
prisons, local jail inmates, residents of inpatient mental hospitals, and res-
idents of other nonaged institutions. As the institutional populations in
the last two categories are trivially small relative to the incarcerated, the
institutionalization rate measured in this manner provides a close ap-
proximation to the population in prisons and jails. We use residence in a
nonmilitary institution as the principal indicator of incarceration. Previ-
ous research (Raphael 2005) demonstrates that estimates of the incarcer-
ated population based on residents in nonmilitary group quarters in the
census are quite close to incarceration totals from alternative sources.2

Each table presents the proportion of the respective population that is
engaged in a productive activity (either employed, in school, or in the
military), the proportion that is noninstitutionalized but idle (not em-
ployed, not in school, and not in the military), and the proportion institu-
tionalized. All data pertain to men eighteen to fifty-five years of age.
Table 1.1 presents overall estimates for men for four mutually exclusive
race-ethnicity groupings. The proportion incarcerated increased for all
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Table 1.1 Estimates of the Proportion of Men Eighteen to Fifty-Five
Engaged in a Productive Activity, Noninstitutionalized and
Idle, and Institutionalized by Race-Ethnicity from the 1980
and 2000 PUMS Files

1980 2000 Change, 2000–1980

Non-Hispanic White
Employed or in school 0.899 0.878 –0.021
Idle 0.093 0.109 0.016
Institutionalized 0.008 0.014 0.006

Non-Hispanic Black
Employed or in school 0.758 0.673 –0.085
Idle 0.206 0.239 0.033
Institutionalized 0.037 0.089 0.052

Non-Hispanic Asian
Employed or in school 0.918 0.859 –0.059
Idle 0.079 0.135 0.056
Institutionalized 0.003 0.006 0.003

Hispanic
Employed or in school 0.845 0.744 –0.101
Idle 0.140 0.226 0.086
Institutionalized 0.014 0.030 0.016

Source: Tabulated from the 1980 and 2000 Census Public Use Microdata Samples.
Men in the armed forces are included in the “Employed/In School” category.



Table 1.2 Estimates of the Proportion of Men Eighteen to Fifty-Five Engaged in a Productive Activity,
Noninstitutionalized and Idle, and Institutionalized by Race-Ethnicity and Education from the 1980 and
2000 PUMS Files

Non-Hispanic White Non-Hispanic Black Non-Hispanic Asian Hispanic

1980 2000 1980 2000 1980 2000 1980 2000

Less than High School
Employed or in school 0.794 0.698 0.658 0.430 0.804 0.699 0.793 0.667
Idle 0.185 0.257 0.285 0.364 0.186 0.278 0.188 0.297
Institutionalized 0.021 0.045 0.057 0.206 0.010 0.023 0.020 0.036

High-School Graduate
Employed or in school 0.895 0.835 0.776 0.630 0.889 0.793 0.864 0.734
Idle 0.099 0.146 0.197 0.284 0.106 0.195 0.124 0.232
Institutionalized 0.006 0.019 0.027 0.087 0.005 0.012 0.011 0.035

Some College
Employed or in school 0.941 0.911 0.866 0.794 0.952 0.880 0.927 0.855
Idle 0.054 0.079 0.110 0.156 0.046 0.115 0.065 0.126
Institutionalized 0.005 0.009 0.024 0.050 0.002 0.005 0.007 0.019

College or More
Employed or in school 0.963 0.947 0.917 0.890 0.958 0.913 0.943 0.892
Idle 0.035 0.051 0.073 0.096 0.041 0.087 0.053 0.101
Institutionalized 0.002 0.002 0.011 0.014 0.000 0.000 0.004 0.007

Source: Tabulated from the 1980 and 2000 Census Public Use Microdata Samples. Men in the armed forces are included in the
“Employed/In School” category.



Table 1.3 Estimates of the Proportion of Men Eighteen to Fifty-Five Engaged in a Productive Activity,
Noninstitutionalized and Idle, and Institutionalized by Race-Ethnicity and Education from the 1980 and
2000 PUMS Files

Less Than High School

Non-Hispanic White Non-Hispanic Black Non-Hispanic Asian Hispanic

1980 2000 1980 2000 1980 2000 1980 2000

Age 18 to 25
Employed or in school 0.784 0.797 0.604 0.473 0.791 0.794 0.760 0.703
Idle 0.188 0.161 0.314 0.307 0.192 0.164 0.212 0.257
Institutionalized 0.028 0.041 0.081 0.221 0.017 0.043 0.028 0.039

Age 26 to 35
Employed or in school 0.783 0.683 0.634 0.343 0.783 0.655 0.807 0.672
Idle 0.186 0.249 0.281 0.336 0.207 0.311 0.170 0.289
Institutionalized 0.032 0.069 0.085 0.321 0.010 0.034 0.023 0.039

Age 36 to 45
Employed or in school 0.823 0.666 0.726 0.423 0.845 0.685 0.824 0.645
Idle 0.161 0.286 0.240 0.387 0.150 0.301 0.165 0.318
Institutionalized 0.016 0.047 0.034 0.191 0.005 0.013 0.011 0.038



High School Graduates

Age 18 to 25
Employed or in school 0.872 0.843 0.742 0.634 0.871 0.848 0.844 0.760
Idle 0.121 0.136 0.229 0.281 0.123 0.140 0.145 0.206
Institutionalized 0.007 0.021 0.029 0.084 0.007 0.012 0.012 0.034

Age 26 to 35
Employed or in school 0.900 0.845 0.780 0.624 0.888 0.769 0.874 0.726
Idle 0.093 0.131 0.184 0.259 0.104 0.213 0.111 0.231
Institutionalized 0.007 0.024 0.036 0.117 0.008 0.019 0.015 0.043

Age 36 to 45
Employed or in school 0.926 0.845 0.827 0.635 0.913 0.785 0.898 0.725
Idle 0.069 0.137 0.156 0.280 0.085 0.208 0.094 0.244
Institutionalized 0.005 0.018 0.017 0.085 0.001 0.007 0.008 0.032

Source: Tabulated from the 1980 and 2000 Census Public Use Microdata Samples. Men in the armed forces are included in the
“Employed or In School” category.



simple approximation is that the average time served is equal to one di-
vided by the release rate.1 Thus, a release rate of 0.5 corresponds to an av-
erage time served of two years, while a release rate of 0.33 corresponds to
an average time served of three years. 

In the implicit steady state at time t, the equilibrium incarceration rate
for committing crime i is approximately equal to the transition probabil-
ity for the flow rate into prison divided by the sum of the admissions and
release rate transition probabilities,2 or

(2.1)

In practice, the transition probability into prison (citpit) for a given crime
will be a very small number, while the release rate θit will be relatively
large. Thus, approximating the denominator by 1/θit and making use of
our approximation of time served, the steady-state incarceration rate for
crime i can be rewritten as

Incit = E(Tit)citpit (2.2)

where E(Tit) is the expected value of time served. Finally, the overall
steady-state incarceration rate is derived from the crime-specific incarcer-
ation rates by summing over i, giving
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Figure 2.1 Prisoners in State or Federal Prison per 100,000 U.S.
Residents, 1925 to 2004

Source: Authors’ calculations. 



mography, the potential role of the deinstitutionalization of the mentally
ill, changes in the legitimate labor-market opportunities available to low-
skilled men, and shocks to drug markets in the United States—in particu-
lar, the introduction of crack cocaine.

Changing Demographics

In recent decades, we have observed several important demographic
changes that bear directly on criminal offending and changes in incarcer-
ation rates. First, the proportion of the population that is foreign born has
increased substantially, a pattern generally associated with lower incar-
ceration rates (Butcher and Piehl 1998, 2006).13 Second, the population has
aged.14 Since the likelihood of committing a crime decreases with age, this
demographic shift should have also decreased crime and incarceration.
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carceration of the shifts in the distribution of the male population across
groups defined by age, education, and race-ethnicity. Other demographic
factors have also changed that are likely to have reduced the average crim-
inality of the American public. First, the increasing proportion of foreign-
born individuals tends to reduce crime as documented in the research of
Kirsten F. Butcher and Anne Morrison Piehl (1998, 2006). An additional
factor that has received much attention that we have not addressed is the
impact of abortion legalization on changes in the composition of the popu-
lation beginning around 1990. John Donohue and Steven Levitt (2001) hy-
pothesize that the legalization of abortion has shifted the composition of
those born toward wanted pregnancies and away from unwanted preg-
nancies. To the extent that children born under the latter category are more
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likely to commit crimes as a young adult, legalization should have had a
lagged effect on criminal behavior, a supposition consistent with aggregate
movement in violent-crime and property-crime rates.

Overall, the combination of these factors, as well as additional research
findings, indicates that demographic trends should have reduced incar-
ceration, all else held equal. 

The Deinstitutionalization of the Mentally Ill

According to the BJS, there are nearly 300,000 mentally ill inmates in
U.S. prisons and jails (Ditton 1999). These inmates account for 16 per-
cent of state prisoners, 7 percent of federal prisoners, and 16 percent of
local-jail inmates. Considering that roughly 2.8 percent of the adult pop-
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ulation suffers from severe mental illness over the course of a year (Tor-
rey 1997), these figures indicate an incarceration rate for the mentally ill
considerably greater than that of the general population. By contrast, by
the end of the twentieth century there were roughly 60,000 inpatient res-
idents in state and county mental hospitals. Thus, the population of in-
carcerated mentally ill is nearly five times the inpatient mental-hospital
population.

That the incarcerated mentally ill population exceeds the inpatient
population of mental hospitals is a relatively new development. In fact, as
of midcentury, the number of mental-hospital inpatients per 100,000 U.S.
residents greatly exceeded the overall prison incarceration rate. This fact
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those in prison or jail were women. By 1980, this proportion declined to 6
percent. 

Between 1950 and 1980, the mental-hospital inpatient population be-
came younger, more minority, and more male, although the elderly and
women still constitute larger proportions of the population of mental-
hospital inpatients than they do of prison and jail inmates. These changes
suggest that deinstitutionalization proceeded in a nonrandom fashion.

The limitations of deinstitutionalization as a major contributor to
growth in incarceration are best illustrated by looking at overall institu-
tionalization rates (combining mental-hospital, jail, and prison popula-
tions) by demographic subgroups. Figure 2.6 displays overall institution-
alization rates for adult men between eighteen and sixty-five years of age
by race-ethnicity using data from the PUMS files for 1950 to 2000. For the
latter two years (1990 and 2000), the data do not permit separately identi-
fying mental-hospital inpatients and prison and jail inmates. Nonethe-
less, the mental-hospital population in these years is trivially small rela-
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tive to correctional population, and thus the overwhelming majority of
the institutionalized in these years are in jails or prisons. The most no-
table pattern in this figure is the large increase in the overall institutional-
ization rate for black men (the group that has contributed the most to
increases in incarceration since 1980). Prior to 1980, the peak institutional-
ization rate for this group was slightly less than 4,000 per 100,000. By
2000, this rate exceeded 8,000. For white and Hispanic men, overall insti-
tutionalization rates more closely mimic the time path of overall institu-
tionalization rates for all adults.

Figure 2.7 presents comparable results for women. Here, the most no-
table fact is the large sustained decline in the overall institutionalization
rate of white women (a demographic group that constituted a sizable por-
tion of the mental-hospital inpatient population in 1950). Hispanic
women also experience large declines in overall institutionalization rates,
while the time path for black women mimics the time path for all adults. 

This group-specific analysis can be used to place an upper bound on
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ated. However, the average incarceration probability across all those en-
gaging in crime is relatively low (0.02), as the majority of respondents (75
percent) who report income from crime report very little income from
crime. 

We take 0.02 as an estimate of the likelihood of ending up in prison or
jail for those who commit income-generating crimes in 1980.21 As the ratio
of prison admissions to crimes committed has roughly tripled between
1980 and the present, we assume that the risk of incarceration in 2000 for
those engaged in income-generating crimes is 0.06.22

The magnification factor, ,will increase as the release rate de-

creases (alternatively stated, it will increase as the expected value of time-
served increases). The overall release rate in the late 1990s was roughly
0.50, indicating an estimate of a magnification factor of two. However,
those offenders coaxed into criminal activity by declining wages are
likely to commit fewer and less serious crimes relative to those already in-

   

θ
θ( )cp + 2
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Table 2.1 Comparison of Expected Time Served, Prison Admission Rates, Incarceration Risk per Crime, and Crime
Rates for the United States by Type of Criminal Offense, 1984 and 2002

Expected Prison Prison
Value of Admissions Admissions per

Time Served per Crime
in Years (E(T)) 100,000 (pc) Crime Rate per 100,000 (c) Committed (p)

2002
1984 2002 1984 2002 1984 2002 Counterfactual 1984 2002

Murder 6.49 8.13 5.47 4.98 7.92 5.63 6.95 0.69 0.89
Rape 2.98 5.30 4.35 7.70 35.71 33.11 42.01 0.12 0.23
Robbery 3.13 3.80 12.51 9.97 205.44 146.12 207.38 0.06 0.07
Assault 2.01 2.86 5.00 12.03 290.23 309.54 309.50 0.02 0.04
Other violent 2.30 3.47 1.72 3.53 21.34a 35.65a 44.45c 0.06e 0.10e

Burglary 1.99 2.48 19.08 14.21 1263.70 747.22 1,034.25 0.02 0.02
Larceny 1.44 2.17 13.93 17.83 2791.30 2,450.72 2,915.05 0.00 0.01
Motor vehicle 1.42 1.87 0.99 2.79 437.11 432.91 564.38 0.00 0.01
Other property 1.52 2.49 3.01 4.98 828.26 a 725.46a 904.65c 0.00f 0.01f



Drugs 1.63 2.11 8.73 43.93 264.31b 469.68b 469.68d 0.03 0.09
Other 2.92 2.27 12.45 20.26 138.37a 184.18a 229.67c 0.06g 0.07g

Parole violators 1.27 1.44 20.48 80.75 — — — —

Source: Time-served estimates come from Raphael and Stoll (2007). Each value is rescaled so that the expected value of time
served is equal to the value implied by the national prison release rate for the year described. Prison-admissions rates are esti-
mated by applying the distribution of admissions by offense category estimated from the 1984 and 2002 NCRP files to the overall
national admissions rates. Crime rates are based the Uniform Crime Reports unless otherwise noted. Counterfactual crime rates
are estimated using crime-specific incapacitation and deterrence effect estimates of incarceration on crime taken from Johnson
and Raphael (2007). 
a Crime-rate estimates based on imputed admissions per crime and the observed admissions rates.
b Crime rates for drug crimes are equal to the number of adult arrests for drug crimes per 100,000 U.S. residents.
c Assumes a 25 percent increase in offending above the 2002 level (equal to the 2002 admissions weighted sum of the predicted in-
crease above 2002 for the seven part 1 offenses).
d Set equal to the arrest rate for 2002.
e Based on average admissions per crime committed for nonhomicide violent crimes by year.
f Based on average admissions per crime committed for nonburglary property crimes by year.
g Based on the weighted average admissions per crime for all crimes by year.



Table 2.2 Estimates Change in Steady-State Incarceration Rates, Overall and by Commitment Offense, and
Calculation of Counterfactual Incarceration Rates Holding Policy Parameters Constant to 1984 Values

Implied Steady-State 
Incarceration Rates Change, 1984 to 2002

2002 Difference, Difference, 2002 
1984 2002 Counterfactual 2002–1984 Counterfactual–1984

Murder 35.52 40.43 31.25 4.91 –4.27
Rape 12.98 40.81 15.27 27.84 2.29
Robbery 39.15 37.91 39.52 –1.23 0.38
Assault 10.03 34.36 10.70 24.33 0.67
Other Violent 3.97 12.24 6.46 8.27 2.49

Burglary 37.97 35.22 31.08 –2.75 –6.89
Larceny 20.02 38.62 20.90 18.60 0.89
Motor vehicle 1.41 5.22 1.82 3.81 0.41
Other property 4.57 12.41 4.99 7.85 0.42

Drugs 14.20 92.58 25.23 78.38 11.03
Other 36.30 45.94 60.26 9.63 23.95

Parole violators 26.05 116.38 — 90.34 —

Overall or total change in steady state 242.15 512.13 — 269.97 —
Overall or total change in steady state 
less parole violators 216.11 395.74 247.47 179.63 31.36

Actual overall incarceration rate 190.08 484.87 — 294.78 —

Source: Authors’ calculations. See equations 2.1 through 2.3 in the text for the expressions for the steady-state incarceration rates.



Table 2.3 The Proportion of U.S. Males Eighteen to Sixty-Five Institutionalized by Race-Ethnicity, Age, and Education, 
1980 and 2000

White Black Other Hispanic

1980 2000 1980 2000 1980 2000 1980 2000

All 0.008 0.013 0.033 0.084 0.010 0.014 0.014 0.029

Age
18 to 25 0.010 0.017 0.045 0.107 0.014 0.018 0.018 0.033
26 to 30 0.009 0.016 0.050 0.121 0.011 0.022 0.015 0.033
31 to 40 0.007 0.017 0.033 0.106 0.009 0.014 0.015 0.033
41 to 50 0.006 0.011 0.016 0.062 0.004 0.011 0.009 0.024
51 to 65 0.008 0.007 0.017 0.029 0.008 0.006 0.007 0.013

Education
High School dropout 0.019 0.040 0.047 0.185 0.020 0.041 0.019 0.035
High School grad. 0.006 0.017 0.027 0.081 0.013 0.020 0.010 0.034
Some college 0.004 0.008 0.023 0.015 0.005 0.010 0.009 0.019
College graduate 0.002 0.003 0.008 0.047 0.002 0.002 0.004 0.008

Source: Tabulated from the 1980 and 2000 5 Percent Public Use Microdata Samples from U.S. Census of Housing and Population.



who are incarcerated in the late 1990s and those who were the inpatients
of mental hospitals at midcentury.

Prison and jail inmates in the United States are overwhelmingly male,
disproportionately minority, and are relatively young. The same cannot
be said for mental patients at midcentury. Table 2.4 uses data from the
PUMS census files for 1950 through 1980 to characterize mental-hospital
inpatients, prison and jail inmates, and the noninstitutionalized.17 In 1950,
there are several notable differences between the inpatient population
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Table 2.4 Distribution of Institution and Noninstitutional Populations Across Age
Groups, Race-Ethnicity Groups, and Gender, 1950 Through 1980

1950 1960

Non- Non-
Mental Prison insti- Mental Prison insti-

Hospital and Jails tutional Hospital and Jails tutional

Age groups 100% 100% 100% 100% 100% 100%
<10 0.85 0.84 19.51 0.43 0.03 22.03
10 to 17 1.06 11.10 11.51 1.66 2.85 14.21
18 to 25 5.31 27.54 12.13 5.03 30.01 9.86
26 to 30 6.32 17.28 8.19 4.30 16.38 6.13
31 to 35 8.02 12.88 7.54 5.94 13.76 6.73
36 to 40 8.40 8.69 7.45 7.36 11.86 6.90
41 to 45 8.34 7.23 6.53 8.32 8.39 6.39
46 to 50 11.16 5.24 6.08 9.52 6.40 5.89
51 to 55 11.69 4.08 5.20 10.11 4.78 5.28
56 to 64 18.54 3.25 7.75 18.61 4.50 7.71
65+ 20.30 1.88 8.10 28.72 1.03 8.88

Race-Ethnicity 100% 100% 100% 100% 100% 100%
White 87.62 62.20 87.99 85.03 58.86 86.63
Black 10.52 33.40 9.90 12.73 35.57 10.47
Other 0.43 1.26 0.43 1.00 1.87 0.89
Hispanic 1.43 3.14 1.68 1.24 3.69 2.01

Gender 100% 100% 100% 100% 100% 100%
Male 52.55 90.79 49.60 53.23 95.10 49.01
Female 47.45 9.21 50.40 46.77 4.90 50.99

Population 
Estimate (000) 621 315 151,274 698 356 178,247



and correctional population. First, the mental-hospital population is con-
siderably older, with larger proportions over forty years old; the popula-
tion that is sixty-five years and older is more than ten times the compara-
ble figure for the correctional population. Second, the proportion that is
black or Hispanic is not appreciably larger than the comparable propor-
tions for the noninstitutionalized population, while minorities are very
much overrepresented in prisons and jails. Finally, nearly half of the
mental-hospital population is female, while in 1950 only 9 percent of
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1970 1980

Non- Non-
Mental Prison insti- Mental Prison insti-

Hospital and Jails tutional Hospital and Jails tutional

100% 100% 100% 100% 100% 100%
0.57 0.15 18.48 0.73 0.04 14.77
3.59 3.43 16.18 6.26 2.23 13.69
9.09 39.67 12.76 14.63 43.15 14.80
6.13 16.67 6.43 9.18 21.66 8.41
5.75 11.24 5.50 9.02 12.90 7.41
6.50 9.15 5.51 6.91 7.65 5.97
8.04 6.69 5.85 6.95 4.60 5.06
8.02 5.34 5.90 5.81 2.67 4.91
9.00 3.29 5.28 7.76 2.41 5.20

18.33 3.35 8.11 12.52 1.63 8.54
24.99 1.03 10.00 20.24 1.06 11.24

100% 100% 100% 100% 100% 100%
82.80 54.67 85.52 79.40 47.14 81.50
15.45 40.29 11.03 17.15 42.65 11.65
0.93 1.82 1.18 1.95 5.14 3.41
0.82 3.23 2.27 1.50 5.07 3.45

100% 100% 100% 100% 100% 100%
55.95 94.84 48.45 60.79 94.10 48.37
44.05 5.16 51.55 39.21 5.90 51.63

440 341 202,257 246 461 226,024

Source: Tabulates from the 1950, 1960, 1970, and 1980 1 percent Public Use Micro
Data Samples from the U.S. Decennial Censuses of Population and Housing.



