
to reduce costs and a belief that the temporary agency could provide the ser-
vice more efficiently, while allowing the client firm to focus on functions more
central to its competitive success. The impetus may also have come, however,
from a desire to defuse unionization efforts, to avoid the legal liability of being
the employer of record, or simply to lower costs by lowering wages. Either way,
the direct intervention of the temporary firm in the work site of its client firm
alters relations within the firm because it goes beyond simply doing a better
job of articulating job-seekers and employers in the market.

Thus, market imperfections and economic changes have given new impor-
tance to organizations that can match workers and employers and offer the more
extended training and restructuring services described here. These organizations
also emerge in the context of complex power relationships between workers and
employers, and different organizations focus on the interests of workers and
employers to varying extents. Since job brokering and training roles can be
played by private, nonprofit, or state agencies, some have argued that another
basis for categorization or differentiation would be the depth of the relationship
that the intermediary has on each side of the brokering process (see figure 1.1).
On the worker side, a weak relationship might consist of a visit to an employ-
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Figure 1.1 The Relational Structure of Intermediaries
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Source: Authors’ compilation.
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been some disagreement over the empirical findings, because of both data
inconsistencies and the difficulty of distinguishing changes in employment
systems from demographic changes in the labor force that also affect job
tenure.2 For instance, as more women have entered the labor force of the last
thirty years, pursued careers, and taken less time out for child-rearing, their
average tenure in the workforce has clearly gone up. One way of distinguish-
ing changes in employment systems from demographic shifts is by focusing
just on changes in tenure for men, since their labor force participation lev-
els have not changed as much as is the case with women (though focusing
on men does not take into account many other factors, such as changing
racial composition and the impact of growing immigration). For men at all
age levels and all education levels, job tenure has been declining since the
1980s. The median tenure for men age forty-five to fifty-four, for instance,
declined to 9.1 years in 2002, down from 11.2 at the beginning of the 1990s
and 12.8 in 1983. For men age fifty-four to sixty-four, the median tenure in
2002 was 10.2 years, down from 13.4 years in 1991 and 15.3 years in 1983
(see table 1.1).

MOBILITY AND ECONOMIC OPPORTUNITY 5

Table 1.1 Median Years of Tenure with Current Employer, 
by Age and Sex, 1983–2002

1983 1987 1991 1996 1998 2000 2002

Men
20 to 24 years 1.5 1.3 1.4 1.2 1.2 1.2 1.4
25 to 34 years 3.2 3.1 3.1 3.0 2.8 2.7 2.8
35 to 44 years 7.3 7.0 6.5 6.1 5.5 5.4 5.0
45 to 54 years 12.8 11.8 11.2 10.1 9.4 9.5 9.1
55 to 64 years 15.3 14.5 13.4 10.5 11.2 10.2 10.2

Women
20 to 24 years 1.5 1.3 1.3 1.2 1.1 1.0 1.1
25 to 34 years 2.8 2.6 2.7 2.7 2.5 2.5 2.5
35 to 44 years 4.1 4.4 4.5 4.8 4.5 4.3 4.2
45 to 54 years 6.3 6.8 6.7 7.0 7.2 7.3 6.5
55 to 64 years 9.8 9.7 9.9 10.0 9.6 9.9 9.5

Source: U.S. Department of Labor, Bureau of Labor Statistics, “Employee Tenure” (news
release), available at: http://www.bls.gov/news.release/tenure.toc.htm



Weiss 1998; Pastor et al. 2000; Wilson 1996). Noting the decline in union den-
sity, labor-based institutions have been experimenting with a wide range of new
intermediary initiatives, including efforts to directly take on the circumstances
of temporary workers.

Given this impressive and widening range of functions, how should we con-
ceptualize the work of LMIs? One simple categorization would be by sector or
organization, the implicit breakdown used thus far (see table 1.2). There are, of
course, important distinctions between the public, private, and nonprofit sectors,
especially since the financial base of an intermediary can impose a set of con-
straints on which services are provided and for whom. In addition, organizational
structure largely determines the types and range of the different constituencies
who interact with the intermediary and thus may shape their mandates or mis-
sions in important ways—as with community colleges and federally funded train-
ing programs, or union-based initiatives that are responsive to the needs of the
labor movement. Moreover, these organizational markers are commonly known
and accepted. This was important for the survey we conducted, since distinctions
between the for-profit, nonprofit, and public sectors were more familiar to our
respondents as they thought through their own use of intermediary services.

At the same time, such organizational distinctions do not entirely capture
differences or represent the complexity of existing arrangements. Within the
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Table 1.2 An Organizational Typology of Labor 
Market Intermediaries

Organization Type Examples

For-profit sector Temporary agencies, headhunters, and for-profit training 
providers

Nonprofit or Nonprofit employment training and placement services 
community-based for disadvantaged workers

Membership-based Union-based initiatives and membership-based 
professional associations

Education-based Community colleges

Public-sector One-stop career centers, private industry councils (PICs), 
and welfare-to-work agencies

Source: Authors’ compilation.



as “new economy,” particularly at a broad level. Despite Milwaukee’s reputation
as an industrial manufacturing city, a higher percentage of the Silicon Valley
workforce is employed in manufacturing industries than in Milwaukee.
Manufacturing accounted for 25.2 percent of total employment in Silicon
Valley in 2000 (down from 32.2 percent in 1989), compared to 20.7 percent
of all employment in Milwaukee (down from 24.5 percent in 1989). Both regions
saw significant growth in service industries during the 1990s, with 21.1 percent
growth in Milwaukee between 1989 and 2000 and 38.1 percent growth in
Silicon Valley. By the end of the decade, more than one-third of those employed
in both regions were in service industries (36.5 and 35.4 percent, respectively)
(see table 2.3).

Yet behind this aggregate picture lie important differences at a more detailed
industry level. Manufacturing in Silicon Valley is dominated by the computer,
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Source: Authors’ compilation from Wisconsin Department of Workforce Development and
California Employment Development Department data.
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Figure 2.2 Change in Wage Percentiles, 1979 to 1989 and 1989 to 2000



next, compared to 79 percent in California. Similarly, among single-site estab-
lishments, job stability in Milwaukee was typically two to four percentage
points higher than in Santa Clara County from 1992 to 1998. Differences in
this measure might reflect in part the overall level of job creation in the economy
(if more jobs are being created, more workers move from one job to another),
or they may be indicative of differences in the demographic structure of the
labor force (older workers will stay on a job longer than younger workers).
Regardless of the root of any differences in job stability, however, lower job
stability is likely to indicate more labor market churning, which in turn is
likely to give rise to more demand for labor market intermediation.

This pattern of greater job stability in Milwaukee and Wisconsin is also
seen at a more detailed industry level, though there is considerable variation
from industry to industry. As can be seen in figures 2.4 and 2.5, variations
in job stability by industry are similar at both the regional and state levels.
For example, in 1997 (the last year for which we could disaggregate data by
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industry in both states), the job stability measures for Santa Clara County (for
single-site establishments) ranged from 51 percent in the temporary services
industry to 88 percent in public administration. Similarly, in Milwaukee
job stability ranged from 47 percent in temporary services to 94 percent in
hospitals and 95 percent in mining. Across nearly all industries, at both the
regional and state levels, jobs in Wisconsin and Milwaukee were persistently
two to four percentage points more stable than jobs in California and Santa
Clara County.

Interestingly, the one exception to this rule is in the temporary help services
industry. Statewide and regionally, job stability is higher in temporary services
in California than in Wisconsin (and higher in Santa Clara County than in the
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Milwaukee MSA). For example, in 1997, 54 percent of temporary help jobs
in California, and 51 percent of temporary help jobs in Silicon Valley, persisted
from one quarter to the next, compared to 50 percent and 47 percent in
Wisconsin and Milwaukee, respectively. The reasons for this difference are not
possible to discern from the UI data. It is possible that it has its roots in a dif-
ferent industry or occupational composition of the temporary job placements in
each state; alternatively, this difference could represent a higher institutional-
ization of temporary work in Silicon Valley.
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these unions, along with the Milwaukee County Labor Council, to become
more directly involved in workforce and economic development issues. One
result was the creation of the Wisconsin Regional Training Partnership, a
multi-firm and multi-union workforce intermediary that has become
nationally recognized for the effectiveness of its work. The partnership by
2002 involved over seventy companies and unions in a range of industries,
including many services industries as well as manufacturing industries. Also
in the 1990s, the Milwaukee County Labor Council began to forge new
partnerships with community leaders, which led to the creation of the
Milwaukee Jobs Initiative (MJI). This initiative, which includes leadership
from labor, business, and community organizations, has connected nearly
fifteen hundred central-city residents with jobs in the region, and the project
has helped influence and redirect workforce and economic development
policy in the region.
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Table 2.1 Demographic Characteristics of Milwaukee and Silicon
Valley, 1990 and 2000

Milwaukee Silicon Valley

1990 2000 1990 2000

Total population 1,432,149 1,500,741 1,504,400 1,709,500

Gender
Male 48.1% 48.5% 50.7% 50.9%
Female 51.9 51.5 49.3 49.1

Age
19 or younger 29.2 29.1 27.3 27.3
20 to 24 7.2 6.3 8.5 6.7
25 to 34 17.8 13.8 21.2 17.8
35 to 44 15.2 16.3 16.2 17.6
45 to 59 14.1 18.2 14.8 17.6
60 or older 16.8 16.2 12.1 13.0

Education
Completed 88.0 91.4
high school

Bachelor’s degree 27.6 42.4
or higher

Race
White 81.0 74.4 58.2 44.2

Black 13.6 16.1 3.5 3.1
Hispanic 3.6 6.3 21.0 24.0
Asian 1.3 2.4 17.4 27.3

Immigration
Foreign-born 3.9 5.4 23.2 34.0

Source: 1990: Department of Finance, data files; 2000: U.S. Census Bureau, Census 2000
of Population and Housing, summary file 1. Produced by the California State Census
Data Center.
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15 percent, respectively, between 1989 and 2000). There have been bumps for
both regions, however, along the way. Figure 2.1 shows the historical levels of
unemployment in each region from 1989 to 2000. Both regions entered the
1990s emerging from serious economic challenges in the 1980s; Milwaukee
in particular faced a crisis in its core metalworking industries that resulted in
unemployment exceeding 9 percent through most of 1983 and 1984. After a
brief recovery in the late 1980s, both regions were then hit by the national
recession of the early 1990s; this time Silicon Valley was especially affected by
the decline in military spending that followed the end of the cold war. By the
latter half of the 1990s, however, both regions were on steady growth paths,
with Silicon Valley experiencing an unprecedented boom that eventually
resulted in an unemployment rate of only 2.5 percent in December 2000.
Subsequently, however, the technology-led economic slowdown of the second
half of 2000 led to significant employment loss in Silicon Valley, and monthly
unemployment rates peaked at over 9 percent in 2003. Milwaukee’s economic
trajectory is quite similar: the MSA posted unemployment as low as 2.6 percent
in December 1999, but by June 2003, its unemployment rate had peaked at
7.0 percent.

The Sectoral Composition of Employment
Looking at the sectoral composition of employment in both regions reveals
some interesting similarities and differences, and these patterns may call into
question the characterization of Milwaukee as “old economy” and Silicon Valley

Table 2.2 Index of Dissimilarity, Milwaukee and San Jose, 
1980 and 2000

Milwaukee-Waukesha San Jose

1980 2000 1980 2000

White with black 83.9 82.2 48.9 40.5
White with Hispanic 55.2 59.6 45.7 51.6
White with Asian 30.9 41.3 32.4 41.7
Black with Hispanic 75.3 78.0 33.8 33.2
Black with Asian 79.4 64.2 31.5 31.2
Hispanic with Asian 55.9 52.4 36.9 44.5

Source: Calculations from 2000 U.S. census data.



Table 2.3 Industry Employment, Milwaukee and Silicon Valley, 1989 and 2000 (One-Digit SICs)

Percentage Change 
1989 2000 1989–2000

Industry Milwaukee Silicon Valley Milwaukee Silicon Valley Milwaukee Silicon Valley

Agriculture, forestry, and fishing 0.4% 0.6% 0.7% 0.5% 53.8% −12.8%
Construction 3.6 3.6 4.2 4.7 16.5 31.8
Manufacturing 24.5 32.2 20.7 25.2 −15.3 −21.7
Transportation, communications, 5.8 2.6 5.4 2.8 −7.8 6.9

and utilities
Wholesale trade 6.1 6.6 6.0 5.5 −1.4 −16.7
Retail trade 17.8 14.3 15.9 13.5 −10.8 −5.4
Finance, insurance, and real estate 7.2 3.8 6.8 3.1 −4.8 −17.4
Services 30.1 25.6 36.5 35.4 21.1 38.1
Public administration 4.5 10.7 3.9 9.2 −13.0 −13.9
Total employment 715,692 814,200 822,023 1,030,500 14.9 26.6

Source: Milwaukee: Information received by request from Wisconsin Department of Workforce Development. Silicon Valley: information received
from California Employment Development Department (EDD); official estimates of employment by industry released by the EDD, 2000.
Note: Mining is excluded because of very small cells.
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Table 2.4 Detailed Industry Employment, Milwaukee and Santa Clara
County (“Silicon Valley”), 2000 (Two-Digit SICs)

Santa Clara 
Industry Milwaukee County

Agriculture, forestry, and fishing
Agricultural production: crops 9.4% 33.3%
Agricultural production: livestock and animal 0.8 2.1
specialties

Agricultural services 89.8 64.0

Construction
Building construction: general contactors 19.9 20.0
and operative builders

Heavy construction other than contractors 7.6 4.7
Construction: special trade contractors 72.4 75.3

Manufacturing
Food and kindred products 7.2 1.5
Textile mill products 0.2 0.0
Apparel and other finished products made 0.9 0.2
from fabrics

Lumber and wood products, except furniture 0.8 0.4
Furniture and fixtures 1.0 0.5
Paper and allied products 3.2 0.7
Printing, publishing, and allied industries 12.3 2.9

Chemicals and allied products 3.2 2.2
Petroleum refining and related industries 0.1 0.1
Rubber and miscellaneous plastics products 4.8 0.9
Leather and leather products 0.7 0.0
Stone, clay, glass, and concrete products 1.3 1.1
Primary metal industries 4.5 0.6
Fabricated metal products, except machinery 11.6 3.4
and transportation equipment

Industrial and commercial machinery and 22.1 27.1
computer equipment

Electronic and other electrical equipment and 12.4 36.8

components, except computer equipment
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Transportation equipment 4.9 4.3
Measuring, analyzing, and controlling 6.7 16.9
instruments; photographic, medical, and 
optical goods; watches and clocks

Miscellaneous manufacturing industries 2.1 0.2

Transportation, communications, electric, gas, and 
sanitary services
Local and suburban transit and interurban 11.1 7.9
highway passenger transportation

Motor freight transportation and warehousing 26.2 22.5
United States postal service 13.5
Water transportation 16.2 17.2
Transportation services 8.0 9.8
Communications 12.8 28.7
Electric, gas, and sanitary services 12.1 13.4

Wholesale trade
Wholesale trade: durable goods 67.5 82.7
Wholesale trade: nondurable goods 32.5 17.3

Retail trade
Building materials, hardware, garden supply, and 4.7 3.6
mobile home dealers

General merchandise stores 11.9 9.4
Food stores 13.8 12.0
Automotive dealers and gasoline service stations 10.2 8.6
Apparel and accessory stores 4.6 5.6
Home furniture, furnishings, and equipment stores 4.9 9.4
Eating and drinking places 36.1 37.7
Miscellaneous retail 13.9 13.7

Finance, insurance, and real estate
Depository institutions 27.0 25.4

Table 2.4 Detailed Industry Employment, Milwaukee and Santa Clara
County (“Silicon Valley”), 2000 (Two-Digit SICs)
(Continued)

Santa Clara 
Industry Milwaukee County

(continued)
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Nondepository credit institutions 5.9 8.8
Security and commodity brokers, dealers, 8.7 8.7
exchanges, and services

Insurance carriers 29.2 9.5
Insurance agents, brokers, and service 10.1 7.9
Real estate 13.9 35.6
Holding and other investment offices 5.2 4.0

Services
Hotels, rooming houses, camps, and other 2.0 2.4
lodging places

Personal services 2.8 1.7
Business services 25.8 46.3
Automotive repair, services, and parking 2.5 2.4
Miscellaneous repair services 0.6 0.7
Motion pictures 0.6 0.7
Amusement and recreation services 3.6 3.2
Health services 26.2 13.8
Legal services 2.3 2.6
Educational services 15.5 6.2
Social services 9.3 4.0
Museums, art galleries, and botanical and 0.1 0.1
zoological gardens

Membership organizations 2.6 1.9
Engineering, accounting, research, management, 5.4 13.2
and related services

Private households 0.5 0.8
NEC 0.1 0.2

Public administration
Executive, legislative, and general government, 82.2 21.5
except finance

Justice, public order, and safety 5.2 33.5

Table 2.4 Detailed Industry Employment, Milwaukee and Santa Clara
County (“Silicon Valley”), 2000 (Two-Digit SICs)
(Continued)

Santa Clara 
Industry Milwaukee County



to the strength of manufacturing in the late 1990s and the fact that retirements
in the industry provided a source of jobs for new entrants. In Silicon Valley,
it was the top of the distribution that gained the most, while the declining or
stagnating wages in the bottom two deciles of the wage distribution indicated
a significant increase in economic inequality in the region.

