
STILL SEARCHING FOR A TRUE RACE?
REPLY TO KRAMER ET AL. AND ALBA ET AL.1

We wrote “Racial Fluidity and Inequality in the United States” (Saperstein
and Penner 2012) with the aim of jump-starting a conversation about how
race is best conceptualized in studies of stratification. Does assuming that
people have static, often mutually exclusive, “races” help us understand
disparities in the contemporary United States? Or are there inequality-
sustainingmechanisms wemight havemissed by assuming a process of con-
sensus through which racial categorizations are ascribed at birth and effec-
tively fixed? That two teams of scholars took time to engage with our work
is a positive sign that a much-needed conversation is happening. It is, of
course, disheartening that Kramer et al. (2016) (hereafter KDH) and Alba
et al. (2016) (hereafter AIL) come to the conclusion that we, at worst, mis-
interpreted our data and, at best, overstated our case. Nevertheless, we are
grateful to have this opportunity to clarify our claims and intentions and to
offer new evidence that returning to assumptions of rigid racial ascription is
not the way forward.
Our reply addresses the three main points of empirical critique across the

two comments: (1) that a relationship between social status and racial cat-
egorization of similar direction and magnitude could be produced by mea-
surement error; (2) that our findings are neither as common nor as gener-
alizable as we claimed; and (3) that we did not adequately demonstrate that
stereotypes, operating through what the interviewer does or does not hear
about the respondent, are a key causal mechanism. We either provide ev-
idence that directly refutes each point, explain why it results from a mis-
reading of our argument, or both. In the process, we underscore our earlier
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findings with additional evidence of how social factors shape categorization:
through selective processes of “ethnic attrition” as well as what interviewers
knew about the respondents’ use of crack cocaine.
First, a clarification on the scope of this debate: the details of our empir-

ical analysis are not the only aspect of our article being subjected to scru-
tiny; also in question for both commenters is whether or not race and eth-
nicity should be conceptualized as stable individual characteristics. Given
space constraints, we focus on the specific empirical critiques, but it is im-
portant not to lose sight of their theoretical foundations and implications.
Although AIL and KDH give us credit for advancing a “sophisticated” and
“provocative” thesis, we are not the first to conclude that recording these
characteristics, and assigning individuals to categories, is a more complex
task than racial commonsense and received practice would indicate. Thus,
we encourage readers to weigh not only other empirical research that dem-
onstrates the relationship between social status and racial categorization can
run in both directions (Saperstein and Gullickson 2013; Saperstein, Penner
and Kizer 2014; Young, Sanchez, and Wilton 2015; Simonovitz and Kezdi
2016) but also the broader body of theoretical work on the social construc-
tion of race and ethnicity.

CAN THE RESULTS BE EXPLAINED BY MEASUREMENT ERROR?

Both AIL and KDH raise concerns about how much of the racial fluidity
we reported is “real” and howmuch is due to measurement error. AIL high-
light this issue by dividing their descriptive statistics to showwhich respondents
experienced one or two changes in racial classification compared to three or
more. KDH claim that our original estimates for the effect of social status on
racial categorization could result from introducing random variation alone.
To counter these critiques, we begin with our preferred approach to

potential coding mistakes in the data: we show that when we remove cases
with classification discrepancies that might be considered “errors,” we get
results similar to those we originally reported. We then consider the results
presented by KDH (in their table 1) and demonstrate that there is nothing
in their approach that suggests our core finding can be attributed solely to
measurement error. However, we also note that most discussions of mea-
surement error assume the existence of an objectively verifiable value, as is
the case for individual attributes like height or weight. To make an anal-
ogous assumption for race is problematic.

Blips versus Shifts in Classification

As we noted in “Racial Fluidity and Inequality” (p. 689), roughly one-third
of the respondents in the 1979 National Longitudinal Survey of Youth
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(NLSY) who experience a change in their racial classification have only one
discrepant classification over the course of the survey.2 These seemingly
idiosyncratic “blips” can be contrasted with racial classification trajectories
that represent shifts from one classification to another (e.g., WWWWW-
OOOOOOOOOOOO) or classification trajectories that repeatedly oscil-
late, back and forth, between two or more categories (e.g., BBBWBBBB-
WWBWBWBWB).3 To the degree that blips in classification represent
actual errors (e.g., introduced during transcription), and not unconscious
racial biases on the part of the interviewers, we might wish to ensure that
our findings are not driven by such cases.4

For this reanalysis, we operationalize “blips” by considering strings of
five adjacent classifications and identifying cases where the respondent has
the same race in both the previous two classifications and the subsequent
two classifications, but a different race in between. Thus, in the string
WWOWW, the third classification would be considered a blip, but strings
likeWWOOO,WWOWO, or BBOBWwould not be considered blips.5 Ac-
cording to this definition, blips account for about 22% of the cases where
current and prior survey year racial classifications differ.
Having identified these blips, we then reestimate the results using only

the nonblip racial classifications. Given thatwe can only identify blipswhen
we have two previous and two subsequent racial classifications, we also

2In their discussion, AIL group together individuals with one or two changes in clas-
sification (see AIL, table 1). This is likely because the classification history WWOWW
has one discrepant classification, but two changes (W to O and O to W). We focus on
discrepancies (defined as the number of classifications that deviate from the modal clas-
sification) because WWWWO and WWWOO both have one change but differ in the
number of discrepant classifications.
3A systematic examination of shifts and oscillations is beyond the scope of this reply.
However, we do find evidence for the presence of shifts in racial classification, insofar as
respondents’ previous classification predicts their current classification net of their av-
erage racial classification, suggesting that discrepant classifications are not distributed
randomly over time.
4We do not believe simple keystroke errors are driving our results because such errors
would produce a pattern that is not reflected in the data. Before 1994, data coders
entered racial classifications by typing 1 for “white,” 2 for “black,” and 3 for “other.”
From 1994 on, interviewers recorded their classifications directly into a laptop computer
by toggling down through the list from white to black to other and then pressing “enter”
to register their selection. Thus one would expect keystroke errors to result in changes
being more common between adjacent categories, but that is not the case.
5 In order to maximize the number of cases in these analyses, we use the sequence of all
available classifications to determine if a classification is a blip, regardless of whether
there were surveys that the respondent missed in between racial classifications. Al-
though we use the nearest nonmissing classifications to identify blips, we only estimate
our models using cases where racial classifications are present in the current and pre-
vious survey years.
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reestimate our original models (from table 4, p. 699) using only the relevant
set of survey years.6 The results from models including and excluding blips
are strikingly similar (see table 1), suggesting that our findings are not driven
by one-off classification changes or the types of measurement error that
might produce them.