Table 2.5 Assessing the Maximum Possible Contribution of Deinstitutionalization to Growth in Prison and Jail Incarceration
Between 1980 and 2000

Maximum Actual Absolute Absolute
Mental- Change in Possible Absolute Contribution of Contribution of 
Hospital Institution- Proportional Change in Deinstitutionalization Deinstitutionalization

Inpatients alization Contribution Population With Transinstitu- with Transinstitu-
per 100,000 per 1000,000 of Deinstitu- Institutionalized tionalization tionalization 

(1980) (1980 to 2000)a tionalizationb (1980 to 2000) Rate of 1c Rate of 0.5c

Men
White 157 479 0.33 328,326 107,207 53,604
Black 323 5,120 0.06 584,251 36,836 18,418
Other 148 68 1.00 47,738 47,738 23,869
Hispanic 83 1,631 0.05 294,197 14,958 7,479

Women
White 91 –73 0.00 –33,066 0 0
Black 134 311 0.43 48,786 21,000 10,500
Other 25 15 1.00 7,816 7,816 3,908
Hispanic 51 57 0.89 22,692 20,147 10,073

Total — — — 1,300,740 255,702 127,851

Source: Authors’ compilation.
aFigures provide the change in the total institutionalization rate between 1980 and 2000.
bMaximum proportion contribution is set to 1 when the change in institutionalization rate exceeds the 1980 mental-hospital inpatient
rate.
cTabulations assume that complete deinstitutionalization between 1980 and 2000.



Table 2.6 Estimates of the Effect of Changes in Earnings Opportunities on Male Incarceration Rates (Jail and Prison
Incarceration Combined)

Predicted Effect Actual Change in Proportion of 
of Wages on Incarceration Increase Attributable 

ΔLn Wage Offers, Percent Incarcerated Observe to Change in
1979 to 1998a (–Încij)b in the Censusc Ln(Wages)

White men
< High school –0.26 0.006 0.021 0.28
High school –0.14 0.003 0.011 0.28
Some college –0.04 0.001 0.004 0.21
College plus 0.13 –0.003 0.001 –2.95

All white men — 0.001d 0.005 0.23

Black men
< High school –0.24 0.005 0.138 0.04
High school –0.11 0.002 0.053 0.05
Some college –0.04 0.001 0.024 0.04
College plus 0.04 –0.001 0.007 –0.12

All black men — 0.002d 0.051 0.04



Hispanic men
< High school –0.24 0.005 0.016 0.34
High school –0.11 0.002 0.024 0.10
Some college –0.04 0.001 0.010 0.09
College plus 0.04 –0.001 0.004 –0.21

All Hispanic men — 0.003d 0.015 0.21

Other men
< High school –0.24 0.005 0.021 0.26
High school –0.11 0.002 0.007 0.34
Some college –0.04 0.001 0.005 0.18
College plus 0.04 –0.001 0.000 0.00

All other men — 0.001d 0.004 0.33

aFigures in this column are estimates of changes in wage opportunity costs accounting for labor-market dropouts (Juhn 2003). We
assume that the changes in wage offers by education for black men apply to these other two race-ethnicity groups.
bThe predicted effect of changes in wages on incarceration is calculated by multiplying the likelihood of being sent to prison con-
ditional on engaging in criminal activity (we assume 0.06), the magnification factor (1.5), the effect of a change in ln wages on
criminal participation (estimate of –0.25 from Jeff Grogger 1998), the actual change in the natural log of wages, and –1.
cBased on figures reported in table 2.3.
dThe change in incarceration figure in these cells is the sum across education groups of the product of the proportion of males in
the group of the given education level multiplied by the predicted change in incarceration for the race-education group.



whether admissions rates increased earlier in states where crack ap-
peared first (these results also correspond to the models estimated by
Fryer and colleagues [2005]).

Beginning with the total admissions rates, there is a significant positive
association between admissions and the crack index (as is evident from
the simple bivariate regression coefficient), there is a somewhat larger
positive estimate when we only use variation within states, but there is a
significant negative effect when time effects are included in the specifica-
tion. The largest estimate of the effect of crack on prison admissions (the
coefficient of 14.71 in the model with state fixed effects only) predicts that
the change in the crack index increased prison admissions between 1985
and 2000 by approximately 14 admissions per 100,000. As the actual rate
increased by 114 over this period, the largest estimate in the first column
of table 2.7 suggests that crack explained no more than 12 percent of the
growth in prison admissions over this time period.

This certainly is an overestimate, however. The fact that the marginal
effect of the intensity of crack usage does not survive adjusting for com-
mon year-to-year shifts casts serious doubt on this estimate. The results in
the final row indicate that states where the intensity of crack use in-
creased above and beyond the average increase for the nation experi-
enced declines in the prison admissions rate. While this result may be bi-
ased by a reverse causal effect of prison on the crack epidemic (the
explanation offered by Fryer and colleagues), the large disparity between
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Table 2.7 Estimated Marginal Effects of Variation in the State-Level
Crack Index on Prison Admissions per 100,000 State
Residents Based on State-Level Panel Data Covering the
Period 1985 Through 2000

Total New Returns to 
Admissions Commitment Custody 

Rates Rate per 100,000

No state or year effects 11.83 6.22 7.63
(2.59) (1.59) (1.79)

State effects only 14.71 10.49 4.65
(2.40) (1.51) (1.35)

State and year fixed effects –6.24 –0.57 –7.81
(2.32) (1.62) (1.38)

Source: Standard errors are in parentheses. Figures in the table are the coefficient
on the crack index taken from Fryer and colleagues (2005).



incarceration rates into two sources: higher crime rates and more punitive
criminal-justice polices. Their results certainly suggested a clear break
from the past. In all but one crime category, the policy variables ac-
counted for nearly 90 percent of the increase in incarceration rates
(Boggess and Bound 1997). 

Analyzing changes in state-level incarceration rates over the same time
period, David F. Greenberg and Valerie West (2001), as well as Katherine
Beckett and Bruce Western (2001), have statistically corroborated the
more decisive impact of “get tough” criminal-justice policies and more
conservative “law-and-order” politics relative to that of increases in seri-
ous violent crime (Western 2006; Guetzkow 2006). On the policy front,
they single out two key innovations: a new regime of determinate struc-
tured sentencing and the war on drugs. Since the mid-1970s, state and
federal legislation has significantly curtailed the discretion of judges and
parole boards in setting prison sentences and terms, steadily increasing
the likelihood and length of a prison term for a felony conviction. The
war-on-drug policies also operated at the more grassroots or local levels.
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The aggressive policing and prosecution of less serious drug offenders
multiplied their risk of an arrest, a felony conviction, and a lengthy prison
term under the new harsher sentencing laws.

In this chapter, we analyze the policies and political economic roots of
this new U.S. criminal-justice regime, which we call mass incarceration.
The term mass incarceration connotes the vast scale of the prison and
criminal-justice systems, as gauged by the population under some form
of correctional supervision (currently estimated to be 7.1 million people,
or 3.2 percent of the total population) (Glaze and Bonczar 2006). Follow-
ing David Garland (2001a), the term also signifies the disproportionate
reach of the criminal-justice system into disadvantaged inner-city minor-
ity communities, where a prison experience has become more the norm
than the exception among less-educated young African American and
Hispanic men and, increasingly, women (Pettit and Western 2004;
Raphael 2006).

Our empirical analysis focuses on the war on drugs in the state of New
York from the early 1970s to the early 1990s. This case-study approach is
motivated by one of our central messages: the dramatic surge in incarcer-
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crack epidemic and, in its wake (after 1991), a decisive shift in policing
that targeted misdemeanor marijuana possession violations (Sabol 2008;
King and Mauer 2006; Golub, Johnson, and Dunlap 2007; Harcourt and
Ludwig 2007; Levine and Small 2008).7

Without incident data on drug violations, it is not possible to ascertain
whether local police were simply responding to a surge in actual drug
crimes over this period. We question this simple interpretation for two
reasons. First, as is evident in figure 3.3, drug arrest rates grew at a much
faster clip than arrests for either property or violent crimes during the
pivotal decade of the 1980s. Between 1981 and 1989 the ratio between
drug crime arrests and violent- or property-crime arrests doubled. More-
over, for the latter two crime types, police arrests essentially kept pace
with trends in reported incidents.8 In other words, during the 1980s,
policing in these cases tended to be more reactive.

As further evidence of discretionary policing in the war on drugs, we
point to the striking racial disproportionality in arrests for drug crimes ver-
sus property and violent crimes during the 1980s. Focusing on large urban
centers, the graph in figure 3.4 charts the percentage of African Americans

80 Do Prisons Make Us Safer?

D
ru

g 
an

d
 V

io
le

nt
 C

ri
m

es
700

600

500

400

300

200

100

0

Pr
op

er
ty

 C
ri

m
es

1000

900

800

700

600

500

400

300

19
75

19
77

19
79

19
81

19
83

19
85

19
87

19
89

19
91

19
93

19
95

19
97

19
99

Property

Drug

Violent

Drug without 
Marijuana Possession

Figure 3.3 Arrest Rates for Drug, Violent, and Property Crimes (Arrests
per 100,000 People)

Source: U.S. Federal Bureau of Investigation (FBI), Uniform Crime Reporting Pro-
gram, Crime in the United States 2005. Available at www.fbi.gov/ucr/05cius/
index.html; historical data have been compiled by the U.S. Census Bureau, Statis-
tical Abstract, 1977 to 2002 (available at: http://www.census.gov/compendia/
statab/past_years.html), and the U.S. Bureau of Justice Statistics for drug arrests
(available at www.ojp.usdoj.gov/bjs/dcf/enforce.htm).



among adults arrested for these three crime types. The African American
share for drug crimes jumped from 26.9 percent in 1980 to 46.0 percent in
1989.9 By contrast, blacks were no more likely than whites to be arrested for
violent and property crimes over the same period. In comparisons between
black and white adolescents, moreover, indirect evidence finds no signifi-
cant differences in their use and sale of illegal drugs. Surveys of high-
school seniors point to a significant and increasing white-black gap in 
illegal drug use during the decade. Among a representative sample of ado-
lescents interviewed in 1980 and 2000, lower-income whites reported that
they were more likely to have sold drugs than their black peers.10

Moving to the next stage of the criminal-justice system, table 3.2 docu-
ments the greater efficiency in the prosecution of drug arrests (or, in our
terms, more aggressive prosecution). The first column shows the surge in
prison commitments relative to total drug arrests between 1980 and 1996.
Those arrested for drug possession and trafficking in 1990, the evidence
implies, were 5.4 times more likely to serve time in prison than a decade
earlier. Although the prison commitment rate fell by a quarter in 1996, it
was still four times higher than at the onset of the war on drugs.11

The surge in prison commitment rates conflates the impacts of “get
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(1994) document a sharp increase in the black-white ratio: from just under
seven in 1983 to around ten in 1990—an increase of more than 40 percent.
When they investigate the proximate cause (that is, offense type) respon-
sible for this abrupt change, they clearly implicate the war on drugs. Be-
tween 1983 and 1991, the racial disparity in prison-sentence rates multi-
plied by more than fourfold for drug offenses, but it only doubled for
violent crimes. Updating their analyses of prison-admissions data, sev-
eral recent reports have corroborated and refined these results (Beatty,
Petteruti, and Ziedenberg 2007; Human Rights Watch 2008).

THE WAR ON DRUGS IN NEW YORK: FROM
ROCKEFELLER TO KOCH

By all accounts, the state of New York was in the vanguard of the war on
drugs, at least legislatively. In 1973, three years after Congress had re-
pealed mandatory minimum sentences on drug violations dating from
the 1950s, the state legislature adopted its own version of drug-law re-
form. What has been termed the “Rockefeller drug law” mandated steep
minimum sentences on the sale and use of controlled substances (notably
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tional wisdom that “nothing works,” Rockefeller crafted a more prag-
matic solution that wielded the punitive drug law against high-level drug
dealers, while providing rehabilitation services for “jugglers” who sold
drugs to feed their habits (Barker 2006).15 According to this view, the two
policies were complementary: the former, if successful, would disrupt the
supply channels that had undermined the success of the latter by cheaply
feeding the habits of drug addicts.

At the same time, Rockefeller’s presidential ambitions clearly con-
fronted and accommodated another stark reality, albeit in the political
realm: the conservative drift of the Republican Party. Through his unwa-
vering support of the drug law as well as his tough stance on the Attica
prison uprising and the death penalty, Rockefeller strengthened his con-
servative law-and-order credentials for a likely nomination campaign
against Ronald Reagan, who as California governor pioneered the conser-
vative turn in sentencing reform. Closer to home, this political trend bol-
stered the ranks of the Conservative Party, which constituted the critical
swing votes for the drug law (Benjamin 1974; Flanagan, McGarrel, and Li-
zotte 1989; Flanagan, Cohen, and Brennan 1993). The bill passed the State

Origins of Mass Incarceration 87

In
d

ex
 a

nd
 V

io
le

nt
 C

ri
m

es

14,000

12,000

10,000

8,000

6,000

4,000

2,000

0

Index
Violent
Murder

19
65

19
69

19
73

19
77

19
81

19
85

19
89

19
93

19
97

20
01

20
05

M
ur

d
er

16

14

12

10

8

6

4

2

0

Figure 3.6 Crime Rates in New York State, 1960 to 2005 (Crimes per
100,000 People)

Source: U.S. Bureau of Justice, Federal Bureau of Investigation, Uniform Crime Re-
porting Program (2005 and earlier years).



Senate by an overwhelming forty-one to fourteen majority on April 27,
but it was held up in the State Assembly by opposition from more liberal
Democrats and the Conservative Party. With this choice of coalition part-
ners, the Republican leadership pressured Rockefeller to compromise
with the Conservatives on the plea-agreement provision of the bill and,
particularly, on the SFO law (Griset 1991).16

The evidence in figure 3.7 suggests that pragmatism may have
trumped politics in the immediate implementation of the Rockefeller
drug and SFO laws. The trends in the overall prison population during
the 1970s are certainly consistent with their expected effects. After a
nearly decade-long decline, the incarceration rate reversed course in 1973
and grew steadily until 1980. Yet, the share of inmates on drug violations
increased only marginally from 11 percent to 12 percent between 1972
and 1977, and then actually fell to pre-1973 levels by 1980. Moreover,
there is no trend break in the annual average growth rate in this inmate
population over the period from 1970 to 1977.

Resource constraints—in this case, by default and not by design—can
plausibly explain the sudden shift in the state’s war on drugs. Because of
fiscal crisis, the New York City police department sharply cut its force
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qualified as contributing to the growth in incarceration, but they too re-
quired implementation at the grassroots level (that is, complementary lo-
cal policies). To identify these changes, we searched editions of the New

York Times from the 1980s and located 222 articles related to local, state,
and federal drug-law enforcement. Although the New York Times is an ad-
mittedly selective source on these matters, the trends in its coverage are
strongly correlated with key events in the war on drugs such as recurrent
drug and violent-crime epidemics as well as significant policy initiatives
in response (see figure 3.8).17

Consistent with the turning point in the data, our search pinpointed
two related developments in 1981, which Governor Hugh Carey laid out
in his January budget address (“Transcript of Gov. Carey’s Message at
Opening of the 204th Session of Legislature,” New York Times, January 8,
1981, p. A1; “Excerpts for Governor’s Budget Statement List Some Goals
for Next Decade,” New York Times, January 20, 1981, p. 40). The first speci-
fied significant state investments in criminal-justice capacity at the state
and local levels. His budget included more funding for prison construc-
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the former, more serious felony crime increased around nine-fold over the
thirty-year period. 

Numerous studies have found striking parallels between the earlier
prohibition against alcohol and the more recent war on drugs (Musto
1999; Levine and Reinarman 1991). Despite the public-health and safety
rhetoric of reformers and political allies, these policies targeted disadvan-
taged ethnic-racial communities, particularly in larger urban centers.
Similarly, they both drew popular support from an anxious middle class,
which feared the decline in traditional values and mounting social disor-
der, and fixed the blame on these “alien” groups (Allen 1931; Wiebe 1967;
Davis 2007; Lerner 2007). Ironically, the strict enforcement of these moral
codes is strongly correlated with lethal violence, seen as a dispute-resolu-
tion mechanism for turf battles within and between the illegal distribu-
tion networks that mediated the risky but potentially lucrative black mar-
kets of booze and drugs (Miron 1999, 2001).

In the end, both episodes have been aptly characterized as “moral pan-
ics” (Musto 1999; Tonry 1999). While no simple formula can account for
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decisions by requiring prisoners to serve at least a minimum fraction of
their sentences (most often 85 percent for serious violent offenders). The
1994 federal Crime Act spurred the diffusion of these laws (and the 85
percent standard for violent offenders) through conditional funding for
prison construction. Significantly, the number of states with truth-in-
sentencing laws increased sharply from five to thirty-one (or just over 60
percent) between 1994 and 1996; most qualified for the federal aid by
adopting the tougher standard (Ditton and Wilson 1999). Finally, the pa-
role system “extended the reach of [intensive] supervision” beyond
prison walls and increasingly resorted to the harsher punishment of rein-
carceration for technical parole violations (Travis 2005, 44). In this case of
“back-end sentencing,” ironically, risk-averse parole officers have exer-
cised greater discretion; this is often in response to mounting caseloads
and the intensive public scrutiny and sensational reporting on heinous
crimes by parolees (Peterselia 2003; Travis 2005). 

These policy shifts also occurred at the local level—that is, on the front

78 Do Prisons Make Us Safer?

Table 3.1 State Sentencing Structures as of 1996

Front-End Reforms Number %

Presumptive sentencing 9 17.6
Sentencing guidelines 17 33.3

Presumptive 8 15.7
Voluntary or advisory 9 17.6

Sentencing commissions 19 37.3
Mandatory minimums 51 100.0

Drug violations 37 72.5
Weapons possession 39 76.5
Repeat or habitual 40 78.4

Two- or three-strikes 24 47.1

Back-End Reforms

Determinate sentencing 15 29.4
Parole

Good time 48 94.1
Supervision 50 98.0

Truth-in-sentencing 31 60.8

Source: United States Bureau of Justice Assistance (1998); Stemen, Rengifo, and
Wilson (2005).
Note: The columns report the number and percentage of jurisdictions including
the District of Columbia that had adopted the designated type of sentencing re-
form by 1996.