Occupations
How do these aggregate wage patterns play out in particular occupations?
Table 2.5 shows the 1999 occupational structure in Milwaukee and Silicon
Valley, as well as the median hourly wage in each occupation. Two signif-
icant features emerge from this table. First, the occupational structure in in
Silicon Valley includes a higher percentage of occupations requiring more
education. Thus, for example, employment in computer and mathematical
occupations accounted for 7.7 percent of the workforce in Silicon Valley,
compared to only 1.6 percent in Milwaukee, while employment in architec-
ture and engineering occupations accounted for 6.4 percent of employment
in Silicon Valley, compared to only 2.1 percent in Milwaukee. In the other
direction, Milwaukee had a higher proportion of workers in production
occupations (14.8 percent versus 10.8 percent), in office and administrative
support (18.8 percent versus 15.4 percent), and in health care occupations
(4.5 percent versus 2.9 percent).
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Public finance, taxation, and monetary policy 1.7 5.6
Administration of human resource programs 3.2 3.6
Administration of environmental quality and 1.0 3.3
housing programs

Administration of economic programs 3.9 10.5
National security and international affairs 2.6 4.1
Nonclassifiable establishments 0.0 0.4

Source: From Covered Employment and Wages (ES-202) data provided by Wisconsin
Department of Workforce Development and California Employment Development Department.
Note: Mining is not shown because of very small cells.

Table 2.4 Detailed Industry Employment, Milwaukee and Santa Clara
County (“Silicon Valley”), 2000 (Two-Digit SICs)
(Continued)

Santa Clara 
Industry Milwaukee County



Table 2.5 Occupational Employment and Wages, Milwaukee and Silicon Valley, 1999

Milwaukee Silicon Valley

Median Hourly Median Hourly Percentage
Occupation Category Percentage Wage Percentage Wage Difference

Management 6.3 $28.91 7.2 $41.65 44
Business and financial operations 3.4 20.39 4.1 23.70 16
Computer and mathematical 1.6 21.23 7.7 32.85 55
Architecture and engineering 2.1 22.79 6.4 30.28 33
Life, physical, and social science 0.7 17.70 1.0 24.71 40
Community and social services 0.9 14.03 0.5 15.51 11
Legal 0.8 32.00 1.2 45.92 44
Education, training, and library 4.8 15.73 4.7 19.53 24
Arts, design, entertainment, sports, and media 1.1 14.97 1.0 20.38 36
Health care practitioners and technical 4.5 18.99 2.9 25.42 34
Health care support 2.5 9.74 1.2 10.62 9

(continued)



Table 2.5 Occupational Employment and Wages, Milwaukee and Silicon Valley, 1999 (Continued)

Milwaukee Silicon Valley

Median Hourly Median Hourly Percentage
Occupation Category Percentage Wage Percentage Wage Difference

Protective service 2.0 16.24 2.1 11.00 −32
Food preparation and serving related 7.3 7.05 7.6 7.34 4
Building and grounds cleaning and maintenance 3.2 8.33 3.4 8.91 7
Personal care and service 2.2 7.92 1.4 9.67 22
Sales and related 9.0 9.93 8.7 12.26 23
Office and administrative support 18.8 11.50 15.4 14.30 24
Farming, fishing, and forestry 0.1 10.43 0.2 6.44 −38
Construction and extraction 3.6 20.86 3.9 21.07 1
Installation, maintenance, and repair 3.5 16.91 3.1 18.68 10
Production 14.8 12.59 10.8 12.38 −2
Transportation and material moving 6.9 10.45 5.6 10.88 4

Source: U.S. Department of Labor, Bureau of Labor Statistics, “1999 Metropolitan Area Occupational Employment and Wage Estimates,
Milwaukee-Waukesha, WI PMSA,” and “1999 Metropolitan Area Occupational Employment and Wage Estimates, San Jose, CA PMSA,” available
at: http://www.bls.gov/oes/1999/oes_5080.htm and http://www.bls.gov/oes/1999/oes_7400.htm.
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Table 2.6 Average Job Length: Number of Quarters in an Employer
Spell for Spells Beginning in the Second Quarter of 1992
(Duration Calculated Through the Fourth Quarter of 1997)

California Wisconsin

All industries 2.5 2.7

One-digit industries
Agricultural production: crops 1.7 2.1
Mining 3.0 2.9
Construction 2.2 2.5
Manufacturing 3.1 3.0
Transportation and public utilities 3.0 3.1
Wholesale trade 3.0 3.1
Retail trade 2.7 2.7
Finance, insurance, and real estate 3.3 3.7
Services 2.5 2.4
Public administration 3.3 2.4
Environmental quality and housing 2.9 2.8
Unclassified establishments 1.7 2.2

Selected two-digit industries
Construction (SIC 152–179) 2.2 2.5
Machinery and computing equipment 3.6 3.5
(SIC 351–359)

Temporary services industry (SIC 7363) 1.8 1.7

Electrical machinery, equipment, and 3.7 —
supplies (SIC 361–369)

Communications (SIC 481–489) 3.0 —
Computer and data processing services 3.7 —
(SIC 737)

Metal industry (SIC 331–349) — 3.1
Transportation (SIC 401–478) — 3.1
Hospitals (SIC 806) — 4.4

Single-site establishments: Santa Clara
County, California, and Milwaukee,
Waukesha, Ozaukee, and Washington

counties, Wisconsin
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All industries 2.8 2.6

One-digit industries
Agricultural production: crops 2.1 2.3
Mining 2.6 2.6
Construction 2.3 2.5
Manufacturing 3.7 3.2
Transportation and public utilities 2.9 3.1
Wholesale trade 3.4 3.1
Retail trade 2.6 2.7
Finance, insurance, and real estate 3.0 3.6
Services 2.7 2.3
Public administration 3.0 2.4
Environmental quality and housing 3.3 2.3
Unclassified establishments 1.8 1.2

Selected two-digit industries
Construction (SIC 152–179) 2.3 2.6
Machinery and computing equipment 4.0 3.7
(SIC 351–359)

Temporary services industry (SIC 7363) 1.9 1.6
Electrical machinery, equipment, and 3.9 —
supplies (SIC 361–369)

Communications (SIC 481–489) 3.7 —
Computer and data processing services 4.0 —
(SIC 737)

Metal industry (SIC 331–349) — 3.0
Transportation (SIC 401–478) — 3.1
Hospitals (SIC 806) — 4.9

Source: Authors’ compilations from Covered Employment and Wages (ES-202) data pro-
vided by the states of California and Washington.

Table 2.6 Average Job Length: Number of Quarters in an Employer
Spell for Spells Beginning in the Second Quarter of 1992
(Duration Calculated Through the Fourth Quarter of 1997)
(Continued)

California Wisconsin



Table 2.7 Community College Districts in Silicon Valley

Foothill–De Anza West Valley–Mission San Jose–Evergreen
Community College District Community College District Community College District

Student body
Number of students
Race-ethnicity

Caucasian
Asian
Hispanic
African American
Other or nonspecified

Campuses

Economic development
programs

Source: Authors’ compilation.

40,700

40.0%
27.0
11.0
4.0

13.0

Foothill College (Los Altos
Hills); De Anza College
(Cupertino)

Occupational Training
Institute; Center for
Applied Competitive
Technologies; Business
and Industry Institute

25,000

63.4%
9.3

12.1
2.4

—

West Valley College (Saratoga);
Mission College (Santa Clara)

Community education; 
corporate training; California 
Procurement Training and 
Assistance Center; Alternative 
Transportation Solutions; 
Silicon Valley Small Business 
Development Center; Work-
place Learning Resource Center

20,000

16.0%
46.0
26.0
6.0
—

San Jose City College
(San Jose); Evergreen
Valley College (San Jose)

Institute for Business
Performance



Table 2.8 Growth in the Employment Services Industry, Milwaukee and Silicon Valley, 1990 to 2004

Milwaukee MSA San Jose MSA

Employment Services Total Nonfarm Employment Services Total Nonfarm

Percentage Percentage
Year Number Index of Total Number Index Number Index of Total Number Index

1990 16,800 100 2.2% 757,500 100 18,800 100 2.3% 822,900 100
1991 13,600 81 1.8 749,900 99 17,500 93 2.1 814,000 99
1992 16,900 101 2.2 760,100 100 18,100 96 2.3 800,300 97
1993 19,600 117 2.5 772,700 102 19,100 102 2.4 805,300 98
1994 23,200 138 2.9 788,800 104 22,800 121 2.8 808,900 98
1995 24,400 145 3.0 804,000 106 30,300 161 3.6 841,500 102
1996 23,600 140 2.9 812,900 107 34,300 182 3.9 890,500 108
1997 26,300 157 3.2 827,800 109 38,000 202 4.0 938,300 114
1998 28,500 170 3.4 846,000 112 39,100 208 4.0 968,300 118
1999 33,100 197 3.8 862,100 114 38,800 206 3.9 983,800 120
2000 32,800 195 3.8 867,900 115 42,700 227 4.1 1,043,000 127
2001 26,300 157 3.1 856,900 113 27,700 147 2.7 1,016,500 124
2002 24,100 143 2.9 839,500 111 19,600 104 2.1 915,800 111
2003 23,000 137 2.8 830,400 110 22,000 117 2.5 868,800 106
2004 28,100 167 3.4 832,300 110 25,200 134 2.9 859,900 104

Source: U.S. Department of Labor, Bureau of Labor Statistics, “Current Employment Statistics.”



industry. Thus, we see significant numbers of small niche firms that specialize
in placing skilled computer programmers, web designers, and other high-tech
workers. We also see many of the larger multinational firms in Silicon Valley
developing specific services for their highly skilled worker clientele alongside
more traditional services to the lower tiers of the labor market.

Membership-Based Intermediaries
Both Milwaukee and Silicon Valley have unionization rates above the national
average, though levels of unionization in Milwaukee are significantly higher than
in Silicon Valley. In 2000 in Milwaukee, 68.2 percent of public-sector employ-
ees and 13.8 percent of the private sector were union members (see figure 2.6).
In the San Francisco Bay Area, 53.7 percent of public-sector employees and
10.8 percent of private-sector employees were unionized.8 Unionization rates in
the public sector have risen significantly in both regions since the mid-1980s,
while private-sector unionization rates have continued to fall.

In Milwaukee, unions have traditionally been strong in the region’s man-
ufacturing industries. The economic restructuring of the 1980s helped spur
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Table 2.9 The Employment Services Industry in Milwaukee and
Silicon Valley, 1998 to 2002

Number of Total Estimated
Number Employees Average First- Equivalent

of Week of Employment Quarter Average
Firms March 12 Per Firm Payroll Annual Paya

Santa Clara County
1998 364 44,260 122 $285,746 $25,824
2000 409 50,765 124 379,770 29,924
2002 345 20,335 59 193,063 37,976

Milwaukee-Waukesha
1998 316 26,486 84 100,759 15,217
2000 369 26,694 72 119,463 17,901
2002 370 21,669 59 110,268 20,355

Source: U.S. Census, County Business Patterns, various years. Available at:
www.census.gov/epcd/cbp/view/cbpview.html.
aEquals total first-quarter payroll times 4, divided by number of employees week of March 12.



Table 2.10 Employment Services Firms by Size, Milwaukee and San Jose, 2000

Total Number Number of Establishments by Employment Size Class/Percentage of Total

of 100 250 500 1,000 
Establishments 1 to 4 5 to 9 10 to 19 20 to 49 50 to 99 to 249 to 499 to 999 Or More

Milwaukee 369 96/26% 31/8% 36/10% 57/15% 68/18% 56/15% 18/5% 7/2% 0/0%
San Jose 409 122/30% 33/8% 36/9% 48/12% 56/14% 67/16% 26/6% 12/3% 9/2%

Source: U.S. Census Bureau: County Business Patterns (available at: http://www.census.gov/epcd/cpb/view/cbpview.html).



