationship of the position and, thus, those offers are not included in these 
analyses.

9. We recode marital status into three categories: never married, married or cohabiting, and divorced, separated, 
or widowed.

10. The only models where controls for previous occupation are not explicitly entered are those where we include 
respondent-specific fixed effects.

is coded 1 if the respondent selected that the 
application was for a position below their skill 
level, and 0 otherwise.

In one set of analyses, we also examine 
whether nonstandard applications are more 
likely to result in job offers than applications 
for full-time, standard positions. Our “job of-
fer” outcome variable is taken from an item 
that asked respondents at each wave whether 
they had received an offer from any of the com-
panies—by name—that they had applied to in 
that wave as well as any of the companies that 
they had applied to in previous waves. This 
item is then used to create a variable that cap-
tures, for each application, whether the appli-
cation resulted in a job offer.8

Standard sociodemographic variables were 
collected by Gfk from their panel members. We 
use these items to capture respondents’ gender, 
age, race-ethnicity, educational attainment, 
and marital status.9 These sociodemographic 
characteristics are included as covariates in the 
models. The survey also collected information 
about respondents’ occupations in their cur-
rent or most recent job, which we control for. 
Specifically, respondents indicated their most 
recent job title on the survey in an open text 
format. Then, trained coders at the University 
of Wisconsin Survey Center classified these 
open-text responses into three-digit Standard 
Occupational Classification (SOC) codes for oc-
cupation. In our analyses, we use the two-digit 
SOC codes for major occupational categories. 
All models control for job seekers’ prior occu-
pation.10

Two additional controls are included in our 
models. First, we control for the intensity of 
respondents’ job search. Specifically, we con-

trol for the number of applications that respon-
dents reported submitting over the four weeks 
prior to each survey wave (logged to adjust for 
skew). Additionally, we control for the number 
of waves that a respondent was in the sample. 
Descriptive information about our sample is 
presented in table 1.

Results
Our results proceed as follows. First, we exam-
ine the application pools of job seekers by look-
ing at sociodemographic differences in who ap-
plies for each type of nonstandard position. We 
then explore whether individuals submit appli-
cations to more than one type of job (for ex-
ample, full time, standard and nonstandard). 
We then examine the prevalence and predictors 
of these types of mixed application pools. Next, 
we examine whether different job search meth-
ods are used for nonstandard job applications 
relative to full-time, standard job applications. 
Then, we examine the perceived quality of job 
seekers’ applications for nonstandard posi-
tions relative to full-time, standard jobs. Fi-
nally, we examine whether nonstandard appli-
cations are more likely to result in job offers 
than applications submitted for full-time, stan-
dard positions.

Sociodemographic Differences in  
Applying for Nonstandard Work
We begin by examining demographic differ-
ences in submitting applications for positions 
with particular types of employment relation-
ships. For these analyses, each observation cap-
tures one of the applications that the job seeker 
submitted. Each application is nested within a 
given survey wave and each survey wave is 
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nested within a given respondent. We use a 
multinomial logistic regression model, with 
standard errors clustered by respondent, to ex-
amine the sociodemographic correlates of ap-
plying for a nonstandard job. We move through 
five key sociodemographic groups—gender, 
race-ethnicity, age, marital status, and educa-
tion—and then examine potential interactive 
effects between these different characteristics. 
In the model, the omitted category for the de-
pendent variable is an application for a full-
time, standard position. The findings are pre-
sented in table 2.

Gender  In terms of gender, we find that women 
are significantly more likely than men to apply 
for part-time jobs relative to full-time jobs. 
However, no gender differences are discernable 
in applying for temporary-to-permanent nor 

temporary positions. Women are, however, 
more likely than men to submit an application 
for a position that could take on multiple em-
ployment relationships (for example, a job that 
could be either part time or full time, or a posi-
tion that is temporary, but full time).

Race-ethnicity   The lack of statistically signifi-
cant differences between the types of applica-
tions submitted by non-Hispanic white workers 
and workers of color is striking. Indeed, black 
workers are no more or less likely to apply for 
part-time or temporary-to-permanent positions 
than white workers are. In addition, they are 
marginally statistically significantly less likely 
to apply for temporary positions. This is quite 
surprising given that African Americans are sig-
nificantly overrepresented in temporary jobs in 
the broader economy. Additionally, we see that 

Table 1. Summary Statistics of Analytic Sample

Mean SD Observations

Age (years) 40.81 13.21 1,390
Woman 0.45 0.50 1,390

Race-ethnicity
White, non-Hispanic 0.61 0.49 1,390
Black, non-Hispanic 0.17 0.37 1,390
Other, non-Hispanic 0.04 0.19 1,390
Hispanic 0.15 0.36 1,390
Two or more races, non-Hispanic 0.04 0.18 1,390

Marital status
Married or cohabiting 0.56 0.50 1,390
Never married 0.30 0.46 1,390
Separated, divorced, or widowed 0.14 0.35 1,390

Employment at baseline
Unemployed 0.33 0.47 1,386
Full-time employed 0.55 0.50 1,386
Alternative employment arrangement 0.12 0.32 1,386
Weeks unemployed at baseline (all respondents) 22.20 57.63 1,390
Weeks unemployed at baseline for those unemployed 63.33 82.72 429
Number of applications sent by applicant 11.71 8.77 1,390

Source: Authors’ calculations.
Note: Respondents can report at most five job applications in each survey wave. The maximum 
possible number of applications for any single respondent is thus forty-five across the nine survey 
waves. Respondents who sent no applications are excluded from the sample. Four respondents did not 
indicate their employment status. Of the 452 respondents who reported they were unemployed, 
twenty-three did not provide an estimate of the duration of unemployment in the baseline survey.
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Table 2. Multinomial Logistic Regression Model of Type of Position Applied to

Ref = Full Time, Standard Part Time
Temporary-to-

Permanent Temporary Mixed

Woman 0.678*** 0.0404 –0.0476 0.369**
(0.112) (0.172) (0.241) (0.143)

Ref = white, non-Hispanic
Black, non-Hispanic –0.124 –0.148 –0.478+ –0.0117

(0.149) (0.208) (0.256) (0.170)
Other, non-Hispanic –0.130 0.400 –0.0926 –0.596+

(0.378) (0.325) (0.467) (0.343)
Hispanic 0.304+ 0.264 0.193 0.188

(0.160) (0.207) (0.352) (0.185)
Two or more races, non-Hispanic –0.580* –0.173 –1.170** –0.0765

(0.283) (0.491) (0.419) (0.302)
Ref = age 35–44
18–24 1.213*** 0.597* 0.270 0.961***

(0.199) (0.302) (0.365) (0.247)
25–34 0.253 0.0243 –0.102 0.527*

(0.180) (0.264) (0.463) (0.218)
45–54 0.195 0.0417 0.354 0.584**

(0.181) (0.239) (0.287) (0.206)
55–64 0.434* 0.209 0.700* –0.0114

(0.199) (0.240) (0.316) (0.215)
Ref = never married
Married or cohabiting –0.140 –0.342+ –0.0832 –0.362*

(0.127) (0.193) (0.273) (0.155)
Separated, divorced, or widowed –0.224 0.0495 –0.0461 –0.360

(0.186) (0.242) (0.397) (0.257)
Ref = some college
Less than high school 0.0339 –0.0723 –0.432 0.369

(0.205) (0.326) (0.370) (0.280)
High school 0.0928 0.111 –0.572* 0.254

(0.138) (0.203) (0.243) (0.186)
College or higher –0.820*** –0.336+ –0.421 –0.681***

(0.139) (0.179) (0.281) (0.155)
Weeks unemployed (log) 0.0683** 0.112** –0.00715 0.143***

(0.0260) (0.0380) (0.0458) (0.0317)

Constant –2.308*** –3.049*** –4.085*** –2.799***
(0.372) (0.444) (0.802) (0.389)

Occupation controls Yes Yes Yes Yes
Wave fixed effects Yes Yes Yes Yes
Clusters 1390
Observations 16,271

Source: Authors’ calculations.
Note: Standard errors in parentheses. All standard errors clustered on applicant. Respondents who did 
not report their weeks of unemployment in the baseline survey are coded as being unemployed for the 
mean number of weeks for their baseline employment status. The model contains a separate indicator 
variable for whether this information was missing for the respondent. Occupation controls include the 
twenty-three categories of the SOC system for the previous occupation held by the applicant. The 
model also includes controls for the number of applications submitted by a respondent, the number of 
survey waves they participated in, and whether they did not indicate how many hours they would 
prefer to work in a week.
+p < .1; *p < .05; **p < .01; ***p < .001
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11. We also examined the interaction between being a woman and having a child twelve years old or younger 
living in the household. The interaction is not statistically significant in predicting part-time applications, com-
pared to full-time, standard applications. The only case where the interaction term is statistically significant is 
in predicting applications for temporary-to-permanent positions relative to full-time, standard applications. In 
this case, the interaction term is negative.

Hispanic workers are marginally significantly 
more likely than non-Hispanic white workers 
to apply for part-time positions, but show no 
differences in applying for temporary posi-
tions. In general, it is surprising that the racial 
and ethnic differences found among incum-
bents in nonstandard positions in existing 
scholarship—particularly temporary work— 
do not appear in the application pools of job 
seekers.

Age  In terms of age, existing research sug-
gests that non-prime-age workers—individuals 
younger than twenty-five and older than fifty-
four—are more likely to be in nonstandard em-
ployment. Therefore, it is likely that both 
younger and older job seekers will be more 
likely to apply for nonstandard positions than 
workers at the peak of their careers. Our data 
provide general support for this prediction.

Younger workers, between the ages of eigh-
teen and twenty-four, are more likely than 
workers between thirty-five and forty-four to 
apply for part-time positions, temporary-to-
permanent positions, and mixed positions (all 
relative to full-time standard positions). For 
older workers, evidence indicates that workers 
between fifty-five and sixty-four are more likely 
to apply for part-time positions and for tempo-
rary positions (than for full-time positions) 
than middle-aged workers, aged thirty-five to 
forty-four. Thus, in general, non-prime-age 
workers are more likely to submit applications 
to nonstandard positions, particularly part-
time positions, than workers in the middle of 
their careers. These findings are generally con-
sistent with the age composition of incumbents 
in nonstandard positions.

Marital Status  Limited differences emerge in 
the types of applications submitted by workers 
with different marital statuses. Although, work-
ers who are married or cohabiting are margin-
ally significantly less likely than never married 
workers to apply for temp-to-perm positions 

and significantly less likely to apply for mixed 
positions.

Education  In terms of education, key differ-
ences emerge. We see that having completed 
college or more—versus having just some col-
lege—is associated with being less likely to ap-
ply for part-time jobs and positions that offer 
multiple potential employment relationships 
and marginally significantly less likely to apply 
for temporary-to-permanent positions. This 
suggests that people higher on the educational 
attainment ladder are more likely to be focused 
on full-time, standard employment during 
their job search.

Interactive Effects  We next explore possible in-
teractions between key sociodemographic 
characteristics. The full models for these anal-
yses are presented in table A1. First, we examine 
whether the relationship between gender and 
submitting applications for nonstandard em-
ployment is shaped by a worker’s marital sta-
tus.11 Our findings indicate that the relation-
ship between being a woman and applying for 
a part-time position is stronger among married 
or cohabiting women than women who have 
never been married.

Second, we were interested in whether gen-
der intersected with race-ethnicity to shape the 
likelihood of applying for nonstandard employ-
ment. Overall, we see limited evidence of this. 
In general, the interactions between the gender 
of the job seeker and the race-ethnicity of the 
job seeker are not statistically significant. How-
ever, the data demonstrate that the relationship 
between being a woman and applying for a 
temporary-to-permanent job is weaker among 
black women than among white women. Thus, 
instances where gender and race intersect to 
shape whether applicants apply for nonstan-
dard positions are limited.

Together, these findings provide some evi-
dence that the demographic differences that 
are found among incumbents in nonstandard 
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12. In a model where race-ethnicity is the only predictor of application pool type, the coefficient for being black 
rather than white is large, positive, and statistically significant (p<.001) in predicting having a mixed application 
pool.

positions are mirrored in the application pools 
that job seekers submit. One important finding 
that diverges from this pattern, however, is the 
relationship between race and ethnicity and 
nonstandard employment. While black and 
Hispanic workers tend to be overrepresented 
in nonstandard positions, particularly tempo-
rary employment, they do not appear more 
likely to apply for these positions.

Mixed Application Pools
Our next set of analyses explore the diversity of 
application pools by the type of employment 
relationship within the same individual. Spe-
cifically, we ask whether individual applicants 
submit pools of applications that contain more 
than one employment relationship. This could 
mean that an individual, for example, applies 
for both full-time and part-time positions dur-
ing their job search. Descriptively, our data in-
dicate that these types of mixed application 
pools are quite common. Of the respondents 
in our sample, 55.18 percent have mixed appli-
cation pools, applying for standard and non-
standard positions alongside one another. In-
deed, only about one-third (33.38 percent) 
applied solely for full-time, standard jobs. 
Roughly 11 percent applied solely for nonstan-
dard positions. Thus, for more than half of the 
job seekers in our sample, their application 
pools consisted of applications for multiple 
types of positions.

Next, we examine the demographic predic-
tors of whether an individual’s application pool 
contains mixed application types. To do this, 
we generated a three-category variable for 
whether a respondent’s application pool con-
tained only full-time, standard applications; a 
mix of full-time, standard and nonstandard po-
sitions; or only nonstandard positions. In table 
3, we estimate a multinomial logit model where 
the dependent variable is the three-category 
variable capturing the employment relation-
ships of respondents’ application pools. The 
omitted category for the dependent variable is 
having an application pool that is only full-
time, standard positions. The full set of con-

trols discussed is also included in the models. 
For these analyses, there is only one observa-
tion per respondent in the data set. Addition-
ally, it is important to remember that the job 
seekers in our analytic sample indicated that 
they wanted to work at least thirty-five hours 
per week and that the unemployment rate dur-
ing the data collection period was still relatively 
high (Bureau of Labor Statistics 2018e).

The results from in table 3 reveal that mixed 
application pools are far from randomly dis-
tributed across job seekers. Women, on aver-
age, are more likely to have mixed application 
pools—relative to full-time, standard applica-
tion pools—than men. Black workers are mar-
ginally statistically significantly more likely 
than white workers to apply for mixed applica-
tion pools, relative to full-time standard appli-
cation pools.12 Additionally, both younger work-
ers (eighteen to twenty-four) and older workers 
(fifty-five to sixty-four) are significantly more 
likely to have mixed application pools than 
middle-age workers. Highly educated individu-
als—those with at least a bachelor’s degree—
are less likely to apply for more than one job 
type, compared to individuals with just some 
college. Finally, workers who have been unem-
ployed for longer durations are more likely to 
have mixed application pools.

Together, the findings in table 3 suggest that 
individuals who belong to groups that may ex-
perience less advantage in the labor market—
such as women, less educated workers, and 
workers who have been unemployed for longer 
periods of time—are more likely to apply for 
multiple job types, including nonstandard po-
sitions alongside their search for full-time, 
standard jobs. These analyses document two 
important patterns about how the job search 
process is shaped by the prevalence of nonstan-
dard employment. First, mixed application 
pools are common: more than half of the indi-
viduals in our sample apply to more than one 
job type across their set of applications. Sec-
ond, mixed application pools are not randomly 
distributed and are correlated with key sociode-
mographic characteristics.
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Table 3. Multinomial Logistic Regression Model of Whether the Respondent Applied to Both 
Full-Time and Nonstandard Positions

Mixed Application  
Pool

Nonstandard  
Positions Only

Woman 0.417** 0.772***
(0.156) (0.219)

Ref = white, non-Hispanic
Black, non-Hispanic 0.398+ –0.285

(0.203) (0.325)
Other, non-Hispanic –0.359 0.168

(0.364) (0.544)
Hispanic 0.204 0.715**

(0.210) (0.265)
Two or more races, non-Hispanic 0.314 –0.178

(0.406) (0.699)
Ref = age 35–44
18–24 1.018*** 1.513***

(0.302) (0.430)
25–34 0.274 0.654+

(0.218) (0.355)
45–54 0.234 0.760*

(0.218) (0.361)
55–64 0.474* 1.202***

(0.228) (0.365)
Ref = never married
Married or cohabiting –0.270 –0.224

(0.175) (0.249)
Separated, divorced, or widowed –0.324 –0.370

(0.250) (0.362)
Ref = some college
Less than high school 0.526 1.168*

(0.447) (0.507)
High school –0.164 0.0644

(0.207) (0.280)
College or higher –0.855*** –0.451+

(0.172) (0.254)
Weeks unemployed (log) 0.203*** 0.213**

(0.0464) (0.0670)

Constant –1.984*** –2.158***
(0.373) (0.563)

Occupation controls Yes Yes
Observations 1,390

Source: Authors’ calculations.
Note: Standard errors in parentheses. Respondents who did not report their weeks of 
unemployment in the baseline survey are coded as being unemployed for the mean number of 
weeks for their baseline employment status. The model contains a separate indicator variable 
for whether this information was missing for the respondent. Occupation controls include the 
twenty-three categories of the SOC system for the previous occupation held by the applicant. 
The model includes controls for the number of applications submitted by a respondent, the 
number of survey waves they participated in, and whether they did not indicate how many 
hours they would prefer to work for in a week.
+p < .1; *p < .05; **p < .01; ***p < .001
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13. For these analyses, we have excluded applications to positions that were heard of through more than one 
network-based channel (such as through both a friend and a family member).

Nonstandard Work and Search Methods
In the next set of analyses, we examine variation 
in the search methods through which individu-
als find out about job openings with different 
employment relationships. It is possible that 
applications submitted for nonstandard posi-
tions—part-time, temporary, temporary-to-
permanent jobs—are more likely than full-time 
job applications to be the result of informal, 
network-based job search practices, such as 
hearing about the opening from family, friends, 
acquaintances, or employers or coworkers. 
However, it is also possible that the often lower 
pay and lower status that come with nonstan-
dard positions make it so that individuals use 

formal channels for these types of positions 
and reserve network-based search for full-time, 
standard positions.

Here we examine whether people are more 
or less likely to hear about nonstandard job 
openings through their family, friends, ac-
quaintances, and coworkers or employers. Ta-
ble 4 presents the results of a multinomial lo-
gistic regression model, where whether the job 
opening was heard about through family, 
friends, acquaintances, or coworkers or em-
ployers (relative to through a formal channel) 
is regressed on the employment relationship of 
the application and a host of sociodemographic 
variables and additional controls.13

Table 4. Multinomial Logit Model of Type of Informal Job Search Method Used

Ref = Formal Search Only Family Friends Acquaintance
Colleague or 

Employer

Ref = full time, standard
Part time –0.00729 0.269** 0.418** 0.103

(0.163) (0.0987) (0.139) (0.199)
Temporary to permanent 0.388+ 0.367* 0.743*** 0.239

(0.227) (0.175) (0.210) (0.278)
Temporary 0.642* 0.102 0.881*** 0.679**

(0.307) (0.230) (0.238) (0.251)
Mixed –0.122 0.0825 –0.377+ 0.223

(0.211) (0.129) (0.208) (0.213)
Weeks unemployed (log) 0.0673+ –0.0732** –0.0614+ –0.0388

(0.0398) (0.0253) (0.0328) (0.0368)
Constant –1.744*** –0.690* –2.344*** –3.058***

(0.423) (0.296) (0.379) (0.427)
Demographic controls Yes Yes Yes Yes
Occupation controls Yes Yes Yes Yes
Wave fixed effects Yes Yes Yes Yes
Clusters 1,371
Observations 14,945

Source: Authors’ calculations.
Note: Standard errors in parentheses. All standard errors clustered on applicant. Demographic controls 
include gender, race-ethnicity, age, marital status, and educational attainment. Respondents who did 
not report their weeks of unemployment in the baseline survey are coded as being unemployed for the 
mean number of weeks for their baseline employment status. The model contains a separate indicator 
variable for whether this information was missing for the respondent. Occupation controls include the 
twenty-three categories of the SOC system for the previous occupation held by the applicant. The 
model also includes controls for the number of applications submitted by a respondent, the number of 
survey waves they participated in, and whether they did not indicate how many hours they would 
prefer to work for in a week.
+p < .1; *p < .05; **p < .01; ***p < .001



14 6 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

The findings reveal that acquaintances—the 
quintessential weak ties—play a particularly im-
portant role in the job searches of individuals 
who are applying for nonstandard positions. For 
part-time, temporary-to permanent, and tem-
porary positions, job seekers are more likely to 
have heard about the opening from acquain-
tances than from formal channels. Although 
family is significantly more likely than formal 
methods to lead to applications for temporary 
positions, there is no association between part-
time work and hearing about the opening 
through family. Openings for part-time posi-
tions as well as temporary-to-permanent posi-
tions are more likely to be heard about from 
friends than from formal channels. Workers are 
also more likely to hear about temporary posi-
tions from coworkers or employers. Thus there 
is some variation in the types of positions heard 
about through network-based channels. Fur-
ther, acquaintances appear to be particularly 
useful types of ties through which individual 
hear about nonstandard job openings. Future 
scholarship would be well served to further 
probe the mechanisms driving these different 
processes.

The Perceived Skill Level of  
Nonstandard Applications
Our previous analyses examined the job search 
process: who applies for nonstandard jobs, 
what do application pools look like, and what 
types of methods are utilized to apply for those 
positions. Next, we turn to issues of perceived 
job quality. Specifically, we examine whether 
job seekers are more likely to perceive applica-
tions for nonstandard positions to be below 
their skill level relative to positions for full-
time, standard jobs.

Table 5 presents estimates from logistic re-
gression models where the dependent variable 
is whether the job seeker perceives the applica-
tion to be for a position that is beneath their 
skill level. The key explanatory variable is the 
employment relationship of the position. 
Model 1 is a logistic regression model with the 
full set of sociodemographic covariates and 
other controls. A clear pattern emerges: appli-
cations to part-time positions, temp-to-perm 
positions, temporary positions, and mixed sta-
tus applications (relative to full-time positions) 
are more likely to be perceived as below the ap-
plicant’s skill level.

Table 5. Logistic Regression Models of Whether Job Is Perceived to Be Below One’s 
Skill Level

(1) (2)

Below Skill Below Skill

Ref = full time, standard
Part time 0.973*** 1.149***

(0.0929) (0.0772)
Temporary to permanent 0.613*** 0.671***

(0.137) (0.111)
Temporary 0.498* 0.853***

(0.195) (0.146)
Mixed 0.497*** 0.608***

(0.116) (0.0964)
Woman –0.0737

(0.0999)
Ref = white, non-Hispanic
Black, non-Hispanic 0.00626

(0.127)
Other, non-Hispanic –0.173

(0.259)
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Hispanic 0.179
(0.141)

Two or more races, non-Hispanic 0.583**
(0.209)

Ref = age 35–44
18–24 –0.310+

(0.186)
25–34 –0.229

(0.159)
45–54 0.194

(0.144)
55–64 0.303*

(0.142)
Ref = never married
Married or cohabiting –0.0727

(0.119)
Separated, divorced, or widowed –0.181

(0.152)
Ref = some college
Less than high school –0.203

(0.250)
High school –0.308*

(0.128)
College or higher –0.229*

(0.107)

Constant –1.754***
(0.256)

Wave fixed effects Yes Yes
Occupation controls Yes No
Respondent fixed effects No Yes
Clusters 1,386 739
Observations 15,993 11,025

Source: Authors’ calculations.
Note: Standard errors in parentheses. Standard errors in model 1 are clustered on 
applicant. Occupation controls include the twenty-three categories of the SOC system 
for the previous occupation held by the applicant. Additionally, model 1 includes 
controls for the number of applications submitted by a respondent, the number of 
survey waves they participated in, and whether they did not indicate how many hours 
they would prefer to work for in a week. Applications where the respondent did provide 
information about the perceived skill level of the position are excluded from the 
analysis.
+p < .1; *p < .05; **p < .01; ***p < .001

Table 5. (continued)

(1) (2)

Below Skill Below Skill
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14. At each wave, we also asked respondents whether they had received a job offer for a position that was not 
previously listed and then asked a series of questions about each of those positions. Unfortunately, given time 
limitations in the survey, we were not able to include an item about the type of position (for example, part time, 
temporary) for the set of job offers received for applications not previously listed. Our analyses of job offers thus 
do not include all job offers respondents received.

15. We examined whether the association between nonstandard work and job offers was moderated by the 
search method (for example, family, friends, acquaintances). We did not find supporting evidence.

Model 2 is also a logistic regression model 
but includes respondent-specific fixed effects. 
Including respondent-specific fixed effects en-
ables us to compare perceptions of a job’s skill 
level for applications for standard and nonstan-
dard jobs for the same individual. Thus the 
model removes concerns about time-invariant 
unobserved individual heterogeneity. The find-
ings in model 2 closely parallel those in model 
1, with nonstandard applications being posi-
tively correlated with perceptions of the posi-
tion being below the applicant’s skill level. The 
findings in table 5 thus provide compelling ev-
idence that applications submitted to nonstan-
dard positions are perceived by job applicants 
to be beneath their level of skill.

Next, we examined whether these skill per-
ceptions vary by workers’ sociodemographic 
characteristics (the results are presented in ta-
ble A2). Two key findings emerge from these 
analyses. First, the association between part-
time work and perceiving that a job is below 
one’s skill level is weaker for women than for 
men. Given that respondents in our analytic 
sample desire a full-time job, this finding sug-
gests that women are able to find part-time 
work that is a better match for their skill level. 
For men, this is more of a challenge. This find-
ing is consistent with the idea that part-time 
work is more normatively “appropriate” for 
women than it is for men. Second, we find that 
black workers are more likely than white work-
ers to perceive the temporary jobs that they ap-
ply to as being below their skill level. This in 
particularly interesting because black workers 
are no more likely than white workers to apply 
for temporary jobs. Moreover, they are no more 
likely to perceive full-time, standard jobs as be-
ing below their skill level. Thus, this finding 
suggests that when black workers apply to tem-
porary positions, they are particularly likely to 
apply for jobs that are highly at odds with their 

skill set. Although this could point to the par-
ticular challenges the black workers face in the 
labor market, such as discrimination, future 
work would be well served to further investigate 
what may be driving this pattern.

A Foot in the Door? Nonstandard Applications 
and Job Offers
Our final set of analyses pivot toward a distinct 
issue: can nonstandard jobs provide a toehold 
for workers in the labor market? In other words, 
are applications for nonstandard positions 
more likely to result in job offers? In table 6, we 
address this question. For each application sub-
mitted over the survey period, we collected in-
formation about whether it resulted in a job 
offer. After a respondent listed an application, 
we asked at that wave and then in all future 
waves whether it had led to a job offer. Thus we 
are able to examine whether applications sub-
mitted for nonstandard positions, relative to 
standard positions, are more likely to result in 
a job offer.14

Model 1 in table 6 is similar to the previous 
models we presented—a logistic regression 
model, with standard errors clustered by re-
spondent, and controls included for a broad set 
of sociodemographic variables and other co-
variates. The findings show that applications 
submitted for any type of nonstandard position 
(with the exception of mixed applications, 
which is marginally statistically significant) are 
more likely to result in a job offer than applica-
tions submitted for full-time, standard jobs.15 
Also, we find evidence that, net of a broad set 
of controls, black workers are less likely to re-
ceive job offers than their white counterparts.

Given the structure of our data, we are also 
able to address this question using a within-
person comparison approach. In other words, 
we can look at whether—for the same job 
seeker—they are more likely to receive job of-
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Table 6. Logistic Regression Models of Whether an Application Resulted in an Offer

(1) (2)

Got offer Got offer

Ref = full time, standard
Part time 0.389*** 0.371**

(0.108) (0.124)
Temporary to permanent 0.615*** 0.817***

(0.161) (0.169)
Temporary 1.100*** 0.996***

(0.156) (0.190)
Mixed 0.255+ 0.0274

(0.144) (0.149)
Woman 0.0367

(0.103)
Ref = white, non-Hispanic
Black, non-Hispanic –0.349*

(0.150)
Other, non-Hispanic 0.188

(0.364)
Hispanic –0.306*

(0.134)
2+ races, non-Hispanic 0.349

(0.376)
Ref = age 35–44
18–24 0.295+

(0.173)
25–34 0.272

(0.173)
45–54 –0.0136

(0.170)
55–64 –0.00293

(0.183)
Ref = never married
Married or cohabiting 0.219+

(0.119)
Separated, divorced, or widowed 0.150

(0.162)
Ref = some college
Less than high school 0.378

(0.397)
High school –0.362*

(0.158)
College or higher –0.0650

(0.113)

Constant –1.797***
(0.296)

Occupation controls Yes Yes
Wave fixed effects Yes Yes

(continued )
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fers for applications submitted to nonstandard 
positions. Given that more than half of the re-
spondents have mixed application pools, this 
approach provides us with a large group of job 
seekers to analyze with this approach. Model 2 
in table 6, which includes individual-level fixed 
effects, demonstrates that this within-person 
analysis produces similar results. The same 
worker is more likely to receive job offers for 
nonstandard positions than they are for full-
time, standard job openings.

There may be some questions about whether 
respondents actually end up taking the offers 
that they receive for nonstandard positions. 
Our data support the idea that they do. Respon-
dents report that they plan to accept roughly 85 
percent of the job offers that they receive. This 
pattern is similar across the different types of 
employment relationships. Indeed, a test for 
differences in proportions of offers that were 
planned to be accepted indicates that no statis-
tically significant variation across types of ap-
plications. The idea of nonstandard positions 
providing a path to employment that is easier 
than obtaining a full-time, standard position 
and providing a toehold for workers therefore 
has some support. Yet, as the previous analyses 
demonstrated, these nonstandard positions are 
also more likely to be perceived to be below a 
worker’s skill level. The quality of these non-
standard jobs may thus be a concern, resulting 
in a complicated trade-off for workers between 
obtaining a job and the quality of that job.

Discussion and Conclusion
The starting point for this article was the ob-
servation that millions of workers labor in non-
standard jobs, such as part-time or temporary 
positions. Yet little is known about how the job 
search process—a key social and economic pro-
cess—is shaped by these types of positions. We 
have drawn on panel data about the job search 
process to examine the ways that job seekers’ 
application pools are influenced by nonstan-
dard employment relationships, the types of 
search methods that are used to apply for non-
standard positions, the perceived quality of 
those jobs, and whether applications for non-
standard positions are more likely to result in 
job offers than applications for full-time, stan-
dard positions.

Our findings shed new light on this impor-
tant set of issues. First, our findings point to 
the ways that applications for nonstandard po-
sitions are unevenly distributed throughout the 
population. Women are far more likely than 
men to apply for part-time positions, even 
though our sample is limited to individuals in-
dicating that they would like to find a job where 
they would work at least thirty-five hours per 
week. This aligns with the pattern that women 
are much more likely than men to actually la-
bor as incumbents in part-time positions. Ad-
ditionally, younger workers are more likely to 
apply for part-time jobs and individuals with 
higher levels of education are less likely to 
apply for part-time positions. Interestingly, 

Respondent fixed effects No Yes
Clusters 1,390 552
Observations 16,271 7,467

Source: Authors’ calculations.
Note: Standard errors in parentheses. Standard errors in model 1 are clustered on 
applicant. Occupation controls include the twenty-three categories of the SOC system 
for the previous occupation held by the applicant. Model 1 also includes controls for 
the number of applications submitted by a respondent, the number of survey waves 
they participated in, and whether they did not indicate how many hours they would 
prefer to work for in a week.
+p < .1; *p < .05; **p < .01; ***p < .001

Table 6. (continued)

(1) (2)

Got offer Got offer
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though, we generally do not find that workers 
of color are significantly more likely than white 
workers to apply for nonstandard positions. 
This lack of a finding is surprising, given that 
workers of color are overrepresented in non-
standard positions. Although beyond the scope 
of our data, it is possible there may be some 
demand-side process that steers workers of 
color into nonstandard jobs. This issue—which 
could be a mechanism driving inequalities be-
tween white workers and workers of color—
would be valuable for future research to ex-
plore.

Second, we find evidence that fully half of 
the job seekers in our sample submitted mixed 
application pools—sets of applications that in-
cluded both full-time, standard positions as 
well as an application for at least one other type 
of job, such as part-time or temporary work. We 
also find that mixed application pools are more 
common among workers who are disadvan-
taged on some axis of inequality in the labor 
market. For example, women, less-educated 
workers, and people who have been unem-
ployed for longer durations of time are more 
likely to have mixed application pools. This 
finding suggests that applying for both full-
time, standard jobs and other types of posi-
tions simultaneously may be an adaptive strat-
egy deployed by workers who know that they 
may experience challenges obtaining a new job. 
Future scholarship would be well served to fur-
ther explore this issue.

Our findings also reveal that job search 
methods are intertwined with the type of posi-
tion that a job seeker applies to. Across the 
board, job seekers are significantly more likely 
to hear about nonstandard job openings 
through weak ties—that is, their acquain-
tances. It is possible that this finding emerges 
due to nonstandard positions being less likely 
to be posted in formal places, making one’s net-
works—particularly one’s acquaintances who 
are likely to have nonredundant information 
about potential jobs—important in hearing 
about openings for these types of positions. 
This finding is intriguing and speaks to the im-
portance of future work that unpacks why these 
correlations emerge.

Our results also show that workers perceive 
the quality of nonstandard positions—mea-

sured as the position being perceived below the 
worker’s skill level—as worse than standard 
jobs. This finding holds across different types 
of nonstandard positions and model specifica-
tions, even when we net out time-invariant 
individual-level characteristics. Yet our findings 
also indicate that nonstandard employment 
can serve as a toehold for workers in the labor 
market. Job seekers are more likely to receive 
job offers for applications submitted for non-
standard types of positions than for full-time, 
standard jobs. Workers are also equally likely 
to accept nonstandard positions and standard, 
full-time positions. Juxtaposing these findings, 
a likely conflict emerges for workers. They can 
apply for nonstandard positions as a way to in-
crease their likelihood of getting a job offer. 
But, they are then more likely to be in a position 
that is below their skill level, which can have 
negative consequences for their future labor 
market opportunities (Pedulla 2016). And, the 
evidence on whether nonstandard jobs—par-
ticularly temporary positions—can serve as 
stepping stones to better employment oppor-
tunities in the United States is mixed (Autor 
and Houseman 2010; Addison and Surfield 
2009). Existing scholarship suggests that these 
effects may vary in important ways by the so-
ciodemographic characteristics of the worker 
(Pedulla 2014, 2016). Thus, trade-offs for work-
ers when deciding whether to apply for and 
work in nonstandard positions are very real, 
and these positions have the potential to keep 
workers stuck in a less desirable segment of the 
labor market.

Together, our findings provide new insights 
about job searching in a labor market where 
nonstandard jobs are a key component of the 
economic landscape. We uncover a complex set 
of job search processes, where many workers ap-
pear to be hedging their bets on labor market 
success by applying for both full-time, standard 
and nonstandard positions simultaneously. This 
strategy appears to have some payoff because 
applications for nonstandard positions are more 
likely to result in job offers than positions for 
full-time, standard positions. Negative repercus-
sions, however, are also possible, given that 
these nonstandard positions may not fully uti-
lize workers’ skills. Our results also highlight the 
importance of jointly considering nonstandard 
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employment relations and job search processes. 
By bringing these two often separate literatures 
together we can gain new insights into the na-
ture of nonstandard work as well as the contours 
of the job search process. As scholarship contin-

ues to move forward on both of these issues, 
additional attention to how the job search pro-
cess shapes and is shaped by nonstandard em-
ployment will advance our understanding of 
these key aspects of the labor market.

Table A1. Multinomial Logit Model of Type of Position Applied To

Ref = Full Time, Standard Part Time
Temporary-to- 

Permanent Temporary Mixed

Woman 0.392+ 0.109 –0.517 0.00742
(0.217) (0.287) (0.358) (0.269)

Ref = white, non-Hispanic
Black, non-Hispanic 0.0215 0.344 –0.295 –0.415+

(0.233) (0.269) (0.370) (0.250)
Other, non-Hispanic –0.450 0.465 –0.474 –0.609

(0.456) (0.362) (0.649) (0.381)
Hispanic 0.515* 0.0447 0.00653 0.242

(0.249) (0.275) (0.416) (0.280)
Two or more races, non-Hispanic –0.606+ 0.00388 –1.218* –0.0788

(0.326) (0.634) (0.541) (0.388)
Ref = age 35–44
18–24 1.255*** 0.685* 0.422 0.938***

(0.200) (0.291) (0.363) (0.243)
25–34 0.260 0.0716 –0.0438 0.503*

(0.178) (0.259) (0.450) (0.212)
45–54 0.204 0.0546 0.382 0.623**

(0.181) (0.242) (0.294) (0.206)
55–64 0.469* 0.228 0.716* 0.0229

(0.201) (0.247) (0.315) (0.212)
Ref = never married
Married or cohabiting –0.477** –0.418+ –0.256 –0.626**

(0.183) (0.250) (0.363) (0.221)
Separated, divorced, or widowed –0.501+ 0.111 –0.305 –0.443

(0.268) (0.297) (0.478) (0.404)
Ref = some college
Less than high school 0.130 –0.0996 –0.263 0.382

(0.218) (0.318) (0.384) (0.279)
High school 0.141 0.172 –0.477+ 0.254

(0.139) (0.204) (0.248) (0.184)
College or higher –0.839*** –0.317+ –0.424 –0.682***

(0.138) (0.175) (0.283) (0.150)
Weeks unemployed (log) 0.0388 0.108** –0.0181 0.146***

(0.0257) (0.0370) (0.0409) (0.0315)
Woman X married or cohabiting 0.619* 0.194 0.470 0.517+

(0.247) (0.342) (0.406) (0.280)
Woman X separated, divorced, or widowed 0.487 –0.189 0.641 0.167

(0.341) (0.451) (0.698) (0.484)
Woman X black, non-Hispanic –0.255 –1.047** –0.303 0.610+

(0.295) (0.376) (0.468) (0.326)
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Woman X other, non-Hispanic 0.681 –0.229 1.158 0.0980
(0.726) (0.731) (0.847) (0.751)

Woman X Hispanic –0.376 0.355 0.527 –0.0573
(0.325) (0.399) (0.712) (0.365)

Woman X two or more races, non-Hispanic 0.0161 –0.554 0.302 0.121
(0.609) (0.803) (0.869) (0.555)

Constant –1.856*** –2.681*** –2.944*** –2.231***
(0.229) (0.296) (0.402) (0.281)

Wave fixed effects Yes Yes Yes Yes
Clusters 1,390
Observations 16,271

Source: Authors’ calculations.
Note: Standard errors in parentheses. All standard errors clustered on applicant. Respondents who did 
not report their weeks of unemployment in the baseline survey are coded as being unemployed for the 
mean number of weeks for their baseline employment status. The model contains a separate indicator 
variable for whether this information was missing for the respondent. Occupation controls include the 
twenty-three categories of the SOC system for the previous occupation held by the applicant. The 
model also includes controls for the number of applications submitted by a respondent, the number of 
survey waves they participated in, and whether they did not indicate how many hours they would 
prefer to work for in a week.
+p < .1; *p < .05; **p < .01; ***p < .001

Table A1. (continued )

Ref = Full Time, Standard Part Time
Temporary-to- 

Permanent Temporary Mixed
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Table A2. Logit Models of Whether an Application Is Perceived as Below Skill, with Interactions

(1) (2)

Below Skill Below Skill

Ref = full time, standard
Part time 1.154*** 1.078***

(0.133) (0.115)
Temporary to permanent 0.684*** 0.827***

(0.188) (0.171)
Temporary 0.447+ 0.375

(0.249) (0.237)
Mixed 0.599*** 0.672***

(0.158) (0.161)
Woman 0.0309 –0.0765

(0.117) (0.0995)
Part time X woman –0.353*

(0.178)
Temporary to permanent X woman –0.183

(0.263)
Temporary X woman 0.151

(0.406)
Mixed X woman –0.221

(0.233)
Ref = white, non-Hispanic
Black, non-Hispanic 0.00246 0.0880

(0.127) (0.158)
Other, non-Hispanic –0.170 –0.0300

(0.257) (0.308)
Hispanic 0.172 0.298+

(0.141) (0.177)
Two or more races, non-Hispanic 0.581** 0.729***

(0.210) (0.202)
Ref = age 35–44
18–24 –0.311+ –0.292

(0.186) (0.185)
25–34 –0.233 –0.216

(0.159) (0.158)
45–54 0.198 0.193

(0.144) (0.144)
55–64 0.302* 0.305*

(0.142) (0.140)
Ref = never married
Married or cohabiting –0.0601 –0.0690

(0.120) (0.120)
Separated, divorced, or widowed –0.180 –0.175

(0.152) (0.151)
Ref = some college
Less than high school –0.209 –0.220

(0.250) (0.253)
High school –0.309* –0.317*

(0.127) (0.129)
College or higher –0.235* –0.229*

(0.107) (0.107)
Part time X black, non-Hispanic –0.179

(0.232)
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Part time X other, non-Hispanic –0.517
(0.447)

Part time X Hispanic –0.268
(0.269)

Part time X two or more races, non-Hispanic –0.255
(0.343)

Temporary to permanent X black, non-Hispanic –0.608+

(0.323)
Temporary to permanent X other, non-Hispanic –0.788

(0.776)
Temporary to permanent X Hispanic –0.255

(0.386)
Temporary to permanent X two or more races, non-
Hispanic

–0.990
(0.735)

Temporary X black, non-Hispanic 1.131*
(0.444)

Temporary X other, non-Hispanic 0.218
(0.757)

Temporary X Hispanic –0.269
(0.621)

Temporary X two or more races, non-Hispanic 0.140
(0.848)

Mixed X black, non-Hispanic –0.459
(0.289)

Mixed X other, non-Hispanic –0.191
(0.380)

Mixed X Hispanic –0.264
(0.308)

Mixed X two or more races, non-Hispanic –0.606
(0.493)

Constant –1.791*** –1.803***
(0.258) (0.257)

Occupation controls Yes Yes
Wave fixed effects Yes Yes
Clusters 1,386 1,386
Observations 15,993 15,993

Source: Authors’ calculations.
Note: Standard errors in parentheses. All standard errors clustered on applicant. Respondents 
who did not report their weeks of unemployment in the baseline survey are coded as being 
unemployed for the mean number of weeks for their baseline employment status. Each model 
contains a separate indicator variable for whether this information was missing for the respon-
dent. Occupation controls include the twenty-three categories of the SOC system for the 
previous occupation held by the applicant. Each model includes controls for the number of 
applications submitted by a respondent, the number of survey waves they participated in, and 
whether they did not indicate how many hours they would prefer to work for in a week.
+p < .1; *p < .05; **p < .01; ***p < .001

Table A2. (continued )

(1) (2)

Below Skill Below Skill
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ues to lead to a more-educated labor force. 
Companies restructured and changed hiring 
practices, resulting in the decline of firm inter-
nal labor markets.