Measurement Error in Independent and Dependent Variables

In evaluating KDH’s critique that the relationship between social status and
racial classification presented in “Racial Fluidity and Inequality” is simply a
product of measurement error, it is crucial to remember that measurement
error independent and independent variables canhaveverydifferent effects.7

Much of the conventional wisdom about the effects of measurement error
comes from studies of continuous independent and dependent variables in
bivariate ordinary least squares regression models (OLS). In the bivariate
OLS case with continuous variables and independent errors, it is well es-
tablished that measurement error in an independent variable introduces
bias, while measurement error in a dependent variable results instead in a
loss of efficiency, but less is known about how one should expect measure-
ment error to work in other contexts (see Bound et al. 2001 for a review).
With this understanding of measurement error in mind, we engage

KDH’s critique and approach to testing our results on its own terms. The
logic behind their approach is that each individual has a true race and that
fluidity is observed because measures of race vary randomly from this true
value. According to this logic, every measure of race should include some
measurement error, but KDH’s procedure only makes changes to the race
measure being used as the independent variable.8 To better capture the logic

6Unless otherwise noted, we retain variable coding and other model specifications from
Saperstein and Penner (2012). However, all estimates are presented as log odds, follow-
ing AIL and KDH.
7Classical measurement error also suggests that errors should not vary in prevalence
across different populations (e.g., Hispanic and non-Hispanic) and that such errors should
be uncorrelated with other variables in the model (both dependent and independent).
8KDH explain that they “set each individual’s racial identity in 1979 equal to the
corresponding 2002 self-identity . . . then randomly change the 1979 racial self-identities
of 1.6% of the sample, the same percentage of individuals who actually changed in the
NLSY . . . then replicate this procedure 100 times” (pp. 237–38). Expressed simply, KDH
estimate a version of the following model:

Racei 2002 5 Race
y
i 2002*b1 Statuski*gk 1 Controlski*dk 1 εi; ð1Þ

where Racei 2002 is the respondent’s race in 2002, Race
y
i 2002 is the respondent’s race in

2002 with 1.6% of cases switched from black to nonblack (or vice versa), and Statusk
and Controlsk are the respective status variables and controls included in the model. We
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that all measures of race are measured with error, we introduce changes to
both the independent and dependent variables.9 We estimate 1,000 replica-
tions of both KDH’s original procedure and our modified version of their
procedure and report the average coefficients from these models in table 2.10

Table 2 presents estimates from baseline models, models using KDH’s ap-
proach (“IV only”), and models with our modification (“IV&DV”). Finally, to
provide a sense of where the baseline model results fall in the distribution
of the IV&DV results, we report the proportion of the IV&DV coefficients
with a magnitude larger than the baseline coefficient. We take a similar ap-

10Unlike KDH, we do not report the average of our standard errors from these models,
because the average standard error does not reflect the variation of the average of the
coefficients (cf. Rubin 1987).

TABLE 1
Predicting Racial Classification with and without Classification “Blips”

BLACK WHITE

Includes Blips Excludes Blips Includes Blips Excludes Blips

Unemployed. . . . . . .34*** .41*** 2.29*** 2.30***
Impoverished . . . . . .35*** .25* 2.36*** 2.39***
Incarcerated . . . . . . .291 .27 2.25** 2.31**
Received welfare . . . .15* .20 2.13*** 2.15**

NOTE.—Data are from the 1979 NLSY. Each column represents a different model with
specifications following from Saperstein and Penner (2012, table 4), except that these models
are limited to the years in which it is possible to identify blips in both current and lagged
classification (1982–94).

1P < .10.
* P < .05.
** P < .01.
*** P < .001.

9We also estimate the model:

Race
yy
i 2002 5 Race

y
i 2002*b1 Statuski*gk 1 Controlski*dk 1 εi; ð2Þ

where Race
yy
i 2002 and Race

y
i 2002 are the respondent’s race, each perturbed equally.

For eq. (2), we changeRace
y
i 2002 for the first 0.8% and change Race

yy
i 2002 for the second 0.8%,

resulting in the same number of changes, and the same overall number of discrepancies
as found between the original 1979 and 2002 self-identifications (see table 2, IV&DV, for
results). We also estimated a version of eq. (2) that allows the measurement error in the
dependent and independent variables to be independent, which produced similar results
(not shown).

requested KDH’s data for our reply, but KDH did the randomization in 100 separate
Excel spreadsheets and were unable to share these files; thus we cannot exactly repro-
duce their results. Our understanding is that they sorted the data according to a random
number, and changed the race measure for the independent variable for the first 1.6% of
respondents. So, to replicate KDH in our eq. (1) we also sort the data randomly and
change Race

i 2002
y for the first 1.6%. These results are reported in table 2 under “IV only.”
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proach to extend the analysis to self-identification as white, and interviewer
classification as both black and white.11

Our small change to their procedure has large consequences. Like KDH,
when we introduce changes only to the independent race variable, we find
results that are similar in magnitude or larger than the baseline coefficients.
However, when we perturb both the independent and dependent race vari-
ables, this is no longer the case. The pattern of results in the baselinemodels is
infrequently produced by the IV&DV model; for example, the IV&DV co-
efficient for unemployment is as large as the baseline coefficient just 4% of
the time when predicting self-identification as white, and 2% of the time
when predicting self-identification as black.12 Put simply, we show that their
results can only be obtained if one makes the unfounded assumption that
measurement error only affects race when it is an independent variable.