Table 4.1 Alternative Measures of the Incidence of Use of Labor Market Intermediaries for Persons 
Age Twenty-Five to Sixty-Five, by Type of Intermediary and Location

Those Working in the Last Three Years

In a Job Obtained in the Those Currently
In a Job Obtained Last Three Years Through an Working in a Job Obtained

Through an LMI (lmi_lj) LMI (lmi_3years) Through an LMI (lmi_cjx)

Broad Temp Narrow Temp Broad Temp Narrow Temp Broad Temp Narrow Temp
LMI Type Measure Measure Measure Measure Measure Measure

Milwaukee
Private agencies 15.1% 15.1% 8.0% 8.0% 8.7% 8.7%

Temporary agencies 12.7 8.9 6.8 5.0 6.8 3.8
Permanent placement 2.4 6.2 1.2 3.0 1.9 4.9

agencies and headhunters

Union 2.7% 0.6% 2.3%
CBOs, nonprofit and 4.4 1.8 3.0

government agency
Community college and 6.3 1.5 5.2

vocational school
Professional association 1.3 0.8 1.0

Total 29.8 12.7 20.3a

Number of cases 659

(continued )



Table 4.1 Alternative Measures of the Incidence of Use of Labor Market Intermediaries for Persons 
Age Twenty-Five to Sixty-Five, by Type of Intermediary and Location (Continued)

Those Working in the Last Three Years

In a Job Obtained in the Those Currently
In a Job Obtained Last Three Years Through an Working in a Job Obtained

Through an LMI (lmi_lj) LMI (lmi_3years) Through an LMI (lmi_cjx)

Broad Temp Narrow Temp Broad Temp Narrow Temp Broad Temp Narrow Temp
LMI Type Measure Measure Measure Measure Measure Measure

Silicon Valley
Private placement agency 15.3 15.3 9.7 9.7 6.9 6.9

Temporary agencies 11.4 9.5 6.9 6.1 5.1 3.9
Permanent placement 3.9 5.8 2.8 3.6 1.8 3.0
agencies and headhunters

Union 2.4% 1.4% 2.0%
CBOs, nonprofit and 2.7 1.8 1.7

government agency
Community college and 4.4 1.8 2.9

vocational school
Professional association 1.6 1.1 0.8
Total 26.3 15.8 14.4a

Number of cases 689

Source: Authors’ compilation.
Note: Bolded values for Silicon Valley are statistically significant from corresponding Milwaukee values at the .05 level or higher.
aDue to missing data, this is a lower-bound estimate. Total upper-bound estimates are 22.3 percent in Milwaukee and 15.8 percent in Silicon Valley.
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table 4.2 by type of LMI for each of our three measures and by region. Time
since employment was longest for those who did not use LMIs and for those
who obtained work through “other LMIs.” Time since employment was gen-
erally shorter for those who used temp or placement agencies, and in Silicon

Table 4.2 Mean Years Since Reference Job Started for Alternative
LMI Incidence Measures, by LMI Type and Region

Among Those Working in the Among
Last Three Years Those

In a Job Currently
Obtained in Working in

In a Job the Last Three a Job
Obtained Years Through Obtained

Through an an LMI Through an 
LMI (lmi_lj) (lmi_3years) LMI(lmi_cjx)

Milwaukee
No LMI 8.6 8.8 8.1
LMI 6.0a 1.1a 6.7

Temp agency (narrow) 2.4a 1.0a 2.9a

Placement agency 4.4a 1.1a 4.8
Nonprofit or 6.3 0.9a 6.2
government agency

Other LMI 9.5 1.3a 8.9

Number of cases 659

Silicon Valley
No LMI 5.9b 6.2b 5.7b

LMI 4.1a,b 1.0a 5.6
Temp agency (narrow) 2.6a 1.0a 3.5
Placement agency 2.2a,b 0.9a 2.2b

Nonprofit or 2.2b 0.9a 3.2
government agency

Other LMI 7.4 1.1a 4.9b

Number of cases 689

Source: Authors’ compilation.
aDifference from value for “no LMI” (in same region) statistically significant at the .05 level.
bDifference between Milwaukee and Silicon Valley statistically significant at the .05 level.



Table 4.3 Demographic Characteristics of Workers Employed in the Past Three Years, by LMI Use (Temp Narrow)

Milwaukee Silicon Valley

Private Agency Private Agency

Permanent Nonprofit Permanent Nonprofit
Non- Temp and and Other Non- Temp and and Other

Characteristics LMI Agency Headhunter Government LMIa LMI Agency Headhunter Government LMIa

Average age (years) 44.6 38.1b 37.4b 44.4 41.0 40.8 37.5b 39.6 36.8 39.7
Female 56.8% 50.0% 40.0% 60.3% 53.9% 52.0% 48.8% 53.8% 68.8% 32.4%b

Average years of 
schooling 14.3 13.4 14.7 13.0 13.7 14.8 13.8 17.0b 13.8 16.0

Native-born 94.4% 72.1%b 94.3% 97.3% 94.7% 66.4% 55.4% 68.5% 70.5% 71.7%
Family received public 6.1% 14.4%b 5.3% 23.1%b 7.8% 5.6% 11.8% 2.5% 17.4% 2.5%
assistance in past year

Ethnicity
Non-Hispanic white 88.6% 39.7%b 84.9% 62.4%b 83.8% 51.8% 42.3% 68.5% 40.1% 50.3%
Hispanic 3.9 27.9b 1.6 5.8 3.6 28.8 12.7b 4.7b 39.5 26.7
Black 5.3 26.3b 5.5 24.5b 12.2b 2.6 16.8b 6.8 10.0 2.7
Asian or Pacific Islander 0.8 3.4 0.0 0.0 0.1 12.8 24.3b 9.6 1.9 13.4
Other 1.3 2.4 1.9 7.2 0.2 3.5 1.4 10.0b 8.5 6.5

(continued )



Table 4.3 Demographic Characteristics of Workers Employed in the Past Three Years, 
by LMI Use (Temp Narrow) (Continued)

Milwaukee Silicon Valley

Private Agency Private Agency

Permanent Nonprofit Permanent Nonprofit
Non- Temp and and Other Non- Temp and and Other

Characteristics LMI Agency Headhunter Government LMIa LMI Agency Headhunter Government LMIa

Highest level of schooling
Less than high school 3.6% 13.3%b 8.5% 8.2% 2.2% 3.7% 0.9% 0.0% 6.3% 0.2%
High school or GED 38.0 41.9 28.0 69.0b 30.7 35.8 34.4 14.3b 42.3 28.1
Associate degree 14.1 9.5 7.8 7.7 32.3b 9.0 17.4 14.8 18.8 13.0
Bachelor’s degree 26.6 32.6 39.3 7.9b 16.4b 30.8 27.1 33.0 26.1 29.0
Advanced degree 15.1 2.0b 12.6 6.7 4.5b 20.7 13.7 37.9b 1.0 25.4
Certificate or license 2.7 0.6 3.8 0.5 13.8b 0.0 6.6b 0.0 5.6b 3.2b

Number of cases 286 123 71 68 123 323 112 86 37 140

Source: Authors’ compilation.
aIncludes unions, professional associations, and community college and vocational school placements.
bDifference from the value for non-LMI value statistically significant at the .05 level or higher.



Table 4.4 Reasons for Going to an LMI, by Type of LMI and Region (Temp Narrow)

Milwaukee Silicon Valley

Private Agency Private Agency

Permanent Nonprofit Permanent Nonprofit
Temp and and Other Temp and and Other

Reason for Going to an LMI Agency Headhunter Government LMIa Agency Headhunter Government LMIa

Getting a jobb 58.3% 49.9% 61.8% 34.2%e 62.3% 35.3%e 51.9% 28.2%
Unemployed 28.5 34.7 60e 9e 47.5 19.2e 34 8
Moved 22.5 2.9 1e 2e 6.4 14.0 4 3
Was keeping house 4.4 0.0 0 3 2.9 0.0 4 4
Entering workforce 1.1 12.2e 0 19e 2.6 2.0 2 13
Leaving welfare 1.9 0.2 1 0 0.1 0.0 4e 0
Needed help finding job 0.0 0.0 0.0 0.8 2.8 0.2 4 1

Getting a better jobc 40.2 36.8 36.6 56.3e 37.3 43.5 24.1 60.0
Wanted a better career 3.6 5.8 7 3 7.6 9.9 5 14
Wanted better skills 0.0 0.0 1 4e 0.0 0.0 0 4
Wanted better job 12.5 16.8 13 32e 18.8 30.9 12 38



Financial reasons 
(needed more money) 11.8 8.0 5 9 8.1 2.7 4 3

Needed second job 12.2 6.3 11 9 2.8 0.1 3 2

Other reasonsd 1.5 13.2e 1.7 9.5e 0.4 21.1e 0.5 11.8
Other reasons 1.4 0.0 0 0 0.3 1.8 0 0
Was recruited 0.0 12.5e 0 2 0.0 19.2e 0 2
Went to school 0.0 0.7 1 2 0.0 0.0 1 6
Bored 0.1 0.0 0 0 0.1 0.1 0 0
Something else—
not looking for work 0.0 0.0 0 6e 0.0 0.0 0 3

Number of cases 123 71 68 123 112 86 37 140

Source: Authors’ compilation.
aIncludes unions, professional associations, and community/vocational college placements.
bIncludes unemployed, moved, was keeping house, entering workforce, leaving welfare assistance, or needed help finding a job.
cIncludes those seeking a better job, better skills, better career, seeking more pay, or needing a second job.
dIncludes recruited, went to school, bored, was not looking for work, or other reasons.
eDifference from the value for temp agency statistically significant at the .05 level or higher.



Table 4.5 Type of Assistance Received from an LMI, by Type of LMI and Region (Temp Narrow)

Milwaukee Silicon Valley
Private Agency Private Agency

Permanent Nonprofit Permanent Nonprofit
Temp and and Other Temp and and Other

Type of Assistance Agency Headhunter Government LMIa Agency Headhunter Government LMIa

Job-finding skills
Job-hunting advice 28% 37% 62%b 67%b 22% 46%b 63%b 69%b

Networking skills 20 17 36b 47b 12 29b 56b 48b

Help with résumé 16 11 46b 36b 11 34b 58b 40b

Training
Computer training 5 2 32b 35b 10 0b 33b 38b

Advanced training 3 0 16b 36b 6 0 35b 41b

GED/ESL classes 0 1 7b 37b 0 0 24b 22b

Other assistance
Mentoring 0 0 18b 40b 4 0 34b 41b

Legal help 2 0 11b 27b 3 0 35b 18b

Transportation 20 3b 25 8b 1 4 38b 6b

Child care help 0 0 12b 7b 1 2 33b 4
Health insurance 23 4b 18 28 17 3b 36b 26
Pension plan 7 1b 18b 26b 15 3b 25 27b

Number of cases 123 71 68 123 112 86 37 140

Source: Authors’ compilation.
aIncludes unions, professional associations, and community/vocational college placements.
bDifference from the value for temp agency statistically significant at the .05 level or higher.



Table 4.6 Satisfaction with the Assistance Provided by LMIs, by Type of LMI and Region (Temp Narrow)

Milwaukee Silicon Valley

Private Agency Private Agency

Agreed with Statement Permanent Nonprofit Permanent Nonprofit
That Assistance from LMI Temp and and Other Temp Pand and Other
Helped Them Get . . . Agency Headhunter Government LMIa Agency Headhunter Government LMIa

Job they enjoyed more 36% 57%b 53%b 67%b 36% 74%b 59%b 70%b

Job that was more stable 34 47 75b 59b 31 33 54b 54b

Job with better working conditions 26 44b 46b 60b 32 32 50 47b

Job with better career opportunities 26 43b 49b 64b 36 51b 44 62b

Job with higher wages 32 29 31 48b 36 51b 49 48
Job with better schedule 31 19 35 39 23 19 56b 31
Job with better medical coverage 18 33b 47b 47b 15 27 33b 38b

Job with better pension 10 41 54b 46b 19 17 34 41b

Better commute 13 22 23 17 9 15 46b 23b

Better child care 2 7 12b 11b 2 0 50b 10b

Something else 8 5 9 23b 8 14 23b 25b

Number of cases 169 25 68 123 151 47 37 140

Source: Authors’ compilation.
aIncludes unions, professional associations, and community/vocational college placements.
bDifference from the value for temp agency statistically significant at the .05 level or higher.



Table 4.7 Use of LMIs to Obtain a Job Held in the Past Three Years, by Income, Education, Race, 
and Region (Temp Narrow)

Household Income Education Level Race

High School Some Asian
Bottom Top Graduate College and

Type of LMI Used All 33 Percent 67 Percent or Less or More Black Hispanic Other White

Milwaukee 29.9% 33.8% 26.7%a 32.4% 27.8% 57.9%a 54.1%a 32.6% 24.9%
Temp agency 8.9 13.0 5.6a 11.2 7.1 27.0a 41.7a 12.0 4.4
Permanent and headhunter 6.2 6.6 5.9 5.3 6.9 4.0 1.6 10.8 6.5
Community college 6.3 5.1 7.2 4.4 7.7 9.5 2.1 0.5 6.6
Nonprofit, government 4.5 6.4 2.9a 8.0 1.8a 12.6a 4.4 7.5 3.4
Union 2.7 1.8 3.4 2.6 2.8 1.3 3.4 1.9 2.8
Professional association 1.3 1.0 1.6 0.9 1.6 3.5 0.9 0.0 1.2

Number of cases 659 379 280 345 311 172 62 39 386

Silicon Valley 26.3 26.4 26.2 21.5 29.3a 57.7a 18.8a 29.2 26.3
Temp agency 9.5 12.0 7.5a 9.2 9.7 37.3a 4.7 13.0 8.1
Permanent and headhunter 5.8 3.3 7.8a 2.3 7.8a 8.7 1.0a 6.9 7.5
Community college 4.4 2.8 5.6 3.0 5.1 2.4 3.8 6.2 4.1
Nonprofit, government 2.7 4.6 1.2a 3.6 2.3 6.4 4.2 1.4 2.2
Union 2.4 3.5 1.4 3.5 1.6 3.0 3.5 0.1a 2.7
Professional association 1.6 0.1 2.7a 0.0 2.5a 0.0 1.5 1.7 1.7

Number of cases 659 379 280 345 311 172 62 39 386

Number of cases 689 328 361 264 417 32 177 135 345

Source: Authors’ compilation.
aDifference between categories (high versus low education or income, other races versus white) is statistically significant at the .05 level or higher.



120 STAIRCASES OR TREADMILLS?

reported for going to the LMI, separately by education level and for each region.
As we did with table 4.7, we group the reasons for going to an LMI into three
categories: those that related to a job search for the unemployed, those that
related to obtaining either a better (or better-paying) job or a second job,
and other reasons. Differences between those with higher and lower levels of

Table 4.8 Reason for Using an LMI to Obtain a Job Held 
in the Past Three Years, by Education Level and Region

Milwaukee Silicon Valley

Low High Low High
Reason for Using an LMI Education Education Education Education

To get a job 53% 45% 47% 43%
Unemployed 35 21a 30 26
Moved 10 6 5 8
Was keeping house 1 3 5 1a

Entering workforce 5 14a 2 7
Leaving welfare 2 0 2 0a

Needed help finding a job 0 1 3 1

To get a better job 43 46 47 44
Wanted a better job 14 26a 26 27
Wanted better skills 3 0a 1 1
Wanted a better career 5 3 12 9
Financial reasons 
(needed more money) 12 6a 8 4

Needed a second job 9 10 1 2

Other reasons 4 9 6 13a

Recruited 1 5a 3 9a

Other reasons 0 0 2 0a

Went to school 1 1 1 3
Bored 0 0 0 0
For something else; 
not looking for work 3 2 0 2

Number of cases 264 417 345 311

Source: Authors’ compilation.
aDifferences between education groups are statistically significant at the .05 level.



Table 4.9 Intensity of Intermediary Contact, by Income, Education, Race, and Region, 
for Users of Agencies Other Than Temp Agencies (Temp Narrow)

Household Income Education Level Race

Bottom Top High School Some College
Length of Contact with LMI/Outcome All 33 Percent 67 Percent Graduate or Less or More White Nonwhite

Milwaukee
Length of contact (days) 297 236 342a 244 335 328 166
Days spent in GED classes with LMI 44 43 44 43 44 45 39
Days spent in computer classes with LMI 28 40 19 17 37 27 32
Days spent in advanced training with LMI 46 15 71a 50 42 51 26
Percentage for whom . . .

