
translates into disadvantages for densely populated urban areas, which
often have higher proportions of renters. Scholars and activists have long
noted the relationship between the home mortgage interest deduction,
the rise of suburbanization, and inner-city blight (see, for example, Jack-
son 1987; Marshall 2000).

The interest deduction has had other effects as well. In an essay on
mortgage interest and government policy, Arthur C. Holden (1966, 105),
an architect and planner in New York City, worried that the home mort-
gage interest deduction would encourage people to maintain rather than
reduce their indebtedness and lead borrowers to understand amortiza-
tion not as the gradual reduction and “killing” of the mortgage debt but
as the gradual “increase in the owner’s ‘investment.’” Indeed, mortgagors
today often consult amortization tables not just to figure out when they
will fully own their house but to calculate when they will have enough
equity built up in it to secure a second loan and “cash out” their invest-
ment. Yet amortization itself is an expense, since one has to pay a portion
of the loan’s principal each month from one’s other sources of income.
And even a house owned outright, after the complete payment of the
mortgage, can be considered a liability, not an asset, since it requires con-
tinual additional payments of property taxes, maintenance costs, and so
on. A house cannot become an asset unless it is made liquid—hence argu-
ments from financial planners that houses should be placed in a trust (see,
for example, Kiyosaki and Lechter 2000). Thus, in a simple household
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Table 1.1 U.S. Conventional Mortgage and Refinancing Applications,
2002 and 2003 

Year

Mortgage Type 2002 2003 Total

Conventional
Number 4,522,973 5,503,469 10,026,442
Percentage
within year 30.1 24.1 26.5

Refinance
Number 10,480,495 17,286,896 27,767,391
Percentage 
within year 69.9 75.9 73.5

Total 15,003,468 22,790,365 37,793,833

Source: Author’s compilation from Home Mortgage Disclosure Act data.
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TABLE 2.1 Comparison of Home Finance Contractual Forms
Form Contractual Type Terms

Conventional Interest-bearing loan Borrower pays the principal plus 
mortgage interest each month according to

an amortization schedule. 
Payment amount stays con-
stant, but an increasing propor-
tion of the payment is put 
toward the principal of the 
loan over time.

Murabaha Cost-plus Borrower pays a preset and un-
changing fraction of the total 
loan amount (“principal”) plus 
a preset and unchanging markup
each month (“fee”).

Ijara Lease Borrower pays the principal plus 
a portion of the fair market rent
of the property determined by 
the borrower’s share of own-
ership, which increases with 
each monthly payment, thereby 
decreasing the portion of the 
rent paid to the lender.

Diminishing Partnership Borrower and lender enter into 
musharaka a corporate partnership that 

owns the property. Borrower 
buys out the lender’s shares
in the partnership over time
(“ownership payment” or 
“acquisition payment,” 
structurally similar to 
principal) plus a “profit 
payment” to the lender as 
an administrative fee 
(structurally similar to an 
interest payment).

Source: Author’s compilation.



TABLE 2.2 Comparing Mortgage and Mortgage-Replacement Product Payments: A Hypothetical Example 
Payment 1 Payment 2 Interest, Rent,
Interest or Total Interest or Total Total Interest, or Profit as a

Principal Interest Monthly Principal Interest Monthly Total Rent, or Profit Percentage 
Payment Alternative Payment Payment Alternative Payment Repaid Payment of Principal

Conventional 
mortgage $448.95 $500.00 $948.95 $450.82 $498.13 $948.95 $170,811.63 $50,811.63 42.3

Ijara mortgage 346.78 800.00 1,146.78 349.09 797.69 1,146.78 206,421.27 86,421.27 72.0

Diminishing 
musharaka 
mortgage 448.95 500.00 948.95 450.82 498.13 948.95 170,811.63 50,811.63 42.3

Source: Author’s compilation.
Note: First two payments and payment summary for a $150,000 (U.S. dollars) house purchased with 20 percent down payment (loan amount =
$120,000) for a fifteen-year term of loan or contract. Conventional mortgage interest rate = 5 percent; ijara monthly rent = $1,000; diminishing
musharaka profit payment = 5 percent (market estimates from June 2005). Note that the payment structure and summaries for the ijara contract are
equivalent to those for a conventional fifteen-year fixed-rate mortgage at 8 percent.
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FIGURE 3.1 Ijara’s Ijara Model

Source: Author’s compilation.

