
average APR of 528 percent. Table 2.1 shows the distribution of the
customers by number of loan transactions. About 26 percent of the
clients had fewer than six transactions over the previous year and
18 percent had more than twenty.5

The data in table 2.1, which as noted are similar to the data from
other state agencies, can be somewhat misleading. Recall that 283
(88 percent) of the borrowers in the data set had active accounts at
the time of the data collection. What is not shown in the table is that
16 percent of the active borrowers had taken out their first loan
from the payday lender within only two months. Another 61 per-
cent initiated their first loan between two and six months prior to
the examination date. These relatively new customers are bound to
take out fewer loans over the previous year. Thus, the borrowers in
the first category of table 2.1, those taking out five or fewer loans
over the previous year are primarily short-term customers, not
long-term customers who borrowed infrequently. In fact, of the 127
customers in the data set who were customers at least once ten
months or more before their most recent loan, only four took out
five or fewer loans over the course of the year. But 56 (44 percent)
of these long-term customers had more than twenty loan transac-
tions. The median long-term customer had nineteen loan origina-
tions or renewals over the course of the year.6

The department’s data also permit an examination of patterns
with respect to loan renewals, defined to be a rollover or same-day
advance. Of the 322 customers, 20.2 percent never renewed a loan
in the relevant period, 38.5 percent had four or more sequential re-
newals, and 15.5 percent had seven or more. If we limit the analy-
sis to customers who took out at least one loan ten or more months
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Table 2.1 Distribution of Wisconsin Payday Loan Customers by Number
of Transactions

Number of Loans Percentage
per Borrower Number Borrowers Borrowers
Within Previous Year in Category in Category

1 to 5 84 26.1%
6 to 10 79 24.5
11 to 20 101 31.4
More than 20 58 18.0

Source: Author’s estimates using data from Wisconsin Department of Financial Institutions (2001).



Almost all states require pawnshops to be licensed, but only a few
issue public documents reporting the number of active pawnshops
in the state. Even fewer provide a time series of pawnshop licenses
in the state. One can, however, track rather closely the number of
pawnshops nationally by using the services of businesses that sell
business mailing lists. American Business Information (ABI), for ex-
ample, uses local yellow page listings and other sources to produce a
mailing list of businesses in thousands of different business cate-
gories, broken down by geographic area. Table 2.2 provides ABI’s
data on the number of pawnshops in its lists for each year between
early 1986 and early 2003.12 As indicated in the table, the number of
pawnshops nationally grew at about 6 percent or more per year
through 1996. After that, it either grew much more slowly or de-
clined. By 2003, the number of pawnshops nationally barely exceeded
the number in 1997. 

One journalist attributed the marked slowing in the growth of
pawnbroking to strong economic growth from 1992 through 1999
(John Pletz, “Strong Economy Makes Business Difficult for Pawn-
shops,” Austin American-Statesman, August 24, 1999, p. D1). The ar-
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Table 2.2 Listings of Pawnshops Across the Country

Number of Listed
Year Pawnshops Growth Rate

1986 4,849
1987 5,189 7.0%
1988 5,550 7.0
1989 6,171 11.2
1990 6,863 11.2
1991 7,354 7.2
1992 7,760 5.5
1993 8,787 13.2
1994 9,616 9.4
1995 10,425 8.4
1996 11,075 6.2
1997 11,537 4.2
1998 11,529 −0.1
1999 Missing
2000 12,092
2001 12,356 2.2
2002 Missing
2003 11,683

Source: American Business Information (1986–2002); InfoUSA (2003).



have accounts, significantly more usually cash their checks at CCOs
than those who do. Almost 80 percent of those with accounts usu-
ally cash checks at banks. 

Data from the OCC survey and other surveys conducted in the
1990s are consistent in indicating the socioeconomic characteristics
of individuals who cash checks at CCOs (Caskey 2002a). They tend
to be younger and less well educated than those who use banks.
They are also more likely to rent their homes. They tend to have
lower household incomes. In the OCC survey, for example, most
had household incomes below $30,000. They are substantially more
likely to be African American or Hispanic. Most do not have bank
accounts. In the OCC survey, only about 22 percent of the regular
users of CCOs had deposit accounts; about half of these had savings
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Table 2.3 Forms of Income and Locations for Cashing Checks Among
Residents of Lower-Income Census Tracts in New York City and
Los Angeles

Percentage Percentage Percentage
Among the Among Among

Survey Banked Unbanked
Population Individuals Individuals

Way in which most
income was received
Direct deposit 23.8% 37.7% 0.0%
Check 49.4 48.7 50.5
Cash 10.9 6.2 18.8
Electronic transfer 
to nonbank 6.4 0.4 16.6

None of these ways
or no income 8.6 5.9 13.1

Total number 
surveyed 2,006 1,369 637

Most common location for
cashing checks (among 
those who cash checks)
Bank 53.1% 79.1% 21.2%
Workplace 2.0 1.9 2.1
Check-cashing outlet 39.3 15.6 68.4
Friend or family 0.8 0.0 1.9
Supermarket 3.3 1.8 5.1
Total number surveyed 832 513 319

Source: Author’s estimates using data from OCC.
Note: Percentages may not sum to 100 due to rounding, nonresponses, or other factors.



1,016 active payday lender offices. ABI, however, reported 941 CCO
listings in that state in early 2003. Undoubtedly, its list includes
many payday loan offices that list themselves under “check cashing”
in the yellow pages. 

Tables 2.5 and 2.6 provide additional evidence supporting the
conclusion that the recent rapid growth in yellow page listed CCOs
largely reflects the boom in payday lending, not a boom in tradi-
tional CCOs. Table 2.5 provides ABI’s 1993 and 2003 counts of the
number of CCOs in seventeen states in which payday lending was
common as of late 2002. Table 2.6 presents the same data for four
states where payday lending was rare as of late 2002.18 The differ-
ence in growth rates across the two groups of states is striking. 

As indicated in table 2.6, even in these four states where payday
lending had not gained a foothold by late 2002, check cashing grew
significantly over the past decade. Undoubtedly, this was largely due
to the strong economic expansion between 1992 and 2000. National
employment in 1992 was 118.2 million. By 2000, it was 137.6 mil-
lion. Because traditional CCOs gain most of their revenue from
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Table 2.4 Listings of CCOs Across the Country

Growth Rate in National Count of
National Count CCO Listings “Currency Exchange”

Year of CCO Listings in Percentage Listingsa

1986 1,202 Missing
1987 1,538 28.0% Missing
1988 1,958 27.3 Missing
1989 2,487 27.0 643
1990 2,991 20.3 679
1991 3,425 14.5 691
1992 3,593 4.9 696
1993 4,125 14.8 718
1994 4,361 5.7 726
1995 4,786 9.7 771
1996 5,127 7.1 785
1997 5,676 10.7 798
1998 6,097 7.4 785
1999 Missing Missing
2000 7,781 816
2001 10,650 36.9 847
2002 Missing Missing
2003 16,689 825

Source: American Business Information (1986–2002); InfoUSA (2003).
aAbout 90 percent of these listings are CCOs in Illinois.



cashing people’s paychecks, increased employment raises the de-
mand for their services.19

The large returns to check cashers from entering the payday loan
business were reflected in the rapid increase in the percentage of
CCOs offering payday loans. As noted earlier, in the early 1990s
only a small share of CCOs offered payday loans. By 2002, available
evidence suggests that a strong majority of CCOs did so in states
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Table 2.5 Listings of CCOs in States Where Payday Lending Was 
Common in Late 2002

ABI List ABI List
of CCOs, of CCOs, Percentage

State Early 1993 Early 2003 Increase

Alabama 33 388 1,076%
Arizona 71 446 528
California 1,089 2,293 111
Colorado 85 314 269
Florida 343 1,116 225
Georgia 143 531 271
Kentucky 19 409 2,053
Louisiana 47 326 594
Mississippi 8 714 8,825
Missouri 50 314 528
North Carolina 84 673 701
Ohio 98 817 734
South Carolina 46 638 1,287
Tennessee 38 941 2,376
Texas 560 1,309 134
Utah 6 169 2,717
Washington 69 310 349

Source: American Business Information (1993) and InfoUSA (2003).

Table 2.6 Listings of CCOs in States Where Payday Lending Was Rare in
Late 2002

ABI List ABI List
of CCOs, of CCOs, Percentage

State Early 1993 Early 2003 Increase

Connecticut 31 67 116%
Massachusetts 57 87 53
New Jersey 84 295 251
New York 420 647 54

Source: American Business Information (1993) and InfoUSA (2003).
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where the laws permitted payday lenders to charge 15 percent or
more for a two-week loan.20

Financial data from ACE Cash Express, Inc., a publicly held com-
pany with 1,189 CCOs in 35 states and Washington, D.C., provide
further evidence of the importance of payday loan revenue to CCOs.
ACE began to make payday loans from a few of its stores in the mid-
1990s. In states where laws permitted payday lending to be prof-
itable, ACE expanded this program through mid-1999. In 1999,
ACE formed a partnership with a bank in California and used this
relationship to offer payday loans in the vast majority of its stores.
As shown in table 2.7, in fiscal year 1998 payday lending accounted
for 10 percent of ACE’s overall revenue and check-cashing fees ac-
counted for 69 percent. Total revenue per average number of open
stores was $154,000.21 By fiscal year 2002, payday lending revenues
accounted for 32 percent of ACE’s overall revenue and check-cash-
ing fees accounted for 52 percent. Total revenue per average num-
ber of open stores had risen to $230,000. 

Although CCOs benefited financially from moving into payday
lending, many check cashers worry about the long run health of
their traditional business—cashing people’s paychecks. One threat
to the future of this business is the marked decline in the use of
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Table 2.7 Data for ACE Cash Express, Incorporated

Revenue per Check- Loan
Number Average Cashing Fees and

Fiscal of Total Number of Fees as Interest as
Year Company- Revenue Stores Percentage Percentage
(Ends Owned (Thousands (Thousands of of
July 31) Stores of Dollars) of Dollars) Revenue Revenue

1992 220 $26,001 $130 84.2% 0.0%
1993 276 32,666 132 82.4 0.2
1994 343 39,902 129 79.8 0.4
1995 452 47,790 120 78.4 1.2
1996 544 68,959 138 74.4 3.6
1997 617 87,392 151 71.9 6.5
1998 683 100,194 154 68.9 10.1
1999 798 122,314 165 64.5 11.7
2000 915 140,636 164 63.7 12.7
2001 988 196,775 207 53.6 27.8
2002 1,003 229,266 230 51.9 32.4

Source: ACE Cash Express, Inc. (1992–2002).



maining sites. In reality, the numbers have been much lower. These
low numbers compromise our ability to analyze anything more than
differences between participants and controls. Table 3.1 documents
numbers of participants and controls at Site 3 and Site 4, along with
response rates for the baseline survey.

We do not believe that the low numbers reflect lack of interest in
the program; they are more likely to result from early decisions
made regarding how to market it. The Program budget did not allow
for extensive marketing. In addition, given that this was the first
program of its kind, Bank staff had no way to gauge the potential re-
sponse. Believing that giving away free computers could be a huge
draw, staff understandably wanted to avoid a situation in which the
Bank was flooded with applicants who would need to be turned
away. The Bank therefore conducted outreach only through its
branches. Most of the participants we spoke with heard about the
program from friends or family members. In addition, the window
of time during which people could apply for the program was rela-
tively small. Finally, the fact that the Bank restricted the program to
current clients also restricted the potential pool. The Bank opened
the applicant pool to those without a Bank account in Site 5, and
quickly had more applicants than it could take.

Sample Descriptive Statistics

Table 3.2 presents sample means of baseline survey responses. The
table is divided by experimental group status (treatment versus con-
trol), by neighborhood (Site 3 and Site 4), and by experimental
status within neighborhood. We begin with a description of the
complete sample. Survey participants are mostly female (80 per-
cent), unmarried (80 percent), and African American (70 percent).
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Table 3.1 Interviews Attempted and Completed

Site 3 Site 4

Participants Controls Participants Controls

Total called 182 98 40 36
Interviews completed 134 62 25 22
Percentage of total
completed 73.6% 63.3% 62.5% 61.1%

Source: Authors’ compilation.