11When predicting self-identification as white, we replicate the procedure described above
and match the level of fluidity observed in our white-nonwhite comparisons. To apply the
same general approach to the 17 years of classification data, we choose a classification at
random from among the racial classifications observed for a given individual, set this
classification as their “true race,” and then introduce random changes to recreate the
observed levels of fluidity. In the classification models, we do not replicate the IV only
approach because the classification from a given survey year can be both an independent
and dependent variable.
12Whenweestimatemodelswith status factors individually (followingAIL’s approach),we
find that the IV&DV approach produces coefficients as large as the baseline models less
than 5% of the time for 10 of the 16 contrasts.

TABLE 2
Reexamining KDH’s Approach to Measurement Error

BLACK WHITE

Baseline
IV
Only

IV &
DV P(B<I) Baseline

IV
Only

IV &
DV P(B>I)

Self-identification model:
Unemployed . . . . . . . . .76 .85 .37 .02 2.41 2.59 2.28 .04
Impoverished . . . . . . . .83 .86 .42 .03 2.59 2.75 2.35 .00
Incarcerated . . . . . . . . .27 .42 .22 .44 2.55 2.61 2.30 .05
Received welfare . . . . . .25 .53 .24 .48 2.07 2.41 2.20 .94

Interviewer classification
model:

Unemployed . . . . . . . . .32 .33 .54 2.29 2.26 .02
Impoverished . . . . . . . .35 .36 .61 2.37 2.32 .00
Incarcerated . . . . . . . . .32 .30 .43 2.33 2.28 .07
Received welfare . . . . . .18 .11 .14 2.12 2.11 .26

NOTE.—Models include other status variables and controls from Saperstein and Penner
(2012, table 4). Cols. P(B<I) and P(B>I) report the proportion of the 1,000 replicates of the IV
& DV models with coefficients of greater magnitude than the baseline results (i.e., how often
does eq. [2] produce coefficients as large as the baselinemodel). In the interviewer classification
models,wedonot replicate the “IVonly” (KDH)approachbecause theracial classificationfroma
given survey year can be both an independent variable and a dependent variable.
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Thus, although we cannot condone KDH’s approach to evaluating mea-
surement error,weconclude that there is nothing inKDH’s critique to suggest
measurement error is the only reason the relationship between social status
and racial categorization appears to run in both directions.

WHO IS REALLY “AT RISK” OF RACIAL FLUIDITY?

The critique that we overstated the case for racial fluidity raises questions
about (1) how common such fluidity is likely to be and (2) how general is the
relationship between status and racial categorization. We address each of
these issues in turn. Both AIL andKDH assert that meaningful changes are
less common than we suggested and, when they do occur, such changes are
limited to people who are racially “ambiguous.” We do not disagree that
categorical fluidity is observed more frequently in particular subpopula-
tions, and we stated as much in “Racial Fluidity and Inequality” (p. 707).
However, it is problematic to assume that either racial ambiguity or cate-
gorization as “Hispanic” (or “Latino”) is a static characteristic. Further, it is
important to clarify it is not the level of categorical racial fluidity but rather
the process throughwhich social status influences racial perceptions thatwe
propose to be more general.

Significance of Fluidity not Primarily about Frequency

In “Racial Fluidity and Inequality” we highlighted that more than 20% of
the 12,686NLSY respondents experienced at least one change in their racial
classification. AIL get a lower estimate because they apply survey weights.
Although we were careful to discuss the level of fluidity relative only to the
sample, we acknowledge that we did not explicitly state that we were not
using the NLSY to establish the level of racial fluidity as a population pa-
rameter. From our perspective, a “true” estimate of racial fluidity is about as
meaningful a concept as a “true” measure of race. Even gauging whether
there is a lot of racial fluidity, or only a little, depends on how stable one
expects race to be.
To us, the significance of racial fluidity stems not from its common-ness

but from its utility for understanding processes of racial categorization.
Fluid cases provide leverage that studying racially stable people cannot:
they allow us to ask, what predicts being assigned to, or being removed
from, a particular racial category? For this purpose, what matters most is
whether a given sample provides enough variation to study the correlates of
category assignment. That said, we recognize that establishing the magni-
tude and scope of racial fluidity is likely to interest many researchers and
address these issues below.
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To weight or not to weight.—As our aimwas to exploit the repeated racial
classifications to better understand predictors of categorization, the issue of
weighting is most relevant for our multivariate analyses. We estimate
coefficients for our key status variables using both the 1979 sample weight
used by AIL and a customized panel weight. If anything, the evidence for
our claims is stronger when we use the survey weights (see table 3).13

However, in considering whether or not our estimates should have been
weighted, it is important to recognize that the survey’s weighting schemes
treat racial categories as fixed strata. Respondents are weighted differently
depending on how they were classified by NLSY in 1978—which is not
necessarily consistent with how respondents later identified themselves,
were perceived by interviewers, or would have been recorded in the 1970
census (to which the weighted population distributions were pegged). So,
if one qualified as “Hispanic” based on the survey screener, one would be
assigned separately calculated “Hispanic” weights throughout.14 Yet, re-
spondents also could self-report Hispanic origins in 1979, or answer “yes”
that they were “Hispanic, Latino, or of Spanish origin” in 2002. The com-
plexity of who counts more or less when the weights are employed is high-
lighted by the fact that just 467 (32%) of the 1,437 respondents who have
“Hispanic” weights are consistently “Hispanic” across all three measures.
Given this, and the fact that weighting did not affect our multivariate anal-
yses, we present unweighted frequencies and model estimates throughout
our reply.