Table 3.2 Prosecution and Sentencing of Drug Offenders in State Courts

Trafficking Only

All Convictions2 Sentence Prison Sentence

Arrests Prison Prison Sentence Term
(000s) Rates1 Rate (%) % Pleas Prison (%) Jail (%) Rate (%) (Months) (Months) % Served3

1980 471.2 1.9
1986 41.1 36.8 15.1
1988 38.9 40.8 15.9 66 20 30.3
1990 1008.3 10.3 53.2 49.0 26.0
1992 54.9 93.4 48.0 27.0 26.4 72 24 33.3
1994 51.9 90.5 47.6 23.1 24.7 66 21 31.8
1996 1294.7 7.7 65.9 92.3 39.5 33.4 26.0 55 23 41.8
1998 68.0 95.0 45.0 26.0 30.6 54 22 40.7
2000 77.8 95.7 41.0 28.0 31.9 52 26 50.0

Source: Data on all drug offenses: Ditton and Wilson (1999, 4).
Data on drug trafficking only: Langan and Graziadei (1995, 2–9); Langan and Brown (1997, 2–9); Brown, Langan, and Levin (1999,
4–10); Durose, Levin, and Levin (2001, 4–11); Durose and Langan (2003, 4–11); Langan and Cohen (1996, 59–61).
1 The prison rate equals the ratio of prison commitments to drug arrests expressed as a percentage.
2 The conviction rate equals the ratio of court convictions to arrests; the percentage pleas equals the share of convictions on plea
agreements.
3 Percentage served is the ratio of the actual term to sentence.



convicted on felony drug charges—especially the most serious class A of-
fenses—received longer minimum sentences (Association of the Bar of
the City of New York, Joint Committee on New York Drug Law Evalua-
tion 1977). This greater incarceration risk derived from the 50 percent in-
crease in the rate of conviction on drug-related indictments (from approx-
imately 51 percent to 75.7 percent) as well as the near doubling of the
share of prison sentences for convicted felons (from 23.8 percent to 40.7
percent).

This evidence further supports our view on the selective pragmatic
enforcement of the Rockefeller drug laws, influenced perhaps by re-
source constraints. The results of the study conducted by the Association
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Table 3.3 Flows of Felony Arrests Through the New York Criminal-
Justice System

All Felonies 1974 1979 1984 1994

Number of arrests 124,296 137,758 150,118 198,843
Indictment or arrest (%) 27.7 22.9 30.7 34.3
Convicted or indictment (%) 63.8 77.9 83.1 87.3
Sentence or conviction (%) 89.7 93.3 96.6 98.6

Prison (%) 31.7 37.8 40.1 43.9
Jail (%) 14.1 24.3 28.2 27.3
Incarceration (%) 45.7 62.2 68.3 71.3
Probation (%) 43.9 31.1 28.3 18.8

New prison commitments 6960 9286 15348 26193
Prison rate per arrest (%) 5.6 6.7 10.2 13.2

Drug Felonies 1974 1979 1984 1994

Number of arrests 17,472 11,305 23,459 55,803
(% of total) 14.1 8.2 15.6 28.1

Indictment or arrest (%) 35.5 30.7 32.7 49.8
Convicted or indictment (%) 51.0 75.7 75.4 92.9
Sentence or conviction (%) 88.4 95.2 97.9 89.2

Prison (%) 23.8 40.7 39.4 46.4
Jail (%) 10.8 26.4 34.5 29.4
Incarceration (%) 34.6 67.1 73.9 75.9
Probation (%) 53.8 28.1 24.0 13.3

New prison commitments 755 1,068 2,277 11,991
Prison rate per arrest (%) 4.3 9.4 9.7 21.5

Source: New York State Division of Criminal Justice Services (1975, 1980, 1985,
1995).



of the Bar of the City of New York, Joint Committee on New York Drug
Law Evaluation (1977), corroborated by our reexamination of the origi-
nal data, affirm that police tended to arrest and prosecutors tended to in-
dict those charged with more serious violations; the harshest punish-
ments of imprisonment were reserved for older, often repeat felony
offenders. Consequently, we do not see the declines in each of the steps
of felony processing leading to incarceration, as predicted by the re-
source-constraint view.
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Table 3.4 Accounting for the Growth in New Prison Commitments 

% Change

Felonies 1974–1979 1979–1984 1984–1994

All
Number of arrests 10.8 9.0 32.5
Indictment or arrest –17.4 34.1 11.9
Convicted or indictment 22.0 6.7 5.1
Prison Sentence or conviction 19.5 6.0 9.5
New prison commitments 33.4 65.3 70.7
“Growth accounting” 34.6 64.7 69.9

Sum of factors 34.9 55.8 59.0
First-order interactions –0.3 8.9 10.8

Local factors 12.1 55.8 55.6
Percent local 34.9 86.2 79.6

Drug
Number of arrests –35.3 107.5 137.9
Indictment or arrest –13.8 6.7 52.3
Convicted or indictment 48.4 –0.4 23.2
Prison sentence or conviction 70.9 –3.3 18.0
New prison commitments 41.5 113.2 426.6
“Growth accounting” 50.8 113.5 386.0

Sum of factors 70.2 110.5 231.4
First-order interactions –19.4 3.0 154.6

Local factors –19.6 120.6 329.6
Percent local 106.3 85.4

Source: Authors’ compilation.
Note: The figures are the percentage change of each factor over the period. The
growth accounting is the sum of the percentage change of each factor and the
first-order interaction effects. The local factors only sum the contributions from lo-
cal factors.



the individual-level data on admissions to New York state prisons as part
of the National Corrections Reporting Program (see table 3.5). Our analy-
sis confirms the staggering increase in the percentage of inmates con-
victed on felony drug charges after 1984. In this initial year, only 16 per-
cent of the state’s inmate population had been convicted of a drug crime.
Five years later, this figure more than doubled to 41 percent, and it then
increased marginally by 1994 to its current level of around 46 percent.
When broken down by crime type, the evidence shows roughly compara-
ble increases in those convicted and sentenced on trafficking and posses-
sion charges. Finally, as these data affirm, the war on drugs dispropor-
tionately targeted less-educated minority men in large urban centers such
as New York City.

A Growth-Accounting Exercise

To summarize and sharpen our conclusions, we present a simple account-
ing analysis of the growth in new prison commitments on drug felony
charges over the periods 1974 to 1979, 1979 to 1984, and 1984 to 1994 (see
table 3.4). The entries under the heading “growth accounting” decom-
pose the growth rate in prison commitments into the growth rate of the
individual factors—from total arrests to the share of prison sentences
among convicted felons—as well as first-order interaction terms to cap-
ture acute changes, especially after 1984.23 Finally, to gauge the impact of
local policy innovations in the war on drugs, we sum the first three fac-
tors and corresponding interaction terms.  
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Table 3.5 Characteristics of New Admissions to New York State Prisons
(Percent of all Prison Admissions)

1984 1989 1994

Male 95.8 93.4 92.9
African American 67.2 51.0 77.1
High school or less 94.6 90.9 93.0
New York City 68.5 71.2 68.6
Drug crime (as any) 15.8 40.9 45.6

Trafficking 12.1 29.4 34.8
Possession 5.1 14.6 13.2

Source: National Corrections Reporting Program
Admissions Files (1984, 1989, 1999).
Note: The data on race-ethnicity are not entirely consistent because of the erratic
reporting of “unknown” cases.



ment rates (see row 3, table 3.6) adds another 2,800 prison commitments,
or nearly 30 percent of the total. If we attribute only half of the conviction
rates to prosecutorial discretion, local factors would account for roughly
70 percent of the growth in prison commitments over the decade. Figure
3.9 depicts these results graphically by showing, for each step in the sim-
ulation, the quantitative impact of each factor on implied prison commit-
ments and its contribution to total change over the decade.

EPOCHAL CHANGE AND THE RELATIVE
STABILITY OF PUNISHMENT

To underscore the decisive connection between the war on drugs and
mass incarceration, we track long-term trends in the U.S. incarceration
rate since 1880. For the pre-1925 period, the analysis must rely on the pe-
riodic Census Bureau enumeration of the total incarcerated population,
including those in jails and reformatories. Extending the Census Bureau
figures to 1980, Margaret Cahalan (1979; Cahalan 1986) compiled a con-
sistent series for the century, which matches up well with Bureau of Jus-
tice Statistics data for the modern (post-1930) period. For example, the
Census Bureau series also shows the relative stability of incarceration
rates, albeit at a slightly higher average level than expected (compare fig-
ure 3.10 to figure 3.1).
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Table 3.6 The Impact of Local and State-Level Factors in the Growth of New
Prison Commitments on Felony Drug Charges: A Simulation

Prison Implied Percent of 
Indictment Convicted or Sentence or Prison 1984–1994 

Arrests or Arrest Indictment Conviction Commitments Change

1984 1984 1984 1984 2279.0 0
1994 1984 1984 1984 5416.5 32.3
1994 1994 1984 1984 8249.0 61.5
1994 1994 1994 1984 10163.5 81.2
1994 1994 1994 1994 11991.0 100.0

Note: The figure in each column indicates the year of the parameter estimate. For example,
the estimates in the first row all come from 1984 and yield the actual level of new drug
felony commitments. “Implied Commitments” equals the simulated flow of new commit-
ments based on the parameter estimates for the row. The “% of change” column measures
the cumulative contribution of the varying parameter estimates and is simply the ratio of
the change in the implied commitments relative to the original level to the change in actual
commitments over the decade.



CONCLUSION

This chapter has presented evidence that placement in a higher-security
prison increases psychological criminality among those inmates with
minimal criminal history—those less likely to have been arrested or con-
victed in the past. Among this group, being placed in a higher-security
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Figure 5.1 Discontinuity in Criminal Cognitions, with SubGroup Loess Fit

Source: Author’s calculations.
Note: Sample includes only those in the lowest three deciles of the Criminal His-
tory Scale.
Inmates placed with an administrative determinant are excluded.
N = 1,207
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Table 5.1 Individual Demographics Above and Below Classification Cutoff Points

Low Criminal History Total Sample

Below Above T/KS Below Above T/KS 
Cutoff Cutoff p-val Cutoff Cutoff p-val

Mean age (years) 24.18 22.95 .01 25.93 25.28 .00
Mean education (years) 10.6 10.84 .70 10.70 10.69 .76
Current charge (%)

Homicide 0.0 1.4 .16 0.3 0.7 .16
Sex offense 0.7 1.4 .60 0.0 1.2 .05
Assault 21.6 17.4 .48 15.7 15.3 .32
Robbery 16.4 9.0 .06 9.0 7.5 .41
Property 29.9 29.2 .85 36.2 36.8 .84
Domestic violence 5.2 2.8 .27 5.9 5.8 .45
Drugs 10.4 14.6 .15 12.9 11.4 .86
Weapons 28.4 32.6 .63 18.5 25.2 .03

Number current charges 
or offenses 1.60 1.40 .06 1.79 1.59 .00

Violence of charge (decile) 5.15 4.66 .45 4.07 4.37 .38
Term (years) 5.17 5.18 .55 4.98 5.28 .07
Number previous arrests 2.60 2.65 .64 3.55 3.40 .11
Number previous 
convictions 1.34 1.50 .10 2.90 2.67 .07

Criminal history (decile) 
History of noncom-
pliance 3.65 3.75 .41 6.19 5.70 .16

History of violence 4.66 4.83 .43 6.31 5.87 .02
History of family 
criminality 3.74 4.23 .25 4.21 4.40 .35

Early socialization 
failure 4.83 6.28 .00 6.02 6.53 .05

History of substance 
abuse 3.23 3.89 .20 4.05 4.17 .86

History of poverty 4.50 5.01 .45 5.10 5.14 .30
History of educational 
failure 6.07 6.67 .24 6.43 6.63 .33

Source: Author’s compilation.
Note: Data are for all offenders in the COMPAS database with an 839 placement score less
than 2 points from the cutoff for classification: 26 or 27 below the classification cutoff and
28 or 29 above the classification cutoff. 
Individuals placed through administrative determinants or classified prior to 2003 are omitted.
Total Sample: N = 1264 (677 below the cutoff and 587 above)
Low Criminal History: N = 278 (134 below the cutoff and 144 above)
T test p-values are given for Current Charge categories. All other p-values are for boot-
strapped Kolmogorov-Smirnov tests, Nboots = 1000.
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Table 5.2 Individual Items in the Criminal Personality Scale

Standard Factor
Question Wording Mean Deviation Factor Description

1. I have gotten involved in things 2.63 1.11 2 Trouble-maker
I later wished I could have 
gotten out of.

2. I get into trouble because I do 2.32 1.05 2 Trouble-maker
things without thinking.

3. I am often restless and bored. 2.60 1.16 2 Trouble-maker;
[4] Socially Isolated

4. I am seen by others as cold  and 2.13 .98 1 Anger/Violence;
unfeeling. 4 Socially Isolated

5. I feel bad if I break a promise I 1.87 .82 [1] Anger/Violence;
have  made to someone. 2 Trouble-maker

6. The trouble with getting close to 2.61 1.07 4 Socially Isolated
people is that they start making 
demands on you.

7. To get ahead in life you must 3.04 1.23 4 Socially Isolated
always put yourself first.

8. I have the ability to “sweet talk” 2.67 1.09 3 Manipulative
people to get what I want.

9. I’m really good at talking my 2.74 1.09 3 Manipulative
way out of things.

10. If people make me angry or I 2.22 1.03 1 Anger/Violence
lose my temper, I can be 
dangerous. 

11. Some people see me as a violent 2.11 1.02 1 Anger/Violence
person. 

12. I almost never lose my temper. 2.88 1.15 1 Anger/Violence 
13. I have a short temper and can 

get angry quickly. 2.38 1.11 1 Anger/Violence 

Scale 
(Possible Criminal Personality 
Scale Range 13–65) 32.21 6.74 — —

Source: Author’s calculations.
Data are for all completed offender assessments in the COMPAS database through October
2006. 
N = 16,045
Note: A variable is considered part of a particular dimension if it loads greater than 0.40. A
factor is in brackets if the loading for that variable is higher than 0.30 but lower than 0.40. 
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Table 5.3 Individual Items in the Criminal Cognitions Scale

Standard Factor
Question Wording Mean Deviation Factor Description

1. A hungry person has a right 2.12 0.934 1 Justifies Harm to Others
to steal. [2] Justifies Law Breaking

2. The law doesn’t help average 2.38 1.03 2 Justifies Law Breaking
people.

3. When people get into trouble 2.15 0.99 2 Justifies Law Breaking
with the law it’s because they 
have no chance to get a decent job.

4. Some people get into trouble or 2.37 1.08 2 Justifies Law Breaking
use drugs because society has 
given them no education, jobs, 
or future.

5. Some people just don’t deserve 1.77 0.08 1 Justifies Law Breaking
any respect and should be treated 
like animals.

6. Some people must be treated 1.96 0.87 1 Justifies Harm to Others
roughly or beaten up just to send 
them a clear message.

7. If someone insults my friends, 2.67 1.09 1 Justifies Harm to Others
family, or group they are asking 
for trouble.

8. I won’t hesitate to hit or threaten 2.32 1.06 1 Justifies Harm to Others
people if they have done some-
thing to hurt my friends or family.

9. When people do minor offenses 2.51 1.22 2 Justifies Law Breaking
or use drugs they don’t hurt any
one except themselves.

10. When things are stolen from rich 1.97 0.85 1 Justifies Harm to Others
people they won’t miss the stuff 2 Justifies Law Breaking
because insurance will cover 
the loss.

Criminal Cognitions Scale (Possible 
Range 10–50) 22.23 5.92 — —

Source: Author’s compilation.
Data are for all completed offender assessments in the COMPAS database through October
2006. 
N = 16,043
Note: A variable is considered part of a particular dimension if it loads greater than 0.40. A
factor is in brackets if the loading for that variable is higher than 0.30 but lower than 0.40. 



at the eighth decile. The same disparity can be observed in criminal person-
ality decile scores. Compared to a median decile score of 4.5 for those with
classification scores below the cutoff, those with classification scores above
the cutoff have a median decile score of 6. The mean criminal personality
decile score is 5.07 below the cutoff and 5.81 above (F = 4.252, p = 0.040).

These between-group differences appear to be driven primarily by dif-
ferences in dimensions of criminal attitudes related to anger and violence.
The Criminal Cognition Scale is composed of two distinct dimensions: one
identifying justifications for doing harm to others, and the other identify-
ing justifications for breaking the law. There is no significant difference be-
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Table 5.4 Criminal-Thinking Scale Scores for Offenders Just Above 
and Below Classification Cutoff, by Extensiveness of
Criminal History 

Above and Below the Cutoff for 
Placement in Level II/Level III Custody

Mean Mean
Below Above Difference F

Criminal cognitions
Low criminal involvement 22.9 24.7 1.8 6.487

(deciles 1 to 3) (p = 0.011)
Medium criminal involvement 23.5 23.5 0 .000
(deciles 4 to 7)

High Criminal Involvement 23.7 23.4 –0.3 .101
(deciles 8 to 10)

Total (All deciles) 23.4 23.8 0.4 1.227

Criminal personality
Low criminal involvement 31.7 34.03 2.33 7.059

(deciles 1 to 3) (p = 0.008)
Medium criminal involvement 34.0 33.3 –0.7 0.922

(deciles 4 to 7)
High criminal involvement 34.1 33.2 –0.9 0.837

(deciles 8 to 10)

Total (All deciles) 33.4 33.5 0.1 0.089

Source: Author’s calculations.
Note: Sample includes those with a classification score of 26 or 27 (below the cut-
off), and 28 and 29 (above the cutoff). Those placed with an administrative deter-
minant are excluded. Low criminal involvement N = 278 (134 cases below cutoff
and 144 above); Medium criminal involvement N = 375 (206 cases below cutoff
and 169 above); High criminal involvement N = 229 (122 cases below cutoff and
107 above).



sentative longitudinal data sets with information on both children and their
parents that are large enough to have reasonable sized subsets of children
with parents with a criminal history—the PSID is a rare exception. 