LMI training led to a diploma 22 20 23 16 26 20 28
LMI training helped find a job 26 29 24 28 25 25 34

Number of cases 262 138 124 131 131 165 94



Silicon Valley
Length of contact (days) 268 286 259 219 285 282 264
Days spent in GED classes with LMI 30 25 33 18 35 28 34
Days spent in computer classes with LMI 38 30 43 32 41 42 32
Days spent in advanced training with LMI 57 70 50 19 73a 66 49
Percentage for whom . . .

LMI training led to a diploma 20 25 17 24 19 17 25
LMI training helped find a job 26 32 22 31 23 21 31

Number of cases 263 112 151 93 170 132 127

Source: Authors’ compilation.
aDifferences between groups (low- versus high-income, high school graduate versus higher education, white versus nonwhite) are statistically significant at
the .05 level.
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Figure 5.1 Distribution of Employment by Occupation and 
LMI Status, Milwaukee
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Figure 5.2 Distribution of Employment by Industry and 
LMI Status, Milwaukee
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Figure 5.3 Distribution of Employment by Occupation and 
LMI Status, Silicon Valley
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Figure 5.4 Distribution of Employment by Industry and 
LMI Status, Silicon Valley
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Figure 5.5 Concentration of Occupational Employment for 
Workers with Low Education, by LMI Status, Milwaukee

Source: Authors’ compilation.
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We are also interested in outcomes that correspond to the LMI use of more-
or less-disadvantaged workers. In figures 5.6 and 5.7 (see pp. 136–37), we
show median real hourly wages for those who did not obtain their job through
an intermediary, for those who used a temporary agency, and for those who
used all other intermediaries. In each case, we distinguish between those from
low-income households and others, those with lower and higher levels of edu-
cation, and members of white and nonwhite racial-ethnic groups. The results
are quite striking and indicate, among other things, either considerable sort-
ing of workers into temp agencies, differential impact in temp agencies, or
both. In Milwaukee, wages for temp agency workers were lower among both
advantaged and disadvantaged workers, while differences between “other
LMI” users and “non-LMI” users were less distinct. In Silicon Valley, the same
pattern holds for more advantaged workers. However, among Silicon Valley’s
disadvantaged workers, those with temp agency placements were faring about
as well as those who had found jobs through non-LMI avenues. This again
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Figure 5.6 Real Median Hourly Wage, by Type of LMI Used,
Income, Education, and Race, Milwaukee

Source: Authors’ compilation.

$0

$5

$10

H
ou

rl
y 

W
ag

e 
(2

00
2 

do
lla

rs
)

$15

$20

$25

Yes No Yes No Yes No
Low-Income Low-Education Nonwhite

Temp Narrow
No LMI

Other LMI

with the survey. Thus, our wage and outcome models are suggestive of longer-
term effects of LMI usage. Moreover, we have a rich set of cross-sectional con-
trols here for individual worker characteristics that are much more detailed than
those that have been available to most other researchers asking related questions.
The inclusion of these controls tempers many of the results, suggesting both that
selection is at work and that we have captured at least some of its effects. Thus,
we suggest that these results may cautiously be interpreted as indicative of possi-
ble causal patterns, but we cannot conclusively ascribe causality, for instance, from
LMI use to outcome, nor can we infer general patterns that go too far beyond
these labor markets and this time period. Nonetheless, we believe that there may
be useful lessons here for researchers and policymakers.

In what follows, we estimate several multivariate models explaining wages
and benefits for workers in each region. The dependent variable in the wage
models is the log of the real hourly wage (set to 2002 prices). In the benefits
equations, the dependent variables are dummy variables indicating variously
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the availability of an employer-provided pension plan, the availability of an
employer-provided health insurance plan, or an employer who provides full
payment of the health insurance premium. In all cases, the models estimate
the relationship between type of LMI used (if any) and the outcome in ques-
tion, controlling for various personal and job characteristics.3

Hourly Wages
Five separate models explaining real wages are estimated, progressively adding and
testing a range of explanatory variables. The means and standard errors of all
model variables are shown in table 5.2 (see pp. 144–45). Model 1 shows the LMI
wage differentials estimated without the inclusion of other controls, and model
2 adds worker characteristics, including controls for the highest level 
of education completed, the receipt of training, gender, race (black, Hispanic, and
Asian and other), foreign-born status, level of English fluency, potential work
experience (and potential work experience squared), and tenure on the reference

Figure 5.7 Real Median Hourly Wage, by Type of LMI Used,
Income, Education, and Race, Silicon Valley

Source: Authors’ compilation.
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job.4 Model 3 adds job characteristics—controls for one-digit industry and for
union contract coverage and an indicator for part-time work (less than twenty
hours per week)—and in model 4 a control for temporary jobs is tested. In
Model 5, separate LMI effects for those who have not attended college are added.

The models explaining the hourly wage generate interesting and provocative
results (see table 5.3 on pp. 146–49). In both regions, a strong negative wage
effect is estimated for individuals who obtained jobs through a temporary agency
as compared with individuals who did not use an LMI to find work; strong pos-
itive effects are found for individuals who obtained work through private place-
ment agencies. In Silicon Valley only, a negative effect is also estimated for the
use of nonprofit and government agencies. Estimated effects decrease consider-
ably with the inclusion of controls for individual characteristics in model 2, sug-
gesting that a significant portion of the effects estimated in model 1 are the result
of individuals with different characteristics (which have differential returns in the

Figure 5.8 Availability of Employer-Provided Health Insurance 
by Type of LMI Used, Income, Education, and 
Race, Milwaukee

Source: Authors’ compilation.
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market) using different methods to obtain jobs. The estimated effects do not
change much, however, with the further inclusion of job characteristics in
model 3. The resultant effect of temp agency placement is 21 percent lower wages
in Milwaukee and 28 percent lower wages in Silicon Valley; the nonprofit wage
reduction in Silicon Valley is 34 percent. In contrast, private placement agencies
confer a wage advantage of 21 and 25 percent in Milwaukee and Silicon Valley,
respectively. It should be noted that these estimates could reflect either the real
effects associated with obtaining work through different types of agencies or dif-
ferential sorting of workers (with different unobservable and wage-related char-
acteristics) into different types of LMIs. However, as noted earlier, a wide range
of worker and job characteristics are already included, and they should account
for much of the differential sorting of workers into different LMIs.5

In model 4, we test the inclusion of a variable indicating whether a job is a
temporary placement, regardless of how that job was obtained. In both regions,

Figure 5.9 Availability of Employer-Provided Health Insurance, 
by Type of LMI Used, Income, Education, and 
Race, Silicon Valley

Source: Authors’ compilation.
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controlling for temporary placements causes the temp agency effect to drop—in
Milwaukee by 42 percent, and in Silicon Valley by 25 percent. This suggests that
the remaining temp agency effect (12 percent in Milwaukee and 21 percent in
Silicon Valley) is over and above any effect associated with temporary place-
ments per se and is associated specifically with the use of the temporary agency.

We also test for differences in LMI effects among those with and without
any college education. These are shown in model 5, where we include a sepa-
rate LMI term for those without a college education. In both regions, the
results suggest that the strong positive effect of private placement agencies is
experienced only by those with at least some college education.

Benefits
Pension Plans We follow a similar strategy in testing for LMI effects on the
receipt of benefits such as an employer-provided pension or health insurance

Figure 5.10 Availability of Employer-Provided Pension Plan, 
by Type of LMI Used, Income, Education, and 
Race, Milwaukee

Source: Authors’ compilation.
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plan. The results closely parallel those found for wages. In table 5.4 (see 
pp. 150–51), we present coefficient estimates and the corresponding odds ratio
effects from logistic regressions modeling the odds of having access to an
employer-provided pension plan; estimates corresponding to models 3 and 4 are
shown. Model 3 includes the full range of controls for worker and job character-
istics, except the control for temporary placements. Model 4 adds that control.6

In both regions, individuals who obtained work through temporary agencies were
considerably less likely to receive pension benefits than others; in Milwaukee the
odds ratio effect is 0.15 and in Silicon Valley it is 0.18. Adding the control for
temporary placements about doubles the odds ratio in both regions, but the effect
is still large and statistically significant. This suggests that workers who obtained
temporary placements through temp agencies were still far less likely to receive
pension benefits than otherwise comparable workers who made temporary place-
ments by other means. In Milwaukee, we also estimate a positive and significant

Figure 5.11 Availability of Employer-Provided Pension Plan, 
by Type of LMI Used, Income, Education, and 
Race, Silicon Valley

Source: Authors’ compilation.
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Figure 5.12 Availability of Employer-Provided Training, by Type of
LMI Used, Income, Education, and Race, Milwaukee

Source: Authors’ compilation.
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effect of permanent placement agencies on the odds of receiving pension bene-
fits. However, all other LMI effects are statistically insignificant. We found no
statistically significant separate LMI effects for those without college.

Health Insurance We extend our estimation strategy further to look at the
determinants of the availability of health insurance through employers; model
estimates are shown in table 5.5 (see pp. 152–53). The results for the effect of
temp agency placements on the availability of employer-provided health insur-
ance closely parallel those found for pensions, both in direction and size: temp
agency users in both regions were less likely than others to have health insur-
ance available through their employer. The odds ratio for those using temp
agencies is only a fraction of the odds ratio for non-LMI users (0.14 in
Milwaukee and 0.13 in Silicon Valley). However, these effects lose their size
and significance when we separately control for temporary placements regard-
less of their source in model 4.
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Figure 5.13 Availability of Employer-Provided Training, by Type of
LMI Used, Income, Education, and Race, Silicon Valley

Source: Authors’ compilation.
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We also investigate health insurance in more detail, modeling the extent to
which employers paid health insurance premiums, either in part or in full. When
the dependent variable is whether the employer paid any of the health insurance
premium, the results (not surprisingly) are virtually identical to those in table
5.5 that model whether employer-provided health insurance was available at all
through the employer. The findings diverge somewhat, however, when we
model whether the health insurance premiums were paid in full by the employer.
In this case (shown in table 5.6 on pp. 154–57), we find that full premiums are
strongly tied to education levels, part-time status, union status, and industry of
employment. In Milwaukee the outcome is largely unrelated to LMI status. In
Silicon Valley, however, this is not the case: we find a strong negative effect asso-
ciated with both temporary jobs and with the use of temporary agencies. The
magnitude of this effect is comparable to those found in the preceding benefits
models. When we estimate model 5 in either location, we find little in the way
of differential impact of LMIs for those without a college education.
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ability of the public sector to meet the employment needs of low-wage work-
ers, and the extent to which successful intermediaries might serve as models
for others. These are key policy questions, and yet relatively few data have been
brought to bear on them.

We offer several caveats to our analysis. First, the LMI users we interviewed
were limited to those who had successfully obtained work through an LMI.
Thus, our data cannot speak to the important question of whether inter-
mediaries are effective in finding jobs for workers. This, of course, is one of the
central outcomes of interest in the current discourse on labor market inter-

Table 5.1 Labor Market Outcomes for Workers Employed in 
Past Three Years, by LMI Use (Temp Narrow)

Milwaukee

Private Agency

Non- Temp Permanent or Nonprofit or Other 
Outcomes LMI Agency Headhunter Government LMIa

Hourly wage $ 19.01 $ 10.69b $ 23.35 $ 13.46b $ 18.95
(in 2002 dollars)

Hours per week 40.8 37.0b 43.3 38.6 42.4
Part-time work 9% 12 12% 11% 3%
(less than 
20 per week)

Training from 54 20b 56 61 65
employer

Health insurance 79 40b 87 65 75
from employer

Health premiums 13 4 16 11 16
paid in full by 
employer

Pension benefits from 68 17b 83 68 72
employer

Number of cases 274 123 71 68 123

Source: Authors’ compilation.
aIncludes unions, professional associations, and community college and vocational school 
placements.
bDifference from the value for non-LMI value statistically significant at the .05 level or higher.
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mediaries. Second, the data analyzed here offer a snapshot of only two regional
economies during relatively good economic times; they are not necessarily
indicative of what might be found in other regions or at other points in the
business cycle. Finally, our data are neither experimental nor explicitly 
longitudinal—they do not allow a fully controlled cause-and-effect isolation
of intermediary effects.

On the other hand, the nature of our data collection introduces a longitudi-
nal component to our outcomes data. Although reported LMI usage may have
occurred at any point in the past, job outcomes are measured contemporaneously

Silicon Valley

Private Agency

Non- Temp Permanent or Nonprofit or Other
LMI Agency Headhunter Government LMIa

$ 25.81 $ 17.49b $ 34.65b $ 11.92b $ 24.95

41.8 41.6 50.0b 34.9b 42.7
10% 3% 0% 21% 6%

52 44 37 44 47

72 46b 93b 68 80

27 8b 40 21 31

64 32b 77 50 72

311 112 86 37 140
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Table 5.2 Summary Statistics for Model Variables

Milwaukee Silicon Valley

Standard Standard 
Mean Error Mean Error

Log real hourly wage 2.73 0.039 3.03 0.041
Health insurance from employer 0.75 0.025 0.71 0.028
Pension benefits from employer 0.65 0.028 0.62 0.030
Health premiums paid in full by 0.13 0.019 0.27 0.027
employer

Percentage Using LMI
Temp agency 0.09 0.012 0.10 0.014
Private placement agency and 0.06 0.011 0.06 0.009
headhunter

Union 0.03 0.007 0.02 0.006
Nonprofit, CBO, government 0.04 0.008 0.03 0.007
Community and technical college 0.06 0.011 0.04 0.008
Professional association 0.01 0.006 0.02 0.005

Individual characteristics
Potential experience (years) 23.09 0.746 19.14 0.660
Job tenure (months) 99.93 6.486 69.57 5.677
Percentage with other training 0.66 0.028 0.62 0.029
Percentage with LMI training 0.09 0.014 0.07 0.011
English limited 0.21 0.024 0.28 0.028

Foreign-born 0.07 0.015 0.34 0.029
Female 0.55 0.030 0.51 0.030
White 0.82 0.019 0.51 0.031
Hispanic 0.06 0.011 0.26 0.030
Black 0.09 0.013 0.04 0.012
Asian or other race 0.03 0.008 0.18 0.022

Educational attainment
High school dropout 0.05 0.011 0.03 0.010
High school graduate 0.38 0.029 0.33 0.029
Associate’s degree 0.15 0.022 0.11 0.018
Four-year college graduate 0.38 0.029 0.52 0.030
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Job characteristics
Union 0.22 0.024 0.18 0.023
Temporary job 0.09 0.013 0.12 0.016
Part-time job 0.09 0.017 0.08 0.017
(less than 20 hours per week)

Industry of employment
Manufacturing 0.20 0.023 0.21 0.024
Construction 0.05 0.013 0.06 0.012
Retail 0.11 0.020 0.12 0.022
Services 0.08 0.015 0.13 0.019
FIRE 0.40 0.030 0.27 0.026
Agriculture and mining 0.00 0.001 0.01 0.005
Public administration 0.03 0.010 0.03 0.010
Public transportation 0.08 0.016 0.07 0.016
Wholesale 0.03 0.010 0.05 0.015

Source: Authors’ compilation.