Table 3.2 Descriptive Statistics by Experimental Group Status, Facility, and Experimental Group Status Within Facility

Total Sample Facilities Site 3 Site 4

Total Treat Control Site 3 Site 4 Treat Control Treat Control
Variable (N = 243)a (N = 159) (N = 84) (N = 196) (N = 47) (N = 134) (N = 62) (N = 25) (N = 22)

Female 0.80 0.83 0.74* 0.81 0.74 0.84 0.74* 0.76 0.73

Hispanic 0.12 0.11 0.15 0.11 0.17 0.10 0.13 0.16 0.18

Non-Hispanic white 0.02 0.03 0.01 0.02 0.02 0.03 0.00 0.00 0.05

Non-Hispanic black 0.70 0.68 0.74 0.70 0.70 0.68 0.75 0.68 0.73

Married 0.20 0.20 0.20 0.22 0.13 0.20 0.26 0.20 0.05

Number of adults in
household 1.74 1.75 1.73 1.65 2.13** 1.64 1.67 2.32 1.91

Number of children in
household 1.37 1.31 1.49 1.25 1.85** 1.24 1.28 1.68 2.05

Single parent 0.52 0.51 0.52 0.50 0.60 0.52 0.45 0.48 0.73*

Less than twelve years
of education 0.08 0.09 0.07 0.08 0.09 0.09 0.07 0.08 0.09

Twelve years of 
education 0.38 0.33 0.48** 0.38 0.36 0.33 0.50** 0.32 0.41

Did not work last year 0.20 0.22 0.16 0.21 0.15 0.22 0.18 0.20 0.09
Worked full time, 
full year 0.46 0.46 0.45 0.45 0.49 0.48 0.40 0.40 0.59

Annual earningsb $19,966 $20,037 $19,838 $20,248 $19,163 $20,666 $19,378 $17,874 $20,811

(Table continues on p. 56.)



Table 3.2 Continued

Total Sample Facilities Site 3 Site 4

Total Treat Control Site 3 Site 4 Treat Control Treat Control
Variable (N = 243)a (N = 159) (N = 84) (N = 196) (N = 47) (N = 134) (N = 62) (N = 25) (N = 22)

Missing earnings 
information 0.35 0.36 0.33 0.40 0.13** 0.41 0.39 0.08 0.18

Total household 
incomeb $29,582 $29,577 $29,590 $29,815 $28,839 $30,482 $28,538 $26,118 $32,143

Received public 
assistance 0.15 0.14 0.15 0.15 0.15 0.15 0.15 0.12 0.18

Has checking account 0.23 0.25 0.19 0.25 0.13* 0.28 0.19 0.08 0.18
Has savings account 0.25 0.27 0.21 0.27 0.17 0.29 0.24 0.20 0.14
Has stocks, bonds, 
mutual funds 0.12 0.11 0.12 0.12 0.11 0.12 0.11 0.08 0.14

Has credit card 0.52 0.50 0.56 0.53 0.47 0.51 0.58 0.44 0.50

Banks online 0.17 0.21 0.10** 0.19 0.09* 0.23 0.11* 0.12 0.05

Banks by phone 0.15 0.18 0.09** 0.16 0.09 0.20 0.10 0.12 0.05

Uses debit card 0.16 0.19 0.10* 0.17 0.09 0.20 0.11 0.12 0.05

Saves money each 
month 0.65 0.66 0.63 0.62 0.77* 0.65 0.54 0.68 0.86



Always uses monthly
budget 0.39 0.37 0.42 0.40 0.36 0.39 0.41 0.28 0.45

Always pays bills on 
time 0.59 0.60 0.58 0.59 0.60 0.61 0.55 0.52 0.68

Pays credit card 
balance each monthc 0.12 0.12 0.13 0.13 0.09 0.12 0.14 0.09 0.09

Knows mutual funds
have risk 0.32 0.30 0.35 0.31 0.34 0.29 0.35 0.36 0.32

Knows how to minimize
credit card interest 0.87 0.88 0.86 0.88 0.85 0.89 0.84 0.80 0.91

Uses Internet often 0.21 0.24 0.14* 0.21 0.20 0.26 0.10** 0.16 0.24
Uses Internet 
sometimes 0.22 0.28 0.10** 0.23 0.17 0.28 0.12** 0.28 0.05**

Source: Authors’ intake survey data.
aSample sizes listed in column headings represent number of interviews and not number of valid responses.  The number of valid responses differs for each item.
bCalculated for those with valid earnings and income.
cCalculated for those with credit cards.
*0.10 < p < 0.05, **0.05 < p; asterisks indicate that difference in means is statistically significant at specified level. Difference in means is within columns as labeled in first
row of table.
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Figure 4.1 Mean Payments-to-Income Ratio, Weighted

Source: Survey of Consumer Finances 1989, 1992, 1995, 1998, and authors’ calculations.
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Source: Survey of Consumer Finances 1989, 1992, 1995, 1998, and authors’ calculations.
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increase in income, mortgage debt payments increase by 3 percent
in 1989, 5 percent in 1992, 6 percent in 1995, and 7 percent in
1998, ceteris paribus. Thus the income elasticity of mortgage pay-
ments has increased over time. The Wald tests of coefficient differ-
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Figure 4.3 Mean Mortgage-to-Debt Ratio, Weighted

Source: Survey of Consumer Finances 1989, 1992, 1995, 1998, and authors’ calculations.
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Source: Survey of Consumer Finances 1989, 1992, 1995, 1998, and authors’ calculations.
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middle-income and 0.18 for the high-income groups; in 1998, the
coefficient on the low-income group is 0.84 versus 0.57 and 0.59 for
the middle- and high-income, respectively. The data show that in-
creases in mortgage payments are greatest for low-income house-
holds. Indeed, the difference between the low-income and other
two groups is substantial throughout the study period.4 Thus, the
uncontrolled results on the relatively large increase in mortgage
debt for low-income households are confirmed.

We also separately model two relevant mortgage ratios, mortgage
payment-to-income and mortgage debt-to-total debt with income
group-year interactions with substantially similar results, reported
in table 4.5. 

Two possible causes have been suggested to explain the growth of
mortgage debt in the last two decades: tax laws and credit market-
ing. One is the passage of the Tax Reform Act (TRA) of 1986.5 Prior
to TRA, the Internal Revenue Code allowed for the deduction of in-
terest on all debt, whether the debt was unsecured or secured by a
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Figure 4.5 Size of Mortgage Payment, Regression Results

Source: Survey of Consumer Finances 1983, 1989, 1992, 1995, 1998, and authors’ calculations.
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tion of the mortgage payments-to-income ratio (model 6), the coef-
ficient again increases between 1983 and 1989 and then falls sub-
stantially in 1992.

The results of these models suggest that between 1983 and 1989,
households with higher probabilities of itemization tended to expe-
rience increased mortgage debt-to-total-debt ratios and mortgage
payment-to-income ratios. This is consistent with the hypothesis
that the households responded to the incentive contained in TRA 86
to borrow money secured by their primary or secondary residences.
After 1989, however, differences among households with high and
low probabilities of itemization tended to dissipate, suggesting that
other factors must have been at work as well. 

The other factors relate to changes in the mortgage market in
general. Until recently, many potential homeowners whose incomes
are too low to justify itemization were unable to obtain mortgage fi-
nancing either because of poor credit histories or because their in-
comes and assets were too low to qualify under typical underwriting
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Figure 4.6 Regression Coefficients on Itemization Probability

Source: Survey of Consumer Finances 1983, 1989, 1992, 1995, 1998, and authors’ calculations.
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percent. This 4.4 percentage point change was more than fourteen
times higher than the next highest change of 0.3 percentage points
among households with income over $100,000. In addition, bank-
ruptcies per 1,000 adults steadily increased from 1980 to 2001; these
bankrupt families had incomes well below the national median in-
come (Sullivan, Warren, and Westbrook 2000; American Bank-
ruptcy Institute 2002). 

For homeowners, the picture was much the same. Low-income
homeowners, unlike their high-income counterparts, have seen an
increase in the mortgage debt burden. Moreover, changes in debt
payment relative to income occurred in a period when household
income increased substantially as a rapidly growing number of mar-
ried couples sent both adults into the workforce. In other words, the
proportion of total family income dedicated to debt repayment was
not reduced for households in the aggregate and increased for low-
income households despite the fact that more families had a second
income to spend.

While the lower debt service burden would seem to provide a
dose of good news in the financial picture for these families, the
overall level of household indebtedness continues to exert a crucial
impact on household financial stability because high overall levels of
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Table 4.1 Changes in Debt, Income, and Assets, 1949 to 2001

1949 1979 2001

Household debt-income 33.0% 73.2% 109.0%
Household debt-assets 6.1 13.7 16.7
Mortgage debt-income 19.6 46.1 73.2
Mortgage debt-assets 15.0 27.5 40.9

Source: Mishel, Bernstein, and Boushey (2003).
Note: All debt as a share of all assets; mortgage debt as a share of real estate assets.

Table 4.2 Income Committed to Debt Service, by Type, 1980 to 2001

All Debt Mortgage Consumer
Percentage Percentage Percentage

1980 12.9% 8.4% 4.5%
1989 13.6 7.6 6.0
1995 12.7 6.8 5.9
2001 14.1 7.9 6.3

Source: Mishel, Bernstein, and Boushey (2003).
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Table 4.3 List of Independent Variables Compiled from the Survey of
Consumer Finances

Time-Series
Sample

Distribution Mean
over Observed (Standard

Variables Characteristicsa Deviation)

Race
White (omitted) 86.8
Black 6.3
Hispanic 3.4
Other race 3.5

Education
Less than high school (omitted) 26.1
High school 17.4
Some college or college degree 34.7
Graduate school 21.8

Family type
Couple, no children (omitted) 33.3
Couple with children 46.1
Single parent 5.7
Single male 7.6
Single female 7.3

Age
Young (below thirty-five years 
old; omitted) 16.9

Middle-aged (thirty-five to 
sixty-four years old) 75.0

Elderly (over sixty-four years old) 8.1

Income sources (dummies)
Income from wages only 
(omitted) 5.6

Supplementary income from 
business, interest, dividends, 
rents, trusts, royalties, sales 
gains 67.9

Income from alimonies, 
welfare, unemployment 
compensation 11.2

Income from pensions 15.1

Debt and payments
Whether household pays 
alimonies 8.4

Whether household has 
consumer debt 78.6



ences show that this increase is significant. Moreover, the positive
coefficient on the log of income square shows that income elasticity
of payments has increased at an increasing rate. 

The other control variables have coefficients consistent with the
literature. Education variables, which are correlated with wealth
and permanent income, have positive coefficients. Household type
indicates that families with children and single parents have more
mortgage debt than those without children. Age group variables in-
dicate that mortgage payment size significantly decreases with age.
The variables indicating whether the household head is a minority
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Table 4.3 Continued

Time-Series
Sample

Distribution Mean
over Observed (Standard

Variables Characteristicsa Deviation)

Income group interactions with
the survey years
Low income 1983 (omitted) 1.9
Middle income 1983 5.2
High income 1983 12.4
Low income 1989 1.3
Middle income 1989 3.1
High income 1989 11.9
Low income 1992 1.7
Middle income 1992 3.1
High income 1992 14.6
Low income 1995 2.1
Middle income 1995 4.5
High income 1995 16.1
Low income 1998 1.8
Middle income 1998 4.1
High income 1998 16.2

Interactions of the log of 
itemization probability with
the survey years
Ln_probitemize 1983 0.135 (0.291)
Ln_probitemize 1989 0.132 (0.309)
Ln_probitemize 1992 0.158 (0.336)
Ln_probitemize 1995 0.180 (0.347)
Ln_probitemize 1998 0.181 (0.351)

Source: Survey of Consumer Finances 1983, 1989, 1992, 1995, 1998, and authors’ calculations.
a8,075 observations used in the estimation of payments-to-income ratio.
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Table 4.4 Regression Results, Dependent Variable: Log of Mortgage 
Payments

Model 1

Parameter Standard
Variable Estimate Error t Value

Intercept 4.32423**** 0.04177 103.52
Log of income square 0.17341**** 0.00196 88.54
Log of income 1989 0.03242**** 0.00175 18.57
Log of income 1992 0.05228**** 0.00175 29.94
Log of income 1995 0.06165**** 0.00172 35.87
Log of income 1998 0.07016**** 0.00173 40.45
Black −0.12653**** 0.01564 −8.09
Hispanic 0.1389**** 0.02071 6.71
Other race 0.17786**** 0.02 8.89
High school 0.08169**** 0.01713 4.77
Some or completed college 0.26827**** 0.01655 16.21
Graduate school 0.38344**** 0.01809 21.19
Couple with children 0.10285**** 0.00887 11.59
Single parent 0.08471**** 0.01785 4.75
Single male 0.01031 0.01511 0.68
Single female 0.02814* 0.01559 1.8
Middle-aged −0.09465**** 0.01039 −9.11
Elderly −0.11086**** 0.01903 −5.82
Paying alimony 0.07005**** 0.01364 5.13
Supplementary income 0.1049**** 0.00895 11.72
Support income -0.06372**** 0.01237 −5.15
Pension income -0.08445**** 0.01251 −6.75
Consumer debt 0.02696**** 0.00921 2.93
Adjusted R-square 0.510

Model 2

Parameter Standard
Variable Estimate Error t Value

Intercept 3.81414**** 0.0482 79.14
Log of gross income 0.40854**** 0.00427 95.78
Black −0.12504**** 0.01563 −8.0
Hispanic 0.13993**** 0.02066 6.77
Other race 0.18082**** 0.01994 9.07
High school 0.08945**** 0.01739 5.14
Some or completed college 0.27968**** 0.01685 16.6
Graduate school 0.39692**** 0.0183 21.69
Couple with children 0.10704**** 0.00885 12.1
Single parent 0.07987**** 0.018 4.44
Single male 0.00508 0.01512 0.34
Single female 0.01257 0.01573 0.8
Middle-aged −0.10238**** 0.01039 −9.86



(black, Hispanic, or other) are also significant with a negative coef-
ficient for black. Households paying alimonies and those receiving
supplemental income, as well as those having consumer debt, make
higher mortgage payments, while households with support income
sources or pension make lower payments. 