For the PSID original sample of males born between 1951 and 1975, I
first document, among their offspring (born sometime over the subse-
quent period from 1968 to 2005), the proportion that had a father with an
incarceration history. Among the 1951 to 1975 birth cohort who became
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Table 6.1 Cumulative Risk of Criminal History, Incarceration, or Death
by Age Thirty-Five to Forty, by Race and Education

High High
School School All Some

All Dropout Grad/GED Noncollege College+

Cumulative risk of 
death or incarcer-
ation (%)
Black men 30.25 65.71 27.98 39.89 10.44
White men 11.60 42.19 11.58 18.89 4.37

Cumulative risk of 
incarceration
Black men 25.28 50.81 26.38 33.69 8.65
White men 8.57 29.03 9.53 13.97 3.34

Cumulative risk of 
criminal history**
Black men 34.44 55.27 31.20 38.39 25.01
White men 18.15 41.77 20.64 25.42 11.35

Cumulative risk of 
deviant behavior***
Black men 47.61 62.96 45.90 50.84 39.33
White men 24.13 53.31 27.29 33.08 15.91

Source: The sample consists of original-sample PSID males born between 1951 and
1975 who answered the criminal-history questions in the 1995 wave of the survey
or were positively identified as incarcerated in any wave of the survey between
1968 and 2005. (blacks N = 1,207; whites N = 1,612). Incarceration includes indi-
viduals sentenced to jail or prison sometime during adulthood. All descriptive
statistics are sample weighted to account for the oversampling of blacks and low-
income families, to generate nationally representative estimates.
** “Criminal history” is defined as ever having been charged with a crime or in-
carcerated for a crime.
*** “History of deviant behavior” is defined as ever having been charged with a
crime, incarcerated for a crime, or suspended or expelled from school.
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Table 6.2 Children with Paternal Criminal History, Incarceration, or
Death, by Race and Fathers’ Education

High
High School All

School Grad/ Non- Some
All Dropout GED college College+

Cumulative risk of 
paternal death or 
incarceration (%)
Black children 20.74 34.82 22.22 25.59 10.72
White children 10.71 23.69 12.77 15.38 5.35

Cumulative risk of 
paternal incarceration
Black children 18.66 32.20 19.51 22.91 9.89
White children 10.10 23.06 11.57 14.33 5.26

Cumulative risk of 
paternal criminal 
history**
Black children 23.21 36.25 23.51 26.93 15.53
White children 16.67 30.51 19.10 21.84 10.74

Cumulative risk of 
paternal deviant 
behavior***
Black children 38.41 46.15 43.54 44.24 26.35
White children 25.69 50.76 28.72 34.01 16.15

Source: The sample consists of the next-generation children whose fathers were
original-sample PSID members born between 1951 and 1975, lived with them in at
least one year between 1968 and 2005, and who answered the criminal-history
questions in the 1995 wave of the survey or were positively identified as incarcer-
ated in any wave of the survey between 1968 and 2005. (black children N = 1,708;
white children N = 2,626). All descriptive statistics are sample weighted to ac-
count for the oversampling of blacks and low-income families, to generate nation-
ally representative estimates.
** “Criminal history” is defined as ever having been charged with a crime or in-
carcerated for a crime.
*** “History of deviant behavior” is defined as ever having been charged with a
crime, incarcerated for a crime, or suspended or expelled from school.



estly declines in the first several years following the father’s release. Sim-
ilarly, we see family income decline by an average of $8,726 (from $38,960
to $30,234) in the years during the incarceration spell (relative to the year
prior to the incarceration spell), and the child’s family income does not re-
sume or regain its preincarceration level in the years following the fa-
thers’ release. The lack of data on fathers with an incarceration history
who never lived with the child at anytime during childhood likely leads
these estimates to be upwardly biased.

EMPIRICAL APPROACH

I examine the effects of parental incarceration on children’s educational and
behavioral outcomes using PSID-CDS, allowing for differential impacts for
incarceration of the father and the mother. These data include a rich set of
variables related to both the mother and the child, including parental crim-
inal history and a set of standardized child cognitive assessments. 

The dependent variables capture aspects of children’s emotional well-
being with three measures of child behavior: behavior problems index,
externalizing behavior problems, and internalizing behavior problems.
Each of these scales relies on maternal reports of children’s behavior. In

Table 6.3 Child Family Income Immediately Before, During, and After
Father’s Prison Release

Child family income (1997 dollar)
Year before father’s incarceration $38,960
Average during incarceration $30,234
Year after release $33,100

Difference*** (during—before) –$8,726

Income-to-needs ratio
Year before father’s incarceration 2.41
Average during incarceration 2.08
Year after release 2.43

Difference* (during—before) –0.33

In poverty (%)
Year before father’s incarceration 22.34
Average during incarceration 30.87
Year after release 24.40

Difference*** (during—before) 8.53***

Source: The sample consists of children born between 1985 and 2000 (from the
PSID-CDS). Results use sample weights to generate nationally representative esti-
mates.
***p < .01; **p < .05; *p < .10



Table 6.4 Children’s Outcomes Classified by Parents’ Most Severe Deviant Behavior Offense 

Father’s Most Severe Offense Mother’s Most Severe Offense

No Family 
History of
Deviant Criminal Criminal

Child Outcome Behavior Incarceration History Expelled Incarceration History Expelled

BPI—Total Score 7.7087 10.0641 9.7221 9.4128 11.2655 10.5723 9.7247
BPI—Internalizing 2.8595 3.3683 3.3756 3.4490 4.2251 3.9445 3.4002
BPI—Externalizing 4.9828 6.9143 6.5391 6.1467 7.3797 6.9755 6.5590
Expelled or 
Suspended (%) 4.19 22.83 6.87 7.31 14.33 9.29 22.96

Source: The sample consists of all CDS children who were interviewed in 1997 or 2002 and 2003. Family members include all de-
scendent PSID extended family members; using PSID incarceration-history info through 2005. All descriptive statistics are sample
weighted to account for the oversampling of blacks and low-income families, to generate nationally representative estimates.



Table 6.5 Other Characteristics of Childhood Families Classified by Parents’ Most Severe Deviant Behavior Offense 

Father’s Most Severe Offense Mother’s Most Severe Offense

No Family 
History of 
Deviant Criminal Criminal
Behavior Incarceration History Expelled Incarceration History Expelled

Family background
Family income (1997 
dollar) $75,406 $52,500 $74,237 $48,571 $58,389 $58,021 $53,976

Income-to-needs ratio 4.55 3.19 4.45 2.96 3.76 3.96 3.26
In poverty (%) 4.98 19.33 5.83 10.77 11.10 7.12 8.31

Mother’s background
Currently married 86.52 68.56 89.87 82.54 71.82 72.11 75.83
Mother’s education

(if mother is present) 14.01 13.02 13.66 12.65 13.78 12.78 12.69
Father’s education

(if father is present) 14.09 12.51 13.32 12.51 13.77 13.55 12.67
Religious

Very 23.95 8.55 7.14 23.02 50.82 0.85 1.44
Moderately 26.69 20.79 35.94 14.71 8.60 18.11 38.77
Not at all 49.36 54.10 40.54 51.33 27.21 55.94 45.19

Family member with 
alcohol problem 8.96 16.56 16.38 10.94 13.37 25.10 14.60



Table 6.5 (Continued)

Father’s Most Severe Offense Mother’s Most Severe Offense

No Family 
History of 
Deviant Criminal Criminal
Behavior Incarceration History Expelled Incarceration History Expelled

Neighborhood characteristics
Neighborhood quality 
(self-rated)

Excellent 43.49 22.46 40.41 40.58 58.29 37.1 29.42
Very good 36.44 45.10 33.41 38.80 16.82 42.79 34.50
Good 14.38 22.85 19.32 13.50 23.52 10.82 20.40
Fair 4.12 8.20 6.80 6.22 0.95 6.56 8.48
Poor 1.57 1.39 0.06 0.90 0.42 2.73 7.20

Neighbor policing of drugs
Very high 33.17 33.99 27.94 29.69 22.68 28.65 22.57
High 8.38 10.95 14.24 10.10 0.42 8.17 9.81
Moderate 13.95 13.39 19.70 13.82 24.64 14.83 8.91
Low 44.50 41.67 38.12 46.39 52.26 48.35 58.71

Source: The sample consists of all CDS children who were born between 1985 and 2000, and who were interviewed in 1997 or 2002
and 2003. Family members include all descendent PSID extended family members; using PSID incarceration history info through
2005. All descriptive statistics are sample weighted to account for the oversampling of blacks and low-income families, to gener-
ate nationally representative estimates.



Table 6.6 Intergenerational Relationship of Parental Deviant-Behavior History on
Child Behavior Problems

Dependent Variable

Probability
(Expelled)

BPI: BPI: BPI: Marginal
Total Internal- External- Effects
Score izing izing (Probit)

(1) (2) (3) (4)

Father’s most severe offense
(reference category: none)
Expelled from school 0.6865* 0.2289+ 0.4477* –0.0035

(0.3819) (0.1747) (0.2590) (0.0168)
Criminal history 1.4157** 0.3753+ 1.0788*** 0.0355

(0.5705) (0.2603) (0.3775) (0.0293)
Incarceration history 1.0782** 0.3930* 0.7094** 0.0804***

(0.4215) (0.2022) (0.2764) (0.0257)
Mother’s most severe offense
(reference category: none)
Expelled from school 0.5340+ 0.2063 0.3559+ 0.0556***

(0.3657) (0.1716) (0.2344) (0.0171)
Criminal history 1.8190** 0.7572* 1.2141** 0.0441

(0.9069) (0.4383) (0.5750) (0.0392)
Incarceration history 1.9130** 0.8193** 1.2157** 0.0429+

(0.7890) (0.3902) (0.4841) (0.0311)
Other family members’ most 
severe offense
(reference category: none)
Expelled from school –0.2912 –0.1347 –0.1824 0.0024

(0.3544) (0.1710) (0.2295) (0.0142)
Criminal history –0.1528 –0.1524 –0.0230 0.0549+

(0.5959) (0.2680) (0.4256) (0.0337)
Incarceration history 0.1736 0.1254 0.0336 0.0043

(0.2825) (0.1327) (0.1840) (0.0104)
Neighborhood quality (self-rated)
(reference category: excellent)
Very good 0.6077*** 0.1856* 0.4510*** 0.0067

(0.2325) (0.1123) (0.1516) (0.0112)
Good 1.2953*** 0.4868*** 0.8433*** 0.0202+

(0.2695) (0.1286) (0.1754) (0.0128)
Fair 1.8134*** 0.6238*** 1.2485*** 0.0176

(0.3394) (0.1676) (0.2171) (0.0140)
Poor 2.1535*** 0.8429*** 1.4180*** 0.0267

(0.6044) (0.2885) (0.3923) (0.0245)



Table 6.6 (Continued)

Dependent Variable

Probability
(Expelled)

BPI: BPI: BPI: Marginal
Total Internal- External- Effects
Score izing izing (Probit)

(1) (2) (3) (4)

Neighbor policing for drugs
(reference category: very likely)
Likely 0.4301+ 0.2906** 0.1191 –0.0110

(0.3017) (0.1450) (0.1963) (0.0125)
Unlikely 0.0593 0.0572 0.0180 –0.0144+

(0.3039) (0.1482) (0.1974) (0.0111)
Very unlikely 0.1897 0.0923 0.0960 –0.0104

(0.2387) (0.1162) (0.1550) (0.0105)
Parental background factors

Family member with 1.6100*** 0.7448*** 0.9120*** 0.0239+
alcohol problem (0.3511) (0.1751) (0.2256) (0.0152)

Religiosity
(reference category: very)
Somewhat 0.3299 0.1994+ 0.1223 0.0090

(0.2698) (0.1300) (0.1793) (0.0140)
Not at all 0.5145** 0.2205* 0.2742* 0.0027

(0.2347) (0.1150) (0.1526) (0.0111)
Mother’s education –0.1788*** –0.0614** –0.1233*** –0.0064***

(0.0583) (0.0271) (0.0387) (0.0023)
Father’s education (if present) –0.1311** –0.0391+ –0.0953** –0.0018

(0.0598) (0.0275) (0.0402) (0.0024)
Mother married –1.0474*** –0.4349*** –0.6480*** –0.0232**

(0.2263) (0.1090) (0.1474) (0.0090)
Male 0.8805*** 0.1014 0.8023*** 0.0639***

(0.1875) (0.0885) (0.1225) (0.0078)
Child age 0.0386+ 0.0829*** –0.0451*** 0.0180***

(0.0248) (0.0118) (0.0164) (0.0012)
Black (reference –1.4361*** –0.7982*** –0.7018*** 0.1072***
category: white) (0.2372) (0.1130) (0.1547) (0.0119)

Constant 11.0090*** 3.0873*** 8.2235***
(0.9581) (0.4400) (0.6364)

Child-year observations 5542 5542 5542 4766

Source: Author’s calculations.
Note: Robust standard errors in parentheses
***p < 0.01, **p < 0.05, *p < 0.10, +p < 0.20.
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Table 6.7 OLS Estimates of Impact of Parental Incarceration on Child 
Behavior Problems

Dependent Variable

BPI: 
Total BPI: BPI: 
Score Internalizing Externalizing

(1) (2) (3)

Parental incarceration prior 0.4201 0.0837 0.3630
to birth (0.5179) (0.2463) (0.3365)

Parental incarceration sometime 2.3433*** 1.0604*** 1.3864***
during childhood (0.6229) (0.3093) (0.3887)

Neighborhood quality (self-rated)
(reference category: excellent)
Very good 0.5786** 0.1781+ 0.4259***

(0.2314) (0.1115) (0.1512)
Good 1.2369*** 0.4627*** 0.8049***

(0.2695) (0.1286) (0.1756)
Fair 1.8097*** 0.6160*** 1.2510***

(0.3373) (0.1668) (0.2159)
Poor 2.1817*** 0.8505*** 1.4409***

(0.6123) (0.2922) (0.3963)
Neighbor policing for drugs
(reference category: very likely)
Likely 0.4619+ 0.3073** 0.1350

(0.3019) (0.1448) (0.1968)
Unlikely 0.1446 0.0916 0.0730

(0.3036) (0.1479) (0.1975)
Very unlikely 0.2466 0.1189 0.1279

(0.2401) (0.1164) (0.1561)
Parental background factors

Family member with alcohol 1.7205*** 0.7910*** 0.9809***
problem (0.3525) (0.1752) (0.2266)

Religiosity
(reference category: very)
Somewhat 0.2667 0.1673 0.0880

(0.2714) (0.1306) (0.1804)
Not at all 0.4830** 0.2048* 0.2554*

(0.2360) (0.1150) (0.1537)



The OLS results shown in the first column of table 6.8 reveal precisely
this pattern. The results indicate that parental incarceration is associated
with significantly greater behavioral problems at all stages of childhood,
with the largest impacts found when incarceration exposure occurs dur-
ing the adolescent and early-childhood years.

These results show that a child with a parent who is incarcerated dur-
ing their childhood years exhibits significantly more behavioral prob-
lems. This result holds when we control for a wide range of observable
family- and neighborhood-background characteristics, and it is not pres-
ent when the incarceration exposure only occurred prior to the child’s
birth and not during their childhood years.
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Table 6.7 (Continued)

Dependent Variable

BPI: 
Total BPI: BPI: 
Score Internalizing Externalizing

(1) (2) (3)

Mother’s education –0.2083*** –0.0734*** –0.1422***
(0.0578) (0.0269) (0.0385)

Father’s education (if present) –0.1370** –0.0404+ –0.0988**
(0.0594) (0.0274) (0.0397)

Mother married –1.3012*** –0.5093*** –0.8417***
(0.2174) (0.1054) (0.1405)

Male 0.8832*** 0.1010 0.8049***
(0.1881) (0.0886) (0.1229)

Child age 0.0286 0.0788*** –0.0511***
(0.0249) (0.0118) (0.0165)

Black (reference –1.4489*** –0.8107*** –0.7006***
category: white) (0.2330) (0.1105) (0.1524)

Constant 12.0184*** 3.4504*** 8.8909***
(0.9166) (0.4230) (0.6088)

Child-year observations 5542 5542 5542

Source: Author’s calculations.
Note: Robust standard errors in parentheses
***p < 0.01, **p < 0.05, *p < 0.10, +p < 0.20
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Table 6.8 Impacts of Parental Incarceration by Childhood Life Stage on Child
Behavior Problems

Dependent Variable

BPI: 
Total BPI: BPI: 
Score Internalizing Externalizing

(1) (2) (3)

Parental incarceration exposure
Parental incarceration prior 0.4128 0.0467 0.3929
to birth (0.5217) (0.2475) (0.3384)

Parental incarceration between 2.0423** 0.9604** 1.1650**
Age 0 and 5 (0.8782) (0.4503) (0.5396)

Parental incarceration between 1.1947+ 0.5774+ 0.6896
Age 6 and 10 (0.8846) (0.4252) (0.5592)

Parental incarceration between 3.9885*** 1.5753** 2.5866***
Age 11 and 16 (1.4554) (0.7334) (0.9484)

Neighborhood quality (self-rated)
(reference category: excellent)
Very good 0.5771** 0.1817+ 0.4203***

(0.2313) (0.1111) (0.1511)
Good 1.2560*** 0.4904*** 0.7963***

(0.2692) (0.1283) (0.1754)
Fair 1.8186*** 0.6286*** 1.2470***

(0.3367) (0.1664) (0.2154)
Poor 2.2003*** 0.8683*** 1.4421***

(0.6105) (0.2915) (0.3954)
Neighbor policing for drugs
(reference category: very likely)
Likely 0.4719+ 0.3139** 0.1390

(0.3016) (0.1439) (0.1965)
Unlikely 0.1574 0.0948 0.0831

(0.3031) (0.1473) (0.1975)
Very unlikely 0.2324 0.1006 0.1319

(0.2390) (0.1152) (0.1558)
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Table 6.8 (Continued)

Dependent Variable

BPI: 
Total BPI: BPI: 
Score Internalizing Externalizing

(1) (2) (3)

Parental background factors
Family member with alcohol 1.7194*** 0.8011*** 0.9690***
problem (0.3515) (0.1741) (0.2256)

Religiosity (reference 
category: very)

Somewhat 0.2899 0.1753+ 0.1041
(0.2700) (0.1294) (0.1797)

Not at all 0.5102** 0.2150* 0.2739*
(0.2354) (0.1139) (0.1538)

Mother’s education –0.2092*** –0.0724*** –0.1442***
(0.0577) (0.0268) (0.0384)

Father’s education (if present) –0.1325** –0.0385+ –0.0959**
(0.0593) (0.0273) (0.0396)

Mother married –1.2921*** –0.5099*** –0.8311***
(0.2170) (0.1050) (0.1403)

Male 0.8911*** 0.1128 0.8008***
(0.1884) (0.0886) (0.1233)

Child age 0.0784 0.1082*** –0.0315
(0.0667) (0.0327) (0.0430)

Black (reference category: white) –1.4283*** –0.8042*** –0.6861***
(0.2324) (0.1102) (0.1521)

Constant 10.7154*** 2.5439*** 8.4921***
(1.4620) (0.7035) (0.9497)

Child-year observations 5,542 5,542 5,542

Source: Author’s calculations.
Note: Robust standard errors in parentheses.
***p < 0.01, **p < 0.05, *p < 0.10, + p< 0.20.
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Midwest. The differences in the 2000 incarceration rates of these states is
quite dramatic: the eight states with the highest rates have an average in-
carceration rate that is more than four times the average incarceration rate
of the eight states with the lowest rates in 2000. As also indicated in figure
7.2, the states with the highest incarceration rates in 2000 also tend to
have had the highest rates of growth in incarceration rates between 1978
and 2000. Delaware, Mississippi, Louisiana, Texas, Oklahoma, Arkansas,
and Alabama are in the top eight states in terms of incarceration rate
growth. Maine, Minnesota, Massachusetts, North Dakota, and Nebraska
are among the states with the slowest incarceration rate growth.

In figure 7.3, the level of spending in 2000 is presented on the x-axis,
while the growth rate in state and local spending per capita is presented
on the y-axis. Compared to the distributions of the states in figure 7.2, the
picture in figure 7.3 is not as clear. A number of northern states (New
York, Oregon, and California) are among the highest spending states on a
per capita basis, but so are a number of southern states (Arkansas and
Florida). Although a number of southern states are at the bottom of the
per capita spending distribution (Alabama, Tennessee, and Mississippi),
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so are a number of northern states (North Dakota, Minnesota, New
Hampshire, and Iowa). Moreover, the association between the level of
spending in 2000 and the growth rate of spending between 1978 and 2000
is not as strong as the association between the level of incarceration in
2000 and the growth rate of incarceration between 1978 and 2000.2

Because states vary in the total size of their budgets, they also vary in
the percentage of their budgets devoted to corrections. Figure 7.4 presents
the distribution of the states in terms of the percentage of their budgets
devoted to corrections spending in 2000 (on the x-axis); the growth in the
distribution of their budgets devoted to corrections spending between
1978 and 2000 is presented on the y-axis.

Again, a mixed picture emerges. In general, the states with lower incar-
ceration rates spend a lower percentage of their budgets on corrections
(North Dakota, Minnesota, Vermont, Massachusetts, Maine, and New
Hampshire). However, there are some interesting exceptions. Several
southern states with high incarceration rates (Alabama, Tennessee, South
Carolina, and North Carolina) are also at the lower end of the distribution. 
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This wide variation across the states leads to several questions: Why
do some states spend more on their corrections systems than others? Is
it simply a question of the size of their prison populations? Holding in-
carceration rates constant, do some states spend more on their correc-
tion systems? Do some states run more efficient systems than do oth-
ers? Is the cost of doing business in some states simply higher than in
others? 