1. Borrower’s share of the 
house (20 percent) at month 1.

2a. Fraction of rent based 
on borrower’s fraction of 
ownership: At month 1, 
borrower pays 20 percent 
of fair market rent to self. 2b. Fraction of rent

based on lender’s
fraction of ownership
(return on capital ): At
month 1, borrower
pays lender 80 percent 
of fair market rent.

2c. Preset principal
payment (return of 

capital ): Borrower pays 
for a fraction of ownership 
in the property.

3. If  borrower applies this rental
payment to the principal, then 
the contract resembles the 
medieval vif-gage; the “fruits” of 
the property (its rental value) are 
being used to pay down the debt.

LENDER
BORROWER

4. At month 2, borrower owns more
of the house, and so pays less rent to
the lender and more rent to self.



Postmodern and Puritan 51

FIGURE 3.2 Searchlight’s Diminishing Musharaka Model

Source: Author’s compilation.
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ture of the product—from the point of view of medieval English law—but
only a possibility, contingent on the company’s good faith and intentions.

Ijara bases its model on its founders’ interpretation of various fatwas
proclaimed by internationally respected jurists such as Shaykh Yusuf Ab-
dullah al-Qaradawi. It also takes a critical stance on the credentials and
overlapping (perhaps conflicting) interests of members of other Islamic
finance corporations’ shari’a supervisory boards. One of the main targets
of its attacks, implicitly if not explicitly, is its main competitor, “Search-
light.”

Searchlight’s model is different from Ijara’s. Based on a musharaka
contract from Islamic jurisprudence, Searchlight’s mortgage replacement
product looks like a conventional mortgage because it appears to include
a rate-based interest payment. The tax implications are the same, and the
payments may work out to be similar. It functions rather differently,
however. A musharaka contract is a co-ownership contract without any
specification as to whether or how ownership might change over time.
Searchlight and the client enter into a corporate partnership and form a
limited liability company (LLC) together. The object of the contract they
create is the LLC, not the property the client seeks to purchase. The LLC
owns the property, and the company and the client recalculate their per-
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TABLE 3.1 Ijara’s Mortgage Replacement Versus Medieval Gages
Ijara Vif-Gage Mortgage

Status of property Alive Alive Dead
to lender (for 
gages) or company or
co-owner (for Ijara)

Status of property Alive Alive Dead, especially 
to borrower (for if borrower 
gages) or client or defaults
co-owner (for Ijara)

Yield pays down Yes, if the client or Yes No
the debt? co-owner uses client’s 

share of the rent to 
make principal payments

No, from the point of 
view of the company or
co-owner

Source: Author’s compilation.



box in the lower right corner indicates that there is a lower-than-
expected number of female applicants in the highest income category.
Figure 4.1 shows that there are high positive residuals for wealthier joint
applicants and for poorer single applicants of either sex. This is not sur-
prising: joint applicants with two incomes make more money than single
applicants with one.

Figure 4.2 is a sieve diagram that shows comparisons between Ijara,
Searchlight, and all U.S. lenders for income. Solid lines indicate positive
residuals; dashed lines indicate negative residuals. For example, the box
in the lower left corner indicates that there is a higher-than-expected
number of applicants to Searchlight in the lowest income category; the
box immediately above it indicates that there is a lower-than-expected
number of applicants to Ijara in the lowest income category. Figure 4.2
shows Ijara’s income profile to be more similar to that of all U.S. lenders,
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FIGURE 4.1 U.S. Mortgage Applicants by Gender and Income, 2002
and 2003

Source: Author’s compilation.
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with positive residuals in the highest income category. Searchlight has
high positive residuals in all but the highest income category.