Table 5.2 Summary Statistics for Model Variables (Continued)

Milwaukee Silicon Valley

Standard Standard 
Mean Error Mean Error

Comparison with Other Studies
Our most consistent findings across both regions are statistically significant
and strongly negative relationships between temporary agency use and several
labor market outcomes—namely, hourly wages, the availability of pension and
health insurance benefits, and the payment of health insurance premiums by
employers. Several other recent studies have also looked specifically at the rela-
tionship between temporary agency use and earnings, particularly among low-
income workers (for example, Andersson et al. 2005; Autor and Houseman
2005a; Ferber and Waldfogel 1998; Heinrich, Mueser, and Troske 2005;
Lane et al. 2003). Some authors have reached conclusions parallel to those
here, but others have had quite opposite findings. Of course, each of these
studies incorporates different data, populations, and research methodologies,
making direct comparisons something of an “apples and oranges” exercise. In

(text continues on page 158)



Table 5.3 Wage Outcomes and LMIs, Milwaukee and Silicon Valley, 
OLS Regressions (Dependent Variable: Log Real Hourly Wage)

Milwaukee

Model 1 Model 2 Model 3 Model 4 Model 5
Coefficient Coefficient Coefficient Coefficient Coefficient

Intercept 2.79*** 2.57*** 2.60*** 2.60*** 2.62***

LMI use (most 

recent LMI job)

Professional −0.08 −0.07 −0.06 −0.05 −0.06

association

Community and −0.11 −0.08 −0.08 −0.08 −0.09

vocational

college

Nonprofit, −0.27*** −0.11 −0.08 −0.07 −0.06

government and

CBO

Private placement 0.11 0.18* 0.21* 0.20* 0.35***

agency

Temp agency −0.52*** −0.20*** −0.21*** −0.12 −0.23**

Union 0.31*** 0.07 −0.08 −0.08 −0.08

Education level

Less than −0.25*** −0.23*** −0.23*** −0.19**

high school

Associate’s degree 0.12* 0.10 0.09 0.09

College graduate 0.36*** 0.35*** 0.35*** 0.32***

Race

Asian or other −0.12 −0.09 −0.09 −0.07

Black −0.15** −0.17*** −0.15** −0.19***

Hispanic −0.09 −0.16 −0.14 −0.16

Female −0.31*** −0.30*** −0.29*** −0.29***

English Limited −0.03 −0.02 −0.02 −0.03

Foreign-born −0.11 −0.08 −0.07 −0.08

Training from LMI 0.04 0.02 0.02 0.02

Job tenure 0.002*** 0.002*** 0.002*** 0.002***

Training 0.11* 0.09 0.10 0.09

Work experience 0.006 0.00 0.00 0.00

Work experience- −0.0002 0.00 0.00 0.00

squared



Silicon Valley

Model 1 Model 2 Model 3 Model 4 Model 5
Coefficient Coefficient Coefficient Coefficient Coefficient

3.10*** 3.17*** 3.17*** 3.17***

0.10 −0.11 −0.05 0.02 −0.07

0.05 −0.13 0.03 0.05 0.01

−0.63*** −0.41*** −0.34** −0.34** −0.42*

0.39*** 0.25*** 0.25*** 0.25*** 0.29***

−0.29*** −0.25*** −0.28*** −0.21* −0.28***

0.08 −0.01 0.01 0.05 −0.10

−0.37*** −0.36*** −0.36*** −0.36***

0.06 0.11 0.11 0.11

0.32*** 0.33*** 0.33*** 0.33***

0.03 0.01 0.02 0.01

−0.21** −0.20* −0.20* −0.19*

−0.29*** −0.26** −0.26** −0.27**

−0.19*** −0.18** −0.18** −0.17**

−0.17* −0.18* −0.16* −0.18*

−0.08 −0.08 −0.08 −0.08

0.01 −0.12 −0.13 −0.08

0.001*** 0.001*** 0.001*** 0.001***

0.03 0.05 0.05 0.05

0.00 0.00 0.00

0.00 0.00 0.00

(continued )



Part-time −0.17* −0.17* −0.17*

Union 0.03 0.02 0.02

Industry

Agriculture, −0.08 −0.08 −0.18

mining

Construction 0.25** 0.26** 0.27**

FIRE 0.01 0.01 0.03

Public admin- −0.21** −0.21* −0.15

istration

Public transit −0.06 −0.05 −0.02

Retail −0.07 −0.08 −0.07

Services −0.09 −0.09 −0.06

Wholesale 0.03 0.06 −0.01

Temporary job −0.17**

LMI effects for 

noncollege

sample

Community and 0.19

vocational

college

Nonprofit and −0.05

government

CBO

Private placement −0.05***

agency

Temp agency 0.03

Union 0.07

R-squared 0.1058 0.4332 0.4621 0.4669 0.4738

Number of cases 528 498 494 494 494

Source: Authors’ compilation.
*significant at the .10 level
**significant at the .05 level
***significant at the .01 level

Table 5.3 Wage Outcomes and LMIs, Milwaukee and Silicon Valley, 
OLS Regressions (Dependent Variable: Log Real Hourly 
Wage) (Continued)

Milwaukee

Model 1 Model 2 Model 3 Model 4 Model 5
Coefficient Coefficient Coefficient Coefficient Coefficient



0.03 0.04 0.03

−0.02 −0.02 −0.02

−0.12 −0.13 −0.11

0.02 0.02 0.02

−0.12 −0.12 −0.13

−0.11 −0.11 −0.11

−0.22 −0.21 −0.23

−0.13 −0.13 −0.13

−0.13 −0.13 −0.13

−0.02 −0.02 −0.02

−0.11

−0.10

0.21

–0.41**

0.00

0.34*

0.0816 0.4084 0.4312 0.4337 0.436

574 518 513 513 513

Silicon Valley

Model 1 Model 2 Model 3 Model 4 Model 5
Coefficient Coefficient Coefficient Coefficient Coefficient



Table 5.4 Benefits and LMIs, Milwaukee and Silicon Valley, Logistic Regressions (Dependent Variable: 
Employer-Provided Pension Plan)

Milwaukee Silicon Valley

Model 3 Model 4 Model 3 Model 4

Coefficient Odds Coefficient Odds Coefficient Odds Coefficient Odds
Estimate Ratio Estimate Ratio Estimate Ratio Estimate Ratio

Intercept −0.64 0.00 −0.39 0.00 0.53 0.00 0.61 0.00

LMI use (most recent LMI job)
Professional association −1.56 0.21 −1.64 0.19 −1.04 0.35 −0.26 0.77
Community or vocational college −0.61 0.54 −0.72 0.48 0.16 1.18 0.53 1.71
Nonprofit, government and CBO −0.11 0.90 −0.13 0.88 −0.30 0.74 −0.14 0.87
Private placement agency 1.23** 3.42 1.07* 2.92 0.62 1.86 0.59 1.80
Temp agency −1.89*** 0.15 −1.16** 0.31 −1.74*** 0.18 −0.97* 0.38
Union −0.44 0.64 −0.54 0.58 1.26 3.51 2.04 7.70

Education level
Less than high school −0.25 0.78 −0.24 0.78 −0.44 0.64 −0.49 0.61
Associate’s degree 0.37 1.45 0.28 1.32 1.01* 2.74 1.03* 2.79
College graduate 0.66 1.93 0.66 1.94 0.08 1.09 0.04 1.04

Race
Asian or other 2.25*** 9.48 2.22*** 9.24 −0.13 0.88 −0.09 0.91
Black −0.99** 0.37 −0.93** 0.39 1.05 2.85 1.09 2.99
Hispanic 0.25 1.29 0.49 1.64 −0.60 0.55 −0.62 0.54

Female 0.01 1.01 0.06 1.06 −0.19 0.83 −0.20 0.82
English limited 0.70 2.01 0.74 2.09 −0.99** 0.37 −0.84* 0.43



Foreign-born −1.73** 0.18 −1.63** 0.20 0.36 1.44 0.32 1.37
Training from LMI 0.83 2.28 0.92* 2.52 −0.49 0.61 −0.82 0.44
Job tenure 0.005** 1.005 0.005** 1.005 0.015*** 1.015 0.014*** 1.014
Training 1.04*** 2.84 1.08*** 2.94 0.59* 1.81 0.60* 1.83
Work experience 0.07 1.07 0.05 1.05 −0.04 0.96 −0.04 0.96
Work experience-squared 0.00* 1.00 0.00 1.00 0.00 1.00 0.00 1.00
Part-time −2.33*** 0.10 −2.29*** 0.10 −1.91*** 0.15 −1.81*** 0.16
Union 1.68*** 5.35 1.68*** 5.37 0.00 0.00 −1.30** 0.27
Temporary job −2.00*** 0.14 −1.30** 0.27

Industry
Agriculture, mining 1.67 5.31 1.45 4.26 1.18** 3.25 1.14** 3.14
Construction −2.04** 0.13 −2.08** 0.13 0.73 2.08 0.78 2.18
FIRE −0.35 0.70 −0.41 0.66 −0.95 0.39 −0.96 0.38
Public administration 0.47 1.61 0.85 2.33 0.34 1.41 0.41 1.51
Public transit −0.49 0.61 −0.46 0.63 0.18 1.20 0.29 1.33
Retail −0.40 0.67 −0.48 0.62 −0.39 0.68 −0.40 0.67
Services −1.17** 0.31 −1.22** 0.29 0.42 1.53 0.40 1.50
Wholesale 1.06 2.89 1.85 6.35 −0.07 0.93 −0.03 0.97

Likelihood ratio 256.9 271.8 196.3 205.4
c-statistic 0.838 0.851 0.757 0.771
Number of cases 659 659 686 686

Source: Authors’ compilation.
*significant at the .10 level
**significant at the .05 level
***significant at the .01 level



Table 5.5 Benefits and LMIs, Milwaukee and Silicon Valley, Logistic Regressions (Dependent Variable: 
Health Insurance Available Through Employer)

Milwaukee Silicon Valley

Model 3 Model 4 Model 3 Model 4

Coefficient Odds Coefficient Odds Coefficient Odds Coefficient Odds
Estimate Ratio Estimate Ratio Estimate Ratio Estimate Ratio

Intercept 2.74*** 0.00 3.62*** 0.00 3.08*** 0.00 3.15*** 0.00

LMI use (most recent LMI job)

Professional association −3.49*** 0.03 −3.89*** 0.02 −0.56 0.57 0.77 2.15

Community and vocational college −0.92 0.40 −1.13 0.32 −0.17 0.85 0.26 1.30

Nonprofit, government and CBO −0.63 0.53 −0.67 0.51 1.10 3.00 1.67* 5.33

Private placement agency 1.54** 4.66 1.39* 4.02 0.95 2.59 0.87 2.40

Temp agency −1.98*** 0.14 −0.80 0.45 −2.02*** 0.13 −0.25 0.78

Union 0.82 2.27 0.94 2.56 1.19 3.30 2.54* 12.65

Education level

Less than high school −1.47** 0.23 −1.91*** 0.15 0.79 2.20 0.80 2.23

Associate’s degree −0.18 0.83 −0.35 0.71 0.13 1.14 0.13 1.14

College graduate 0.16 1.17 0.09 1.09 −0.02 0.98 −0.08 0.92

Race

Asian or other −1.53** 0.22 −1.92** 0.15 0.10 1.11 0.12 1.13

Black −0.32 0.73 0.05 0.96 1.00 2.72 1.26 3.53

Hispanic −0.40 0.67 −0.08 0.92 −1.08 0.34 −1.14 0.32

Female 0.03 1.03 0.20 1.22 −0.54 0.58 −0.51 0.60

English limited 0.11 1.11 0.15 1.17 −1.12** 0.33 −1.06* 0.35



Foreign-born 1.40* 4.07 1.95** 7.05 −0.61 0.54 −0.55 0.58

Training from LMI 0.50 1.65 0.60 1.83 0.64 1.90 0.37 1.44

Job tenure 0.006** 1.006 0.006** 1.006 0.004 1.004 0.002 1.002

Training 0.38 1.46 0.33 1.40 0.59 1.81 0.68 1.98

Work experience −0.05 0.95 −0.09* 0.91 −0.05 0.95 −0.05 0.95

Work experience-squared 0.00 1.00 0.00 1.00 0.00 1.00 0.00 1.00

Part-time −4.98*** 0.01 −5.05*** 0.01 −6.87*** 0.00 −6.77*** 0.00

Union 0.00 0.00 −2.96*** 0.05 0.00 0.00 −2.78*** 0.06

Temporary job 0.88 2.40 2.18*** 8.85

Industry

Agriculture, mining 1.63 5.1 1.48 4.4 1.93 6.90 2.14 8.53

Construction −2.16** 0.12 −2.29** 0.10 −1.00 0.37 −0.85 0.43

FIRE −0.72 0.49 −0.92 0.40 −0.87 0.42 −0.84 0.43

Public administration −0.29 0.75 −0.03 0.97 0.10 1.11 0.73 2.07

Public transit 0.34 1.40 0.50 1.64 −1.11* 0.33 −1.10 0.33

Retail −0.63 0.53 −0.95 0.39 0.39 1.47 0.32 1.38

Services −0.59 0.55 −0.70 0.50 −0.72 0.49 −0.56 0.57

Wholesale 2.12** 8.32 3.35*** 28.56 −0.50 0.61 −0.30 0.74

Likelihood ratio 250.16 273.07 221.97 256.04

c-statistic 0.850 0.857 0.809 0.842

Number of cases 659 659 686 686

Source: Authors’ compilation.
*significant at the .10 level
**significant at the .05 level
***significant at the .01 level



Table 5.6 Benefits and LMIs, Milwaukee and Silicon Valley, Logistic 
Regressions (Dependent Variable: Health Insurance Premium 
Paid Fully by Employer)

Milwaukee

Model 3 Model 4 Model 5

Coefficient Odds Coefficient Odds Coefficient Odds 
Estimate Ratio Estimate Ratio Estimate Ratio

Intercept −2.99** −3.01** −2.90**

LMI use (most recent LMI job)
Professional −0.52 0.59 −0.52 0.60 −0.49 0.62
association

Community and −1.12 0.32 −1.12 0.33 −1.09 0.34
vocational college

Nonprofit, −1.06 0.34 −1.08 0.34 −0.98 0.37
government and
CBO

Private placement 0.51 1.66 0.51 1.66 0.63 1.88
agency

Temp agency −1.02 0.36 −1.14 0.32 −0.91 0.40
Union 0.59 1.81 0.60 1.81 0.60 1.82

Education level
Associate’s degree −0.22 0.81 −0.21 0.81 −0.25 0.78
College graduate 1.08* 2.96 1.09* 2.97 1.03* 2.80
Less than high −2.89** 0.06 −2.88** 0.06 −2.14* 0.12

school

Race
Asian or other 2.26*** 9.58 2.27*** 9.71 2.27*** 9.72
Black 0.79 2.21 0.79 2.20 0.77 2.17
Hispanic 1.08 2.93 1.08 2.93 1.09 2.96

Female −0.63 0.53 −0.63 0.53 −0.63 0.53
English limited 0.09 1.09 0.09 1.10 0.09 1.09
Foreign-born −1.45** 0.23 −1.46** 0.23 −1.47* 0.23
Training from LMI 0.93 2.54 0.93 2.52 0.90 2.47
Job tenure 0.003 1.003 0.003 1.003 0.003 1.003
Training −0.57 0.57 −0.57 0.57 −0.58 0.56



Silicon Valley

Model 3 Model 4 Model 5

Coefficient Odds Coefficient Odds Coefficient Odds 
Estimate Ratio Estimate Ratio Estimate Ratio