DATA AND METHODS

In this chapter we employ a series of multivariate cross-section time-series
regressions to analyze how a range of state-level factors are associated
with spending on corrections. We also examine whether increased spend-
ing on corrections has affected spending in other areas. We seek to ex-
plain the variation in two types of variables: the level of spending in a
given year, and the growth in spending over time measured as the change
in spending from the previous year. Unless noted, our data is measured
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Table 7.1 Variables Used in OLS Multiple Regressions to Explain the Level and Growth of State Expenditures

Variable Name Definition Unit Year Data Source

Dependent variables
Total per capita real Total per capita real spending (2002 dollars) $1 1970–2002 PPIC 2006

spending
Corrections per capita real Corrections per capita real spending $1 1948–1998 PPIC 2006
spending (2002 dollars)

Total noncorrections per Total per capita real spending (2002 dollars)— $1 1970–2002 PPIC 2006
capita real spending Corrections per capita real spending 

(2002 dollars)

(1) Socioeconomic
Personal income Personal income $1 1950–2000 Besley and Case 2003
State CPI State CPI index 1948–1998 Berry et al, 2000
Kids % of population under 18 Percentage(%) 1950–2000 Besley and Case 2003
Aged % of population over 64 Percentage(%) 1950–2000 Besley and Case 2003
Black % of population black Percentage(%) 1977–2000 Census
Metro % of population in metropolitan areas Percentage(%) 1977–2000 Census
Unemployment rate Unemployment rate Percentage(%) 1950–2000 Besley and Case 2003

(continued on page 219)



Table 7.1 (Continued)

Variable Name Definition Unit Year Data Source

(2) Institutions
Government ideology Government ideology (liberal) index 1–100 1948–1998 Besley and Case 2003
Citizen ideology Citizen ideology (liberal) index 1–100 1948–1998 Besley and Case 2003
Divided government Divided government (1 if yes) Dummy (1,0) 1950–2000 Besley and Case 2003
Tax/expenditure limit Tax/expenditure limit (1 if yes) Dummy (1,0) 1950–2000 Besley and Case 2003
Supermajority Supermajority required for tax increases Dummy (1,0) 1950–2000 Besley and Case 2003

(1 if yes)
Direct initiative Existence of direct initiative (1 if yes) Dummy (1,0) 1950–2000 Besley and Case 2003
Term limit Term limit (1 if yes) Dummy (1,0) 1950–2000 Besley and Case 2003

(3) Budgetary practices
Funding targets Funding targets (1 if yes) Dummy (1,0) 1988–2000 Alderete 2007
Legislative access Legislative access (1 if yes) Dummy (1,0) 1988–2000 Alderete 2007
Performance measurement Performance measurement in at least one Dummy (1,0) 1988–2000 Alderete 2007

government area (1 if yes)
Performance management Performance management in at least one Dummy (1,0) 1988–2000 Alderete 2007

government area (1 if yes)
Performance budget Performance budgeting in at least one Dummy (1,0) 1988–2000 Alderete 2007

government area (1 if yes)
Midsession revision Mid-session revision (1 if yes) Dummy (1,0) 19882000 Alderete 2007

(4) Crime
Incarceration rate Incarceration rate Percentage(%) 19772004 BJS
Crime rate (violent) Violent crime rate Percentage(%) 19692002 FBI
Crime rate (property) Property crime rate Percentage(%) 19692002 FBI



Table 7.2 Descriptive Statistics of Dependent and Independent Variables

Within-State
Standard Standard

Variable Mean Deviation Deviation

Dependent variables
Δ Per capita corrections spending 4.637 12.114 12.033
Δ Per capita elementary and secondary 

ed spending 17.580 54.888 54.440
Δ Per capita higher education spending 0.522 7.145 7.120
Δ Per capita welfare spending 2.777 27.070 26.864
Δ Per capita health spending 27.508 56.443 55.557
Δ Per capita transportation spending 4.164 49.277 49.083
Δ Percent spending on elementary and 

secondary ed –0.111 0.889 0.883
Δ Percent spending on higher education –0.019 0.514 0.511
Δ Percent spending on welfare –0.038 0.461 0.457
Δ Percent spending on health –0.229 0.900 0.891
Δ Percent spending on transportation –0.091 0.823 0.819

Independent variables
Δ Percent spending on corrections 0.049 0.201 0.200

Democratic governor 0.530 0.499 0.446
Δ Percent legislature democratic –0.006 0.039 0.039
Δ Interparty competition –1.063 7.896 7.865
Δ Unemployment rate –0.005 1.039 1.038
Δ Poverty rate 0.000 0.018 0.018
Δ Proportion Africa American 

population 0.001 0.011 0.011
Δ Gross income per thousand 0.895 0.424 0.400
Δ Revenue-to-debt ratio (logged) –0.019 0.180 0.177
Δ Violent crimes per ten thousand 0.196 4.093 4.069
Δ Property crimes per ten thousand –2.828 26.916 26.578
Δ Population 0 to 17 –0.190 0.341 0.336
Δ Population 18 to 24 –0.141 0.251 0.250
Δ Population 25 to 44 0.052 0.507 0.504
Δ Population 45 to 64 0.197 0.364 0.358
Δ School enrollments 0.003 0.380 0.358

Source: Authors’ compilation.



Table 7.3 OLS Regressions of Different Levels of State Spending, 1977 to 1998

Total Corrections Noncorrections
Spending Spending Spending

Independent variables—socioeconomic
State income 0.001* 0.000* 0.001*

(0.000) (0.000) (0.000)
State CPI 6.553.087** 105.58 6,448.030**

(1,191.449) (101.309) (1,153,694)
Children (% under 18) –26.185 –0.989 –25.195

(16.997) (0.921) (16.680)
Aged (% over 64) –15.751 –1.329 –14.422

(31.918) (2.477) (30.436)
Black (%) 62.688 9.817* 52.871

(99.210) (4.281) (95.856)
Metropolitan (%) 2.788 0.202 2.586

(11.771) (0.927) (11.226)
Unemployment rate 49.220** 0.691 48.529**

(9.976) (0.852) (10.196)

Independent variables—institutions
Government ideology 0.729 –0.095 0.824

(0.929) (0.073) (0.909)
Citizen ideology –1.823 0.190 –2.013

(2.948) (0.222) (2.865)
Divided government –38.482 2.017 –40.498

(46.323) (4.667) (44.077)
Tax expenditure limit 2.925 5.418 –2.493

(79.285) (5.316) (76.914)
Supermajority required –170.221 0.077 –170.298
for tax increase (137.694) (9.872) (129.741)
Direct initiative 252.756** –21.216** 273.973**

(85.910) (8.401) (100.718)
Term limits –297.575*** –7.861 –289.714***

(100.508) (8.401) (100.718)

Independent variables—measures 
of crime
Incarceration rate –0.174 0.118** –0.292

(0.272) (0.027) (0.270)
Crime rate (violent) –566.273* 50.819^ –617.092*

(269.808) (27.630) (258.548)
Crime rate (property) 135.570** –0.658 136.228**

(39.450) (4.015) (36.785)

Constant –248.478 –26.088 –222.390
(1,287.719) (130.458) (1,242,028)

Observations 1101 1101 1101
R–squared 0.97 0.94 0.97

Source: Authors’ compilation.
Note: Robust, clustered socioeconomics are shown under coefficients. All models control
for state and year fixed effects and are weighted by state population.
^p < 0.1; *p < 0.5; **p < 0.01.



and performance measurement are associated with statistically signifi-
cant lower levels of total state corrections spending. The other budgetary
procedures—legislative access, performance management, and midses-
sion revision—are not statistically associated with levels of state correc-
tions spending.

From the regression coefficients in table 7.6, it appears that the adop-
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Table 7.4 The Number of States Following Each Budget Practice, 
1988 and 2002

1988 2002

Funding targets 22 34 
Legislative access to requests 42 30 
Performance measurement 8 38 
Performance management 8 19 
Performance budgeting 8 19 
Midsession revisions 19 14 

Source: Alderete 2007, viii.

Table 7.5 OLS Regression Coefficients for the Presence of Budgetary
Practices on the Level of State Spending, 1988 to 2002

Total Corrections Noncorrections
Spending Spending Spending

Funding targets –51.225^ –12.225** –38.999
(29.742) (4.096) (28.999)

Legislative access –36.348 1.352 –37.700
(57.372) (3.536) (56.711)

Performance measurement –47.149 –7.776* –39.373
(36.284) (3.361) (35.592)

Performance management 12.830 5.244 7.585
(38.271) (3.728) (39.121)

Performance budget –28.291 4.451 –32.743
(0.860)) (0.071) (0.832)

Midsession revision –93.190* –2.335 –90.854^
(45.522) (5.506) (45.661)

Source: Authors’ compilation.
Note: Robust, clustered socioeconomics are shown under coefficients. All models
control for state and year fixed effects and are weighted by state population. Data
are in 2002 per capita dollars.
^p < 0.1; *p < 0.5; **p < 0.01.
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tion of a performance management system and a performance budgeting
system are significantly associated with the growth of state corrections
spending. The adoption of performance measurement and midsession re-
view are associated with lower levels of state corrections spending. Fund-
ing targets and legislative access are not statistically significantly associ-
ated with changes in the level of state corrections spending.

The bottom line of this analysis is that there are budgetary procedures
that can affect the level of state spending on corrections.

DOES CORRECTIONS SPENDING CROWD
OUT OTHER TYPES OF SPENDING?

We now turn to the question of whether states’ spending on corrections
has come at the expense of spending in other areas. As indicated in figure
7.1, even though states spend a lot on corrections in absolute terms, and
corrections expenditures witnessed substantial growth during this pe-
riod, by 2002 corrections spending comprised a relatively small share of
all state and local spending. Still, state budgets are finite and competition
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Table 7.6 OLS Regression Coefficients for the Presence of Budgetary
Practices on Year-Over-Year Changes in State Spending, 
1988 to 2002

Total Corrections Noncorrections
Spending Spending Spending

Funding targets –9.284 –4.460 13.744
(35.786) (3.535) (34.579)

Legislative access –50.784 0.234 –51.017
(47.961) (2.777) (48.323)

Performance measurement –22.858 –11.856** –11.002
(28.368) (2.777) (28.256)

Performance management 6.311 6.519** –0.208
(30.656) (2.005) (31.206)

Performance budget –10.939 7.247** –18.186
(22.582) (2.048) (23.449)

Midsession revision 5.729 –5.938^ 11.667
(47.953) (3.317) (48.036)

Source: Authors’ compilation.
Note: Robust, clustered socioeconomics are shown under coefficients. All models
control for state and year fixed effects and are weighted by state population. Data
are in 2002 per capita dollars.
^p < 0.1; *p < 0.5; **p < 0.01.



Table 7.7 First-Stage Effect of the Predicted Change in Incarceration Rates on the Current Change in 
Corrections Spending

Change in Per Capita Change in Percent 
Corrections Spending Spending on Corrections

(1a) (1b) (1c) (2a) (2b) (2c)

Predicted Δ in 0.099** 0.102** 0.079** 0.002** 0.002** 0.001**
Incarceration (0.015) (0.015) (0.021) (0.000) (0.000) (0.000)
Democratic government 0.922 1.417 0.008 0.012

(0.738) (0.972) (0.011) (0.014)
Δ Percentage democratic legislature 8.687 –7.179 –0.141 –0.199

(9.817) (12.950) (0.206) (0.272)
Δ Interparty competition 0.077 0.018 0.001 –0.001

(0.110) (0.116) (0.002) (0.002)
Δ Unemployment rate –0.518 –0.249 –0.024** –0.017^

(0.325) (0.440) (0.006) (0.009)
Δ Poverty rate –29.081 –0.094 –0.223 0.094

(37.063) (28.237) (0.569) (0.463)
Δ Percent black –44.048** –41.634** –0.868** –0.864**

(7.024) (6.802) (0.125) (0.134)
Δ Per capita income –0.401 –0.437 –0.021 –0.040

(1.047) (1.628) (0.015) (0.025)
Δ Revenue-to-debt ratio 3.771 3.749 0.079^ 0.070

(2.429) (2.541) (0.041) (0.045)



Δ Violent-crime rate 0.056 0.187 –0.002 0.001
(0.140) (0.145) (0.002) (0.002)

Δ Property–crime rate –0.007 –0.018 –0.000 –0.000
(0.018) (0.028) (0.000) (0.001)

Δ Population 0 to 17 6.347** 4.875** 0.048* 0.031 ^
(2.228) (1.292) (0.023) (0.018)

Δ Population 18 to 24 5.313* 7.989** 0.066^ 0.108**
(2.277) (2.209) (0.033) (0.037)

Δ Population 25 to 44 2.892 1.553 0.057^ –0.001
(2.388) (2.490) (0.029) (0.037)

Δ Population 45 to 64 –1.494 –1.552 –0.080* –0.060
(2.214) (2.386) (0.035) (0.039)

Constant 4.183** 5.872** 2.699 0.027** 0.067** –0.060^
(0.298) (1.251) (1.776) (0.004) (0.016) (0.030)

Year effects No No Yes No No Yes
State effects No No Yes No No Yes
N 1175 1175 1175 1175 1175 1175
R-squared 0.02 0.07 0.17 0.03 0.10 0.17
F-statistic† 42.25 49.43 14.54 28.75 50.22 13.26t
P-value† (<0.00001) (<0.00001) (<0.0004) (<0.0008) (<0.00001) (<0.0007)

Source: Authors’ compilation.
Note: Robust, clustered socioeconomics are shown under coefficients. All models are weighted by state population.
†Reported from F-test of the instrumental variable.
^p < 0.1; *p < 0.05; **p < 0.01).



Table 7.8 Per Capita Spending Trade-Offs, 1977 to 2002 

(1a) (1b) (2a) 
Elementary Elementary Higher

and Secondary and Secondary Ed
OLS I.V. OLS

Δ Corrections spending 0.081 –0.577 –0.026
(0.138) (0.799) (0.035)

Democratic government 1.787 2.226 0.705**
(4.547) (5.032) (0.259)

Δ Percentage democratic legislature –3.758 –20.424 9.922
(57.787) (57.140) (6.397)

Δ Interparty competition –0.758 –0.823 0.074
(0.603) (0.622) (0.062)

Δ Unemployment rate 1.560 0.648 0.143
(2.806) (2.856) (0.215)

Δ Poverty rate –22.937 –5.802 –26.364^
(75.466) (78.775) (14.979)

Δ Percent black 199.907** 178.091 ** –4.671
(34.113) (52.026) (5.416)

Δ Per capita income 19.331** 16.801** 0.819
(4.495) (4.251) (0.744)

Δ Revenue-to-debt ratio 12.274 15.120 0.017
(10.145) (11.958) (1.145)

Δ Violent-crime rate –0.208 –0.112 0.099
(0.531) (0.614) (0.071)

Δ Property-crime rate 0.188* 0.170^ 0.008
(0.074) (0.096) (0.013)

Δ Population 0 to 17 40.863** 42.006** 0.997
(8.004) (9.050) (1.519)

Δ Population 18 to 24 33.186** 36.728* 0.686
(10.562) (13.813) (1.608)

Δ Population 25 to 44 40.798** 38.848** –0.023
(11.307) (11.632) (2.581)

Δ Population 45 to 64 29.107** 28.589** –0.372
(10.502) (10.172) (2.123)

Δ School enrollments 11.987** 13.058** –0.019
(1.179) (1.648) (0.177)

Constant 5.688 63.781 ** 1.255
(9.613) (12.490) (0.963)

N 1225 1175 1225
R–squared 0.38 0.37 0.11



OLS and IV Estimates

(2b) (3a) (3b) (4a) (4b) (5a) (5b)
Higher Trans- Trans-

Ed Welfare Welfare Health Health portation portation
I.V. OLS I.V. OLS I.V. OLS I.V.

–0.029 0.336* –1.422^ 0.306 –1.467 0.054 –0.191
(0.080) (0.127) (0.860) (0.210) (1.468) (0.117) (0.881)
0.725* 3.202* 5.893* 2.883 6.129 1.279 1.176

(0.274) (1.406) (2.285) (3.710) (5.615) (2.579) (3.402)
9.776 16.291 5.568 150.159* 124.138^ 39.829 44.796

(6.660) (18.046) (30.250) (68.605) (69.681) (27.019) (28.150)
0.073 –0.039 0.022 0.818 0.874 0.789^ 0.940^

(0.066) (0.252) (0.330) (0.725) (0.785) (0.470) (0.474)
0.190 –0.458 –0.764 2.515 1.962 1.083 2.013

(0.228) (0.931) (1.057) (2.495) (2.905) (1.512) (1.395)
–25.991 ^ 93.580* 94.793 19.975 27.685 –48.046 –49.891
(15.076) (44.657) (79.971) (101.339) (111.970) (101.844) (102.333)
–5.056 18.150 –50.313 –26.411 –98.495 –47.769^ –59.772
(6.022) (13.718) (32.368) (28.780) (60.067) (26.411) (45.015)
0.816 0.532 0.124 13.962* 12.596^ 3.225 4.221

(0.747) (2.485) (2.832) (6.199) (7.139) (4.705) (4.796)
–0.109 –0.653 6.711 5.826 13.796 4.550 2.949
(1.160) (5.005) (4.784) (7.952) (12.833) (6.071) (8.020)
0.100 0.487* 0.892** 0.667 0.862 0.746** 0.694*

(0.071) (0.229) (0.311) (0.520) (0.670) (0.226) (0.314)
0.009 –0.045 –0.106 –0.072 –0.088 –0.029 –0.014

(0.014) (0.040) (0.067) (0.088) (0.141) (0.051) (0.065)
0.914 5.147 14.484** 4.043 10.286 11.409^ 12.621

(1.709) (4.139) (4.950) (6.864) (8.793) (6.445) (8.146)
0.730 –0.176 15.680* 2.410 14.709 12.461 15.818

(1.894) (6.003) (7.636) (9.200) (11.369) (9.583) (11.569)
–0.149 1.488 5.442 10.131 9.094 14.127* 14.818*
(2.744) (6.828) (6.681) (10.866) (11.419) (6.525) (7.168)
–0.419 2.489 0.430 –0.967 –3.626 6.249 5.655
(2.146) (4.681) (6.401) (8.872) (10.074) (11.219) (11.061)
–0.010 — — — — — —
(0.188)

2.356^ 3.788 27.203 10.687 52.300* 4.388 20.188
(1.201) (6.493) (17.169) (9.203) (20.567) (9.124) (16.372)
1175 1225 1175 1225 1175 1225 1175
0.11 0.17 0.008 0.35 0.24 0.13 0.13

Source: Authors’ compilation.
Note: Robust, clustered socioeconomincs are shown under coefficients. All models include
state and year fixed effects and are weighted by state population.
^p < .1; *p < 0.05; **p < 0.01.