What are the consequences of these changes 
for low-wage workers’ chances of moving to bet-
ter wages? Research reveals the increasing eco-
nomic insecurity of Americans since the 1970s 
(Western et al. 2012). Increases are documented 
in the life-course risk of poverty (Sandoval, 
Rank, and Hirschl 2009), income instability 
(Hacker 2006; Western et al. 2016; Latner 2018), 
and occupational mobility during a worker’s 

The Wage Mobility of Low-
Wage Workers in a Changing 
Economy, 1968 to 2014
Mich ael A.  Schultz

How are changes in the low-wage labor market affecting the mobility of workers out of low-wage work? I in-
vestigate changes in the wage mobility of workers starting employment spells in low wages using the Panel 
Study of Income Dynamics from 1968 to 2014 and discrete-time event history analysis. About half of all 
low-wage workers move to better wages within four years. Effects on mobility rates are significant by age, 
gender, race, education, occupation, and job characteristics. Mobility rates out of low-wage work have de-
clined since the late 1990s. Little progress has been made in closing the gaps in mobility for women and 
nonwhites over time. I find evidence for the decline of firm internal labor markets and lower mobility for 
part-time workers over time.

Keywords: occupations, labor markets, inequality, time

The last decade for the U.S. labor market was 
tumultuous. Low-wage and nonstandard work 
have expanded since the turn of the century 
(Howell and Kalleberg 2019). A weak labor mar-
ket in the early 2000s was punctured by the 
Great Recession in 2008. A long and slow recov-
ery followed. Looking further back, the U.S. la-
bor market has changed substantially since the 
1970s (Kalleberg 2011). Women have entered the 
labor force in large numbers, deindustrializa-
tion hit hard in the 1980s and quickened the 
service transition. Union membership declined 
steadily, and the education expansion contin-
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career (Jarvis and Song 2017). In these analyses, 
the 1990s are a pivotal turning point. A growing 
literature analyzes the mobility of workers out 
of low-wage work (Knabe and Plum 2010; Aertz 
and Gürtzgen 2012; Mouw and Kalleberg 2018). 
However, studies of mobility out of low-wage 
work that include change over time are rare 
(Mouw and Kalleberg 2018; Campbell 2012; Ber-
nhardt et al. 2001). Most research on this topic 
in the United States includes data from little 
more than a decade and consequently offers 
little attention to changes over time (Connolly, 
Gottschalk, and Newman 2003; Boushey 2005; 
Andersson, Holzer, and Lane 2005; Salverda 
and Mayhew 2009). New analyses are needed to 
understand how the macro changes up through 
the Great Recession in the U.S. labor market 
since the 1970s changed mobility patterns for 
low-wage workers.

This article contributes to closing this gap 
in the literature by analyzing mobility rates for 
U.S. workers entering low wages between 1968 
and 2013. Longitudinal data come from the na-
tionally representative Panel Study of Income 
Dynamics (PSID). Mobility rates over time are 
estimated using discrete-time event history 
models for entering in low-wage work from bet-
ter wages or unemployment. Two research 
questions motivate this study. How have mobil-
ity rates out of low-wage work changed since 
the late 1960s? Are changes in mobility rates 
over time explained by changes in the low-wage 
labor market’s occupational structure, the be-
havior of firms, or the demographic and skills 
of low-wage workers?

Liter ature Review
David Howell and Arne Kalleberg, in their in-
troduction to this issue, describe three promi-
nent accounts for how the U.S. labor market has 
changed since the 1970s (2019). I draw on the 
two polar accounts, the perfect competition 
model with its interest in skill-biased techno-
logical change (SBTC), and the institutional 
model to formulate hypotheses for how macro 
changes in the economy may have affected mo-
bility rates out of low-wage work. Changes in 
mobility rates over time are likely due to two 
factors: changes in the characteristics of low-
wage workers (demographics and education), 

or changes in the characteristics of available 
jobs (occupation and work hours).

The institutional account argues that the 
characteristics of the available jobs have wors-
ened (Kalleberg 2011). The growth of the service 
sector has resulted in occupational polarization 
(Dwyer and Wright 2019; Goos, Manning, and 
Salomons 2009; Massey and Hirst 1998), includ-
ing a growth of jobs at the low end in personal 
services (Wren 2013). The theory is these jobs 
are worse than previously available jobs be-
cause they are non-union (Boushey 2005; Brady, 
Baker, and Finnigan 2013; VanHeuvelen 2018), 
more likely to be part time (Kalleberg 2011), 
have nonstandard work arrangements (Kalle-
berg, Reskin, and Hudson 2000; Kalleberg 
2000), and are less likely to be linked to occu-
pational and internal labor markets (Cappelli 
1999; Andersson, Holzer, and Lane 2005; Farber 
2010; Handwerker 2018). The result is an ex-
pected increase in the low-wage labor market, 
or at least an expansion of the lowest mobility 
parts of the low-wage labor market. Previously 
better-paying jobs and acceptable low-wage 
jobs have become dead-end, undesirable jobs. 
The institutional account predicts lower mobil-
ity out of low-wage work since the 1970s due to 
worsening job characteristics. Institutional the-
orists recommend improving the conditions of 
these bad jobs through regulation (such as a 
$15 minimum wage or mandatory health insur-
ance coverage) or government transfers (such 
as the highly successful Earned Income Tax 
Credit).

In contrast, the perfect competition account 
argues that the skills of low-wage workers are 
not keeping up with the up-skilling of jobs re-
sulting from technological change, including 
the introduction of the computer (Goldin and 
Katz 2008; Acemoglu and Autor 2011; for a cri-
tique, see Card and DiNardo 2002). The focus 
of SBTC theorists is on the middle-skill jobs 
primarily in the middle of the wage distribution 
that have become automated or deskilled be-
cause of technological change. David Autor and 
David Dorn find that local labor markets with 
high levels of middle-skill, routine nonmanual 
work in 1980 had greater expansions of low-
skill, low-end service work in the following de-
cades than otherwise comparable markets 



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 wa g e  m o b i l i t y  o f  l o w - wa g e  w o r k e r s 	 161

(2013). The low-wage labor market is thought to 
be expanding to receive this influx of semi-
skilled workers who did not have enough skills 
to obtain jobs further up the skill ladder. The 
perfect competition model expects mobility out 
of low-wage work to either be the same because 
SBTC mainly affects middle-skill jobs, or lower 
because of overcrowding in the low-wage labor 
market. The emphasis on workers’ skills leads 
to the recommendation to invest in education 
and training to increase the skills of workers to 
match the available jobs.

Labor Market Changes and the  
Mobility Out of Low Wages
Research distinguishes between the composi-
tion of the labor market in terms of demo-
graphics and education, on the one hand, and 
the structure of the labor market in terms of 
occupational characteristics and firm behavior, 
on the other. Numerous previous labor market 
studies have shown that older workers, non-
white racial groups, women, and women with 
children experience weaker labor market out-
comes than their education and labor-force ex-
perience would predict (Boushey 2005; Knabe 
and Plum 2010; Andersson et al. 2005; Cockx 
and Picchio 2012; Campbell 2012; Kronberg 
2013; Wilson and Roscigno 2016; Ren 2019). If 
the demographic change in the low-wage labor 
market is toward groups that face more stigma 
in the labor market, mobility rates could de-
crease over time.

The jobs that have declined due to occupa-
tional polarization are often thought of as pre-
dominantly male manufacturing jobs. How-
ever, research has shown that predominantly 
female office and clerical support occupations 
have in fact seen some of the largest declines 
(Mouw and Kalleberg 2010; Autor and Dorn 
2013). This leaves the expected gender transfor-
mation of the low-wage labor market unclear. 
The United States as a whole has become more 
racially diverse since the 1970s, which should 
be reflected in the low-wage labor market. The 
wage gaps for women (England 2010) and 
blacks (Semyonov and Lewin-Epstein 2009) 
have closed since the 1970s. They did so partly 
in response to the declining wage position of 
white men. Similarly, gaps in mobility rates out 

of low-wage work by gender and race could de-
cline because of fewer opportunities for white 
men rather than more opportunities for women 
and blacks. On the other hand, the program of 
mass incarceration begun in the 1970s dispro-
portionately affected blacks and could result in 
lower mobility out of low wages as a conse-
quence of less access to stable jobs (Pager 2007).

Many young workers enter low-wage work as 
they complete their education and transition 
to the labor market and move quickly to higher 
wages (Salverda and Mayhew 2009). Colin 
Campbell reports that 76 percent of young 
workers in low-wage jobs move to better wages 
in eight years (2012); William Carrington and 
Bruce Fallik report 65 percent (2001). The 
lengthening of young adulthood and the longer 
transition from school to work in recent years 
make it likely that more young workers are en-
tering low-wage work than in the past (Smith, 
Crosnoe, and Chao 2016; Maume and Wilson 
2015). All else being equal, more young workers 
should increase mobility rates out of low wages 
overall.

Low-wage workers in their prime earning 
years (thirty-four to fifty-four) are significantly 
less mobile out of low wages, and mobility de-
clines with age in the United States (Salverda 
and Mayhew 2009). Ted Mouw and Kalleberg 
find that among an older sample (mean age of 
thirty-nine) without a college degree, only 13 
percent moved out of low-wage jobs within 
three years (2018).

The lower mobility rate of prime-age work-
ers can be explained several ways. Prime-age 
low-wage workers are more likely to have either 
accumulated a job history in low-wage work 
and or experienced spells of unemployment. 
An underappreciated finding in the compara-
tive literature is the high rates of movement in 
the United States between low wages and un-
employment and vice versa (Mason and Sal-
verda 2010). Consequently, analysis of mobility 
out of low wages that do not properly account 
for unemployment spells may be picking up the 
wage-scarring effects of unemployment (Gangl 
2006). Low-wage job experience for prime-age 
workers may be stigmatized by employers and 
equivalent in employer’s minds to unemploy-
ment.
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Another possible explanation is that prime-
age workers may experience a low rate of wage 
mobility because they are less educated than 
young workers. Because of ongoing educational 
expansion, young workers are more likely to 
have higher education than older workers and 
thus are more likely to move out of low wages. 
From a human capital perspective, where edu-
cation and labor market experience are proxy 
for a worker’s skill, the higher likelihood of re-
maining in low wages is because workers with 
less education are less skilled (Autor and Dorn 
2013). The returns to labor market experience 
for less-educated workers declined significantly 
by the 1980s, making the longer labor market 
experience of prime-age workers of little value 
(Bernhardt et al. 2001; French, Mazumder, and 
Taber 2005).

Alternatively, from a positional good and 
credentialism perspective, what matters is a 
worker’s education credentials relative to other 
workers in the labor market (Sørensen 1983; 
Frank 1985; Kalleberg 2007; Horowitz 2018). 
Workers with fewer educational credentials 
would be screened out by employers offering 
higher wages. This effect is compounded for 
less-educated prime-age workers because they 
are more likely to have less education relative 
to the labor market as a whole and less likely to 
update their credentials with further training. 
An increase in young, more-educated workers 
into the low-wage labor market would result in 
a reduction in the mobility rate for less-
educated workers from a positional good per-
spective. The overall mobility rate for low-wage 
workers could increase, decrease, or stay the 
same depending on whether the proportion of 
young educated workers is larger, smaller, or 
stays the same relative to the proportion of 
prime-age workers with less education.

Occupations in the low-wage labor market 
are not equal in providing routes to higher 
wages (Boushey 2005; Holmes and Tholen 2013; 
Mouw and Kalleberg 2018). Mouw and Kalle-
berg (2018) use a novel measure of skill similar-
ity based on the movement of workers between 
occupations to advance the occupation- and 
task-specific human capital literature (Kam-
bourov and Manovskii 2009; Gathmann and 
Schönberg 2010; Yamaguchi 2012; Sanders 
2014). They find more mobility due to returns 

to occupational experience for low-wage work-
ers from manual (construction and machine 
operators) and skilled service (bartenders, 
cooks, receptionists, and sales workers) than 
among low-end service occupations (food ser-
vice workers and cleaners). Similarly, David 
Maume and George Wilson find that the lower 
wage growth of 2000s cohort of young workers 
in the National Longitudinal Study of Youth 
(NSLY) relative to the 1980s cohort is partially 
explained by their higher employment in low-
end service occupations (2015). A shift in the 
composition of the low-wage labor market to-
ward low-end service work would result in de-
creased mobility rates over time.

Deindustrialization and the transition to the 
service economy resulted a decline of the mid-
dle and a growth in high-end occupations, 
whether defined by skills or by wages (Massey 
and Hirst 1998; Goos, Manning, and Salomons 
2009; Holmes and Tholen 2013; Kalleberg 2011; 
Dwyer and Wright 2019). These studies of oc-
cupational polarization also find a growth in 
low-skill and low-wage occupations. Jennifer 
Hunt and Ryan Nunn reveal that the growth in 
low-end occupations is likely an artifact of this 
literature’s primary method of differentiating 
between high, medium, and low-wage occupa-
tions using the occupational mean or median 
wages (2019; see also Mishel, Shierholz, and 
Schmitt 2013). This approach hides the varia-
tion in wages across occupations. Variation in 
wages within occupation has grown substan-
tially since the 1980s even though the explana-
tory power of occupations in explaining wage 
inequality has grown more (Mouw and Kalle-
berg 2010).

Unions raise wages not only for union work-
ers (VanHuevelan 2018), but also for non-
unionized workers (Brady, Baker, and Finnigan 
2013). Their decline could lead to an expansion 
of the low-wage labor market, or more likely to 
wages in manual occupations sharing workers 
with industries such as manufacturing that 
were union strongholds and de-unionized. 
Heather Boushey finds that working for a union 
does increase the odds of mobility out of low-
wage work (2005). Formal pay scales and firm 
job ladders pushed by unions likely lead to an 
increase in wage returns to experience in union 
jobs (Freeman and Medoff 1984).
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Finally, changes in firm behavior since the 
1970s have resulted in increased flexibility in 
staffing arrangements, including the decline 
of the firm internal labor market (Kalleberg 
and Berg 1987; Cappelli 1999; Kalleberg 2000; 
Farber 2010; Kalleberg and Mouw 2018) and 
the disconnection of lower-skill workers from 
firm internal labor markets through domestic 
outsourcing (Weil 2014; Bernhardt et al. 2016; 
Handwerker and Spletzer 2015). Labor markets 
based on promotion within firms are unlikely 
to have gone away completely, particularly in 
government and union jobs (Newman 2008; 
Holmes and Tholen 2013). Researchers have 
found that changing firms rather than building 
tenure within the firm is a primary route out of 
low-wage work (Bernhardt et al. 2001; Anders-
son, Holzer, and Lane 2005, Bolvig 2005; New-
man 2008; Heinze and Gürtzgen 2010; Pav-
lopoulos et al. 2014). Some firms pay higher 
wages because of either lower industry compe-
tition or through employing fewer higher 
skilled workers. Elizabeth Handwerker finds 
that increased establishment occupational 
concentration over time explains a substantial 
portion of the growing between-establishment 
inequality (2018). Firm mobility to a high-
premium firm may be more difficult to achieve 
in recent years because firms have outsourced 
lower-paid work such as janitorial and food ser-
vices to firms specializing in providing these 
services.

The growth of low-end service occupations 
in industries such as retail and hospitality led 
to an increase in part-time work and temporary 
work (Kalleberg 2000, 2011; Wren 2013). Less-
skilled temporary workers are more likely to 
move to unemployment (Gash 2008). Part-time 
workers may share the experience of job insta-
bility with temporary workers as companies 
turn to the greater use of nonstandard employ-
ment relationships in order to protect their 
core workers (Kalleberg, Reynolds, and Mars-
den 2003; Pedulla 2013). Temporary and part-
time workers have less opportunity to get oc-
cupational and firm experience and have lower 
mobility rates. The extent to which part-time 
work is a form of nonstandard work arrange-
ments is unclear because it could be an indi-
vidual choice for flexibility (Kalleberg 2007, 
2011). A decline in mobility out of low-wage 

work among part-time workers over time could 
be a result of changing preferences for flexibil-
ity or a signal that part-time work is a soft form 
of temporary work and should receive more at-
tention (Kalleberg 2003; Lambert, Henly, and 
Kim 2019).

In sum, the overall trend in mobility rates 
out of low-wage work over time is likely attrib-
utable to a combination of the changes in the 
demographic and educational composition of 
the low-wage labor market and structural 
changes in occupational characteristics and 
firm behavior. Untangling the overall trend re-
quires paying particular attention to changes 
in the size and mobility rates of six groups: 
young, educated workers; prime-age, less-
educated workers; workers in low-end service 
occupations; part-time workers; workers with 
multiple years of occupational experience; and 
workers with more years spent unemployed.

Mobility Out of Low-Wage  
Work in the United States
Table 1 presents a summary of research on the 
mobility of low-wage workers in the United 
States using longitudinal survey data. A few fea-
tures stand out. Most studies are limited to less 
than a decade or to two birth cohorts in analy-
ses of the NSLY. Only two more recent studies 
cover a longer period, but they analyze young 
workers and workers persistently in low wages 
respectively (Campbell 2012; Mouw and Kalle-
berg 2018). The one study analyzing all low-
wage workers (ages sixteen to sixty-five) ana-
lyzes year-to-year transitions (Salverda and 
Mayhew 2009). Both of the analyses of young 
workers (ages sixteen to twenty-four) use the 
PSID.

A difficulty in comparing study results arises 
from the different definitions used for low-
wage work ranging from minimum wages (Car-
rington and Fallik 2001; Boushey 2005) to $5 
wage growth (Connolly, Gottschalk, and New-
man 2003). The Organization for Economic Co-
operation and Development defines low-wage 
work at two-thirds of the median hourly wage 
for full-time workers (OECD 2018). In contrast, 
a landmark comparative multicountry study 
used two-thirds of the hourly median wage for 
all workers (Gautié and Schmitt 2010). Others 
have suggested that two-thirds of the mean 
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rather than of the median is the most appropri-
ate measure, given rising income inequality in 
the top half of the distribution but not in the 
bottom (Howell and Kalleberg 2019).

Most workers in the United States move out 
of low-wage work within the first few years. 
Wiemer Salverda and Ken Mayhew observe that 
41.1 percent of low-wage workers escape to bet-
ter wages in one year (2009). Young workers 
move out more quickly (Carrington and Fallik 
2001; Campbell 2012). Mobility is lower for 
workers in persistently low-wage jobs, 27 per-
cent in six years (Andersson, Holzer, and Lane 
2005), and for low-wage workers in poverty 
households, 18 percent in four years (Connolly, 
Gottschalk, and Newman 2003).

Evidence indicates that the mobility out of 
low wages is cyclical and follows the economic 
cycle (French, Mazumder, and Taber 2005; 
Campbell 2012). Salverda and Mayhew find 
more movement between low-wage work and 
unemployment in the United States compared 
to similar countries in Western Europe (2009; 
Mason and Salverda 2010). Consequently, eco-
nomic downturns may affect mobility out of 
low-wage work more in the United States. Helen 
Connolly and her colleagues find similar rates 
of mobility in the early and late 1990s (2003); 
Mouw and Kalleberg find lower mobility in the 
2000s relative to the 1990s (2018).

A longer time frame is needed to untangle 
the effect of the economy from the long-term 
trend in mobility out of low-wage work. The 
current literature covers the entire period from 
1980 through the late 2000s together. However, 
a patchwork of measures of low-wage work and 
approaches to modeling mobility make com-
parisons across time from the current literature 
infeasible. I begin to address this gap in the 
literature by providing an analysis of mobility 
out of low-wage work from 1968 to 2014.

Mobility and Selection
A central concern of the low-wage mobility lit-
erature is properly accounting for selection into 
low-wage work (Cappellari 2002; Aertz and 
Gürtzgen 2012; Mosthaf, Shnabel, and Stephani 
2011; Cockx and Picchio 2012). Unobserved 
characteristics may be biasing estimates of mo-
bility. The most common approach, following 
Mark Stewart and Joanna Swaffield (1999), is to 

use instrumental variables, usually parental 
background or social class. Alternative ap-
proaches include combining James Heckman 
and Burton Singer’s mass points approach 
(1984) while restricting the sample to labor mar-
ket entrants (Pavlopoulos and Fouarge 2010) 
and modeling the movement of workers be-
tween pairs of occupations conditional on the 
occupation’s skill similarity (Mouw and Kalle-
berg 2018). Differences in country and time pe-
riod make comparisons of mobility rates using 
alternative methodological approaches to se-
lection difficult (Knabe and Plum 2010; McK-
night et al. 2016).

Data and Methods
The Panel Study of Income Dynamics is the 
longest-running nationally representative lon-
gitudinal survey in the United States. The orig-
inal sample consists of approximately five thou-
sand households selected in 1968 and their 
descendants. The survey was conducted annu-
ally through 1997 and biannually afterward. A 
key benefit of the PSID over the NSLY is that the 
sample is representative of the age structure 
and is not restricted to specific birth cohorts. 
When weighted to account for attrition and im-
migration since 1968, the PSID has been found 
comparable to the Current Population Survey 
(CPS) for poverty (Grieger, Danziger, and 
Schoeni 2009), and wage inequality (Heathcote, 
Perri, and Violante 2010).

I use all survey years of the PSID from 1968 
to 2015 to select the analytic sample. Job and 
earnings information were collected for house-
hold heads and their spouses. The reference 
period for labor market earnings is the prior 
calendar year. I reconstruct each worker’s oc-
cupational biography using all available infor-
mation on current or (if unemployed) last and 
previous jobs. I then match job-year observa-
tions to the worker’s hourly wages for that year 
calculated from the worker’s total labor income 
and annual work hours. I use actual annual 
hours for salaried workers as well as hourly 
workers to reflect the increase in overwork (Cha 
and Weeden 2014). I top-code average weekly 
working hours at sixty hours a week and top- 
and bottom-code hourly wages at the 1st and 
99th percentile.

I model mobility out of low-wage work using 
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discrete-time event history analysis to account 
for truncation and model time-varying covari-
ates (Allison 1982; Mills 2011). Event history 
models are estimated using logistic regression, 
making the cross-group comparisons of coef-
ficients biased due to heteroskedasticity (Mood 
2010). I report the average marginal effects cal-
culated over the sample because they remain 
unbiased for across group comparisons (Mood 
2010) and facilitate interpretation of logistic re-
gression (Williams 2012; Long and Mustillo 
2018). Regression coefficients are available on 
request.

The baseline hazard for mobility is modeled 
using a cubic polynomial of the time since the 
start of the worker’s current employment spell. 
Workers enter the analytic sample when they 
are observed starting to earn low wages be-
tween 1968 and 2013. I exclude all workers in 
low-wage jobs in their first observation in the 
sample. The exception are workers age twenty-
five who enter the sample at the earliest pos-
sible age regardless of employment status and 
wages in the previous year. I follow workers who 
enter the sample until their first observation in 
a job with an hourly wage above the low-wage 
threshold, until they truncate due to sample 
attrition, or until the end of the observation 
window in 2014. I model mobility by employ-
ment spells because the probability of mobility 
out of low wages is higher for the unemployed 
who are pulled into low-wage work during tight 
labor markets. Workers who exit to unemploy-
ment remain in the sample. If they return to 
employment, they will contribute another em-
ployment spell to the analysis.

A comparison with the CPS reveals that the 
PSID underreports young low-wage workers 
(ages fifteen to twenty-four). The PSID collects 
job and wage information only for household 
heads and spouses. The missing young, low-
wage workers are likely still members of their 
parents’ or guardians’ household. As a conse-
quence, I limit my analysis to young-adult work-
ers (twenty-five to thirty-four) and prime-age 
workers (thirty-five to fifty-four) who enter low-
wage employment spells. About a third of all 
low-wage workers are younger than twenty-five 

and about 6 percent are older than sixty-five 
(see figure O1).1

Workers who achieve wages above the low-
wage threshold and then return to low wages 
are added back to the sample. A person-level 
random effect and a count of the number of 
times the worker has achieved mobility and re-
turned to low wages are included to account for 
correlation between mobility spell outcomes 
from the same worker. The worker’s employ-
ment status in the year before entering a low-
wage employment spell is included to capture 
a worker’s prior work history. The variable dif-
ferentiates between coming from unemploy-
ment or better wages or being a young entrant 
who is newly able to enter the sample by turn-
ing twenty-five. Two variables continue count-
ing across employment spells that do not end 
in mobility. The first is a count of years em-
ployed in low wages since entering the sample. 
The second is a count of the number of years 
unemployed or out of the labor force for more 
than four months. These choices reduce some 
of the error associated with unmeasured dura-
tion dependence in low-wage work by capturing 
as much of a worker’s low-wage employment 
history as possible.

The primary results presented use the two-
thirds of the median hourly wage for full-time 
workers. In a secondary analysis, I switch to the 
alternative two-thirds of the mean low-wage 
threshold for all workers. In a third set of mod-
els, I analyze the mobility of low-wage workers 
earnings below the lower threshold based on 
the median ($12.87 on average in 2015 dollars) 
to above the higher threshold based on the 
mean ($15.43 on average in 2015 dollars). The 
hourly wage thresholds are calculated from the 
CPS using similar measures of annual earnings 
and annual hours (for the low-wage thresholds 
in each year, see table O1). I group the years 
workers start a low-wage employment spell into 
thirteen entry periods following the economic 
cycle between 1968 and 2013 (see table O2). For 
example, the entry periods since 2000 are 2001 
to 2003, 2004 to 2006, 2007 to 2009, and 2010 to 
2013 (for more information on the methods, see 
the online appendix).

1. The online appendix includes the methodology as well as tables and figures designated in text with a leading 
O (https://www.rsfjournal.org/content​/5/4/159/tab-supplemental).

https://www.rsfjournal.org/content/5/4/6/tab-­supplemental
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Key Independent Variables
In line with the established literature on 
changes in the labor market across time, I dis-
tinguish between four sets of covariates: demo-
graphic, education and labor market experi-
ence, occupational, and firm characteristics. 
The demographic characteristics include age, 
race, gender, marital status, the presence of 
children, and the presence of children under 
six in the household. Age at the start of the em-
ployment spell is coded as a categorical vari-
able with two groups, young adult (twenty-five 
to thirty-four), and prime age (thirty-five to fifty-
four). I differentiate between racial groups us-
ing a variable for whites and nonwhites. Gender 
is a bounded by the limitation of the survey 
data to the male-female binary. Marital status 
is a three-category variable differentiating peo-
ple who are never married, married, and previ-
ously married. The presence of children in the 
household and having a child under six are 0–1 
variables, indicating the presence or absence 
of these children. Education is measured using 
a four-category variable of educational creden-
tials (less than high school degree or equiva-
lent, high school degree, some college, four-
year college degree, or higher degree). The 
labor-force experience is captured using vari-
ables for employment status prior to entering 
low-wage work, years worked in low wages, and 
a count of years unemployed for four months 
or longer.

The occupation characteristics included in 
the primary analysis are working part-time 
hours (less than thirty-five hours a week), years 
of occupational experience, current occupa-
tion, and the occupation at the start of the low-
wage employment spell. Current occupation is 
a time-varying variable. When considered with 
the fixed variable for occupation at spell start, 
the two occupation variables allow for an as-
sessment of the effect of occupational moves 
on the odds of mobility. I differentiate between 
four large occupations: low-end service, man-
ual, clerical, and mid-tier service, and profes-
sional and technical, aggregated using required 
occupational skills and environments from 
O*Net (onetonline.org). Workers build occupa-
tional experience by staying in the same occu-
pation or moving to an occupation requiring 
similar skills. I follow Mouw and Kalleberg 

(2018) and use a measure of occupational skill 
similarity derived from workers moving be-
tween occupations in the CPS (for more detail 
on these measures, see the online appendix).

The only firm characteristic available for 
both household heads and spouses at the start 
of the survey is industry. Detailed industries 
are grouped into eight categories based on the 
1990 census classification system: agriculture 
and mining; manufacturing and utilities; 
wholesale and retail trade; finance, insurance, 
and business services; personal services and 
entertainment; health care and social assis-
tance; education and public administration; 
and other professional, scientific, and techni-
cal. Beginning with the 1981 wave, firm experi-
ence is available for heads and spouses. This 
PSID-generated variable is a count of all firm 
experience across periods of unemployment. 
From this measure, I derive variables for 
changing firms and a count of the number of 
firm changes since entering the sample. Mea-
sures of whether the individual worker is in 
job covered by a union (0–1) or works for the 
government at any level (0–1) become available 
for heads and spouses with the 1979 wave. I test 
the inclusion all of these variables in a sup
plementary analysis of the years from 1981 to 
2014.

Results
Figure 1 compares the trend in the size of the 
U.S. low-wage labor market in the PSID and CPS 
for workers between twenty-five and sixty-four 
years old using two alternative low-wage thresh-
olds: two-thirds of the median hourly wage for 
full-time workers and two-thirds of the mean 
hourly wage for all workers (hereafter the me-
dian and mean threshold respectively). The size 
of the low-wage labor market is mostly stable 
from 1968 to 2014. About one-quarter of all 
workers in the United States are in low wages 
across this period using the median threshold 
(see Mason and Salverda 2010 for a consistent 
finding). The trend is dynamic. The percentage 
of low-wage workers swung down in the late 
1970s, then came up slowly through the 1980s. 
The Great Recession brought the share of low-
wage work to 28 percent.

In contrast, using the mean threshold, the 
low-wage labor market grew steadily, from 27 
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percent in the 1970s to 37 percent in the early 
2010s. The inflation-adjusted median hourly 
wage has been stable over this period. The 
mean hourly has increased, reflecting the grow-
ing inequality between the middle and top half 
of the wage distribution (Kalleberg 2011). The 
growth in the low-wage labor market over time 
when using the two-thirds of the mean thresh-
old for all workers is partially due to the in-
creasing threshold (see table O1).

The occupational composition of the low-
wage labor market in the United States changed 
only minimally since the 1970s using the me-
dian hourly wage threshold (see figure O2). 
Most of the change occurred in the early 2000s. 
The proportion of low-wage workers in low-end 
service work stayed near 45 percent through the 
early 2000s before increasing to 52 percent by 
the early 2010s. A corresponding decrease oc-
curred among clerical and mid-tier service 
workers and manual workers. Manual workers 
made up about 25 percent of all low-wage work-
ers through the early 2000s before dropping to 
20 percent. The decline in share for clerical and 
mid-tier service was slower and steadier, reach-
ing 20 percent by 2000 and dropping to 15 
percent by 2015. Workers in professional and 
technical occupations made up 15 percent of 
low-wage workers in 2015, almost double their 
share in 1968. Since 1980, the proportion of 

manual workers in low-wage work increased 
from 20 percent to 30 percent (see figure O3). 
The proportion of workers in low-end service 
(46 percent) and professional and technical (11 
percent) occupations in low wages held steady 
even as these occupations grew significantly 
over the period. About 22 percent of all clerical 
and mid-tier workers are in low wages.

The detailed occupations with the largest 
number of low-wage workers in low-end ser-
vices are the typical occupations associated 
with low-wage work: 69.1 percent of housekeep-
ers, 81.7 percent of childcare workers, 48.2 per-
cent of retail salespeople, and 64.5 percent of 
servers (for the top ten largest detailed occupa-
tions in each of the four aggregate occupations, 
see table A1). Among the detailed manual oc-
cupations with the largest number of low-wage 
workers are sewing machine operators (66.5 
percent), laborers and freight movers (37.7 per-
cent), automotive service mechanics (25.4 per-
cent), and construction laborers (34.7 percent).

What kind of professional and technical 
workers, many whom typically have a college 
degree, are in low-wage work? A small portion 
of workers in predominantly female occupa-
tions, including 12.7 percent of elementary 
school teachers and 37 percent of kindergarten 
and preschool teachers. The same pattern 
holds for clerical and mid-tier service. It is pre-

Source: Author’s calculations based on the PSID (2018) and CPS (Flood et al. 2018).
Note: The median low-wage threshold refers to two-thirds of the median wage for full-time workers. 
The mean threshold is two-thirds of the mean wage for all workers. 

Figure 1. Size of U.S. Low-Wage Labor Market, 1967–2015 
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dominantly female occupations including 
bookkeepers (23.8 percent), office clerks (35.1 
percent), and word processors (23.6 percent) 
that have the most low-wage workers in this ag-
gregate occupation. The smaller percentage of 
workers in low wages in these occupations in-
dicates that workers may be able to move out 
of low wages by staying in the same or moving 
to a similar occupation.

On average over the entire period from 1968 
to 2014, 41.8 percent of workers entering low-
wage jobs between the ages of twenty-five to 
fifty-four move to higher wages within two 
years, 55.4 percent in four years, and 62.9 per-
cent in six years using the median threshold 
and the Kaplan-Meier method (Allison 1982). 
Cumulative mobility rises to 56.5, 70.3, and 77.7 
percent in two, four, and six years for the about 
10 percent of workers entering low wages in 
professional and technical occupations. Cumu-
lative mobility goes down to 30.2, 43.2, and 51.5 
percent for the majority of low-wage workers 
who start low-wage employment spells in low-
end service occupations. Low-wage workers 
first observed in clerical and mid-tier service 
occupations experience mobility rates closer to 
those entrants to professional and technical oc-
cupations (50, 65.8, and 72.9 percent in two, 
four, and six years). Entrants into manual work-
ers split the difference between these low- and 
high-end occupations with cumulative mobility 
similar to the rate for all low-wage workers (46, 
59, and 65.8 percent in two, four, and six years). 
Prime-age entrants (age thirty-five to fifty-four) 
move out of low wages at similar rates on aver-
age to young adult (age twenty-five to thirty-
four) entrants (43.3 to 40.3, 55.8 to 55.1, and 62.7 
to 63.4 percent, at two, four, and fix years re-
spectively).

Overall mobility out of low-wage work has 
declined in the 2001 to 2014 period relative to 
the 1968 to 1985 period (–2 percent at two years, 
–1.9 at four, –1.7 at six) and the higher mobility 
during the 1986 to 2000 period (–3.7, –4.5, and 
–4.8 percent at two, four, and six years since en-
tering low wages) using the Kaplan-Meier 
method. The decline in mobility in the 2001 to 
2014 period is strongest among for low-wage 
entrants into manual workers (–7.2, –7.3, and 
–6.4 percent at two, four, and six years) and into 
clerical and mid-tier service occupations (–3, 

–5.1, and –4.9 percent at two, four, and six 
years). Low-wage entrants into professional and 
technical occupations have increased their mo-
bility in the most recent period relative to the 
1968 and 1985 period. 

Descriptive Statistics by Employment Spell
The value of analyzing mobility using employ-
ment spells is to capture the negative effects of 
unemployment on mobility while accounting 
for the increased probability of mobility when 
the unemployed return to work. Experiencing 
an unemployment spell of longer than four 
months is common for low-wage workers (21.8 
percent in two years, 39 percent in four years, 
49.4 percent in six years). As expected, low-wage 
entrants into professional and technical occu-
pations have the fewest unemployment spells 
(15, 30.5, and 36.4 percent by two, four, and six 
years); entrants into low-end service occupa-
tions have the most (24.2, 41.3, and 51.9 percent 
by two, four, and six years). Low-wage workers 
in the most recent period, from 2001 to 2014, 
have the fewest moves to unemployment (14.6 
to 24.6, 29.7 to 42.8, and 39.7 to 52 percent by 
two, four, and six years) relative to the 1968 to 
1985 period despite overall lower mobility out 
of low wages in the most recent period. They 
also return to low-wage employment more 
quickly in the more recent period (57.7 to 42.8, 
73.1 to 53.5, and 79.3 to 58.7 percent by two, four, 
and six years).

The demographic and educational char
acteristics of entrants into low wages has 
changed since the late 1960s (see table A2). The 
employment-spell nature of these statistics re-
sults in workers who are most at risk for becom-
ing unemployed produce more entrances into 
low-wage employment spells. Historically, 
more women than men have entered employ-
ment spells in low-wage work using the median 
threshold (for the median threshold, see table 
O2). Since 2000, parity has been higher; men 
and women are entering low-wage work at sim-
ilar rates. The change is primarily driven by 
more men entering low-wage manual (50.9 per-
cent between 1968 and 1985 to 23.4 percent be-
tween 2001 and 2013) and low-end service oc-
cupations (78.8 percent to 63.6 percent). The 
small share of women in manual occupations 
between 1968 and 1985 was likely concentrated 
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in the most low-paid jobs, such as textiles, and 
makes up a disproportionate share of manual 
workers in low wages. Nonwhite workers grew 
as a proportion of entrants into low-wage work, 
almost doubling from the 1968 to 1985 period 
(17.4 percent) to the most recent period after 
2000 (31.5 percent). The largest growth in the 
share of nonwhite workers occurred among 
low-wage workers in professional and technical 
occupations; the largest concentration remains 
in manual and low-end service occupations.

The age composition of entrants into low 
wages has become older as more prime-age 
workers (age thirty-five to fifty-four) enter low-
wage employment spells (51.4 percent between 
1968 and 1985 to 60.1 percent between 2001 and 
2013). This corresponds with a growth in work-
ers entering low-wage jobs from employment 
in better wages (41.8 percent between 1968 and 
1985 to 50.3 percent between 2001 and 2013). 
The proportion coming from unemployment 
or out of the labor force declined correspond-
ingly because the share of young entrants has 
remained stable at around 10 percent.

Most workers entering low-wage work after 
2001 have a high school degree, the same as in 
the late 1970s, but their share drops 10 percent, 
from 44.8 to 35.2 percent. The decline in the 
proportion of workers entering low-wage work 
with less than a high school education has been 
significant (26.4 to 12.2 percent) and is highest 
in manual occupations (44.6 to 19.4 percent). 
This is offset by a share of entrants with some 
college and, to a lesser extent, with a bachelor’s 
degree or higher. Workers with at least a four-
year college degree are most likely to be among 
the small share of entrants in low-wage profes-
sional and technical occupations (54.1 percent 
between 2001 and 2013). The share of entrants 
with a college degree has grown among en-
trants into the clerical and mid-tier occupa-
tions (12.5 percent between 1968 and 1985 to 
20.1 percent between 2001 and 2013) and service 
and low-end service occupations (4.2 percent 
between 1968 and 1985 to 13.6 percent between 
2001 and 2013).

The starting wages for entrants into low-
wage jobs has declined about 4 percent across 
occupations relative to the median between 
1968 to 1985 and 2000 to 2013 (53.2 percent to 
49.7 percent). This decline is on average about 

60 cents in 2015 dollars. The share of workers 
entering low-wage work in a low-end service oc-
cupation who started in part-time hours de-
clined over time (40.7 percent to 28.3 percent), 
and increased among entrants into professional 
and technical occupations (18.6 percent to 27.1 
percent). The measure of weekly hours can in-
clude hours from multiple jobs. As a result, if 
low-wage workers are more likely to have second 
jobs in the more recent period in order to reach 
full-time hours, it would show up as a decline 
in part-time work. The share of part-time work 
is lowest among entrants into manual occupa-
tions, 12.4 percent between 2001 and 2013.

Occupational experience is low and remains 
low for low-wage entrants across time (1.3 years 
from 1986 to 2000). This indicates that entrants 
into low wages have accrued little occupational 
experience or are changing occupations to oth-
ers with different skill and task profiles where 
accrued experience is less transferable. The in-
dustries in which entrants into low wages are 
finding jobs are mostly stable over time. The 
most notable change is the decline in the share 
of entrants into the manufacturing and utilities 
industry corresponding to deindustrialization.

In the more restricted 1981 to 2014 sample, 
the proportion of workers entering low-wage 
work in a job covered by a union increased from 
8.9 percent between 1968 and 1985 to 11.4 per-
cent between 2000 and 2013. The increase is 
particularly strong for professional and techni-
cal occupations and for clerical and mid-tier 
service occupations; the share for entrants into 
manual occupations has declined. The share of 
entrants into government employment is sta-
ble overall but masks both an increase among 
entrants into professional and technical and 
clerical and mid-tier service occupations, and 
a decline among manual occupations. The 
greater proportion of workers entering union 
jobs may be in the public sector, where union-
ization rates have declined less (Kalleberg 2011). 
The greater proportion in low wages would in-
dicate that the strength of these unions in rais-
ing wages may have declined, especially in the 
context of tighter government budgets.

Many workers start an employment spell in 
low wages with no firm experience. The high 
average firm experience (3.6 years) indicates a 
substantial portion of workers with greater 
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than five or ten years’ of experience entering 
low-wage jobs. The growth in this metric over 
time fits with more workers falling into low 
wages from higher wages due to the declining 
value of their wages relative to inflation. At the 
same time, the average number of firm changes 
in a mobility spell doubles over time. The 
greater churn in the low-wage labor market be-
tween firms in the 2001 to 2014 period, com-
bined with fewer entrants into low-wage jobs 
coming from four months or more of unem-
ployment, indicates both the availability of low-
wage work and its insecurity in recent years.

Predicting Mobility Out of Low Wages
The mobility rates out of low wage for workers 
age twenty-five to fifty-four vary across time. 
Significant variation is uncovered when ac-
counting for starting occupation, as seen in fig-
ure 2. In this section, I present results from fi-
nal discrete-time event history models with all 
of the covariates using the median threshold, 
describing the characteristics that significantly 
effect mobility (see figure A2) and the degree to 
which these effects have changed over time (see 
figure 3). I primarily refer to the effects for all 
low-wage workers. Where significant, I note 
variation by the occupation and age group that 
workers started in when they entered a low-

wage employment spell. When comparing ef-
fects of covariates across time, I follow the de-
scriptive analysis and analyze effects for the 
three periods, from 1968 to 1985, 1986 to 2000, 
and 2001 to 2014.

Cumulative mobility over the employment 
spell is similar to the Kaplan-Meier estimates 
of mobility since entering low-wage work (see 
figure A1). Mobility out of low-wage work at two, 
four, and six years is marginally lower over the 
employment spell because workers moving to 
unemployment contribute multiple employ-
ment spells. Workers coming from unemploy-
ment on average have a 4.4 percent lower prob-
ability of mobility out of low wages relative to 
workers coming from better wages (for all of 
the average marginal effects, see table O3). The 
effect of coming from a better-wage job on mo-
bility out of low wages is significantly higher 
from 2000 to 2014, at 6.5 percent, up from 3.9 
percent in the first period. Each move to unem-
ployment and subsequent count of years in un-
employment or out of the labor force reduces 
the probability of moving out of low wages in 
the next employment spell on average by 2.9 
percent. The average effect at two years of un-
employment has declined from a high of 3.8 
percent between 1968 and 1985 to 3.1 percent 
between 2001 and 2014. However, the effect at 

Source: Author’s calculations based on the PSID (2018).
Note: Using median threshold (two-thirds of the median age for full-time workers). Compiled from the 
four baseline models (m0) by starting occupation.

Figure 2. Mobility Rate Across Employment Spell by Entry Period and Occupation
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four years of unemployment increased from 1.9 
percent to 2.4 percent from the first to the most 
recent of the three periods.