Finally, figure 4.3 is a mosaic diagram that illustrates the interactions
between gender, income, and lender for Ijara and Searchlight. For exam-
ple, the set of boxes in the lower right corner indicates that Ijara has fewer
male applicants in the lowest income category than expected and that
Searchlight has more male applicants in the lowest income category than
expected. Figure 4.3 shows that Searchlight has positive residuals for
male applicants from all income categories (though for the income cate-
gory 100 to 119 percent of median income it is a low positive residual).
Ijara has high positive residuals for joint applicants for all income cate-
gories. This is interesting because it suggests that joint couples of any in-
come level choose Ijara over Searchlight and that income is less significant
than gender category in accounting for the distribution of the data.
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FIGURE 4.2 Mortgage Applicants by Income, 2002 and 2003

Source: Author’s compilation.
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A binomial logistic regression analysis paints a similar picture (table
4.10). If only gender is considered, the odds of choosing Searchlight over
Ijara are 79.8 percent less if the application is joint. If gender and income
are considered together, the poorer the applicant the greater the odds of
choosing Searchlight (61 percent better for the lowest income category
and 33 percent better for the second-lowest income category [see shaded
rows on table 4.1]).

These analyses bear out the contrast between Searchlight’s cohort of
male applicants and Ijara’s cohort of joint applicants, who may also be
wealthier. There are a number of ways to explain the relationship be-
tween income and gender category. Married couples with two incomes
are wealthier than single people with one. Yet many male Islamic mort-
gage applicants who apply singly are married. The wealthier couples may
have more progressive views on marriage and finance, and they may take
for granted that married couples jointly engage in financial activities like
borrowing. Recalling from the loglinear analyses, however, that income
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FIGURE 4.3 Lender, Gender, and Income, 2002 and 2003

Source: Author’s compilation.
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TABLE 4.1 Islamic Loan Activity by State, 2002 and 2003
Ijara Searchlight

2002 2003 2002 2003

Alabama 0% 0.1% 0% 0%
Arizona 0 1 0 0
Arkansas 0 0.6 0 0
California 12 12 0 7
Colorado 1 0.8 0 0
Connecticut 0.6 2 0 0
D.C. 0 2 62 19
Florida 5 6 0 11
Georgia 4 7 0 0
Illinois 13 4 8 26
Indiana 1 1 0 0
Iowa 0.6 0.4 0 0
Kansas 0 0.3 0 0
Kentucky 0.3 0.3 0 0
Louisiana 0 0.4 0 0
Maryland 3 1 10 4
Massachusetts 1 4 0 0
Michigan 16 9 0 7
Minnesota 8 2 0 0
Missouri 0.3 2 0 0
Nebraska 0 0.1 0 0
Nevada 0.3 0 0 0
New Jersey 1 7 19 14
New York 0 0 0 3
North Carolina 1 3 0 0
Ohio 1 1 0 1
Oklahoma 1 0.6 0 0
Oregon 0.3 1 0 0
Pennsylvania 0 0.1 0 4
South Carolina 0 0.8 0 0
Tennessee 0 3 0 0
Texas 23 18 0 0
Virginia 0 0.1 0.6 0.6
Washington 1 3 0 0
Data not available 3 6 0 3

Source: Author’s compilation.
Note: According to HMDA data, no Islamic mortgages were taken out in 2002 or 2003 in
the following states: Alaska, Delaware, Hawaii, Idaho, Maine, Mississippi, Montana, 
New Hampshire, New Mexico, North Dakota, Rhode Island, South Dakota, Utah, Ver-
mont, West Virginia, Wisconsin, Wyoming.