Table 7.9 Budget Share Spending Trade-Offs, 1977 to 2002

(1a) (1b) (2a) 
Elementary Elementary Higher

and Secondary and Secondary Ed
OLS I.V. OLS

Δ Corrections spending –0.117 –0.021 0.020
(0.184) (0.874) (0.086)

Democratic government –0.053 –0.079 –0.021
(0.068) (0.080) (0.044)

Δ Percentage democratic legislature –0.897 –0.958 0.187
(1.237) (1.260) (0.511)

Δ Interparty competition –0.023 –0.028^ –0.004
(0.014) (0.014) (0.006)

Δ Unemployment rate –0.075 –0.092^ –0.013
(0.052) (0.051) (0.025

Δ Poverty rate –0.268 0.007 –1.698^
(1.397) (1.431) (0.920)

Δ Percent black 3.429** 3.687** 1.913**
(0.586) (0.905) (0.344)

Δ Per capita income 0.089 0.058 0.086
(0.075) (0.076) (0.074)

Δ Revenue–to–debt ratio 0.161 0.134 0.024
(0.137) (0.124) (0.101)

Δ Violent-crime rate –0.016^ –0.016^ –0.002
(0.008) (0.008) (0.004)

Δ Property–crime rate 0.003** 0.003^ –0.002
(0.001) (0.001) (0.001)

Δ Population 0 to 17 0.299^ 0.276^ –0.165^
(0.156) (0.146) (0.088)

Δ Population 18 to 24 0.269 0.228 0.069
(0.241) (0.261) (0.128)

Δ Population 25 to 44 0.369 0.333 –0.148
(0.222) (0.210) (0.139)

Δ Population 45 to 64 0.374* 0.369* –0.210^
(0.171) (0.180) (0.123)

Δ School enrollments 0.077* 0.074* 0.000
(0.030) (0.030) (0.013)

Constant –0.357** 0.037 –0.033
(0.120) (0.154) (0.106)

N 1225 1175 1225
R–squared 0.25 0.26 0.11



Budget Shares

(2b) (3a) (3b) (4a) (4b) (5a) (5b)
Higher Trans- Trans-

Ed Welfare Welfare Health Health portation portation
I.V. OLS I.V. OLS I.V. OLS I.V.

–0.041 0.123 –1.719* –0.207 –1.656 –0.245^ 0.158
(0.747) (0.083) (0.843) (0.133) (1.181) (0.127) (0.986)
–0.016 0.040^ 0.066^ –0.027 0.009 0.016 –0.000
(0.045) (0.023) (0.034) (0.049) (0.067) (0.048) (0.054)
0.161 0.014 –0.260 1.986^ 1.467 0.272 0.483

(0.617) (0.375) (0.650) (1.116) (1.133) (0.455) (0.476)
–0.002 –0.003 –0.004 0.011 0.010 0.013 0.016^
(0.007) (0.005) (0.007) (0.010) (0.011) (0.009) (0.008)
–0.014 –0.048** –0.075** –0.048 –0.075 –0.030 –0.006
(0.023) (0.014) (0.024) (0.038) (0.046) (0.027) 0.031)
–1.740^ 1.859** 1.987 0.343 0.536 –0.372 –0.439
(0.934) (0.693) (1.288) (1.887) (2.076) (1.966) (2.038)
1.811 ** 0.062 –1.452* –1.121* –2.354* –1.273** –0.984

(0.523) (0.252) (0.644) (0.507) (1.098) (0.471) (0.964)
0.091 –0.035 –0.094 0.137 0.078 –0.034 0.006

(0.059) (0.042) (0.067) (0.085) (0.108) (0.065) (0.088)
0.033 0.017 0.160 0.130 0.249 0.090 0.003 

(0.088) (0.103) (0.104) (0.128) (0.189) (0.103) (0.147)
–0.001 0.005 0.009^ 0.006 0.005 0.013** 0.010*
(0.003) (0.004) (0.005) (0.009) (0.010) (0.004) (0.004)
–0.002 –0.001 –0.002^ –0.002 –0.003 –0.001 0.000
(0.001) (0.001) (0.001) (0.002) (0.002) (0.001) (0.001)
–0.122 –0.068 0.019 –0.193 –0.177 0.050 0.039
(0.091) (0.067) (0.063) (0.123) (0.125) (0.110) (0.120)
0.118 –0.143 0.106 0.050 0.187 0.131 0.117

(0.178) (0.105) (0.123) (0.150) (0.165) (0.157) (0.182)
–0.088 –0.106 –0.062 –0.160 –0.203 0.047 0.054
(0.134) (0.111) (0.100) (0.185) (0.176) (0.136) (0.161)
–0.192 –0.061 –0.161 –0.256 –0.349* –0.037 –0.028
(0.124) (0.078) (0.117) (0.157) (0.167) (0.182) (0.205)
0.005 — — — — — —

(0.014)

0.032 0.031 0.256 0.143 0.373 0.112 0.090
(0.104) (0.090) (0.157) (0.185) (0.240) (0.155) (0.200)
1175 1225 1175 1225 1175 1225 1175
0.11 0.10 0.28 0.20 0.14 0.13

Source: Authors’ compilation.
Note: Robust, clustered socioeconomics are shown under coefficients. All models include
state and year fixed effects and are weighted by state population.
^p < 0.1; *p < 0.05; **p < 0.0l.



after incarceration for those who engage in crime and more generally for
those who do not (but who, in the absence of potential incarceration,
might choose to do so).2 To the extent that incarceration might actually
help previous offenders organize their lives (Nagin and Waldfogel 1995)
and even enhance their educational credentials, perhaps by obtaining a
GED (Tyler and Kling 2007), these positive effects would be enhanced.
The evidence presented by Jeffrey Kling (2006) of positive short-term ef-
fects of length of incarceration on postprison employment outcomes is
certainly consistent with this view. 

But there are a number of reasons to believe that incarceration might
have negative effects on employment as well. Clearly, incarceration will
directly reduce employment during the period of imprisonment (by inca-
pacitating the offender), assuming that the offenders might have engaged
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Table 8.1 Potential Impacts of Incarceration on Labor-Market Outcomes

Potential Impacts on Offenders

Positive Negative 

Workers Workers Employers

When
Preincarceration — — —
During Incarceration Education Incapacity —
Post-Incarceration Deterrence Skill Depre- Legal Prohi-

ciation bitions

— Networks/ Employer Fears
Information of Liability
Depreciation

— Reduced Work Negative 
Incentives Signals
(Child Support)

Potential Impacts on Nonoffenders

Positive Negative 

Workers Workers Employers

Deterrence — Statistical Dis-
crimination

Source: Author’s compilation.



The survey also gauged whether or not employers perform criminal-
background checks when filling these jobs. The follow-up survey asked
about actual hiring of ex-offenders, as well as self-reported willingness to
do so; it also asked a more detailed set of questions about employer per-
ceptions of offenders and their willingness to hire them.

The audit studies of employers use a methodology that has been
widely used to measure employer discrimination at the hiring stage (Fix
and Struyk 1993; Neumark 1996). In this method, matched applicant pairs
that varied on race-ethnicity or gender but had otherwise equivalent cre-
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Table 8.2 Empirical Studies of Incarceration Impacts on Subsequent
Earnings: Less-Educated U.S. Prisoners

Finding: 
Data Comparison Negative

Author Source Group? Impact?

Labor demand
Holzer, Raphael and Stoll 
(2004, 2006, 2007) Employer Surveys Yes Yes

Pager (2003) Hiring Audits Yes Yes
Pager and Western (2003) Hiring Audits Yes Yes

Labor supply
Freeman (1992) NLSY Yes Yes
Grogger (1992) NLSY Yes Yes
Raphael (2007b) NLSY Yes Yes
Western (2002) NLSY Yes Yes
Cho and Lalonde (2005) Administrative: IL Yes No
Grogger (1996) Administrative: Yes Yes 

CA (1980s)
Kling (2006) Administrative: Yes No

FL (1990s)
Pettit and Lyons (2007) Administrative: No Yes1

WA (1990s)
Sabol (2007) Administative: No Yes2

OH (1990s)

Aggregate 
Holzer, Offner and CPS-ORG, Yes Yes 
Sorensen (2005) 1979–2000 

Source: Author’s compilation.
1 Negative impacts were observed on average earnings and on employment rates
ten quarters after release.
2 Negative impacts were observed on employment six quarters after release. 



population (Donohue 2007; Zimring and Hawkins 1988; DiIulio 1996).
Some ardent supporters of incarceration rely on economist Gary Becker’s
(1968) work on the economics of crime to justify their claims. In Becker’s
model, increases in the cost of criminal activity will lead a subset of po-
tential criminals—who he argues will rationally weigh the costs and the
benefits of potential criminal acts—to choose not to commit crimes.
Though Becker did not favor mass incarceration as the optimal strategy
for deterring crime, some have used his theory to support increased in-
carceration, and in many states this approach has become the centerpiece
of their anticrime policies. Given the dramatic decline in crime over the
last decade and a half, supporters of mass incarceration contend that the
high cost of incarceration has been well worth the price.

Critics of the rise in incarceration disagree: they contend that incarcera-
tion’s net effect is not crime reducing, or they argue that the attendant so-
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Figure 9.1 National Incarceration Rates, 1977 to 2004

Source: Bureau of Justice Statistics (2005).  
Note: This graph only includes state prisoners (excluding local jail inmates and
federal prisoners).



Table 9.1 Estimates of the Elasticity of Crime with Respect to Incarceration

Elasticity Estimates Model Description Comments

Spelman (1994)
All index crimes –0.16 Incapacitation Model: based on Does not capture any potential 

90% confidence self-reported criminal behavior effect from deterrence.
interval [–0.12, –0.20] of inmates Based primarily on Rand’s 1978 

prison and jail inmate surveys in
California, Michigan, and Texas.

Incapacitation models usually come
up with estimates from about 
–0.10 to –0.30 (Spelman 2000).

Marvell and Moody (1994)
All index crimes –0.16 State-Year Panel Data: 49 states, For a variety of reasons, they see 

Violent crime (95% 1971–89 (1973–1989 for some their estimates as a lower bound.
confidence interval) –0.06 ± 0.11^ specifications) The –0.16 estimate becomes –0.205 if 

Property crime (95% they run the regression for 1978 to 
confidence interval) –0.17  ± 0.06^ 1989 (a change they attribute to

Murder –0.065    (0.085) better data for later period).
Rape –0.113*   (0.052) After running the Granger test of 
Assault –0.056    (0.053) causality, they conclude that simul-
Robbery –0.260** (0.059) taneity is not a major problem.
Burglary –0.253** (0.031) Nevertheless, in their conclusion, 
Larceny –0.138** (0.026) they acknowledge that simultane-
Vehicle theft –0.200** (0.048) ity cannot be totally ruled out, so 

their figures may underestimate
the true effect of incarceration.

Wilson (1994) is also consistent with
these results.



Lable 9.1 Continued

Elasticity Estimates Model Description Comments

Levitt (1996)
All index crimes –0.31^ State-Year Panel Data: 50 states Accounts for simultaneity of crime 

Violent crime (95% and D.C., 1971–1993 and incarceration by using prison 
confidence interval) –0.38* ± 0.36 overcrowding litigations as an in-

Property crime (95% strumental variable (regressions 
confidence interval) –0.26* ± 0.24 actually include ten indicator vari-

Murder –0.147    (0.373) ables corresponding to changes in 
Rape –0.246    (0.250) prison overcrowding litigation).
Assault –0.410    (0.249) Since instrument is not perfect, stan-
Robbery –0.703* (0.309) dard errors become much larger.
Burglary –0.401* (0.172) Results are corroborated by Witt and
Larceny –0.277    (0.147) Witte (2000) using national time
Vehicle theft –0.259    (0.235 series.

Becsi (1999)
All index crimes –0.087** (0.015) State-Year Panel Data: 50 states Accounts for simultaneity of crime 

Violent crimes –0.046*  (0.022) and D.C,. 1971–1994 and incarceration.
Property crimes –0.091** (0.015) Runs additional regressions only on 
Murder –0.063    (0.034) murder and vehicle theft because
Vehicle theft –0.198** (0.032) data for these variables are better 

(less underreporting).



Spelman (2000)
All index crimes –0.40**(0.15) State-Year Panel Data: 50 states Accounts for simultaneity using 

and D.C., 1971–1997 prison overcrowding litigation as an
instrument, using Levitt (1996).
He also tests a nonconstant elasticity 
model and confirms his hypothesis 
that the effect of incarceration grows
with scale (results shown here are 
for constant elasticity model).

Spelman (2005)
Violent crimes (state aver- –0.44 Texas: County-Level Panel Data, Study is based on Texas counties, 

age) 90% 1990–2000 raising issues of external validity. 
confidence Texas prison expansion was mas-
interval [–0.13, –0.75] sive, even in comparison to a large

Property crimes (state aver- –0.26 national average.
age) 90% There are several advantages to using
confidence county-level data. For example, he 
interval [–0.12, –0.41] can include local jail inmates.

Addresses simultaneity through an 
instrumental variable approach. His
instruments are three indexed vari-
ables: (1) law–enforcement re-
sources, (2) prosecutor and correc-
tional resources, and (3) police 
civilianization.



Table 9.1 Continued

Elasticity Estimates Model Description Comments

Liedka, Piehl, and 
Useem (2006)

All index crimes State Panel Data: 50 states plus The elasticity estimate comes from 
Evaluated at per- 50th –0.03 D.C.: 1972–2000 their quadratic elasticity model. In 
centiles using all Percentile order to get a specific value, we 
state-year observa- evaluated their results at various in-
tions of incarcer- carceration levels. The linear incar-
ation from 1977 75th 0.016 ceration variable is statistically sig-
to 2004 Percentile nificant at the 1 percent level and 

the quadratic at the 5 percent level.
Do not account for simultaneity, since
they find no evidence that this is a 
problem.

For reference, they estimate a con-
Evaluated at per 50th 0.025 stant elasticity model, resulting in an
centiles using Percentile estimate of –0.072(0.044).
state-year obser
vations for 75th 0.043
2004 only Percentile



Johnson and Raphael (2007)
Violent crimes –0.21 State Panel Data: 50 states plus Results shown are from their second 
Property crimes –0.41 D.C:. 1978–2004 four specification (which includes 
Murder –0.38 state and year fixed effects and gen-
Rape –0.44 erates the largest elasticity estimates).
Assault 0.11 Hence, these results can be inter-
Robbery –0.39 preted as an upper bound.
Burglary –0.62 Since their model is not a log-log 
Larceny –0.32 model, their regression estimates 
Vehicle –0.50 must be evaluated at a specific pris-

oner-to-crime ratio to derive an elas-
ticity. The authors choose the sam-
ple mean for their evaluation. For 
our purposes, evaluating the results 
at the 2005 prisoner-to-crime ratio
is more appropriate.

Source: Author’s compilation.
Note: Estimates denoted with ^ come directly from Spelman (2005) and not from the original paper.
**statistically significant at the 1% level, *statistically significant at the 5% level [two-tailed]; values in parentheses are coefficients’
standard errors.



As is discussed in appendix A, assumptions about and the treatment of
the issue of simultaneity, as well as modeling and data choices, impor-
tantly influence the elasticity estimates. Based on a careful review of the
literature, Spelman (2000b, 484) concludes that

our best guess as to the nationwide elasticity should be in the neighborhood
of –0.30. Any figure between –0.20 and –0.40 can be defended, and we
should not be too surprised to find that the result is anywhere between
–0.10 and –0.50.

While this conclusion is reasonable, my own view is that one should
lean more towards the lower bound of Spelman’s ranges for two reasons.
First, although Spelman contends that incarceration becomes more effec-
tive as the scale of the level of incarceration increases, Liedka, Piehl, and
Useem’s (2006) nonconstant elasticity model results, as well as economists
Rucker C. Johnson and Steven Raphael’s (2006) findings, suggest that the
elasticity of crime has been falling as prison populations have risen.9
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Table 9.2 Marginal Effects on the Number of Index I Crimes from
Increased Incarceration Using Constant Elasticities of 
Crime with Respect to Incarceration (from Five Studies), 
1977 to 2005

Number of Crimes “Averted” by 
Incarcerating One Additional Prisoner

Study η 1977 1987 1997 2005

Spelman (1994) –0.160 –17 –10 –5 –4
Marvell and Moody 
(1994) –0.160 –17 –10 –5 –4

Levitt (1996) –0.310 –32 –20 –9 –7
Becsi (1999) –0.087 –9 –6 –3 –2
Spelman (2000) –0.400 –42 –26 –12 –9

Total number 
of crimes 26,780,518 33,235,831 32,993,370 28,892,802

Total number of 
state prisoners 256,806 521,289 1,099,347 1,259,905

Source: Author’s compilation. Federal Bureau of Investation 2006
Note: The figures listed for each year’s crime total are adjusted upward to account
for underreporting, as shown in table 9B.6. The expected drop in crime from addi-
tional increments of incarceration has fallen sharply since 1977.
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Table 9.3 Changes in State Prison Population Necessary to Reach
Optimality (2005 values)

(a) (b) (c) (d)

η Low CPCs Mean CPCs High CPCs

A. Optimality Using Marginal Cost = $25,797
–0.05 –913,903 –158,904 553,662
–0.1 –562,316 790,930 1,891,840
–0.2 62,429 1,838,948 2,827,802
–0.3 503,343 2,069,628 2,703,584
–0.4 763,637 1,982,838 2,377,453

B. Optimality Using Marginal Cost = $35,000
–0.05 –1,004,002 –439,427 101,332
–0.1 –738,845 312,874 1,210,856
–0.2 –238,279 1,300,062 2,252,358
–0.3 160,316 1,662,828 2,350,620
–0.4 436,217 1,703,113 2,163,553

C. Optimality Using Marginal Cost = $55,000
–0.05 –1,096,483 –731,827 –377,148
–0.1 –923,725 –215,965 421,394
–0.2 –576,178 597,948 1,429,565
–0.3 –261,704 1,049,606 1,765,169
–0.4 –5,039 1,235,343 1,775,618

D. Optimality Using Marginal Cost = $80,000
–0.05 –1,147,335 –894,573 –646,615
–0.1 –1,027,016 –524,895 –58,464
–0.2 –776,170 123,627 820,394
–0.3 –532,056 569,753 1,255,355
–0.4 –312,975 824,093 1,398,996

Note: The five depicted elasticities apply to index I crimes. CPC stands for cost per
index I crime, using the “high” and “low” CPC costs in table 9.9, as well as an in-
termediate value, which is the simple mean of the high and low estimates. The
values listed in each cell for an attendant combination of η, CPC, and marginal
cost of incarceration reflect the difference between the optimal state prisoner
count (P*) and the number of state prisoners in 2005: 1,259,905 (Harrison and Beck
2006), assuming a constant elasticity for all crimes including murder. That is,
these figures tell us how many prisoners would have to be added (for positive
numbers) or eliminated (for negative values) from the state prison system to reach
the point where the marginal costs of incarcerating an additional prisoner equal
its marginal benefits. For an analogous table that excludes murder, see table 9A.3.



provided comprehensive estimates of all the costs posed by crime, taking
into account the perspective of victims, offenders, taxpayers, and all other
affected parties. We follow Anderson and Cohen in this approach, pre-
senting specific details on the bearer of the costs whenever possible. 

Estimating Intangible Costs of Crime

Crime costs include both tangible and intangible costs. Tangible costs in-
clude victims’ medical bills, antitheft insurance payments, or expendi-
tures on the criminal-justice system (including court time for criminal
matters) that would be tallied in the gross national product (GNP) (Cohen
2005). On the other hand, pain, suffering, and the fear of crime are intan-
gible costs that, while harder to estimate, are social costs of crime. In her
2006 Senate testimony, Mary Lou Leary noted the high percentage of
crime victims who develop posttraumatic stress disorder (PTSD). If un-
treated—and therefore not generating a tangible cost—PTSD reduces the
quality of life not only for the initial crime victim, but also for loved ones
and friends, in some cases for ten years (Leary 2006). Studies that include
intangible costs in their overall cost estimates consistently find that they
likely outweigh tangible costs. For example, criminology researchers Ted
Miller, Mark Cohen, and Brian Wiersema (1996) found that the intangible
costs of a rape victimization are sixteen times the tangible costs. 

The primary argument against including intangible costs is the diffi-
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Table 9.4 Social Costs per Crime (Low Estimate)

Cohen, Lost Total
Miller, and Justice Productivityof Low Cost

Wiersema (1996) ($) System ($) Offender ($) Estimate ($)

Murder 4,100,418 119,200 107,647 4,327,266
Rape 121,339 4,419 3,938 129,696
Robbery 11,158 6,089 5,390 22,637
Assault 13,110 3,436 2,982 19,528
Burglary 600 929 758 2,287
Motor-vehicle theft 558 358 281 1,197
Larceny 140 108 87 335

Source: Author’s calculations.
Note: Justice system and lost productivity costs are in present value (discounted at a 5 per-
cent rate), based on NCVS arrest rate for all crimes (except murder, for which the UCR rate
is used).