Young entrants (twenty-five years old and 
entering the sample in low wages) have no ob-

served years in unemployment by definition. 
Thus the predicted probability of being a young 
entrant is 2.9 percent plus the coefficient for 
young entry, which is insignificant for all low-
wage workers. Young entry reduces mobility for 

Source: Author’s calculations based on the PSID (2018).
Note: Using median threshold (two-thirds of the median wage for full-time workers). Reference catego-
ries: woman (man), nonwhite (white), prime age (young adult), bachelor’s or higher (high school di-
ploma), part-time (full-time), starting and current occupation (professional and technical), firm change 
(same firm), worked in better wages (unemployed), industry (agriculture and mining).

Figure 3. Significant Changes in Average Marginal Effects for Covariates over Time
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young-adult low-wage entrants (age twenty-five 
to thirty-four), indicating an age effect where 
older workers coming from unemployment in 
this age category have a higher probability of 
mobility (3.2 percent) than those entering the 
sample at age twenty-five. Prime-age workers 
had significantly less mobility in the first two 
periods, through 2000 (–2.2 percent), but not 
from 2001 to 2014.

Women (relative to men) and nonwhites (rel-
ative to whites) have lower mobility rates. For 
all low-wage workers, the average marginal ef-
fect of gender is three times larger for women 
(–4.5 percent) than for being nonwhite (–1.5 per-
cent). Nonwhites have a lower probability of 
mobility out of low-wage work among prime-
age workers and among entrants into manual 
occupations (–2.3 and –2.6 percent respec-
tively). The effect for women is not significant 
among entrants into the predominantly female 
mid-tier service occupations and is stronger for 
young adults, entrants into low-end service oc-
cupations, and entrants into manual occupa-
tions (–5.5, –4.8, and –6.5 percent respectively). 
The average penalty for being a woman de-
clined over time from a high of 6.5 percent  
between 1968 and 1985. The penalty for being 
nonwhite, however, increased over time. The 
change is due to the increase in the negative 
effect of being nonwhite among entrants into 
low-end service occupations in the most recent 
period. It is now on par with the constant effect 
over time for entrants into manual occupa-
tions. Married workers experience a higher 
probability of mobility than never-married 
workers. The effect of being married is two 
times stronger among entrants into low-wage 
manual occupations (2.4 percent). Being a 
woman with a child under age six in the house-
hold reduces the probability of mobility by 1.9 
percent. The effect is two times as strong for 
low-wage entrants in professional and techni-
cal occupations.

Education effects are large. Among all low-
wage workers, a college degree increases the 
probability of mobility by 5.4 percent over a 
high school degree. The effect doubles for low-
wage entrants into professional and technical 
occupations and is insignificant for low-wage 
entrants into manual occupations. Young-adult 
workers benefit more from a college degree 

than prime-age workers on average (6.4 to 3.1 
respectively). Entrants with less than a high 
school degree have a lower probability of mov-
ing out of low wages (–4.2 percent) relative to 
those with a high school degree; the effect for 
having completed some college is about half 
that of a college degree (2.6 percent). The nega-
tive effect for not having a high school degree 
lowers mobility out of low wages for entrants 
into clerical and mid-tier occupations (–13.5 
percent) in particular. The average marginal ef-
fect of having a bachelor’s or higher degree on 
mobility out of low-wage work almost doubled 
in the period from 2001 to 2014 relative to 1968 
to 1985 and 1986 to 2000 in the model for all 
low-wage workers. The increased value of a 
bachelor’s degree for mobility out of low-wage 
work is significant only for workers starting in 
low-end service occupations among the occu-
pation and age models.

The effect is positive for greater employment 
experience in low wages on mobility, particu-
larly for young-adult entrants where the effect 
is three times greater. The value at four years of 
low-wage experience has declined from 2.5 per-
cent in the 1968 to 1985 period to 1.8 percent in 
the 2001 to 2014 period. Higher occupational 
experience increases the probability for mobil-
ity, but the effect is much lower (0.5 percent per 
year), indicating that general labor-force expe-
rience matters more for mobility than 
occupation-specific experience. A worker would 
need to build up seven years of occupational 
experience in their low-wage job to match the 
increased probability of mobility that comes 
from moving to an occupation with little or no 
skill similarity to their current job.

The effect of part-time work hours varies 
across time. In the earliest period, from 1968 to 
1985, working part-time hours has little effect 
on mobility. In the next period, from 1986 to 
2000, the sign turns negative. In the most re-
cent period, from 2001 to 2014, part-time hours 
lower the probability of mobility by 2 percent. 
The switch-in sign for part-time work is primar-
ily driven by young-adult workers and is stron-
ger for a woman working part time.

The average marginal effects for starting oc-
cupation and current occupation need to be in-
terpreted together. Starting an employment 
spell in a low-end service occupation, relative 
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to a professional or technical one, significantly 
lowers the probability for mobility out of wages 
(–2.1 percent). The negative effect of remaining 
in a low-end service occupation for workers 
starting a spell in this occupation is three times 
greater than moving to a professional and tech-
nical occupation. For these workers, moving to 
a manual occupation is little better than stay-
ing in a low-end service occupation. Moving up 
the occupational hierarchy from manual to 
clerical or mid-tier service and professional or 
technical occupations increases the probability 
of mobility. Only low-wage entrants into man-
ual work increase their probability of mobility 
by staying in a manual occupation (0.9 percent) 
relative to moving to a professional or technical 
one. The negative effect of starting in a manual 
occupation relative to a professional or techni-
cal one is three times larger in the most recent 
period (2001 to 2014) and two times larger for a 
clerical or mid-tier occupation than in the first 
period (1968 to 1985).

The largest effects are for industry. Working 
in low wages in personal services and entertain-
ment is no different than working in agricul-
ture or mining, an industry with low mobility. 
Workers in health care and social assistance, 
education and public administration, and man-
ufacturing and utilities have about a 7.5 percent 
higher probability of mobility out of low wages. 
Wholesale and retail trade as well as other pro-
fessional, scientific, and technical industries 
have smaller effects more similar in size to hav-
ing a college degree instead of a high school 
degree (4.9 and 3.5 respectively). The industry 
effects are strongest for professional and tech-
nical workers. Three industries see significant 
declines in their positive effects on mobility in 
the most recent period, from 2001 to 2014: fi-
nance, insurance, and business services; health 
care and social assistance; and education and 
public administration. The decline in mobility 
over time may reflect the decline in firm inter-
nal labor markets in the large institutions that 
dominate these industries, including hospitals, 
schools, and local government.

A supplemental analysis from 1981 to 2014 
incorporates additional job and firm measures. 
Working in a job covered by a union increases 
the probability of mobility by 8.2 percent. The 
positive effect for working in a government job 

is 2.4 percent. The effect for firm experience is 
small but significant (1 percent for ten years of 
experience). The effect for firm changes on the 
probability of mobility attenuates over time. 
Changing firms decreased the probability of 
mobility out of low-wage work by 10.3 percent 
between 1981 and 1985. The effect diminishes 
by half to –4.7 percent in the most recent pe-
riod, 2001 to 2014. The significance of this effect 
and its decline over time are driven by its sig-
nificance among the largest share of low-wage 
workers, those entering low-end service occu-
pations. 

Explaining Mobility Rates Across Time
The second research question is whether de-
mographic, education, occupational, and firm 
characteristics explain the different mobility 
rates across time. I use a stepwise series of 
discrete-time event history models to test the 
effect of including new sets of variables on the 
period effects. The baseline model (m0) in-
cludes only the effect of entry period on the 
hazard for the employment spell, along with a 
control variable for the number of previous suc-
cessful exits from low wages. The second model 
(m1) adds demographic variables, followed by 
education and human capital variables, includ-
ing the count of unemployment and employ-
ment status in the previous year (m2), then oc-
cupational variables (m3), and finally firm 
variables (m4). The base category for the entry 
period is from 1993 to 1996, a period with a 
tightening labor market when unemployment 
dropped from 7 percent to 5.5 percent.

Figures 4 and 5 present the average marginal 
effect of each entry period for each of the five 
model specifications for workers starting low-
wage employment spells in low-end service and 
manual occupations. Most of the effects of en-
try period are not significantly different for pro-
fessional and technical occupations and cleri-
cal and mid-tier service occupations; the 
overall entry period effects for all low-wage 
workers closely matches the trend for low-end 
service workers (see figures O4 through O6). 
The method here is to test whether the inclu-
sion of each new set of variables explains the 
entry period effects and moves the effect to-
ward zero in all periods. For example, if includ-
ing education and human capital variables re-
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Source: Author’s calculations based on the PSID (2018).
Note: Using median threshold (two-thirds of the median wage for full-time workers).

Figure 4. Average Marginal Effect of Entry Period on Mobility, Low-End Service Entrants 
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Source: Author’s calculations based on the PSID (2018).
Note: Using median threshold (two-thirds of the median wage for full-time workers).

Figure 5. Average Marginal Effect of Entry Period on Mobility, Manual Entrants
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moves these effects, then the interpretation is 
that higher (or lower) mobility rates in a given 
period were due to the workers’ favorable (or 
unfavorable) education and human capital 
characteristics. The reverse is true if including 
these variables increases the entry period ef-
fects (moving them away from zero). This indi-
cates that higher (or lower) mobility rate in the 
previous model is despite more unfavorable (or 
favorable) educational and human capital 
worker characteristics.

Starting with the analysis of low-end service 
occupations, only the 1986 to 1989 and the 2010 
to 2013 entry periods have significantly lower 
mobility than the 1993 to 1996 reference period 
in the baseline (m0) and the second model in-
cluding demographics (m1). Both are periods 
of high unemployment. Including education 
human capitals variables (m2) has a significant 
effect. All entry periods after 1997 have signifi-
cantly lower mobility than the reference period. 
These significant negative effects vary in size 
from 2.1 in the 1997 to 2000 period to 2.5 percent 
in the 2004 to 2006 period to 3.9 from 2007 to 
2009 and 2010 to 2013. This negative effect in-
dicates that entrants with similar education, 
unemployment and work experience, and com-
ing from better wages are doing worse in the 
more recent period. Further analysis (not 
shown), reveals that the variables for years un-
employed, years in low-wage work, and status 
prior to entering the employment spell mostly 
drive this effect, not the inclusion of education.

Adding occupational (m3) and firm (m4) 
characteristics attenuates the negative effects 
of entry period among entrants into low-end 
service occupations. The attenuation is small 
(on average 0.4 percent), but enough to make 
the smaller effects for the three entry periods 
from 1997 to 2006 not significantly different 
from the reference period after including oc-
cupational characteristics. The similarly large 
effects for the periods since the Great Recession 
(2007 onward) remain significant. Including 
firm characteristics further attenuates the ef-
fects in these two recent periods, but these ef-
fects remain significant. The supplemental 
analysis from 1981 to 2014 with the inclusion of 
additional job and firm experience variables 
does not change this result.

The mobility rates for low-wage entrants 

into manual occupations is similar (see figure 
5). One notable difference is the higher mobil-
ity in the first three periods, from 1968 to 1978 
relative to the 1980s, the late 1990s, and the late 
2000s. This fits with the decline in manufactur-
ing jobs during the 1980s. As in the model for 
all low-wage workers, including education and 
unemployment history results in stronger ef-
fects after 1997. The exception is the early 
2000s, which remain similar to the reference 
period (1993 to 1996). The housing boom in this 
period is a plausible explanation for why mobil-
ity is not lower in this period among manual 
workers. As in the model for all low-wage work-
ers, including occupational (m3) and firm (m4) 
characteristics somewhat attenuates the entry 
period effects.

Mean Threshold
Switching to the higher mean-derived low-wage 
threshold, cumulative mobility out of low 
wages drops approximately 2 to 3 percent at 
two, four, and six years since entering low 
wages relative to the median using the Kaplan-
Meier method. Most of the mobility out of low 
wages using the mean threshold is from work-
ers entering above the median threshold. Mo-
bility from below the median threshold to 
above the mean threshold is approximately 10 
percent lower at two, four, and six years relative 
to the mean (see figures O7 and O8). The occu-
pation differences in cumulative mobility re-
main stable across these alternative threshold 
specifications.

Mobility effects over time are marginally dif-
ferent when using the higher mean threshold 
(see figures O9 to O12). The entry periods from 
the late 1960s through the early 1980s, along 
with the 1990 to 1992 period have significantly 
higher mobility than those from the late 2000s 
for all low-end service workers. When the edu-
cation and human capital variables are in-
cluded, these earlier periods become signifi-
cantly different from the reference period. In 
other words, there is a much clearer decline in 
mobility out of low-wage work from higher mo-
bility up through the early 1990s and a steady 
decline afterward punctured by lower mobility 
after the Great Recession. The same patterns 
hold for mobility from below the median 
threshold to above the mean, although the pe-
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riod effect sizes are half as large because the 
base level probability of mobility is lower. Man-
ual workers have significantly higher probabil-
ity rates above the mean from 1968 to 1978 using 
the mean threshold. The same minimal attenu-
ation of entry period effects for the period after 
the late 1990s found using the median thresh-
old with the inclusion of occupation and firm 
characteristics occurs when using the mean 
threshold.

Discussion and Conclusion
Mobility out of low-wage work is modeled for 
thirteen entry periods from 1968 to 2013 for en-
trants age twenty-five to fifty-four into low 
wages for all workers, young and prime-age 
workers, and by four large aggregate occupa-
tions. More than half of all workers entering a 
low-wage employment spell move above the 
two-thirds of the median low-wage threshold 
for full-time workers in four years. However, it 
takes seven years for half of these workers en-
tering low wages below the median threshold 
to move above the higher two-thirds of the 
mean low-wage threshold.

Mobility out of low-wage work has declined 
for entrants into low wages since the late 1990s 
to the end of the study period in the early 2010s. 
Workers entering low-wage employment during 
the Great Recession (2007 to 2009) and the years 
afterward (2010 to 2013) experienced 3.7 and 4 
percent lower probabilities of mobility. These 
effects are similar in size to the negative effect 
of being a woman relative to being a man and 
the positive effect of having a college degree rel-
ative to having a high school diploma. These 
Great Recession effects are the largest period 
effects by a factor of two since the late 1960s.

In the baseline analysis of mobility out of 
low wages, the effect of entry period on mobil-
ity is minimal. A larger portion of entrants into 
low-wage work in the 2000s are prime age, non-
white, and men. These demographic changes 
explain little of the change in mobility rates 
over time. The negative effect on mobility out 
of low wages from the late 1990s onward is re-
vealed when controlling for the work and un-
employment history. This period effect is found 
in the Kaplan-Meier life table analysis based on 
time since first entering low wages and is not 
an artifact of the employment-spell design. 

This indicates that the probabilities of mobility 
out of low-wage work are lower since the late 
1990s even though low-wage workers have more 
labor market experience, less unemployment 
history, higher education, and are more likely 
to have fallen into low wages from better wages. 
Consistent with other research, I find that the 
returns to labor market experience for achiev-
ing mobility have decreased and that the nega-
tive effects of unemployment have increased 
when comparing the 2000 to 2014 period with 
prior years. My findings add to the growing ev-
idence of increased insecurity among workers 
at the bottom since the 1990s (Hacker 2006; 
Sandoval, Rank, and Hirschl 2009; Western et 
al. 2016; Latner 2018).

The institutional account would explain the 
lower returns to education and experience for 
low-wage workers mobility as a consequence of 
worsening occupational and firm characteris-
tics (Howell and Kalleberg 2019). I find some 
evidence for this argument in the attenuation 
of the entry period effects since the late 1990s 
after including occupational and firm charac-
teristics. The lowest mobility out of low wages 
is among entrants into and movers to low-end 
service occupations and the share of low-wage 
workers in these occupations has grown, par-
ticularly since 2000.

The decline of the higher mobility out of low 
wages in education, health, and business ser-
vices is evidence of a decline in firm internal 
labor markets due to the large institutions that 
dominate these industries. In addition, part-
time work is now a stronger hindrance to mobil-
ity out of low-wage work. More attention should 
be paid to part-time work as a form of insecurity 
in the new economy. In the supplemental anal-
ysis from 1981 to 2014, I find a decline in the 
negative effect of firm changes over time, fur-
ther evidence for a decline in internal labor mar-
kets and their subsequent use as a route to mo-
bility. These findings indicate that institutional 
changes have contributed to reducing pathways 
to mobility for low-wage workers.

The perfect competition model claims that 
the education and skills of workers are not 
keeping up with the available jobs (Autor and 
Dorn 2013). The low-wage labor market since 
the 2000s is more skilled than in the past. 
College-educated workers have increased their 
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share in the low-wage labor market and are 
moving out of low-wage work more quickly. The 
more-educated group that remains is the grow-
ing share with some college education. This 
group has doubled in low-end service occupa-
tions since the 1968 to 1985 period. Additionally, 
the lower mobility rate for prime-age workers 
compared to young adults goes away in the 2001 
to 2014 period. When combined with the in-
crease in low-wage workers coming from better 
wages, the evidence is consistent with the ac-
count of the perfect competition model that a 
decline in middle-skill jobs pushes more semi-
skilled workers into the low-wage labor market.

The stability in the size of the low-wage la-
bor market across time in the United States us-
ing the median threshold is a caution to the 
over-interpretation of the occupational polar-
ization literature. Low-end service occupations 
have increased as a share of the low-wage labor 
market, but have long been dominant. The new 
trend is an increase in the percentage of work-
ers in low-end service occupations that are not 
in low wages. This analysis does not find an 
increase in mobility out of low-end service oc-
cupations over time, suggesting that these 
higher-paid forms are not accessible to workers 
in low wages in the same occupation. The size 
of the low-wage labor market has increased 
when using the higher two-thirds of the mean 
threshold reflecting the growing insecurity of 
the lower middle class. However, these workers 
are less likely to be in the low-end service oc-
cupations typically associated with low-wage 
work. Rather, it is workers higher up the occu-
pation and skill ladder, like elementary school 
teachers,  who are added to the low-wage labor 
market when using the mean threshold.

I find positive effects for time employed in 
low wages and increases in occupational expe-
rience on mobility out of low-wage work. This 
counteracts the narrative that only low-wage 
workers who are younger, have more education, 
or are temporarily in low wages between spells 
of working in higher pay move out. Some work-
ers use low-wage work as a stepping stone 
(Knabe and Plum 2010; Cockx and Picchio 2012; 
Mouw and Kalleberg 2018). They are thus able 
to build occupational experience and move to 
another occupation requiring a similar set of 
tasks where their previous experience applies. 

However, this is a slow process. In contrast, 
low-wage workers who are able to move occupa-
tions with little or no skill similarity to their 
previous low-wage occupation increase their 
probability of mobility similar to having some 
college education over a high school degree. 
Similarly, working in a union job and a govern-
ment job have large positive effects on the prob-
ability of mobility, in line with research on the 
wage benefits of unions (Boushey 2005; Brady 
et al. 2013; VanHeuvelen 2018).

The consistent negative effects for women 
and nonwhites on mobility since 1968 reveals 
how little progress has been made for these 
groups in the low-wage labor market. The clos-
ing of the gender pay gap (Kronberg 2013) and 
the progress made on racial pay gaps (Ren 2019) 
have not resulted in a closing of mobility rates 
out of the low-wage labor market. Men and 
whites are moving up and out at higher rates 
even after accounting for education, experience, 
and various occupational and firm characteris-
tics. Although the probability of mobility out of 
low-wage work has narrowed for women, the 
negative effect of being a woman is similar in 
size to the positive effect of having a college de-
gree relative to a high school degree. I find that 
the penalty for being nonwhite on mobility out 
of low-wage work has worsened since the late 
1960s. A plausible explanation is the disparate 
impact of criminal records among nonwhites 
as part of mass incarceration (Pager 2007).

Future research on mobility out of low-wage 
work over time should use more detailed occu-
pations and industries contextualized in geo-
graphically bound labor markets. A finer 
grained analysis may provide a clearer story 
about changes in occupational and industry 
structure that are central to the institutional 
narrative and be able to identify the changes 
that began to occur in the 1990s. Selection 
should be taken seriously and use new methods 
to account for duration dependence and unem-
ployment spells. Most studies of the wage mo-
bility of low-wage workers use a threshold ap-
proach or follow the workers for only a short 
period after they secure higher wages. The in-
tragenerational mobility literature would ben-
efit from a deeper understanding of the wage 
growth of low-wage workers, particularly once 
they move to higher wages.
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Table A1. Top Ten Detailed Occupations by Large Occupation

Occupations
Percent in  

Low Wages

Professional and technical 
Farmers, ranchers, and other agricultural managers 60.9
Elementary and middle school teachers 12.7
Preschool and kindergarten teachers 37.0
Other teachers and instructors 25.6
Sales representatives, wholesale and manufacturing 9.4
Real estate brokers and sales agents 22.7
Designers 26.3
Legislators 7.6
Accountants and auditors 6.7
Artists and related workers 33.0

Clerical and mid-tier service 
Managers, all other 14.2
Logisticians 2.5
Miscellaneous agricultural workers (such as conservation workers) 80.8
Bookkeeping, accounting, and auditing clerks 23.8
Teacher assistants 55.3
Office and administrative support workers, all other 22.5
Office clerks, general 35.1
Shipping, receiving, and traffic clerks 27.2
First-line supervisors of office and administrative support workers 10.8
Word processors and typists 26.5

Manual 
Production workers, all other 24.9
Sewing machine operators 66.5
Laborers and freight, stock, and material movers, hand 37.7
Miscellaneous assemblers and fabricators 28.2
Inspectors, testers, sorters, samplers, and weighers 27.9
Operating engineers and other construction equipment operators 25.0
Automotive service technicians and mechanics 25.3
Construction laborers 34.7
Packaging and filling machine operators and tenders 4.3
Motor vehicle operators 38.0

Low-end service
Maids and housekeeping cleaners 69.1
Childcare workers 81.7
Retail salespersons 48.2
Nursing, psychiatric, and home health aides 63.3
Chefs and head cooks 68.6
Waiters and waitresses 64.5
Janitors and building cleaners 46.3
Cashiers 70.8
Driver, sales workers, and truck drivers 22.1
Hairdressers, hairstylists, and cosmetologists 57.6

Source: Author’s calculations based on the PSID (2018).
Note: Using median threshold (two-thirds of the median wage for full-time workers).
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Table A2. Descriptive Characteristics of Entrants and Jobs in Three Periods

All Entrants Professional-Technical Clerical–Mid-Tier Manual Low-End Service 

1968– 
1985

1986–
2000

2001–
2013

1968– 
1985

1986–
2000

2001–
2013

1968– 
1985

1986–
2000

2001–
2013

1968– 
1985

1986–
2000

2001–
2013

1968– 
1985

1986–
2000

2001–
2013

N 6,068 9,324 6,879 658 1,328 1,265 1,327 1,995 1,149 1,607 2,295 1,441 2,476 3,706 3,024
Female 66.4% 60.0% 55.4% 51.1% 55.7% 59.6% 70.7% 69.0% 72.0% 50.9% 32.5% 23.4% 78.8% 71.4% 63.6%
Nonwhite 17.4 24.0 31.5 8.2 15.5 17.8 11.7 20.7 30.7 21.6 29.2 38.0 22.9 27.1 35.4
Prime age (thirty-five to fifty-four) 51.4 56.8 60.1 44.8 59.4 59.3 52.0 61.2 61.5 49.3 52.0 64.3 55.0 55.3 57.4

Marital status
Never married 7.6% 17.4% 27.7% 12.4% 17.4% 26.6% 6.1% 14.5% 23.2% 6.4% 19.3% 27.6% 7.6% 18.2% 30.3%
Married 67.0 47.5 43.0 71.9 53.5 50.6 67.9 50.4 47.0 69.0 45.1 43.5 63.1 44.2 37.1

Child(ren) in the household
Yes 66.1% 57.2% 54.3% 59.7% 53.0% 52.9% 66.8% 55.5% 56.8% 67.7% 55.3% 53.3% 67.2% 61.4% 54.4%
Under age six 27.4 25.4 25.7 27.8 24.0 25.2 24.1 22.2 24.7 30.8 25.7 25.2 27.7 28.0 26.6
Woman with a child under age six 25.0 26.0 27.3 29.7 25.7 25.5 19.6 20.8 26.1 27.0 24.3 18.6 26.6 30.0 30.6

Education
Less than high school 26.4% 14.6% 12.2% 7.4% 4.3% 3.1% 15.3% 7.0% 7.7% 44.6% 24.9% 19.4% 31.3% 18.8% 15.1%
High school diploma 44.1 42.2 35.2 25.9 21.1 14.0 44.4 39.9 32.8 44.9 51.1 50.5 50.6 48.4 38.9
Some college 17.9 26.2 31.2 24.9 30.8 28.9 27.7 35.0 39.4 7.7 19.4 24.6 14.0 22.0 32.5
Bachelor’s or higher 11.6 17.0 21.4 41.8 43.7 54.1 12.5 18.1 20.1 2.7 4.6 5.6 4.2 10.9 13.6

Employment status before entry
Unemployed 48.3% 45.8% 38.8% 37.6% 37.6% 35.6% 43.6% 40.0% 38.4% 44.3% 40.2% 35.6% 58.4% 56.6% 42.5%
Working, better wages 41.8 45.8 50.3 51.7 56.0 55.5 46.9 52.7 51.7 45.2 52.2 55.8 31.8 32.8 43.9
Young entry 10.0 8.4 10.9 10.7 6.5 9.0 9.5 7.2 9.9 10.6 7.6 8.6 9.8 10.6 13.6

Years observed in low wages 0.8 1.1 1.0 0.4 0.8 0.7 0.6 0.8 0.8 0.7 0.8 1.0 1.1 1.5 1.2
Years observed in unemployment 0.8 1.3 0.9 0.4 0.9 0.7 0.7 1.0 0.8 0.7 1.1 0.9 1.1 1.9 1.1
Average starting wage (median=100) 53.2 50.5 49.7 55.5 52.0 52.0 56.1 53.5 52.5 54.9 51.2 50.3 49.1 47.4 47.0
Part-time hours 27.0% 23.4% 24.2% 18.6% 23.9% 27.1% 24.0% 19.0% 26.4% 13.8% 10.2% 12.4% 40.7% 33.5% 28.3%
Woman and part-time hours 37.4% 33.7% 32.9% 30.8% 33.8% 36.0% 31.9% 26.1% 32.3% 20.6% 16.7% 15.1% 49.6% 43.0% 35.3%
Average occupational experience 1.2 1.3 1.4 1.1 1.2 1.1 1.2 1.2 1.5 1.1 1.2 1.5 1.4 1.4 1.4

Industry
Agriculture and mining 11.1% 12.8% 12.5% 22.8% 12.1% 10.8% 13.7% 14.5% 11.5% 15.8% 27.7% 29.7% 1.6% 3.5% 4.3%
Manufacturing and utilities 21.9 18.3 16.6 7.2 8.9 8.9 16.2 14.8 11.9 61.1 47.3 43.6 8.0 8.6 7.8
Wholesale and retail trade 23.6 22.2 23.0 11.8 7.9 8.5 20.2 19.3 12.7 10.9 10.4 13.9 38.8 37.5 40.2
Finance, insurance, and business services 8.7 10.2 10.4 10.9 13.7 12.6 13.4 13.3 14.0 5.9 7.6 10.0 5.9 8.0 7.9
Personal services and entertainment 9.9 9.5 9.8 3.4 3.9 7.0 4.4 4.1 4.2 1.7 1.1 1.2 21.6 20.5 18.3
Health care and social assistance 9.0 9.0 10.2 10.0 14.0 9.5 11.1 11.2 12.6 0.1 0.5 0.1 12.5 9.9 15.1
Education and public administration 11.8 12.8 11.1 23.4 23.6 26.0 15.0 16.6 23.2 3.9 5.0 1.0 9.5 9.7 3.6
Other professional, scientific, and 

technical
4.1 5.2 6.4 10.6 16.0 16.7 6.1 6.2 9.9 0.7 0.3 0.5 2.1 2.2 2.7

Only from 1981 onward
N 1,855 6,983 5,162 195 890 897 409 1,479 986 518 1,797 1,084 733 2,817 2,195
Union job 8.9% 9.8% 11.4% 5.0% 8.2% 13.4% 6.7% 10.8% 11.7% 16.9% 14.0% 13.4% 7.3% 7.5% 9.2%
Government job 15.1% 15.7% 15.3% 17.2% 23.5% 25.8% 20.5% 19.7% 25.8% 9.6% 12.0% 5.6% 13.6% 12.2% 9.8%
Average firm experience 3.6 3.6 4.1 3.1 3.5 3.9 4.1 3.8 4.7 4.4 4.3 4.6 2.9 3.1 3.5
Average firm count 1.5 3.3 4.4 1.5 3.4 4.5 1.5 3.4 4.5 1.5 3.0 4.4 1.5 3.4 4.3

Source: Author’s calculations based on the PSID (2018).
Note: Using median threshold (two-thirds of the median wage for full-time workers). 
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Table A2. Descriptive Characteristics of Entrants and Jobs in Three Periods

All Entrants Professional-Technical Clerical–Mid-Tier Manual Low-End Service 

1968– 
1985

1986–
2000

2001–
2013

1968– 
1985

1986–
2000

2001–
2013

1968– 
1985

1986–
2000

2001–
2013

1968– 
1985

1986–
2000

2001–
2013

1968– 
1985

1986–
2000

2001–
2013

N 6,068 9,324 6,879 658 1,328 1,265 1,327 1,995 1,149 1,607 2,295 1,441 2,476 3,706 3,024
Female 66.4% 60.0% 55.4% 51.1% 55.7% 59.6% 70.7% 69.0% 72.0% 50.9% 32.5% 23.4% 78.8% 71.4% 63.6%
Nonwhite 17.4 24.0 31.5 8.2 15.5 17.8 11.7 20.7 30.7 21.6 29.2 38.0 22.9 27.1 35.4
Prime age (thirty-five to fifty-four) 51.4 56.8 60.1 44.8 59.4 59.3 52.0 61.2 61.5 49.3 52.0 64.3 55.0 55.3 57.4

Marital status
Never married 7.6% 17.4% 27.7% 12.4% 17.4% 26.6% 6.1% 14.5% 23.2% 6.4% 19.3% 27.6% 7.6% 18.2% 30.3%
Married 67.0 47.5 43.0 71.9 53.5 50.6 67.9 50.4 47.0 69.0 45.1 43.5 63.1 44.2 37.1

Child(ren) in the household
Yes 66.1% 57.2% 54.3% 59.7% 53.0% 52.9% 66.8% 55.5% 56.8% 67.7% 55.3% 53.3% 67.2% 61.4% 54.4%
Under age six 27.4 25.4 25.7 27.8 24.0 25.2 24.1 22.2 24.7 30.8 25.7 25.2 27.7 28.0 26.6
Woman with a child under age six 25.0 26.0 27.3 29.7 25.7 25.5 19.6 20.8 26.1 27.0 24.3 18.6 26.6 30.0 30.6

Education
Less than high school 26.4% 14.6% 12.2% 7.4% 4.3% 3.1% 15.3% 7.0% 7.7% 44.6% 24.9% 19.4% 31.3% 18.8% 15.1%
High school diploma 44.1 42.2 35.2 25.9 21.1 14.0 44.4 39.9 32.8 44.9 51.1 50.5 50.6 48.4 38.9
Some college 17.9 26.2 31.2 24.9 30.8 28.9 27.7 35.0 39.4 7.7 19.4 24.6 14.0 22.0 32.5
Bachelor’s or higher 11.6 17.0 21.4 41.8 43.7 54.1 12.5 18.1 20.1 2.7 4.6 5.6 4.2 10.9 13.6

Employment status before entry
Unemployed 48.3% 45.8% 38.8% 37.6% 37.6% 35.6% 43.6% 40.0% 38.4% 44.3% 40.2% 35.6% 58.4% 56.6% 42.5%
Working, better wages 41.8 45.8 50.3 51.7 56.0 55.5 46.9 52.7 51.7 45.2 52.2 55.8 31.8 32.8 43.9
Young entry 10.0 8.4 10.9 10.7 6.5 9.0 9.5 7.2 9.9 10.6 7.6 8.6 9.8 10.6 13.6

Years observed in low wages 0.8 1.1 1.0 0.4 0.8 0.7 0.6 0.8 0.8 0.7 0.8 1.0 1.1 1.5 1.2
Years observed in unemployment 0.8 1.3 0.9 0.4 0.9 0.7 0.7 1.0 0.8 0.7 1.1 0.9 1.1 1.9 1.1
Average starting wage (median=100) 53.2 50.5 49.7 55.5 52.0 52.0 56.1 53.5 52.5 54.9 51.2 50.3 49.1 47.4 47.0
Part-time hours 27.0% 23.4% 24.2% 18.6% 23.9% 27.1% 24.0% 19.0% 26.4% 13.8% 10.2% 12.4% 40.7% 33.5% 28.3%
Woman and part-time hours 37.4% 33.7% 32.9% 30.8% 33.8% 36.0% 31.9% 26.1% 32.3% 20.6% 16.7% 15.1% 49.6% 43.0% 35.3%
Average occupational experience 1.2 1.3 1.4 1.1 1.2 1.1 1.2 1.2 1.5 1.1 1.2 1.5 1.4 1.4 1.4

Industry
Agriculture and mining 11.1% 12.8% 12.5% 22.8% 12.1% 10.8% 13.7% 14.5% 11.5% 15.8% 27.7% 29.7% 1.6% 3.5% 4.3%
Manufacturing and utilities 21.9 18.3 16.6 7.2 8.9 8.9 16.2 14.8 11.9 61.1 47.3 43.6 8.0 8.6 7.8
Wholesale and retail trade 23.6 22.2 23.0 11.8 7.9 8.5 20.2 19.3 12.7 10.9 10.4 13.9 38.8 37.5 40.2
Finance, insurance, and business services 8.7 10.2 10.4 10.9 13.7 12.6 13.4 13.3 14.0 5.9 7.6 10.0 5.9 8.0 7.9
Personal services and entertainment 9.9 9.5 9.8 3.4 3.9 7.0 4.4 4.1 4.2 1.7 1.1 1.2 21.6 20.5 18.3
Health care and social assistance 9.0 9.0 10.2 10.0 14.0 9.5 11.1 11.2 12.6 0.1 0.5 0.1 12.5 9.9 15.1
Education and public administration 11.8 12.8 11.1 23.4 23.6 26.0 15.0 16.6 23.2 3.9 5.0 1.0 9.5 9.7 3.6
Other professional, scientific, and 

technical
4.1 5.2 6.4 10.6 16.0 16.7 6.1 6.2 9.9 0.7 0.3 0.5 2.1 2.2 2.7

Only from 1981 onward
N 1,855 6,983 5,162 195 890 897 409 1,479 986 518 1,797 1,084 733 2,817 2,195
Union job 8.9% 9.8% 11.4% 5.0% 8.2% 13.4% 6.7% 10.8% 11.7% 16.9% 14.0% 13.4% 7.3% 7.5% 9.2%
Government job 15.1% 15.7% 15.3% 17.2% 23.5% 25.8% 20.5% 19.7% 25.8% 9.6% 12.0% 5.6% 13.6% 12.2% 9.8%
Average firm experience 3.6 3.6 4.1 3.1 3.5 3.9 4.1 3.8 4.7 4.4 4.3 4.6 2.9 3.1 3.5
Average firm count 1.5 3.3 4.4 1.5 3.4 4.5 1.5 3.4 4.5 1.5 3.0 4.4 1.5 3.4 4.3

Source: Author’s calculations based on the PSID (2018).
Note: Using median threshold (two-thirds of the median wage for full-time workers). 
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Source: Author’s calculations based on the PSID (2018).
Note: Results from the full model (m4) using the median wage threshold (two-thirds of the median 
wage for full-time workers).

Figure A1. Cumulative Mobility Out of Low-Wage Work Across Employment Spells
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Source: Author’s calculations based on the PSID (2018).
Note: Results from the full model (m4) using the median wage threshold (two-thirds of the median 
wage for full-time workers). Reference categories: woman (man), nonwhite (white), marital status 
(never married), child under six (without a child under six), education (high school diploma), worked in 
better wages (unemployed), starting and current occupation (professional and technical), firm change 
(same firm), industry (agriculture and mining).

Figure A2. Significant Average Marginal Effects for Mobility for All Low-Wage Workers  
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cent during the same period (Piketty, Saez, and 
Zucman 2018).

This upward redistribution of the gains 
from economic growth stands in contrast to the 
post–World War II economic boom, during 
which earnings growth was broadly shared 
(Bernstein 2016; Kopczuk, Saez, and Song 2010). 
Part of the rise in inequality is attributable to 
technological change increasing demand for 
skills without a sufficient offsetting increase in 
the supply of educated workers (Goldin and 
Katz 2008). However, since at least 2000, the col-

Solidarity Within and Across 
Workplaces: How Cross-
Workplace Coordination 
Affects Earnings Inequality
Nath an W ilmers

The post–World War II period of wage compression provides a strong contrast to the last forty years of rising 
inequality. In this article, I argue that inequality was previously constrained by pay coordination that 
spanned multiple workplaces. Cross-workplace coordination practices range from multi-employer bargain-
ing agreements to informal employer collusion. To quantify the influence of these practices on inequality, I 
draw on establishment-level Bureau of Labor Statistics microdata from 1968 to 1977. Inequality between 
workplaces did not increase during the 1970s and inequality was lower among workers likely to be covered 
by cross-workplace coordination. Unionization, large establishments, and pension provision reduced in-
equality across workplaces, not only among coworkers within workplaces. These findings indicate that cross-
workplace coordination mitigated inequality during the postwar period of egalitarian economic growth.

Keywords: inequality, labor market institutions, wages, organizations, economic sociology

Since the 1970s, real earnings growth for most 
U.S. workers has sputtered and nearly stalled. 
At the same time, those at the top of the earn-
ings distribution have enjoyed rapid gains 
(Song et al. 2018). Together, these trends mean 
rising earnings inequality amidst an erosion 
of job quality for the bulk of U.S. workers (Kal-
leberg 2009). As a result of these divergent 
earnings trajectories, average income in the 
bottom half of the income distribution has 
stagnated at around $16,000 per year since 
1980, while overall income has grown 60 per-
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lege wage premium has stabilized while in-
equality has continued rising (Autor 2017). 
Moreover, the growth in earnings inequality 
since 1980 has largely been due to growing earn-
ings differences in pay between firms, as highly 
paid workers increasingly work together and 
increasingly work at high-paying paying firms 
(Song et al. 2018). These patterns lend renewed 
urgency to research about organizational prac-
tices, like increased use of pay for performance 
compensation, and labor market institutions, 
like declining labor unions, that could exacer-
bate inequality (Western and Rosenfeld 2011; 
Cobb and Stevens 2017; Lemieux 2008). The key 
to returning to egalitarian growth may lie in 
reformed organizational and institutional ar-
rangements, rather than in skill supply per se.

Prior research investigating institutional 
and organizational effects on earnings has em-
phasized two mechanisms. First, groups of sim-
ilar workers impose fairness norms among 
themselves and instigate power struggles in-
side workplaces that chasten managers and ex-
ecutives—highly paid employees who might 
otherwise seek yet higher pay for themselves. 
When these workplace pay norms deteriorate, 
through a decline in collective bargaining 
(Western and Rosenfeld 2011; Farber et al. 2018), 
or due to outsourcing and occupational segre-
gation across workplaces (Handwerker 2018), 
earnings inequality can increase. Second, direct 
government regulation of compensation has 
ebbed since the 1970s. Specifically, early re-
search suggested that minimum wages—which 
rose little during the 1970s and declined steadily 
in real terms through the 1980s—played a role 
in heightening inequality in the 1980s (Lee 
1999; Autor, Manning, and Smith 2016). To-
gether, within-workplace fairness norms and 
government regulation are two mechanisms 
through which organizational practices and la-
bor market institutions affect earnings and in-
equality, above and beyond changes in the com-
petitive labor market’s fundamental supply and 
demand for skill.

This vision of institutional earnings effects 
is bifocal: it sees politics and coordination bub-
bling up inside the workplace or imposed from 
above as policy constraint. Lost between micro- 
and macropolitics is the meso-level of interac-
tion among networks of firms, which could also 

function to standardize earnings across differ-
ent workplaces. Research in economic sociol-
ogy emphasizes the importance of various in-
teractions and connections between firms for 
a variety of outcomes—in the networked econ-
omy (Powell 1990), across noncompeting peer 
firms (Zuckerman and Sgourev 2006) and 
among buyers and suppliers (Whitford 2005; 
Wilmers 2018). Case studies in labor history 
emphasize how labor market institutions span-
ning multiple workplaces can yoke together 
compensation for workers employed at differ-
ent employers. Indeed, cross-workplace coor-
dination is particularly prominent in studies of 
wage determination in the kinds of low- and 
middle-skill jobs that have seen their quality 
degrade since the 1970s. For example, multi-
employer collective bargaining agreements im-
proved working standards in fragmented in-
dustries, from longshore and construction 
trades to garment workers, janitors, truckers, 
and actors (Hartman 1969; Carpenter 1972; Cob-
ble 1991). Beyond formal multi-employer agree-
ments, qualitative research on local labor mar-
kets during postwar wage compression found 
that tacit pay coordination among manufactur-
ing companies standardized local area wage 
rates (Reynolds 1951). Among large industrial 
corporations, the spread of personnel depart-
ments focused on wage standardization abet-
ted coordination and standardization across 
workplaces and companies (Jacoby 2004; 
Baron, Dobbin, and Jennings 1986). This theo-
retical and historical warrant justifies renewed 
attention to the ways that institutions and in-
teractions spanning different workplaces affect 
earnings inequality.

In this article, I argue that understanding 
institutional and organizational wage effects—
and by extension, understanding rising in-
equality and declining job quality—require at-
tention to dynamics between workplaces (not 
just within them or imposed from above by di-
rect government regulation). I draw on eco-
nomic sociology and institutional labor eco-
nomics to outline two ways that institutions 
and norms can affect earnings across different 
workplaces: through direct formal commit-
ments (such as multi-employer collective bar-
gaining agreements) and through informal pay 
coordination across workplaces. Rather than 
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government fiat or workgroup solidarity, these 
cross-workplace processes involve multiparty 
commitments, workplace-spanning norms and 
tacit coordination.

To test these ideas about job quality and 
cross-workplace coordination, I use neglected 
establishment-level survey data from the 1970s 
to assess the effects of unionization, workplace 
size, and compensation techniques on between-
workplace earnings inequality. This empirical 
approach allows analysis of labor market insti-
tutions during a historical period in which 
prior research suggests they were particularly 
important (Goldin and Katz 2008; Kochan and 
Kimball, forthcoming). This period thus pro-
vides a strategic site at which to distinguish dif-
ferent channels through which norms and co-
ordination contributed to pay compression 
during the post–World War II period. Moreover, 
these data provide the first series on between-
workplace earnings inequality from prior to 	
the 1980s. I contextualize these data by present-
ing longer trends in inequality within-  and 
between-employers and discussing implica-
tions for research on changes in labor market 
institutions and employer coordination since 
the 1970s.