focused on first-time home buyers but in 2003 began to branch out into
the refinancing market. Reflected here are both Ijara’s mission to reach
Muslims who may have stayed out of the housing market altogether be-
cause of their views on Islam’s prohibition of interest and Searchlight’s
strategy of reaching Muslims who already have an interest-based mort-
gage and are looking for a more shari’a-compliant alternative (see table
4.2). Based on this lending profile, we might assume that Ijara’s clients
are more conservative, since they have stayed out of the mortgage mar-
ket altogether, while Searchlight’s are less strict about avoiding interest
since they have had an interest-based mortgage product in the past. This
assumption, however, turns out to be incorrect.3

The gender and income profiles of applicants to each company differ
as well. As can be seen in table 4.3, Ijara’s applicants tend to file their
mortgage paperwork jointly—that is, each spouse signs the paperwork
and is legally responsible for the contract. Searchlight’s applicants are
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TABLE 4.2 Loan Type by Lender, 2002 and 2003

Year and Loan Number of Loans (Percentage Within Lender)

Type All U.S. Lenders Ijara Searchlight

2002
Conventional 4,522,973 (30.1%) 162 (73.6%) 25 (20.2%)
loans

Refinancing 10,480,495 (69.9) 58 (26.4) 99 (79.8)
loans

Total 15,003,468 220 124

2003
Conventional 5,503,469 (24.1) 415 (61.6) 500 (33.6)
loans

Refinancing 17,286,896 (75.9) 259 (38.4) 989 (66.4)
loans

Total 22,790,365 674 1,489

2002 and 2003
Conventional 10,026,442 (26.5) 577 (64.5) 525 (32.5)
loans

Refinancing 27,767,391 (73.5) 317 (35.5) 1,088 (67.5)
loans

Total 37,793,833 894 1,613

Source: Author’s compilation.



overwhelmingly more male. The differences are statistically signifi-
cant, and various measures for testing the strength of the association
between categorical variables suggest a weak to decent relationship.4

What can we make of this difference? From a legal point of view, the
signature on the loan application does not determine who owns the
property. People may have many reasons for filling in one or both per-
sons’ names. And no matter what the paperwork says, people may have
different understandings of the disposition of ownership. In California,
a community property state, married couples enjoy joint rights to prop-
erty. In addition, it is important to note that the “male” and “female” ap-
plicants may consist of either single adults applying for a loan or mort-
gage (who, with only one income, are more likely to be in the lower
income ranges in their metropolitan statistical area) or married couples
in which only the husband or only the wife (and probably the former)
fills out the loan paperwork. Fair lending advocates have found a sort of
“marriage effect”: as income rises, fewer women apply for loans singly
(see, for example, New Jersey Citizen Action 1997) and more women
apply jointly with their husbands. In the case of Ijara and Searchlight,
however, the ethnographic data suggest that most loan applicants are
married. In the aggregated data for all U.S. lenders, the gender cate-
gory on the application varies together with income level, owing per-
haps to either the presence of two incomes in a household or a correla-
tion between more progressive views on the marriage relationship and
higher socioeconomic status.

The data on race are equally tricky (see table 4.4). A large proportion
of applications are marked “other” or “race not available.” It is also diffi-
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TABLE 4.3 Lender by Gender, 2002 and 2003
Gender (Percentage Within Lender)

Lender Female Male Joint Total

Ijara 34 (3.8%) 347 (38.8%) 513 (57.4%) 894

Searchlight 120 (7.4) 1,202 (74.5) 291 (18.0) 1,613

Total Ijara and 154 (6.1) 1,549 (61.8) 804 (32.1) 2,507
Searchlight

All U.S. 7,738,284 (20.5) 9,861,181 (26.1) 20,194,368 (53.4) 37,793,833
lenders

Source: Author’s compilation.



cult to interpret the HMDA racial categories. South Asian and Arab
Americans might record themselves as “Asian or Pacific Islander,”
“other,” or “white.” Still, there are significant differences between the two
companies and a weak relationship between race and choice of lender.5