Table 9.5 Summary of Studies Estimating the Annual Social Costs of Crime

Elements Time $ (Billions) 
Study Focus Not Included Period (Years) in 2006 Dollars 

Ludwig (2006) General 2004–2005 2,040
Cohen, Rust, Steen, Victim costs of burglary, Opportunity cost of crimi- 2000 534
and Tidd (2004) armed robbery, serious nals, justice system

assault, rape, and murder 
Anderson (1999) General — 1970–1997 2,064

transfers 1,334
Collins for U.S. News General Opportunity costs and mis- 1994 990
and World Report (1994) cellaneous indirect 

components
Cohen, Miller, and Victim costs of violent and Prevention, opportunity, 1987–1990 608
Wiersema (1996) property crimes and indirect costs

U.S. News and World General Opportunity costs and mis- 1974 1,176
Report (1974) cellaneous indirect 

components
Cohen, Miller, and Cost of rape, robbery, and Prevention, opportunity, 1987 249
Rossman (1994) assault and indirect costs 

Zedlewski (1985) Firearms, guard dogs, victim Residential security, oppor- 1976–1983 300
losses, and commercial tunity costs, and indirect 
security costs 

Cohen (1990) Cost of personal and house- Prevention, opportunity, 1985 174
hold crime to victims and indirect costs 

President’s Commis- General Opportunity costs and mis- 1967 645
sion on Law Enforcement cellaneous indirect com-
(1967) ponents

Klaus (1994) National Crime Victimiza- Prevention, opportunity, 1993 26
tion Survey and indirect costs 

Source: Adapted and expanded from Anderson (1999).



those incarcerated for such crimes and the criminal-justice costs that ac-
company an average index I crime. 

Lost Productivity Owing to Incarcerating Offenders One of the benefits of a drop
in crime is that fewer individuals need to be arrested, prosecuted, and
punished. This involves some obvious savings and some less immediately
obvious social benefits. As most individuals who are sent to prison would
otherwise be engaging in some socially productive work, the reduction in
the need for incarceration gives a form of peace dividend. It eliminates the
lost productivity of those individuals who would have committed crimes
and then been sentenced to prison. While Miller, Cohen, and Wiersema’s
(1996) study does not try to estimate this lost productivity of incarcerated
offenders, we computed this social cost assuming that the average of-
fender is male and has a high-school diploma but no college education.
From the latest available Bureau of Labor Statistics (BLS) data, this of-
fender profile would correspond to an average earning potential of $616
per week. Of course, locking up a criminal only deprives society of his
productive efforts if he was actually working; thus, the estimated forgone
earnings must be adjusted to reflect the unemployment of criminals,
which is higher than that for the noncriminal population (Buonanno 2003). 

Although a 2003 Bureau of Justice Statistics report found that 16.7 per-
cent of newly admitted offenders were unemployed, this number over-
states the fraction working before prison admission because it excludes
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Table 9.6 Social Costs per Crime (High Estimate)

Cohen, Rust, Lost Total 
Steen, and Justice Productivity of High Cost

Tidd (2004) ($) System ($) Offender ($) Estimate ($)

Murder 11,358,314 127,049 107,960 11,593,323 
Rape 277,518 12,014 8,035 297,567 
Robbery 271,663 10,754 8,075 290,491 
Assault 81,967 6,213 3,636 91,817 
Burglary 29,274 1,490 1,216 31,980 
Motor-vehicle theft 5,160(a) 285 224 5,669 
Larceny 516(a) 217 175 908 

Source: Author’s calculations.
Note: For Motor-Vehicle Theft and Larceny, we use Miller, Cohen, and Wiersema
(1996) estimates (including transfers), since these crime categories are not esti-
mated in Cohen, Rust, et al. (2004). Justice-system and lost-productivity costs are
in present value (discount rate is assumed to be 5 percent) based on UCR arrest
rate for all crimes.



Table 9.7 Lost Productivity Due to Incarceration of Offenders for Seven Index I Crimes

Sentencing 
Rate (Conditional on 

Being Convicted) Days Incarcerated 

Arrest Conviction Total Lost
Rate Rate Prison Jail Prison Jail Productivity ($)

(1) (2) (3) (4) (5) (6)
Murder 0.84 0.70 0.91 0.04 4253 189 107,647
Rape 0.13 0.47 0.59 0.23 1920 154 3,938
Robbery 0.18 0.47 0.71 0.15 1583 191 5,390
Aggravated assault 0.43 0.23 0.42 0.29 1069 139 2,982
Burglary 0.09 0.50 0.46 0.26 529 88 758
Motor-vehicle theft 0.15 0.18 0.37 0.31 353 88 281
Larceny 0.08 0.09 0.36 0.39 374 94 87

Source: Arrest rate is based on NCVS data, except for murder, which is calculated from UCR numbers. The conviction and sen-
tencing rates are based on table 2 of Hill and Harrison (2004). “Days incarcerated” is based on mean sentence and estimated time
served. The “total” column is discounted to present value using a 5 percent discount rate.



Table 9.8 Estimating the Avoided Criminal-Justice-System Costs Due to Reduced Crime

Sentencing Rate Cost of Sentence 

Felony
Arrest Conviction
Rate Rate Prison Jail Probation Prison Jail Probation Total

(1) (2) (3) (4) (5) (6) (7) (8) (9)
Murder 0.84 0.70 0.91 0.04 0.05 310162 13785 11400 119,200
Rape 0.13 0.47 0.59 0.23 0.18 139800 11184 8100 4,419
Robbery 0.18 0.47 0.71 0.15 0.14 116571 14091 7650 6,089
Aggravated assault 0.43 0.23 0.42 0.29 0.29 77598 10059 5850 3,436
Burglary 0.09 0.50 0.46 0.26 0.28 39798 6633 5400 929
Motor-vehicle theft 0.15 0.18 0.37 0.39 0.24 26532 6633 3600 358
Larceny 0.08 0.09 0.36 0.31 0.33 27936 6984 5400 108

Source: Author’s calculations.
Note: Arrest rate is based on NCVS data, except for murder, which is calculated from UCR numbers. ”Cost of sentence” is based
on mean time served. The remainder of sentenced time is assumed to be under supervision (same costs as probation). Costs of
probation supervision are assumed to be five dollars per day per offender (estimates in the literature vary from one to ten dol-
lars). The “total” column is discounted to present value using a 5 percent discount rate.



Table 9.9 Average Cost of an Index I Crime Using Weighted Cost of Crime Estimates, 2005

Adjusted Low Cost Estimate ($) Adjusted High Cost Estimate

Reporting Low Cost Weighted Cost High Cost Weighted Cost
Rate (%) Estimate ($) Weight (Low) ($) Estimate ($) Weight (High) ($)

(a) (b) (c) (d) (e) (f) (g) (h)

Murder 100.0 4,327,266 0.0006 2,507 11,593,323 0.0006 6,717
Rape 38.3 129,696 0.0085 1,106 297,567 0.0085 2,537
Assault 52.4 19,528 0.0570 1,112 91,817 0.0570 5,229
Robbery 62.4 22,637 0.0232 524 290,491 0.0232 6,726
Burglary 56.3 2,287 0.1325 303 31,980 0.1325 4,238
Larceny 32.3 335 0.7269 244 908 0.7269 660
Motor-vehicle theft 83.2 1,197 0.0514 62 5,669 0.0514 291

Average Cost Per Crime $5,857.26 $26,397.95

Source: Author’s calculations.
Note: To see the detailed derivation of this weighting scheme (as well as two alternative weights that we did not employ), see
table 9B.6. The numbers in bold represent the average cost of any index crime, including murder. To see analogous results to this
that exclude murder, see table 9B.7. 



tice Statistics. The lost earnings of incarcerated persons can be estimated
reasonably well from demographic information about prisoners and Bu-
reau of Labor wage estimates. 

Statewide annual day-to-day prison operations expenditures range
from less than $10,000 to more than $50,000 per prisoner, with Arkansas
at the low end ($9,257 spent annually per prisoner) and Maine at the high
end ($50,545 per prisoner) (Bureau of Justice Statistics 2004b).23 Table 9.10
provides more detail on the composition of operating expenditures. The
national average operating cost per inmate is $25,797, of which roughly
two-thirds are allocated for salary, wages, and benefits.24 Many studies
have viewed these operating expenditures as the sole cost of incarcerat-
ing an additional prisoner, but there are other admittedly less easily
quantified costs that should also be considered. For one, the public-
finance literature refers to the deadweight loss of taxation—the fact that
distortionary taxes dampen economic activity. Some estimate this amount
as equal to approximately one-third of the taxes raised. For now, I do not
make an additional adjustment for this factor, but it is probably advisable
to think of some amount beyond the actual operating costs as an added
social burden of incarceration.

Capital Costs

As state prisons already run at near maximum capacity—occupancy levels
of state prisons are well over 100 percent capacity in thirty-four states, and
they are over 97 percent in an additional eight states (Harrison and Beck
2005)—additional prisoners will likely require prison expansion. Capital
expenditures are fixed costs in the traditional sense, and our huge prison
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Table 9.10 Composition of Operating Expenditures

U.S. Aggregate 
(1000s dollars) Per Prisoner

Wages, salary, benefits 21,166,199 16,894
Medical care 3,745,103 2,990
Food services 1,362,021 1,088
Utilities 1,134,427 1,905
All other (supplies, fees, interest on debt, 
contractual housing services) 4,909,190 3,920

Total 32,316,940 25,797

Source: Hill and Harrison (2004).



Though considerable uncertainty remains over the best estimates for the
elasticity and costs of crime as well as the costs of incarceration, this
analysis uses a range of figures that presumably brackets the true fig-
ures. One of the central conclusions is that two factors lead to wildly
varying predictions about the optimal rate of incarceration: the impreci-
sion in various key estimates and the influence of certain normative
choices. 

To begin this analysis, I estimate the marginal benefits of incarceration
at an aggregate level; that is, using aggregate elasticity estimates without
distinguishing between the different types of crime. The results are pre-
sented in table 9.11; the numbers in columns c through e represent the
marginal benefits from the incarceration of the last inmate using various
estimates. I think that the most accurate aggregate elasticity estimate for
2005 is likely to be between –0.10 and –0.15; however, given the high de-
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Table 9.11 Marginal Benefit of the Last Prisoner Incarcerated, 2005 (Using 
a Static Aggregate Elasticity for Incarceration and Crime Levels 
in 2005)

Total Marginal Benefits

Low Estimate ($) Mean Estimate ($) High Estimate ($)

(a) (b) (c) (d) (e)

η λ 5,857 16,128 26,398 
–0.05 1.147 6,716 18,492 30,269
–0.1 2.293 13,432 36,985 60,537
–0.2 4.587 26,864 73,969 121,074
–0.3 6.880 40,297 110,954 181,611
–0.4 9.173 53,729 147,939 242,149

Source: Author’s calculations.
Note: Column a shows the elasticity of crime with respect to incarceration that is used to
predict the number of crimes that will be averted by locking up one additional prisoner
(column b). The remainder of the table converts the reduction in crimes shown in column b
into monetary values. The low versus high cost estimates are weighted costs derived for
the average crime in table 9.9. Marginal benefits were quite similar if we also extracted mo-
tor-vehicle theft from the general elasticity and assigned it an elasticity twice (or even three
times) as high. We do not show results for this exercise. λ’s are evaluated at 2005 values,
when the total number of adjusted index crimes was 28,892,802 (Federal Bureau of Investi-
gation 2006), and the number of state prisoners was 1,259,905 (Harrison and Beck 2006).
Table 9B.8 provides analogous results that exclude murder from the benefit calculus.



gree of uncertainty, I present results for elasticity estimates ranging from
–0.05 to –0.4.

Table 9.11 estimates the benefits of adding an additional prisoner using
the marginal benefits equation (equation 9.4), which must be evaluated at
specific crime and imprisonment levels (2005 average values are used
here). Once again, we see the influence of the fact, stressed in table 9.2,
that even under the assumption of constant elasticity, incarceration faces
diminishing marginal returns (note that P is the denominator of equation
9.4). All else equal, the impact on crime of an additional prisoner becomes
smaller at higher levels of incarceration. To underscore this, we recalcu-
lated table 9.11 using sample averages during 1986 (the results are shown
in table 9.12). Clearly, the marginal benefits of an additional incarceration
in 1986 were significantly higher than they are today, even with the same
assumptions about the elasticity of crime with respect to incarceration.
This fact of sharply decreasing marginal utility alone suggests caution in
advocating additional increases in incarceration.26

Of course, looking only at marginal benefits is not sufficient to deter-
mine optimality; we need to compare the benefits of the marginal incar-
ceration against its costs. So that we can make the appropriate compari-
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Table 9.12 Marginal Benefit of the Last Prisoner Incarcerated, 1986 (Using 
a Static Aggregate Elasticity for Incarceration and Crime Levels 
in 1986)

Total Marginal Benefits

Low Estimate ($) Mean Estimate ($) High Estimate ($)

(a) (b) (c) (d) (e)

η λ 5,857 16,128 26,398 
–0.05 3.338 19,553 53,838 88,124
–0.1 6.677 39,106 107,677 176,247
–0.2 13.353 78,213 215,354 352,495
–0.3 20.030 117,319 323,031 528,742
–0.4 26.706 156,425 430,707 704,990

Source: Author’s calculations.
Note: This table replicates table 9.11 using 1986 data on the number of crimes and prisoners,
while retaining the same crime-reporting rate values and cost-per-crime figures as in table
9.11 (Harrison and Beck 2006). In 1986, the total number of adjusted index crimes was
32,418,219, and the number of state prisoners was 485,553 (Gilliard and Beck 1996). With
higher crime in 1986 (than in 2005) and lower levels of incarceration, the marginal benefit
of an additional incarceration is roughly three times higher in 1986 than in 2005—even
though we use the same constant elasticities as in table 9.11.



A quite different view of the value of incarceration comes from a still
more recent study by Liedka, Piehl, and Useem (2006). The authors use a
fifty-state panel data set that covers the period from 1972 to 2000, specifi-
cally testing whether the elasticity of crime changes as the level of incar-
ceration rises. The study explicitly considers not only the incapacitation
and deterrence benefits of increased incarceration, but it also tries to test
for a third mechanism—the collateral damage of mass incarceration. The
concern is that very high levels of incarceration might “increase crime be-
cause of the damage done to communities and the social network of
young men and women.”35 Although Liedka, Piehl, and Useem’s model is
quite similar that to that of Marvell and Moody, and it contains state and
year fixed effects, it includes higher-order incarceration variables that al-
low the elasticity of crime to vary over levels of incarceration.36 With
varying statistical significance, Liedka, Piehl, and Useem’s specifications
suggest that the elasticity of crime becomes smaller at higher incarcera-
tion levels, and it actually becomes positive above some threshold level of
imprisonment. They interpret this as support for the collateral-damage
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Figure 9A.1 Texas Incarceration, 1990 to 2000

Source: Hill and Harrison (2004).
Note: Only includes state prisoners (excluding local jail inmates and federal pris-
oners).



hypothesis. The results for their quadratic model, evaluated at various in-
carceration levels, are shown in table 9.1. Essentially, they suggest that,
over their entire sample period, incarceration had a small dampening ef-
fect on crime; however, at the current high levels of incarceration, the ad-
verse consequences of incarceration have caused the sign on the crime
elasticity to turn positive.

How Modeling Choices Influence the 
Estimates of η

The range of estimated elasticities, albeit problematic for policymakers, is
not surprising to econometricians. There is a great deal of model uncer-
tainty in estimating crime models, and, with widely varying specifica-
tions and approaches, the range of estimates is predictably large (Dono-
hue 2004b; Donohue and Wolfers 2006). One approach to resolving this
uncertainty is to adopt a Bayesian model averaging approach, and this
may well be a sensible way to advance this process further (Strnad 2007).

To provide one example of how modeling choices that are frequently
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Figure 9A.2 The Violent Crime Drop in Texas, 1990 to 2000

Source: Federal Bureau of Investigation 2006.



estimates. Logging the incarceration rate will not generate the same result
as using the level (or the level as well as the annual change).

There are other ways in which a mere rate of incarceration measure
may obscure important crime-fighting differences between states or oth-
erwise fail to reflect the true relationship between incarceration and
crime. Spelman (2000b) notes that 

some states, such as Hawaii, New York, Massachusetts, and Wisconsin, in-
carcerate a small proportion of their offenders but hold them for long
terms—a de facto incapacitation strategy. Other states, such as Alabama,
Georgia, Mississippi, and North Carolina, incarcerate more offenders for
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Source: Authors compilation.
Note: Only includes prisoners under state jurisdiction and excludes local jail in-
mates. Over the 1977 to 2004 period, New Hampshire (the state with the highest
prison growth rate) went from 261 state prisoners (30 per 100,000 population) to
2,448 prisoners in 2004 (188 per 100,000). The second fastest growing state, Wiscon-
sin, went from 3,347 (72 per 100,000) to 22,966 (417 per 100,000). For the slow-
growth states, Maine went from 637 (58 per 100,000) to 2,024 (153 per 100,000), and
North Carolina from 14,250 (251 per 100,000) to 35,434 (415 per 100,000). Nation-
ally, the state-prison population rates per 100,000 rose from approximately 122 in
1977 to 448 in 2004. (Hill and Harrison 2006).



is relevant to the likely incapacitative benefit of incarceration: a 1 percent
increase in incarceration in North Carolina would take an additional 350
criminals off the street, while a 10 percent increase in New Hampshire
would only remove 250. From the perspective of the econometrician, the
lesson is that it would not be surprising if different approaches to specify-
ing the effect of incarceration on crime result in very different elasticity
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Table 9A.1 Changes in Incarceration/Homicide Nationally and by
Selected States

Average Annual Percent Average Annual Percent 
Change in Incarceration Change in Homicide Rate 

Geographic Unit Rate (1977 to 2004) (1977 to 2003)

United States 5.54*** –1.281***

States with the ten highest annual percent changes in incarceration
New Hampshire 7.71*** –2.32***
Wisconsin 7.19*** 1.04***
Colorado 7.16*** –2.38***
Washington, D.C. 7.05*** 2.88***
Mississippi 7.02*** –1.03***
Idaho 6.92*** –2.76***
California 6.91*** –2.57***
Connecticut 6.91*** –1.33***
Pennsylvania 6.86*** –0.31
North Dakota 6.78*** –0.81

States with the ten lowest annual percent changes in incarceration 
Oregon 4.29*** –3.16***
Nebraska 4.23*** –0.29
Georgia 4.14*** –2.61***
South Carolina 3.72*** –1.91***
Washington 3.60*** –1.64***
Florida 3.46*** –3.71***
Nevada 3.42*** –2.52***
Maryland 3.39*** 0.43
Maine 2.85*** –2.645***
North Carolina 2.33*** –1.38***

Source: Author’s calculations.
Note: Reported year coefficients are from the following state-year regressions:
ln (incarceration rate) = a + b (year) + e (1977 to 2004)
ln (homicide rate) = a + b (year) + e  (1977 to 2003)
Incarceration data include only state prisoners (Hill and Harrison 2006).
*** and ** indicate significance at the 1 percent and 5 percent level, respectively. 



Marvell and Moody (1994) and by Becsi (1999) seem consistently low and
statistically insignificant. Indeed, we have yet to see any study that gener-
ates statistically significant results for the elasticity of murder. Levitt’s
OLS estimate for murder is higher, though it is also very far from being
statistically significant. 