Another version, model 2, is estimated to test changes in the in-
come elasticity of mortgage payments over time. This model in-
cludes interactions of the log of income with year dummies, as well
as log of square of income. Table 4.4 reports the results. The income
group and year interactions over time are the variables of particular
interest. These coefficients are displayed graphically in figure 4.5. In
each case, the time dummy variables for lower income households
are greater than for other groups. For example, the coefficient on
the low-income group in 1989 is 0.29 versus only 0.13 for the
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Table 4.4 Continued

Model 2

Parameter Standard
Variable Estimate Error t Value

Elderly −0.13583**** 0.01908 −7.12
Paying alimony 0.05818**** 0.01361 4.28
Supplementary income 0.10394**** 0.00899 11.56
Support income −0.06584**** 0.01238 −5.32
Pension income −0.09026**** 0.01248 −7.23
Consumer debt 0.03006**** 0.00922 3.26
Middle income 1983 -0.19524**** 0.03037 -6.43
High income 1983 −0.14245**** 0.0292 −4.88
Low income 1989 0.23127**** 0.04178 5.54
Middle income 1989 0.12599**** 0.03586 3.51
High income 1989 0.17761**** 0.03316 5.36
Low income 1992 0.55159**** 0.04004 13.78
Middle income 1992 0.36045**** 0.03575 10.08
High income 1992 0.39635**** 0.03311 11.97
Low income 1995 0.73165**** 0.03773 19.39
Middle income 1995 0.4816**** 0.03401 14.16
High income 1995 0.48862**** 0.03298 14.82
Low income 1998 0.84362**** 0.03942 21.4
Middle income 1998 0.56788**** 0.03454 16.44
High income 1998 0.59415**** 0.03324 17.88
Adjusted R-square 0.514

Source: Survey of Consumer Finances 1983, 1989, 1992, 1995, 1998, and authors’ calculations.
****Coefficient significant at 1 percent level. *Coefficient significant at 10 percent level.
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Table 4.5 Regression Results

Model 3: Model 4:
Log of the Ratio of Log of the Ratio of

Home-Secured Mortgage Payments
Debt to Total Debt to Income

Parameter Standard Parameter Standard
Variable Estimate Error t Value Estimate Error t Value

Intercept −0.213**** 0.022 −9.780 −1.536**** 0.035 −43.770
Black −0.108**** 0.011 −9.360 −0.052**** 0.019 −2.730
Hispanic 0.004 0.015 0.280 0.221**** 0.025 8.810
Other race 0.011 0.015 0.720 0.177**** 0.024 7.290
High school −0.011 0.011 −1.070 0.112**** 0.021 5.280
Some or completed
college 0.021** 0.011 2.020 0.174**** 0.020 8.510

Graduate school 0.017* 0.011 1.470 0.050 0.022 2.290
Couple with 
children 0.109**** 0.006 16.730 0.163**** 0.011 15.170

Single parent 0.125**** 0.013 9.450 0.202**** 0.022 9.240
Single male 0.041**** 0.011 3.700 0.113**** 0.018 6.170
Single female 0.174**** 0.011 15.380 0.255**** 0.019 13.440
Middle-aged −0.088**** 0.008 −11.490 −0.257**** 0.013 −20.500
Elderly −0.123**** 0.014 −8.960 −0.392**** 0.023 −16.990
Paying alimony −0.047**** 0.010 −4.720 −0.090**** 0.016 −5.440
Supplementary
income −0.033**** 0.007 −5.030 −0.127**** 0.011 −11.840

Support income 0.039**** 0.009 4.250 −0.006 0.015 −0.380
Pension income 0.027**** 0.009 3.010 0.037 0.015 2.480
Consumer debt 0.151**** 0.011 13.550
Middle income
1983 −0.054*** 0.022 −2.420 −0.685**** 0.037 −18.680

High income 
1983 −0.236**** 0.021 −11.15 −1.196**** 0.034 −34.920

Low income 
1989 −0.150**** 0.029 −5.220 0.098 0.051 1.920

Middle income
1989 −0.127**** 0.025 −5.170 −0.442**** 0.043 −10.210

High income 
1989 −0.199**** 0.021 −9.370 −1.043**** 0.039 −26.840

Low income 
1992 −0.095**** 0.027 −3.490 0.397**** 0.049 8.160

Middle income
1992 −0.026 0.024 −1.050 −0.264**** 0.043 −6.130

High income 
1992 −0.102**** 0.021 −4.880 −0.891**** 0.039 −23.060

Low income 
1995 −0.071**** 0.026 −2.750 0.617**** 0.046 13.460

Middle income
1995 −0.033 0.023 −1.420 −0.252**** 0.041 −6.180

High income 
1995 −0.070**** 0.021 −3.350 −0.837**** 0.038 −21.820

Low income 
1998 −0.032 0.026 −1.220 0.658**** 0.048 13.750

Middle income
1998 −0.050 0.023 −2.140 −0.192**** 0.041 −4.640

High income 
1998 −0.024 0.021 −1.160 −0.814**** 0.038 −21.150

(Table continues on p. 88.)
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Table 4.5 Continued

Model 3: Model 4:
Log of the Ratio of Log of the Ratio of

Home-Secured Mortgage Payments
Debt to Total Debt to Income

Parameter Standard Parameter Standard
Variable Estimate Error t Value Estimate Error t Value

Adjusted
R-square 0.038 0.255

Intercept −0.244**** 0.017 −14.320 −1.016**** 0.028 −35.960
Black −0.089**** 0.013 −7.020 0.100**** 0.021 4.780
Hispanic 0.007 0.015 0.460 0.281**** 0.025 11.270
Other race 0.020 0.015 1.350 0.186**** 0.024 7.650
High school −0.013 0.011 −1.150 0.334**** 0.015 22.280
Some or completed
college 0.025*** 0.011 2.310 0.386**** 0.013 29.920

Graduate
school 0.018* 0.012 1.550 0.262**** 0.015 17.980

Couple with 
children 0.099**** 0.006 15.270 0.148**** 0.011 13.800

Single parent 0.131**** 0.013 9.860 0.195**** 0.022 8.920
Single male 0.050**** 0.011 4.570 0.109**** 0.018 5.930
Single female 0.178**** 0.011 15.620 0.245**** 0.019 12.850
Middle-aged −0.084**** 0.008 −10.740 −0.284**** 0.013 −22.230
Elderly −0.108**** 0.014 −7.820 −0.398**** 0.023 −17.190
Paying alimony −0.078**** 0.010 −7.880 −0.101**** 0.016 −6.150
Supplementary
income −0.054**** 0.007 −8.130 −0.209**** 0.011 −19.020

Support income 0.039**** 0.009 4.190 0.035 0.015 2.290
Pension income 0.017* 0.009 1.850 0.050**** 0.015 3.300
Consumer debt 0.138**** 0.011 12.340
Middle income 0.001 0.011 0.080 −0.868**** 0.019 −44.750
High income −0.064**** 0.012 −5.570 −1.509**** 0.020 −75.320
Ln probability
of itemization
1983 0.018** 0.009 2.030 0.256**** 0.015 17.040

Ln probability
of itemization
1989 0.071**** 0.013 5.470 0.305**** 0.021 14.520

Ln probability
of itemization
1992 0.003 0.010 0.310 0.137**** 0.016 8.400

Ln probability
of itemization
1995 0.054**** 0.010 5.590 0.149**** 0.016 9.230

Ln probability
of itemization
1998 −0.001 0.011 −0.130 0.149**** 0.021 7.030

Adjusted
R-square 0.026 0.250

Source: Survey of Consumer Finances 1983, 1989, 1992, 1995, 1998, and authors’ calculations.
**** Coefficient significant at 1 percent level.
*** Coefficient significant at 2 percent level.
** Coefficient significant at 5 percent level.
* Coefficient significant at 10 percent level.



Foreclosure risk rises with a rise in LTV ratios, but the relationship
is nonlinear. Transaction costs associated with the sale of a house are
likely to be as high as 10 percent. After payment of transaction costs,
there is little or no equity left for the homeowner, thus increasing
the likelihood of foreclosure. Thus, LTV ratios greater than 90 per-
cent are associated with heightened risks for foreclosure and wipe-
out of equity (Quercia and Stegman 1992). Table 4.6 shows the av-
erage LTV ratio for the 2001 sample of bankrupt homeowners.
Despite gains in the value of homes and years in the residence to pay
down the mortgage, in 2001 LTV ratios at filing were still on average
slightly above 90 percent for the sample as a whole. In table 4.7 we
disaggregate the 400 bankrupt homeowners in 2001 into two con-
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Table 4.6 Families in Bankruptcy, 2001: Summary Statistics

Standard
Mean Median Deviation

Purchase price 92,864 85,000 56,467
House value at filing 125,367 113,000 69,805
Debt at purchase 87,816 80,000 51,136
Debt at filing 102,893 89,152 62,094

LTV at purchase 0.966 1.000 0.197
LTV at filing 0.905 0.918 0.257

Source: Survey of Bankruptcy Petitioners (2001).
Note: Unweighted N = 400.

Table 4.7 Bankrupt Homeowners, 2001: Summary Statistics

LTV at Filing
LTV at Filing Greater than
Less than 0.9 or Equal to 0.9

(Unweighted N = 157) (Unweighted N = 243)

Standard Standard
Mean Median Deviation Mean Median Deviation

Purchase
price 85,051 78,000 59,139 99,360 90,000 53,282

House value
at filing 140,061 130,000 72,556 113,152 100,000 64,951

Debt at 
purchase 76,714 72,300 48,733 97,046 88,000 51,254

Debt at 
filing 94,422 84,196 56,694 109,935 94,000 65,422

Source: Survey of Bankruptcy Petitioners (2001).
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stituent groups of lower LTV ratios, those with LTV ratios of less than
90 percent, and higher LTV ratios, those with LTV ratios greater than
or equal to 90 percent. Somewhat more than 60 percent of the
homeowners in the 2001 bankruptcy sample fall into the higher LTV
group.

As table 4.8 indicates, the proportion of higher LTV homeowners
in bankruptcy has increased over time. The 60 percent of bankrupt
homeowners with LTV ratios greater than 90 percent in 2001 is 50
percent higher than the 40 percent with higher LTV ratios in 1991.
To probe for the factors that may explain higher LTV ratios, we first
focus on how the 2001 high and low LTV subsamples differ. 

The 2001 bankruptcy data suggest that among higher LTV bank-
rupt homeowners, refinancing and home equity loans are likely to
have played a key role in increased leverage and reduced equity in
the years preceding bankruptcy.13 For the 60 percent of all home-
owners in bankruptcy with high mortgage debt burdens relative to
the value of their homes, during their tenure in the home, mortgage
debt increased rather than decreased over time. For this higher LTV
group the average LTV exceeded one by the time they filed for bank-
ruptcy—that is, the average higher LTV debtor owed more on the
mortgage than the full market value of the house. 

As table 4.9 shows, the differences between the two groups for the
most part are not surprising: higher LTV homeowners in bankruptcy
tend to be younger on average than their lower LTV counterparts. In
addition, they are slightly less well educated. Higher LTV homeown-
ers are also more likely to be couples with children. The homes of
higher LTV households appreciated less between the time of pur-
chase and the time of filing. The lower LTV homeowners stayed in
their homes nearly twice as long before filing for bankruptcy. 