0.68 0.82 0.00 0.66

0.57 1.78 1.26 3.54 0.49 1.63

−0.59 0.55 −0.53 0.59 −0.75 0.47

−1.40 0.25 −1.48 0.23 −1.85* 0.16

0.11 1.12 0.08 1.08 0.08 1.08

−2.18*** 0.11 −1.42* 0.24 −2.21*** 0.11
0.19 1.21 0.59 1.80 −0.24 0.79

0.88 2.41 0.86 2.35 0.93 2.52
−0.56 0.57 −0.62 0.54 −0.53 0.59
−0.69 0.50 −0.74 0.48 −0.72 0.49

0.05 1.05 0.07 1.07 0.04 1.04
0.95 2.59 1.02 2.76 1.01 2.75
0.02 1.02 −0.01 0.99 −0.0001 1.00

0.03 1.03 0.05 1.05 0.02 1.02
−0.69 0.50 −0.56 0.57 −0.69 0.50

0.10 1.11 0.08 1.08 0.09 1.09
−0.44 0.65 −0.52 0.59 −0.24 0.78
−0.003* 0.997 −0.004** 0.996 −0.004* 0.996

0.14 1.15 0.12 1.13 0.15 1.17

(continued )



Table 5.6 Benefits and LMIs, Milwaukee and Silicon Valley, Logistic 
Regressions (Dependent Variable: Health Insurance 
Premium Paid Fully by Employer) (Continued)

Milwaukee

Model 3 Model 4 Model 5

Coefficient Odds Coefficient Odds Coefficient Odds 
Estimate Ratio Estimate Ratio Estimate Ratio

Work experience 0.01 1.01 0.01 1.01 0.01 1.01
Work experience- −0.001 1.00 −0.001 1.00 −0.001 1.00
squared

Part-time −16.13*** 0.00 −16.13*** 0.00 −16.09*** 0.00
Union 1.12** 3.05 1.12** 3.07 1.10** 3.01

Industry
Agriculture, −13.61*** 0.00 −13.61*** 0.00 −13.66*** 0.00
mining

Construction −0.01 0.99 −0.01 0.99 0.03 1.03
FIRE 1.12* 3.08 1.12* 3.07 1.13* 3.08
Public −1.15 0.32 −1.16 0.31 −1.09 0.34
administration

Public transit 1.72** 5.59 1.71** 5.54 1.74** 5.72
Retail 0.86 2.36 0.86 2.36 0.83 2.30
Services 1.54* 4.67 1.54* 4.67 1.51* 4.51
Wholesale 0.51 1.66 0.51 1.66 0.42 1.53
Temporary job 0.19 1.21

LMI effects for noncollege sample
Private placement −2.67* 0.070
agency

Temp agency −0.48 0.618
Other LMIa −0.20 0.820

Likelihood ratio 256.9 271.8 261.4
c-statistic 0.838 0.851 0.761
Number of cases 596 596 596

Source: Authors’ compilation.
aOther LMI includes unions, community/vocational colleges, nonprofit, government, and 
community-based organizations and professional associations.
*significant at the .10 level
**significant at the .05 level
***significant at the .01 level



Silicon Valley

Model 3 Model 4 Model 5

Coefficient Odds Coefficient Odds Coefficient Odds 
Estimate Ratio Estimate Ratio Estimate Ratio

−0.10 0.90 −0.11 0.90 −0.10 0.90
0.002 1.00 0.002 1.00 0.002 1.00

−4.84*** 0.01 −4.76*** 0.01 −4.85*** 0.01
0.80 2.21 0.81 2.26 0.78 2.19

4.31** 74.70 4.30** 73.71 4.37** 79.16

0.34 1.41 0.29 1.33 0.39 1.47
0.04 1.05 −0.01 0.99 0.07 1.07

−0.08 0.92 −0.06 0.94 −0.07 0.93

0.23 1.26 0.18 1.19 0.24 1.28
−1.08* 0.34 −1.16* 0.31 −1.06 0.35

0.16 1.17 0.18 1.20 0.18 1.20
−0.88 0.41 −0.94 0.39 −0.84 0.43

−1.34** 0.26

0.13 1.14

−0.26 0.77
1.20 3.31

196.3 205.4 197.6
0.757 0.771 0.683

585 585 585
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Table 5.7 Autor and Houseman (2005b) Specification: 
Earnings and Temp Agency Use

Milwaukee
and Silicon

Milwaukee Only Valley

Public
Assistance
Families Low-Income Prefixes

Annual Earnings Log Annual Earnings

(1) (2) (3) (4)

Intercept 37843.5*** 37036.4*** 10.310*** 10.624***

LMI use (most recent LMI job)
Temp agency −3026.1 −3884.5* −0.116 −0.047
Private placement 117.0 791.0 0.033 0.122
agency

Union 6005.7 8849.0 0.265 0.164
Nonprofit, −4147.2 −2540.1 −0.173 −0.633*
government and
CBO

Community and 5298.4 4196.8 0.077 0.171
vocational college

Professional −42572.6*** −31330.8*** −2.005*** −0.222
association

Education level
Less than high school −5474.3 −3199.0 −0.019 0.185*
High school dropout −1552.6 −789.0 0.088 0.042
College or more −511.2 1499.2 0.074 −0.067

Race
Black −3712.0 −5648.8* −0.192* −0.287*
Hispanic −5900.2 −4983.7 −0.127 −0.346**
Asian or other −5561.9 −12751.6*** −0.602*** −0.129

Work experience −977.7 −317.0 −0.006 −0.038**
Work experience- 22.9 3.7 −0.00001 0.001**

squared
(continued )
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Table 5.7 Autor and Houseman (2005b) Specification: 
Earnings and Temp Agency Use (Continued)

Milwaukee
and Silicon

Milwaukee Only Valley

Public
Assistance
Families Low-Income Prefixes

Annual Earnings Log Annual Earnings

(1) (2) (3) (4)

Job tenure 117.5* 14.5 0.001** 0.002***
Stable 3788.8 6636.0*** 0.219* 0.399***
English limited 2056.2 −3757.3 −0.156 −0.343***
Foreign-born −3502.9 −3807.5 −0.220 −0.001
Female −13602.6*** −7532.1*** −0.271*** −0.238***

Silicon Valley sample 0.360*** 0.354***

R-squared 0.536 0.389 0.313 0.490

Number of cases 76 211 211 492

Source: Authors’ compilation.
*significant at the .10 level
**significant at the .05 level
***significant at the .01 level

variable for having been employed for the full quarter, and, finally, a dummy
variable indicating whether the individual used a temp agency during either
the first three years or the middle three years of the period.

Andersson and his colleagues collected a limited set of variables on the same
individuals over a nine-year time span; indeed, their individual (and firm)
fixed effects were derived through panel regression techniques and are meant
to stand in for the human capital variables they lacked. We, on the other hand,
had cross-sectional data that were far richer in terms of variables that captured
individual labor market and human capital characteristics, but we did not have
data over time. Most critically, in the LMI survey we did not know who was
low-income some years before—we only had their income now. To use cur-
rent income as a way to restrict the sample would bias the results by eliminat-
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Table 5.8 Andersson et al. (2005) Specification: Log Annual
Earnings and Temp Agency Use, Low-Income Telephone
Prefixes in Milwaukee and Silicon Valley

Model (1) (2) (3)

Intercept 10.523*** 10.395*** 10.081***

Temp agency use (any job, 0.060 0.106 0.053
broad definition)

Education level
High school and above (no BA) 0.014 0.026 0.049
College and more −0.026 0.001 0.135

Race
Black −0.327** −0.279** −0.292**
Hispanic −0.334** −0.294** −0.333***
Asian or other −0.093 −0.069 −0.073

Work experience −0.038** −0.041** −0.032*
Work experience-squared 0.001 0.001* 0.001
Job tenure 0.002*** 0.006*** 0.006***
Job tenure-squared −0.00002*** −0.00002***
Stable 0.395*** 0.382*** 0.354***
English limited −0.281*** −0.262*** −0.259***
Foreign-born 0.027 0.003 −0.076
Female −0.266*** −0.258*** −0.196**

Industry
Agriculture, mining 0.726***
Construction 0.399***
FIRE 0.491***
Public administration 0.127
Public transit 0.292**
Retail 0.320***
Wholesale −0.088
Armed forces 0.000***
Manufacturing 0.337***
Unemployed, not classified 0.339*

(continued )
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Table 5.8 Andersson et al. (2005) Specification: Log Annual
Earnings and Temp Agency Use, Low-Income Telephone
Prefixes in Milwaukee and Silicon Valley (Continued)

Model (1) (2) (3)

Silicon Valley sample 0.365*** 0.372*** 0.464***

R-squared 0.439 0.458 0.502

Number of cases 492 492 492

Source: Authors’ compilation.
*significant at the .10 level
**significant at the .05 level
***significant at the .01 level

cient of −0.039; see column 1, table 5.9). When industry controls were entered
(a coefficient of −0.077; see column 2, table 5.9), the result became significant
at the 0.20 level, with a t-statistic well above one (a usual marker of interest in
such a small sample). When we reverted to using the whole sample from both
regions and to our preferred measure of temp agency use (whether the respon-
dent’s last job was obtained though a temp agency, not whether he or she used
a temp agency at some point in the past) and entered controls for the other pos-
sible intermediary types as well as for industries, we found a negative impact of
14.6 percent on wages that is statistically significant at the .05 level (column 3,
table 5.9). Remaining differences between these results and those we reported
in table 5.3 are accounted for by other changes in the specification: the inclu-
sion of job tenure-squared, the variable for stability of schedule, and other con-
trols for human capital and job training available in our dataset.

What explains the range of results that we find here for workers in low-
income areas? There are three relevant factors. First, the results for hourly wages
are consistently negative regardless of specification: those working in temp
agency placements earned lower hourly wages than comparable workers who
obtained work through other means. Second, the inclusion of other controls
for factors such as industry, job characteristics, and measures of human capi-
tal (including training) matters for both the magnitude and significance of the
estimated effect, with additional controls generally increasing both. Finally,
the estimated relationship between temp agency use and total earnings
depends on how we control for other LMI usage.
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Table 5.9 Alternative Specifications: Log Hourly Wages and Temp
Agency Use, Low-Income Telephone Prefixes in
Milwaukee and Silicon Valley

Whole
Low-Income Prefixes Sample

(1) (2) (3)

Intercept 2.827*** 2.637*** 2.454***

Temp agency use −0.039 −0.077
(any job, broad definition)

LMI use (most recent LMI job)
Temp agency −0.146**
Private placement agency 0.205***
Union 0.085
Nonprofit, government and CBO −0.167**
Community and vocational college −0.034
Professional association −0.076

Race
Black −0.303*** −0.297*** −0.199***
Hispanic −0.307*** −0.335*** −0.217***
Asian or other −0.025 −0.022 0.033

Education level
High school dropout −0.224***

Associate’s degree 0.096
High school and above (no BA) 0.123* 0.125*
College and more 0.164 0.239** 0.324***

Work experience −0.034** −0.027** −0.0012
Work experience-squared 0.001** 0.001** 0.00002
Job tenure 0.004*** 0.004** 0.002***
Job tenure-squared −0.00001** −0.00001**
Stable 0.190*** 0.166** 0.233***
English limited −0.288*** −0.284*** −0.085
Foreign-born 0.031 −0.014 −0.106
Female −0.110* −0.087 −0.216***

(continued )
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Table 5.9 Alternative Specifications: Log Hourly Wages and Temp
Agency Use, Low-Income Telephone Prefixes in
Milwaukee and Silicon Valley (Continued)

Whole
Low-Income Prefixes Sample

(1) (2) (3)

Industry
Agriculture, mining 0.920*** −0.121
Construction 0.266** 0.231**
FIRE 0.360*** 0.344***
Public administration 0.027 −0.023
Public transit 0.087 0.027
Retail 0.165 0.023
Wholesale 0.185 0.167
Armed forces 0.000*** 0.000***
Manufacturing 0.207** 0.151***
Unemployed, not classified 0.130 0.111

Silicon Valley sample 0.418*** 0.404*** 0.365***

R-squared 0.527 0.561 0.499
Number of cases 495 495 1017

Source: Authors’ compilation.
*significant at the .10 level
**significant at the .05 level
***significant at the .01 level

With regard to the last point, when we control for other LMI usage along
with temp usage and the relevant comparison is between jobs obtained
through temp agencies and jobs obtained by direct hire, we find a negative
earnings impact for temp agency use. This is the format we use in table 5.3
and when replicating Autor and Houseman’s work. When we mirror Andersson
and his colleagues’ specification, however, we eliminate controls for other
LMIs and use the broadest possible measure of previous temp agency use. In
this case, the implicit comparison is between temp agency use and all other
labor market outcomes, and we estimate a positive impact of temp agencies on



those used in models to predict employment versus unemployment, with a few
modifications to reflect the specificities of analyzing LMI use and this sample.

On the right-hand side of our regression, we entered the usual demographic
and locational variables (gender, race, and marital status, as well as residence in
Silicon Valley or Milwaukee when we pooled the two regional samples). We also
used age and its squared value, with the notion that it might be the very young
and those in the last years of their work life who are more likely to turn to help
in navigating the labor market; there was little difference in the basic regression
if we instead used a potential work experience measure.5 As controls for edu-
cation, we used dummy variables for two educational levels that we would
expect to have an impact on the use of LMIs: having some level of education
higher than a high school diploma but not a bachelor’s degree (measured by the
variable “above high school education [no BA])”, and having earned a bache-
lor’s degree or higher (measured by the variable “college and more”).6 Our view
was that both of these gradients of educational attainment might correlate with
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Figure 6.1 LMI Users by Social Connectedness

Source: Authors’ compilation.
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sexes but has a higher marginal effect for females; being black is highly signifi-
cant for females, a pattern in line with information gleaned from more detailed
case studies and individual accounts, particularly in Wisconsin.

As for the racial pattern, when we use the logit regression to compare the
experience of non-Hispanic whites and all others in a sample that includes both
Silicon Valley and Milwaukee, we find that whites who were “connected” were
about 11 percent less likely to use an LMI, while “connected” nonwhites were
a full 23 percent less likely to use an LMI. In the second and third columns of
tables 6.2 and 6.3, we show the results when these regressions are restricted to
Milwaukee and Silicon Valley separately. As can be seen, being socially con-
nected has a much larger negative correlation with LMI use for nonwhites over-
all and is especially significant in Milwaukee.

What about the Hispanic anomaly noted earlier? The final two columns of
table 6.2 show the logit regressions for Hispanics and non-Hispanics separately
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Figure 6.2 LMI Use by Social Connectedness and Gender

Source: Authors’ compilation.
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in Silicon Valley. (We concentrate on Silicon Valley because the percentage of
Hispanics is so much lower in Milwaukee.) The significant variables in the
regression restricted to Hispanics are age and its square, having obtained a degree
in the last three years (which dominates the positive and near-significant coeffi-
cient on the education dummy variable for having a BA or better), and having
a person in the house on welfare. This suggests that it is older, more-experienced,
and more-educated workers, those who completed their education recently, and
those who were able to gain access to the welfare system who made use of
LMIs. Individuals who were younger, less educated, and/or less recently edu-
cated apparently had to make use of informal job search mechanisms rather than
turn to an LMI. This pattern squares with findings by both Luis Falcón (1995)
and Manuel Pastor and Enrico Marcelli (2000) that Hispanics rely more on
informal social networks than do non-Hispanics. In any case, the key finding
here is that our social capital measure does matter for Hispanics (despite the sim-
ple comparison in figure 6.3) once we account for other sorting variables. Social
capital significantly decreases the probability of LMI use for Hispanics in Silicon
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Figure 6.3 LMI Use by Social Connectedness and Race

Source: Authors’ compilation.
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22 percent used placement agencies or headhunters, 8 percent used unions,
12 percent used nonprofits or government organizations, 18 percent used
community colleges, and 4 percent used business or professional organiza-
tions. It seems that social capital generally leads those who use LMIs away from
temps—and to some degree away from placement agencies—and that there
might be a slight steering effect toward unions and perhaps toward commu-
nity colleges and associations.