Based on interviews and ethnographic observations, Ijara attracts more
white converts than Searchlight, whose client base is more South Asian.
Many of my South Asian interviewees believed that Ijara attracts more
Arabs than South Asians, although it is impossible to confirm this with
HMDA data. If we assume that most people in the “Asian or Pacific Is-
lander” category are South Asians, then it appears that the applicant pool
for Islamic mortgages is overwhelmingly South Asian. There are few
African American Muslims applying for Islamic mortgages. Leonard
(2003, 4–5) summarizes various surveys of Muslim Americans by race;
African Americans make up between 33 and 42 percent of all Muslim
Americans in these surveys. It is interesting, then, that they are not be-
ing drawn into the Islamic mortgage market.

There are, of course, no HMDA data on sectarian allegiances such as
Shi’a or Sunni. Leonard (2003, 34) reports that 15 to 20 percent of Mus-
lim Americans are thought to be Shi’a. People who market Islamic mort-
gages say their primary market is Sunni Muslims but that Shi’a are
drawn to them as well. There are no Shi’a scholars, however, on the shar-
i’a supervisory boards of American Islamic mortgage companies.

Comparing Ijara’s and Searchlight’s applicant pools, there is a signifi-
cant but very weak relationship between income level and choice of com-
pany.6 HMDA data report income level in five ordinal categories based
on the applicant’s income as a percentage of the median income in his or
her MSA. As seen in table 4.5, Searchlight’s applicants tend to be poorer
than Ijara’s relative to those living around them in their MSA. This may
in part be an effect of Searchlight’s concentration in urban areas, where
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TABLE 4.4 Lender by Race, 2002 and 2003
Alaska Native Asian or Mixed- Other
or American Pacific Race or

Lender Indian Islander Black Hispanic White Couple NA

Ijara .1% 36.5% 4.0% 0% 26.1% 1.9% 31.4%

Searchlight 0 55.7 8.2 .5 14.3 1.5 19.8

Total 0 49.2 6.7 .3 18.4 1.6 23.8

Source: Author’s compilation.



TABLE 4.5 Lender by Income, 2002 and 2003
Income Category by Percentage of Median Income (Percentage Within Lender)

Less Than 50 to 80 to 100 to 120 Percent Total
Lender 50 Percent 79 Percent 99 Percent 119 Percent or More

Ijara 59 (6.6%) 158 (17.7%) 140 (15.7%) 158 (17.7%) 379 (42.4%) 894

Searchlight 206 (12.8) 380 (23.6) 260 (16.1) 244 (15.1) 523 (32.4) 1,613

Total Ijara
and 
Searchlight 265 (10.6) 538 (21.5) 400 (16.0) 402 (16.0) 902 (36.0) 2,507

All U.S. 3,319,446 7,444,360 5,162,392 4,634,132 17,233,504 37,793,833
lenders (8.8) (19.7) (13.7) (12.3) (45.6)

Source: Author’s compilation.



incomes are higher, although data from individual MSAs from which
both companies have received applications suggest that Searchlight’s ap-
plicants overall are less wealthy than Ijara’s. This may also reflect the
fact that historically Ijara has required higher down payments (some-
times 20 percent) than Searchlight (usually 5 to 10 percent), although in
the years for which data are reported Ijara increasingly accepted lower
down payments in order to be competitive with Searchlight.

Searchlight’s and Ijara’s applicants can be compared to all mortgage
and refinance loan applicants in the United States. Ijara is more similar to
the aggregate data for all U.S. lenders than Searchlight, which has far
more male applicants (table 4.3). Ijara’s and Searchlight’s applicants have
slightly lower incomes (table 4.5). This may be an effect of their living in
areas with higher median incomes, or it may be that, as anecdotally re-
ported, truly wealthy Muslims prefer conventional (that is, non-Islamic)
mortgages.