This last finding in particular suggests that higher LTV ratios at fil-
ing could be an artifact of recent home purchase and higher LTV ra-
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Table 4.8 LTV at Filing Among Bankrupt Homeowners, 1991 and 2001

Percentage with LTV
Mean LTV at Filing 90 Percent and over

1991 0.78 43%
2001 0.91 60*

Source: Surveys of Bankruptcy Petitioners (1991 and 2001).
*Difference significant at 1 percent level.



tios at origination. To explore whether this is the case, as shown in
table 4.10, we divide the group of higher LTV households into two
subgroups —those who had lived in their current homes for less
than five years and those who have lived in their homes for more
than five years. The data show that both groups experienced in-
creases in their LTV ratios. Indeed, contrary to expectations, rather
than having smaller LTV ratios, the more than five years group had
marginally higher LTV ratios than those in the more recent home-
owner group (1.08 percent versus 1.05 percent). These data imply
that high LTV ratios among the homeowners in bankruptcy are not
attributable to high LTVs at the onset or to brief tenure. These home-
owners have refinanced and increased the outstanding principal on
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Table 4.9 Variable Differences Between Higher and Lower LTV Groups
Among Bankrupt Homeowners, 2001

LTV Greater than
LTV Less than 0.9 or Equal to 0.9

N = 149 N = 231

Age
Young (thirty-four years 
old or younger) 13.8 37.5

Middle-aged (thirty-five
to forty-four years old) 59.3 54.0

Old (fifty-five years and older) 26.9 8.4

Education
High school or less 34.2 41.1
Some college or higher 64.0 44.6

Family type
Single male 12.3 8.2
Single female 19.6 10.2
Single parent 19.8 25
Couple with children 30.6 41.5
Couple with no children 17.8 15.1

State
Low-exemption states 0.441 0.509
Pennsylvania 0.221 0.260
High-exemption states 0.338 0.231
Consumer debt in dollars 41,811 19,037
Change in house value 
between purchase and filing 2.12 1.40

Income 35,103 33,720
Tenure in home 11.8 6.7

Source: Survey of Bankruptcy Petitioners (2001).



their mortgages before they filed for bankruptcy, although the
analysis thus far does not identify attributes associated with their
doing so. 

One explanation may be the role consumer debt plays in the
overall financial picture for these families. Consumer debt is notice-
ably lower for the higher LTV group by almost $20,000. This differ-
ence implies a role for substitution of mortgage debt for consumer
debt in high LTV outcomes. A second source of information about
why homeowners at bankruptcy have higher LTV ratios that come
from the homeowners themselves supports this finding.

Each debtor reports on the reasons for bankruptcy filing, giving
some glimpse into the financial problems facing the household be-
fore the filing. Table 4.11 reports the reasons homeowners gave for
why they filed for bankruptcy. Interestingly, the only major differ-
ence between higher and lower LTV homeowners was over whether
their filing was attributable to “credit card debt out of control.” Ac-
cording to the debtors’ responses, this was a significantly bigger
problem among the lower LTV homeowners. This is consistent with
the inference that the higher LTV group substituted mortgage debt
for credit card debt. By the time of the bankruptcy filing, the higher
LTV group may have seen itself as dealing with other problems,
while the lower LTV group was more likely to be battling the credit
card companies. This result supports the differences in average con-
sumer debt that we found for the two subsamples. 

An additional factor that may explain differences among LTV ra-
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Table 4.10 LTV Among Bankrupt Homeowners, by Tenure, 2001

LTV at Purchase LTV at Filing

Mean Median Mean Median

Total sample .96 1.0 .90 .92

LTV at filing less than 0.9 .94 .99 .72 .77
Five years or less in house .97 .96 .78 .80
More than five years in house .93 1.0 .70 .74

LTV at filing greater 
than or equal to 0.9 .99 1.0 1.06 1.0

Five years or less in house 1.01 1.0 1.04 1.0
More than five years in house .95 1.0 1.08 1.02

Source: Survey of Bankruptcy Petitioners (2001).



tios is the state in which the bankrupt homeowner lives. When a
home is sold either in mortgage foreclosure or by a trustee in bank-
ruptcy, the mortgage lender will get first call on the proceeds from
the sale. If any money remains, the debtor is permitted a “home-
stead exemption.” If there is any equity after the mortgage and the
exemption have been satisfied, it is distributed to the remaining
creditors. By statute, federal bankruptcy law yields to state law to
determine the amount of property a debtor may keep free from
general creditor collection following a bankruptcy. Such exemption
laws vary widely by state. In particular, the homestead exemption or
the amount of equity that bankrupt households are allowed to keep
is quite different among the states. In seven—Arkansas, Florida,
Iowa, Kansas, Oklahoma, South Dakota, and Texas—the amount of
equity protected is unlimited; in twenty-five it is $20,000 or less.
This means that in the first seven states, once the mortgage lender is
paid off, a homeowner in bankruptcy can keep the home (or the
proceeds from the sale of the home) regardless of its value. In the
twenty-five, the homeowner can retain only that $20,000 or less;
any additional proceeds must go to the general unsecured creditors
on a pro rata basis.

Mortgage Debt 99

Table 4.11 Reasons for Filing by Bankrupt Homeowners, 2001

LTV Less LTV Greater than
than 0.9 or Equal to 0.9

May lose home (eviction or
foreclosure) 0.90 0.92

Job problems 0.68 0.73
Medical problems 47.8 48.1
Credit card debt out of control 0.41* 0.27
Trouble managing money 0.34 0.31
Aggressive collection efforts
by creditors 0.23 0.24

Car accident 0.04 0.05
Divorce or family breakup 0.13 0.18
Addition of a family member 0.06 0.09
Victim of fraud or crime 0.07 0.03
Victim of disaster (flood, fire) 0.02 0.00
Gambling 0.03 0.01
Alcoholism or drug addiction 0.02 0.02
Other reasons 0.02 0.04

Source: Survey of Bankruptcy Petitioners (2001).
*Difference significant at 1 percent level.



LTV Regression Results

The results of the first regression are listed in table 4.14. The fit of
the regression is quite good and the signs of the variables are all rea-
sonable. As expected, the change in house value between the time

Mortgage Debt 101

Table 4.12 LTV in States

Exemption Level N Mean Median

Low-exemption states
(Illinois, Tennessee) 191 0.94 0.96

Middle-exemption state
(Pennsylvania) 97 0.95 0.95

High-exemption states
(California, Texas) 109 0.87 0.88

Source: Survey of Bankruptcy Petitioners (2001).

Table 4.13 Demographic Differences between Lower-LTV and 
Higher-LTV Groups of Bankrupt Homeowners in the 
Time-Series Cross-Section (1991 and 2001)

LTV Less LTV Greater than
than 0.9 or Equal to 0.9
N = 276 N = 325

Year
1991 0.478 0.311
2001 0.522 0.689

Age group
Young (thirty-four or younger) 0.200 0.366
Thirty-five to forty-four 0.746 0.625
Old (fifty-five and older) 0.054 0.009

Education
High school or less 0.609 0.532
Some college or higher 0.391 0.468

Family type
Single male 0.152 0.135
Single female 0.261 0.302
Couple 0.587 0.563

Exemption status
High-exemption 0.362 0.265
Low-exemption 0.254 0.243
Middle-exemption

Log (income) 10.201 10.257
Log (consumer credit) 9.372 9.224

Source: Survey of Bankruptcy Petitioners (1991 and 2001).
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of purchase and the time of filing is a significant and negative pre-
dictor of a higher LTV as is the duration of tenure in the home. In
other words, lower LTV homeowners tended to experience both ap-
preciation in the value of their homes and paid down the principal
balance of their mortgages. Also as expected, middle-aged debtors,
compared with a young age group, were also less likely (at a 10 per-
cent level) to have a higher LTV at filing. For the two variables of
policy interest, all else being equal, high exemption states are signif-
icantly and negatively related to the probability of higher LTV at fil-
ing. That is, families living in states with high homestead exemptions
are likely to have a lower LTV when they file for bankruptcy. This
confirms predictions suggesting that the exemption status of the
state of residence matters for LTV outcomes. The size of consumer
credit is also significantly (at 10 percent) and negatively related to a
higher LTV at filing, a finding consistent with the substitution of
mortgage debt for consumer debt.16

The time-series cross-section results displayed in table 4.15 sup-
port the previous results. Strong and negative predictors of higher
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Table 4.14 The Logistic Procedure (Binomial)

Parameter Standard Wald
Parameter Estimate Error Chi-Square

Intercept 3.8241 3.2451 1.3887
Log (consumer debt) −0.155* 0.0975 2.5305
High-exemption states −0.5853** 0.282 4.3088
Pennsylvania (middle exemption) −0.0202 0.2986 0.0046
Log (change in house value) −0.781*** 0.3369 5.3754
Log (income) −0.0843 0.3076 0.0751
Middle-aged −0.4105* 0.2742 2.2418
Old −0.7709 1.0044 0.5891
Some college or higher education 0.1197 0.2464 0.236
Single parent −0.1126 0.3961 0.0809
Single male −0.4619 0.4803 0.9251
Single female −0.0937 0.4598 0.0415
Couple with children −0.0793 0.3693 0.0462
Duration of tenure in the home −0.0342* 0.0221 2.3989

ROC (measure of fit) 0.711

Source: Survey of Bankruptcy Petitioners (2001), and authors’ calculations.
Note: Dependent variable: probability of LTV is greater than or equal to 0.9, 2001 sample.
***Coefficient significant at 2 percent level.
**Coefficient significant at 5 percent level.
**Coefficient significant at 10 percent level.



LTV are middle and old ages, compared to the left-out young age co-
hort. The high exemption state variable retains a significant and
negative effect on the probability of higher LTV at filing compared to
low exemption states. We include a year dummy in this regression
to test for whether and how much LTV ratios have increased over
time. We would like to determine whether otherwise similar house-
holds will be predicted to have a higher LTV in 2001 than in 1991.
The year 2001 dummy variable is positive and significant. That is,
the 2001 homeowners who filed for bankruptcy had more mortgage
debt relative to house value at the time of filing than their counter-
parts in 1991, all else being equal.

While we know the shift over time is statistically significant,
we can also determine whether the size of the measured increase
is economically significant. To do so, we simulate the importance
of the shift in LTV over the decade by calculating predicted prob-
abilities of higher LTV for each of the two survey years (keeping
all the dependent variables except the survey year dummy 
at their mean level). The predicted probability of having a higher
LTV in 1991 is 43.7 percent, and in 2001 it is 60.0 percent. Thus,
predicted LTV ratios at filing have increased by almost 50 per-
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Table 4.15 The Logistic Procedure (Binomial) with 2001 Year Dummy

Parameter Standard Wald
Parameter Estimate Error Chi-Square

Intercept 0.8631 2.0677 0.1742
Year 2001 0.657**** 0.2098 9.8059
Log (consumer debt) −0.0795 0.072 1.2183
High-exemption states −0.3933** 0.2038 3.7235
Pennsylvania (middle exemption) −0.2782 0.2209 1.5863
Log (income) 0.0408 0.2025 0.0406
Middle-aged −0.761**** 0.196 15.0757
Old −2.1688**** 0.6711 10.4443
Some college or higher education 0.0131 0.203 0.0042
Single male −0.1118 0.2566 0.1899
Single female 0.0358 0.2179 0.0269

ROC (measure of fit) 0.666

Source: Surveys of Bankruptcy Petitioners (1991 and 2001), and authors’ calculations.
Note: Dependent variable: probability of LTV greater than or equal to 0.9, 1991 and 2001 sam-
ples.
****Coefficient significant at 1 percent level.
** Coefficient significant at 5 percent level.



Figure 5.1 Backlog of Trials Pending Divided by Incoming Trials

Source: Authors’ calculations.
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differences across regions persist and there seem to be common year
effects, possibly due to the business cycle. The ratio is above the na-
tional average (horizontal line in the graph) in the south regions
and in the islands of Sicily and Sardinia, while it is below the na-
tional average in the north.

Finally, the last piece of information used includes data on re-
gional per capita GDP. These data come from the “Regional Ac-
counts,”15 and refer to the years 1989 to 1998. Before turning to the
analysis of the micro-data, let us have a look at the relations among
credit availability, legal enforcement and economic development,
from a macroeconomic point of view. We do that by aggregating all
the information at the regional level.