By filling in the cross-workplace meso-level 
of processes of wage compression, this article 
contributes to debates around rising inequal-
ity and job quality in several ways. First, I use 
insights from economic sociology and indus-
trial relations about norms and interactions 
across workplaces to broaden research on in-
stitutional and organizational wage effects. 
Second, I introduce data from prior to the rise 
in inequality that allows workplace-level mea-
surement of institutional and organizational 
sources of pay compression. Unlike studies us-
ing more recent data, which infer the effects of 
institutions and organizational practices 
through the consequences of their uneven de-
terioration, this analysis studies the institu-
tional foundations of a relatively egalitarian 
earnings distribution during a period when 
these institutions were intact and influential. 
I can thus distinguish the precise channels 
through which institutional earnings effects 
operated.

Future research on the preconditions and 
risks involved in cross-workplace earnings co-

ordination would provide insight about an un-
derstudied, but historically important, area for 
policymakers seeking to revive egalitarian 
growth. Beyond increasing educational attain-
ment, bolstering single-company unionism or 
limiting outsourcing and beyond adjustments 
in the minimum wage, this article shows how 
cross-workplace coordination mechanisms can 
shape the earnings distribution.

Solidarit y and Regul ation as 
Sources of Equalit y
Research on institutional and organizational 
sources of pay compression focuses on two 
sources: workgroup solidarity and government 
regulation. In the former channel, social norms 
and solidarity within firms and within work-
places reduce inequality. In the latter channel, 
direct government regulation imposes mini-
mum wages and standards on firms. I first out-
line theory and research on these two sources. 
Later, I specify the third, understudied, class of 
pay compression channels, which hinge on 
agreements and norms between workplaces.

A long tradition in organizational sociology 
and institutional labor economics attributes 
deviations from market wages to power strug-
gles inside workplaces and companies. In Alvin 
Gouldner’s study of bureaucratization, the in-
formal solidarity of underground gypsum min-
ers undermines managerial attempts at disci-
plining workers (1954). The solidaristic work 
group also grounded Hugh Clegg’s theory of 
labor union power, according to which groups 
of similar workers use collective action to im-
prove their working conditions (1972). A recent 
programmatic restatement describes the dis-
tinctive view of institutional labor economics 
as “organizations are characterized by groups 
with competing objectives and perspectives” 
(Osterman 2011, 640). Informal norms and pro-
cesses of group conflict within a workplace 
ground institutional wage determination in in-
tuitive ideas about small group cohesion and 
power.

Building on this research tradition, an influ-
ential explanation for recent increases in earn-
ings inequality emphasizes the decline of group 
bargaining power dynamics and solidaristic 
processes within workplaces and companies. 
This argument proceeds from two directions. 



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 s o l i d a r i t y  w i t h i n  a n d  a c r o s s  w o r k p l a c e s 	 19 3

First, pay-setting processes within organiza-
tions appear increasingly responsive to labor 
market prices. The spread of variable compen-
sation links worker pay to individual perfor-
mance (Lemieux, MacLeod, and Parent 2009). 
Norms that previously constrained executive 
pay have eroded (Piketty and Saez 2003). The 
decline of labor unions is associated with in-
creased within-firm inequality between work-
ers and executives (Rosenfeld 2006; Freeman 
1984). For lower-paid workers, the pay premium 
associated with working at a large firm has been 
steadily declining since at least the late 1980s 
(Cobb and Lin 2017). The messy conflicts and 
loyalties of work group wage determination ap-
pear to be melting into a competitive labor mar-
ket that sets wages according to skill.

Second, organizations appear increasingly 
homogenous with respect to their workers’ 
skills, occupation, and education level (Weil 
2014). When companies outsource low-wage 
work, earnings decline for affected workers 
(Goldschmidt and Schmieder 2017; Dube and 
Kaplan 2010). As workplace fissuring separates 
workers in different occupations and with dif-
ferent skill levels across employers, fairness 
norms and rent sharing have less influence over 
wages. When pay differences align with firm 
boundaries, within-firm compression effects 
are avoided. The work group, with its attendant 
politics, fairness norms, and comparison 
groups, is thus receding in importance as a 
force mitigating wage inequality. This is due to 
both increased penetration of market-driven 
wage determination and an increasingly frag-
mented employment structure.

Beyond intra-organizational fairness norms, 
researchers have also considered the effects of 
changing government policy on inequality. 
Most prominently, the declining real value of 
the federal minimum wage contributed to stag-
nating wages and inequality in the bottom of 
the earnings distribution (Lee 1999; Autor, Man-
ning, and Smith 2016). Declining minimum 
wages are a direct reduction in regulatory in-
tervention in the wage distribution. Indirect 
government policies have also been important. 
Increased international trade penetration, de-
regulation, increased low-wage immigration, 
and lowered top income taxes have all contrib-
uted to rising earnings inequality (Alderson 

and Nielsen 2002; Autor, Dorn, and Hanson 
2013; Fortin and Lemieux 1997; Card 2009; Pik-
etty and Saez 2003).

These pathways of workplace fairness norms 
and government policy intervention, coupled 
with changing supply and demand for skill (dis-
cussed later) provide powerful explanations for 
inequality dynamics. But they leave open sev-
eral puzzles. First, if outsourcing is a way to suc-
cessfully avoid costly internal fairness norms, 
why would companies wait until the 1980s to 
begin outsourcing? A possible explanation is 
that cross-workplace agreements lowered in-
centives to outsource prior to the 1980s (but see 
also Autor 2003). Second, if norms exist within 
workplaces, why would they not exist across 
workplaces? Given findings in economic sociol-
ogy about the importance of firm identity and 
interactions with peers and competitors (White 
1981; Zuckerman and Sgourev 2006), wage 
norms, comparisons and coordination are 
likely to exist across as well as within work-
places. Third, if establishment-level collective 
bargaining agreements compress earnings 
within a workplace, multi-employer collective 
bargaining agreements should compress earn-
ings across multiple workplaces. Addressing 
these dilemmas in the current institutional-
organizational account of earnings inequality 
requires more careful consideration of the 
third channel of organizational and institu-
tional earnings effects: cross-workplace coordi-
nation.

E arnings Coordination  
Across Workpl aces
Cross-workplace wage coordination practices 
fall along a spectrum of more and less formal 
commitments across workplaces and employ-
ers. The most formal are multi-employer col-
lective bargaining agreements. Unions also 
spur more tacit coordination processes, such 
as pattern bargaining and coercive comparison. 
Beyond unions, informal coordination among 
large establishments can stem from the social 
order of product markets and embeddedness 
emphasized by economic sociologists, or via 
professionalized compensation practices from 
human resources and personnel departments. 
Through all of these processes, earnings differ-
ences across workplaces are muted due to in-
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stitutional constraints and organizational prac-
tices. In the following section, I outline these 
coordination processes and formulate predic-
tions about the effects of organizational prac-
tices and labor market institutions on inequal-
ity both within and between workplaces.

As noted earlier, collective bargaining 
heightens and reflects within-firm workgroup 
solidarity. But unions can also compress pay 
between different workplaces (Freeman 1980; 
Western and Rosenfeld 2011). Comparative re-
search finds that coordinated, industry-wide 
collective bargaining restricts inequality 
(Wallerstein 1999). In the U.S. context, multi-
employer bargaining was widespread up to the 
1980s in industries ranging from construction 
and trucking to retail and hotels. Multi-
employer bargaining is particularly important 
in industries with many fragmented employers 
who join together in employer associations to 
bargain with a union (Slichter, Healey, and Liv-
ernash 1960). In project-based industries like 
construction or media production, multi-
employer contracts allow standardized wage 
and benefit schedules even as union members 
experience frequent moves across employers. 
Unions representing these workers sought to 
implement contracts that would cover all mem-
bers in a local labor market in a given occupa-
tion, such as building trades or waitress unions 
(Cobble 1991), or industry, such as garment and 
other needle trades (Carpenter 1972). In truck-
ing and entertainment unions, these multi-
employer agreements were national in scope.

In manufacturing, practices of pattern bar-
gaining involved provisions bargained in a lead 
contract setting a pattern of wage and benefits 
standards for subsequent agreements in peer 
employers represented by the same union or 
operating in the same sector (Budd 1992). More 
broadly, Arthur Ross identifies various levels of 
“orbits of coercive comparison” ranging from 
competitor firms within national product mar-
kets to rivalries between officials in different 
unions, each of which originate pressures to 
coordinate wage setting across groups of work-
ers (1948). By activating equity concerns beyond 
individual workplaces, these orbits of compar-
ison serve to compress average wages among 
unionized workplaces.

In both the formal multi-employer agree-
ments and the less formal processes of pattern 
bargaining and coercive comparison, unioniza-
tion is expected to reduce cross-workplace in-
equality. Consistent with a union wage pre-
mium, these agreements will also tend to 
increase wages among unionized workplaces 
(however, even given higher average pay, some 
of the most productive or profitable covered 
workplaces could still receive lower pay than if 
their wages were set independently). In this 
way, collective bargaining can also heighten in-
equality between union and non-union firms. 
In some cases union threat effects can lead 
non-union companies to adopt union-level pay 
scales (Farber 2005). But, in general, if pay com-
pression in the union sector comes in part from 
increased wages, then the growing gap between 
union and non-union firms can heighten in-
equality (Rees 1962). This is particularly true 
when comparing unionized companies to com-
panies in other industries and geographical re-
gions: some non-union companies face little 
union threat.

Another informal source of cross-workplace 
earnings coordination is normative pressures 
exercised among employers directly. For exam-
ple, in Lloyd Reynolds’s classic study of the 
1950s New Haven labor market, he finds em-
ployers who believe it is “not ethical to pay too 
high a wage. . . . If you do, you will end up in 
the same position as the gasoline stations who 
indulge in excessive price cutting” (1951, 160). 
Very small workplaces are more likely to fly un-
der the radar of these normative pressures than 
large workplaces are. Another 1950s labor mar-
ket study, in Trenton, New Jersey, finds that 
“gentlemen’s” hiring codes against “labor pirat-
ing” were particularly strong in larger work-
places (Lester 1954, 63–64). There are two rea-
sons for this. First, large workplaces are more 
prominent and their wage-setting decisions are 
more likely to be visible to peer workplaces. Re-
search in economic sociology emphasizes the 
ways that large and visible establishments set 
patterns for their peers and competitors (White 
1981; Podolny 2010). Second, assuming some 
critical mass and tipping point dynamics of em-
ployee coordination are needed to maintain a 
wage norm, it is easier for a small number of 
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large workplaces to collude and coordinate 
earnings than for the many small workplaces 
that would be needed for the norm to cover 
enough workers. Normative pay coordination 
among employers at large workplaces is thus 
stronger than among small workplaces.

The stable, visible position of large work-
places leads them to transmit less variability in 
earnings for employees across workplaces. Un-
like collective bargaining-driven coordination, 
however, these normative processes need not 
be associated with higher earnings for workers. 
As the Reynolds statement indicates, employ-
ers can use cross-workplace coordination to re-
strain earnings growth. Although these prac-
tices tend to be informal, some companies sign 
nonpoaching and noncompete agreements 
that can facilitate collusive reductions in 
worker earnings (Starr, Prescott, and Bishara 
2018). Of course, research finds that large com-
panies pay a premium (Cobb and Lin 2017). 
Less research, however, has considered the 
workplace-size effect. Thus the prediction of 
the effect of working at a large workplace on 
earnings is ambiguous.

Finally, beyond unionization and size, orga-
nizations’ choices among compensation prac-
tices can also affect inequality. Variable com-
pensation and bonuses can increase inequality 
(Lemieux, MacLeod, and Parent 2009). Variable 
compensation could increase inequality within 
establishments (if bonuses are tied to individ-
ual or team performance) or across establish-
ments (if bonuses are tied to workplace-wide 
performance), or both. On the other hand, 
other compensation practices could decrease 
inequality. Specifically, workplaces that offer 
defined benefit pensions are required to offer 
pension coverage widely and pay benefits rela-
tively equally, due to Internal Revenue Service 

regulations designed to prevent employers 
from skewing pensions only to highly paid ex-
ecutives (Clark, Mulvey, and Schieber 2004). Be-
yond these within-workplace equality effects, 
pension provision can serve as a coordination 
mechanism: pension provision (particularly in 
the 1970s, when defined benefit pensions were 
at their zenith) is a large, observable portion of 
compensation, signaling workplaces with for-
malized personnel and human resources prac-
tices. In this way, the rise of nonwage compen-
sation could actually diminish cross-workplace 
inequality (Dobbin 1992).

Table 1 summarizes these predicted effects 
of labor market institutions and organizational 
practices on different axes of inequality. Several 
labor market institutions are predicted to com-
press pay within workplaces and among similar 
workplaces, while also providing pay premiums 
that can heighten inequality between groups of 
workplaces.

Controlling for Competitive 
L abor Market Forces
Alongside these various channels of institu-
tional and organizational effects on pay, supply, 
and demand in the labor market are key deter-
minants of workers’ pay. In this article, I focus 
on clarifying how labor market institutions af-
fect earnings, rather than on decomposing 
changing inequality into components due to 
institutions and skill supply (Western and 
Rosenfeld 2011; Lemieux 2008). Nonetheless, it 
is critical to control as much as possible for the 
effect of market forces on earnings in order to 
identify institutional and organizational fea-
tures that affect earnings inequality. I address 
this issue with several strategies.

First, I focus on a period in which rising de-
mand for skill did not translate into an increas-

Table 1. Predicted Inequality Effects of Labor-Market Institutions and Organizational Practices

Within Firm Among Similar Firms Premium

Union − − +
Large workplace − − ?
Pension − − +
Performance pay + + +

Source: Author’s.
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ing college-wage premium or rising inequality.1 
Most research on inequality focuses on the pe-
riod after 1980, in which labor market institu-
tions deteriorated, skill demand outpaced sup-
ply, and inequality grew—all simultaneously. 
The 1970s, by contrast, presents a case in which 
even proponents of skill supply explanations ac-
knowledge that although demand for skill had 
already outpaced the supply of college gradu-
ates, inequality did not rise (Goldin and Katz 
2008). This choice of period does not lend itself 
to quantifying the general importance of insti-
tutional compared to skill supply and demand 
determinants of inequality. It does, however, of-
fer a strategic setting for understanding how in-
stitutional and organizational constraints affect 
the earnings distribution during a period of 
strong apparent institutional influence.

However, even if skill supply and demand 
were not shaping the overall national trend in 
earnings inequality during this period, it is 
likely that subnational variation in skill supply 
influenced pay: some regions could be under-
supplied with educated workers and some in-
dustries could be particularly rapid adopters of 
skill-biased technology. To address this con-
cern, I condition on the industry and region in 
which workplaces operate. This strategy ad-
dresses concerns about subnational variation 
insofar as market-driven inequality is common 
within regions or within industries.

Nonetheless, in some cases, significant 
within-region or within-industry variation in 
labor demand can exist. To address this possi-
bility, I proxy for microlevel skill supply and 
demand by controlling for the share of mana-
gerial compared to production employment 
within each workplace. Insofar as the share of 
managerial workers tracks the implementation 
of skill-biased technology, this approach cor-
rects for firm-specific labor demand.

This comparison of production to nonpro-
duction workers is similar to prior work using 

historical labor market data, which compares 
clerk earnings to unskilled laborers (Goldin and 
Margo 1992, see table VII for a summary of 
sources). Still, it hinges on the assumption that 
rough categories of managerial and production 
workers capture key differences in skill. In a 
supplementary analysis, I merge industry-level 
measures of organizational and institutional 
pay determinants into individual-level worker 
data. This allows a direct test of whether hetero-
geneity in skill, measured by educational attain-
ment, explains institutional pay compression.

Taken together, these multiple strategies for 
holding constant skill supply and demand al-
low a research design that focuses on how in-
stitutional and organizational, rather than 
market-driven, inequality functions. But, de-
spite this research design, it is likely that sort-
ing on unobserved worker characteristics 
drives some of the variation in inequality mod-
eled in the following section. I consider the im-
plications of this sorting more thoroughly in 
the discussion.

Data
I draw on workplace-level microdata from the 
Employer Expenditure for Employee Compen-
sation (EEEC) surveys from 1968, 1970, 1972, 
1974, 1976, and 1977.2 As far as I know, they  
are the only U.S., nationally representative, 
workplace-level wage or earnings data series 
available from before the 1980s. They were ac-
quired from the National Archives and had to 
be recoded from a combined Packed BCD 
(binary-coded decimal) and EBCDIC (extended 
binary coded decimal interchange code) format 
into a usable text format. A subset of these mi-
crodata were used by Richard Freeman in an 
early study of union wage effects (1980), but 
they have not been used to study inequality 
trends or other organizational wage effects.

The EEEC data are based on workplace-level 
surveys of nonfarm employers that ask about 

1. As Claudia Goldin and Lawrence Katz put it in their canonical study of wage inequality and the supply and 
demand for skill: “But where supply-demand forces fall a bit flat, institutional factors can reconcile patterns in 
the skill premium. In that sense we combine the usual supply and demand framework with institutional rigidities 
and alterations. The broader framework is most important in understanding wage structure changes during the 
1940s and in contrasting changes from the mid- to late 1970s to those of the early 1980s” (2008, 293).

2. The first survey covering the full nonfarm economy was fielded in 1968. After 1977, the survey was redesigned. 
The only years available from the National Archives are 1968 through 1977.
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employee compensation costs the respondent 
employers face. The sample frames were drawn 
from state unemployment insurance records 
and sampling was stratified by employment, 
industry, and geographical location (BLS 1971, 
1974). The Bureau of Labor Statistics calculates 
survey weights based on sampling probability 
and correcting for nonresponse. However, 
these weights aim to be representative for em-
ployers rather than for workers. Because the lat-
ter is the relevant population for studying earn-
ings inequality, I adjust the BLS weights by 
multiplying by the total hours compensated by 
each employer.

The survey asks about compensation sepa-
rately by office and non-office employees. Office 
employees include all managerial, professional 
or clerical workers; non-office employees in-
clude all other workers, from production to jan-
itorial to retail sales. Proprietors and unpaid 
family workers are excluded from the survey 
(BLS 1971, 1974). This distinction between office 
and non-office employees allows the rough 
control for workplace-specific skill composi-
tion introduced above.

Using these data, it is also possible to com-
pare earnings and other compensation costs 
within workplaces between office and produc-
tion employees. It is also possible to compare 
earnings levels among workplaces that partici-
pate in a given institutional or organizational 
condition that could affect average earnings at 
the workplace (such as the union earnings pre-
mium or the workplace-size premium). Finally, 
the data can be used to compare the degree of 
residual between-workplace inequality among 
workplaces covered by an institutional condi-
tion or organizational practice and those not 
covered. This final comparison provides the 
core test of the idea that cross-workplace earn-
ings coordination reduces inequality. I specify 
more precisely the models needed to capture 
these various facets of inequality below.

Table 2 shows variable means from across 
waves of the EEEC. The weighted data are dis-
proportionately composed of manufacturing 
firms (42 percent to 37 percent in these data, 
versus 27 percent to 22 percent from the Current 
Employment Statistics data). It is unclear from 
the historical BLS codebooks whether this man-
ufacturing oversample was by design or whether 

it reflects problems in sampling strategy. Dur-
ing the 1960s, the EEEC was steadily broadened 
from a focus on manufacturing to include more 
and more service-sector establishments. This 
manufacturing oversample may be a holdover 
from this sampling strategy. Regardless, the 
data also include substantial portions of con-
struction, transportation and utilities, retail 
and service workplaces. Over time, consistent 
with changes in the industry composition of the 
economy overall, FIRE and services become 
more prominent in the data. In a robustness 
test, I present results with weights adjusted for 
industry representativeness.

The EEEC can be used to construct several 
measures of worker pay, including average an-
nual earnings, hourly wages, and overall com-
pensation. I focus on logged overall annual 
compensation, defined as annual worker pay 
in the form of direct wage earnings, employer 
pension contributions, paid leave, and bo-
nuses. Recent research shows that including 
nonwage forms of payment affects patterns in 
inequality (Piketty, Saez, and Zucman 2018). Be-
cause the EEEC is an employer-directed survey, 
asking about all costs incurred by employers 
to compensate workers, it is well suited to cap-
ture these nonwage payments that are ne-
glected in worker-directed labor market sur-
veys. I deflate average annual compensation 
with the consumer price index for all urban 
consumers; table 2 shows that after some earn-
ings growth from 1968 to 1974, earnings slowed 
from 1974 to 1977, consistent with the onset of 
an overall pay slowdown beginning during this 
period.

The EEEC includes several measures that 
correspond to the organizational and institu-
tional concepts discussed previously. First, the 
survey asks whether there is collective bargain-
ing at a given workplace. Table 2 shows that 
between 38 and 45 percent of employment is at 
workplaces with some collective bargaining 
agreement. This percentage is rightly higher 
than estimates from household-based surveys, 
as workplaces all include employees that are 
not covered by a collective bargaining agree-
ment.

Second, workplaces are categorized accord-
ing to their size: fewer than twenty employees, 
twenty to ninety-nine, one hundred to 499, and 
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more than five hundred. Table 2 shows that 
though much of the size distribution remains 
constant over time, a drop-off is evident for the 
smallest workplaces (fewer than twenty em-
ployees) after 1972. The BLS methods books do 
not indicate any change in sampling approach 
at this time, but it is likely that this reduction 
in small workplaces is attributable to sampling 
strategy.

Much previous research on employer-size 
wage effects has focused on the size of the par-
ent company rather than the size of the imme-
diate workplace. But, insofar as wage determi-
nation happens within local labor markets, 
workplace size could also be important. A sub-
set of survey years include information on af-
filiation with a larger parent company. In a ro-
bustness check, which follows, I test whether 
workplace size remains important, conditional 
on connection to a larger company.

Finally, workplaces are asked how much of 
total compensation is paid in the form of retire-
ment and bonus payments. Using this compen-
sation information, I construct a binary indica-
tor showing whether a workplace pays pension 
or bonus payments.3 Consistent with the dis-
cussion, I expect that bonus payments, as a 
form of variable compensation, will be associ-
ated with increased inequality, while pension 
payments will be associated with pay compres-
sion.

In addition to these main variables of inter-
est, I construct controls for the share of office 
workers out of total employment, average 
weekly hours, metropolitan-nonmetropolitan 
location, Standard Industrial Classification 
(SIC) two-digit industry, year, and census re-
gion. These controls aim to adjust for the influ-
ence on earnings and inequality of different 
production technologies and local labor market 
settings and allow comparison across similar 
workplaces with different organizational prac-
tices and varying exposure to labor market in-
stitutions. However, a limitation of the EEEC 
data is that few other controls (particularly for 
worker composition) are available.

Inequalit y in the 1970s
During the 1970s inflation and productivity 
stagnation marked a strong break from the 
rapid economic growth of the 1960s (Stein 
2011). However, the Current Population Survey 
(CPS) indicates that earnings inequality actu-
ally held fairly steady, as the costs of economic 
recession and turmoil were shared across the 
earnings distribution (Western and Rosenfeld 
2011). Data from the March CPS in figure 1 show 
that earnings variance increases steadily from 
the late 1970s, but was stable from 1968 to 1977. 
Household surveys like the CPS, however, do 
not distinguish earnings inequality between 
and within workplaces, which is important for 
testing the proposed theory.

The longest linked employer-employee data 
for the United States, the Social Security Ad-
ministration (SSA) data, begins in 1978. Figure 
1 shows that since 1980 both within- and 
between-firm earnings inequality have in-
creased. This increase is particularly rapid be-
tween firms, which accounts for two thirds of 
increased inequality during this period. How-
ever, figure 1 also shows that the SSA data doc-
ument declines in between- and within-firm 
inequality during its brief, pre-1980 coverage, 
from 1978 to 1980.

In figure 1, I also present the first between-
workplace (or establishment) earnings inequal-
ity series available for the 1970s, based on the 
EEEC. Figure 1 shows that between-workplace 
annual earnings inequality declined steadily 
during the 1970s. The variance of logged earn-
ings was around 0.23 in 1968 and declined 
around 20 percent to 0.18 by 1977. This level is 
slightly lower than the 0.25 with which the SSA 
series begins. This difference could be due to 
sample adjustments made to the SSA series 
(such as keeping only full-time workers). Other 
trends from the EEEC, not pictured here, show 
that hourly wage and hourly compensation 
measures of inequality also held steady during 
the 1970s (but did not decrease). The within-
workplace ratio between office and non-office 
workers also held steady during the period.

3. Another approach here would be to use a continuous variable indicating the amount of compensation received 
as a bonus or as retirement payments. However, bonus and retirement payments are included as part of the 
overall compensation predicted as the dependent variable.
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These trends show, consistent with prior re-
search, that earnings inequality overall did not 
increase until the 1980s. They also show, for the 
first time, that this pattern holds not only over-
all but also between workplaces. In the analysis 
that follows I ask which organizational and in-
stitutional pathways constrained inequality 
during this period. To do so, I delve deeper into 
the EEEC data to focus on variation in inequal-
ity and earnings across more and less institu-
tionally and organizationally constrained work-
places.

Methods
To study institutional and organizational ef-
fects on earnings inequality in more detail, I 
use two approaches: an ordinary least squares 
model of within-workplace pay ratios and a 
variance function regression model of between-
workplace variance. The model of within-

workplace pay ratios allows institutional and 
organizational inequality effects to be mea-
sured where prior research most expects to find 
them: on the division of economic surplus be-
tween managerial and nonmanagerial employ-
ees within the same workplace. The variance 
function regression model, in contrast, is well 
suited to testing, first, differences in average 
pay among workplaces covered and not covered 
by labor market institutions and, second, 
between-workplace variance among workplaces 
participating in institutional and organiza-
tional coordination conditions relative to those 
that are not participating.

For the within-workplace model, I predict 
the ratio of logged pay for office relative to non-
office production employees, similar to prior 
research on the CEO-to-worker pay ratio (Shin 
2014). Because office workers tend to be manag-
ers, executives, and clerks, this approach cap-

Source: Author’s analysis based on the Social Security Administration earnings series (Song et al. 
2018) and CPS data (Autor, Katz, and Kearney 2008). 
Note: The SSA data include firms in private-sector-dominant industries and those making about a cer-
tain minimum threshold ($3,770 in 2013). March CPS data are restricted to private-sector, full-time, 
full-year workers, defined as working thirty-five hours and higher per week and at least forty weeks in 
the last year. For comparability with the SSA data, workers making less than $3,770 per year are ex-
cluded. EEEC data include private-sector establishments and are discussed in text.

Figure 1. Earnings Inequality Between Workplaces Declined in the 1970s, Increased Since 1980
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tures an important dimension of within-
workplace inequality. I first calculate the pay 
ratio as log (woi /wpi), for office o to production p 
workers in each establishment i. I then model 
this ratio as a function of a vector, x′i, of labor 
market institutions and organizational charac-
teristics predicted to affect within-workplace 
earnings inequality: union presence, workplace 
size, and pension and bonus compensation. I 
also include a vector of controls, z′i, for the 
share of office workers out of total employ-
ment, average weekly hours, metropolitan-
nonmetropolitan location and SIC two-digit 
industry, year, and census region dummies:

	 log (woi /wpi) = π1x′i + π1z′i + ei .	  (1)

Ideally the controls in z′i would adjust for any 
confounding influences that could influence 
both inequality and coverage by labor market 
institutions. Unfortunately, the EEEC data in-
clude limited information on each workplace. 
Most important, the EEEC does not include in-
formation on the composition of individual 
workers aside from the rough share of office 
workers out of total employment. Estimated π1 

effects should therefore be interpreted as a to-
tal effect of differences in pay for similar work-
ers (such as through rent sharing) along with 
the degree of sorting of different workers across 
workplaces and job type categories. These two 
dimensions are likely intertwined: if a union 
forces an employer to pay managers less and 
unionized production workers more, it is likely 
that, over time, the employer will be able to hire 
only relatively lower-quality managers and per-
haps higher-quality production workers. Prior 
work that includes worker fixed effects in anal-
ysis of firm size and union wage premiums 
finds that effects of institutional and organiza-
tional pay premiums persist even conditional 
on unobserved, time-invariant worker selection 
(Cobb and Lin 2017; Freeman 1984; Gittleman 
and Kleiner 2016). Nonetheless, unobserved 
worker sorting should be considered part of 
these estimates (as well as in the models that 
follow).

Second, I fit a variance function regression 
used in prior research on earnings inequality 
(Western and Rosenfeld 2011; Wilmers 2017; 
VanHeuvelen 2018). These models allow both 

the between-group and within-group compo-
nents of between-workplace inequality to vary 
as a function of covariates. For example, as 
noted, collective bargaining agreements are as-
sociated with a union wage premium for union 
relative to non-union companies. But, consis-
tent with the predictions about cross-workplace 
earnings coordination and multi-employer col-
lective bargaining, inequality could be lower 
among union companies than among non-
union companies. The variance function re-
gression allows both of these effects to be mod-
eled.

First, I predict logged earnings wi, for all 
workers in workplace i:

	 wi  = β1x′i + β2z′i + ei ,	 (2)

where x′i is the vector of labor market insti
tutions and organizational practices; w′i in-
cludes the controls noted. The estimates in β1 

indicate pay gaps between workplaces with dif-
ferent exposure to labor market institutions. 
For example, the workplace-wide wage pre-
mium associated with unionization is captured 
in these models. Likewise, larger workplaces 
and workplaces with retirement benefits are ex-
pected to offer higher compensation than small 
workplaces and those without retirement ben-
efits. This equation of mean earnings at the 
workplace level thus captures differences in 
compensation between workplaces participat-
ing in these organizational and institutional 
categories relative to workplaces not covered by 
those categories. By controlling for z′i, this 
model also removes any variability in earnings 
attributable to a workplace’s share of office 
workers out of total employment, average 
weekly hours, metropolitan-nonmetropolitan 
location and industry, year, and census region. 
As in other models of mean earnings, this 
means that x′i coefficients are estimated condi-
tional on these workplace characteristics. But 
it also means that the variation remaining in 
the residuals ei has been stripped of inequality 
arising from differences in average pay across 
characteristics like industries, regions, and of-
fice–non-office workplace composition.

The next equation models the residuals 
from equation (2) to predict conditional vari-
ances:



2 0 2 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 log (σ 2
i ) = λ1x′i + λ2z′i ,� (3)

where σi is the residual from the mean earnings 
equation. I model this within-group variance 
using participation in labor market institutions 
and organizational characteristics, x′i and the 
controls just introduced, w′i. The estimates in 
λ1 indicate the degree to which organizations 
participating in similar organizational prac-
tices and labor market institutions have more 
similar earnings relative to workplaces that do 
not participate in those institutions. This 
between-workplace dimension of inequality is 
the type expected to be governed by cross-
workplace coordination processes. Workplaces 
covered by labor market institutions or with or-
ganizational features that make coordination 
likely should have lower inequality among 
them than workplaces outside those coordina-
tion circuits. For example, there should be less 
pay inequality among workplaces in a given re-
gion and industry that are unionized than 
among workplaces that are not unionized.

Taken together, these models capture the ef-
fects of labor market institutions and organiza-
tional characteristics on each of the three types 
of inequality discussed—inequality between 
types of employees within the same workplace, 
pay differences between different workplaces, 
and varying levels of inequality across peer 
workplaces.

Findings
Table 3 presents the models of the ratio of  
office to production worker earnings. These 
models provide evidence on the influence of 
institutions and organizational practices on 
within-workplace inequality, which is the main 
axis of inequality considered in research on 
fairness norms and pay compression. Coeffi-
cients are sensitive to including EEEC survey 
weights in the model, so both weighted and un-
weighted models are presented in table 3.

Table 3 shows that collective bargaining is 
consistently associated with a lower office to 
production worker pay gap across both 
weighted and unweighted models. Conditional 
on controls, including industry, region, and of-
fice worker share, the office to production 
worker gap is around 10 percent to 15 percent 
smaller in union relative to non-union work-

places. Consistent with prior research and with 
theories of workgroup solidarity and fairness 
norms, unions are associated with a smaller 
gap between production and office employees 
in the same workplace.

Workplace size patterns are more ambigu-
ous. The smallest workplaces (fewer than 
twenty employees) have the narrowest office to 
production worker pay ratios. However, relative 
to midsize workplaces (twenty to 499 employ-
ees), the largest workplaces have a smaller gap. 
This nonlinearity is consistent with work that 
emphasizes the pay-compressing effect of the 
largest, most bureaucratized organizations. It 
could also indicate more salient fairness norms 
imposed across workers and managers in 
smaller workplaces. Of course, apparent effects 
of workplace size can also involve a fixed level 
of inequality shifting within and between work-
places: if small workplaces achieve low inequal-
ity by outsourcing low-pay occupations, and 
larger workplaces concentrate more variety of 
occupations, then similar variability in pay 
across tasks can result from shifting tasks 
across organizational boundaries.

Finally, pay practices have mixed influences 
on within-workplace inequality. The relation-
ship between a higher share of compensation 
costs in pension payments and pay gaps ap-
pears negative, as predicted, but is not robust 
to controls. Performance pay or bonus compen-
sation, by contrast, is generally associated with 
a small increase in pay gaps.

Overall, these models of within-workplace 
pay inequality support prior research showing 
the importance of labor market institutions 
and organizational practices on pay compres-
sion within workplaces. These associations be-
tween labor market institutions and within-
workplace pay compression, usually studied in 
more recent data, did indeed hold in the 1970s.

Next, I turn to the variance function regres-
sion results, which estimate the effects of labor 
market institutions and organizational charac-
teristics on pay differences between groups of 
workplaces and on varying levels of inequality 
within groups of workplaces.

Table 4 presents results of the variance func-
tion regression models predicting average 
hourly compensation across all employees 
within each workplace. The β coefficients show 
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that all measures of labor market institutions 
and organizational practices are associated 
with workplace-level wage premiums: workers 
in unionized workplaces, large workplaces, and 
workplaces with pensions and bonuses all earn 
a compensation premium relative to workers 
in other workplaces. However, consistent with 
the ambiguous prediction on workplace size, 
earnings do not increase linearly for larger 
workplaces. Although workplaces with more 
than twenty employees have consistently 
higher earnings, the differences between 
medium-sized workplaces (between twenty to 
ninety-nine and one hundred to 499 employees) 
and large workplaces (five hundred or more em-

ployees) are small and sensitive to controls. 
Nonetheless, these results overall suggest that 
the kinds of organizational practices and labor 
market institutions associated with lower 
within-workplace inequality are also associated 
with higher average earnings at the workplace 
level.

Table 4 also includes estimates of the condi-
tional residual variances: these estimates indi-
cate how levels of between-workplace inequal-
ity vary among workplaces covered by labor 
market institutions relative to those not cov-
ered. These λ coefficients show that unions, 
large workplaces, and pension provision are as-
sociated with lower residual inequality. In-

Table 3. Institutional and Organizational Effects on Within-Workplace Inequality

Weighted Unweighted

(1) (2) (3) (4)

Union –0.173*** –0.103*** –0.205*** –0.133***
(0.009) (0.010) (0.010) (0.010)

Establishment size: 20–99 0.258*** 0.259*** 0.323*** 0.305***
(0.014) (0.014) (0.016) (0.015)

Establishment size: 100–499 0.248*** 0.235*** 0.374*** 0.297***
(0.015) (0.015) (0.017) (0.016)

Establishment size: 500+ 0.143*** 0.164*** 0.242*** 0.190***
(0.015) (0.015) (0.018) (0.017)

Pension –0.047*** –0.016 –0.052*** –0.018
(0.012) (0.012) (0.014) (0.013)

Bonuses 0.025** 0.030*** 0.007 0.039***
(0.009) (0.008) (0.009) (0.009)

Share office workers –0.290*** –0.437***
(0.021) (0.023)

Weekly hours –0.018*** –0.020***
(0.001) (0.001)

Metro 0.042*** 0.077***
(0.010) (0.009)

Constant 0.257*** 0.911*** 0.371*** 1.006***
(0.014) (0.041) (0.017) (0.043)

R-squared 0.059 0.165 0.087 0.235
Year effects Yes Yes Yes Yes
Industry effects Yes Yes
Region effects Yes Yes
Observations 14,325 14,325 14,325 14,325

Source: Author’s analysis based on the EEEC.
Note: Outcome is the office to production worker compensation ratio. Standard errors in parentheses. 
Workplaces with only office or only production employees are excluded from the models.
*p < .05; **p < .01; ***p < .001 (two-tailed tests)
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equality in average compensation is less among 
unionized workplaces and larger workplaces 
than among non-union workplaces and smaller 
workplaces. These variance patterns refer to re-
sidual or within-group inequality, after earn-
ings differences across regions, industries, and 
other attributes are controlled out. Similarly, 
these patterns persist even with controls for 
conditional variances: if unionization tends to 
occur in industries or regions that have less 
earnings inequality, controls for industry and 
region in the variance equation correct for it. 
The λ coefficients should thus be interpreted 

as conditional, within-group, or residual earn-
ings variances between workplaces. The union 
pay compression coefficient shrinks when con-
trols are included, but remains negative and 
statistically significant. Unlike the mean esti-
mates for establishment-size earnings effects, 
which do not increase linearly, the between-
establishment earnings variances associated 
with larger establishments are progressively 
more negative. This pattern is consistent with 
greater informal, cross-workplace earnings co-
ordination among larger workplaces.

Contrary to predictions, the organizational 

Table 4. Institutional and Organizational Effects on Workplace Earnings and Between-Workplace 
Inequality

(1) (2)

β λ β λ

Union 0.210*** –0.505*** 0.132*** –0.087**
(0.006) (0.030) (0.004) (0.032)

Establishment size: 20–99 0.058*** –0.012 0.033*** –0.127***
(0.010) (0.041) (0.007) (0.038)

Establishment size: 100–499 0.019 –0.139** –0.002 –0.294***
(0.010) (0.044) (0.007) (0.043)

Establishment size: 500+ 0.087*** –0.624*** 0.042*** –0.714***
(0.009) (0.043) (0.007) (0.044)

Pension 0.233*** –0.369*** 0.115*** –0.124***
(0.008) (0.039) (0.005) (0.030)

Bonuses 0.064*** –0.130*** 0.017*** 0.010
(0.005) (0.028) (0.004) (0.027)

Share office workers 0.591*** 0.227***
(0.008) (0.048)

Weekly hours 0.027*** –0.010***
(0.000) (0.001)

Metro 0.045*** 0.066*
(0.004) (0.028)

Constant 9.984*** –1.228*** 9.075*** –1.929***
(0.008) (0.038) (0.018) (0.117)

R-squared 0.197 0.625
Year effects Yes Yes Yes Yes
Industry effects Yes Yes
Region effects Yes Yes
Observations 21,266 21,266 21,266 21,266

Source: Author’s analysis based on the EEEC.
Note: All estimates are β and λ coefficients from the variance function regression, predicting mean and 
variances of logged annual compensation. Standard errors are in parentheses and were calculated 
using the iterated weighting procedure described in the text.
*p < .05; **p < .01; ***p < .001 (two-tailed tests)
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practice expected to increase between-workplace 
inequality—variable compensation—is not as-
sociated with higher variance. In the results pre-
sented later, variable compensation does in-
crease between-workplace inequality for office 
employees. This difference in effects between 
office and production workers could reflect the 
quite different character of bonuses for each 
group.

Overall, the results of the conditional vari-
ance analysis demonstrate that labor market 
institutions and organizational practices affect 
inequality between workplaces in addition to 
within workplaces. This between-workplace 
pay compression is the type predicted by the 
presence of cross-workplace pay coordination 
practices.

Robustness Checks and 
Alternative E xpl anations
As noted, a key limitation of this analysis is that 
the EEEC is a workplace-level survey and the 
most disaggregated earnings information is 
available at the broad workgroup level. As a re-
sult, unobserved worker heterogeneity could 
drive some of the patterns in earnings identi-
fied. For example, unionized workplaces have 
more similar earnings to each other than to 
non-union workplaces, even in the same indus-
try and region. This similarity could result from 
multi-employer collective bargaining or pattern 
bargaining in the union-sector workplaces, by 
which earnings levels across workplaces and 
employers are formally tied together. But, the 
same pattern could result from more similar 
workers, perhaps by education level, sorting 
into the union workplaces, whereas non-union 
workplaces receive workers with more hetero-
geneity in educational attainment. Indeed, rel-
ative homogeneity in skill among workers in 
the union workplaces might have motivated 
unions to organize those workplaces in the first 
place.

These models discussed previously control 
for this kind of worker heterogeneity only inso-
far as it is correlated with the office–production 
worker distinction. To further assess the role 
of individual worker characteristics in driving 
apparently institutional and organizational pat-

terns in earnings inequality, I linked the EEEC 
to the March CPS. To do so, I calculated 
industry-region-year level versions of the insti-
tutional and organizational measures available 
in the EEEC and merged these into the 
individual-level March CPS data.4

Model 1 in table 5 shows that industry-level 
results of the variance function regression, and 
predicting individual-level CPS annual earn-
ings rather than EEEC workplace-level annual 
compensation, are similar to the presented 
workplace-level results. Workers in industries 
with more unionization and larger workplaces 
have higher earnings and lower inequality. The 
exception to this consistency across data sets 
is pension presence: at the industry level, pen-
sion presence is not associated with lower in-
equality. The March CPS data also allow con-
trols for workers’ education level, age, gender, 
and race. Model 2 in table 5 shows that con-
trolling for these worker characteristics re-
duces the size of the institutional and organi-
zational coefficients, but they generally remain 
consistent with the EEEC workplace-level re-
sults.

This analysis of the linked CPS-EEEC data  
is reassuring, particularly for establishing the 
stability of the union and workplace-size in-
equality patterns. However, by moving to the 
individual worker-level CPS data, between- and 
within-workplace inequality can no longer be 
distinguished. Moreover, even with these con-
trols for observable individual characteristics 
however, it is still possible that unobservable 
worker characteristics are driving apparently 
lower between-workplace inequality among 
unionized and large workplaces (I discuss this 
possibility further).