Fluidity and ambiguity.—AIL and KDH emphasize that the vast ma-
jority of Hispanics (as defined by the 1979 measure) have fluid racial classifi-
cations, and that these “ambiguous” cases account for a sizeable proportion
of the overall fluidity in the sample. They also imply that much of the racial
fluidity would be eliminated with a more appropriate set of ethnoracial cate-
gories. We disagree that a better measure of race would eliminate either
fluidity or ambiguity; some cases will fit better in a given classification
scheme than others, and this is true for all types of classification (Zerubavel
1991). Further, rather than thinking of racial ambiguity as a relatively fixed

13See https://www.nlsinfo.org/weights/nlsy79 for information on customized weights.
The similarity between our results with and without the survey weights is not sur-
prising, given that our models controlled for many respondent characteristics used to
create the weights.
14To be classified as “Hispanic” based on the 1978 screener, respondents had to self-
identify as “Mexican American,” “Cuban,” “Puerto Rican,” or “Other Spanish,” or live in
a household where one of their parents identified as such. Respondents also were as-
signed a Hispanic categorization if their family surname was listed on the U.S. Census
Bureau list of Spanish surnames and the householder or householder’s spouse reported
speaking Spanish at home as a child (see NLSY memo dated 10/4/1978). This contrasts
with the 1979 self-identification measure, for which respondents selected “origin or
descent” categories that included “Cuban,” “Chicano,” “Mexican,” “Mexican-American,”
“Puerto Rican,” “other Hispanic,” and “other Spanish.”
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characteristic of the person being categorized, as AIL andKDH seem to, we
think of racial ambiguity as the result of a confluence of factors from the
individual’s own characteristics to the circumstances in which the catego-
rization takes place. Neither people nor populations are always racially
ambiguous; ambiguity (or lack thereof ) is socially constructed and entwined
with the classification scheme, such that different people will be “ambigu-
ous” in different schemes.
We illustrate that fluidity and the expectation of ambiguity do not al-

ways go hand-in-hand by comparing levels of racial fluidity in the NLSY
across a range of individual characteristics likely to be associated with cat-
egorical ambiguity (or difficulty fitting particular individuals intoU.S. racial
classification schemes). This point can be seen most clearly in table 4 among
NLSY respondents who selected “origin or descent” categories in 1979 that
might indicate multiracial heritage (e.g., black and Asian Indian); if any-
thing, as a group, they are less likely to have fluid racial classifications over
the course of the survey than those who report a single origin (or whose
multiple origins do not cross racial boundaries).15 Racial fluidity is more

15Unlike AIL, we do not assume reporting either a Hispanic origin or “mainly” Euro-
pean origins trumps reporting multiple origins that cross conventionally defined racial
lines. For example, we consider people who identified as French, Indian-American or
Native American, and Irish as “multiracial,” and people who identified as black, Ger-
man, and Puerto Rican as both “Hispanic” and as “multiracial.”

TABLE 3
Predicting Racial Categorization with and without Weights

BLACK WHITE

Unweighted
1979

Weights
Panel

Weights Unweighted
1979

Weights
Panel

Weights

Self-identification model:
Unemployed . . . . . . . . .76*** .79*** .79*** 2.41*** 2.42*** 2.42***
Impoverished . . . . . . . .83*** .93*** .93*** 2.59*** 2.65*** 2.65***
Incarcerated . . . . . . . . .27 .37 .33 2.55* 2.69** 2.69**
Received welfare . . . . . .25 .35 .35 2.07 2.231 2.231

Interviewer classification
model:

Unemployed . . . . . . . . .32*** .31*** .31*** 2.29*** 2.27*** 2.27***
Impoverished . . . . . . . .35*** .51*** .51*** 2.37*** 2.49*** 2.49***
Incarcerated . . . . . . . . .32* .39* .39* 2.33*** 2.42*** 2.42***
Received welfare . . . . . .18** .28*** .28*** 2.12*** 2.21*** 2.21***

NOTE.—Data are from the 1979 NLSY. Model specifications follow Saperstein and Penner
(2012, table 4).Models predicting self-identification and classification use different panel weights,
corresponding to the different survey years on which they draw.

1P < .10.
* P < .05.
** P < .01.
*** P < .001.
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common not only among people who report Hispanic origin in 1979 but also
among people who were not born in the United States,16 and people whom
we classified as changing their self-identification between 1979 and 2002.
Yet some fluidity is present even among respondents who are non-Hispanic,
U.S. born, and stably self-identified. Thus, racial fluidity and racial ambi-
guity should be treated as distinct analytical concepts, regardless of how
related they might seem.17

To address AIL and KDH’s claims that the residual “other” category
drives the observed fluidity, we compare the NLSY to Add Health. We
find similar levels of change in racial classification between waves 3 and 4
in Add Health as we do year-to-year changes in NLSY (4.5% vs. 6.0%,
respectively), despite Add Health’s more specific classification scheme,
which included “American Indian or Alaska Native” and “Asian or Pacific
Islander” but did not include “other.” Although neither survey provided
“Hispanic or Latino” as a category, unlike AIL and KDH, we are skeptical
that adding another option for the interviewers’ classifications would yield
racial stability. A “Hispanic” category might make some people’s classifi-
cationsmore stable, but could make other people’s classifications less stable
than they were when there were fewer options available; the boundaries
between white and Hispanic, black and Hispanic, or Asian and Hispanic
are far from clear.
We agree with AIL andKDH that examining how the level of fluidity dif-

fersacrosssubpopulations is necessary to fully understandprocesses of racial

16 In the NLSY, 60% of foreign-born respondents reported Hispanic origin in 1979, but
74% of people who reported Hispanic origin were born in the United States.
17We prefer to think of observing racial fluidity as a sufficient condition for the presence
of racial ambiguity, and racial ambiguity as a necessary (but not sufficient) condition for
observing racial fluidity.