To decipher the effect of social capital on individuals’ choice of LMI type, we
estimated a multinomial logit model of the decisionmaking process, one that
simultaneously modeled the probability of choosing. In this case, we set “no
LMI” as the base category and modeled the probability of selecting into each of
the six LMI types over not using an LMI.14 Independent variables were the same
set of explanatory variables that were used in the earlier logistical regression mod-
eling the probability of LMI use. As before, we first ran the regression omitting
our measure of social capital to get a sense of the multivariate relationships that
set the stage for our variable of interest, and then we included the social capital
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Figure 6.4 Sorting into LMIs: Social Connectedness by Type of LMI
Used to Get Last LMI Job

Source: Authors’ compilation.
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Table 6.1 Logit Model on the Probability of Using an LMI, Both Regions

All, Not Controlling  All, Controlling 
for Social Capital for Social Capital Males Females

Marginal Marginal Marginal Marginal 
Explanatory Variables Effect Significance Effect Significance Effect Significance Effect Significance

Silicon Valley sample −4.1% −5.0% # −9.8% * −3.0%
Female −4.6 −3.8 — —

Age 1.1 1.7 # 1.8 1.8
Age-squared −0.0 −0.0 * −0.0 −0.0 #

Above high school 10.4 # 11.1 * 3.8 20.6 **
education (no BA)

College or more −2.1 0.4 4.7 −3.2

Received degree in last −1.6 −1.2 8.4 −9.3 #

three years
Hispanic −5.4 −5.0 −3.4 −4.9
Black 23.0 ** 24.0 *** 20.2 28.2 ***
Asian or other 3.8 3.9 −0.4 11.9
Married −2.3 −0.6 −1.0 0.4
English limited 4.1 3.5 4.0 2.3

(continued )



Frequent job changer 23.3 *** 23.6 *** 21.6 *** 29.9 ***
Household member 2.6 0.9 −14.9 * 7.3
on welfare

Socially connected — −13.3 *** −13.3 ** −14.7 ***

Number of cases 1,241 1,241 596 645
F-statistic 2.81 4.17 1.84 4.87
Probability > F 0.0004 0.0000 0.0286 0.0000
Pseudo R-squared 0.0674 0.0724 0.0684 0.0846
Percent predicted correctly 0.7331 0.7359 0.7008 0.7722

Source: Authors’ compilation.
Note: Response variable: dummy variable that is equal to one if respondent used an LMI during the three years prior to the survey.
*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level

Table 6.1 Logit Model on the Probability of Using an LMI, Both Regions (Continued)

All, Not Controlling  All, Controlling 
for Social Capital for Social Capital Males Females

Marginal Marginal Marginal Marginal 
Explanatory Variables Effect Significance Effect Significance Effect Significance Effect Significance



Table 6.2 Logit Model on the Probability of Using an LMI, Silicon Valley

Silicon Valley Whites in Nonwhites in Hispanics in Non-Hispanics in 
Sample Silicon Valley Silicon Valley Silicon Valley Silicon Valley

Explanatory Marginal Marginal Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance Effect Significance Effect Significance

Female −2.2% −1.2% −2.2% −0.2% −0.9%
Age 0.1 −0.8 2.1 3.3 # −1.5
Age-squared −0.0 0.0 −0.0 −0.0 # 0.0
Above high  21.9 ** 14.8 26.7 * 7.7 22.7 **
school
education
(no BA)

College
or more 7.0 6.5 3.0 16.2 3.3

Received −2.0 −12.3 # 7.9 66.4 *** −12.0 *
degree in 
last three
years

(continued )



Hispanic −12.1 ** — −10.1 — —
Black 26.1 # — 30.2 * — 25.4 #

Asian or −2.3 — — — −1.1
other

Married −4.3 −1.1 −4.5 2.2 −5.9
English 6.3 17.6 * −0.4 −2.4 12.0 #

limited
Frequent job 24.0 *** 33.2 *** 14.5 # 14.4 28.8 ***
changer

Household  14.0 2.9 14.3 31.9 * 4.3
member
on welfare

Table 6.2 Logit Model on the Probability of Using an LMI, Silicon Valley (Continued)

Silicon Valley Whites in Nonwhites in Hispanics in Non-Hispanics in 
Sample Silicon Valley Silicon Valley Silicon Valley Silicon Valley

Explanatory Marginal Marginal Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance Effect Significance Effect Significance



Socially −12.8 *** −11.9 * −13.9 * −12.8 *** −14.2 **
connected

Number of 627 323 304 164 463
cases

F-statistic 2.89 2.14 2.27 2.07 2.93
Probability 0.0003 0.0154 0.006 0.0195 0.0003
> F

Pseudo 0.0753 0.1021 0.0757 0.0641 0.0988
R-squared

Percent  0.7613 0.7169 0.7638 0.8539 0.7198
predicted
correctly

Source: Authors’ compilation.
Note: Response variable: dummy variable that is equal to one if the respondent used an LMI during the three years prior to the survey.
*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level



Table 6.3 Logit Model on the Probability of Using an LMI, Milwaukee

Milwaukee Sample Whites in Milwaukee Nonwhites in Milwaukee

Marginal Marginal Marginal
Explanatory Variables Effect Significance Effect Significance Effect Significance

Female −5.3% −5.8% 5.3%
Age 2.9 # 2.9 # 0.7
Age-squared −0.0 * −0.0 * −0.0
Above high school education 3.9 9.9 −15.0
(no BA)

College or more −7.1 −3.3 −24.9 #

Received degree in last 0.6 −8.1 16.8
three years

Hispanic 19.0 # — 0.7
Black 26.4 ** — −1.9
Asian or other 18.4 # — —



Married 3.8 0.5 14.8
English limited 1.0 9.8 # −19.9 *
Frequent job changer 20.9 ** 19.6 ** 33.1 ***
Household member on welfare −7.2 −6.3 −16.8
Socially connected −15.4 *** −11.9 ** −27.9 **

Number of cases 614 369 245
F-statistic 3.42 2.09 2.18
Probability > F 0.0000 0.0185 0.0086
Pseudo R-squared 0.0878 0.0861 0.1064
Percent predicted correctly 0.7278 0.7436 0.6624

Source: Authors’ compilation.
Note: Response variable: dummy variable that is equal to one if the respondent used an LMI during the three years prior to the survey.
*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level
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Table 6.4 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Both Regions, Not Controlling 
for Social Capital

Permanent
Temp Agency Placement Agency Union

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Silicon Valley −0.6% −0.5% −0.1%
sample

Female −0.6 −1.4 −2.4 ***
Age 0.8 # −0.5 0.2
Age-squared 0.0 # 0.0 −0.0
Above high −0.1 1.2 0.1
school
education
(no BA)

College −1.8 2.7 # −0.7 #

or more
Received 0.1 −3.2 ** 0.2
degree in
last three 
years

Hispanic 3.5 −5.3 *** −0.6 #

Black 18.0 ** −0.4 −0.6
Asian or other 5.5 −0.1 −1.6 ***
Married 0.7 −1.7 −0.3
English 3.0 −2.6 * 1.5 *
limited

Frequent job 16.0 *** 2.2 1.5 #

changer
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Nonprofit and
Government Business and
Organization Community College Professional Association

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

−1.2% −1.3% 0.1%

0.5 −0.4 0.5
−0.0 0.4 0.1

0.0 −0.0 −0.0
−1.8 ** 10.8 ** 1.3

−2.4 ** −0.5 1.4 *

−2.2 ** 2.2 0.9

−0.3 −2.6 # 1.4

4.2 # 1.3 0.6
1.5 0.9 −0.0

−0.8 −0.7 0.3
−0.6 2.1 −1.0 *

0.4 −0.7 1.7 #

(continued )
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Table 6.4 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Both Regions, Not Controlling 
for Social Capital (Continued)

Permanent
Temp Agency Placement Agency Union

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Household 1.1 −2.6 * −1.1 ***
member
on welfare

Socially — — —
connected

Number 1,235
of cases

F-statistic 3.67
Probability 0.0000
> F

Pseudo 0.1063
R-squared

Percent 0.7110
predicted
correctly

Source: Authors’ compilation.
Note: Response variable: polychotomous variable that takes one of seven possible unique values
for each respondent that indicates whether he or she was not an LMI user (the base alternative)
or, if an LMI user, that indicates the type of LMI that was used to obtain the most recently held
LMI job during the three years prior to the survey, with possible LMI types including temp
agencies, permanent placement agencies/headhunters, unions, nonprofit/government organiza-
tions, community colleges, and business/professional associations.



THE ROLE OF SOCIAL CAPITAL 197

Nonprofit and
Government Business and
Organization Community College Professional Association

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

6.5 * −0.3 −0.8 *

— — —

*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level
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Table 6.5 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Both Regions, Controlling for 
Social Capital

Permanent
Temp Agency Placement Agency Union

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Silicon Valley −1.1% −0.9% 0.0%
sample

Female 0.0 −1.3 −2.4 ***
Age 1.0 * −0.3 0.2
Age-squared −0.0 ** 0.0 −0.0
Above high 0.4 1.3 0.0
school
education
(no BA)

College −0.4 3.3 * −0.8 #

or more
Received 0.6 −3.1 ** 0.1
degree in
last three
years

Hispanic 3.2 −4.9 *** −0.6 #

Black 18.5 ** −0.1 −0.7 #

Asian or other 5.0 0.1 −1.6 ***
Married 1.1 −1.1 −0.4
English 2.7 −2.7 ** 1.4 *
limited

Frequent job 15.6 *** 2.3 1.5 #

changer
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Nonprofit and
Government Business and
Organization Community College Professional Association

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

−1.3% −1.3% 0.0%

0.5 −0.3 0.5
0.0 0.4 0.1
0.0 −0.0 −0.0

−1.8 * 10.9 ** 1.3

−2.3 ** −0.4 1.5 *

−2.2 ** 2.2 0.9

−0.3 −2.5 # 1.5

4.5 # 1.2 0.6
1.6 1.0 −0.0

−0.7 −0.5 0.3
−0.7 2.0 −1.1 #

0.4 −0.7 1.8

(continued )
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Table 6.5 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Both Regions, Controlling for 
Social Capital (Continued)

Permanent
Temp Agency Placement Agency Union

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Household −0.2 −2.8 * −1.0 ***
member
on welfare

Socially −6.9 *** −3.7 *** 0.3
connected

Number
of cases 1,235

F-statistic 4.11
Probability 0.0000
> F

Pseudo 0.1125
R-squared

Percent 0.7158
predicted
correctly

Source: Authors’ compilation.
Note: Response variable: polychotomous variable that takes one of seven possible unique values
for each respondent that indicates whether he or she was not an LMI user (the base alternative)
or, if an LMI user, that indicates the type of LMI that was used to obtain the most recently held
LMI job during the three years prior to the survey, with possible LMI types including temp
agencies, permanent placement agencies/headhunters, unions, nonprofit/government organiza-
tions, community colleges, and business/professional associations.
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Nonprofit and
Government Business and
Organization Community College Professional Association

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

6.3 * −0.3 −0.8 #

−0.7 −0.8 −0.2

*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level
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Table 6.6 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Both Regions

Males

Permanent
Temp Agency Placement Agency Other LMI

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Silicon Valley −4.3% # −3.7% * 0.1%
sample

Age 0.5 −0.4 1.6
Age-squared −0.0 0.0 −0.0
Above high −2.2 −1.2 8.0
school
education
(no BA)

College −0.2 6.5 ** −3.3
or more

Received 8.6 −2.5 # 2.3
degree in
last three
years

Hispanic 9.9 # −4.9 *** −6.8 #

Black 25.2 * −1.9 −0.4
Asian or other 11.3 # −2.5 # −5.8

Married 0.7 0.4 −2.5
English −1.1 −1.3 7.1 #

limited
Frequent job 10.8 ** 1.2 6.8
changer

Household −3.3 # −2.0 −8.9 **
member
on welfare

Socially −7.0 *** −2.4 # −1.9
connected
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Females

Permanent
Temp Agency Placement Agency Other LMI

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

0.9% 1.3% −6.2% *

1.1 * −0.3 1.0
−0.0 ** 0.0 −0.0

4.3 4.1 # 9.5

−0.5 0.3 −3.1

−3.0 * −3.4 *** 1.1

−1.5 −3.4 *** 2.7
11.9 ** 1.1 11.6 #

0.0 5.7 # 4.5

1.2 −1.4 −0.6
7.8 ** −3.5 *** −3.0

21.1 *** 2.7 5.5

1.4 −2.6 ** 11.2

−5.7 *** −4.4 *** −1.8

(continued )
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Table 6.6 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Both Regions (Continued)

Males

Permanent
Temp Agency Placement Agency Other LMI

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Number 595
of cases

F-statistic 2.85
Probability 0.0000
> F

Pseudo 0.0932
R-squared

Percent 0.6842
predicted
correctly

Source: Authors’ compilation.
Note: Response variable: polychotomous variable that takes one of four possible unique values for
each respondent that indicates whether he or she was not an LMI user (the base alternative) or, if
an LMI user, that indicates whether he or she used a temp agency, a permanent placement
agency/headhunter, or some other type of LMI to obtain the most recently held LMI job during
the three years prior to the survey.
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Females

Permanent
Temp Agency Placement Agency Other LMI

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

640

3.54
0.0000

0.0985

0.7626

*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level
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Table 6.7 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Silicon Valley

Whites in Silicon Valley

Permanent
Temp Agency Placement Agency Other LMI

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Female 2.1% 0.2% −3.9%
Age −0.7 −0.1 0.0
Age-squared 0.0 0.0 −0.0
Above high 3.2 8.4 # 3.5
school
education
(no BA)

College −4.5 # 7.7 *** 2.6
or more

Received −1.0 −7.2 *** −1.4
degree in 
last three 
years

Hispanic — — —
Black — — —
Married 1.1 −0.1 −2.2
English 1.7 6.9 ** 7.9

limited
Frequent job 8.5 * 4.5 ** 18.8 **
changer

Household 7.5 −4.4 # −4.4
member
on welfare

Socially −6.5 ** −4.3 * 0.0
connected
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Nonwhites in Silicon Valley

Permanent
Temp Agency Placement Agency Other LMI

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

−1.1% 1.3% * −5.8% #

0.5 −0.2 2.4 #

0.0 0.0 −0.0 #

13.2 0.8 12.4

2.8 0.3 0.5

−3.8 0.0 13.0

−7.3 −1.8 * 2.7
14.9 0.2 10.8
−0.4 −0.5 −5.9

3.9 −1.6 * −0.9

18.1 ** −0.4 −0.3

9.8 −0.8 * 6.9

−7.3 ** −0.9 * 0.7 

(continued )
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Table 6.7 Multinomial Logit Model on the Probability of Using Various
Types of LMIs over No LMI, Silicon Valley (Continued)