Figure 5.2 shows that the percentage of credit-constrained house-
holds within each region is higher in those with lower per capita
gross domestic product. Figure 5.3 plots household debt on the re-
gional per capita gross domestic product and shows that the avail-
ability of credit is higher in wealthier regions.16 This preliminary ev-
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Figure 5.2 Percentage of Credit-Constrained Households and Regional Per
Capita Gross Domestic Product

Source: Authors’ calculations.
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idence suggests that there is a positive correlation between credit
channeled to households and economic development across Italy.
Legal institutions are also related to credit availability. In figure 5.4
we plot the percentage of credit-constrained households against the
quality of legal enforcement. The figure shows that the percentage is
higher where the quality is weaker. In southern regions, such as
Calabria and Molise, the backlog of trials pending is high, as is the
percentage of credit-constrained households. Conversely, in north-
ern regions, such as Piemonte, Lombardia, and Trentino-Alto Adige,
the low share of credit-constrained households is associated with a
low cost of enforcing credit contracts. Figure 5.5 parallels this evi-
dence and shows that the availability of credit, proxied by the debt/
family disposable income ratio, is lower the worse the quality of ju-
dicial enforcement. For example, the debt/family disposable income
ratio is higher in regions such as Piemonte, where the quality of en-
forcement is better.

However, the cost of enforcement is also negatively correlated
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Figure 5.3 Ratio of Debt to Family Income and Regional Per Capita Gross
Domestic Product

Source: Authors’ calculations.
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with the per-capita gross domestic product, as shown in figure 5.6.
In the richer regions, such as Piemonte, Lombardia, and Trentino-
Alto Adige, the backlog of pending trials is lower than in the regions
with low per capita gross domestic product.

The evidence presented so far shows that credit availability, eco-
nomic development, and legal enforcement are correlated across
Italian regions. This implies that macro-data do not allow one to dis-
entangle the effect of the legal enforcement from that of economic
development on credit allocation.

To shed more light on the relation between the three variables
and to remove any suspicion that differences in legal enforcement
capture only differences in the degrees of economic development
among regions, we perform an econometric analysis using micro-
data. This allows us to achieve two important goals. First, it enables
us to control for macro-effects, both observed and unobserved,
which is quite crucial given the wide economic differences between
northern and southern regions. Second, it makes our analysis more
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Figure 5.4 Percentage of Credit-Constrained Households and Cost of 
Enforcement

Source: Authors’ calculations.
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robust to endogeneity problems, because neither the probability of a
household being credit constrained nor the household’s amount of
debt is likely to affect regional economic performance or enforce-
ment cost.

In the econometric analysis, we focus on those households who
apply for a loan and are credit constrained. We exclude the discour-
aged borrowers for two reasons. First, the focus of this chapter is on
those who participate in the credit market. Second, our preliminary
evidence reported in figures 5.7 and 5.8 shows that the share of
discouraged borrowers is not strongly related to either the level of
overall economic performance or the cost of enforcement.

Results

We analyze the effect of law enforcement on credit constraints and
debt volumes and show how the relation between credit and en-
forcement varies within the wealth and income distribution.
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Figure 5.5 Ratio of Debt to Family Income and Cost of Enforcement

Source: Authors’ calculations.
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Credit Constraints, Legal Enforcement, and Poverty

We test the hypothesis that the probability that a given household is
credit constrained depends on the quality of legal enforcement pro-
vided by the judicial district where the household lives. In particu-
lar, we are interested in investigating whether and to what extent
this effect varies with household characteristics such as income or
wealth.

We control for household characteristics such as age, income, col-
lateral, education, family size, employment status, and marital sta-
tus, in line with previous analyses. We also control for observable
macro-differences across Italian regions, by adding the regional per
capita gross domestic product to all the specifications and for unob-
served macro-factors by using district-level dummies. The corre-
spondence across judicial districts, regions, and provinces is shown
in table 5.4. Moreover, we add a full set of year dummies, because
households coming from different survey years are pooled.

Legal Institutions 129

Figure 5.6 Cost of Enforcement and Regional Per Capita Gross 
Domestic Product

Source: Authors’ calculations.
Note: Numbers are ratios.
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Table 5.5 shows the results of the probit estimation of the proba-
bility of being turned down for credit. The dependent variable is 
a dummy variable that equals one if the household is credit
constrained. Each column of table 5.5 refers to a different measure
of collateral. We use the value of real assets held by the household,
the stock of land and houses, the value of the house of residence,
and the stock of land and houses less the value of the house of resi-
dence. We experiment with different measures because we cannot
observe the asset actually pledged as collateral.

The coefficients of the household variables are similar to what is
found elsewhere in the related literature (see, for example, the evi-
dence provided by Jappelli 1990 and more recently by Gropp,
Scholz, and White 1997 for the United States). The probability that
a given household is credit constrained decreases with age, though
at a decreasing rate. It is lower for more educated people and for
households where the head is retired, married, and has a higher in-
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Figure 5.7 Percentage of Discouraged Households and Regional Per Capita
Gross Domestic Product

Source: Authors’ calculations.
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come. Conversely, larger families and households whose head is un-
employed are more likely to be credit constrained.

To analyze how the effect of legal enforcement varies with house-
hold income, we split the sample into four income quartiles and we
interact the quartile dummies with the legal variable. Our reference
group is the households belonging to the first quartile (correspond-
ing to the poorest ones in our sample).17

In each column of table 5.5, the coefficients of the second and
third quartile dummies are not significantly different from the
first. However, the coefficient of the fourth interacted variable is.
That is, the effect of the legal enforcement on credit constraints
depends on household income and it is much weaker for high-
income households.18

The pattern is similar if we consider the distribution of wealth,
as table 5.6 shows. Again, households in the upper tail of the
wealth distribution are generally less affected by weak legal en-
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Figure 5.8 Percentage of Discouraged Households and Cost of 
Enforcement

Source: Authors’ calculations.
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forcement, though this difference is smaller than that across in-
come quartiles.

Two figures help illustrate our main findings. Figures 5.9 and 5.10
plot the estimated probability of being credit constrained in three ju-
dicial districts (corresponding to the lowest, the average, and the
highest degree of legal enforcement), after we split the sample into
income and wealth quartiles, respectively.

In each income or wealth quartile, households located in the ju-
dicial district with the lowest degree of legal enforcement are more
likely to be credit constrained than households located in other ju-
dicial districts. However, low-income people are the most affected
by strong legal inefficiency. The probability that a household in the
first quartile of the income distribution is credit constrained ranges
from 55 percent in the worst judicial district to 9 percent in the best.
This jump is strongly reduced in the last quartile where the proba-
bility ranges from 24 percent in the worst judicial district to 6 per-
cent in the best. The evidence is similar if we consider the wealth
distribution. The probability that a given household in the first
wealth quartile is credit constrained ranges from 45 percent in the
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Figure 5.9 Liquidity Constraints and Enforcement, by Income

Source: Authors’ calculations.
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worst judicial district to 8.5 percent in the best and the gap shrinks
massively for the higher quartile of the wealth distribution.

Overall, it appears that legal costs are strongly correlated with the
probability of being credit constrained, and that poor households are
the most affected by an ill-functioning legal system.

Debt Volumes, Legal Enforcement, and Poverty

To test the effect of the legal variable on the amount of debt, we es-
timate a tobit model, since the data are censored to the left. We in-
clude the same independent variables as in the probit analysis.
Moreover, we allow for collateral and wealth to separately affect the
amount of debt and we let the effect of income and wealth to be
nonlinear.19

Table 5.7 shows the results of our analysis.20 In line with the pre-
vious evidence, debt volume is positively correlated with the age of
the household head in a nonlinear way: the coefficient of age is pos-
itive and that of age squared is negative. Moreover, households able
to pledge more collateral have a larger amount of debt. Family size
and marital status are positively related to debt while being unem-
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Figure 5.10 Liquidity Constraints and Enforcement, by Wealth

Source: Authors’ calculations.
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An important feature of the survey is that it allows us to identify
credit-constrained households through self-reported measures,
without relying on implausible and often endogenous identification
restrictions. Households are credit constrained if they respond affir-
matively to the question: “during the year did you or a member of
your household apply for a loan to a bank or other financial inter-
mediary and have the application partially or totally rejected?” The
data show that around 11.22 percent of those who apply for a loan
(6.24 percent of the sample) have their application rejected and are
thus credit constrained. However, the percentage of rejected appli-
cations can underestimate the strength of credit constraints if some
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Table 5.1 Summary Statistics

Mean Standard Deviation

Family disposable income 25,763 19,912
Wealth 142,570 282,613
Real assets 128,128 261,941
House of residence 122,574 101,124
Percentage of homeowners 0.64 0.48
Debt for house purchase 20,706 23,943
Debt for purchase of valuables 3,743 14,214
Debt for car purchase 5,744 5,778
Debt for other durables purchases 2,477 3,377
Debt for nondurable consumption 4,367 8,678
Percentage of households holding
debt for house purchase 10.74

Percentage of households holding
debt for purchase of valuables 0.26

Percentage of households holding
debt for car purchase 6.28

Percentage of households holding
debt for other durables purchases 3.12

Percentage of households holding
debt for non-durables 
consumption 0.96

Percentage of loan applicants 6.24
Percentage of credit-constrained 
households 11.22

Percentage of discouraged 
borrowers 1.65

Source: Authors’ calculations.
Note: Figures are in 1998 euros except for those that are explicitly cited as percentage. Debt is
measured as the amount of end-of-year household liabilities. The figures for debt are computed
including only those households that are actually indebted. For continuous variable the standard
deviation is reported.



fectly correlated. For instance, only 50 percent of those households
belonging to the first quartile of the income distribution belong also
to the first quartile of the wealth distribution. Similarly, only 32 per-
cent of households in the second quartile of the income distribution
are also in the second quartile of the wealth distribution. This per-
centage is equal to 34 percent if we consider the third quartile and
becomes 60 percent in the fourth. Second, income and wealth are
likely to be differently affected by measurement errors, as one can
see from the standard deviations of income and wealth reported in
the second column of table 5.1.

The illustration of our measure of legal enforcement requires that
we first briefly discuss the working of the judicial system. Italy is a
civil-law country. This implies that the main attribute of the judicial
system is enforcing the law. Italian laws regulate criminal and civil
offences separately. Correspondingly, separate branches of the judi-
cial system deal with them.

Civil trials can undergo three degrees of judgment. The first de-
gree (lower court), a second degree (appeals court), and a third de-
gree that can only deal with formal aspects of the summon issued in
the lower courts. Readers familiar with the American system will
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Table 5.2 Income, Credit Constraints, and Household Debt

Percentage of Households that Are:

Loan Credit Discouraged Household
Applicants Constrained Borrowers Debt

Income in the Among Among (1998
Quartiles Sample Applicants Nonapplicants Euros)

First quartile 3.70 21.56 1.69 1,247.0970
(0.31)** (2.11)** (0.17)** (137.3254)**

Second quartile 6.52 13.54 2.09 2,069.5520
(0.31)** (1.59)** (0.17)** (137.3254)**

Third quartile 7.32 9.28 1.37 3,316.6840
(0.31)** (1.50)** (0.17)** (137.3254)**

Fourth quartile 7.42 5.95 1.43 4,220.4950
(0.31)** (1.49)** (0.17)** (137.3254)**

Observations 23,556 1,470 22,086 23,556

Source: Authors’ calculations.
Note: Standard errors are reported in parentheses.
*significant at 5 percent level; **significant at 1 percent level.



recognize some similarities. This work concentrates on civil trials in
the lower and appeals courts, which are the most relevant when
households fail to honor their debts.13 By law, the competent court
is that of the borrower’s district of residence.

We draw data on trials from an annual survey conducted by the
National Institute of Statistics (ISTAT), for the years 1989 to 1998.
The primary sample units are the judicial districts. We measure the
quality of legal enforcement by the backlog of trials pending. How-
ever, this variable depends on the size of the judicial district and
does not necessarily reflect poor functioning. Accordingly, we nor-
malize backlogs by using the number of incoming trials to create a
variable we label “Justice.”14 The ratio of the backlog of pending to
incoming trials is displayed in figure 5.1. Each of the four panels of
figure 5.1 shows the evolution of this measure in four different areas
of Italy: north, central, south, and the islands. The ratio of the back-
log of pending to incoming trials is increasing in each area from
1989.