TABLE 4
Individual Ambiguity and Racial Fluidity

% With at Least One Discrepant
Racial Classification N

Reported multiracial origins in 1979 . . . . . . 19 1,380
Did not report multiracial origins in 1979. . . 21 11,116
Reported a Hispanic origin in 1979 . . . . . . . 87 1,976
Did not report a Hispanic origin in 1979 . . . 8 10,520
Not born in the United States . . . . . . . . . . . 70 868
Born in the United States . . . . . . . . . . . . . . 17 11,736
Self-id changed between 1979 and 2002 . . . . 45 1,544
Self-id did not change . . . . . . . . . . . . . . . . . 18 6,090

NOTE.—Data are from the 1979 NLSY. All indicators are coded following Saperstein and
Penner (2012).
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categorization, and the relationship between racial fluidity and ambiguity is
important to consider. Nevertheless we chose to focus our efforts instead on
the predictors of categorization because the question ofwhether or not status
characteristics change along with changing racial categorizations is what
connects the social construction of race to broader issues of inequality.

The Role of Status in Racial and Ethnic Categorization

It might seem counterintuitive that observed categorical racial fluidity
could be concentrated in particular subpopulations, while the relationship
between social status and racial categorization could be a more general
one. This apparent paradox is partially resolved by recognizing that the sta-
tus factors associated with a change in categorization from nonwhite to
white in one year (e.g., graduating from college) can also help to explain
why someone might continue being categorized as white in the future. Fur-
ther, even if status shapes racial perceptions for everyone, some people’s ob-
served racial categorizations can still be more sensitive to changes in social
position.
To demonstrate this, we briefly discuss the merits of thinking of racial

categorization in terms of continuous probabilities. We then respond di-
rectly to AIL’s critique by presenting fixed effects models estimating the as-
sociation between social status and racial categorization across a series of
subpopulations. We conclude this section by examining whether status fac-
tors also shape who identifies as Hispanic.
Observed categorical change vs. continuous probabilities of categoriza-

tion.—Instead of each person in the United States being assigned a race in
a static, categorical sense, we find it helpful to think of everyone as having
a probability of identifying or being classified in each category that rep-
resents the chance that they will identify or be seen as a particular category
at a particular point in time (see “Racial Fluidity and Inequality,” pp. 706–
8). We argue that status considerations—and changes in social position, in
particular—have the potential to nudge these probabilities by a few per-
centage points, in one direction or the other.Whether a change in a person’s
probability of categorization results in observed fluidity depends on a host
of other factors including the categories offered, who is doing the catego-
rizing, and where the person being categorized was located in the various
probability distributions to begin with. It is in this sense of continuous
probabilities of categorization, and how those probabilities are shaped by
status cues, that we intended our results to be seen as applicable to Amer-
icans in general.
The best evidence of this comes from our collaborative work on the psy-

chological process of racial categorization (Freeman et al. 2011). We repli-
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cated our basic finding from the NLSY in an experimental setting by show-
ing that the same faces are racially categorized differently depending on
whether they are portrayed in high-status (business suit) or low-status (jan-
itorial coveralls) clothing. A novel mousetracking tool allowed us to exam-
ine whether or not the status cues had an effect on racial perception when
the categorization itself appeared unaffected. In the low-status condition,
even when individuals ultimately classified faces as white, their mouse
moved significantly closer to the box formaking a “black” classification than
it did when the same face was presented in the high-status condition. Con-
versely, in the high-status condition, when a face was classified as “black,”
average mouse trajectories veered significantly closer to the “white” cate-
gory. These results suggest that even when status cues do not change how
people are racially classified in categorical terms, they can play an important
role in shaping racial perceptions more broadly.

General vs. subpopulation specific results.—AIL, in particular, question
the claim that the bidirectional relationship between social status and racial
categorization is a more general phenomenon. AIL interpreted their evi-
dence of a relationship between social status and classification as “weak”
based onmodels restricted to people who self-identified in 1979 using either
Hispanic origin categories or origin categories that crossed racial lines (see
AIL, table 2).18 We revisit their conclusion across a broader range of sub-
populations, including only theNLSY cross-sectional sample and only non-
Hispanicornon-multiracial respondents.AILnote issuesof statistical power
in theirmodels, andwe too considermost of ourmodels to be underpowered.
Nevertheless, the exercise is useful to demonstrate that, overall, estimates
for the associations of racial categorization with status factors are consis-
tent in direction and magnitude regardless of subpopulation (see table 5).
Like AIL, we estimate a series of models with a common set of con-

trols (for considerations such as age) in which our key status factors are
entered individually.19 Unlike AIL, our models include respondent fixed ef-
fects.20We also show results for the full samplewith andwithout respondent
fixed effects so the direction, magnitude, and statistical significance of the

18AIL come to this conclusion, in part, because they do not treat either educational
attainment or marital status as racialized indicators of social position, as we did.
19AIL misunderstood how the models in “Racial Fluidity and Inequality” were esti-
mated. Our dependent variable was not the presence or absence of a change in classi-
fication. Like AIL, our dependent variable was coded to predict a particular racial
category (e.g., white vs. all else).
20Random effects models like those used by AIL can be useful, in that they allow re-
searchers to examine covariates that do not vary within individuals. However, in this
case, we prefer fixed effect models as they provide a more conservative test of the effects
of time-varying status factors.
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estimates canbe comparedacross the full range ofmodel specifications.21We
do not expect all of the coefficients in table 5 to be statistically significant,
particularly given our original fixed effectmodel results (see “Racial Fluidity
and Inequality,” app. table A3, where status factors were entered simulta-
neously rather than separately). When we split the sample into smaller
subpopulations, we have even less power to distinguish statistically signif-
icant differences than in our original analyses. However, there is still infor-
mation to be gained by comparing estimates from these fixed effects models
relative to estimates from models with less conservative controls but more
statistical power.
The strongest evidence supporting our perspective in table 5 can be found

in the relationship between unemployment and racial categorization—for
both self-identification and interviewer classification. Across all four pan-
els of fixed effects models, 28 of 32 estimates for the association between
long-term unemployment and racial categorization are in the expected di-
rection (decreasing the odds of white categorization and increasing the odds
of black categorization), and 10 of those estimates are at least marginally
statistically significant. Other associations show more mixed patterns, as in
the case of poverty, which significantly lowers the odds of self-identifying
as white in four of the eight comparisons but, if anything, seems to increase
the odds of being classified as white by interviewers when respondent fixed
effects are included.22 Although individual status factors might not exhibit
the expected associations across each type of racial categorization and for
every subpopulation in table 5, we believe the results support our core claim
that social status can influence racial categorization. Determining which
specific factors matter, under what circumstances, for which populations,
remains an important task for future research.