COMPARING THE CLIENT BASES OF THE
TWO COMPANIES

Interesting differences emerge between the two companies when we look
more closely at gender and income data by comparing the conditional
odds of choosing one company over the other (tables 4.6 and 4.7). Those
Muslims who applied for mortgages or refinancing loans jointly—that is,
as husband and wife—were six times more likely to choose Ijara over
Searchlight (odds ratio = 6.2). The results for income are less dramatic,
but those Muslims with the highest incomes (120 percent or more of the
median income in their MSA) were more than twice as likely to choose
Ijara (odds ratio = 2.7). If we move from joint to single application for ei-
ther sex, the odds of choosing Ijara over Searchlight decrease to 16 per-
cent of what they had been for joint application status. If we move from
the highest income level to the lowest (less than 50 percent of the median
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TABLE 4.6 Conditional Odds of Choosing One Lender over the Other,
by Gender, 2002 and 2003

Female Male Joint

Ijara 0.28 0.28 1.76
Searchlight 3.52 3.46 0.57

Source: Author’s compilation.



income), the odds of choosing Ijara over Searchlight decrease to 37 per-
cent of what they had been at the higher income level.

Loglinear analysis is a method of computing significance for contin-
gency tables. It is more appropriate than methods like regression, analy-
sis of variance, or factor analysis for the kind of data presented in HMDA
reports because it permits tests of association and interaction for categor-
ical data (data such as income level as opposed to actual numerical in-
come). It also permits analysis of interactions between categorical vari-
ables—in this case, gender, income level, and company (on loglinear
analysis of categorical data, see Agresti 1996).7 A loglinear analysis at-
tempts to eliminate variables and relationships between variables one by
one so that ultimately a model with fewer variables or variable interac-
tions than the actual contingency table can be created that most closely
approximates the patterns of distribution of actual data.

Loglinear analysis of the frequency data for gender and income
demonstrates that the relationships between gender and choice of com-
pany account for more of the distribution of the data than other factors,
though income does account for some of it. All possible loglinear models
were tested. When all of the available data were used, the homogenous
association model best explained the distribution. In other words, all
two-way effects between gender, income, and lender were necessary to
account for the data (that is, a model based on the two-way effects gender
× income, gender × lender, and income × lender is not significantly differ-
ent from the saturated model that includes all possible one-way, two-
way, and three-way effects). Since the homogenous model is not particu-
larly parsimonious, loglinear analysis was conducted using only the cases
where income was in the highest and lowest categories (120 percent or
more and less than 50 percent). This had the same result: the homoge-
nous association model best explained the distribution.

Using only those cases where income fell into the intermediate cate-
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TABLE 4.7 Conditional Odds of Choosing One Lender over the Other,
by Income, 2002 and 2003
Less Than 50 to 79 80 to 99 100 to 119 120 Percent
50 Percent Percent Percent Percent or More

Ijara 0.28 0.42 0.53 0.64 0.72
Searchlight 3.5 2.4 1.8 1.5 1.3

Source: Author’s compilation.



gories can create more parsimonious models. Two models describe the
data. With the lowest and highest income categories removed, a one-fac-
tor independence model with income held independent (income + gender
× lender) is not significantly different from the saturated model (p =
0.066). This suggests that the two-way effect between gender and lender
explains the distribution of the data. A stronger result is obtained with a
conditional independence model that holds the effect between gender and
income independent and uses gender × lender and income × lender to ex-
plain the distribution. This model is not significantly different from the
saturated model (p = 0.511). This suggests that income is necessary to
explain the distribution of the data in its relationship with lender, but not
with its relationship with gender, combined with the two-way effect of
gender and lender. Breaking down the model further, the combinations
Ijara × 50–79%, Ijara × 80–99%, and Searchlight × 80–99% do not signif-
icantly contribute to the explanation of the distribution of the data. Male
× Searchlight contributes most to the overall strength of the relation-
ships in the data (Z = 16.73; see tables 4.8 and 4.9). This suggests that the
real difference between the two applicant pools is the overrepresentation
of single male applicants to Searchlight rather than the differences in in-
come levels between applicants to the two companies.