This means that the quality of judicial enforcement is worsening
across the country during the time period we consider. However,
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Table 5.3 Wealth, Credit Constraints, and Household Debt

Percentage of Households that Are:

Loan Credit Discouraged Household
Applicants Constrained Borrowers Debt

Wealth in the Among Among (1998
Quartiles Sample Applicants Nonapplicants Euros)

First quartile 5.71 14.88 2.14 585.2543
(0.32)** (1.72)** (0.17)** (136.1341)**

Second quartile 5.60 13.33 1.78 1,473.1250
(0.32)** (1.73)** (0.17)** (136.1341)**

Third quartile 6.47 10.50 1.40 3,645.7280
(0.32)** (1.61)** (0.17)** (136.1341)**

Fourth quartile 7.18 7.33 1.26 5,149.7220
(0.32)** (1.53)** (0.17)** (136.1341)**

Observations 23,556 1,470 22,086 23,556

Source: Authors’ calculations.
Note: Standard errors are reported in parentheses.
*significant at 5 percent level; **significant at 1 percent level
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Table 5.4 Matching of Judicial Districts

Judicial Districts Corresponding Regions and Provinces

Torino Piemonte (all provinces), 
Valle d’Aosta (all provinces)

Genova Liguria (all provinces) and 
Tuscany (Massa Carrara)

Milano Lombardia (Milano, Como, Varese, 
Pavia, Sondrio, Lecco, Lodi)

Brescia Lombardia (Brescia, Bergamo, Cremona,
Mantova)

Trento Trentino-Alto Adige (Trento)
Bolzano Trentino-Alto Adige (Bolzano)
Venezia Veneto (all provinces)
Trieste Friuli-Venezia Giulia (all provinces)
Bologna Emilia Romagna (all provinces)
Ancona Marche (all provinces)
Firenze Toscana (all provinces excluding Massa

Carrara)
Perugia Umbria (all provinces)
Roma Lazio (all provinces)
Napoli Campania (Napoli, Avellino, Benevento,

Caserta)
Salerno Campania (Salerno)
L’Aquila Abruzzo (all provinces)
Campobasso Molise (all provinces)
Bari Puglia (Bari, Foggia)
Lecce Puglia (Lecce, Brindisi)
Taranto Puglia (Taranto)
Potenza Basilicata (all provinces)
Catanzaro Calabria (Catanzaro, Cosenza, Crotone,

Vibo Valentia)
Reggio Calabria Calabria (Reggio Calabria)
Palermo Sicilia (Palermo, Agrigento, Trapani)
Messina Sicilia (Messina)
Caltanissetta Sicilia (Caltanissetta, Enna)
Catania Sicilia (Catania, Ragusa, Siracusa)
Cagliari Sardegna (Cagliari, Oristano)
Sassari Sardegna (Sassari, Nuoro)

Source: ISTAT (1999).
Note: The table matches judicial districts with Italian regions and provinces. The names of
provinces are in parentheses. Roughly, each district corresponds to a region. In a few regions
(Lombardia, Campania, Puglia, Calabria, Sicilia and Sardegna) there is more than one judicial
district. Provinces located in two different regions (Valle d’Aosta and Piemonte) belong to one ju-
dicial district, called Torino. Finally, the judicial district of Genova includes not only all the
provinces located in Liguria but also one province in Toscana.
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Table 5.5 Law Enforcement, Probability of Being Credit Constrained by
Income Quartiles

Real Estates−
Assets Estates Residence Residence

Age of the −0.0546 −0.0542 −0.0529 −0.0545
household’s head (0.0294)* (0.0294)* (0.0295)* (0.0294)*

Age squared of the 0.0609 0.0607 0.0594 0.0609
household’s head (0.0314)* (0.0315)* (0.0316)* (0.0314)*

Collateral 0.0001 −0.0002 −0.0008 0.0002
(0.0003) (0.0004) (0.0006) (0.0005)

Household −0.0009 0.0002 0.0005 −0.0010
disposable income (0.0057) (0.0054) (0.0053) (0.0056)

Years of schooling −0.0388 −0.0386 −0.0381 −0.0386
(0.0137)** (0.0136)** (0.0136)** (0.0137)**

Family size 0.1247 0.1237 0.1226 0.1248
(0.0420)** (0.0420)** (0.0421)** (0.0420)**

Retiree −0.1884 −0.1854 −0.1774 −0.1914
(0.1830) (0.1829) (0.1829) (0.1831)

Unemployed 0.6187 0.6229 0.6264 0.6165
(0.2457)** (0.2463)** (0.2468)** (0.2457)**

Marital status −0.6164 −0.6180 −0.6156 −0.6149
(0.1414)** (0.1414)** (0.1417)** (0.1415)**

Per capita gross 0.1771 0.1763 0.1769 0.1777
domestic product (0.1005)* (0.1006)* (0.1009)* (0.1005)*

Justice × first 4.7657 4.7329 4.6973 4.7847
income quartile (1.5389)** (1.5408)** (1.5421)** (1.5400)**
dummy

Justice × second 4.2821 4.2238 4.2027 4.3002
income quartile (1.5280)** (1.5293)** (1.5291)** (1.5289)**
dummy

Justice × third 3.5807 3.5246 3.5584 3.6064
income quartile (1.5341)** (1.5340)* (1.5335)* (1.5359)**
dummy

Justice × fourth 2.7748 2.7976 2.9041 2.7928
income quartile (1.6218)* (1.6201)* (1.6216)* (1.6241)*
dummy

Constant −4.5794 −4.5601 −4.5833 −4.5891
(2.1992)* (2.2018)* (2.2095)* (2.1980)*

Observations 1470 1470 1470 1470

Source: Authors’ calculations.
Note: The dependent variable is an indicator variable, credit rationing, that equals one if the
household’s head responds positively to the following question: “during the year did you or a
member of your household apply for a loan to a bank or other financial intermediary and have
the application partially or totally rejected?” Standard errors are reported in parentheses.
Columns differ for the measure of collateral adopted. This is, in turn, real asset, estates, residence
home and estates minus residence home. All the specifications include a full set of judicial dis-
trict and year dummies.
*significant at 5 percent level; ** significant at 1 percent level
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Table 5.6 Law Enforcement, Probability of Being Credit Constrained by
Wealth Quartiles

Real Estates−
Assets Estates Residence Residence

Age of the −0.0557 −0.0564 −0.0552 −0.0563
household’s head (0.0293)* (0.0293)* (0.0294)* (0.0293)*

Age squared of the 0.0625 0.0630 0.0617 0.0631
household’s head (0.0313)* (0.0314)* (0.0315)* (0.0314)*

Collateral 0.0005 −0.0001 −0.0010 0.0005
(0.0004) (0.0004) (0.0008) (0.0005)

Household −0.0095 −0.0079 −0.0072 −0.0090
disposable income (0.0045)* (0.0045)* (0.0044) (0.0046)*

Years of schooling −0.0387 −0.0398 −0.0403 −0.0391
(0.0138)** (0.0137)** (0.0137)** (0.0137)**

Family size 0.1182 0.1163 0.1159 0.1177
(0.0420)** (0.0420)** (0.0420)** (0.0420)**

Retiree −0.1952 −0.1932 −0.1814 −0.2032
(0.1836) (0.1836) (0.1834) (0.1839)

Unemployed 0.6591 0.6613 0.6605 0.6523
(0.2449)** (0.2452)** (0.2456)** (0.2449)**

Marital status −0.6135 −0.6146 −0.6142 −0.6109
(0.1413)** (0.1412)** (0.1415)** (0.1413)**

Per capita gross 0.1813 0.1773 0.1756 0.1802
domestic product (0.1002)* (0.1001)* (0.1005)* (0.1000)*

Justice × first wealth 4.1862 3.9500 3.7318 4.0451
quartile dummy (1.5610)** (1.5587)** (1.5628)** (1.5526)**

Justice × second 4.4617 4.2763 4.1406 4.3791
wealth quartile (1.5134)** (1.5113)** (1.5101)** (1.5091)**
dummy

Justice × third 3.8647 3.7913 3.8348 3.8822
wealth quartile (1.5119)** (1.5092)** (1.5080)** (1.5127)**
dummy

Justice × fourth 3.2052 3.5981 3.8748 3.4923
wealth quartile (1.5821)* (1.5617)* (1.5661)** (1.5517)*
dummy

Constant −4.4490 −4.3064 −4.2677 −4.3740
(2.1906)* (2.1863)* (2.1968)* (2.1838)*

Observations 1470 1470 1470 1470

Source: Authors’ calculations.
Note: The dependent variable is an indicator variable, credit rationing, that equals one if the
household’s head responds positively to the following question: “during the year did you or a
member of your household apply for a loan to a bank or other financial intermediary and have
the application partially or totally rejected?” Standard errors are reported in parentheses.
Columns differ for the measure of collateral adopted. This is, in turn, real asset, estates, residence
home and estates minus residence home. All specifications include a full set of judicial district
and year dummies.
*significant at 5 percent level; **significant at 1 percent level
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Table 5.7 Debt Volumes, Enforcement, and Income Distribution

Real Estates−
Assets Estates Residence Residence

Age of the 0.4818 0.4775 0.4673 0.4809
household’s head (0.1567)** (0.1566)** (0.1561)** (0.1567)**

Age squared of the −1.0386 −1.0353 −1.0327 −1.0339
household’s head (0.1592)** (0.1590)** (0.1586)** (0.1592)**

Collateral 0.0034 0.0050 0.0285 0.0017
(0.0011)** (0.0013)** (0.0035)** (0.0015)

Years of schooling 0.3428 0.3369 0.3137 0.3506
(0.0759)** (0.0759)** (0.0757)** (0.0759)**

Family size 1.8176 1.8245 1.7773 1.8388
(0.2897)** (0.2895)** (0.2887)** (0.2898)**

Retiree −4.3143 −4.3982 −4.4084 −4.4236
(1.0028)** (1.0015)** (0.9986)** (1.0030)**

Unemployed −7.6302 −7.7110 −7.7076 −7.6921
(1.8703)** (1.8692)** (1.8635)** (1.8715)**

Marital status 3.1128 3.1208 3.1162 3.1204
(0.8656)** (0.8652)** (0.8626)** (0.8662)**

Per capita gross 1.6551 1.6602 1.6037 1.6790
domestic product (0.4567)** (0.4563)** (0.4540)** (0.4571)**

Justice × first −28.2112 −27.7331 −27.5064 −28.0751
quartile dummy (14.0117)* (14.0037)* (13.9503)* (14.0230)*

Justice × second −12.6464 −12.3939 −11.9235 −12.7931
quartile dummy (13.1193) (13.1125) (13.0698) (13.1291)

Justice × third −3.8843 −3.6954 −2.9617 −4.0016
quartile dummy (13.1198) (13.1139) (13.0707) (13.1292)

Justice × fourth 17.1265 17.3311 18.1333 17.1164
quartile dummy (13.7076) (13.7004) (13.6621) (13.7157)

Constant −61.1930 −61.4559 −63.2319 −60.8526
(11.5539)** (11.5461)** (11.4949)** (11.5644)**

Observations 23,556 23,556 23,556 23,556

Source: Authors’ calculations.
Note: The dependent variable is the household debt. Standard errors are reported in parentheses.
Columns differ for the measure of collateral adopted. This is, in turn, real asset, estates, residence
home, and estates minus residence home. All the specifications include a full set of judicial dis-
trict, year dummies, income, and wealth quartile dummies.
*significant at 5 percent level; **significant at 1 percent level
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Table 5.8 Debt Volumes, Enforcement, and Wealth Distribution

Real Estates−
Assets Estates Residence Residence

Age of the 0.4877 0.4834 0.4734 0.4868
household’s head (0.1567)** (0.1566)** (0.1561)** (0.1568)**

Age squared of the −1.0428 −1.0395 −1.0371 −1.0381
household’s head (0.1593)** (0.1591)** (0.1586)** (0.1593)**

Collateral 0.0033 0.0050 0.0286 0.0017
(0.0011)** (0.0013)** (0.0035)** (0.0015)

Years of schooling 0.3513 0.3453 0.3221 0.3591
(0.0758)** (0.0758)** (0.0757)** (0.0759)**

Family size 1.8259 1.8327 1.7857 1.8470
(0.2896)** (0.2894)** (0.2886)** (0.2897)**

Retiree −4.2704 −4.3543 −4.3638 −4.3796
(1.0027)** (1.0013)** (0.9984)** (1.0028)**

Unemployed −7.8511 −7.9308 −7.9306 −7.9112
(1.8693)** (1.8681)** (1.8623)** (1.8705)**

Marital status 2.9968 3.0053 2.9995 3.0050
(0.8647)** (0.8643)** (0.8616)** (0.8653)**

Per capita gross 1.7066 1.7113 1.6547 1.7301
domestic product (0.4565)** (0.4561)** (0.4537)** (0.4569)**

Justice × first −18.3199 −17.8901 −16.9588 −18.5008
quartile dummy (15.6461) (15.6367) (15.5710) (15.6588)

Justice × second −5.8674 −5.5804 −5.6582 −5.8830
quartile dummy (13.1665) (13.1591) (13.1122) (13.1764)

Justice × third −15.3968 −15.2261 −15.5327 −15.4394
quartile dummy (12.3149) (12.3083) (12.2652) (12.3245)

Justice × fourth 4.3696 4.7558 6.9714 4.4107
quartile dummy (13.1841) (13.1793) (13.1502) (13.1921)

Constant −59.5600 −59.8624 −61.9660 −59.2278
(11.5625)** (11.5551)** (11.5039)** (11.5734)**

Observations 23,556 23,556 23,556 23,556

Source: Authors’ calculations.
Note: The dependent variable is the household debt. Standard errors are reported in parentheses.
Columns differ for the measure of collateral adopted. This is, in turn, real asset, estates, residence
home, and estates minus residence home. All the specifications include a full set of judicial dis-
trict, year dummies, income, and wealth quartile dummies.
*significant at 5 percent level; **significant at 1 percent level.



households’ debt with respect to the quality of judicial enforcement.
Because the results are very similar for the different proxies of col-
lateral used, we report only those obtained using the whole real
wealth as collateral. The first column shows the semi-elasticity cor-
responding to the four quartiles of the income distribution, and the
second to the wealth distribution.