Evidence for differential ethnic attrition.—However, the decision to
limit one’s study to particular ethnoracial subpopulations, such as “His-
panics,” is not as straightforward as AIL’s analysis implies. Researchers
have demonstrated that people with parents or grandparents born in
Spanish-speaking countries who are doing well socioeconomically are less
likely to identify asHispanic in the census or other surveys (see, e.g., Duncan
and Trejo 2011). Alba himself highlighted the case of “disappearing Mex-

21The baseline results include a control for race in the prior survey year. Subsequent
models introduce dummy variables (fixed effects) for each respondent. If individuals had
a “true” race that was associated with their likelihood of experiencing changes in social
status, our fixed effects models would account for this because they control for all time
invariant characteristics. They also address concerns about biased correlations with
status that can affect between-person comparisons when there is random noise in the
race measures.
22None of the estimates that run counter to our hypotheses are statistically significant.
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icans,” concluding that “selective departures from the Mexican-American
group are on a scale that could easily impact on the measurement of group
characteristics over time” (Alba and Islam 2009, p. 120). The challenge
for understanding immigrant incorporation—and inequality— is that if peo-
ple who are doing well are less likely to explicitly identify as Hispanic then
their success in the United States is effectively removed from the popula-
tion average for “Hispanics” and counted instead in the population average
for “non-Hispanics.” Thus, the category “Hispanic” should not be treated as
exempt from the processes that affect racial categorization more broadly.
Wefind evidence that this process occurs in theNLSY.Whenwe estimate

models predicting who identifies as Hispanic in 2002, among respondents
who reported a Hispanic origin in 1979, we find that people are signifi-
cantlymore likely to identify asHispanic if they reported experiencing long-
term unemployment or receiving welfare (see table 6). These results hold
regardless of whether we limit our analyses to respondents who reported
Hispanic origin in 1979 or to respondentswho reported theirmother, father,
or paternal grandfather was born in a Spanish-speaking country. Associ-
ations with having ever been impoverished or incarcerated also are in the
expected direction and of similar magnitude but are not statistically sig-

TABLE 6
Selective Ethnic Attrition in Hispanic Self-Identification (2002)

Restricted to
Respondents Reporting
1979 Hispanic Origin

Restricted to
Respondents Reporting

Hispanic Family Birthplaces

Unemployed. . . . . . . . . . . .31* .36*
(.14) (.18)

Impoverished . . . . . . . . . . .26 .421

(.17) (.24)
Incarcerated . . . . . . . . . . . .16 .33

(.25) (.33)
Received welfare . . . . . . . .38** .57**

(.13) (.18)

NOTE.—Data are from the 1979 NLSY (includes restricted use data).N51,398 and 782 per-
sons, respectively. Each coefficient represents a different model predicting Hispanic self-id in
2002 using the relevant status variable and controls for whether the respondent reported mul-
tiple races in 1979,was born outside theUnitedStates, age, living in the South, yearfixed effects,
and interviewer characteristics (age, gender, education, and race). Following Saperstein and
Penner (2012), SEs in these models account for the clustering of observations within inter-
viewers; models that account for clustering within respondents yield similar results.

1P < .10.
* P < .05.
** P < .01.
*** P < .001.
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nificant. In addition to bolstering our claim that “Hispanic” should not be
treated as a static characteristic, these results further demonstrate the role
that social status can play in influencing ethnoracial categorization.

WHAT IS THE CAUSAL MECHANISM?

We turn finally to concerns about our explanation for the relationship be-
tween racial fluidity and racial inequality. KDH assert that we did not ad-
equately support our contention that racial stereotypes were shaping racial
categorization. This is because our goal was not to isolate racial stereotypes
as a specific cause of fluidity. Although it is difficult to think of a context in
which racial stereotypes are not somewhat implicated, we view our research
as merely consistent with this explanation, not as establishing the mech-
anism. In that sense, we agree with KDH that future research should
examine specifically how social status, and other factors, come to affect peo-
ple’s racial classifications. Possible mechanisms include observable char-
acteristics or behaviors of the targets of classification, attitudes or beliefs held
by the person doing the classifying, and the context of the interaction itself.23

To facilitate this effort, we assess the suggestions made by KDH and offer
some additional insight.
We do want to be clear, though, about the limits of what can be estab-

lished using observational data.24We interpret our results as suggesting that
not only does one’s racial categorization shape one’s social status, one’s so-
cial status can also shape perceptions of one’s race. Readers looking for
causal evidence that status shapes perceptions of race should consider our
experimental manipulation of status cues (Freeman et al. 2011). However,
even that study—which shows results are consistent with simulations from
a neural model of stereotype-related processes—does not conclusively prove
that stereotypes are the causal mechanism that link perceptions of status
and perceptions of race.