Assuming that the uneven distribution of 
human capital is not driving the results, an-
other limitation of the main analysis is that not 
all institutional and organizational determi-
nants of earnings are accounted for in these 
models. As noted, the main additional explana-
tion for inequality levels is government regula-
tion via the minimum wage. As the minimum 
wage is not a workplace-level institutional fea-
ture, it is difficult to control for here. During 
the period studied in this analysis, the real 

4. Industry was used at the two-digit SIC code. Geographical region is four census regions.



2 0 6 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

value of the federal minimum wage remained 
fairly constant before falling steadily through 
the 1980s.5 Year fixed effects included in the 
models should absorb any year-to-year varia-

tion in the value of the minimum wage. How-
ever, the minimum wage binds for only some 
workers and not others. It is possible that for 
some workplaces, say large workplaces, the min-

Table 5. Institutional and Organizational Effects on Workplace Earnings and Between-Workplace 
Inequality (Industry-Region-Year-Level Measures Matched to Worker-Level March CPS)

(1) (2)

β λ β λ

Union 0.132*** –0.253*** 0.067*** –0.307***
(0.009) (0.042) (0.007) (0.057)

Establishment size: 20–99 0.143*** –0.313*** 0.098*** –0.352***
(0.016) (0.081) (0.013) (0.107)

Establishment size: 100–499 0.023 –0.159* 0.067*** –0.347***
(0.014) (0.073) (0.012) (0.095)

Establishment size: 500+ 0.133*** –0.323*** 0.107*** –0.413***
(0.014) (0.072) (0.012) (0.094)

Bonuses 0.007 –0.121* –0.023** –0.052
(0.010) (0.049) (0.008) (0.065)

Pension –0.081*** 0.022 –0.061*** 0.073
(0.011) (0.057) (0.009) (0.075)

LTHS –0.219*** 0.260***
(0.005) (0.043)

Some college 0.105*** 0.263***
(0.006) (0.053)

College graduate 0.329*** 0.426***
(0.008) (0.067)

Post-college 0.463*** 0.589***
(0.012) (0.101)

Female –0.550*** 0.012
(0.005) (0.040)

Constant 10.194*** –0.663*** 9.923*** –0.647***
(0.012) (0.061) (0.018) (0.148)

R-squared 0.011 0.364
Year effects Yes Yes Yes Yes
Age effects Yes Yes
Race effects Yes Yes
Observations 50,765 50,765 50,765 50,765

Source: Author’s analysis based on the EEEC for industry-level market institutions and the March CPS 
for individual earnings and controls.
Note: All estimates are β and λ coefficients from the variance function regression, predicting mean and 
variances of logged annual labor earnings. Age categories are less than twenty-one, twenty-one to 
twenty-nine, thirty to thirty-nine, forty to forty-nine, fifty to fifty-nine, and sixty or older. Race is white, 
black, and other.
*p < .05; **p < .01; ***p < .001 (two-tailed tests)

5. In 2015 dollars, after slipping slightly due to inflation from $10.86 in 1968 to $9.04 in 1972, small increases 
kept the real value of the minimum wage steady around $10 until a decade of decline began in 1980.



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 s o l i d a r i t y  w i t h i n  a n d  a c r o s s  w o r k p l a c e s 	 2 0 7

imum wage is more likely to affect a larger num-
ber of workers. If this is the case, then appar-
ently low inequality among large workplaces 
may by due, not to workplace size, but to in-
creased exposure to the minimum wage.

To remove the potential influence of the 
minimum wage, I re-run the models focusing 
only on office workers. These managerial, pro-
fessional, and clerical workers tend to be more 
highly paid than production workers and 
should be less likely to be directly affected by 
the minimum wage. Results in table 6 show 
that between-workplace inequality effects of in-
stitutional and organizational constraints are 
similar, and if anything more pronounced, for 

this subset of employees. Based on this test 
drawing on more highly paid office employees, 
it is unlikely that varying minimum wage expo-
sure is driving the overall results. Of course, 
this is not to say that the minimum wage does 
not have important distributional effects, only 
that it seems unlikely to drive the cross-
workplace inequality effects associated with 
workplace-level institutional and organiza-
tional characteristics.

Another limitation of the main analysis is 
that I focus on workplace size rather than com-
pany size. As discussed, workplace size is likely 
to be important in local labor market settings 
where much wage determination occurs. How-

Table 6. Institutional and Organizational Effects on Workplace Earnings and Between-Workplace 
Inequality (Office Only)

(1) (2)

β λ β λ

Union 0.064*** –0.605*** 0.018* –0.211***
(0.008) (0.051) (0.007) (0.056)

Establishment size: 20–99 0.128*** –0.177*** 0.074*** –0.224***
(0.011) (0.040) (0.010) (0.043)

Establishment size: 100–499 0.119*** –0.538*** 0.038*** –0.585***
(0.011) (0.042) (0.010) (0.046)

Establishment size: 500+ 0.148*** –0.897*** 0.056*** –1.212***
(0.010) (0.040) (0.009) (0.044)

Pension 0.088*** –0.264*** 0.074*** –0.188***
(0.010) (0.038) (0.008) (0.032)

Bonuses 0.041*** –0.051 0.010* 0.067*
(0.006) (0.027) (0.004) (0.029)

Weekly hours 0.024*** 0.008***
(0.000) (0.001)

Metro 0.050*** 0.000
(0.005) (0.031)

Constant 10.302*** –1.288*** 9.567*** –2.065***
(0.010) (0.038) (0.026) (0.144)

R-squared 0.039 0.400
Year effects Yes Yes Yes Yes
Industry effects Yes Yes
Region effects Yes Yes
Observations 17,223 17,223 17,223 17,223

Source: Author’s analysis based on the EEEC.
Note: All estimates are β and λ coefficients from the variance function regression, predicting mean and 
variances of logged annual compensation. Standard errors are in parentheses and were calculated 
using the iterated weighting procedure described in the text.
*p < .05; **p < .01; ***p < .001 (two-tailed tests)
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ever, parent company size could also have im-
portant effects via company-wide pay-setting 
policies. In the later years of the survey (1974 to 
1977), respondents were asked whether their 
workplace was connected to a larger parent 
company. To check whether workplace size ef-
fects persist conditional on this connection to 
a larger company, I re-run the analyses using 
the subsample of workplaces that responded 
to the parent company question. Results in ta-
ble 7 show that the workplace-size effects hold 

up and that parent company affiliation has lit-
tle association with between-workplace earn-
ings inequality.

Finally, as noted, the weighted EEEC data 
overrepresents establishments in the manufac-
turing industry. To test whether this sampling 
issue affects results, I adjust the EEEC weights 
to mirror employment composition at the 
broad industry level in the Current Employ-
ment Statistics. Table 8 displays the results of 
the re-weighted models. All estimates are qual-

Table 7. Institutional and Organizational Effects on Workplace Earnings and Between-Workplace 
Inequality (1974–1977)

(1) (2)

β λ β λ

Union 0.225*** –0.281*** 0.159*** 0.074
(0.009) (0.039) (0.007) (0.044)

Establishment size: 20–99 –0.200*** –0.061 –0.065*** –0.194*
(0.027) (0.083) (0.017) (0.083)

Establishment size: 100–499 –0.410*** –0.435*** –0.098*** –0.439***
(0.027) (0.086) (0.018) (0.088)

Establishment size: 500+ –0.332*** –0.840*** –0.020 –0.788***
(0.027) (0.087) (0.018) (0.091)

Large company –0.053*** –0.048 –0.031*** –0.000
(0.009) (0.038) (0.006) (0.039)

Pension 0.207*** –0.214*** 0.102*** –0.061
(0.013) (0.047) (0.008) (0.048)

Bonuses 0.070*** –0.183*** 0.030*** –0.015
(0.008) (0.037) (0.006) (0.037)

Share office workers 0.466*** 0.267***
(0.012) (0.065)

Weekly hours 0.022*** 0.004**
(0.000) (0.001)

Metro 0.098*** 0.095*
(0.007) (0.044)

Constant 10.457*** –1.114*** 9.535*** –2.968***
(0.026) (0.080) (0.032) (0.181)

R-squared 0.157 0.621
Year effects Yes Yes Yes Yes
Industry effects Yes Yes
Region effects Yes Yes
Observations 7,776 7,776 7,776 7,776

Source: Author’s analysis based on the EEEC.
Note: All estimates are β and λ coefficients from the variance function regression, predicting mean and 
variances of logged annual compensation. Standard errors are in parentheses and were calculated 
using the iterated weighting procedure described in the text.
*p < .05; **p < .01; ***p < .001 (two-tailed tests)
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itatively similar to the main results and chang-
ing the weights does not affect the interpre
tation of most of the hypotheses. The key 
exception is that the association between 
unionization and between-workplace inequal-
ity shrinks slightly in the model with full con-
trols (from –0.087 in the table 4 model to –0.062 
in the re-weighted model) and loses statistical 
significance. This shift in the union coefficient 
suggests industry heterogeneity in the between-
workplace wage compression influence of 
unions: collective bargaining was particularly 
successful at compressing wages in the manu-

facturing industry. However, the actual shift in 
the point estimate is small and not itself statis-
tically significant.

Together, these checks provide evidence for 
the robustness of the main results presented 
earlier. Although the EEEC data have limita-
tions, they show the importance of labor mar-
ket institutions and organizational practices to 
limiting between-workplace inequality prior to 
1980. But what happened to cross-workplace co-
ordination after the 1970s? In the following sec-
tion, I describe some key developments beyond 
the historical scope of the EEEC data.

Table 8. Institutional and Organizational Effects on Workplace Earnings and Between-Workplace 
Inequality (Industry Re-weighting)

(1) (2)

β λ β λ

Union 0.210*** –0.412*** 0.133*** –0.062
(0.006) (0.030) (0.004) (0.034)

Establishment size: 20–99 0.057*** 0.035 0.032*** –0.081*
(0.009) (0.035) (0.007) (0.034)

Establishment size: 100–499 0.018 –0.025 –0.003 –0.259***
(0.010) (0.041) (0.007) (0.041)

Establishment size: 500+ 0.085*** –0.568*** 0.039*** –0.733***
(0.009) (0.041) (0.007) (0.043)

Pension 0.238*** –0.323*** 0.115*** –0.106***
(0.008) (0.035) (0.005) (0.030)

Bonuses 0.067*** –0.143*** 0.018*** –0.001
(0.005) (0.028) (0.004) (0.028)

Share office workers 0.589*** 0.308***
(0.008) (0.045)

Weekly hours 0.027*** –0.009***
(0.000) (0.001)

Metro 0.044*** 0.015
(0.004) (0.027)

Constant 9.981*** –1.162*** 9.067*** –2.025***
(0.008) (0.035) (0.018) (0.101)

R-squared 0.203 0.629
Year effects Yes Yes Yes Yes
Industry effects Yes Yes
Region effects Yes Yes
Observations 21,266 21,266 21,266 21,266

Source: Author’s analysis based on the EEEC.
Note: All estimates are β and λ coefficients from the variance function regression, predicting mean and 
variances of logged annual compensation. Standard errors are in parentheses and were calculated 
using the iterated weighting procedure described in the text.
*p < .05; **p < .01; ***p < .001 (two-tailed tests)
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Developments Since the 1970s
In this article, I extend theories of the wage 
equalizing effects of labor market institutions 
and organizational practices to show that they 
affect inequality between workplaces in ad
dition to inequality within workplaces. I do so 
by focusing on a period—the 1970s—in which 
strong labor market institutions compressed 
wages between workplaces. Understanding 
these patterns requires moving beyond theo-
ries that emphasize work group solidarity 
within workplaces and government regulation 
from above them, to considering patterns of 
coordination between workplaces. Table 9 sum-
marizes the findings. The analysis clarifies the 
channels through which labor market institu-
tions and organizational practices ensured 
good jobs prior to the take-off in inequality af-
ter 1980. Since the 1970s, many of these institu-
tions and practices have deteriorated or trans-
formed.

Most prominently, labor unions have de-
clined in both membership and power. More-
over, this decline has been accompanied by an 
apparent disintegration of coordinated bar-
gaining (Moody 1988; Kochan, Katz, and McK-
ersie 1994). After the 1970s, multi-employer col-
lective bargaining agreements shrank and 
sometimes disappeared. In the wake of truck-
ing deregulation, the number of members cov-
ered by the Teamsters’ National Master Freight 
Agreement dwindled from 450,000 members in 
the 1960s to fewer than seventy-five thousand 
by the mid-2000s, a process that transformed 
the jobs of long-haul truckers (Viscelli 2016). At 
the same time, unions in manufacturing indus-
tries such as auto and steel that previously set 
industry-wide wage standards faced increased 
foreign and non-union domestic competition 
(Stein 2011). For example, in the auto industry, 
pattern bargaining was in decline by the late 

1980s (Budd 1992). Even in settings where coor-
dinated bargaining survived, the wage advan-
tage associated with it seemed to diminish in 
the 1980s (Kochan and Riordan 2016). Cross-
workplace wage comparisons appear to have 
become substantially less coercive.

However, despite this general decline in 
union power and coordination, some service-
sector unions have bucked the trend. For ex-
ample, in the mid-2000s, the hotel workers 
union lined up the expiration of hotel con-
tracts covering sixty thousand workers in six 
heavily unionized cities in order to impose 
more bargaining pressure on national hotel 
brands (Abowd 2009). Likewise, the service em-
ployees union sought to reinvigorate city-wide 
janitorial contracts through the Justice for Jan-
itors campaign (Erickson et al. 2002). Several 
cities, including New York and Seattle, have ad-
opted more formally corporatist industry-
specific labor boards to set standards in low-
wage industries like restaurants and domestic 
service. These different approaches to coordi-
nation could both increase union bargaining 
leverage and achieve the kind of cross-
workplace pay coordination and compression 
that characterized union bargaining prior to 
the 1980s.

Just as the influence of unions has waned, 
the earnings benefits of working at a large 
workplace or a large firm seem to be eroding 
for lower-wage workers (Cobb and Lin 2017). As 
a result, inequality has increased in large com-
panies. However, inequality between large com-
panies has grown at a similar rate to that among 
smaller companies (Song et al. 2018). Moreover, 
an apparent fracturing of corporate board in-
terlocks and other pathways of cross-company 
interaction may have left large companies less 
capable of coordinating (Mizruchi 2013). On the 
other hand, one concerning possibility is that 

Table 9. Inequality Effects of Labor-Market Institutions and Organizational Practices

Within Firm Among Similar Firms Premium

Union − − +
Large workplace − − U
Pension U − +
Performance pay + U +

Source: Author’s.
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cross-employer informal pay coordination re-
mains, but, absent the normative constraints 
and commitments of the pre-1980s period, em-
ployers cooperate only by restraining wages. 
Consistent with this possibility, recent research 
finds that increased monopsony power by em-
ployers in local labor markets is associated with 
lower wages (Benmelech, Bergman, and Kim 
2018; Azar, Marinescu, and Steinbaum 2017).

Finally, research has documented an in-
crease in variable compensation since the 1970s 
(Lemieux, MacLeod, and Parent 2009). The re-
sults from the present analysis suggest that in 
the 1970s, the use of performance pay increased 
inequality among office workers rather than 
among production workers. The decline of 
defined-benefit pensions, by contrast, has af-
fected workers across the occupation spectrum, 
but has rarely been considered as a source of 
rising earnings inequality (Cobb 2015). These 
shifts in compensation practices have contin-
ued since the 1980s. Their distributional impli-
cations show the importance of organization-
level decisions in shaping societal earnings 
inequality.

Future Rese arch
The EEEC surveys provide nationally represen-
tative workplace-level data on wages and com-
pensation from prior to the period of rising 
earnings inequality. They offer a unique oppor-
tunity to assess the effects of various institu-
tional features that are usually studied only in 
their decline. However, a key limitation of these 
data is that they do not include individual 
worker characteristics. The apparent equalizing 
effects of labor market institutions could there-
fore be driven in part by increased sorting of 
similar workers across workplaces. However, 
these sorting processes themselves are of inter-
est. Between-workplace inequality declining 
due to sorting indicates more heterogeneity in 
skill among coworkers. Industry-wide bargain-
ing agreements can dampen incentives faced 
by employers and by workers for sorting within 
the industry: for better or worse, more produc-
tive companies would not be able to lure better 
employees. Future research should use linked 
worker-workplace data to investigate the rela-
tionship between increased worker sorting 
across workplaces and the decline of cross-

workplace pay coordination institutions and 
organizational practices.

Another limitation of these data is that the 
specific mechanisms of cross-workplace earn-
ings compression—multi-employer bargaining 
agreements, pattern bargaining, and employer 
networks or interaction—are not directly ob-
servable. Future research should explore mea-
sures of these between-workplace connections 
(Wilmers 2018; Kochan and Riordan 2016). Al-
though such measures are difficult to obtain in 
nationally representative data, they are critical 
for understanding the processes through which 
cross-workplace coordination occurs.

Beyond these outstanding empirical ques-
tions, the results presented here raise the  
question of the conditions under which cross-
workplace pay coordination is possible (Dunlop 
1958). Further research on this issue would 
shed light on the prospects for a reinvigoration 
of between-workplace institutional wage com-
pression.

For example, when coordinated workplaces 
face strong low-wage competition, coordina-
tion at a high wage will be difficult to sustain. 
As noted, the pattern bargaining practiced by 
core industrial unions was challenged by non-
union and foreign competitors. Indeed, even in 
the heyday of pattern bargaining in Detroit 
manufacturing, smaller and less financially sta-
ble companies often deviated from the key bar-
gaining agreement (Levinson 1960). Yet in other 
industries, dynamics were different: declining 
multi-employer collective bargaining coverage 
in the building trades was not driven by wage 
gaps with non-union contractors (Belman and 
Voos 2006). Outside the union context, infor-
mal wage norms will likely be difficult to main-
tain in the face of external competition. Relat-
edly, substantial productivity and profitability 
differences across employers could make coor-
dination on wage levels more difficult.

Beyond these objective competition and per-
formance considerations, important subjective 
aspects are central to understanding how soli-
darity among workers across workplaces is 
achieved. Much sociology of labor unions em-
phasizes the solidarity gleaned from worker in-
teraction and mobilization on the job, in a par-
ticular workplace (Fantasia 1989). Comparative 
research on Scandinavian and other European 
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countries with centralized bargaining suggests 
that solidarity and common worker interests 
can also stem from other sources (Katz 1993). 
This issue raises questions of worker identity 
and class consciousness. In some settings, like 
construction and restaurant unions in the 
United States, occupation-wide craft identities 
are crucial (Cobble 1991). In others, as with Swe-
den’s blue-collar peak labor organization, 
broader identities of class and union member 
hold together centralized bargaining (Hibbs 
1991).

Another area for future research concerns 
potential negative effects of cross-workplace co-
ordination for workers. As noted throughout, 
cross-workplace pay coordination per se does 
not necessarily benefit workers. Future re-
search should build on older studies of em-
ployer collusion (Reynolds 1951) in light of re-
cent research on the monopsonistic effects of 
employer concentration in local labor markets 
(Benmelech, Bergman, and Kim 2018). If em-
ployers coordinate and set wages absent coun-
tervailing pressure from union organizations, 
workers are unlikely to benefit.

Second, even when coordination limits earn-
ings inequality among peer workplaces (say, 
those represented by the same labor union), it 
can increase inequality between workplaces 
covered by favorable labor market institutions 
or organizational practices, relative to work-
places not so covered. The union–non-union 
gap is one source of what a past generation of 
structural sociologists called “industrial seg-
mentation” (Tolbert, Horan, and Beck 1980; 
Kalleberg, Wallace, and Althauser 1981). Seg-
mentation is a form of between-workplace in-
equality that exists between groups of work-
places (grouped by union status, size, and 
generosity of benefits provision). Moreover, 
just as with unions, insofar as large workplaces 
pay a premium to their workers, they can in-
crease segmentation inequality between large 
and small workplaces. Here again, a labor mar-
ket institution that fosters equality among its 
own workers could spur inequality between dif-
ferent groups of workplaces. Indeed, even pen-
sion provision can be a vector of increased seg-
mentation between generous workplaces, like 
paternalistic companies that provide their em-
ployees excess pay and benefits (Jacoby 1997), 

and outsider companies with poor pay and ben-
efits. Future research should return to these 
themes and ask about the conditions under 
which these insider-outsider distinctions can 
be muted and overcome.

Conclusion
By bringing workplace-level data on the period 
of postwar wage compression, this analysis 
deepens our understanding of the institutional 
and organizational mechanisms that contrib-
uted to that unprecedented period of egalitar-
ian economic growth. Unions and large work-
places did not just reduce inequality among 
managers and workers inside workplaces. They 
were also associated with lower inequality be-
tween workplaces, supporting wage norms and 
pay standardization across workplaces. These 
mechanisms of cross-workplace earnings coor-
dination have been little studied as sources of 
the great compression in U.S. earnings. Along-
side skill supply, workgroup solidarity, and gov-
ernment regulations, between-workplace coor-
dination, commitments, and norms can affect 
earnings inequality.

Research on low-wage work and job quality 
would benefit from increased attention to these 
meso-level processes that affect wage deter
mination. On the one hand, cross-workplace 
earnings coordination via multi-employer and 
pattern collective bargaining brought higher 
earnings to industries such as trucking, build-
ing services, and hotels, which have experi-
enced low-wage job growth since the 1970s. Re-
cent attempts by unions in hotels and other 
services to reinvigorate cross-workplace bar-
gaining strategies could hold promise for spur-
ring wage growth in low-wage jobs.

On the other hand, cross-workplace earn-
ings coordination poses risks of segmentation, 
or exclusion of some workplaces and industries 
from the ambit of higher coordinated earnings. 
Moreover, employer collusion, absent coun-
tervailing union and worker pressure, could 
contribute to lower wages. The results here 
show that lower between-workplace inequality 
among larger workplaces was not accompanied 
by consistently higher earnings for larger work-
places. Understanding how these dynamics of 
monopsony and employer power can under-
mine earnings increases for low-wage jobs will 
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become increasingly important if trends in cor-
porate consolidation continue (Benmelech, 
Bergman, and Kim 2018; Wilmers 2018).
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These practices—varying the number and tim-
ing of employees’ work hours, providing little 
advance notice of work hours, and offering em-
ployees limited input into their work sched-
ule—can undermine job quality by structuring 
instability and unpredictability into employ-
ees’ work and personal lives, and if paid by the 
hour, earnings as well. In this article, we exam-
ine the prevalence of a broad set of scheduling 
practices in the U.S. labor market and consider 
their ramifications for workers’ experiences of 
insecurity, both economic and societal.

Precarious Work Schedules as 
a Source of Economic 
Insecurity and Institutional 
Distrust
Susa n J.  L a mbert,  Juli a R.  Henly,  a nd Jaeseung Kim

Work schedules may fuel precariousness among U.S. workers by undermining perceptions of security, both 
economic and societal. Volatile hours, limited schedule input, and short advance notice are all dimensions 
of precarious work schedules. Our analyses suggest that scheduling practices that introduce instability and 
unpredictability into workers’ lives undermine perceptions of security in unique ways for hourly and salaried 
workers. Although the data suggest that precarious scheduling practices are widespread in the labor market, 
workers who are black, young, and without a college degree appear to be at highest risk. The findings high-
light the importance of examining constellations of scheduling practices and considering the direction of 
work-hour fluctuations when investigating the ramifications of today’s scheduling practices for quality of 
employment and quality of life.

Keywords: work schedules, job quality, economic insecurity, institutional trust 

Employer scheduling practices are part of 
broader societal transformations in which a 
growing proportion of social and economic risk 
is being shouldered by individuals and families 
rather than firms and government (Appelbaum 
and Batt 2014; Hacker 2006; Kalleberg 2011; Kal-
leberg and Vallas 2017; Lambert 2008; Standing 
2011; Weil 2014). Across industries, frontline 
managers have adopted scheduling practices 
designed to keep labor flexible, facilitating 
their ability to meet their firm’s accountability 
requirements that restrict outlays for labor. 
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Work schedules are a defining feature of the 
quality of employment. As John Robinson and 
his colleagues note, “Variations in the number 
of hours that individuals spend working pro-
vide important evidence in comparisons of the 
quality of employment across occupations, 
countries, and time” (2002, 44). Scholars lament 
that the decline of collective bargaining in the 
United States, coupled with increasing inequal-
ity in returns to human capital, is exacerbating 
stratification within the workforce, with spoils 
concentrated among the few (Kalleberg 2011; 
Standing 2011). The spoils of labor are wages 
and hours, and some workers are rich with both 
but others face a scarcity of hours at poverty 
wages (Jacobs and Gerson 2004; Schor 1993; 
Golden 2016; McCrate 2017). In addition to the 
sheer number of hours, other aspects of work 
schedules differentiate jobs in terms of their 
quality. For example, nonstandard timing jobs, 
which require work outside conventional nine-
to-five weekday hours, are widespread and in-
terfere with family roles and worker well-being 
(Presser 2003; Staines and Pleck 1983). In addi-
tion, short advance notice of work hours, re-
gardless of timing or number, makes it difficult 
for workers to predict when they will need to 
work, complicating their ability to manage 
both work and nonwork responsibilities (Claw-
son and Gerstel 2014; Henly and Lambert 2014; 
Schneider and Harknett 2016).

Particularly relevant to the current focus is 
recent research suggesting that fluctuations in 
weekly hours—within the same job—may be a 
key source of increasing income volatility 
among U.S. households and thus a source of 
economic insecurity. Since 2013, “lack of 
money/low wages” has competed with “health 
care costs” as Americans’ top response to the 
question “What is the most important financial 
problem facing your family today?,” surpassing 
concerns about unemployment or job loss by a 
2:1 ratio (Gallup 2018a). Many households are 
strapped for cash. According to the 2016 Survey 
of Household Economics and Decisionmaking, 
fewer than half (48 percent) of adults in the 
United States have the cash on hand to cover 
an emergency requiring $400, and 30 percent 
report that they are either finding it difficult to 
get by or are just getting by (Board of Governors 
of the Federal Reserve System 2017).

Instability of work hours may help explain 
why some households face difficulty paying 
bills. Recent research demonstrates that hour 
variations are an important contributor to 
growing household income volatility in the 
United States (Farrell and Greig 2016; Finnigan 
2018; Gottschalk and Moffitt 2009; Morduch 
and Schneider 2017). Researchers reason that 
unstable work hours are thus also a likely 
source of insecurity both objectively, in terms 
of spurring financial crises, and subjectively, in 
terms of fostering uncertainty. Although com-
pelling evidence of these ramification is pro-
vided by targeted and qualitative research (Edin 
and Shaefer 2016; Morduch and Schneider 
2017), only recently have representative surveys 
provided data on the magnitude of work-hour 
fluctuations and the prevalence of other sched-
uling practices that may make household fi-
nances, and family life, not only unstable but 
also unpredictable. Notably, new items in re-
cent rounds of the 1997 National Longitudinal 
Survey of Youth (NLSY97) suggest that hour vol-
atility, short advance notice, and employer-
driven schedule control are common among 
U.S. workers (Lambert et al. 2019). The NLSY97 
only surveys young adults (in their mid-twenties 
to early thirties), however, and does not include 
measures of perceived economic or societal in-
security. It thus remains unknown how wide-
spread work-hour volatility and other precari-
ous scheduling practices are in the broader U.S. 
workforce and whether they can help explain 
workers’ experiences of insecurity.

In this article, we capitalize on new and ex-
isting questions in the General Social Survey 
(GSS), a nationally representative survey of U.S. 
residents, to advance understanding of the 
prevalence, distribution, and ramifications for 
insecurity of several dimensions of work sched-
ules that contribute to or detract from job qual-
ity. Drawing on new questions in the 2016 GSS 
that gauge the magnitude of weekly hour fluc-
tuations, length of advance notice, and worker 
input into weekly hours, we first examine 
whether problematic aspects of work schedules 
are differentially experienced by vulnerable 
subgroups of workers and address the possibil-
ity that workers may “age out” of precarious 
work schedules. We then pool multiple survey 
years, from 2002 to 2014, to examine the rela-
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tionship between fundamental aspects of work 
schedules and perceived insecurity. These anal-
yses set the stage to consider how the more de-
tailed aspects of work schedules captured in 
the 2016 GSS contribute new insight into the 
relationships between scheduling practices and 
insecurity. Throughout, we differentiate work-
ers paid by the hour versus a salary given that 
earnings are a direct function of hours for the 
former but not the latter. Although our primary 
focus is on economic insecurity, we also explore 
the possibility that precarious work schedules 
fuel distrust in major institutions, which we 
conceptualize as a marker of societal insecurity.

Work Schedules and  
Perceived Insecurit y 
How work hours are related to perceptions of 
insecurity may depend on the extent to which 
time and money are linked in workers’ minds. 
Jeffrey Pfeffer and Sanford DeVoe explain that 
“Time and money are particularly well-
connected in people’s minds when they are 
paid by the hour because their income is then 
a direct function of the number of hours they 
work multiplied by their rate of pay” (Pfeffer 
and DeVoe 2012, 56). Time and money may be 
more loosely connected among those paid by a 
salary. By definition, a salary provides financial 
stability by smoothing income when demand 
or effort dips. Using data from both the 2002 
GSS and the 1988 National Survey of Families 
and Households, DeVoe and Pfeffer find that 
income and hourly status interact in explaining 
perceived happiness, with a significantly larger 
relationship among workers paid by the hour 
as compared to those paid in other ways (2009). 
It seems reasonable to conclude that because 
the fortunes of hourly workers are more directly 
tied to number of hours worked, so might be 
their perceptions of insecurity, both financial 
and societal.

Even so, fluctuating hours may not always 
undermine security, even among hourly work-
ers. The ramifications of work-hour fluctua-
tions likely depend on their direction and mag-
nitude; hours can surge up as well as plummet 
down (Lambert et al. 2019). Ramifications may 
also depend on whether work-hour fluctuations 
are by choice, and whether they are predictable. 
Moreover, as explained in the following section, 

in some circumstances, fluctuating hours may 
actually enhance job security, for both workers 
paid by salary and by the hour (Lehndorff and 
Voss-Dahm 2005; Perlow 2012), and scheduling 
practices may unsettle more than family eco-
nomics. We take these complexities into ac-
count in considering how the scheduling prac-
tices of key focus here—fluctuating weekly 
hours, advance notice, schedule input, and ir-
regular timing—may help explain workers’ per-
ceptions of economic and societal insecurity.

Fluctuating Hours and Economic Insecurity
Recent research provides evidence that insta-
bility in work hours may help account for the 
growing volatility in U.S. household income. 
For example, using records of financial trans-
actions recorded by JPMorgan Chase between 
2012 and 2015, Diane Farrell and Fiona Greig 
decompose month-to-month variation in total 
credits to personal bank accounts into within-
job volatility (for example, the amount depos-
ited by an employer), between-job volatility 
(for example, lapses in paychecks, moves to 
new employers), and volatility in other sources 
of income (for example, public programs, re-
tirement plans, additional job) (2016). Varia-
tion in earnings within the same job, as op-
posed to variation accompanying job loss or 
mobility, accounted for the overwhelming ma-
jority of month-to-month variation in labor in-
come. Although their data do not reveal how 
workers are paid (by hour, salary, or other), Far-
rell and Greig reason that “volatility in pay-
check amounts among weekly paid jobs could 
therefore be driven by variation in hours 
worked” (2016, 28). Jonathan Morduch and Ra-
chel Schneider’s analysis of data from the U.S. 
Financial Diaries study, which recorded the fi-
nancial transactions of 235 low-income and 
middle-income families across a one-year pe-
riod (2012 to 2013), offers additional evidence 
that variation in earners’ take-home pay is a 
central driver of household income volatility; 
approximately half (47 percent) of month-to-
month household income volatility was traced 
to fluctuations in earnings from the same job 
(2017). Most recently, Ryan Finnigan shows that 
working variable hours has become more prev-
alent since the Great Recession; the cumulative 
probability of hourly workers responding that 
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their “hours vary” increased from 37 to 47 per-
cent when comparing the four years before, 
2004 to 2007, to the four years after, 2008 to 
2012, the Great Recession (2018). Finnigan also 
finds that this increase in variable work hours 
largely accounts for the significant increase in 
earnings instability observed between the same 
time periods.

Volatility in work hours may not, however, 
dictate perceived financial insecurity. The 
meaning of fluctuating hours depends on the 
nature of the volatility. Small week-to-week fluc-
tuations may do little to inform workers’ per-
ceived financial security, and whether work 
hours surge above or fall below usual or full-
time hours makes a difference for household 
finances. Morduch and Schneider find that, on 
average, the families in their sample experi-
enced 2.5 months with income at least 25 per-
cent above and 2.5 months with income at least 
25 percent below their annual monthly average 
(2017). Using data from the NLSY97 (2012 to 
2013), Susan Lambert and her colleagues find 
that the majority of variation in weekly hour 
fluctuations during a one-month period was 
due to surges above usual hours (2019). Thus, 
the extent to which fluctuating work hours ex-
acerbate or reduce workers’ assessments of fi-
nancial insecurity may depend on their magni-
tude and direction, especially among hourly 
workers whose earnings are most closely tied 
to the number of hours they work.

The relationship between fluctuating hours 
and job insecurity is also complex. Workers 
who incur fluctuations in work hours may do 
so as a means of demonstrating their commit-
ment to an employer. In many hourly jobs, 
open availability—the willingness and ability 
to incur fluctuations in work hours, such as 
surges and shortfalls—has become a valued 
form of human capital as managers strive to 
implement labor flexibility to control outlays 
for labor (Carré and Tilly 2017; Haley-Lock and 
Ewert 2011; Lambert 2008; Lehndorff and Voss-
Dahm 2005). For example, a study of a national 
U.S. retailer indicates that hourly sales associ-
ates who put constraints on their availability 
received fewer hours than their more available 
counterparts, controlling for work-hour prefer-
ences (Lambert, Haley-Lock, and Henly 2012). 
Several studies document that being willing 

and able to incur fluctuations in work hours is 
also highly valued in many salaried jobs. For 
example, Leslie Perlow’s research demon-
strates how organizations create norms among 
software engineers and consultants that foster 
a culture of working through deadlines and an-
swering off-hour calls from bosses and clients 
(1997, 2012). Face time is used as a marker of 
employee performance, with career penalties 
incurred for those unable or unwilling to work 
on demand and at short notice. Whether pen-
alties and payoffs are real or imagined, per-
ceived job insecurity is typically conceptualized 
as a subjective uncertainty (see, for example, 
De Witte and Näswall 2003; Lee, Bobko, and 
Chen 2006) that has both cognitive and affec-
tive components (Huang et al. 2012). In today’s 
workplaces, then, incurring fluctuating hours 
may be experienced as protection against job 
insecurity rather than a marker of it, by both 
hourly and salaried workers.

Schedule Input and Economic Insecurity
Whether fluctuations in the number of work 
hours exacerbate or mitigate economic insecu-
rity may depend on who determines them. 
Work hours that are the result of workers’ pref-
erences are likely to be experienced as flexibility 
by workers (Jones 2017; Matos and Galinsky 
2011). But when variation is employer driven, 
workers are more likely to experience it as un-
certainty, and we posit, as a source of insecurity 
(Clawson and Gerstel 2014; Fugiel and Lambert 
2019; Henly, Shaefer, and Waxman 2006; Lam-
bert et al. 2019; McCrate 2012). Recent vignette 
studies—both a controlled experiment of ap-
plicants for jobs in a call center and a web-
based representative panel—suggest that work-
ers place a great deal of value on avoiding 
employer control over the timing of work shifts 
(Mas and Pallais 2016). To our knowledge, the 
2016 GSS is the first nationally representative 
survey in the United States to include items 
about the extent of employee input into the 
number and timing of work hours.

In this article, we examine how input into 
both the number and timing of hours varies by 
worker characteristics, including age, gender, 
race, education, and occupation; we then ex-
plore how both types of schedule input may 
help explain perceived economic insecurity 
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alone and in combination with work-hour vola-
tility. It seems reasonable to expect that lack of 
input would contribute to financial insecurity, 
especially when work hours are highly volatile. 
Whether lack of employee input is related to 
job insecurity is less clear. On the one hand, 
employer-driven scheduling may lead workers 
to feel that they are fulfilling necessary busi-
ness functions; on the other hand, having no 
input into their hours may make them feel un-
dervalued and expendable. We do not antici-
pate that relationships between economic in-
security and schedule input into number or 
timing of hours will vary for hourly and salaried 
workers because we do not have a theoretical 
reason to expect that control is more or less 
important to insecurity based on how a worker 
is paid, net of other differences.

Advance Notice and Economic Insecurity
Schedule unpredictability concerns the diffi-
culty workers have anticipating when they will 
and will not work. Research demonstrates that 
unpredictability is associated with elevated lev-
els of work stress and work-to-life conflict, and 
for workers paid by the hour, unpredictable 
hours mean unpredictable earnings (Clawson 
and Gerstel 2014; Henly and Lambert 2014). The 
further in advance workers know when they will 
need to work, the more certain they can be of 
hours and earnings. Thus, lengthy advance no-
tice may foster a sense of financial security and 
short notice may undermine it. Lengthy ad-
vance notice may also foster job security by en-
abling workers to manage personal responsi-
bilities in ways that do not interfere with work 
responsibilities (Henly and Lambert 2014). The 
Quality of Work Life supplement to the 2014 
GSS and recent rounds of the NLSY97 have in-
cluded comparable questions on advance 
schedule notice. In the 2014 GSS, fully 40 per-
cent of hourly workers reported that they know 
when they will need to work a week or less in 
advance, the shortest length of notice included 
as a response category. The percentage of work-
ers reporting a week or less notice is somewhat 
lower in the NLSY97 (Round 16), with hourly 
workers (30.3 percent) more likely to receive a 
week or less notice than nonhourly workers 
(22.5 percent). The 2016 GSS includes refined 
response categories that allows us to unpack a 

week or less advance notice into a day or less, 
two to three days, or four to seven days. We ex-
amine how length of advance notice varies by 
worker and occupational characteristics and 
then explore how short advance notice may 
help explain perceived economic insecurity 
alone and in combination with hour volatility 
and schedule input. We anticipate that short 
notice will increase the probability of financial 
and job insecurity, especially in the context of 
hour volatility and low input, and that the rela-
tionship to financial insecurity will be espe-
cially strong for workers in hourly jobs—be-
cause of the additional ramifications of short 
notice for financial budgeting.

Work Schedules and Societal Insecurity
Precarious scheduling practices also have po-
tential ramifications for noneconomic forms of 
insecurity. As Richard Sennett observes, 
“What’s peculiar about uncertainty today is 
that it exists without any looming historical di-
saster; instead it is woven into the everyday 
practices of a vigorous capitalism” (1998, 31). 
Nothing is more everyday in capitalism than 
work hours and schedules. We posit that the 
uncertainty introduced into daily life through 
precarious scheduling practices may fatigue 
workers’ trust broadly. We explore this possibil-
ity by examining the relationship between pre-
carious scheduling practices and workers’ dis-
trust of societal institutions.

Confidence in many major institutions—
from Congress to the clergy—has declined 
since the 1970s (Gallup 2018b; Pew Research 
Center 2017). For example, when asked how 
much confidence “you, yourself have” in Con-
gress, in 1973 (following the Watergate crisis), 
42 percent of those polled responded “a great 
deal” or “quite a lot,” but only 11 percent re-
sponded similarly in 2018 (Gallup 2018b). Simi-
larly, although 65 percent of poll participants 
reported confidence in organized religion in 
1973, only 38 percent did so in 2018.

Explanations for the increase in institu-
tional distrust are varied. Some authors point 
to uncertainties introduced through increasing 
globalization, others stress the dismantling of 
local community power (for a review, see 
Abramson and Inglehart 1995); others empha-
size increasing income inequality and a belief 
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in meritocracy (Hayes 2012) or processes of so-
cial modernization (Dalton 2005). Building on 
Sennett (1998), we explore the possibility that 
distrust in institutions may also spring from 
more mundane uncertainties. Regardless of 
how paid, unstable, unpredictable work hours 
over which workers have little control may in-
troduce uncertainty into the core of work and 
family life, shaking confidence that societal in-
stitutions act in the best interests of people like 
them.

Rese arch Questions

1. What is the prevalence of precarious work 
schedules in the U.S. labor market? How are 
distinct features of work schedules distrib-
uted across population subgroups by per-
sonal and job characteristics? Do workers 
age out of precarious work schedules?

2. How are fundamental features of work 
schedules related to financial insecurity, job 
insecurity, and institutional distrust?

3. How are more nuanced features of work 
schedules related to economic (financial 
and job) and societal (distrust in institu-
tions) insecurity? Specifically, does the 
magnitude and direction of work-hour fluc-
tuations, short advance notice and lack of 
schedule input—alone and in combina-
tion—explain perceived insecurity? Do rela-
tionships vary for workers paid by the hour 
and a salary?

Methods
The General Social Survey, begun in 1972, is a 
cross-sectional, nationally representative 
personal-interview survey of adults age eigh-
teen years or older living in the United States. 
It uses an equal probability, multistage cluster 
sample design for selecting housing units in 
the entire United States.

Data and Sample
We conduct two sets of analyses. First, we com-
bine GSS surveys from 2002, 2006, 2010, and 
2014 to examine the relationships between fun-
damental aspects of work schedules and finan-

cial insecurity, job insecurity, and distrust in 
institutions; the sample includes respondents 
who were currently in the wage and salary work-
force in those years (N = 3,564). Second, we use 
the 2016 GSS, which incorporated the Fluctuat-
ing Work Hours Module (developed by authors 
Susan Lambert and Julia Henly) in the 3rd bal-
lot of the core survey. This sample is composed 
of respondents in the wage and salary work-
force who responded to the 2016 Module (N = 
525). The 2016 data are not included in the com-
bined multiyear data set because questions ask-
ing about type of schedule and input into tim-
ing are different in 2016, as detailed in our 
section on measures. We weight variables to 
improve population representation.

Analytic Approach
To address the first research question, we pres-
ent descriptive statistics on fundamental as-
pects of scheduling available in the GSS prior 
to 2016 using the multiyear pooled data set and 
on more nuanced scheduling features using 
data from the 2016 Fluctuating Work Hour 
Module. With 2016 data, we present personal 
(gender, race, age, education) and occupational 
(part time or full time, occupation, union sta-
tus, level of earnings) subgroup differences. To 
address the remaining research questions, we 
estimate a series of linear (indices of financial 
insecurity and institutional distrust) and logis-
tic (dichotomous variable indicating job inse-
curity) regressions that sequentially introduce 
different aspects of work schedules, alone and 
then in combination. It is not our goal to esti-
mate the relative contribution of each dimen-
sion but rather to examine how distinct dimen-
sions and constellations may be differentially 
related to different types of insecurity, as dis-
cussed in the literature review. These models 
include a block of control variables that capture 
worker characteristics shown to be associated 
with labor market opportunities and outcomes, 
including age (age2), race, gender, education, 
household income, number of children, spouse 
and whether spouse works, and whether re-
spondent works more than one job.1 We esti-
mate models separately for hourly and salaried 

1. Definitions of control variables are included in the online appendix (https://www.rsfjournal.org/content​
/5/4/218/tab-supplemental).

https://www.rsfjournal.org/content/5/4/8/tab-­supplemental
https://www.rsfjournal.org/content/5/4/8/tab-­supplemental
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workers.2 The data are cross-sectional, and our 
findings can only offer associational knowl-
edge.

We also conduct sensitivity analyses that 
add occupation, industry, union status, and 
relative earnings into the main models. To 
avoid model misspecification, we do not enter 
these variables in our primary models; con
ceptually, one path through which occupation, 
industry, and union membership may affect 
economic insecurity is through scheduling 
practices. Sensitivity analyses also include in-
dices capturing workers’ overall optimism and 
hopefulness for achieving life goals to take into 
account the possibility that workers’ individual 
outlook may color their assessment of their 
work schedule and also their finances and con-
fidence in institutions. The addition of these 
variables does little to change our results, and 
we thus summarize the findings from the sen-
sitivity analyses in the online appendix.