From the first column it arises that, if the cost of enforcement in-
creases by 1 percent,21 the debt volume decreases by A1,600 for
those households belonging to the first income quartile. The effect
in the last quartile of the income distribution is less precise: a 1 per-
cent increase of the cost of enforcement increases the debt by
around A890. This effect is stronger but much less precisely esti-
mated, if we consider the wealth distribution. A 1 percent increase
in the backlog of pending trials causes the debt to reduce by around
A18,000 for households in the first quartile, and to increase by more
than A4,000 for households in the last quartile of the wealth distri-
bution. Together, these results suggest that judicial costs do affect
the average amount of the household’s debt and that this effect
varies across income and wealth quartiles.

Conclusions and Policy Implications

This work provides robust evidence that poor households are the
most affected by an ill-functioning legal system in Italy. The proba-
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Table 5.9 Debt Volumes and Enforcement, Elasticities

Income Quartiles Wealth Quartiles

First quartile −1.6143 −18.3199
(0.8018)* (15.6461)

Second quartile −0.6979 −5.8674
(0.7240) (13.1665)

Third quartile −0.2097 −15.3968
(0.7083) (12.3148)

Fourth quartile 0.8970 4.3696
(0.7179) (13.1840)

Source: Authors’ calculations.
Note: Each entry is the semi-elasticity of the household debt with respect to the legal variable.
The first column shows the semi-elasticity corresponding to each quartile of the income distri-
bution, while the second column refers to the wealth distribution. Standard errors are reported
in parentheses. In each column the collateral is proxied by the amount of real assets held by the
household.
*significant at 5 percent level; **significant at 1 percent level



school dropouts. Amazingly, table 6.1’s summary statistics suggest
that only 7,106 of the high school dropouts nationwide appeared in
the disadvantaged business owner subgroup. Most business owners
disadvantaged in the sense of not finding suitable work as an em-
ployee were well educated. This finding is consistent with evidence
from the SEID evaluation. Recall that less than 3 percent of the
business-owning welfare recipients studied by Raheim and Alter
(1995) were high school dropouts.

Among those disadvantaged in the labor market, who among
them have the necessary skills to establish a small business? Table
6.1’s summary statistics offer important clues. Note that 78.8 per-
cent of the disadvantaged business owners had specific work expe-
rience in their field of self-employment, and this work experience
was acquired before they became business owners. Thus, their pre-
existing skills commonly served as their entry ticket into business.
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Table 6.1 Small Businesses and Their Owners (1986 to 1992)

Disadvantaged
Owners: Firm
Owner Could

Not Find
Suitable Work
as Employee All Others

1. Owner traits
Percentage college graduates 32.6 36.9
Percentage with under four 
years of high school 7.1 8.0

Percentage experienced in field
of self-employment
prior to firm formation 78.8* 55.9

Annual owner labor hours (mean) 1,937* 1,782

2. Firm traits
Total financial capital (mean) $26,694* $39,563
Percentage of owners entering the 
business in 1992 29.0* 20.0

Percentage of owners entering the 
business in 1991 26.0* 15.3

Percentage of firms still in 
operation, 1996 66.1* 76.4

n (weighted) 100,080 4,825,922

Source: Characteristics of Business Owners database.
*Difference in mean values is statistically significant at the .05 level.



$25,000 and up. What sort of individual, lacking a high school
diploma and financial resources, does well in small business owner-
ship? Looking solely at the firms netting $10,000 or more before
taxes in 1987, a clear-cut profile emerged. The successful person
pursuing self-employment in this niche was most commonly a male
who owned a construction firm (Bates 1997a).

Start-up capital among the firms described in table 6.2 was
$1,354, on average, and this figure included the zero amounts of
46.9 percent of the owners. The most common source of capital re-
ported was the household net worth of the owner. Yet firms in the
subset that used capital at start-up often relied in part on borrowed
funds. The most widely used sources of debt capital were small loans
from family and friends. This borrowing pattern contrasts sharply
with the reliance on loans from financial institutions that typified
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Table 6.2 Minority-Owned Businesses, 1979 to 1987

1. Business traits
1987 gross sales (mean) $33,054
Percentage with gross 1987 sales under $20,000 61.6
Number of employees (mean) 0.3
Percentage with no paid employees 92.9
1987 net profits (mean) $11,196
Percentage with net profits in 1987 under $10,000 61.6
Total financial capital (mean) $1,354
Percentage started with zero financial capital 46.9
Percentage still in operation, 1991 70.8

2. Owner traits
Annual owner labor input hours (mean) 1,664.7
Percentage reliant on business for 50 percent or 
more of household income 46.7

Percentage with total household income 
under $15,000 48.8

Percentage wed, living with spouse 79.3
Percentage black 30.0
Percentage Hispanic 57.4
Percentage Asian immigrants, other 12.6
Percentage male 77.9

3. Industry groups
Percentage services 35.5
Percentage construction 22.8
Percentage retail 16.9
Percentage other 24.8

Source: Characteristics of Business Owners database.



scribed in the CBO database, table 6.3 data compare black and non-
minority firms regarding types of start-up financing used to launch
their firms. Differing financing patterns are apparent in the table 6.3
statistics, but similarities are perhaps more prominent. Well over
half of the start-ups—whether white- or black-owned— use no debt
financing to begin operations. Indeed, quite a few start out with no
financial capital. Among the firms with nonminority white owners,
23.7 percent began operations with zero financial capital; corre-
sponding figures for blacks were 28.9 percent. These zero-capital
operations are largely tiny, zero-employee firms, and are concen-
trated in service industries. 

Another 39.1 percent of the nonminority start-ups that began op-
erations with financial capital used no borrowed funds: the firms
were launched using equity capital only, and most of this came from
the owner’s household net worth. Only 37.2 percent of the nonmi-
nority start-ups described in table 6.3 used borrowed money to
begin operations, but these firms stand out as the larger-scale busi-
nesses. Most of the young employer firms were launched using a
combination of borrowed funds and owner equity capital to finance
start-up. Among the young nonminority firms, the greater size of
start-ups beginning with borrowed funds is apparent when mean
annual sales revenues for 1987 of borrowers versus nonborrowers
were compared: the average borrowing firm had annual sales of
$268,373 versus $112,459 for the nonborrower (Bates 1997a). The
same pattern typified young black-owned firms.

The nationwide sample of black-owned business start-ups de-
scribed in table 6.3 indicates that blacks are more likely to start out
with no financial capital, less likely to borrow, and more often re-
liant solely on equity capital, relative to the white-owned firms.
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Table 6.3 Financing Small Business Formation, 1979 to 1987

Percentage Percentage Percentage
Using Using Equity Using

Borrowed Capital Only No Financial
Funds (No Debt) Capital

Nonminority-owned
firms 37.2 39.1 23.7

African American–owned
firms 28.8 42.3 28.9

Source: U.S. Bureau of the Census, Characteristics of Business Owners database.



Businesses using borrowed funds, whether black- or white-owned,
were the larger scale firms, in terms of annual sales revenues. This
relationship—borrowers have greater overall capitalization and
larger size than nonborrowers—accounts for the fact that over half of
the aggregate start-up capitalization in the overall black and white
firm populations is debt capital. Debt as a percentage of aggregate fi-
nancial capital for all firms described in table 6.3 is 55.6 percent for
whites and 50.7 percent for black businesses (Bates 1997b). Where
does debt capital come from? CBO data address this issue.

Table 6.4 lists the frequency with which start-up firms tapped the
three major sources of debt that finance business formation. Both
the white- and black-business borrower groups received start-up fi-
nancing more often from financial institutions than from the second
most important debt source (family). Indeed, the order of impor-
tance of sources of debt—financial institutions were most impor-
tant, family was second, and friends ranked third—was the same for
white and black borrowers.

Considering average loan size by borrowing source (table 6.4), in
conjunction with borrowing frequency by source, the importance of
financial institutions comes into clearer focus. Much larger loans ex-
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Table 6.4 Sources of Borrowed Financial Capital Used by Start-Ups, 1979
to 1987

Financial
Institutions Family Friends

A. Frequency of borrowings
by loan source (percentage)
Nonminority-owned firms 65.9 26.8 6.4
African American–owned
firms 59.1 21.2 11.3

B. Average loan size (dollars)
Nonminority-owned firms 56,784 35,446 30,907
African American–owned 
firms 31,958 18,306 16,444

C. Leverage (debt, equity ratio)
by source of loan
Nonminority-owned firms 3.25 2.32 2.03
African American–owned 
firms 2.61 2.22 2.15

Source: U.S. Bureau of the Census, Characteristics of Business Owners database.
Note: Some firms borrowed from more than one source.
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Table 6.5 Explaining Loan Amounts for Start-Up Businesses Borrowing
from Institutional Sources, 1979 to 1987

Regression Coefficient
(Standard Error)

African American White
A. Regression Equations Borrowers Borrowers

Constant 20,784.12* 8,730.95
(8,834.22) (8,134.32)

Education: high school −10,998.61 8,061.83
(6,937.85) (6,328.80)

Education: one to three −6,637.85 24,194.79*
years of college (7,611.44) (6,847.10)

Education: college −8,226.75 32,467.54*
graduate (8,712.17) (7,432.22)

Education: graduate 3,864.49 27,905.79*
school (8,361.17) (7,743.58)

Management experience 11,150.10* 15,208.07*
(5,501.18) (4,264.36)

Male −5,660.92 −2,262.91
(5,501.18) (4,819.81)

Wed 5,035.30 2,443.16
(6,147.70) (5,321.03)

Equity capital 0.92* 1.17*
(0.04) (0.03)

Credit card −20,775.59* −33,063.04*
(6,711.04) (8,323.64)

Home equity loan −8,279.45 −21,584.48*
(6,681.59) (5,836.43)

Retail firm 4,164.34 −13,030.67*
(6,206.59) (4,659.91)

Skill-intensive service 6,338.44 −9,816.29
firm (6,417.83) (5,219.33)

Ongoing firm −5,578.14 20,730.67*
(6,154.34) (4,345.04)

R-squared .185 .247

F 28.1 116.2

N 2,116 6,030

(Table continues on p. 170.)



personal credit cards to finance business formation than blacks (15.7
percent).

The differing constant terms in table 6.5 regressions equations
may complicate the interpretation of racial borrowing differences,
which are derived from regression coefficient values. A complemen-
tary test of black-white differences entails pooling the two firm
samples analyzed in table 6.5: a regression model explaining loan
size for the pooled sample of black and white borrowers indicates
that the racial characteristic—being black—is associated with receiv-
ing a loan significantly smaller than that received by a white busi-
ness borrower otherwise identical regarding the measured traits.

Some of the borrowing firms analyzed in table 6.5 received more
than one loan. Nearly 10 percent of bank loan recipients also bor-
rowed from family sources; combining loans from banks and other
sources was rare (Bates 1997b). 
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Table 6.5 Continued

B. Mean Values, African American White
Explanatory Variables Borrowers Borrowers

Education: high school .286 .317

Education: one to three .200 .221
years of college

Education: college graduate .128 .170

Education: graduate school .206 .171

Management experience .260 .363

Male .710 .807

Wed .825 .854

Equity capital $12,224 $17,488

Credit card .157 .064

Home equity loan .139 .124

Retail firm .206 .251

Skill-intensive service .250 .242
firm

Ongoing firm .181 .283

Source: Characteristics of Business Owners database.
*Statistically significant at the .05 level.



Concluding Thoughts

Evidence, then, points toward financial constraints thwarting the
viability of many disadvantaged firms. The start-up, the minority
owner, the firm operating in the urban minority community, these
and other traits are linked to reduced access to business loans from
financial institutions. Family and friends are alternate loan sources,
but available evidence (table 6.4) indicates that a dollar of owner eq-
uity generates fewer loan dollars (less leverage) from these informal
sources than from financial institutions. One result of these con-
straints is the pattern of higher closure rates that typifies poorly cap-
italized firms.