Sieve and mosaic diagrams graphically represent the relationships be-
tween gender and income in the loglinear analysis (see Friendly 2000).
Figure 4.1 is a mosaic diagram illustrating the relationship between gen-
der and income for all mortgage and refinancing applicants in the United
States in 2002 and 2003. The hatching indicates positive residuals, that
is, more cases in a particular category than an equiprobable model would
predict (and heavier hatching indicates higher positive residuals); dashed
lines indicate negative residuals (fewer cases than expected). For exam-
ple, the box in the lower left corner indicates that there is a higher-than-
expected number of female applicants in the lowest income category. The
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TABLE 4.8 Loglinear Analysis Conditional (Gender × Income) 
Independence Model: Goodness-of-Fit Tests

Value df Significance

Likelihood ratio 7.075 8 .529
Pearson chi-square 7.243 8 .511

Source: Author’s compilation.
Model: Poisson
Design: Constant + gender × lender + income × lender



TABLE 4.9 Loglinear Analysis Conditional (Gender × Income) Independence Model: Parameter Estimates

Standard 95 Percent Confidence Interval

Parameter Estimate Error Z Significance Lower Bound Upper Bound

Constant 3.696 .099 37.307 .000 3.502 3.891
[Gender = 0] × [lender = 1] −1.866 .264 −7.078 .000 −2.382 −1.349
[Gender = 0] × [lender = 2] −.856 .152 −5.650 .000 −1.154 −.559
[Gender = 1] × [lender = 1] .501 .138 3.621 .000 .230 .773
[Gender = 1] × [lender = 2] 1.533 .091 16.793 .000 1.354 1.711
[Gender = 2] × [lender = 1] .749 .134 5.581 .000 .486 1.012
[Gender = 2] × [lender = 2] 0a — — — — —
[Income = 2] × [lender = 1] .000 .113 .000 1.000 −.221 .221
[Income = 2] × [lender = 2] .443 .082 5.400 .000 .282 .604
[Income = 3] × [lender = 1] −.121 .116 −1.042 .297 −.348 .107
[Income = 3] × [lender = 2] .064 .089 .713 .476 −.111 .238
[Income = 4] × [lender = 1] 0a — — — — —
[Income = 4] × [lender = 2] 0a — — — — —

Source: Author’s compilation.
Model: Poisson
Design: Constant + gender × lender + income × lender
Notes: Lender 1 = Ijara; lender 2 = Searchlight; gender 0 = female; gender 1 = male; gender 2 = joint.
aSet to zero because it is redundant.



TABLE 4.10 Logistic Regression Analysis of Lender Choice
95.0 Percent
Confidence

Interval for Exp(B)

B Standard Error Wald df Significance Exp(B) Lower Upper

Step 1a

Gender 273.542 2 .000
Gender(1) .102 .220 .214 1 .643 1.107 .719 1.705
Gender(2) −1.599 .224 50.884 1 .000 .202 .130 .314
Constant 1.296 .210 38.254 1 .000 3.655

Step 2b

Gender 256.120 2 .000
Gender(1) .161 .222 .524 1 .469 1.174 .760 1.814
Gender(2) −1.509 .227 44.074 1 .000 .221 .142 .345
IncCategory 10.633 4 .031
IncCategory(1) .476 .194 6.059 1 .014 1.610 1.102 2.353
IncCategory(2) .290 .139 4.370 1 .037 1.336 1.018 1.754
IncCategory(3) .097 .149 .429 1 .513 1.102 .823 1.476
IncCategory(4) −.056 .146 .149 1 .700 .945 .710 1.259
Constant 1.120 .225 24.679 1 .000 3.063

Source: Author’s compilation.
a Variable(s) entered on step 1: gender.
b Variable(s) entered on step 2: IncCategory.
Gender (1) = Male
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