Measures of Insecurity
We define the dependent and key independent 
variables we employ in the regressions.3 Distri-
butions on all variables are presented in table 
1 and table 2, broken out for hourly and salary 
workers.

Financial insecurity is an index on which 
higher scores indicate greater insecurity. The 
index averages respondents’ assessments of 
satisfaction with their current standard of liv-
ing, their prospects of improving their standard 
of living, and how they think their standard of 
living compares to others in America and to 
their parents (items were standardized before 
averaging because questions used different re-
sponse scales). Although this index has modest 
reliability (alpha = 0.51 in the multiyear and 

0.54 in the 2016 GSS), each item added to reli-
ability (that is, subtracting any item would have 
lowered estimated reliability). Moreover, the 
results of an exploratory factor analysis are con-
sistent with a one-factor solution; each of these 
items met the convention of loading on a single 
factor at the level of 0.4 or higher. Perhaps most 
important, the overall pattern of results is sub-
stantively the same, showing only minor varia-
tions, when the individual items rather than 
the index are used (results available from the 
authors).

Job insecurity is a dichotomous variable that 
differentiates workers reporting job insecurity 
(coded 1) or not (coded 0). It is measured differ-
ently in the multiyear and 2016 data. In the mul-
tiyear data, it is measured by a single question 
that asks how true it is that “The job security  
is good.” Workers are coded as job insecure if 
they respond “not too true” or “not at all true.” 
In the 2016 data, job insecurity combines re-
sponses from two survey questions that ask 
about the extent to which workers worry about 
the possibility of losing their job and how dif-
ficult or easy it would be to find a job as good 
as their current one. Workers are coded as ex-
periencing job insecurity if they say they worry 
at least a little about losing their job and they 
also think it will be fairly or very difficult to find 
another one.

Institutional distrust is an index, with higher 
scores indicating greater institutional distrust. 
The index averages responses to whether “you 
would say you have a great deal of confidence, 
only some confidence, or hardly any confi-
dence” in each of a set of institutions. Our in-
dex averages together confidence in major com-
panies, education, the executive branch of 
government, the U.S. Supreme Court, Con-

2. Little data were missing on the independent and control variables in the multiyear and 2016 GSS. The most 
data were missing on household income, which had 7.8 percent missing in the multiyear data (and 14 percent 
missing on respondents’ earnings) and 5.5 percent missing (16 percent missing on respondents’ earnings) in the 
2016 GSS. Missing data on the remaining independent and control variables ranged from 1 to 2 percent. Because 
of the low proportion of missing responses on any one variable, we simply filled in missing data on the indepen-
dent and control variables with the mean, normed separately for hourly and salaried subsamples as appropriate.

3. An online appendix presents the survey questions included in the Fluctuating Work Hours Module as well as 
the questions on economic insecurity and institutional distrust (https://www.rsfjournal.org/content/5/4/218/tab​
-supplemental). We constructed numerous alternative measures of both financial insecurity and fluctuating 
work hours to estimate sensitivity of findings to measurement decisions. The significant and statistically non-
significant findings reported in this article largely hold regardless of measure or model.

https://www.rsfjournal.org/content/5/4/8/tab-­supplemental
https://www.rsfjournal.org/content/5/4/8/tab-­supplemental
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gress, banks and financial institutions, orga-
nized labor, the press, and banks and financial 
institutions (alpha = 0.72 in both the multiyear 
and 2016 GSS).

Measures of Work Schedules in  
Multiyear GSS Data
Hours worked last week is the total number of 
hours workers reported working at all jobs in 
the past week; workers not working because of 
illness or vacation are asked to report typical 
hours. Note that this question asks about hours 
worked at all jobs; 18 percent of hourly workers 
and 14 percent of salaried workers reported 
they held more than one job.

Workers are asked whether they usually 
work a day, afternoon, night, split, irregular–
on-call, or rotating shift. Irregular shift is coded 
1 if working an irregular–on-call shift and 0 oth-
erwise. Nonregular timing is coded 1 if working 
anything other than a day, afternoon, or night 
shift and 0 otherwise.

Little or no input into timing of hours is coded 
1 if workers responded rarely or never to a ques-
tion asking how often they are allowed to 
change their starting and quitting time on a 
daily basis.

Irregular with no input is coded 1 when ir-
regular shift is equal to 1 and lack of input into 
timing is equal to 1, and 0 otherwise.

Nonregular with no input is coded 1 when 
nonregular timing is equal to 1 and lack of in-
put into timing is also equal to 1, and 0 other-
wise.

Measures of Work Schedules in 2016 GSS
Usual hours is the number of hours respondents 
reported they typically work each week at all 
jobs; 14 percent of hourly workers and 11 per-
cent of salaried workers in the 2016 GSS re-
ported holding more than one job.

Relative instability measures the magnitude 
of fluctuations in weekly work hours during the 
past month, conditioned on usual work hours. 
It is developed from three survey questions: 
usual work hours, the most hours worked a 
week in the past month (including overtime 
and work at home and other places), and the 
least hours worked a week in the past month 
(not including weeks with vacation or sick 
time). These questions refer to work at all jobs. 

This measure of magnitude can be likened to 
a coefficient of variation as it norms the abso-
lute difference of most and least hours by aver-
age or usual work hours: [most–least] ÷ usual. 
For example, an eight-hour difference between 
most and least weekly hours may have different 
consequences for workers who usually work 
forty-eight hours versus sixteen hours a week. 
In the first case, variation in hours is 17 percent 
of a worker’s usual hours (relative instability 
ratio of 0.17) whereas in the second case, varia-
tion amounts to 50 percent of usual hours (rel-
ative instability ratio of 0.50).

Direction of work-hour volatility is assessed 
with three variables that calculate the propor-
tion of the difference between greatest and few-
est weekly hours that indicates an hour short-
fall (below usual hours) or an hour surge (above 
usual and above full-time hours). For example, 
the proportion of variation due to a surge above 
full time (which we define as working more 
than forty-five hours a week) is calculated as 
[greatest hours–forty-five] ÷ [greatest-fewest]. 
To conserve space, significant findings related 
to the direction of volatility are reported in the 
text but not tables.

Little or no work-hour input is a dichotomous 
variable that differentiates workers who indi-
cated that the total number of hours they work 
each week is “decided by my employer with lit-
tle or no input from me” (coded 1), from work-
ers who indicated more input (coded 0).

No input into work timing is a dichotomous 
variable that is coded 1 if workers chose the re-
sponse “Starting and finishing times are de-
cided by my employer and I cannot change 
them on my own” and 0 if they responded that 
they can decide the times they work within cer-
tain limits or completely on their own.

Nonregular timing is a dichotomous variable 
that is comparable, but not identical, to the 
nonregular timing variable constructed using 
the multiyear data. In the 2016 GSS, we coded 
workers 0 on nonregular timing if they chose “I 
have a regular schedule or shift (daytime, eve-
ning, or night)” when asked about their usual 
work schedule in their main job. They are coded 
1 if they chose either of the other two alterna-
tives of working a schedule or shift that regu-
larly changes (“for example, from days to eve-
nings or to nights”) or one “where working 
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times are decided at short notice” by their em-
ployer.

Week or less notice is a dichotomous variable 
that differentiates workers who indicated they 
know what days and hours they will need to 
work seven or fewer days in advance (coded 1) 
from workers who reported longer notice or 
that their schedule never changes (coded 0).

Volatility plus little input into number is coded 
1 when relative instability is at least 0.25 and 
little or no work-hour input is coded 1; other 
workers are coded 0.

Volatility plus short notice is coded 1 when 
relative instability is at least 0.25 and week or 
less notice is coded 1; other workers are coded 
0.

Volatility plus little input into timing is coded 
1 when relative instability is at least 0.25 and no 
input into work timing is coded 1; other workers 
are coded 0.

Short notice plus little input into timing is 
coded 1 when week or less notice is coded 1 and 
no input into timing is coded 1; other workers are 
coded 0.

Short notice plus little input into number is 
coded 1 when week or less notice is coded 1 and 
little or no work-hour input is coded 1; other 
workers are coded 0.

Results
In the following section, we present findings 
on the prevalence of precarious work sched-
ules, first using the multiyear GSS data and 
then the more nuanced data on work schedules 
available in the 2016 GSS. We then present find-
ings on the association of these work schedule 
variables with economic insecurity and distrust 
in institutions, using the multiyear and the 
2016 data.

Prevalence and Distribution of  
Precarious Scheduling Practices
To address the first research question, we first 
present the prevalence of the fundamental fea-
tures of work schedules for workers paid a sal-
ary and by the hour, using multiple years of the 
GSS. We then examine the full set of more nu-
anced features of work schedules available in 
the 2016 GSS. We discuss key differences in the 
distribution of each dimension of work sched-
ules for workers paid a salary and by the hour, 

and for the 2016 data, how they are distributed 
across workers with distinct personal and job 
characteristics. Overall, the data suggest that 
today’s labor market is highly stratified in 
terms of how much input workers have into the 
timing and number of work hours, how widely 
weekly work hours fluctuate, and how far in ad-
vance workers know when they will need to 
work.

Fundamental Features of Work Schedules  
Using Multiyear GSS Data Set
Using data across multiple years of the GSS, we 
examine the number of work hours reported in 
the week prior to the survey, the extent of input 
into the starting and finishing times of work, 
and the percentage of respondents who report 
having a schedule with nonregular work timing 
(see table 1). Overall, respondents report work-
ing an average of 41.6 hours in the prior week, 
and hourly workers report statistically signifi-
cantly fewer hours (38.9) than salaried workers 
(45.6). Hourly workers also report statistically 
significantly less input into their work schedule 
timing, with 60 percent of hourly and 37 per-
cent of salaried workers reporting that their 
employer decides their starting and finishing 
times without their input. Work schedules that 
are mostly nonregular, meaning employees 
work primarily irregular, on-call, split, or rotat-
ing shifts, are not highly prevalent in the sam-
ple, but nevertheless, characterize an impor-
tant minority of workers’ schedules (9.8 percent 
of salaried workers and 15.3 percent of hourly 
workers). The hourly-salary difference is re-
duced to nonsignificance when the definition 
of nonregular timing is restricted to only those 
respondents who work irregular or on-call 
shifts.

Nonregular timing may be especially diffi-
cult for workers without input into work sched-
ule timing. These data suggest, however, that 
only a small minority of workers have both lim-
ited input into the timing of their work sched-
ule and an irregular or on-call shift, although 
experiencing both together is somewhat more 
common for hourly workers and when the def-
inition of nonregular is expanded to include ir-
regular, on-call, split, and rotating shifts. The 
multiyear data illustrate important subgroup 
differences beyond the hourly-salary distinc-
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Table 1. Descriptive Statistics of Variables Included in Regressions with Multiyear Data

Hourly
(n=1,458)

Salary
(n=2,141)

Total
(n=3,599)

Dependent variables
Financial insecurity 0.09 (0.63) –0.18 (0.63)** –0.01 (0.65)
Job insecurity 16.6 12.9* 15.1
Distrust in institutions 2.1 (0.4) 2.1 (0.4) 2.1 (0.4)

Independent variables 
Number of work hours last week 38.9 (13.5) 45.6 (13.0)** 41.6 (13.7)
Little or no input into timing 60.0 37.0* 50.8
Irregular or on-call shift 5.4 6.5 5.8
Nonregular timing (irregular, on-call, split,  

or rotating)
15.3 9.8** 13.1

Little or no input and irregular or on-call shift 2.7 1.2* 2.1
Little or no input and nonregular timing 9.6 3.2** 7.0

Control variables
Age 40.5 (13.8) 44.1 (12.1)** 41.9 (13.3)
Race 

White, non-Hispanic 62.8 78.3** 69.0
Black 19.1 7.9** 14.6
Hispanic 15.2 8** 12.3
Other 3.0 5.7** 4.1

Female 55.3 50.6 53.4
High school or less 76.4 31.9** 58.6
Household incomea

1 (<$20,499) 26.9 5.9** 18.4
2 ($20,500~$36,399) 23.9 12.4** 19.2
3 ($36,400~$58,999) 22.4 22.6 22.5
4 ($59,000~$87,999) 15.4 23.6** 18.7
5 ($88,000<=) 11.4 35.5** 21.2

Low pay 33.7 33.4 33.6
No partner or spouse 52.6 36.7** 46.3
Spouse does not work 13.8 17.1^ 15.1
Have children 18 or younger 35.2 32.4 34.1
Has more than one job 17.9 13.9* 16.3
Occupation

Management, business, office, admin support 22.9 40.9** 30.1
Professional, related fields 15.4 34.6** 23.1
Service, sales, related fields 34.7 15.6** 27.1
Construction, production, transport, natural 

resources
26.9 8.9** 19.7

Union 12.6 13.8 13.3

Source: Authors’ calculations based on combined waves of the General Social Survey (Smith et al. 
2018), years 2002, 2006, 2010, and 2014.
Note: Percentages and means (standard deviations). Significance difference between hourly and salary 
workers.
aIncome in constant dollars, inflation-adjusted to year 2000.
^p < .1; *p < .05; **p < .01
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Table 2. Descriptive Statistics of Variables Included in Regressions, 2016 GSS 

Hourly
(n=334)

Salary
(n=191)

Total
(n=525)

Dependent variables
Financial insecurity 0.13 (0.65) –0.28 (0.60)** –0.01 (0.66)
Job insecurity 23.3 26.6 24.5
Distrust in institutions 2.1 (0.4) 2.1 (0.4) 2.1 (0.4)

Independent variables 
Usual hours 38.4 (11.7) 44.8 (12.5)** 40.7 (12.4)
Magnitude of volatility (relative instability ratio) 0.37 (0.54) 0.33 (0.40)** 0.35 (0.49)
Working hours decided by employer (no input into 

hours)
47.4 35.0* 42.9

Timing decided by employer (no input into timing) 64.5 33.6** 53.5
Nonregular timing 24.1 17.0 21.6
Week or less notice (short notice) 39.9 30.7 36.6
Volatility plus no input into the number of hours 18.2 12.7 16.2
Volatility plus short notice 27.4 21.1 25.1
Volatility plus no input into timing 27.8 12.7** 22.4
Short notice plus no input into timing 26.4 8.6 20.0
Short notice plus no input into number of hours 

hours
15.2 7.1* 12.3

Control variables
Age 43.0 (14.1) 44.9 (12.5) 43.7 (13.6)
Race 

White, non-Hispanic 57.3 72.5** 62.8
Black 18.7 10.1** 15.6
Hispanic 19.6 10.6* 16.4
Other 4.4 6.8 5.2

Female 58.2 48.7* 54.8
High school or less 73.0 33.6** 58.8
Household income 

1 (<$29,999) 26.8 8.0** 19.9
2 ($30,000~$49,999) 19.6 10.7* 16.3
3 ($50,000~$89,999) 36.9 26.9^ 33.2
4 ($90,000~$109,999) 6.6 11.9* 8.6
5 ($110,000<=) 10.2 42.5** 22.1

Low pay 34.9 28.7 32.6
No partner or spouse 51.4 34.5** 45.4
Spouse does not work 14.0 15.9 14.7
Have children 18 or younger 29.9 32.3 30.8
Has more than one job 14.1 11.2 13.1
Occupation

Management, business, office, admin support 23.4 37.7** 28.5
Professional, related fields 18.1 35.4** 24.3
Service, sales, related fields 34.3 17.6** 28.3
Construction, production, transport, natural 

resources
24.2 9.3** 18.9

Union 9.6 10.2 10.1

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).
Note: Percentages and means (standard deviations). Significance difference between hourly and salary 
workers.
^p < .1; *p < .05; **p < .01
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tion in the distribution of these fundamental 
features of work schedules (see table A1). For 
brevity, we do not describe these differences 
here, and instead elaborate important sub-
group trends in our discussion of the 2016 de-
scriptive statistics.

Features of Work Schedules in the 2016 GSS
The 2016 data allow us to supplement the work 
schedule variables available in the multiyear 
data with items that assess work-hour fluctua-
tions, employee input into the number of hours 
they work, and the advance notice workers re-
ceive about their work schedule. In addition to 
providing for the first time these more nuanced 
assessments of work schedule dimensions in a 
nationally representative sample of U.S. work-
ers, the 2016 data include measures of the usual 
hours of work each week, work schedule tim-
ing, and nonregular hours. These measures are 
worded slightly differently than prior waves, 
but tap into the same constructs as those re-
ported in table 1. The overall descriptive statis-
tics of all work schedule variables in the 2016 
data are presented in table 2.

Work-Hour Fluctuations
The 2016 data indicate salaried workers report 
usually working 44.8 hours per week, relative to 
38.4 hours per week among workers paid by the 
hour, a statistically significant difference. As 
shown in table 3, the overwhelming majority of 
both hourly (79.2 percent) and salaried (81.6 
percent) workers reported at least some fluc-
tuations in weekly work hours during the one 
month queried in the 2016 GSS. The absolute 
difference between the most and least number 
of hours worked during a week of the month 
averaged more than a full day’s work, at 13.2 
hours. On average, hours fluctuated by 35 per-
cent of what workers report as their usual 
hours, with hourly workers (0.37) reporting 
slightly more relative instability than salaried 
workers (0.33), though the difference is not sta-
tistically significant. The prevalence and mag-
nitude of fluctuating hours observed in the 
2016 GSS is comparable to that found in the 
NLSY97 (Round 16) data; more than 70 percent 
of the early-career employees in the NLSY97 re-
port some fluctuations in weekly hours (Lam-
bert et al. 2019). In both the GSS (0.35) and 

NLSY07 (0.34), the relative instability ratios 
among hourly workers are enough to suggest 
that fluctuations in number of work hours may 
play a substantial role in helping account for 
the earnings volatility observed in recent re-
search, such as the reported 20 percent month 
to month (Farrell and Greig 2016).

Subgroups vary on number of usual hours 
and the magnitude of fluctuations in work 
hours in ways that mostly align with socioeco-
nomic status (for example, lower-status work-
ers report fewer usual hours and more fluctua-
tions) but not always. Differences between 
hourly and salaried workers are shown for each 
dimension of work schedules in table 3. Con-
sistent with research (for a review, see Frazis 
and Stewart 2014), salaried workers report 
working more hours than hourly workers, and 
this difference is especially pronounced for 
whites, higher educated workers, and workers 
in professional, service, and sales occupations. 
The difference in usual hours worked is espe-
cially large between hourly and salaried work-
ers not covered by a union contract. Workers 
twenty-six and younger, especially those in 
hourly jobs, report the largest absolute differ-
ence between the most and least number of 
weekly hours of any group; they are also among 
the highest in terms of relative instability. The 
magnitude of fluctuating hours among part-
time hourly workers, whether measured in ab-
solute or relative terms, is greater than among 
full-time hourly workers. Although relative in-
stability varies significantly by race within both 
hourly and salary groups (significant levels not 
shown in table), it is white hourly workers who 
report the greatest relative instability.

Overall, the findings reported in table 3 sug-
gest that a substantial proportion of workers 
across the U.S. workforce experience sizable 
fluctuations in weekly work hours, regardless 
of personal and job characteristics. But know-
ing the magnitude of the fluctuations may not 
be enough to understand the conditions under 
which fluctuations serve to mitigate or exacer-
bate financial insecurity.

Employee Input into Timing of Weekly Hours
Table 4 indicates that almost two-thirds (64.5 
percent) of hourly workers and one-third (33.6 
percent) of salaried workers report that the 
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starting and finishing times of their work shifts 
are decided by their employer. Only 3.5 percent 
of hourly workers report that they are entirely 
free to decide their starting and finishing times, 
versus almost one-fifth (18.1 percent) of salaried 
workers. Despite these statistically significant 
differences in schedule input between hourly 
and salaried workers in the sample overall, sev-
eral subgroups of workers, even when paid by 
salary, nevertheless report little to no input into 
their work schedules. For example, as with their 
hourly counterparts, large shares of salaried Af-
rican Americans (64.1 percent), workers twenty-
six and younger (49.9 percent), and workers 
with a high school education or less (49.6 per-
cent) report that starting and finishing times 
are decided by their employer. Service, sales, 
and related fields also provide salaried workers 
limited input into their schedule (60.5 percent). 
In addition, more than 70 percent of workers 
in jobs covered by a union contract also report 
that their start and end times are controlled by 
their employer whether salaried or paid by the 
hour. It may be that the timing of shifts in 
union jobs has been a matter of collective bar-
gaining, but workers see it as solely employer 
driven because employers are the ones who 
construct the work schedule.

Employee Input into Number of Weekly Hours
Table 5 shows that almost half of hourly work-
ers and more than one-third of salaried workers 
report that the total number of hours they work 
each week is decided by their employer with 
little or no input from them (see table 5, figures 
1 and 2). Salaried workers are more than twice 
as likely as hourly workers (36.6 versus 16.7 per-
cent) to report controlling the number of hours 
they work each week either freely or within lim-
its set by their employer. White workers paid by 
salary are significantly less likely than workers 
of other races or ethnicities, regardless of how 
paid, to report little or no input into the num-
ber of hours they work (significance levels for 
comparisons across race not reported on table). 
At almost 60 percent, black hourly workers are 
particularly likely to report not having a say into 
the number of hours they work. The lack of 
work-hour control that black hourly workers re-
port suggests that the lower relative instability 
in weekly work hours they incur relative to 

white workers (see table 3) may be more a mat-
ter of employer practice than employee choice.

Input into the number of weekly hours var-
ies in important ways for hourly and salaried 
workers across occupations and by union sta-
tus. Workers with the least input into their 
hours are in hourly administrative support jobs 
(52 percent) and service and sales jobs (47.2 per-
cent), and construction, production, and trans-
portation jobs whether paid by the hour (53.2 
percent) or by salary (50.3 percent). Regarding 
union status, it is non-unionized hourly work-
ers (48.2 percent) and unionized salaried work-
ers (57.9 percent) who report the least input 
into the number of hours they work. Again, the 
unionized salaried workers may have input 
through collective bargaining that is not re-
flected in their subjective reports of their input 
into work hours.

Overall, like fluctuations in work hours, the 
distribution of work-hour input both for timing 
and number of hours across subgroups sug-
gests that although a substantial proportion of 
today’s workers may not control the starting 
and finishing times of their workday and may 
have limited input into the number of hours 
they work each week, some groups are clearly 
at higher risk than others, in ways that mostly 
mirror broader stratification in the labor mar-
ket and society.

Advance Schedule Notice
The descriptive trends regarding the advance 
schedule notice that workers receive indicate 
marked bifurcation in the labor market. On the 
one hand, almost half of workers (48.2 percent 
overall) report either that they know their work 
schedule four weeks or more in advance or that 
their schedule never changes, but on the other 
hand, more than one-third (36 percent) report 
one week or less advance notice in their work 
schedule (see figures 3 and 4 and table 6). The 
relative consistency in workers’ reports in the 
2016 GSS, the 2014 GSS, and Round 16 of the 
NLSY97 offers some confidence in these esti-
mates of advance schedule notice, and suggests 
that experiencing a week or less schedule notice 
is the norm for an important minority of work-
ers in today’s labor market.

The 2016 GSS further breaks down the “one 
week or less” category (see table 6). These data 

(Text continues on p. 236.)
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	 p r e c a r i o u s  w o r k  s c h e d u l e s 	 2 3 3

Table 4. Descriptives of Input into Starting and Finishing Times of Work, 2016 GSS

Employer Decides
Employee Decides 

Within Limits Employee Decides

Hourly Salary Hourly Salary Hourly Salary

All employees 64.5 33.6** 32.0 48.3** 3.5 18.1**
Men 66.3 30.3** 31.1 50.3** 2.6 19.4*
Women 63.2 37.1** 32.6 46.1** 4.2 16.8*

Race
White 62.2 30.7** 34.7 46.2** 3.1 23.2**
Black 77.2 64.1 16.8 28.4* 6.0 7.5
Hispanic 61.8 37.5 36.2 58.1 2.1 4.4

Age 
26 and younger 69.7 49.9 30.4 40.4 0.0 9.7
27–35 60.0 36.3** 33.3 43.9^ 6.7 19.8*
36–45 53.6 33.3* 42.5 55.7* 3.9 11.0
46–54 70.0 23.6** 24.7 50.0** 5.3 26.5*
55–64 74.8 38.6** 23.8 47.1^ 1.3 14.3*
65 and older 62.4 35.4 33.5 33.3 4.0 31.3

Work hours
Full time 67.5 33.6** 29.4 49.4** 3.1 17.0**
Part time 54.7 33.9 40.4 38.2 4.9 27.9^

Education
High school or less 68.3 49.6* 48.2 27.6 2.5 11.2*
More than high school, less  

than four-year college
48.2 27.6 50.3 40.9 1.5 31.4^

College degree or more 56.9 25.7** 34.7 54.2 8.3 20.1

Earnings
Low pay 65.3 49.8^ 29.7 34.4 5.0 15.7*
Higher pay 62.4 27.0** 35.0 54.8** 2.7 18.2**

Occupation
Management, business, 

office, admin support
47.2 19.2** 45.7 50.8 7.1 30.0**

Professional, related fields 52.9 34.0^ 40.8 52.9 6.3 13.1
Service, sales, related fields 74.4 60.5 23.3 31.7 2.3 7.8
Construction, production, 

transport, natural resources
74.5 45.0^ 25.5 46.0 0.0 9.0

Union
Non-union 63.4 29.5** 33.2 50.9** 3.3 19.5**
Union 73.9 70.9 20.8 23.7 5.3 5.3

Total (N) 51.3 (266) 40.2 (208) 8.5 (44)

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).
Note: Percentages and means (standard deviations). All percentages are weighted. Total sample size is 
525,334 for hourly workers and 191 for salaried workers.
^p < .1; *p < .05; **p < .01
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Source: Authors’ calculations based on the General Social Survey (Smith et al. 2018).

Figure 1. Hourly Employees: Input into Number of Hours

47%

31%

12%

5%
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Employee has little or no input

Employee has some input

Employee decides within limits

Employee decides freely

Outside of control of employer 
and employee

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).

Figure 2. Salaried Employees: Input into Number of Hours
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35%

22%

27%
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show that subgroups of workers are subject to 
(or in some cases may choose) even less than 
one week’s notice of their work hours. In fact, 
almost half of those with one week or less no-
tice report that they know when they need to 
work only a day or less in advance. Hourly work-
ers who are male (28.0 percent), Hispanic (29.7 
percent), or have at most a high school degree 

(20.3 percent) are especially likely to have ad-
vance notice in their work schedule of a day or 
less. Hourly union workers are also subject to 
last-minute scheduling (25.6 percent). Despite 
the overall high rates of short notice among 
hourly workers, salaried workers are not im-
mune to last-minute notice, particularly sala-
ried workers of color; about a quarter of black 
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Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).

Figure 3. Hourly Employees: Advance Notice
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Schedule never changes

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).

Figure 4. Salaried Employees: Advance Notice
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50%

(25.3 percent) and Hispanic (23.7 percent) work-
ers paid by salary report knowing when they 
will need to work one day or less in advance. 
Moreover, an especially high percentage of 
both hourly (42.3 percent) and salaried (45.4 
percent) workers in construction, production, 
and transportation jobs only know their sched-
ules one day or less in advance.

Intersection of the Dimensions of Work Schedules
As reported earlier, the multiyear data indicate 
that only a small minority of workers experi-
ence the combination of limited input into the 
timing of their work and working a nonregular 
(irregular, on-call, rotating, or split shift) sched-
ule. However, the 2016 data indicate that an im-
portant percentage of workers experience both 



2 3 8 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

Table 6. Descripitves of Advance Schedule Notice, 2016 GSS

1 Day or Less 2 to 3 Days 4 to 7 Days 1 to 2 Weeks 3 to 4 Weeks Over 4 Weeks Schedule Static

Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary

All employees 17.0 15.2 10.0 9.0 12.9 6.5* 12.7 9.0 5.3 1.1* 7.7 9.1 34.3 50.0**
Men 28.0 14.5** 6.8 10.2 15.4 7.8* 5.3 9.6^ 6.0 2.2 3.2 10.9* 35.3 44.8
Women 9.1 16.0 12.3 7.7 11.2 5.1^ 18.0 8.5* 4.8 0** 10.9 7.2 33.7 55.5**

Race
White 11.8 14 8.3 9.1 13.1 8.4 16.1 10.6 5.6 1.2* 10.5 10.8 34.7 45.9*
Black 14.9 25.3 11.1 5.3 12.8 0^ 14.4 13.5 2.0 0 6.6 0 38.2 55.9*
Hispanic 29.7 23.7 13.6 9.4 15.5 0^ 4.0 0 6.2 2.3 0 9** 31.0 55.7

Age
26 and younger 10.5 19.4 18.9 15.3 18.5 0.0* 8.2 0.0 6.5 5.7 9.0 0 28.4 59.6
27–35 17.2 9.8 7.7 7.4 19.6 2.3** 7.6 5.5 5.7 0 9.9 7.8 32.4 67.2
36–45 21.3 6.8 7.5 10.0 9.3 6.9 12.6 12.6 3.9 1.8 9.1 8.4 36.4 53.5
46–54 22.5 19.3 17.2 9.7 2.6 5.6 20.1 9.6 5.7 0.0 3.2 9.7 28.8 46.0
55–64 14.7 24.7 2.2 7.1 16.5 13.8 14.1 5.5 1.9 0.0 8.8 15.5 41.8 33.4**
65 and older 12.0 20.9 7.3 4.4 14.3 7.9 14.9 24.7 14.9 4.5 4.7 6.2 31.9 31.4

Work hours
Full time 19.7 13.1^ 6.9 9.4 10.1 6.1* 11.3 10.2 4.9 1.0* 7.7 9.0 39.4 51.2
Part time 8.8 33.8 19.8 6.4 21.3 10.1 17.4 0.0^ 6.8 2.2 7.7 10.5 18.2 37.0

Education
High school or less 20.3 21.7 9.2 10.4 15.3 4.8* 13.4 5.3 3.8 0.7 4.4 15.2** 33.7 41.9
More than high school, less 

than four-year college
11.7 6.3 5.4 3.8 8.2 21.6 9.2 20.0 10.5 0.0 11.0 11.4 44.0 36.8

College degree or more 6.6 12.8 15.1 8.9 6.0 5.3 11.6 9.6 9.0 1.5** 18.8 5.3** 33.0 56.5**

Earnings
Low pay 14.3 25.9 19.7 10.7 20.6 1.8* 13.8 9.4 4.0 0.0 2.2 8.7^ 25.4 43.5^
Higher pay 20.9 13.9 5.1 9.6 8.4 7.3 11.2 11.0 6.1 1.8* 10.2 10.5 38.1 45.8

Occupation
Management, business, office, 

admin support
6.2 14.4 7.4 7.2 10.6 9.0 13.9 3.8* 4.9 1.3 6.2 8.4 50.7 55.9

Professional, related fields 8.1 7.8 7.7 10.3 6.0 6.3 11.4 10.5 8.7 1.8^ 18.0 7.2^ 40.2 56.1
Service, sales, related fields 11.5 16.8 16.5 5.3 21.0 5.3 18.4 22.5 5.0 0.0 7.6 18.9 19.9 31.2
Construction, production, 

transport, natural resources
42.3 45.4 5.5 19.3^ 9.3 0.0 4.9 0.0 3.8 0.0 0.0 0.0 34.3 35.3

Union
Non-union 16.1 15.9 10.0 9.3 12.9 7.2* 12.6 9.1 5.5 1.2* 8.2 8.6 34.7 48.7*
Union 25.6 9.0 6.1 6.6 14.0 0.0^ 14.2 8.3 3.9 0.0 3.8 13.9 32.4 62.2

Total (N) 15.6 (82) 9.5 (50) 10.9 (57) 11.2 (59) 4.6 (24) 7.8 (41) 40.4 (212)

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).
Note: Percentages and means (standard deviations). All percentages are weighted. Total sample size is 
525,334 for hourly workers and 191 for salaried workers.
^p < .1; *p < .05; **p < .01
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Table 6. Descripitves of Advance Schedule Notice, 2016 GSS

1 Day or Less 2 to 3 Days 4 to 7 Days 1 to 2 Weeks 3 to 4 Weeks Over 4 Weeks Schedule Static

Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary

All employees 17.0 15.2 10.0 9.0 12.9 6.5* 12.7 9.0 5.3 1.1* 7.7 9.1 34.3 50.0**
Men 28.0 14.5** 6.8 10.2 15.4 7.8* 5.3 9.6^ 6.0 2.2 3.2 10.9* 35.3 44.8
Women 9.1 16.0 12.3 7.7 11.2 5.1^ 18.0 8.5* 4.8 0** 10.9 7.2 33.7 55.5**

Race
White 11.8 14 8.3 9.1 13.1 8.4 16.1 10.6 5.6 1.2* 10.5 10.8 34.7 45.9*
Black 14.9 25.3 11.1 5.3 12.8 0^ 14.4 13.5 2.0 0 6.6 0 38.2 55.9*
Hispanic 29.7 23.7 13.6 9.4 15.5 0^ 4.0 0 6.2 2.3 0 9** 31.0 55.7

Age
26 and younger 10.5 19.4 18.9 15.3 18.5 0.0* 8.2 0.0 6.5 5.7 9.0 0 28.4 59.6
27–35 17.2 9.8 7.7 7.4 19.6 2.3** 7.6 5.5 5.7 0 9.9 7.8 32.4 67.2
36–45 21.3 6.8 7.5 10.0 9.3 6.9 12.6 12.6 3.9 1.8 9.1 8.4 36.4 53.5
46–54 22.5 19.3 17.2 9.7 2.6 5.6 20.1 9.6 5.7 0.0 3.2 9.7 28.8 46.0
55–64 14.7 24.7 2.2 7.1 16.5 13.8 14.1 5.5 1.9 0.0 8.8 15.5 41.8 33.4**
65 and older 12.0 20.9 7.3 4.4 14.3 7.9 14.9 24.7 14.9 4.5 4.7 6.2 31.9 31.4

Work hours
Full time 19.7 13.1^ 6.9 9.4 10.1 6.1* 11.3 10.2 4.9 1.0* 7.7 9.0 39.4 51.2
Part time 8.8 33.8 19.8 6.4 21.3 10.1 17.4 0.0^ 6.8 2.2 7.7 10.5 18.2 37.0

Education
High school or less 20.3 21.7 9.2 10.4 15.3 4.8* 13.4 5.3 3.8 0.7 4.4 15.2** 33.7 41.9
More than high school, less 

than four-year college
11.7 6.3 5.4 3.8 8.2 21.6 9.2 20.0 10.5 0.0 11.0 11.4 44.0 36.8

College degree or more 6.6 12.8 15.1 8.9 6.0 5.3 11.6 9.6 9.0 1.5** 18.8 5.3** 33.0 56.5**

Earnings
Low pay 14.3 25.9 19.7 10.7 20.6 1.8* 13.8 9.4 4.0 0.0 2.2 8.7^ 25.4 43.5^
Higher pay 20.9 13.9 5.1 9.6 8.4 7.3 11.2 11.0 6.1 1.8* 10.2 10.5 38.1 45.8

Occupation
Management, business, office, 

admin support
6.2 14.4 7.4 7.2 10.6 9.0 13.9 3.8* 4.9 1.3 6.2 8.4 50.7 55.9

Professional, related fields 8.1 7.8 7.7 10.3 6.0 6.3 11.4 10.5 8.7 1.8^ 18.0 7.2^ 40.2 56.1
Service, sales, related fields 11.5 16.8 16.5 5.3 21.0 5.3 18.4 22.5 5.0 0.0 7.6 18.9 19.9 31.2
Construction, production, 

transport, natural resources
42.3 45.4 5.5 19.3^ 9.3 0.0 4.9 0.0 3.8 0.0 0.0 0.0 34.3 35.3

Union
Non-union 16.1 15.9 10.0 9.3 12.9 7.2* 12.6 9.1 5.5 1.2* 8.2 8.6 34.7 48.7*
Union 25.6 9.0 6.1 6.6 14.0 0.0^ 14.2 8.3 3.9 0.0 3.8 13.9 32.4 62.2

Total (N) 15.6 (82) 9.5 (50) 10.9 (57) 11.2 (59) 4.6 (24) 7.8 (41) 40.4 (212)

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).
Note: Percentages and means (standard deviations). All percentages are weighted. Total sample size is 
525,334 for hourly workers and 191 for salaried workers.
^p < .1; *p < .05; **p < .01
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limited input and either short notice or hour 
volatility. As reported in table 2, 16.2 percent of 
workers overall report little or no input into the 
number of hours they work while also working 
highly fluctuating hours, and more than one-
fifth report having no input into the timing of 
their work in combination with either a volatile 
work schedule or a week or less notice. Notably, 
more than one-fourth (25.1 percent) of workers 
report the “double whammy” of both a volatile 
work schedule and one week or less of advance 
notice. In all cases, the likelihood of potentially 
problematic combinations is greater among 
hourly workers.

Unpacking further the intersection of very 
short notice and schedule input may help dis-
cern whether unpredictable schedules are em-
ployer driven or due to employee preference. 
Analyses, not reported on the tables, suggest 
the former is the case among a larger propor-
tion of hourly workers than salaried workers. 
For example, among salaried workers reporting 
a day or less of advance notice, only 18.2 percent 
also report they have little or no say in the num-
ber of hours they work, whereas 38.1 percent of 
hourly workers who report a day or less of no-
tice report they have little say in the number of 
weekly hours. Strikingly, among white workers 
who report a day or less of notice, 22.8 percent 
say that they have little or no input into the 
number of hours they work, but among black 
workers reporting a day or less, 69.2 percent say 
they have little or no input into the number of 
weekly hours. These patterns provide further 
evidence that examining the intersection of dif-
ferent dimensions of work schedules may be 
necessary to discern their meaning in the lives 
of workers and families and their contributions 
to inequality, as suggested in prior research 
(Lambert et al. 2019; McCrate 2012, 2017; Presser 
2003).

Do Workers “Age Out” of  
Precarious Work Schedules?
An examination of the descriptive data on 
schedule input and advance notice suggests 
that hourly workers may gain more predictabil-
ity in their schedules as they age, whereas sala-

ried workers may gain more control over sched-
ule timing and the number of hours they work. 
For example, the percentage of workers who 
report a day or less notice increases with age 
among salaried workers but decreases among 
hourly workers. The opposite is true of “my 
schedule never changes;” the proportion of 
hourly workers who choose this response in-
creases with age and the proportion of salaried 
workers decreases. On the other hand, salaried 
workers but not hourly workers, gain control 
over their work hours as they age. By age fifty-
five, more than half of salaried workers report 
that they can decide starting and finishing 
times within certain limits or entirely (61.4 per-
cent) and more than one-third of salaried work-
ers (35.3 percent) report that they control the 
number of hours they work “within limits.” 
Hour fluctuations also dissipate somewhat 
with age, but less so for hourly workers. As 
shown in table 3, fluctuations in work hours, as 
measured by relative instability, drop over the 
age of fifty-four, except for hourly workers sixty-
five or older. Even so, the trends by age also in-
dicate that a substantial proportion of workers, 
even those fifty-five or older, do not age out of 
fluctuating work hours.

Fundamental Features of Work  
Schedules and Perceived Insecurity: 
Multiyear GSS Data
To address the second research question, we 
use the multiyear GSS data in regression mod-
els to estimate the extent to which fundamental 
aspects of work schedules can help explain 
workers’ economic insecurity and distrust in 
institutions, providing a foundation for assess-
ing the contribution the more nuanced mea-
sures in the 2016 GSS may make to understand-
ing the relationship between precarious 
scheduling practices and perceived insecurity.4

The findings pertaining to financial insecu-
rity support the contention that, per Pfeffer and 
DeVoe, how workers are paid matters (2012). As 
shown in table 7 (panel A), across all models 
employing the full sample, hourly workers re-
port significantly greater financial insecurity 
than salaried workers, even after controlling for 

4. Table A2, panel A, reports associations between the control variables and financial insecurity, job insecurity, 
and institutional distrust included in analyses of the multiyear data.
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household income and composition. The sheer 
number of hours respondents report working 
in the prior week and whether respondents 
worked an irregular–on-call (or nonregular) 
schedule are not significantly related to finan-
cial insecurity for either hourly or salaried 
workers, suggesting that these basic work-hour 
conditions do not effectively differentiate the 
extent to which workers feel financially vulner-
able overall.

Job insecurity shows a different pattern (ta-
ble 7, panel B). As anticipated, hourly and sala-
ried workers do not significantly differ in their 
overall assessments of job security, but they do 
vary in the aspects of work schedules that in-
form their perceptions of job insecurity. Among 
hourly workers, the more hours they work in 
the preceding week, the less insecure they feel 
in their job (table 7, panel B, models 2 through 
7). Although working more hours may help pro-
tect hourly workers from a sense of job insecu-
rity, it does not save them from the job insecu-
rity that accompanies working an irregular 
schedule, especially when those hours are de-
termined by the employer. An irregular or on-
call schedule almost doubles the odds (OR = 
1.89) of job insecurity among hourly workers, 
and triples the odds (OR = 3.23) when combined 
with a lack of input into start and end times, 
although caution is needed because only 5.4 
percent of hourly workers report working an 
irregular or on-call schedule (see table 1). Work-
ing an irregular schedule is also positively as-
sociated with distrust in institutions alone (ta-
ble 7, panel C, model 3) and especially when the 
irregularity of hours is determined by employer 
rather than the employee (table 7, panel C, 
model 6), but only among hourly workers. 
Working an irregular schedule or having non-
regular hours does not appear to contribute to 
job insecurity or institutional distrust among 
salaried workers.

In sum, the pattern of relationships between 
these fundamental aspects of work schedules 
and economic and societal insecurity begin to 

flesh out themes we summarize in the litera-
ture review—the economic valuation of time, 
as marked by how workers are paid, seems to 
shape the meaning of work hours; working 
more hours may reduce feelings of job insecu-
rity; and irregular or on-call hours, especially 
when under employer control, may have con-
sequences beyond their economic ramifica-
tions.

Scheduling Practices, Economic Insecurity, 
and Institutional Distrust: 2016 GSS
In regard to the third research question, the 
new items in the 2016 GSS allow us to examine 
in greater detail the qualities of work schedules 
that may place workers at risk of economic in-
security and institutional distrust. All models 
control for the same set of personal character-
istics included in the multiyear analyses.5 In 
these models, however, we control for respon-
dents’ reports of usual work hours rather than 
hours worked last week. As detailed in table 3, 
weekly work hours vary a great deal during a 
one-month period and thus hours worked last 
week could be the exception rather than the 
rule.6 We look at hourly and salaried workers 
separately to provide further insight into how 
the strength of the connection between work 
hours and earnings may shape the relationship 
between different dimensions of work sched-
ules and perceptions of economic and societal 
insecurity.