23AIL also suggest that characteristics of the classifiers play an important role. Unlike
AIL, we believe interviewers’ racial conceptualizations, their exposure to racial diver-
sity, and their feelings about their own place in the racial/status hierarchy, rather than
their demographic characteristics per se, are likely to explain differences in classification.
24This is why, for example, we avoided using the word “cause” to describe our models
with multiple lagged values. As KDH note, these are often referred to as “Granger cause”
models. We interpreted those models as telling us whether a given status factor “provides
useful information in predicting a person’s current racial classification above and beyond
the information provided by knowing how theywere racially classified in previous years”
(p. 705). KDH assert that our interpretation is not consistent with how such models are
described in econometrics textbooks, but they omitted a sentence in the middle of their
quote from Stock and Watson that reads, “Granger causality means that if X Granger-
causes Y, then X is a useful predictor of Y, given the other variables in the regression.”
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Hearing Status, Seeing Race

KDH assert that they conducted better tests of our causal mechanism by
exploiting variation in the interviewer’s level of knowledge about the re-
spondent’s answers. We disagree, in part because explicit survey responses
were only one of several factors we noted that might affect racial catego-
rization (see, e.g., pp. 698, 688 n. 9). Other information—above and beyond
physical appearance—might come from visual or contextual cues, such as
the respondents’dress or demeanor, theway their housewas furnished,who
else was present during the interview, or the characteristics of the respon-
dents’ neighborhood. We have speculated elsewhere that changes in social
status experienced in the past might continue to exert influence on subse-
quent racial classification as a result of these factors—as well as accumu-
lation of advantage or disadvantage—regardless ofwhether the interviewer
explicitly heard the information (see, e.g., Saperstein, Penner, and Kizer
2014).
Although many of these mechanisms are difficult to study using survey

data, the NLSY does provide leverage on whether or not the interviewers’
hearing specific information might shape their racial classifications of re-
spondents.25 It is in this spirit that KDH suggested contrasting the racial
classification from the 1978 screener with later racial classifications. Inter-
viewers were instructed to record race by observation in the screener be-
fore they asked a battery of questions about family income (NORC 1978,
p. 56)—rather than making their racial classification after the entire inter-
view was completed, as in subsequent years. However, we cannot recom-
mend using the screener classification for this purpose because the infor-
mant for the household screener was unlikely to be the person who became
the respondent in 1979. Screener information was obtained from the house-
holder, householder’s spouse, or otherknowledgeable adult resident in1978.
Giventhat thecohortwasrestricted topeopleages14–21 in1979, there is little
reason to believe the person whose race the interviewer observed for the
household screener was the same person whose racial classification was re-
corded in 1979.26

Racial stereotypes and reported drug use.—KDH’s empirical strategy
for the 1980 drug use questions also hinges on the interviewers’ hearing
about respondents’ drug use (or lack thereof ) in one year (1980), but not the
next (1981). However, respondents recorded their answers to the 1980 drug
use items confidentially (CHRR 2001, p. 51), using a pencil and paper form
that was sealed in an envelope before it was returned to the interviewer.

25KDH’s table 4 finding was addressed in our original n. 16.
26Further, for the screener, interviewers were instructed to assign all family members
the same race as the householder or, in cases of apparent mixed ancestry, the race of the
father (see NORC 1978, p. 105).
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Therefore, the only way interviewers would know about respondents’ drug
use in 1980was if respondents asked for assistancewhen filling out the form,
or if they reported having been arrested for possession or use of various
drugs as part of a separate interviewer-administered section on contactwith
the criminal justice system.
There are additional drug use supplements in the 1988, 1992, 1994, and

1998 surveys that include similar questions, and also have variation on
whether or not the interviewer heard the respondent’s answers. In some
cases, interviewers administered the drug use supplement out loud and re-
corded the respondents’ answers, while in other cases the respondents com-
pleted the questions confidentially. Thus, we were able to examine whether
the association between respondents’ recorded level of drug use and how
theywere racially classified varies depending onwhether or not interviewers
heard about the respondents’ drug use.
We present estimates from logistic regressions predicting racial classi-

fication in the current year with information about the respondents’ drug
use, whether or not they filled out the drug use questions confidentially,
and the interactions between the two (see table 7). Following KDH’s ex-
ample we use reported marijuana use to predict racial classification as
white. We also examine how cocaine use is related to racial classification,
but we do this separately for cocaine and “crack” cocaine, with the latter
posited to increase the odds that the respondent will be seen as black. We
consider the results in table 7 somewhat preliminary and interpret them
cautiously. In placebo regressions predicting (1) interviewer classification
in the subsequent year and (2) self-identification in 2002, the interaction ef-
fects were not significant (as expected), but we did not have time to fully
explore variation by survey year or exploit the 1988 random assignment of
respondents to confidential or nonconfidential response modes.27 Never-
theless, we provide these analyses as an example highlighting how future
research can explore such issues.
We find some evidence that when respondents report marijuana use the

interviewer ismore likely to later classify themaswhite.We are less troubled
by the direction of this relationship thanKDH seem to be, as it was probably
more common, particularly during the 1970s and ’80s, for Americans to
think of people who smoke marijuana as disaffected white youths (see, e.g.,
Peterson 1985). However, based on the nonsignificant interaction effects,
we conclude there is little evidence that hearing about marijuana use, per se,

27Of course, mode of data collection also affects who reports drug use (Hoyt and
Chaloupka 1994). So, even with the experiment, differences in the relationship between
status and racial classification cannot be definitively attributed to whether or not in-
terviewers heard the information (i.e., we cannot rule out that any mode effects were
driven by differential reporting).
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is related to being classified as white (as opposed to other characteristics
that are associated with reporting marijuana use or other ways in which
marijuana use might be cued). We also find little evidence that reporting
cocaine use influences racial classification or that interviewers are differ-
entially likely to classify respondents as white based on whether or not they
hear this information.
By contrast, not only is reporting crack use associated with how inter-

viewers racially classify respondents, but the association also varies based
on whether or not interviewers hear this information.28 These results sug-
gest that in some cases learning about characteristics, behaviors, and ex-

28The different pattern for respondents reporting higher levels of crack usage implies
that the relationship between reported drug use and racial classification might vary not
only according to the drug involved, but also according to level of use. However, the

TABLE 7
Predicting Racial Classification Using Variation in Interviewers’