Of course, even while looking at the most similar specifications, these
studies still have differences that complicate efforts at direct comparison.
To begin with, though Marvell and Moody, Levitt, and Becsi analyze sim-
ilar time periods, Liedka, Piehl, and Useem’s (2006) study extends much
further. If the effect of incarceration changes over the sample period, we
cannot directly compare results (though differing results can buttress the
hypothesis of changing elasticity with levels incarceration). Furthermore,
while Becsi and Levitt use similar control variables, Marvell and Moody
use a much more limited set of controls. As Liedka, Piehl, and Useem’s re-
sults show, using the full set of controls leads to somewhat larger esti-
mates of the elasticity. In addition, the definition of some of the main vari-
ables is different across studies. Marvell and Moody and Levitt first
difference all variables. With one exception, all the studies control for
state and year fixed effects (Becsi does not include year dummies).
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Table 9A.2 OLS Estimates of Incarceration Elasticities Across Four Studies 

Marvell Liedka, Piehl,
and Moody and Useem 

(1994) Levitt’s Becsi Constant Elastic-
1971/1973 OLS (1996) (1999) ity Results (2006) 

to 1989 1971 to 1993 1971 to 1994 1972 to 2000

All index crimes –0.16(—) — –0.087** (0.015) [1] –0.063(0.046) or 
[2] –0.072 (0.044) ^

Violent crimes –0.06 ± 0.11 –0.099** (.033) –0.046* (0.022) —
Property crimes –0.17 ± 0.06 –0.071**(0.019) –0.091** (0.015) —
Murder –0.065 (0.085) –0.138 (0.177) –0.063 (0.034) —
Motor-vehicle
theft –0.200** (0.048) –0.081* (0.039) –0.198**(0.032) —

Note: statistically significant at the 5 percent level; **1 percent level. Levitt’s estimated elas-
ticity for motor vehicle theft using OLS (shown in table as –0.081) is far lower than his four
estimate of –0.259, which is not far from the ones presented in this table for Marvell and
Moody and for Becsi. 
^ Liedka, Piehl, and Useem first estimate is for a model that includes only three controls
(those in Marvell and Moody 1994), while the second set of results corresponds to a model
with a wider set of controls, along the lines of Levitt.
—  study does not run the regression in question.
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Table 9A.3 Changes in State Prison Population Necessary to Reach
Optimality (2005 Values, with Murder Excluded)

(a) (b) (c) (d)

η general Low CPCs Mean CPCs High CPCs

A. Optimality Using Marginal Cost = $25,797
–0.05 –1,058,287 –410,465 206,160
–0.1 –846,909 363,514 1,374,006
–0.2 –432,768 1,361,053 2,400,065
–0.3 –77,524 1,711,408 2,445,212
–0.4 193,120 1,737,716 2,222,258

B. Optimality Using Marginal Cost = $35000
–0.05 –1,111,003 –628,489 –163,355
–0.1 –953,099 –25,327 783,555
–0.2 –632,198 865,671 1,831,222
–0.3 –335,799 1,295,861 2,064,135
–0.4 –87,350 1,430,387 1,979,208

C. Optimality Using Marginal Cost = $55,000
–0.05 –1,164,955 –854,577 –551,423
–0.1 –1,063,080 –447,963 114,152
–0.2 –848,018 246,791 1,050,759
–0.3 –633,268 700,145 1,456,885
–0.4 –433,861 940,192 1,552,589

D. Optimality Using Marginal Cost = $80,000
–0.05 –1,194,553 –979,902 –768,713
–0.1 –1,123,985 –691,284 –285,037
–0.2 –971,828 –155,247 496,444
–0.3 –813,065 257,915 951,824
–0.4 –656,688 532,054 1,155,009

Source: Author’s compilation.
Note: The five depicted elasticities apply to index I crimes excluding murder. CPC
stands for an estimate of the average cost per crime. “Low” and “high” cost esti-
mates are described in table 9.9, and the “mean CPC” is the average of the two for
each crime type. The number of index I crimes, excluding murder, in 2005 was
28,876,062 (Harrison and Beck 2006). The values listed in each cell for an atten-
dant combination of h, CPC, and marginal cost of incarceration reflect the differ-
ence between the optimal state prisoner count (P*) and the number of state pris-
oners in 2005: 1,259,905 (Harrison and Beck 2006). That is, these figures tell us
how many prisoners would have to be added (for positive numbers) or elimi-
nated (for negative values) from the state prison system to reach the point where
the marginal costs of incarcerating an additional prisoner equal its marginal bene-
fits. For an analogous table that includes murder, see table 9.3.



Table 9B.1 Marginal Benefits of the Last Prisoner Incarcerated (Evaluated at Crime and Prisoner Values in 2005)

Impact of 
Incarceration Prevented Crimes’ Cost Marginal Benefits

Low Cost High Cost Lower Upper
η λtotal Estimate ($) Estimate ($) Estimate ($) Estimate ($)

(a) (b) (c ) (d) (e) (f) (g)

Panel A: Using Levitt (1996) Crime-Specific Elasticities

Murder –0.147 0.002 4,327,266 11,593,323 8,452 22,643
Rape –0.246 0.048 129,696 297,567 6,238 14,312
Assault –0.410 0.218 19,528 91,817 10,457 49,165
Robbery –0.703 0.919 22,637 290,491 8,450 108,432
Burglary –0.401 1.218 2,287 31,980 2,787 38,969
Larceny –0.277 4.613 335 908 1,547 4,193
Motor-vehicle theft –0.259 0.305 1,197 5,669 366 1,731

Number of crimes averted = 7.323 Total marginal benefit = $38,295 $239,445
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Table 9B.1 (Continued)

Impact of 
Incarceration Prevented Crimes’ Cost Marginal Benefits

Low Cost High Cost Lower Upper
η λtotal Estimate ($) Estimate ($) Estimate ($) Estimate ($)

(a) (b) (c ) (d) (e) (f) (g)

Panel B: Using Marvell and Moody’s (1994) Crime-Specific Elasticities

Murder –0.065 0.001 4,327,266 11,593,323 3,737 10,012
Rape –0.113 0.022 129,696 297,567 2,865 6,574
Assault –0.056 0.030 19,528 91,817 1,428 6,715
Robbery –0.260 0.340 22,637 290,491 3,125 40,103
Burglary –0.253 0.768 2,287 31,980 1,758 24,586
Larceny –0.138 2.298 335 908 771 2,089
Motor-vehicle theft –0.200 0.236 1,197 5,669 282 1,337

Number of crimes averted = 3.695 Total marginal benefit =$13,967 $91,416

Panel C: Using an Average of the Elasticities of Levitt (1996) and Marvell and Moody (1994)

Murder –0.106 0.001 4,327,266 11,593,323 6,094 16,328
Rape –0.180 0.035 129,696 297,567 4,564 10,472
Assault –0.233 0.124 19,528 91,817 5,942 27,940
Robbery –0.482 0.629 22,637 290,491 5,793 74,345
Burglary –0.327 0.993 2,287 31,980 2,273 31,777
Larceny –0.208 3.455 335 908 1,161 3,148
Motor-vehicle theft –0.230 0.270 1,197 5,669 325 325

Number of crimes averted = 5.507 Total marginal benefit =$26,153 $164,335

Source: Author’s compilation.
Note: The Panel A estimates using Levitt’s crime specific elasticities yield high and low end estimates of the cost per crime averted
by adding an inmate that are roughly comparable to the fixed general crime elasticities of between –.3 and –.4, shown in table 9.11
of the text.



Table 9B.2

Variable or Included in Included in  
Party Who Fixed Cost Low Cost  High Cost 

Most Directly (Categorized Estimate (Reason Estimate (Reason 
Bears Cost as Transfer) for Exclusion) for Exclusion)

Costs from criminal act
Direct Property Losses No (transfer) Implicit 
Losses not reimbursed by insurance Victim Variable (transfer)
Losses reimbursed by insurance Society Variable (transfer)
Administrative cost: insurance 
reimbursement Society Fixed 
Recovery by police Society Variable
Medical and mental health care Yes Implicit 
Costs not reimbursed by insurance Victim, Victim’s 

family, Society Variable 
Costs reimbursed by insurance Society Variable (transfer)
Administrative overhead of 
insurance coverage Society Fixed 

Victim services Yes Implicit
Expenses charged to victim Victim Variable 
Expenses paid by agency Society Variable 
Temporary labor and training of 
replacements Society Variable

Lost workdays Yes Implicit 
Lost wages for unpaid workday Victim Variable 
Lost productivity Society, Employer Variable 
Lost school days Yes Implicit 
Forgone wages due to lack of 
education Victim Variable 

Forgone nonpecuniary benefits of 
education Victim Variable 



Table 9B.2 (Continued)

Variable or Included in Included in  
Party Who Fixed Cost Low Cost  High Cost 

Most Directly (Categorized Estimate (Reason Estimate (Reason 
Bears Cost as Transfer) for Exclusion) for Exclusion)

Forgone social benefits due to lack 
of education Society Variable 

Lost housework Victim Variable Yes Implicit 
Pain and suffering; quality of life Victim Variable Yes Implicit 
Indirect costs of victimization No (data) No (data)
Avoidance behavior Victim Variable 
Expenditures on moving, alarms, 
guard dogs, and so on Victim Variable 

Loss of affection or enjoyment Victim’s family Variable Yes Implicit 
Death Yes Implicit 
Lost quality of life Victim Variable 
Loss of affection or enjoyment Victim’s family Variable 
Funeral and burial expenses Victim’s family Variable 
Psychological injury or treatment Victim’s family Variable 
Legal costs associated with Victim or Variable No (data) No (data)
tort claims Victim’s family 

“Second-generation costs” No (data) No (data)
Future victims of crime committed 

by earlier victims Future victims Variable 
Future social costs associated with 
future victims Society, victims Variable 

Cost of society’s response 
Precautionary expenditures or effort No Implicit 
Avoidance behavior Potential victim Variable 
Expenditures on moving, alarms, 
guard dogs, and so on Potential victim Variable 



Fear of crime Potential victim Variable No Implicit 
Criminal-justice system 
Police and investigative costs Society Both Yes Yes 
Prosecutors Society Both No Yes 
Courts Society Both No Yes 
Legal fees No Yes 
Public defenders Society Both 
Private Offenders Variable No
Incarceration costs Society Both Yes Yes 
Nonincarcerative sanctions Society Both No
Victim time Victim Variable Yes Yes 
Jury and witness time Jury/witness Variable No No 
Victim services 
Victim service organizations Society Fixed Yes Yes 
Victim service volunteer time Volunteers Variable 
Victim compensation programs Society, offender Variable 
Victim time Victim Variable Yes Yes 
Other noncriminal programs No (data) No (data)
Hotlines and public service 
announcements Society Variable 

Community treatment programs Society Fixed 
Private therapy or counseling Society, offender Variable 
“Overdeterrence” costs No (data) No (data)
Innocent individuals accused of 
offense Innocent individuals Variable 

Restriction of legitimate activity Innocent individuals Variable 
Actions taken by offenders to avoid 
detection (for example, kill robbery 
victims to reduce chance of 
being caught) Society, offender, victim Variable 



Table 9B.2 (Continued)

Variable or Included in Included in  
Party Who Fixed Cost Low Cost  High Cost 

Most Directly (Categorized Estimate (Reason Estimate (Reason 
Bears Cost as Transfer) for Exclusion) for Exclusion)

“Justice” costs No (data) No (data)
Constitutional protections to avoid false accusations Society 
Cost of increasing detection rate to avoid differential punishment Society Variable 

Offender costs 
Incarcerated offender costs 
Lost wages Offender, family Variable Yes Yes 
Lost tax revenue and productivity Society Variable No No 
Value of lost freedom Offender Variable No (data) No (data)
Psychological cost to family or loss 
of consortium Family of offender Variable No No 

Health impact on community Society Variable No No 
Community cohesion Society Variable No No 
Opportunity costs 
Cost of time spent on illegal activity Society Variable Yes Yes 
Resources devoted to illegal activity Offender Variable No No 

Source: Adapted and expanded from Cohen, Miller, and Rossman (1994). 
Notes: “Implicit” indicates that there is no direct cost measured, but we can assume that the average respondent in the Cohen and
colleagues (2004) survey was considering it. 
Major differences between high and low estimates are highlighted.



Table 9B.3 Arrest Rates for Index I Crimes

Estimated Arrest Rate Arrest Rate 
Number of Reported Number (Based (Based

Victimizations Crime UCR of Arrests on NCVS) on UCR)

Murder 16,692 Murder 14,062 0.84
Rape 191,670 Forcible rape 93,934 Forcible rape 25,528 0.13 0.27
Robbery 624,850 Robbery 417,122 Robbery 114,616 0.18 0.27
Aggravated assault 1,052,260 Aggravated 862,947 Aggravated 449,297 0.43 0.52

assault assault
Household burglary 3,456,220 Burglary 2,154,126 Burglary 298,835 0.09 0.14

Motor-vehicle theft 978,120 Motor- 1,235,226 Motor- 147,459 0.15 0.12
vehicle theft vehicle theft

Theft 13,605,590 Larceny theft 6,776,807 Larceny theft 1,146,696 0.08 0.17

Source: NCVS Source: UCR Source: UCR 
2005, table 91. 2005, Table 1. 2005, Table 29.

Source: Author’s computation.
Note: The arrest rate is proxied by the ratio of total arrests to total NCVS or UCR crimes.
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Table 9B.4 Conviction Rates, Given Adult Arrests for Index I Crimes

Number Number Felony
of Adults of Felony Conviction
Arrested Convictions Rate

Murder 12,799 8,990 0.70
Rape 23,564 10,980 0.47
Robbery 81,340 38,430 0.47
Aggravated assault 410,892 95,600 0.23
Burglary 201,804 100,640 0.50
Motor-vehicle theft 103,664 18,530 0.18
Larceny (excluding motor-
vehicle theft) 1,160,085 105,790 0.09

Source: Paige and Beck (2005).



Table 9B.5 Cost of Prison, Jail, and Probation for IndexICrimes

Mean Sentence Cost of Sentence 

Estimated Prison Jail Probation
Prison Jail Probation % Served ($70/Day) ($67/Day) ($5/Day)

Murder or nonnegative man-
slaughter 225 10 76 63 310,162.5 13,785 11,400

Rape or sexual assault 100 8 54 64 139,800 11,184 8,100
Robbery 91 11 51 58 116,571 14,091 7,650
Aggravated assault 54 7 39 66 77,598 10,059 5,850
Burglary 36 6 36 49 39,798 6,633 5,400
Larceny 24 6 36 52 26,532 6,633 3,600
Motor-vehicle theft 24 6 24 49 27,936 6,984 5,400

Source Author’s compilation.
Note: Estimated time served based on prison sentence Durose and Langan (2004). 
Remaining sentence is assumed to be under supervision (same cost as probation).
Probation is assumed to cost five dollars per day per offender.
Estimated time served in prison is also used for jail time served.



Table 9B.6 Three Different Ways of Weighting Crimes in Order to Derive an “Average Cost of Prevented 
Crime” Estimate

Number of Crimes Possible Weights

Weight 1: Weight 2: 
Frequency of Frequency of Weight 3: 

FBI Figures Each Crime Each Crime  Frequency of 
Victim- Adjusted Type (Percen- Type (Percent- each Crime 

Reported ization Reporting for Reporting tage of All age of All  Using Adjusted
by FBI Survey Rate (%) Levels Reported Crimes) Victimizations) Figures (%)

(a) (b) (c) (d) (e) (f) (g)

Murder 16,740 16,740 100.0 16,740 0.1% 0.08 0.06
Rape 94,347 191,670 38.3 246,337 0.82 0.96 0.85
Assault 862,220 624,850 52.4 1,645,458 7.46 3.14 5.70
Robbery 417,438 1,052,260 62.4 668,971 3.61 5.28 2.32
Burglary 2,155,448 3,456,220 56.3 3,828,504 18.64 17.35 13.25
Larceny 6,783,447 13,605,590 32.3 21,001,384 58.65 68.28 72.69
Motor-vehicle 
theft 1,235,859 978,120 83.2 1,485,407 10.69 4.91 5.14

Total 11,565,499 19,925,450 28,892,802

Source: Author’s compilation.
Note: Values are for 2005. Column d is estimated total crime, which is derived by dividing column a by column c, which is the reporting
rate from the BJS National Victimization Survey. Hence, it inflates the FBI count of crimes by the reporting rates for each crime type to get
an “adjusted count.” Thus, like column b, it adjusts for reporting but is not subject to the potential biases of the victimization survey to-
wards certain crime types. Definitions of crime types are somewhat different for the FBI and the BJS; we tried to choose the categories of
the BJS crimes that most closely matched the definition of the FBI’s seven-index crimes (for example, by FBI categorization, “assault”
only includes aggravated assaults). For example, in the case of burglary, the Victimization Survey only includes household burglaries,
whereas the FBI includes all types of burglaries (such as commercial). This is another reason to favor the third weight, since it avoids the
mismatch (though it does assume that reporting rates are correct despite the slight categorical mismatch between the two sources).



Table 9B.7 Average Cost of an Index Crime (Excluding Murder) Using Weighted Cost-of-Crime Estimates, 2005

Adjusted Low Cost Estimate Adjusted High Cost Estimate

Reporting Low Cost Weighted High Cost Weighted
Rate (%) Estimate ($) Weight Cost (Low) ($) Estimate ($) Weight Cost (High) ($)

(a) (b) (c) (d) (e) (f) (g) (h)

Rape 38.3 129,696 0.0085 1,106 297,567 0.0085 2,538
Assault 62.4 19,528 0.0570 1,113 91,817 0.0570 5,232
Robbery 52.4 22,637 0.0232 524 290,491 0.0232 6,730
Burglary 56.3 2,287 0.1326 303 31,980 0.1326 4,240
Larceny 32.3 335 0.7273 244 908 0.7273 660
Vehicle theft 83.2 1,197 0.0514 62 5,669 0.0514 292
Average cost 
per crime $3,352.06 $19,692.38

Source: Author’s compilation.
Note: This table calculates the cost of a general index crime (but not including murder) using the same figures as table 9.9. These
numbers are then used in table 9B.8 to estimate the marginal benefit from increased incarceration, assuming no benefit exists in
the form of reduced murders.



NOTES

1. Bernard Harcourt (2007) shows that prior to the massive deinstitutionaliza-
tion movement in the late 1960s, roughly the same proportion of Americans
were institutionalized as today. However, in that period most were kept in
state mental hospitals instead of jails and prisons.

2. The rate of incarceration in Russia is 635 per 100,000 (International Centre for
Prison Studies 2008).

3. The “incapacitation effect” refers to the idea that imprisoning an individual
curtails his criminal activity for the duration of his sentence.

4. Chen and Shapiro’s study will need to be replicated on a larger data set to
confirm the finding that as one moves from being the “worst prisoner” in a
lower-security prison to the “best prisoner” in a higher-security prison, re-
cidivism rates rise. In addition, additional research will be needed to identify
whether the psychological effects that Lerman identifies are the product of
the harsher prison experience, which presumably can be mitigated, albeit at
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Table 9B.8 Marginal Benefit of the Last Prisoner Incarcerated (Using a
Static Aggregate Elasticity for Incarceration and Crime
Levels in 2005, with Murder Excluded)

Total Marginal Benefits

Low Estimate ($) Mean Estimate ($) High Estimate ($)

(a) (b) (c) (d) (e)

η λ 3,352 11,522 19,692 
–0.05 1.146 3,841 13,204 22,567
–0.1 2.292 7,683 26,408 45,133
–0.2 4.584 15,365 52,816 90,267
–0.3 6.876 23,048 79,224 135,400
–0.4 9.168 30,731 105,632 180,534

Source: Author’s compilation.
Note: For a description of the underlying calculations, see the equations in the
text. l represents the total number of crimes prevented by incarcerating one addi-
tional person. Column b shows how many (nonmurder) index I crimes would be
averted for the various elasticity estimates in column a. Columns c and d then
provide monetary estimates of the column b number of crimes prevented, by mul-
tiplying column b by the cost per crime figures computed in table 9B.7. Accord-
ingly, columns c and e provide the low and high cost estimates of the marginal
benefits of adding one prisoner to the state prison system. In 2005, the total num-
ber of index I crimes, including murder was 28,892,802 (Federal Bureau of In-
vestagation 2006), and the number of state prisoners was 1,259,905 (Harrison and
Beck 2006).
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