Work Schedules and Financial Insecurity
The 2016 data provide additional information 
on the scheduling practices that contribute to 
greater financial insecurity among hourly work-
ers, as observed in the multiyear data. Findings 
are consistent with our proposition that 
whether fluctuating hours contribute to or de-
tract from job quality depends on the magni-
tude and direction of the volatility. As shown 
in table 8 (panel A, model 1), the magnitude of 
volatility in weekly work hours is negatively re-
lated to hourly workers’ perceptions of finan-

5. Table A2, panel B, reports associations between control variables and financial insecurity, job insecurity, and 
institutional distrust in the 2016 data.

6. Analyses using “hours last week” rather than “usual hours” do not substantively change the parameter esti-
mates of our key independent variables; the question on usual hours was not available in all of the years in the 
combined data set.
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Table 7. Regressions for Fundamental Characteristics of Work Schedules, Multiyear GSS

Model 1 Model 2 Model 3 Model 4

Full Full Hourly Salary Full Hourly Salary Full Hourly Salary

B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE)

Panel A. Financial insecurity (OLS)
Hourly 0.083* (0.032) 0.073* (0.032) 0.073* (0.032) 0.072* (0.032)
Hours last week –0.002 (0.001) –0.002 (0.002) –0.001 (0.001) –0.002 (0.001) –0.001 (0.002) –0.001 (0.001) –0.002 (0.001) –0.002 (0.002) –0.002 (0.002)
Irregular schedule 0.051 (0.042) 0.087 (0.055) –0.014 (0.068)
Nonregular timing 0.021 (0.033) 0.010 (0.042) 0.016 (0.061)
Lack of input into timing 
Irregular with no input
Nonregular with no input

Panel B. Job insecurity (logits)
Hourly 0.053 (0.164) –0.002 (0.162) 0.006 (0.163) –0.020 (0.159)
Hours last week –0.011* (0.005) –0.017** (0.007) 0.005 (0.008) –0.011* (0.005) –0.017** (0.006) 0.004 (0.008) –0.011* (0.005) –0.017** (0.007) 0.005 (0.008)
Irregular schedule 0.571* (0.262) 0.639^ (0.356) 0.486 (0.386)
Nonregular timing 0.267 (0.194) 0.342 (0.236) 0.005 (0.354)
Lack of input into timing 
Irregular with no input
Nonregular with no input

Panel C. Distrust in institutions (OLS)
Hourly 0.000 (0.021) 0.005 (0.021) 0.005 (0.021) 0.003 (0.021)
Hours last week 0.001 (0.001) 0.001 (0.001) 0.000 (0.001) 0.001 (0.001) 0.001 (0.001) 0.000 (0.001) 0.001 (0.001) 0.001 (0.001) 0.000 (0.001)
Irregular schedule 0.097** (0.037) 0.163** (0.046) 0.018 (0.056)
Nonregular timing 0.031 (0.023) 0.040 (0.028) 0.032 (0.043)
Lack of input into timing 
Irregular with no input
Nonregular with no input

Model 5 Model 6 Model 7

Full Hourly Salary Full Hourly Salary Full Hourly Salary

B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE)

Panel A. Financial insecurity (OLS)
Hourly 0.060^ (0.031) 0.072* (0.032) 0.0170* (0.032)
Hours last week –0.002^ (0.001) –0.002 (0.002) –0.002 (0.001) –0.002 (0.001) –0.002 (0.002) –0.001 (0.001) –0.002 (0.001) –0.002 (0.002) –0.002 (0.001)
Irregular schedule
Nonregular timing
Lack of input into timing 0.088** (0.027) 0.053 (0.035) 0.122** (0.040)
Irregular with no input 0.106 (0.077) 0.120 (0.093) 0.017 (0.110)
Nonregular with no input 0.047 (0.049) 0.031 (0.056) 0.077 (0.094)

Panel B. Job insecurity (logits)
Hourly –0.020 (0.159) –0.023 (0.162) –0.034 (0.163)
Hours last week –0.011* (0.005) –0.018** (0.007) 0.005 (0.008) –0.011* (0.005) –0.017** (0.006) 0.004 (0.008) –0.012* (0.005) –0.018** (0.007) 0.005 (0.008)
Irregular schedule
Nonregular timing
Lack of input into timing 0.120 (0.138) 0.434* (0.177) –0.453^ (0.241)
Irregular with no input 1.166** (0.374) 1.174** (0.451) 0.937 (0.817)
Nonregular with no input 0.591** (0.255) 0.669* (0.275) –0.223 (0.693)

Panel C. Distrust in institutions (OLS)
Hourly 0.007 (0.022) 0.003 (0.021) 0.005 (0.021)
Hours last week 0.001 (0.001) 0.001 (0.001) 0.000 (0.001) 0.001 (0.001) 0.001 (0.001) 0.000 (0.001) 0.001 (0.001) 0.001 (0.001) 0.000 (0.001)
Irregular schedule
Nonregular timing
Lack of input into timing –0.014 (0.017) –0.001 (0.021) –0.042 (0.027)
Irregular with no input 0.135* (0.051) 0.179** (0.061) –0.013 (0.089)
Nonregular with no input 0.011 (0.029) 0.012 (0.034) 0.013 (0.050)

Source: Authors’ calculations based on multiyear General Social Survey data (Smith et al. 2018).
Note: N= Full = 3,564; salaried 2,121; hourly 1,443.
^p < .1; *p < .05; **p < .01
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Table 7. Regressions for Fundamental Characteristics of Work Schedules, Multiyear GSS

Model 1 Model 2 Model 3 Model 4

Full Full Hourly Salary Full Hourly Salary Full Hourly Salary

B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE)

Panel A. Financial insecurity (OLS)
Hourly 0.083* (0.032) 0.073* (0.032) 0.073* (0.032) 0.072* (0.032)
Hours last week –0.002 (0.001) –0.002 (0.002) –0.001 (0.001) –0.002 (0.001) –0.001 (0.002) –0.001 (0.001) –0.002 (0.001) –0.002 (0.002) –0.002 (0.002)
Irregular schedule 0.051 (0.042) 0.087 (0.055) –0.014 (0.068)
Nonregular timing 0.021 (0.033) 0.010 (0.042) 0.016 (0.061)
Lack of input into timing 
Irregular with no input
Nonregular with no input

Panel B. Job insecurity (logits)
Hourly 0.053 (0.164) –0.002 (0.162) 0.006 (0.163) –0.020 (0.159)
Hours last week –0.011* (0.005) –0.017** (0.007) 0.005 (0.008) –0.011* (0.005) –0.017** (0.006) 0.004 (0.008) –0.011* (0.005) –0.017** (0.007) 0.005 (0.008)
Irregular schedule 0.571* (0.262) 0.639^ (0.356) 0.486 (0.386)
Nonregular timing 0.267 (0.194) 0.342 (0.236) 0.005 (0.354)
Lack of input into timing 
Irregular with no input
Nonregular with no input

Panel C. Distrust in institutions (OLS)
Hourly 0.000 (0.021) 0.005 (0.021) 0.005 (0.021) 0.003 (0.021)
Hours last week 0.001 (0.001) 0.001 (0.001) 0.000 (0.001) 0.001 (0.001) 0.001 (0.001) 0.000 (0.001) 0.001 (0.001) 0.001 (0.001) 0.000 (0.001)
Irregular schedule 0.097** (0.037) 0.163** (0.046) 0.018 (0.056)
Nonregular timing 0.031 (0.023) 0.040 (0.028) 0.032 (0.043)
Lack of input into timing 
Irregular with no input
Nonregular with no input

Model 5 Model 6 Model 7

Full Hourly Salary Full Hourly Salary Full Hourly Salary

B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE)

Panel A. Financial insecurity (OLS)
Hourly 0.060^ (0.031) 0.072* (0.032) 0.0170* (0.032)
Hours last week –0.002^ (0.001) –0.002 (0.002) –0.002 (0.001) –0.002 (0.001) –0.002 (0.002) –0.001 (0.001) –0.002 (0.001) –0.002 (0.002) –0.002 (0.001)
Irregular schedule
Nonregular timing
Lack of input into timing 0.088** (0.027) 0.053 (0.035) 0.122** (0.040)
Irregular with no input 0.106 (0.077) 0.120 (0.093) 0.017 (0.110)
Nonregular with no input 0.047 (0.049) 0.031 (0.056) 0.077 (0.094)

Panel B. Job insecurity (logits)
Hourly –0.020 (0.159) –0.023 (0.162) –0.034 (0.163)
Hours last week –0.011* (0.005) –0.018** (0.007) 0.005 (0.008) –0.011* (0.005) –0.017** (0.006) 0.004 (0.008) –0.012* (0.005) –0.018** (0.007) 0.005 (0.008)
Irregular schedule
Nonregular timing
Lack of input into timing 0.120 (0.138) 0.434* (0.177) –0.453^ (0.241)
Irregular with no input 1.166** (0.374) 1.174** (0.451) 0.937 (0.817)
Nonregular with no input 0.591** (0.255) 0.669* (0.275) –0.223 (0.693)

Panel C. Distrust in institutions (OLS)
Hourly 0.007 (0.022) 0.003 (0.021) 0.005 (0.021)
Hours last week 0.001 (0.001) 0.001 (0.001) 0.000 (0.001) 0.001 (0.001) 0.001 (0.001) 0.000 (0.001) 0.001 (0.001) 0.001 (0.001) 0.000 (0.001)
Irregular schedule
Nonregular timing
Lack of input into timing –0.014 (0.017) –0.001 (0.021) –0.042 (0.027)
Irregular with no input 0.135* (0.051) 0.179** (0.061) –0.013 (0.089)
Nonregular with no input 0.011 (0.029) 0.012 (0.034) 0.013 (0.050)

Source: Authors’ calculations based on multiyear General Social Survey data (Smith et al. 2018).
Note: N= Full = 3,564; salaried 2,121; hourly 1,443.
^p < .1; *p < .05; **p < .01
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cial insecurity. Further analyses of the direction 
of volatility (available from authors) indicates 
that surges above forty-five hours a week sig-
nificantly lowers hourly workers’ perceptions 
of financial insecurity; among the 81.6 percent 
of hourly workers incurring at least some fluc-
tuations in hours, the larger the proportion of 
fluctuations above forty-five hours, the lower 
their financial insecurity (b = –0.311, p < .05). 
Among hourly workers, then, surging up into 
overtime seems to play a protective role when 
it comes to financial insecurity.

The opposite picture emerges for workers 
paid a salary. Although the number of hours 
worked was not significantly related to salaried 
workers’ financial insecurity in the multiyear 
data, usual hours is positively associated with 

financial insecurity among salaried workers in 
all of the models specified with the 2016 GSS 
data. The more hours salaried workers report 
that they usually work, the greater their finan-
cial insecurity. This finding is consistent with 
research indicating that some salaried workers 
may work long hours out of fear that not doing 
so will lower their chances for advancement 
(Perlow 2012).

In addition to the sheer number of work 
hours, lack of control over the timing (but not 
the number) of work hours is positively associ-
ated with financial insecurity among salaried 
workers, a relationship also found in the mul-
tiyear data. The findings also suggest that less 
than a week of advance notice plays a substan-
tial role in heightening perceptions of financial 

Table 8. Regressions for New Dimensions of Work Schedules, 2016 GSS

Model 1 Model 2 Model 3 Model 4 Model 5

Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary

B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE)

Panel A. Financial insecurity (OLS)
Usual hours –0.003 (0.004) 0.007* (0.003) –0.000 (0.003) 0.006* (0.003) –0.000 (0.004) 0.007* (0.003) –0.001 (0.004) 0.006* (0.003) –0.001 (0.004) 0.008** (0.003)
Magnitude of fluctuations (relative 

instability)
–0.189** (0.046) 0.038 (0.097)

Week or less notice –0.005 (0.095) 0.190^ (0.094)
Little or no input into number of hours 0.069 (0.076) –0.014 (0.068)
Little or no input into timing of hours 0.130 (0.095) 0.126^ (0.072)
Nonregular timing –0.045 (0.099) –0.132 (0.108)

Panel B. Job insecurity (logits)
Usual hours –0.006 (0.016) 0.004 (0.018) –0.006 (0.016) 0.007 (0.016) –0.011 (0.016) 0.011 (0.017) –0.008 (0.017) 0.009 (0.017) –0.001 (0.016) 0.009 (0.016)
Magnitude of fluctuations (relative 

instability)
0.368 (0.235) –0.300 (0.523)

Week or less notice 0.706* (0.319) –0.232 (0.458)
Little or no input into number of hours –0.348 (0.342) 0.368 (0.454)
Little or no input into timing of hours –0.345 (0.334) 0.753^ (0.423)
Nonregular timing 1.349** (0.333) –1.702** (0.576)

Panel C. Distrust in institutions (OLS)
Usual hours 0.003^ (0.002) 0.002 (0.004) 0.002 (0.002) 0.001 (0.004) 0.002 (0.002) 0.000 (0.004) 0.002 (0.002) 0.001 (0.004) 0.002 (0.002) 0.001 (0.004)
Magnitude of fluctuations (relative 

instability)
0.047 (0.038) 0.190** (0.048)

Week or less notice 0.013 (0.043) 0.009 (0.051)
Little or no input into number of hours –0.042 (0.037) –0.091 (0.067)
Little or no input into timing of hours –0.022 (0.042) –0.070 (0.073)
Nonregular timing 0.017 (0.060) –0.067 (0.075)

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).
Note: Standard errors (SE). Total sample size is 525,334 for hourly workers and 191 for salaried workers.
^p < .1; *p < .05; **p < .01



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 p r e c a r i o u s  w o r k  s c h e d u l e s 	 2 4 5

insecurity among salaried workers, by itself 
(table 8, panel A, model 2) and in combination 
with volatile work hours (table 9, panel A, 
model 2), lack of input into start and end times 
(table 9, panel A, model 4), and lack of input 
into number of hours (table 9, panel A, model 
5). Thus, although much research has focused 
on the importance of advance notice for hourly 
workers, these results suggest that short ad-
vance notice can undermine the financial secu-
rity of workers paid a salary.

Work Schedules and Job Insecurity
In the multiyear data, the number of hours 
hourly workers report working in the last week 
is negatively associated with job insecurity 
across all models estimated. In the 2016 data, 

usual weekly hours is not significantly associ-
ated with job insecurity for either hourly or sal-
aried workers (table 8, panel B), and the non-
significance holds when hours worked last 
week, rather than usual hours, is entered in 
models (not in table). Although the sheer num-
ber of hours does not help explain job insecu-
rity in this smaller 2016 data set, other aspects 
of work schedules do. As in the multiyear data, 
working a nonregular schedule (that is, a sched-
ule other than a “regular day, afternoon, eve-
ning schedule”) is positively associated with 
hourly worker job insecurity (table 8, panel B, 
model 5). Short advance notice also heightens 
job insecurity among hourly workers, either 
alone (table 8, panel B, model 2) or in combina-
tion with work-hour volatility (table 9, panel B, 

Table 8. Regressions for New Dimensions of Work Schedules, 2016 GSS

Model 1 Model 2 Model 3 Model 4 Model 5

Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary

B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE)

Panel A. Financial insecurity (OLS)
Usual hours –0.003 (0.004) 0.007* (0.003) –0.000 (0.003) 0.006* (0.003) –0.000 (0.004) 0.007* (0.003) –0.001 (0.004) 0.006* (0.003) –0.001 (0.004) 0.008** (0.003)
Magnitude of fluctuations (relative 

instability)
–0.189** (0.046) 0.038 (0.097)

Week or less notice –0.005 (0.095) 0.190^ (0.094)
Little or no input into number of hours 0.069 (0.076) –0.014 (0.068)
Little or no input into timing of hours 0.130 (0.095) 0.126^ (0.072)
Nonregular timing –0.045 (0.099) –0.132 (0.108)

Panel B. Job insecurity (logits)
Usual hours –0.006 (0.016) 0.004 (0.018) –0.006 (0.016) 0.007 (0.016) –0.011 (0.016) 0.011 (0.017) –0.008 (0.017) 0.009 (0.017) –0.001 (0.016) 0.009 (0.016)
Magnitude of fluctuations (relative 

instability)
0.368 (0.235) –0.300 (0.523)

Week or less notice 0.706* (0.319) –0.232 (0.458)
Little or no input into number of hours –0.348 (0.342) 0.368 (0.454)
Little or no input into timing of hours –0.345 (0.334) 0.753^ (0.423)
Nonregular timing 1.349** (0.333) –1.702** (0.576)

Panel C. Distrust in institutions (OLS)
Usual hours 0.003^ (0.002) 0.002 (0.004) 0.002 (0.002) 0.001 (0.004) 0.002 (0.002) 0.000 (0.004) 0.002 (0.002) 0.001 (0.004) 0.002 (0.002) 0.001 (0.004)
Magnitude of fluctuations (relative 

instability)
0.047 (0.038) 0.190** (0.048)

Week or less notice 0.013 (0.043) 0.009 (0.051)
Little or no input into number of hours –0.042 (0.037) –0.091 (0.067)
Little or no input into timing of hours –0.022 (0.042) –0.070 (0.073)
Nonregular timing 0.017 (0.060) –0.067 (0.075)

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).
Note: Standard errors (SE). Total sample size is 525,334 for hourly workers and 191 for salaried workers.
^p < .1; *p < .05; **p < .01



2 4 6 	 c h a n g i n g  j o b  q u a l i t y

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

model 2). Together, these findings suggest that 
nonregular timing and lack of advance notice 
contribute to hourly workers’ sense of job inse-
curity, especially when they work highly fluctu-
ating hours.

Again, a different picture surfaces among 
salaried workers. Rather than contributing to 
job insecurity, working a nonregular schedule 
is negatively related to job insecurity among 
salaried workers (table 8, panel B, model 5). 
This relationship may reflect the value employ-
ers place on being willing and able to work out-
side standard hours, as discussed in the intro-
duction. Were this the case, however, we would 

also expect to see a significant negative rela-
tionship between the magnitude of work-hour 
fluctuations and job insecurity, and we do not; 
although the relationship between relative in-
stability and job insecurity is negative, it is not 
statistically significant (table 8, panel B, model 
1). The only other dimension of work schedules 
significantly associated with job insecurity 
among salaried workers is that lack of input 
into the timing (not the number) is positively 
associated with job insecurity, though only at 
the p < .1 level. These results provide further 
evidence that the nature of relationships be-
tween work scheduling practices and perceived 

Table 9. Regressions for Combinations of Scheduling Practices, 2016 GSS

Model 1 Model 2 Model 3 Model 4 Model 5

Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary

B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE)

Panel A. Financial insecurity (OLS)
Volatility plus little input into number 0.115 (0.095) 0.098 (0.125)
Volatility plus short notice –0.038 (0.106) 0.269* (0.111)
Volatility plus little input into timing 0.124 (0.084) 0.131 (0.119)
Short notice plus little input into 

timing
0.181^ (0.098) 0.264^ (0.137)

Short notice plus little input into 
number

0.022 (0.093) 0.342^ (0.172)

Panel B. Job insecurity (logits)
Volatility plus little input into  

number 
–0.256 (0.468) 0.558 (0.641)

Volatility plus short notice 0.859** (0.302) 0.320 (0.534)
Volatility plus little input into timing –0.136 (0.335) 0.718 (0.680)
Short notice plus little input into 

timing
0.371 (0.396) –1.755 (1.180)

Short notice plus little input into 
number

–0.011 (0.465) –0.480 (0.900)

Panel C. Distrust in institutions (OLS)
Volatility plus little input into  

number 
0.072 (0.068) –0.108 (0.084)

Volatility plus short notice 0.058 (0.051) 0.092 (0.066)
Volatility plus little input into timing 0.062 (0.056) –0.077 (0.101)
Short notice plus little input into 

timing
0.016 (0.050) –0.150 (0.148)

Short notice plus little input into 
number

0.065 (0.069) –0.165 (0.178)

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).
Note: Standard errors (SE). Total sample size is 525,334 for hourly workers and 191 for salaries workers. 
^p < .1; *p < .05; **p < .01
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insecurity are likely different for workers paid 
by hour and salary. Although working a non-
regular schedule may impede a sense of job se-
curity among hourly workers, it seems to play 
a protective role among salaried workers.

Work Schedules and Distrust of Institutions
Analyses of the multiyear survey data suggest 
that working irregular or on-call shifts, espe-
cially when they are employer controlled, is as-
sociated with distrust in institutions among 
hourly workers only. Supplemental analyses of 
the 2016 data help fill in this picture. Although 
the overall magnitude of fluctuations in weekly 

hours is not statistically significant in explain-
ing hourly workers’ distrust in institutions (ta-
ble 8, panel C, model 1), those with highly vola-
tile hours (relative instability is at least 0.25) 
report greater distrust in institutions than 
those with less volatility (b = 0.106, p < .05, not 
in table). The direction of the fluctuation mat-
ters, however. Workers who report shortfalls in 
weekly hours (at least 25 percent less than their 
usual hours) report significantly greater insti-
tutional distrust than workers who report 
smaller shortfalls in weekly hours (available 
from authors).

Although the multiyear data reveal no sig-

Table 9. Regressions for Combinations of Scheduling Practices, 2016 GSS

Model 1 Model 2 Model 3 Model 4 Model 5

Hourly Salary Hourly Salary Hourly Salary Hourly Salary Hourly Salary

B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE) B (SE)

Panel A. Financial insecurity (OLS)
Volatility plus little input into number 0.115 (0.095) 0.098 (0.125)
Volatility plus short notice –0.038 (0.106) 0.269* (0.111)
Volatility plus little input into timing 0.124 (0.084) 0.131 (0.119)
Short notice plus little input into 

timing
0.181^ (0.098) 0.264^ (0.137)

Short notice plus little input into 
number

0.022 (0.093) 0.342^ (0.172)

Panel B. Job insecurity (logits)
Volatility plus little input into  

number 
–0.256 (0.468) 0.558 (0.641)

Volatility plus short notice 0.859** (0.302) 0.320 (0.534)
Volatility plus little input into timing –0.136 (0.335) 0.718 (0.680)
Short notice plus little input into 

timing
0.371 (0.396) –1.755 (1.180)

Short notice plus little input into 
number

–0.011 (0.465) –0.480 (0.900)

Panel C. Distrust in institutions (OLS)
Volatility plus little input into  

number 
0.072 (0.068) –0.108 (0.084)

Volatility plus short notice 0.058 (0.051) 0.092 (0.066)
Volatility plus little input into timing 0.062 (0.056) –0.077 (0.101)
Short notice plus little input into 

timing
0.016 (0.050) –0.150 (0.148)

Short notice plus little input into 
number

0.065 (0.069) –0.165 (0.178)

Source: Authors’ calculations based on the 2016 General Social Survey (Smith et al. 2018).
Note: Standard errors (SE). Total sample size is 525,334 for hourly workers and 191 for salaries workers. 
^p < .1; *p < .05; **p < .01
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nificant associations between work scheduling 
qualities and distrust in institutions among 
salaried workers, the 2016 GSS indicates that 
the more hours fluctuate, the greater salaried 
workers’ distrust of institutions. But, like their 
hourly counterparts, it is salaried workers who 
experience shortfalls in hours (at least 25 per-
cent less than their usual) who express the most 
distrust in societal institutions (available from 
the authors).

Discussion
The sources of uncertainty are expanding in the 
U.S. labor market. This article considers em-
ployer scheduling practices as one determinant 
of uncertainty that is undermining the quality 
of jobs and quality of life in the United States. 
Recent research traces the relationship be-
tween fluctuations in weekly work hours to vol-
atility in workers’ earnings and household in-
comes and in turn, to financial insecurity and 
hardship. In this article, we look at these rela-
tionships from the workers’ perspective by ex-
amining the ramifications of fluctuating work 
hours, alone and in combination with other 
scheduling practices, for perceived insecurity, 
both economic and societal. Our findings sug-
gest that different dimensions of work sched-
ules may serve to undermine, or bolster, hourly 
and salaried workers’ perceptions of financial 
and job security and their trust in major insti-
tutions. Findings also suggest that workers who 
are black, young, and without a college degree 
are at highest risk of experiencing problematic 
combinations of scheduling practices.

The questions commonly used in national 
surveys to capture the nature of working time 
may underestimate the prevalence of problem-
atic scheduling practices in today’s U.S. labor 
market because they do not offer insight into 
several key dimensions—such as the magni-
tude and direction of work-hour fluctuations, 
length of advance notice, and amount of input 
into the number of weekly hours—that may  
be especially prevalent in today’s workplaces. 
In particular, the new questions on the 2016 
General Social Survey suggest that working 
fluctuating hours is significantly more com-
mon than captured by commonly used survey 
questions. For example, at most, one-fifth of 
workers would be identified as working fluctu-

ating hours if based on the common question 
of schedule type (for example, irregular, on-call, 
or split or rotating shift), whereas more than 
three-fourths of workers gave different re-
sponses when reporting the greatest versus few-
est number of hours they worked a week in the 
past month. For most, these fluctuations were 
not inconsequential, averaging more than a full 
day of work and approximately one-third of 
their usual weekly hours—all within just a one-
month period.

The new 2016 GSS questions enabled us to 
update and unpack the nature of work sched-
ules in the U.S. labor market further by also ex-
amining the length of advance schedule notice 
and input into both timing and hours. Like fluc-
tuating hours, these additional aspects of work 
schedules have the potential to undermine job 
quality. We find that two-fifths of hourly and 
one-third of salaried workers report one week 
or less advance schedule notice, almost two-
thirds of hourly and one-third of salaried work-
ers report that the starting and finishing times 
of their work shifts are decided by their em-
ployer, and almost one-half of hourly and one-
third of salaried workers report that employers 
entirely decide the number of hours they work. 
Limited advance notice and input into work 
hours are especially commonplace among 
black and Hispanic workers in hourly jobs; in 
addition, although a substantial proportion of 
women report having precarious work sched-
ules, the data suggest that men are at even 
greater risk. The data provide evidence that 
some, but certainly not all, workers age out of 
precarious work schedules, with hourly workers 
gaining more predictability as they age and sal-
aried workers gaining more control.

Our analyses reveal several themes worthy 
of future research. One key theme concerns the 
importance of taking into account how workers 
are paid when investigating the implications of 
work hours for economic insecurity. Findings 
lend support to Pfeffer and DeVoe’s observation 
that the structure of compensation can prime 
the economic valuation of time (2012). In our 
multiyear survey analyses, we find that workers 
paid by the hour report greater financial inse-
curity than those paid a salary, after adjusting 
for covariates. The differing relationships we 
observe between number of weekly hours and 



r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

	 p r e c a r i o u s  w o r k  s c h e d u l e s 	 2 4 9

perceptions of economic insecurity among 
hourly versus salaried workers further high-
light how employer practices that structure the 
tie between hours and earnings may alter work-
ers’ experiences of their work hours. Among 
hourly workers, the greater the number of usual 
weekly hours, the lower their job insecurity 
(multiyear GSS) and notably, work-hour surges 
above forty-five hours a week seem to further 
protect hourly workers from experiencing job 
insecurity (2016 GSS, not in table). This makes 
sense, given that earnings are a function of 
hours worked, and, if employers are following 
the law, hourly workers receive a premium 
when weekly hours exceed forty. Salaried work-
ers do not receive such a premium, and in the 
2016 GSS the number of hours salaried workers 
worked last week was positively related to finan-
cial insecurity across several models. Together, 
these findings suggest that working long hours 
may reduce economic insecurity among hourly 
workers, but may foster, or be a response to, 
economic insecurity among salaried workers. 
These analyses are associational, not causal; 
notably, salaried workers may be working lon-
ger hours because they feel insecure, rather 
than vice versa.

Another theme that emerges from our find-
ings is that fluctuating hours are not always a 
marker of a poor-quality job. The ramifications 
of work-hour fluctuations depend on their mag-
nitude and direction. In the 2016 GSS, the 
greater the volatility in weekly hours, the lower 
hourly workers’ financial insecurity—especially 
when the majority of hour fluctuations were 
due to surges above forty-five hours a week. 
Thus, questions in surveys that ask about hour 
variations as a yes or no job characteristic or as 
a particular schedule type provide limited in-
sight into the conditions under which fluctuat-
ing hours matter for workers’ lives. Future re-
search is needed to examine how the magnitude 
and direction of fluctuating hours are related 
to nonfinancial aspects of life. We find that 
working fluctuating hours is positively associ-
ated with workers’ distrust of societal institu-
tions, among both hourly (multiyear GSS) and 
salaried (2016 GSS) workers. Further analyses 
revealed that the direction of the fluctuations 
mattered, with distrust being highest among 
workers who reported a substantial shortfall in 

weekly hours. The magnitude and direction of 
work-hour fluctuations may matter for family 
life as well. For example, although surges in 
work hours may help protect workers from fi-
nancial insecurity, they may complicate care-
giving and create stress (Henly and Lambert 
2014).

The findings of this study also highlight the 
usefulness of considering scheduling practices 
in combination with one another. In the mul-
tiyear data, the combination of working an ir-
regular or on-call schedule plus little input into 
the timing of work increased the odds of job 
insecurity among hourly and salaried workers. 
In the 2016 data, although work-hour volatility 
is not significantly related to financial insecu-
rity among salaried workers when examined 
alone, the combination of hour volatility plus 
either short advance notice or lack of input into 
schedule timing are both positively associated 
with these workers’ perceptions of financial in-
security. These findings add to evidence that 
fluctuations in work hours can be experienced 
as flexibility or as instability, depending on 
whether they are employee versus employer 
driven (Fugiel and Lambert 2019; Henly, Shae-
fer, and Waxman 2006).

The results suggest that advance notice is a 
salient aspect of job quality not only among 
hourly workers, but among salaried workers as 
well. The budding literature on advance notice 
has focused on the implications of schedule un-
predictability mostly among low-paid hourly 
workers (Henly and Lambert 2014; Schneider 
and Harknett 2016). Daniel Clawson and Naomi 
Gerstel’s recent examination of predictability 
in health-care settings, however, reminds us 
that it is not that unpredictability is unimport-
ant to higher-status workers but that they are 
better equipped to avoid it (2014). The results 
of this study confirm that the length of advance 
schedule notice is a marker of job quality in 
hourly jobs. Among hourly workers, less than 
a week’s notice is positively related to financial 
insecurity, when accompanied by a lack of in-
put into the timing of hours, and job insecurity, 
when accompanied by volatile hours. Our find-
ings also suggest that length of advance notice 
is a marker of the quality of salaried positions 
as well. Among salaried workers, a week or less 
of notice is positively associated with financial 
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insecurity when examined alone and in combi-
nation with work-hour volatility and lack of in-
put into both the number and timing of work 
hours.

The scheduling practices that undermine 
job quality can have consequences for commu-
nities and society. In this article, we explore the 
possibility that work schedules may be unset-
tling beyond their economic ramifications by 
undermining confidence in societal institu-
tions. Our findings suggest that experiencing 
shortfalls in weekly hours may help cement the 
growing distrust in key societal institutions ob-
served in the United States over several de-
cades. This finding raises the possibility that 
growing rates of involuntary part-time employ-
ment may exacerbate American’s distrust in in-
stitutions, and perhaps in one another. Such 
possibilities seem worthy of further investiga-
tion.

We remind readers that the observed asso-
ciations, and the lack thereof, come from ex-
ploratory analyses. Although in some analyses 
we are able to capitalize on the larger sample 
afforded by pooling multiple years of the GSS, 
these years included only a handful of ques-
tions on work schedules. The 2016 GSS pro-
vided data on a richer set of work scheduling 
practices, however the one-year sample limited 
statistical power. Moreover, the very nature of 
our dependent variables set the bar high in 
terms of identifying the ramifications of sched-
uling practices. The questions making up our 

index of financial insecurity capture workers’ 
assessment of overall economic well-being and 
standard of living, rather than the more tangi-
ble aspects of financial hardship that research 
suggests can occur when workers’ hours vary 
at the behest of their employer and with little 
time to adjust expenses or budgets (Morduch 
and Schneider 2017). Examining the relation-
ship between everyday scheduling practices 
and what seems a fairly distal outcome—con-
fidence in societal institutions—is similarly 
ambitious.

Even with these conceptually ambitious 
measures, the results provide evidence that 
scheduling practices that introduce instability 
and unpredictability into workers’ lives—vola-
tile work hours, little input into the timing  
and number of hours, and short advance no-
tice—undermine the quality of many American 
jobs. From a research standpoint, the findings 
attest to the merits of examining how different 
dimensions of work schedules, both funda-
mental and more nuanced aspects, operate in 
tandem to affect workers’ assessments of their 
lives and livelihoods. The widespread preva-
lence of work-hour volatility, short advance no-
tice, and limited input into the number and 
timing of hours—and the concentration of 
these among marginalized subgroups—sug-
gest the merits of further study of the con
ditions under which, and for whom, these 
scheduling practices heighten insecurity and 
distrust.
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ble workforce toward more flexible and eco-
nomically competitive employment practices 
(Benach et al. 2014; Bosch 2004; Kalleberg 2009; 
Weil 2014). Consequently, the number of work-
ers in permanent, full-time, regularly sched-
uled work with secure wages and benefits has 
declined; and concurrently, nonstandard ar-
rangements have increased (Howard 2016; 
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Rapid technological innovation, globalization 
processes, economic recessions, and demo-
graphic changes over the past several decades 
have caused a number of adaptive changes in 
the labor market, including the fundamental 
transformation of the nature and organization 
of work (Bosch 2004; Kalleberg 2009). Most no-
table is the shift away from maintaining a sta-
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Kalleberg 2000). In addition to the growth of 
atypical forms of employment, other dimen-
sions of work also became destandardized, in-
cluding working hours, opportunities for ad-
vancement, and worker-employer relations 
(Scott-Marshall and Tompa 2011). These 
changes have far-reaching consequences for 
the labor market experiences of millions of 
Americans; however, they have not been ade-
quately examined from a public health perspec-
tive and compel the need for a new understand-
ing of the elements of jobs that contribute to 
poor health (Peckham et al. 2017; Scott-Marshall 
and Tompa 2011; Tompa et al. 2007). This pau-
city of research reflects the typical exclusion of 
occupation as a primary social determinant of 
health (Ahonen et al. 2018), as well as lack of 
measures that adequately capture employment 
conditions. This study offers an initial explora-
tion of health consequences of different types 
of employment in the contemporary U.S. labor 
market as measured by a multidimensional 
construct of employment quality. Further, we 
explore potential mechanisms by which EQ af-
fects health.

We begin by clarifying important terms for 
interdisciplinary audiences. Although often 
used interchangeably, job, work, and employ-
ment have specific and distinct meanings in 
this article. Employment refers to the contrac-
tual relationship between the employer and 
employee, and this is our central focus. Work 
refers to what the worker does, and work quality 
concerns the nature of tasks and the physical 
and social environment in which the work oc-
curs. Jobs are a broader term capturing the 
combination of work and employment.

Jobs and He alth: Shif ting  
Focus from Work Qualit y to 
Employment Qualit y
The shifting nature of employment arrange-
ments and labor experiences has challenged 
the adequacy of traditional approaches to in-
vestigating the relationship between work and 
health. The vast majority of occupational 
health studies have focused on work quality. 
Traditional occupational health research has 
focused on physical hazards, such as exposure 
to chemical agents or dangerous and physically 
demanding tasks or environments. This line of 

research has made tremendous contributions 
to general public health; for example, the Inter-
national Agency for Research on Cancer, an 
agency within the World Health Organization, 
routinely evaluates occupational exposure as a 
basis for their human carcinogen designation. 
As economic activity in developed economies 
has moved away from industrial production 
and into service occupations, more attention 
has been directed at the psychological and so-
cial environment in the workplace. Since the 
early 1980s, job stress research has flourished, 
built on the fundamental premise that if the 
resources available to the worker are adequate 
for the demands in the workplace, then the 
health of the worker will be protected and en-
hanced; however, if the workplace demands 
overwhelm the worker’s resources, his or her 
health will be compromised (Karasek 1979). A 
significant body of literature has provided con-
vincing evidence that support this premise 
(Daniels, Tregaskis, and Seaton 2007; Siegrist 
et al. 2007). Both lines of occupational health 
research—one focusing on physical, chemical, 
and biological hazards and the other on psy-
chological and social work environment—as-
sume that health risks arise from work tasks 
and environments, and thus have paid little at-
tention to employment conditions.

In the EU over the last several decades, pol-
icy interest in improving the quality of jobs has 
been significant (Lisbon European Council 
2000). This has driven empirical and theoretical 
research to identify high- versus low-quality 
jobs. Although no ultimate consensus has been 
established as to how to measure job quality, 
researchers agree on the reality of a conceptual 
distinction between work quality (the nature of 
tasks and work environment) and employment 
quality (the relational and contractual aspects 
of the employer-employee relationship) (Hol-
man and McClelland 2011; Muñoz de Bustillo 
et al. 2009). Although workers experience both 
work quality and employment quality at the 
same time, by distinguishing the two, research-
ers can build on the large body of literature on 
work quality and health while clarifying the re-
lationship between work quality and employ-
ment quality that may influence health. The 
distinction will help identify policy directions 
for protecting the health of working people.
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Employment Qualit y as a 
Multidimensional Construct
To better understand health consequences of 
employment quality (EQ), we first need to rec-
ognize that the quality of employment is a mul-
tidimensional construct characterized by vari-
ous conditions of the employer-employee 
relations. Several scholars have proposed ways 
to conceptualize EQ as a multidimensional con-
struct (Holman and McClelland 2011; Muñoz 
de Bustillo et al. 2009). In this study, we build 
on a number of recent EU studies that have con-
ceptualized EQ with the following seven di-
mensions: employment stability, material re-
wards, workers’ rights and social protections, 
standardized working time arrangements, 
training and employability opportunities, col-
lective organization, and interpersonal power 
relations (Julià et al. 2017; Van Aerden et al. 
2014). These dimensions were drawn from a 
critical review of the employment quality lit-
erature with a specific focus on implications 
for worker well-being (Van Aerden et al. 2014), 
and thus together they capture various con-
tractual arrangements and employment prac-
tices that employees experience.

A second important consideration is that 
jobs represent packages or configurations of 
different work and employment features, and 
that health implications stem from particular 
patterns in these features. One way to opera-
tionalize this is a typological approach, which 
identifies patterns of employment characteris-
tics that holistically represent worker’s experi-
ence. Using the Standard Employment Rela-
tionship (SER)—permanent, full-time, regularly 
scheduled work with secure wages and bene-
fits—as a reference point, we can characterize 
the experience of EQ with differences in the pat-
tern of employment conditions across the 
seven EQ dimensions. For example, some jobs 
may offer a short-term contract, low pay, and 
too few hours; others may have too many work 
hours, high pay, and good benefits (Van Aerden 
et al. 2014). Although this is still a new ap-
proach, two European studies have reported 
significant association between EQ types and 
some general health indicators (Van Aerden, 
Gadeyne, and Vanroelen 2017; Van Aerden et al. 
2016).

The typological approach complements the 

more traditional variable-based approach, 
which focuses on individual aspects of EQ 
(such as employment stability, work schedule, 
pay) separately and identifies their indepen-
dent associations with health while assuming 
other aspects to be constant. Studies using  
the variable-based approach have linked non-
standard employment—usually measured as 
perceived job insecurity or nonpermanent con-
tract—to a variety of health outcomes, includ-
ing increased injury rates and injury severity, 
musculoskeletal symptoms, and poor physical 
and mental health (Benach et al. 2014; Kim et 
al. 2012; Quinlan, Mayhew, and Bohle 2001; Sil-
verstein et al. 1998). Poor health has been also 
associated with long working hours (O’Reilly 
and Rosato 2013; Virtanen et al. 2012), irregular 
and asocial work schedules (Jamal 2004; Mar-
tens et al. 1999), and mismatched preferences 
regarding working times (Wooden, Warren, and 
Drago 2009). Although they all suggest that 
components of EQ have potential health impli-
cations, being in disparate literatures and ad-
dressing only single aspects of EQ at a time, 
these findings have not formed a coherent ap-
proach for investigating health implications of 
the broader concept of EQ. Further, because 
poor employment conditions (for example, in-
stability, irregular shift, low pay) tend to cluster 
in the same job, the variable-based approach is 
limited in its ability to illuminate health impli-
cations of poor EQ for workers, who experience 
jobs as a package.

Employment Qualit y and He alth
A theoretical underpinning for EQ’s health con-
sequences is the fundamental cause theory of 
health (Link and Phelan 1995). It posits that 
money, knowledge, power, prestige, and social 
connections are personal resources that enable 
individuals to accumulate health advantages 
over time; hence the unequal access and distri-
bution of these personal resources are funda-
mental causes of health inequalities. Most 
studies that apply this theory have used educa-
tion as the proxy for the personal resources 
(see, for example, Masters, Link, and Phelan 
2015). Recently, Emily Ahonen and her col-
leagues argued that jobs, with their complexity 
in providing both health-enhancing and dam-
aging contexts throughout the adult life, influ-
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ence the access and distribution of personal 
resources and thus are a crucial component in 
the application of fundamental cause theory 
(2018). According to this theory, EQ may affect 
health by influencing individuals’ access to 
money, knowledge, power, prestige, and social 
connections, which in turn shape their ability 
to accumulate health advantages over time. In 
the context of EQ, we operationalize these per-
sonal resources with three specific pathways 
that lead from EQ to health: material depriva-
tion, stressors related to employment condi-
tions, and occupational risk factors (Julià et al. 
2017; Tompa et al. 2007).

The first pathway, material deprivation, in-
volves whether the employment condition pro-
vides a worker sufficient income as well as non-
wage material benefits (for example, health 
insurance, paid sick leave) to acquire necessi-
ties and health-enhancing goods. The associa-
tion between income and health is well docu-
mented (Fritzell, Nermo, and Lundberg 2004). 
The mechanism is not only through access to 
necessities and goods, but also though psycho-
social distress associated with deprivation such 
as low self-esteem (Gardner, Dyne, and Pierce 
2004); poor satisfaction with jobs (Faragher, 
Cass, and Cooper 2005; Leigh and De Vogli 
2016) and life in general (Cheung and Lucas 
2015); and difficulties in long-term life planning 
(Bosmans et al. 2016; Julià et al. 2017; Tompa et 
al. 2007).

The second pathway is through employment-
related stressors such as job insecurity and 
earning unfairness. If the employment contract 
is short term or hours fluctuate unexpectedly, 
workers will experience anxiety about keeping 
the job ( job insecurity) and less control over 
their professional and personal lives, which 
may hinder career development, create power-
lessness, and negatively affect family and other 
personal relationships. These effects are all as-
sociated with poor health (Clarke et al. 2007; 
Lewchuk, Clarke, and de Wolff 2008). Moreover, 
if two workers perform the same work tasks 
side by side but are paid differently because of 
their different employment conditions (for ex-
ample, a SER secretary and a clerical worker 
sent from a temp agency), the sense of unfair-
ness arises, which is also associated with poor 
health (Elovainio et al. 2010).