Whites in Silicon Valley

Permanent
Temp Agency Placement Agency Other LMI

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Number 323
of cases

F-statistic 1.84
Probability 0.0029
> F

Pseudo 0.0857
R-squared

Percent 0.7460
predicted
correctly

Source: Authors’ compilation.
Note: Response variable: polychotomous variable that takes one of four possible unique values for
each respondent that indicates whether he or she was not an LMI user (the base alternative) or, if
an LMI user, that indicates whether he or she used a temp agency, a permanent placement
agency/headhunter, or some other type of LMI to obtain the most recently held LMI job during
the three years prior to the survey.
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Nonwhites in Silicon Valley

Permanent
Temp Agency Placement Agency Other LMI

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

302

2.45
0.0000

0.1110

0.7731

*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level
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Table 6.8 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Milwaukee

Whites in Milwaukee

Permanent
Temp Agency Placement Agency Other LMI

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Female 0.0% −5.1% * −0.1%
Age 0.7 # 0.0 2.1 #

Age-squared 0.0 # 0.0 −0.0 #

Above high −2.5 ** −2.2 11.8 *
school
education
(no BA)

College 2.2 # 1.7 −10.1 **
or more

Received 0.9 −2.7 −5.6
degree in
last three
years

Hispanic — — —
Black — — —
Married 0.1 −0.2 0.6
English 0.6 −3.8 ** 11.9 *
limited

Frequent job 7.5 # 1.8 6.2
changer

Household 0.5 −3.0 * −0.7
member
on welfare

Socially −3.6 *** −3.1 * −2.2
connected
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Nonwhites in Milwaukee

Permanent
Temp Agency Placement Agency Other LMI

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

5.3% 0.0% 6.4%
13.6 *** 0.0 −7.0 **
−0.2 *** 0.0 −0.1 **

−16.3 ** 0.0 −0.2

−18.7 ** 0.0 −2.2

16.2 0.0 # 4.9

27.6 # 0.0 ** −9.6
21.4 # 0.0 ** −1.4
12.6 0.0 # 2.1
4.5 0.0 −21.5 **

35.3 *** 0.0 −0.5

−13.6 * 0.0 0.1

−17.5 ** −4.8 ** −2.9

(continued )
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Table 6.8 Multinomial Logit Model on the Probability of Using Various 
Types of LMIs over No LMI, Milwaukee (Continued)

Whites in Milwaukee

Permanent
Temp Agency Placement Agency Other LMI

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Number 368
of cases

F-statistic 2.88
Probability 0.0000
> F

Pseudo 0.1064
R-squared

Percent 0.7613
predicted
correctly

Source: Authors’ compilation.
Note: Response variable: polychotomous variable that takes one of four possible unique values for
each respondent that indicates whether he or she was not an LMI user (the base alternative) or, if
an LMI user, that indicates whether he or she used a temp agency, a permanent placement
agency/headhunter, or some other type of LMI to obtain the most recently held LMI job during
the three years prior to the survey.
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Nonwhites in Milwaukee

Permanent
Temp Agency Placement Agency Other LMI

Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance

242

210.37
0.0000

0.1472

0.5927

*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level
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Table 6.9 Models for Low-Income Prefixes Only

Logit Model on
the Probability of
Using an LMIa

All, Controlling Permanent
for Social Capital Temp Agency Placement Agency

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Silicon Valley −27.1% *** −19.7% *** −3.9% **

sample

Female −0.2 −0.6 0.9

Age 4.3 * 1.8 # −0.5 *

Age-squared −0.0 * −0.0 # 0.0 #

Above high 27.3 *** 5.4 1.0

school

education

(no BA)

College 10.1 −2.9 3.1 #

or more

Received 4.0 14.5 * −2.4 ***

degree in

last three

years

Hispanic 3.3 4.2 −2.0 #

Black −4.7 3.9 −2.4 **

Asian or other −5.3 −6.0 ** 9.1 #

Married 5.3 1.8 0.2

English limited 4.0 3.8 −1.7 #

Frequent job 26.2 *** 19.7 *** −0.4

changer

Household 12.1 −5.3 * −0.3

member

on welfare

Socially 1.2 −4.2 # −3.1 ***

connected
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Multinomial Logit Model on the Probability of
Using Various Types of LMIs Over No LMIb

Nonprofit and Business and
Government Professional

Union Organization Community College Association

Marginal Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance Effect Significance

0.9% * 0.5% −1.0% −0.0%

−1.2 # 1.8 −0.4 −0.0

0.3 # 1.3 0.7 * 0.0 #

−0.0 −0.0 −0.0 * −0.0

1.5 −2.3 17.8 *** 0.0

2.3 0.3 2.1 0.0

−0.9 # −1.7 0.0 0.0

1.8 # 1.5 −3.0 ** 0.0

−0.7 −0.4 −1.7 ** −0.2

−1.1 ** −8.6 *** −0.9 −0.0

−0.4 1.9 −0.3 −0.0

0.5 −3.4 5.0 ** −0.0

2.4 ** 3.1 −0.8 0.0

−1.1 ** 19.5 ** 2.1 0.0

−0.4 9.0 # −0.4 0.0

(continued )
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Table 6.9 Models for Low-Income Prefixes Only (Continued)

Logit Model on
the Probability of
Using an LMIa

All, Controlling Permanent
for Social Capital Temp Agency Placement Agency

Explanatory Marginal Marginal Marginal
Variables Effect Significance Effect Significance Effect Significance

Number 571

of cases

F-statistic 2.38

Probability 0.0021

> F

Pseudo 0.0790

R-squared

Percent 0.7090

predicted

correctly

Source: Authors’ compilation.
aResponse variable: dummy variable that is equal to one if the respondent used an LMI during
the three years prior to the survey.
bResponse variable: polychotomous variable that takes one of six possible unique values for
each respondent that indicates whether he or she was not an LMI user (the base alternative)
or, if an LMI user, that indicates the type of LMI that was used to obtain the most recently
held LMI job during the three years prior to the survey, with possible LMI types including
temp agencies, unions, nonprofit/government organizations, colleges, business/professional
associations, and permanent placement agencies/headhunters.
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Multinomial Logit Model on the Probability of
Using Various Types of LMIs Over No LMIb

Nonprofit and Business and
Government Professional

Union Organization Community College Association

Marginal Marginal Marginal Marginal
Effect Significance Effect Significance Effect Significance Effect Significance

567

128.01

0.0000

0.1409

0.6794

*significant at .10 level
**significant at .05 level
***significant at .01 level
#significant at .20 level



Table A.1 First-Quarter 1999 Jobs That Continue and Have Earnings Increases in the Second Quarter of 1999 Among
Single-Site and Multi-Site California Establishments, by Industry of First-Quarter 1999 Employer

California Santa Clara County

Single-Site Only Multi-Site Only Single-Site Only

Per- Percentage Per- Percentage Per- Percentage
centage Percentage of Jobs with centage Percentage of Jobs with centage Percentage of Jobs with 

of of Jobs Earnings of of Jobs Earnings of of Jobs Earnings
Jobs Continued Increases Jobs Continued Increases Jobs Continued Increases

All industries 0.80 0.57 0.84 0.56 0.83 0.57

One-digit industries
Agricultural production—crops 0.06 0.61 0.63 0.01 0.80 0.67 0.02 0.78 0.66
Mining 0.00 0.81 0.54 0.00 0.93 0.46 0.00 0.67 1.00
Construction 0.08 0.73 0.62 0.01 0.81 0.61 0.08 0.77 0.64
Manufacturing 0.15 0.86 0.63 0.11 0.86 0.56 0.26 0.90 0.60
Transportation and public 0.04 0.83 0.58 0.07 0.88 0.53 0.02 0.85 0.57
utilities

Wholesale trade 0.07 0.85 0.57 0.04 0.88 0.59 0.07 0.88 0.57
Retail trade 0.13 0.77 0.56 0.24 0.80 0.61 0.12 0.77 0.56
Finance, insurance, 0.05 0.84 0.48 0.07 0.89 0.46 0.03 0.86 0.50

and real estate
Services 0.41 0.80 0.55 0.37 0.82 0.53 0.40 0.81 0.54
Public administration 0.01 0.90 0.60 0.08 0.93 0.61 0.00 0.86 0.65

(continued)



Table A.1 First-Quarter 1999 Jobs That Continue and Have Earnings Increases in the Second Quarter of 1999 Among
Single-Site and Multi-Site California Establishments, by Industry of First-Quarter 1999 Employer

California Santa Clara County

Single-Site Only Multi-Site Only Single-Site Only

Per- Percentage Per- Percentage Per- Percentage
centage Percentage of Jobs with centage Percentage of Jobs with centage Percentage of Jobs with 

of of Jobs Earnings of of Jobs Earnings of of Jobs Earnings
Jobs Continued Increases Jobs Continued Increases Jobs Continued Increases

Environmental quality 0.00 0.91 0.66 0.00 0.93 0.42 0.00 0.90 0.53
and housing

Unclassified establishments 0.00 0.25 0.57 0.00 0.31 0.47 0.00 1.00 1.00

Selected two-digit industries
Construction (SIC 152–179) 0.08 0.73 0.62 0.01 0.81 0.61 0.08 0.77 0.64
Machinery and computing 0.02 0.88 0.62 0.01 0.93 0.44 0.07 0.91 0.64
equipment (SIC 351–359)

Electrical machinery, equipment, 0.02 0.90 0.62 0.01 0.94 0.47 0.10 0.91 0.58
and supplies (SIC 361–369)

Communications (SIC 481–489) 0.01 0.81 0.54 0.02 0.82 0.43 0.01 0.90 0.57
Computer and data processing 0.02 0.87 0.55 0.01 0.90 0.49 0.10 0.88 0.53
services (SIC 737)

Temporary services industry 0.02 0.57 0.57 0.07 0.59 0.56 0.02 0.52 0.60
(SIC 7363)

Source: Authors’ compilation.



Table A.2 First-Quarter 1997 Jobs That Continue and Have Earnings Increases in the Second Quarter of 1997 Among
Single-Site and Multi-Site Wisconsin Establishments, by Industry of First-Quarter 1997 Employer

Milwaukee, Waukesha, Ouzakee,
Wisconsin and Washington Counties

Single-Site Onlya Multi-Site Onlyb Single-Site Onlyc

Per- Percentage Per- Percentage Per- Percentage
centage Percentage of Jobs with centage Percentage of Jobs with centage Percentage of Jobs with 

of of Jobs Earnings of of Jobs Earnings of of Jobs Earnings
Jobs Continued Increases Jobs Continued Increases Jobs Continued Increases

All industries 0.86 0.54 0.88 0.52 0.84 0.55

One-digit industries
Agricultural production—crops 0.01 0.83 0.61 0.00 0.88 0.71 0.01 0.80 0.67
Mining 0.00 0.89 0.74 0.00 1.00 0.36 0.00 0.73 0.75
Construction 0.06 0.85 0.65 0.01 0.86 0.58 0.05 0.85 0.64
Manufacturing 0.22 0.91 0.54 0.23 0.94 0.52 0.21 0.89 0.55
Transportation and public 0.05 0.88 0.52 0.05 0.93 0.50 0.04 0.85 0.49
utilities

Wholesale trade 0.05 0.90 0.51 0.05 0.89 0.55 0.07 0.90 0.51
Retail trade 0.17 0.82 0.54 0.21 0.82 0.55 0.15 0.80 0.54
Finance, insurance, 0.04 0.91 0.46 0.06 0.93 0.47 0.06 0.91 0.49

and real estate
Services 0.33 0.82 0.52 0.34 0.86 0.55 0.37 0.79 0.55
Public administration 0.05 0.92 0.56 0.04 0.95 0.22 0.04 0.95 0.70

(continued)



Environmental quality 0.00 0.95 0.40 0.01 0.96 0.13 0.00 0.91 0.90
and housing

Unclassified establishments 0.01 0.57 0.45 0.00 0.79 0.74 0.00 0.00 0.00

Selected two-digit industries
Construction (SIC 152–179) 0.06 0.85 0.65 0.01 0.86 0.58 0.05 0.86 0.65

Metal industry (SIC 331–349) 0.04 0.92 0.56 0.02 0.93 0.66 0.04 0.91 0.56
Machinery and computing 0.04 0.94 0.54 0.03 0.95 0.42 0.05 0.93 0.57
equipment (SIC 351–359)

Transportation (SIC 401–478) 0.04 0.87 0.54 0.03 0.90 0.57 0.03 0.86 0.51
Temporary services industry 0.03 0.47 0.50 0.04 0.54 0.58 0.05 0.47 0.51
(SIC 7363)

Hospitals (SIC 806) 0.03 0.95 0.59 0.04 0.94 0.42 0.04 0.94 0.77

Source: Authors’ compilation.
aIn the first quarter of 1997, total number of jobs: 88,209 (0.62); total number of employers: 24,473 (0.94).
bIn the first quarter of 1997, total number of jobs: 53,685 (0.38); total number of employers: 1,428 (0.06).
cIn the first quarter of 1997, total number of jobs: 29,290; total number of employers: 6,428.

Table A.2 First-Quarter 1997 Jobs That Continue and Have Earnings Increases in the Second Quarter of 1997 Among
Single-Site and Multi-Site Wisconsin Establishments, by Industry of First-Quarter 1997 Employer (Continued)

Milwaukee, Waukesha, Ouzakee,
Wisconsin and Washington Counties

Single-Site Onlya Multi-Site Onlyb Single-Site Onlyc

Per- Percentage Per- Percentage Per- Percentage
centage Percentage of Jobs with centage Percentage of Jobs with centage Percentage of Jobs with 

of of Jobs Earnings of of Jobs Earnings of of Jobs Earnings
Jobs Continued Increases Jobs Continued Increases Jobs Continued Increases



Table A.3 Average Characteristics of Person Who Helped or Could Help Respondent Find a Job, Broken Down 
by Social Connectedness with Correlations

Mean Value by 
Whether Respondent Correlation with 
Is Socially Connected Social Capital Measure

Number Socially Not 
of Cases Connected Connected Coefficient Significance

Person who helped has high school graduate level of education or less 144 0.32 0.37 −0.04 0.61
Person who could help has high school graduate level of 163 0.13 0.29 –0.19 0.02

education or less
Person who helped has college graduate level of education or higher 144 0.60 0.42 0.16 0.06
Person who could help has college graduate level of education 163 0.72 0.62 0.10 0.18
or higher

Person’s help led to higher wages 180 0.33 0.34 −0.01 0.93
Person’s help led to more stable job 180 0.39 0.41 −0.02 0.81
Person’s help led to a better schedule 181 0.37 0.36 0.01 0.85
Person’s help led to better medical coverage or pension plan 180 0.36 0.26 0.09 0.21
Person’s help led to better career opportunities 180 0.59 0.46 0.11 0.13
Person’s help led to better child care situation 150 0.13 0.10 0.04 0.64
Person’s help led to better commute 180 0.26 0.14 0.14 0.07
Person’s help led to better working conditions 177 0.73 0.65 0.07 0.33
Person’s help led to other improvements in job 181 0.12 0.10 0.03 0.72

Source: Authors’ compilation.
Bold = significant at the .20 level or better.
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