Knowledge about Respondents’ Drug Use

Marijuana Predicting
Classification as

White

Cocaine Predicting
Classification as

White

Crack Predicting
Classification as

Black

Reported drug use:
1–2 times . . . . . . . . . . .02 .04 1.94**

(.12) (.14) (.69)
3–10 times . . . . . . . . . .23* .07 .86***

(.12) (.15) (.24)
>10 times . . . . . . . . . . .17* .05 .14

(.09) (.12) (.50)
Confidential form . . . . . . .01 .08 .23

(.10) (.07) (.20)
Drug use X confidential:
1–2 times . . . . . . . . . . .14 .14 22.00**

(.15) (.19) (.71)
3–10 times . . . . . . . . . .10 .08 21.26*

(.15) (.21) (.53)
>10 times . . . . . . . . . . .17 .15 .80

(.11) (.15) (.63)
N (person years) . . . . . 33,303 33,272 16,335

NOTE.—Data are from the 1979 NLSY. Models include controls for prior racial classifica-
tion, whether the respondent reported a Hispanic origin in 1979, reported multiple races in
1979, was born outside the United States, age, living in the South, year fixed effects, and in-
terviewer characteristics (age, gender, education, and race). SEs account for clustering within
interviewers. Marijuana and cocaine use models use data from 1988, 1992, 1994, and 1998;
crack usage was only reported separately in 1994 and 1998. Omitted category for drug use is
“never.”

1P < .10.
* P < .05.
** P < .01.
*** P < .001.
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periences that are highly racialized can prime Americans to see and think of
one another in ways that reinforce preexisting stereotypes.

SUMMARY AND CONCLUSION

Given the breadth and depth of the issues raised by the AIL and KDH
comments, our reply has covered considerable ground.We thus briefly sum-
marize our most important empirical clarifications.

1. We find no evidence that the reciprocal relationship between social
status and racial categorization is simply an artifact of measurement
error. This is true both when we use our preferred approach, which
removes classification blips fromourmodels, andwhenweuseKDH’s
approach to introducing random error.

2. Models predicting racial categorization using survey weights pro-
duce similar results as models estimated without weights. However,
racial fluidity poses a challenge to standard weighting schemes, and
the NLSY weights are based on a fixed definition of the Hispanic
population that differs from the fixed definition of “Hispanic” used by
AIL.

3. Racial fluidity is typically higher in subpopulations thought of as ra-
cially ambiguous, but is not zero for any population. Racial ambiguity
itself is socially constructed, and membership in these subpopula-
tions also is not necessarily fixed. Thus, we focused less on variation
in the level of fluidity and more on the predictors of racial categori-
zation at a given point in time.

4. Evidence congruent with a reciprocal relationship between social
status and racial categorization can be found across a wide range of
subpopulations, cohorts, and data sets. These observational results
are buttressed by experimental evidence suggesting that status cues
shape racial classifications, and affect racial perceptions more broadly,
even in cases where the category selection does not change.

5. The mechanisms that link social status to racial categorization could
be visual or contextual and are not necessarily related to responses
relayed directly during a survey interview. Yet, in some cases, aswith
the association we find between reported crack use and being clas-
sified as black, explicitly hearing certain information might prime
widespread racial stereotypes. Understanding when and how dif-
ferent types of information shape racial perceptions is an important
frontier for research.

relatively small number of frequent crack users renders this conclusion highly specu-
lative.
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Is It Race That’s Rigid?

The distance between our perspective and those of AIL and KDH cannot
be measured by the empirical critiques alone; the difference is also marked
by a vast chasm in terms of racial conceptualization. Despite KDH’s claim
to the contrary, social science research has never “documented” that race is
rigid (p. 233); social scientists—like most people—simply assumed individ-
uals’ categorizations were fixed and, unsurprisingly, kept analyzing their
data in ways that reinforced that belief. The comments by AIL and KDH
follow in this same vein; underlying both is an assumption that there is a
“true” and presumably stable measure of race (or ethnoracial background)
out there to be found.
In contrast, we do not think people are “white,” or “black,” or “Hispanic”

as an inherent part of their being.We do think that Americans are regularly
put into these categories and that identifying and/or being seen as white or
black or Hispanic (or Asian, or mixed race, etc.) has consequences for their
opportunities, outcomes, and position in society. We suspect that it matters
when, or by whom, one is likely to be racially categorized in ways associ-
ated with disadvantage and when, or by whom, one is likely to be advan-
taged. Thus, the repeated measures of racial classification in the NLSY in-
terest us as proxies for how people are seen across contexts in their everyday
lives.
We understand that our colleagues are unsettled by the complexity this

perspective introduces into the business as usual of studying racial in-
equality. However, advocating that social scientists give up the true race as-
sumption is not the same as suggesting that the research community should
abandon its effort to understand the role of race in society. Racial cat-
egorization continues to be real in its consequences whether or not self-
identification and classification are fixed characteristics. If anything, our
findings suggest that the meanings of whiteness and blackness are remark-
ably durable and that the relationship between race and inequality, in the
aggregate, is even stronger—not weaker—than is assumed in standard strat-
ification research. This will be true no matter how much individual fluidity
there is, as long as that fluidity is selective and the categories themselves
maintain their meaning and overall position in the social hierarchy. Fluidity
and stability in racial categorization work in tandem to maintain the status
quo. Indeed, if race is not necessarily a fixed characteristic, then explaining
whose categorization remains stable and why becomes just as important as
explaining whose does not.
Thus, although we are flattered that AIL believe our framework for

thinking about race and inequality will be more useful in the future—as im-
migration and interracial marriages continue to diversify the population—
we hope researchers will not wait to reexamine the conventional wisdom
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about race and racial categorization in the United States. Revisiting rigid
assumptions, and treating them instead as empirical questions, has the po-
tential to change what we think we know about a lot of things— including
the relationship between race and inequality.

Aliya Saperstein
Stanford University

Andrew M. Penner
University of California, Irvine
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