Finally, EQ may affect health through differ-
ential exposures to occupational risk factors. 
Even though work tasks are similar, workers 
under different employment conditions may be 
exposed to occupational hazards differently. 
SER workers, to whom the employer is commit-
ted long term, may receive thorough training, 
have opportunities to develop skills to perform 
tasks safely, and be able to change work pro-
cesses so that they are safe. The employers are 
likely to be motivated to keep SER jobs safer 
because SER employee turnover is expensive. 
For non-SER workers (for example, short-term, 
substitute, subcontractors), employers may not 
invest many resources in their safety. Because 
of the power relations represented in employ-
ment conditions, some non-SER workers may 
be reluctant to refuse hazardous tasks (Arons-
son 1999; Foley 2017; Quinlan, Mayhew, and 
Bohle 2001; Tompa et al. 2007). Besides occupa-
tional safety, job strain—a combination of high 
job demands and little control (Karasek 1979)—
and workplace social support are robust predic-
tors of health (de Lange et al. 2003; Thoits 2011). 
Employment conditions may influence the 
workers’ experience of both. Non-SER workers 
who are paid by the amount produced may have 
higher job demands than SER workers receiv-
ing hourly wages or salaries. Short-term con-
tracts may not allow non-SER workers to form 
supportive connections in the workplace. All 
three mechanisms are conceptually plausible, 
but to date little systematic investigation has 
been done as to their importance in the rela-
tionship between EQ and health.

The Current Study
Using data from the General Social Survey 
(2002–2014), we examine the association of EQ 
and three health indicators (self-rated health, 
mental health, and occupational injury) and 
explore three proposed mediating mechanisms 
(material deprivation, employment-related 
stressors, and occupational risk factors). Self-
rated health is an indicator of broad health sta-
tus (Idler and Benyamini 1997) and its signifi-
cant association with EQ was reported 
previously in EU data (Van Aerden, Gadeyne, 
and Vanroelen 2017; Van Aerden et al. 2016). 
Mental health—also associated with EQ (Van 
Aerden, Gadeyne, and Vanroelen 2017; Van 
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Aerden et al. 2016)—and occupational injury 
are more specific and contrasting health indi-
cators. For mental health, material deprivation 
and employment-related stressors would be 
more salient mediating mechanisms, whereas 
traditional occupational risk factors would be 
more salient for occupational injury. Because 
our data are self-reported and cross-sectional, 
it is important to have contrasting health indi-
cators so as not to capture completely spurious 
associations. Further, although the proposed 
mediating mechanisms are not competing hy-
potheses—rather, most likely all mechanisms 
are in effect simultaneously—the most salient 
mechanism may differ by the type of health 
consequence (for example, acute versus 
chronic) and by specific EQ features that dis-
tinguish a given employment condition from 
SER (for example, material rewards, employ-
ment stability, power relations). In this study, 
we investigate the linkages between EQ and 
health, as well as explore plausible mecha-
nisms deserving of future investigation in this 
emerging field.

Data and Methods
This study uses data from the General Social 
Survey (GSS). The GSS is a nationally represen-
tative, repeated cross-sectional survey of non-
institutionalized American adults conducted in 
face-to-face personal interviews by the National 
Opinion Research Center (Smith et al. 2013). In 
2002, 2006, 2010, and 2014, the GSS included a 
module on the Quality of Work Life (QWL), 
which assessed an assortment of employment 
conditions among employed GSS respondents. 
This module was developed in collaboration 
with the National Institute for Occupational 
Safety and Health and with advice from a panel 
of experts in organizational behavior, occupa-
tional safety and health, and human resource 
management. A total of 5,961 respondents, 
pooled across the four survey years, completed 
the QWL module and indicated that they were 
currently employed (either in full- or part-time 
work, or temporarily not working due to strike, 
vacation, or temporary illness). From this sam-

ple, exclusion criteria were applied at two 
stages of our analysis: first, prior to latent class 
analysis to determine EQ categories, and, sec-
ond, prior to regression analyses with health 
outcomes. All analyses are adjusted for survey 
sampling probabilities that account for num-
ber of adults in the household and nonre-
sponse. Year-specific response rates for the GSS 
were between 70.1 percent and 71.4 percent.

Construction of an Employment  
Quality Typology
The primary independent variable, a typology 
of EQ, was constructed by latent class analysis 
(LCA), which identifies mutually exclusive and 
exhaustive EQ types based on patterns of EQ 
indicator responses. In the GSS, we identified 
eleven indicators of EQ conditions that repre-
sent the seven dimensions of EQ described ear-
lier (see table A1).1 The conceptualization and 
choice of EQ indicators is based on an estab-
lished framework (Julià et al. 2017), and indica-
tors we used from the GSS are similar to prior 
studies of EQ in Europe (Van Aerden, Gadeyne, 
and Vanroelen 2017; Van Aerden et al. 2014, 
2015, 2016). LCA modeling in this study was 
conducted using the mixture modeling func-
tion with maximum likelihood (ML) estima-
tion, including sample weights provided by the 
GSS, in Mplus version 8 (Muthén and Muthén 
2010). Missing values were modeled with ML 
estimation assuming missing at random (Little 
and Rubin 2014).

In constructing EQ categories, we evaluate 
wage earning and self-employed worker popu-
lations separately: these employment arrange-
ments are fundamentally different such that we 
expect the meaning of some EQ indicators to 
be dissimilar across the two groups (for exam-
ple, mandatory overtime could be self-imposed 
for self-employed workers). Self-employment 
status was determined using the item “Are you 
self-employed or do you work for someone 
else?” Respondents with no information on 
self-employment were excluded (n = 5). We fur-
ther excluded respondents without informa-
tion for at least two EQ indicators (n = 23), re-

1. See the online appendix (https://www.rsfjournal.org/content/5/4/258/tab-supplemental) for tables A1 
through A8.

https://www.rsfjournal.org/content/5/4/9/tab-­supplemental
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taining as many respondents as possible that 
contributed EQ items for the LCA. The final 
sample included in LCA modeling was 5,933 
workers (n = 5,125 for wage earners, n = 808 for 
the self-employed).

Analyzing the wage earning and self-
employed groups separately, we increased the 
number of classes stepwise and then selected 
the best LCA models through a two-step proce-
dure that includes assessment of formal fit in-
dices and a substantive interpretation of EQ 
types. Three model-fit indices, Bayesian Infor-
mation Criteria, Akaike Information Criteria, 
and Vuong-Lo-Mendell-Rubin likelihood ratio 
test, indicate that the optimal solution within 
the wage earner sample was between four and 
seven EQ categories (see table A2). After taking 
into account the conceptual meaning of each 
measurement model by examining conditional 
response probabilities—that is, the within-
class distributions of each response category—
we chose a six-class model as the most mean-
ingful (see table A3). In the self-employed 
sample, both fit indices and substantive inter-
pretation indicated the two-category solution 
was best (see tables A2 and A4). Therefore, 
based on a combination of model fit and inter-
pretation, eight EQ categories are identified as 
the most stable and meaningful solutions, six 
employment types within wage earners and two 
within self-employed workers. Further, an eval-
uation of LCA output show a clear pattern of 
nonrandom distribution of category-specific 
item response probabilities. This suggests that 
each of the included indicators possess predic-
tive power for determining membership into 
the EQ types (Flaherty 2002)

We labeled the eight EQ types based on the 
probability of endorsing particular responses 
that distinguish one EQ type from another (see 
tables A3 and A4). These labels are meant to 
reflect the characteristic employment condi-
tions that together create the workers’ experi-
ence of employment in each of the EQ types 
(see table 1). In addition to the SER-like type, 
the portfolio and precarious job types identi-
fied in the GSS are similar to those seen in prior 
studies of the EU labor market, and thus these 
labels are adopted in this article (Van Aerden, 
Gadeyne, and Vanroelen 2017).

Health Indicators
Given the multitude of potential manifesta-
tions of poor health associated with low-quality 
employment (Benach et al. 2014; Kim et al. 
2012), and our expectation that the health con-
sequences and mechanisms of EQ may vary 
depending on the patterns of employment con-
ditions one is exposed to, we explore the rela-
tionship between EQ and three broad indica-
tors of health. First, we examine self-rated 
health (SRH), measured by the standard ques-
tion: “In general, would you say your health is 
excellent, very good, good, fair or poor? (fair/
poor = 1, good/very good/excellent = 0).” The 
SRH measure has strong predictive validity of 
mortality and morbidity (DeSalvo et al. 2006; 
Idler and Benyamini 1997; Singh-Manoux et al. 
2007). Second, we assess frequent mental dis-
tress (FMD), measured using the general men-
tal health item from the Centers for Disease 
Control and Prevention (CDC) four-item health-
related quality of life index (HRQOL-4): “Now, 
thinking about your mental health, which in-
cludes stress, depression, and problems with 
emotions, for how many days during the past 
thirty was your mental health not good?” FMD 
is defined as fourteen or more mentally un-
healthy days and is commonly used as a proxy 
for poor mental health in population health 
surveillance (Brown et al. 2003; CDC 1998, 2000, 
2004). Last, we examine work-related injury. 
The number of injuries a respondent has expe-
rienced at work are assessed with the following 
question: “In the past twelve months, how 
many times have you been injured on the job?” 
The injury measure includes a count of injuries 
from zero to six and seven or more.

Measures of Sociodemographic 
Characteristics
We adjust health outcomes models for five so-
ciodemographic characteristics. Demographic 
variables included are sex (male, female), race-
ethnicity (non-Hispanic white, non-Hispanic 
African American, Hispanic, other), nativity 
(born in the United States, born outside the 
United States), and age. Age is trichotomized 
into three groups corresponding with three 
meaningful periods in a working career: lift-off 
(younger than thirty), a mid-career period 
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Table 1. Characteristics of Employment Quality Types Identified in the United States

Wage-Earner  
Types

Proportion of 
Overall Workforce

SER-like Most similar to the Standard Employment Relationship (SER). 
These jobs have a very high probability of permanent, regular 
arrangement, full-time hours, adequate wages, working during 
the day shift, and have adequate information or equipment to 
complete work. Further, they have low probability of negative 
EQ conditions, such as excessive work hours, workplace 
harassment, or a lack of opportunity to develop.

22.2

Portfolio Very high stability, pay, schedule control, opportunity, and 
strong power relations, but with long hours. Relative to all 
other types, these jobs have the highest probability of a 
permanent arrangement, high income, schedule control, 
employee involvement, and development opportunity, and low 
probabilities of experiencing harassment. These jobs also 
have a high probability of long work hours.

14.9

Inflexible skilled Highly paid and involved class of workers, but with long and 
excessive work hours and little control over schedule. These 
jobs have high probability of high wages, opportunity to 
develop, union representation, and involvement in decision-
making, but also high probability of irregular shifts, low 
schedule control, workplace harassment, long and mandatory 
extra working hours.

15.3

Dead-end Stable, standard, full-time working arrangements with 
adequate wages, but with low opportunity and poor 
interpersonal and collective power relations. These jobs are 
mostly permanent, regular arrangements with middle-to-high 
wages, but with long and excessive work hours. However, 
these jobs are distinguished by having very low levels of 
development opportunity, schedule control, and employee 
involvement. They lack adequate information or equipment to 
perform job, and experience high workplace harassment. 
Counterintuitively, these jobs also have the highest union 
representation.

12.0

Precarious Nonstandard working arrangements, low wages, lack of 
opportunity, and poor interpersonal and collective power 
relations. Compared to other wage-earner job types, these 
jobs have a high probability of nonpermanent working 
arrangements, low wages, part-time hours, and irregular 
shifts. Further, these jobs have low development opportunity, 
schedule control, union representation, and employee 
involvement, and experience high workplace harassment.

11.5

Optimistic  
precarious

Non-standard arrangements with low wages, but opportunity to 
develop and strong interpersonal power relations. These jobs 
are mostly similar to precarious job type, but distinguishing 
features are low probability of full-time hours and high levels 
of schedule control, employee involvement, and development 
opportunity. They also have lower experience of harassment at 
work.

10.5
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(thirty to fifty), and the end-of-career period 
(fifty-one and older) (Vanroelen et al. 2010). Ed-
ucational attainment is included as less than 
high school, high school, associate degree, 
bachelor’s degree, and graduate degree. In this 
study, these variables are hypothesized to con-
found the EQ-health association: each predict 
labor market position and are associated with 
physical and mental health status.

Measures of Potential Mediating Factors
We use the rich information on employment 
conditions available within the QWL to exam-
ine potential mediating mechanisms in the EQ-
health association. To examine the first path-
way, material deprivation, we use inadequate 
income, “Do you feel that the income from your 
job alone is enough to meet your family’s usual 
monthly expenses and bills” (no = 1, yes = 0) 
and inadequate fringe benefits, “My fringe ben-
efits are good” (not too or not at all true = 1, very 
or somewhat true = 0). Second, we assess two 
indicators of an employment-related stressors 
pathway: job insecurity and earnings unfair-
ness. Perceived job security is measured as de-
gree of agreement with the statement “The job 
security is good” (not too or not at all true = 1, 
very or somewhat true = 0). Unfairness of earn-

ings is measured with the question “How fair 
is what you earn on your job in comparison to 
others doing the same type of work you do” 
(much less than deserved = 1, somewhat less, 
about as much, somewhat more, or much more 
= 0). This is a distinct construct from inade-
quate income, though the two may be corre-
lated, because the earning fairness is asked as 
social comparison whereas inadequate income 
was asked as a comparison with one’s needs. 
The third pathway, traditional occupational risk 
factors, is represented with three variables: job 
strain, high physical exposure, and low social 
support. Job strain was constructed from three 
items on job control (learn new things, variety, 
allows own decisions) and three items on job 
demands (work fast, enough time, no excessive 
work) all from the Job Content Questionnaire, 
specifically designed for job strain (Karasek et 
al. 1998). Each set of items were summed, split 
at the sample median score, and made into a 
quadrant: low-strain jobs (low demand and 
high control), high-strain jobs (high demand 
and low control), active jobs (high demand and 
high control), and passive jobs (low demand 
and low control) (Karasek et al. 1998). A dichot-
omized measure of high physical exposures 
combines two items asking whether a respon-

Skilled contractor High wages, opportunity to develop, and strong interpersonal 
power relations, but with nonstandard working arrangements 
and long and excessive hours. These jobs are mostly 
nonpermanent arrangements with long and excessive hours, 
and relatively high probability of irregular work times. These 
jobs also have high levels of schedule control, decision-
making involvement, and development opportunity, 
accompanied by low levels of workplace harassment.

5.3

Job-to-job Highly nonstandardized working arrangements with low 
income, but with opportunity to develop and strong 
interpersonal power relations. These jobs are predominately 
nonpermanent arrangements, with low income, few hours, and 
low union representation. The jobs also have high schedule 
control and opportunity to develop, and low harassment 
experience.

8.3

Source: Authors’ compilation based on General Social Survey (Smith et al. 2013).
Note: For additional information on EQ types, see tables A3 and A4. 

Table 1. (continued)

Self-Employed  
Types

Proportion of 
Overall Workforce
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dent’s job regularly requires forceful hand 
movements or awkward positions and repeated 
lifting, pushing, pulling, or bending (both pres-
ent = 1, one or neither present = 0). The third 
occupational risk factor mediator is low levels 
of social support, which is commonly studied 
alongside job strain as a factor that moderates 
negative impacts of job strain (de Lange et al. 
2003). This measure is constructed by combin-
ing four items: two measures of coworker sup-
port (such as “The people I work with take a 
personal interest in me”) and two measures of 
supervisor support (such as “My supervisor is 
helpful to me in getting the job done”). The so-
cial support variable is dichotomized such that 
high support is coded as a minimum average 
response of somewhat true or better, and is oth-
erwise coded as low support.

Statistical Analysis
In the GSS sample of wage earners and self-
employed workers, relatively little data are 
missing in each variable included in regression 
analyses: only earnings unfairness (3.1 percent) 
and workplace social support (5.6 percent) vari-
ables had more than 2 percent missing. Be-
cause we did not have a theoretical basis for 
imputing these values from available GSS data, 
respondents who did not provide information 
on earnings fairness or social support were ex-
cluded from the analysis. Those who had miss-
ing data on other variables—that is, in order 
of most to least missing data (all less than 2 
percent): job strain, benefits adequacy, job se-
curity, income adequacy, FMD, physical haz-
ards exposure, occupational injury, SRH, and 
age—were also excluded. Due to the large num-
ber of variables and a high degree of non-
overlapping missingness, the exclusion steps 
reduced the total weighted sample by 9.5 per-
cent (n = 5,480). The final sample characteris-
tics are presented in table 2. Respondents re-
moved from the analysis were older, more 
likely to be born outside the United States, and 
reported less FMD than the analysis sample 
(see table A5). The proportion of removed re-
spondents also varied by survey year; in addi-
tion to general concerns of secular trends, this 
provided further rationale for adjusting all re-
gression models for year to account for poten-
tial survey effects.

To examine the relationship between EQ 
and health, as well as potential mediators of 
this relationship, we use Poisson regression 
with a robust error variance. The robust Pois-
son approach provides efficient and reliable 
estimates of a ratio measure of effect when the 
outcome measure is common and odds ratios 
overestimate risk (Coutinho, Scazufca, and 
Menezes 2008; Zou 2004). Model parameters 
are exponentiated to the ratio scale for presen-
tation. For binary outcomes (SRH and FMD), 
the results of the robust Poisson are inter-
preted as prevalence ratios; for count data (in-
juries in last year), coefficients represent rate 
ratios. We conducted all regression analyses in 
r (Version 1.1.423) using the glm2 package 
(Marschner 2011); all data are included in the 
models with GSS survey sample weights, and 
robust 95 percent confidence intervals are cal-
culated from Huber-White standard error esti-
mates determined by the sandwich r package 
(Zeileis 2004).

The EQ typology is introduced into the anal-
yses as each respondent’s estimated probability 
of membership into the eight job types. Esti-
mates from the wage earner and self-employed 
LCA models are combined so that each respon-
dent is assigned eight scores between 0 and 1, 
which add to 1 (self-employed workers have 
zero probability of membership in the six EQ 
types identified in wage earners, and vice 
versa). This approach reduces classification er-
rors relative to modal assignment (classifica-
tion into a single, most likely class), as the la-
tent class probabilities inherently include 
information regarding the uncertainty of clas-
sifying individuals to a specific category (Hage-
naars and McCutcheon 2002).

Evaluating each health indicator separately, 
we build a sequence of regression models: a 
basic model with EQ and survey year only, a 
model additionally controlled for demograph-
ics (age, sex, race-ethnicity, and nativity), and 
a model that additionally controls for educa-
tion. The SER-like job type is used as the refer-
ence category for all analyses. Thus, the effect 
estimates describe the ratio of outcome occur-
rence with 100 percent probability of belonging 
to a particular EQ type compared with the out-
come occurrence with 100 percent probability 
of belonging to the SER-like job type (Van 
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Aerden, Gadeyne, and Vanroelen 2017; Van 
Aerden et al. 2016).

To examine the three mediating mecha-
nisms, we followed the mediation test princi-
ples recommended by Reuben Baron and David 
Kenny (1986). That is, we first establish the as-
sociation between EQ and all of the mediating 
variables (having examined the EQ-health as-
sociation in our primary analysis), and then 
continue our nested regression analyses: a 
model with each of the three sets of mediating 

variables, and a model with all mediation vari-
ables. Log-likelihood ratio tests are conducted 
to assess the overall significance of EQ as well 
as model improvements as we include addi-
tional variables. Evidence for mediation is iden-
tified when EQ coefficients have a smaller mag-
nitude or less statistically significant 
relationship with the health outcomes when 
mediator variables were introduced relative to 
the regression equation in which mediator vari-
ables were not introduced.

Table 2. Characteristics of Sample Used in Regression Analysis (Weighted)

Characteristic Level
Frequency  
(Percent)

n 5,480
Survey year 2002 	 1,659	 (30)

2006 	 1,579	 (29)
2010 	 1,075	 (20)
2014 	 1,166	 (21)

Sociodemographic  
characteristics

Age Thirty or younger 	 1,342	 (24)
Thirty-one to fifty 	 2,621	 (48)
Fifty-one and older 	 1,518	 (28)

Sex Male 	 2,695	 (49)
Female 	 2,785	 (51)

Race-ethnicity White 	 3,889	 (71)
Black 	 728	 (13)
Other 	 233	 ( 4)
Hispanic 	 630	 (11)

Nativity U.S. born 	 4,811	 (88)
Not U.S. born 	 669	 (12)

Highest degree Less than high school 	 491	 ( 9)
High school 	 2,824	 (52)
Junior college 	 516	 ( 9)
Bachelor 	 1,083	 (20)
Graduate 	 566	 (10)

Health indicators
Self-reported health (SRH) Good 	 4,755	 (87)

Poor 	 725	 (13)
Frequent mental distress (FMD) Absent 	 4,924	 (90)

Present 	 556	 (10)
Work-related injuries in past year 0 	 4,882	 (89)

1 	 382	 ( 7)
2 	 99	 ( 2)

  3 or more 	 116	 ( 2)

Source: Authors’ compilation based on General Social Survey (Smith et al. 2013).
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Results 
In summarizing our findings, we first detail the 
relationship between EQ and our three health 
outcomes, including self-reported health, fre-
quent mental distress, and work injury. Next, 
we describe associations between EQ and indi-
cators of material deprivation, employment-
related stressors, and occupational risk factors, 
operationalized here as potential mediating 
mechanisms of the EQ-health relationship. Fi-
nally, we report on exploratory analyses exam-
ining if the associations between EQ and health 
outcomes are explained by the proposed me-
diators.

Association Between EQ and  
Three Health Indicators
EQ and the three health indicators were sig-
nificantly associated in the basic model (that 
is, adjusted for survey year only), and addi-
tional adjustments for age, sex, race-ethnicity, 
nativity, and education did not substantively 
affect the associations (see tables A6 through 
A8). The associations of EQ with SRH, FMD, and 
work injury, adjusted for these demographic 
characteristics, are presented as model 1 in ta-
bles 3, 4, and 5, respectively. Compared with 
SER-like jobs, portfolio job holders were less 
likely to report poor SRH. Inflexible skilled job 
holders reported worse FMD and more work 
injuries. Dead-end and precarious job holders 
were more likely to report poor SRH, poor FMD, 
and more injuries. In contrast, optimistic pre-
carious job holders were not different from SER 
in any of the health indicators. The two types 
of self-employed jobs did not differ from SER-
like in SRH, but respondents in both skilled 
contractor and job-to-job types reported more 
injuries, and those from the job-to-job type also 
reported worse mental health.

Association Between EQ and  
Proposed Mediating Variables
Before presenting mediation results, we first 
examine the associations of EQ types and pro-
posed mediating variables (see table 6). All 
these variables are coded in the direction of 
health compromising. Portfolio job holders 
had lower levels of material deprivation and tra-
ditional occupational hazards than SER-like job 
holders, and did not differ significantly on 

employment-related stressors. Self-employed 
skilled contractors had a similar profile to port-
folio job holders but were more similar to SER-
like job holders in fringe benefits and social 
support. One difference is the higher exposure 
to physical hazards among skilled contractors 
than the SER-like type. Inflexible skilled job 
holders are similar to skilled contractors but 
are more likely to perceive unfairness in earn-
ings compared with SER. Dead-end, precarious, 
and job-to-job types are similar in that they 
have higher levels of material deprivation, 
employment-related stressors, and occupa-
tional risk factors relative to SER-like jobs. Op-
timistic precarious jobs are distinct from any 
other EQ types in that despite high levels of 
material deprivation and job insecurity, they 
are similar to SER-like jobs in terms of fair earn-
ing and occupational risk factors. Taken to-
gether, the different patterns of associations 
between EQ types and mediating variables gen-
erally suggest health-protecting features in 
portfolio and skilled contractor jobs; health-
damaging features in dead-end, precarious, 
job-to-job, and optimistic precarious jobs; and 
a complex combination of each for inflexible 
skilled jobs.

Exploration of Potential  
Mediating Mechanisms 
The results of regression models that include 
the mediating variables are presented in ta-
bles 3 through 5. When included in the EQ-
SRH models, the material deprivation vari-
ables are associated with higher likelihood of 
reporting poor SRH, inadequate fringe bene-
fits having a more robust association (see table 
3, model 2). Inclusion of material deprivation 
variables resulted in slightly attenuated asso-
ciations in some EQ types. In particular, our 
results suggest that dead-end and precarious 
jobs’ higher likelihood of reporting poor SRH, 
as well as portfolio jobs’ lower likelihood, may 
be explained by different levels of material de-
privation experienced by those job holders. 
Employment-related stressors were strongly as-
sociated with poor SRH (model 3). When these 
mediators were included, associations for dead-
end and precarious jobs were attenuated. Tra-
ditional occupational risk factors were also 
strongly associated with poor SRH (model 4), 

(Text continues on p. 273.)
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and when these were included, associations for 
dead-end and precarious jobs were again atten-
uated. This suggests that both employment-
related stressors and occupational risk factors 
may also explain the significant associations of 
EQ with SRH in dead-end and precarious job 
types. Finally, model 5, in which all mediating 
variables are included, shows large attenuation 
of all EQ associations. The association between 
EQ as a whole and SRH is also slightly dimin-
ished (that is, the p-value for the log-likelihood 
ratio test for EQ changed from <.001 to .049). 
Some mediators also show diminished associ-
ations with poor SRH, which indicates they are 
likely correlated with each other. Models with 
mediator variables are all significantly better at 
explaining the outcome variance than model 1.

Results for poor mental health (FMD) are 
shown in table 4, models 2 through 5. The ma-
terial deprivation model (model 2) shows some 
attenuation in EQ coefficients from model 1 
and the most pronounced attenuation in the 
precarious type. In the employment-related 
stressor model (model 3) and particularly the 
occupational risk factor model (model 4), we 
see attenuation of EQ coefficients for inflexible 
skilled, dead-end, and precarious types. Nota-
bly, precarious and job-to-job types consis-
tently show higher likelihood of reporting poor 
mental health when individual sets of media-
tors are included. However, when all mediators 
are included in the model (model 5), all coeffi-
cients for EQ types reduced their magnitude 
from model 1, and EQ as a whole is no longer 
significantly associated with FMD (p = 0.285). 
Together with the observation that the media-
tors had strong and significant associations 
with FMD in expected directions in all models, 
model 5 finding suggests that these mediating 
variables may play an important role in the EQ-
mental health association.

Table 5, models 2 through 5 present poten-
tial mediation in the EQ association with occu-
pational injuries. In general, EQ’s association 
with occupational injuries did not change as 
much as it did with other outcomes when me-
diator variables were included in the model. 
Also the mediator variables are not as strongly 
associated with this outcome, aside from phys-
ical hazards exposure and low social support 
(components of occupational risk factors). The 

most striking difference from model 1 can be 
seen in model 4, in which traditional occupa-
tional risk factors were included as mediators. 
The coefficients for inflexible skilled, dead-end, 
and precarious jobs—the highest likelihoods 
of reporting occupational injuries in model 1—
diminished drastically in model 4, and more 
modest attenuation was seen for skilled con-
tractors and job-to-job. When all mediators 
were included (model 5), EQ’s association with 
occupational injury was similar to what we saw 
in model 4. Inflexible skilled jobs and dead-end 
jobs constantly had significantly higher likeli-
hoods of reporting injuries compared with SER-
like jobs, suggesting some other mechanisms 
are in effect.

Discussion
In this study, we examine the association be-
tween EQ and three indicators of health: gen-
eral health, mental health, and occupational 
injury. Overall, we find significant associations 
between some EQ types and each of the three 
health indicators when compared with SER-like 
jobs after adjusting for sociodemographic char-
acteristics. This study is part of a growing trend 
within occupational health research to expand 
its framework to consider the relational and 
contractual aspects of employment that affect 
health. A primary strength of this analysis is 
that EQ is measured using a multidimensional, 
typological approach, such that the EQ-health 
associations we find reflect health implications 
of employment as a package, rather than each 
aspect of employment. Another contribution 
of this study is an initial exploration of three 
possible mediating mechanisms between EQ 
and health, with these data generally support-
ing their plausibility.

EQ Types and Health
The eight EQ types in our study had distinct 
associations with health. As expected, dead-end 
and precarious job holders had consistently 
higher likelihoods of reporting poor general 
and mental health as well as occupational in-
jury. These EQ types are characterized by an 
accumulation of several unfavorable employ-
ment conditions, including high workplace ha-
rassment and low opportunity to develop, con-
trol over schedule, and employee involvement 
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(see table A3). Also, dead-end and precarious 
job holders were similar in their experience of 
three mediating mechanisms: high levels of 
material deprivation, employment-related 
stressors, and occupational risk factors. Yet 
these two job types differed across several di-
mensions of EQ, including indicators of stabil-
ity, material rewards, working time arrange-
ments, and collective organization. To protect 
the health of workers in these EQ types, we need 
to investigate more purposefully the specific 
combination of employment conditions and 
work quality they experience as a package.

Likewise, inflexible skilled job holders and 
job-to-job workers also had worse mental 
health and injury experience than SER-like job 
holders. The two, however, represent clearly 
distinct combinations of EQ conditions: inflex-
ible skilled jobs resemble stable, relatively well-
paid employment but with excessive and inflex-
ible hours; job-to-job workers experience a 
highly nonstandard employment arrangement 
with low pay and relatively low hours. They also 
starkly differ in their experience of the mediat-
ing mechanisms: inflexible skilled workers re-
ported similar profile with SER-like workers ex-
cept for higher physical hazards and unfair 
earnings; job-to-job workers reported all unfa-
vorable experiences except for job strain. These 
differences, both in EQ characteristics and pro-
posed mediating mechanisms, suggest that 
their poor health is a manifestation of distinct 
combinations of employment and working 
conditions that may warrant different ap-
proaches for intervention.

Unlike Karen Van Aerden and her colleagues 
(2016), who report high health risks for portfo-
lio jobs from EU data, in our data portfolio jobs 
were generally not different from SER in terms 
of health. The U.S. portfolio jobs we identified 
are similar to European—characterized by gen-
erally the most favorable employment condi-
tions—with one exception: the U.S. portfolio 
job holders did not suffer from mandatory ex-
tra days of work, whereas a defining feature of 
the EU portfolio jobs was uncompensated ex-
ceptional working times (Van Aerden et al. 
2016). Portfolio job holders in our study re-
ported a higher sense of material resource ad-
equacy, fairness in their earnings and security 
in their jobs, and lower levels of occupational 

hazard exposures than SER-like. In European 
contexts, these relationships may be different.

Somewhat unexpectedly, optimistic precari-
ous job holders did not differ from SER-like job 
holders on any of the three health indicators. 
This EQ type is characterized as very destan-
dardized: that is, having the lowest hours, very 
low income, and highest probabilities of both 
irregular hours and nonpermanent arrange-
ments within wage earners. Likewise, these job 
holders report higher levels of material re-
source inadequacy and job insecurity. Yet, these 
jobs also have an overall profile that includes 
several favorable EQ conditions, including rel-
atively high schedule control, development op-
portunity, and employee involvement in deci-
sion making, suggesting the possibility that 
these workers are opting in to these types of 
jobs. Indeed, despite low pay and feelings of 
inadequate income, their sense of earnings un-
fairness is not different from SER-like job hold-
ers. This would generally comport with a recent 
study of Italian workers that found workers in 
nonstandard employment arrangements are a 
heterogeneous group and that voluntariness 
into these jobs was relevant to health status (Pi-
rani 2017). Our finding of similar health to SER-
like jobs suggests these workers may have other 
sources of health-protecting resources.

The two classes identified among the self-
employed are quite different from each other. 
Skilled contractors resemble a highly paid, in-
dependent workforce, similar to portfolio job 
holders but engaged in jobs with time-specific 
contracts. Job-to-job workers have low pay and 
hours, with little involvement, and generally 
seem to have the weakest attachment to the la-
bor market—although the extent to which this 
is by choice is uncertain, as they also possess 
flexibility and development opportunities. In 
occupational safety and health studies, self-
employment has been understudied (Stephan 
and Roesler 2010), and if it is addressed, the 
heterogeneity among the self-employed has 
been neglected. Our findings indicate that 
there may be important differences among 
working people who self-identify as self-
employed. Our study finds job-to-job workers 
to report poor mental health and yet the pro-
posed mediators do not seem to explain the re-
lationship. Because our sample sizes for the 
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self-employed workers were limited (n ~800), 
these intriguing results need additional explo-
ration with specific focus on self-employment.

The Value of a Multidimensional, Typological 
Approach and Policy Implications
In conceptualizing EQ as a multidimensional 
construct, we believe that we are better able to 
capture key dimensions of workers’ employ-
ment experience that affect health and well-
being. This approach also has potential to in-
form policymakers to enhance worker health 
through improved job quality. It is important 
to highlight that researchers in sociology, eco-
nomics, and public health have struggled to 
conceptualize and measure EQ. Some research-
ers have focused too narrowly, especially on 
single dimensions such as employment ar-
rangement or wages; others have attempted to 
include more nuance in their conception of 
poor- or low-quality jobs, only to find these con-
ceptions quickly become too difficult to use in 
empirical analysis of actual working popula-
tions. A widely studied such concept is precar-
ious employment, which can be defined gener-
ally as an accumulation of many unfavorable 
employment features (Julià et al. 2017). Deeply 
rooted in the tradition of sociological and labor 
relations literatures (Arnold and Bongiovi 2013; 
Kalleberg and Hewison 2013), the concept of 
precarious employment has been applied 
across analytical levels (for example, precarious 
employment, precarious work, precarious 
workers as a social class) and tends to have dif-
ferent meanings in different contexts (Burchell 
et al. 2014; Campbell and Price 2016). The de-
velopment of specific scales to measure precar-
ity is an active area of research (Lewchuk et al. 
2014; Vives et al. 2015); however, even these ap-
proaches assess employment conditions using 
an aggregate scale ranging from low to high 
rather than something more dynamic. The LCA 
approach we used allows for conceiving of jobs 
as packages of employment features, and thus 
facilitates the conceptualization that health 
consequences of EQ will depend on specific 
patterns of features to which one is exposed.

The advantage of a typological approach, 
relative to dimensional approaches (that is, fo-
cusing on aspects of EQ separately), is its em-
phasis on the structure and distribution of si-

multaneously occurring employment 
conditions (Bergman and Magnusson 1997). In 
other words, a typological approach can iden-
tify profiles of risks for various segments of  
the labor force, which can be useful for policy-
makers to develop comprehensive interven-
tions (Vanroelen et al. 2010). Dimensional ap-
proaches investigate specific features of em-
ployment conditions while assuming that all 
other aspects are constant. Thus, although po-
tentially useful in identifying risk factors, re-
sulting findings would suggest that policymak-
ers effect narrowly focused interventions. Such 
interventions may improve job quality for some 
but may have no impact on others—or possibly 
even produce worse conditions for others. For 
example, based on research showing correla-
tion between long work hours and poor health, 
one might propose limiting working hours to 
improve health. However, to cover the excess 
hours previously worked by permanent full-
time employees, employers may create part-
time jobs with unpredictable and inadequate 
hours. A typological approach would encourage 
policymakers to address unpredictable and in-
adequate hours, as well as inadequate pay, as a 
package. We believe that our approach is mean-
ingful because it addresses a general picture of 
current U.S. labor market practice and the ho-
listic experiences of American workers engaged 
in different types of employment.

The quality of one’s employment is modifi-
able through both policy levers and employer-
driven workplace modifications. Overall, our 
findings suggest that if EQ conditions could be 
modified to resemble more closely the standard 
model of employment, many workers might ex-
perience better health. One example of an am-
bitious policy agenda can be found in the EU’s 
attempt to secure “more and better jobs” (Lis-
bon European Council 2000). As our explora-
tion of mediating mechanisms suggests, the 
health-enhancing process may be through ad-
equate material resources, fair earnings and job 
security, and lower exposures to occupational 
risk factors. If they are indeed mediating the 
EQ-health relationship, then changing these 
conditions may also help protect the health of 
working people. More generally, workplace pol-
icies can effectively redistribute resources to 
reduce inequality (for example, secure schedul-
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ing redistributes power from employers to 
workers) and can benefit all workers regardless 
of their personal resources or behaviors. Al-
though employment conditions have received 
less attention than other aspects of socioeco-
nomic position, such as education and income, 
the modifiable nature of employment makes it 
a critical determinant of health deserving of 
further consideration in both research and pol-
icy realms. Further, by specifically delineating 
between concepts of employment quality ver-
sus work quality, the EQ concept can be used 
to supplement and complement policy efforts 
to improve job quality as a whole.

Limitations of This Study and Future 
Research Directions
A major limitation of this study is its reliance 
on self-reported cross-sectional data. The cross-
sectional nature of the GSS data means that 
reverse causation—that is, poor health contrib-
utes to selection into jobs with poor employ-
ment conditions—cannot be ruled out as a pos-
sible explanation. In terms of self-reported 
measures, it would be ideal to obtain EQ indi-
cators directly from employment records to 
overcome some of the inherent bias in self-
reported data. Additionally, better (that is, 
more objective) measures of health outcomes 
would eliminate some of the bias found in 
these metrics. In particular, we found stronger 
mediation in associations between EQ and 
poor mental health, which may be inflated be-
cause these are especially sensitive to the per-
son’s mental state at the time of data collection; 
for example, a worker in a poor mental health 
state may be more likely to perceive their EQ 
conditions as negative or poor than another 
worker in a better state of mental health (Con-
way and Lance 2010). Another limitation in this 
study is unmeasured confounding. For in-
stance, unobserved factors such as early-life 
health, social support outside of the job, or lo-
cal economic and policy contexts may con-
found the EQ-health association, potentially 
biasing effect estimates. However, the patterns 
of associations across health indicators give us 
some confidence that the observed associa-
tions are not artificial.

Another data-related limitation is the exclu-
sion of a sizable portion (9.5 percent) of the 

overall GSS QWL sample in our regression anal-
yses due to missing information. The majority 
of missingness occurred in covariates associ-
ated with our hypothesized mediation mecha-
nisms; therefore, it is possible (but not likely) 
that if missing information on these variables 
is associated with other confounding charac-
teristics, it could bias our results. As a crude 
sensitivity analysis, we repeated all regression 
models excluding only those with missing data 
required for the specific model; these exclu-
sions showed no effect on our findings.

As for measure of EQ typology, EQ indica-
tors included here are limited to those avail-
able within GSS data; in particular, detailed 
information on nonwage benefits, workers’ 
rights, and employability opportunities are 
lacking. Yet the GSS QWL module is among the 
richest individual-level data pertinent to EQ 
characteristics and health, and allows for an 
initial exploration of this construct in the 
United States. Further, we do not believe that 
having more indicators related to certain EQ 
dimensions is a problem for our LCA-based ap-
proach. This is primarily because each indica-
tor represents a distinct aspect of the EQ con-
struct. For instance, number of hours worked, 
when one works, and how much schedule flex-
ibility one has each represent different facets 
of working time arrangements and power dy-
namics. Indeed, we find little evidence that EQ 
indicators are strongly correlated with each 
other, based on several statistical tests we con-
ducted for association of categorical variables. 
In other words, rather than risking “over-
weighting” certain EQ dimensions, our LCA 
approach is able to identify heterogeneity 
within the diverse range of employment con-
figurations seen among U.S. workers. Never-
theless, surveys need to better characterize 
both EQ and the health consequences of dif-
ferent occupational settings. The National 
Academy of Sciences recently called for im-
proved surveillance of work-related exposures 
and health, including methods to include 
workers in nonstandard employment arrange-
ments and other under-represented working 
groups (2018).

The mediation analysis we present is ex-
ploratory. Here we attempt to lay out our con-
ceptual understanding of how EQ affects 
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health, which has been rarely explored in the 
public health literature. In our study, EQ was 
associated with all of the variables represent-
ing proposed mediating mechanisms. When 
the mediators were included in the models, 
most had significant associations with the out-
come variable in expected directions, and most 
EQ-health associations were attenuated. This 
supports that the hypothesized mediating pro-
cesses linking EQ and health are plausible, and 
each mediation mechanism suggests a poten-
tial avenue for intervention. However, before 
concrete recommendations can be formed, 
more rigorous investigation with stronger 
study design must be pursued. Although we 
posit a strong conceptual rationale that EQ is 
antecedent to the evaluated mediators (for ex-
ample, job insecurity, workplace social sup-
port, and the like would arise from one’s cur-
rent job rather than contributing to selection 
into that job), the GSS data do not provide de-
finitive empirical support. Thus, these results 
should be seen as suggestive evidence that the 
mechanisms proposed are useful. As this area 
of research continues to develop, we anticipate 
more suitable longitudinal data will become 
available for investigating the mediation ques-
tions of interest.

Despite these limitations, to our knowledge, 
this is the first study to rigorously evaluate a 
multidimensional construct of EQ to examine 
associations with employee health in the U.S. 
context. Although some studies have started to 
report multidimensional EQ and health rela-
tionships, they have been mostly restricted to 
Europe. The generalizability of European re-
search to the U.S. context may be limited be-
cause of vast differences between the respective 
labor laws and regulation as well as social safety 
nets. These differences are reflected in the com-
mon finding that social class-based health dis-
parities in Europe are less severe relative to 
those in the United States (Avendano et al. 2009; 
Avendano and Kawachi 2014). Fundamental 
causes theory suggests that the process of ac-
cumulating health advantages based on per-
sonal resources (that is, money, knowledge, 
power, prestige, and social ties) is firmly em-
bedded in the dynamics of a given society (Mas-
ters, Link, and Phelan 2015). Because employ-
ment quality is likely to be an important part 

of this process, for EQ research to be useful in 
making changes, it needs to be embedded in 
the national context.

Conclusion
The changing labor market has created new 
forms of employment that health researchers 
are not yet well equipped to investigate. Yet a 
long history of occupational health research 
makes us suspect certain combinations of em-
ployment features may contribute both to poor 
health of workers and to widening health in-
equalities in the society. It is therefore impor-
tant to develop a conceptual framework and ef-
fective tools for investigating EQ from a public 
health perspective. This study is part of the 
emerging effort in this direction. Being explor-
atory in nature, this study generates many fu-
ture research questions, some of which have 
been discussed above. Additional directions 
include replicating the EQ typology using dif-
ferent sources of U.S. data; exploring anteced-
ents (especially socially determined character-
istics) for workers to go into certain EQ types; 
and investigating at a macrolevel changes in EQ 
over time especially in relation to economic 
tides and population health in general. We ar-
gue that EQ should be recognized as a social 
determinant of health because of its complex 
and wide-reaching impacts on personal re-
sources and chances for accumulating health 
advantages. We also argue that because of its 
complexity, EQ is better captured with a typo-
logical approach, as in this study, rather than 
in a variable-based approach of investigating 
single aspects separately. This approach can il-
luminate the clustering of disadvantages on the 
same segment of population, and potentially 
leads to policy-level solutions.
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