None of the evidence discussed suggests that greater loan access,
by itself, can be a small business panacea. Owner human capital
and financial capital are complements, not substitutes (Bates
1997a). For owners with the requisite human capital—skills, ex-
pertise, and experience—for viable small-business operation, many
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Table 6.6 Start-Up Capitalization Among White- and Black-Owned Small
Businesses, 1979 to 1987: Active Versus Discontinued Firms

Nonminority African American

Active Closed Active Closed
in 1991 Down in 1991 Down

1987 gross sales
(mean) $185,458 $50,602 $76,971 $29,819

Total financial
capital (mean)a $36,301 $17,437 $16,454 $8,013

Debt capital 
(mean)a $20,414 $8,866 $8,563 $3,459

Equity capital 
(mean)a $15,886 $8,571 $7,891 $4,554

Percentage
started with
zero capital 20.2% 35.7% 26.1% 36.6%

Leverage at 
start-up (debt
divided by
equity) 1.29 1.03 1.09 0.76

Source: Characteristics of Business Owners database.
aInvested in the firm at the point of start-up.



borrower risks. Since the institution initially has no information on
any particular borrower, all borrowers start at the same reputation,
say the mean of the institution’s prior on the distribution of types.15

In order to clarify the discussion below, let us denote this initial rep-
utation by μi

[1]:

where E[1] denotes the expectation taken by the financial institution
at the beginning of the first period (that is, before observing i’s re-
payment outcome after the first loan), and Pi is the probability of
success of borrower i’s project.16

As time passes, the institution updates individual borrower repu-
tations according to observations of repayment. Borrower i’s reputa-
tion based on her repayment behavior after t loans is thus given by
μi

[t], which is equal to: 

(8.1)

where E[t] denotes the expectation at the beginning of period t; Pi is
the probability of success of borrower i’s project; and ci

[t] is the
number of claims i has made up to the beginning of loan t.17 An ex-
ample is depicted in figure 8.2. Successful repayment of a loan in-
creases i’s reputation; an insurance claim decreases her reputation.

μi
t t

i i
tE P c[ ] [ ] [ ]( | )=

μ μi iE P[ ] [ ] [ ]( )1 1 1= =
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Figure 8.1 Timing of Loan and Insurance Contract

Source: Author’s compilation.
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To finance the insurance, the financial institution charges an in-
surance premium. The premium is payable at the time the loan is
disbursed. We constrain the financial institution to charge actuari-
ally fair premiums to each subscriber.18 The premium ΨI

[t] for bor-
rower i in time t depends therefore on her reputation μi

[t] in time t:

where L is the cost of repaying the loan. From period to period, the
premium is updated according to this formula as more information
becomes available.

The financial institution has to protect itself from two sources of
abuse coming from asymmetric information. The first stems from
the undesirable borrowers described in the previous section (exces-
sive risk-takers and strategic defaulters) wanting to sign up for in-
surance schemes in order to have access to more loans before they
get excluded from the credit scheme; the second one from borrow-
ers filing false claims (moral hazard). We examine each in turn.

Excluding Undesirable Borrowers Taking Insurance

Undesirable borrowers are the ones who are excessively risky, either
by skill or by choice. In the microcredit contract without insurance,
they tend to drop out early since the cost of repaying a loan out-
weighs the benefit of maintaining access to future loans. However,
the new possibility of insurance could allow these borrowers to de-
fault more than once before being evicted from the program. Some
would thus sign up for the insurance contract to benefit from a sec-

ψ μi
t

i
t L[ ] [ ]( )= −1
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Figure 8.2 Evolution of Borrower Reputation

Source: Author’s compilation.
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closer to the cutoff below which she will be denied insurance; strip-
ping away experience and considering her as a newer borrower
than she actually is (that is, using a lower t to calculate updates on
her reputation) increases the risk that she will actually reach the
cutoff due to repeated failures. Financial institutions can customize
these losses in reputation and in experience to achieve exactly the
punishment they intend to deter false claims. The resulting bor-
rower reputations in the insurance contract thus follow something
resembling the case depicted in figure 8.4. It takes time to reach the
minimum reputation to qualify for insurance. Any claim is sanc-
tioned by an update in the reputation, which is larger than what
would follow under simple Bayesian updating.

The idea of imposing large negative reputation effects upon in-
surance claims, forcing individuals to reengage in the slow process
of rebuilding a reputation, is an idea that is present in other con-
tracts. Automobile insurance contracts typically function in a similar
way. New drivers sign up for insurance at a very high premium, cor-
responding to the average risk of a broad category of new drivers. If
a driver were to have an accident early, most insurance companies
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Figure 8.3 Evolution of Borrower Reputation μi
[t]

Source: Author’s compilation.
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would refuse to renew the driver’s policy. Over time, responsible
driving is met with decreasing premia and increased coverage. How-
ever, to discourage moral hazard behavior on the part of experi-
enced drivers, insurance claims are followed by high increases in
premia (and deductible) that take several years of faultless records
to erase. Similarly, credit-rating ratings for consumers function in
similar manner: past behavior becomes the most highly weighted
factor in credit-scoring model. A bad credit experience inordinately
lowers credit records, which then take a long time to reestablish.20

Conclusion

As documented, borrowers are vulnerable to repayment risk. Insur-
ance is thus an important byproduct of group-lending contracts.
However, by the virtue of transferring risk to groups of borrowers
less able to absorb it than the lending institution, these contracts en-
tail an important loss in efficiency.

We illustrate here a simple credit-with-insurance contract that fi-
nancial institutions could implement in environments in which in-
surance mechanisms are incomplete. It is based on the main incen-
tive mechanism in microlending contracts, namely the repetition of
loans: borrowers repay to maintain access to future (bigger) loans.
The contract we propose uses this repetition to allow borrowers to
build reputations. These reputations can then be used by borrowers
in good standing to insure themselves when they are unable to
repay. The lending institution limits adverse selection by not insur-
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Figure 8.4 Evolution of Reputation in Proposed Contract

Source: Author’s compilation.
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Table 8.1 Descriptive Statistics

Standard Number
Variables Mean Deviationa Minimuma Maximuma Mediana 5 percenta 95 percenta Observed

Personal b usiness characteristics
Average weekly sales in good
weeks (in U.S. dollars) 531 770 14 13333 381 112 1203 782

Bad week sales, as a fraction
of good week 0.58 0.17 0.03 1.00 0.58 0.29 0.84 782

Buying merchandise daily 0.19 — — — — — — 782
Buying two to three times 
per week 0.29 — — — — — — 782

Buying once a week 0.35 — — — — — — 782
Only one business 0.79 — — — — — — 772
Sole income provider to
household 0.40 — — — — — — 782

Loan characteristics
Loan size (in U.S. dollars) 740 555 56 5000 650 167 1700 782
Loan size as percentage of
average daily purchases 17 20 1 93 12 2 47 647



Weekly payments 0.30 — — — — — — 782
Fortnightly payments 0.32 — — — — — — 782
Monthly payments 0.38 — — — — — — 782
Payment size 
(in U.S. dollars) 124 97 5 718 93 29 276 782

Payment as percentage of
average daily purchases 2.98 3.40 0.02 27.69 1.92 0.29 8.73 647

Group characteristics
Group size 3.7 0.94 3 8 3 3 6 210
Groups of three 0.50b 105
Groups of four 0.34b 72
Groups of five 0.12b 26
Groups of six 0.01b 3
Groups of seven 0.00b 1
Groups of eight 0.01b 3

Source: Author’s compilation.
aStandard deviation, minimum, maximum, median, and 5 percent and 95 percent points are not reported for dummy variables.
bAs a percentage of total number of groups.
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Table 8.2 Insurance Occurences in 210 Credit Groups

N Percentage

Insurance need in past year
(someone in group has had
trouble making own payment
in past year)
None 79 0.38
Once 34 0.16
Two times 26 0.12
Three to four times 35 0.17
More than four times 36 0.17
Total 210a

Reason insurance was needed
Low sales 155 0.63
Bad planning 30 0.12
Robbery 7 0.03
Family illness 49 0.20
Other 6 0.02
Total 247b

Who provides insurance?
A member of the group 128 0.52
The whole group 42 0.17
Someone from outside 49 0.20
Self insurance 
(savings, money-lender) 8 0.03

Resulted in late payment
(insurance failed) 20 0.08

Total 247b

Amount As Fraction
(in Dollars) of Paymentc

How much?
Mean 28 0.24
Median 17 0.17
Five percent 5 0.04
Ninety-five percent 88 0.67
Minimum 2 0.01
Maximum 167 1.25

Source: Author’s compilation.
aA total of 468 times in past year.
bThe question was only asked for the past two times (34 + (26 × 2) + (35 × 2) + (36 × 2) = 228
events) and more than one answer was possible (19 cases) = 247.
cAs we have only current payment information, and not the payment information at the time in-
surance was given, these are only approximations.



monitor and each chooses a project to maximize the expected util-
ity, independently of the other’s choice. Each borrower chooses the
safe project if 

Vs(Sl, Ll) ≥ Vr(Sl, Ll) (9.1)

where Vs(Sl, Ll) is the expected utility of the borrower who imple-
ments the safe project and Vr(Sl, Ll) is the analogous expression
when the borrower chooses the risky project. The subscript l de-
notes the individual-liability contract.

The lender offers terms that maximize the borrower’s utility sub-
ject to the incentive constraint represented in equation 9.1, the con-
straint that the lender break even on the loan and the limited liabil-
ity constraint that the borrower never pay more than her available

236 Credit Markets for the Poor

Figure 9.1 Time Line

Source: Madajewicz (2004).
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other components, which is why microcredit lenders use it to target
the poor. It is also the form of wealth most commonly accepted as
collateral by banks. The range of wealth in the data is from zero to
five acres of land.

The Hypothesis

The hypothesis is that group loans are larger for poorer borrowers
than individual loans are, while individual loans are larger for
wealthier borrowers, because access to loan contracts is restricted by
institutional rules. Only the microcredit programs offer group loans,
and they offer only those. The loans are not available to everyone.
Households should own less than one-half acre of land when they
get their first loan. Although this rule is not strictly enforced, it does
strongly affect a household’s probability of getting a group loan. Fur-
thermore, residents of villages in which no microcredit program is
present do not have access to group loans.

The individual-liability loans are available from banks and mon-
eylenders. Banks offer only individual-liability loans. They rarely
lend to low-income people. Poor households that do get bank loans
generally have personal connections, such as a relation or a friend
who knows someone at the bank and who is willing to vouch for the
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Table 9.1 Means of Loan Sizes and Amount of Land Owned

Variable Mean Standard Deviation

Amount of land
owned (acres) 0.84 1.14

Loan size, all loans (taka) 2,166.37 110.11

Size of group loans (taka) 3,414.34 153.98

Size of loans from
banks (taka) 4,801.06 504.55

Size of loans from 
moneylenders (taka) 2,709.21 222.70

Size of loans from family
and friends (taka) 3,688.62 369.51

Source: Madajewicz (2004).
Note: Means are adjusted by sampling weights. The exchange rate for the relevant years was
thirty-three taka per U.S. dollar.



dress a problem with identifying the effect of the contracts on loan
size—that is, selection bias. Households able to get group loans may
differ from those getting individual loans or those not getting any
loan on the basis of characteristics not observable in the data that
might affect the relationship between loan size and wealth regardless
of the contract. For example, practitioners generally note that micro-
credit organizations engage in ‘’cream-skimming,’’ that is, carefully
choosing the best risks among the poorer individuals. NGOs may be
better at this than banks for poorer individuals but worse than banks
for wealthier individuals. The difference in loan sizes would then
simply reflect the difference in unobserved (in the data) abilities of
those borrowers who get group and individual loans. 

Furthermore, group lending programs choose villages in which
they locate using information not in the data, but that might affect
the relationship between loan sizes and borrower wealth for all
lenders in the village. For example, NGOs may choose villages in
which the poor can more easily establish a profitable business be-
cause communication networks are good. These advantages may be
less important for wealthier borrowers.

In Madajewicz (2003), I estimate a regression model that ad-
dresses both types of selection bias. The results are very similar to
the descriptive results reported here.

The individual loans reported in table 9.2 are from commercial
and government banks. The average loan from moneylenders given
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Table 9.2 Mean Loan Size

Average Loan Size
by Type of Contract

Borrowers’ Wealth Group Individual

Amount of land is less 
than or equal to 0.04 acres 3,310 taka 2,266 taka
Standard error of mean estimate 232.87 281.81
Number of observations in cell 465 5

Amount of land is greater than
0.04 acres 3,564 taka 4,925 taka
Standard error of mean estimate 158.60 523.75
Number of observations in cell 1,571 75

Source: Madajewicz (2004).
Note: The exchange rate for the relevant years was thirty-three taka per U.S. dollar.
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